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Preface

From August 31th to September 2nd 2011, the University of Chieti-Pescara hosted the
Italian Conference on Computational Logic, CILC 2011. It was the 26th edition of the an-
nual meeting organized by the Italian Association for Logic Programming (GULP, Gruppo
Ricercatori e Utenti di Logic Programming), which, since its first edition in 1986, consti-
tutes the main Italian forum for computational logic researchers, users and developers to
discuss work and exchange ideas.

The program of CILC 2011 featured thirty technical contributions (21 long and 9 short
presentations), two invited talks and a tutorial.

The invited talks were given by Andrea Omicini, who reviewed 25 years of coordination
models and languages, and Fausto Spoto, who presented a method based on abstract inter-
pretation for nullness analysis of a Java-like language.

The tutorial was given by Fabrizio Riguzzi, who presented and compared various proba-
bilistic logic languages.

The technical presentations concerned a number of different topics related to computa-
tional logic including game theory, description logics, answer set programming as well as
constraint, abductive, inductive and probabilistic extensions of logic programming. Some
of them reported successful applications of computational logic techniques to real world
problems.

A selection of the accepted papers will appear in a special issue of Fundamenta Informat-
icae.

The complete program with links to presentation slides is available at the following address
http://www.sci.unich.it/cil1c2011.

The quality of the technical contributions and the number of participants (about fifty, most
of whom were young researchers) confirms that the Italian computational logic community
is very lively and active.

I wish to thank all who contributed to the success of this edition including authors, speak-
ers, reviewers, participants and organizers.

September 2011 Fabio Fioravanti
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On modal p-calculus in S5 and applications

Giovanna D’Agostino! and Giacomo Lenzi?

! University of Udine, Italy
2 University of Salerno, Italy gilenzi@unisa.it

Abstract. We show that the vectorial p-calculus model checking prob-
lem over arbitrary graphs reduces to the vectorial, existential p-calculus
model checking problem over S5 graphs. We also draw some consequences
of this fact. Moreover, we give a proof that satisfiability of u-calculus in
S5 is N P-complete, and by using S5 graphs we give a new proof that the
satisfiability problem of the existential u-calculus is also N P-complete.

1 Introduction

Model checking is a technique widely used in verification of computer systems,
be they hardware or software, see [4]. In model checking, systems are modeled
as sets with one or more binary relation (in this paper we focus on systems
with one relation, i.e. graphs). The desirable properties a system should have
are formalized in some modal-like logic. Actually, modal logic itself is not ex-
pressive enough. For this reason, one considers more powerful formalisms. One
of them is modal p-calculus, introduced in [15], an extension of modal logic with
least and greatest fixpoints of monotonic set-theoretic functions. Intuitively, least
fixpoints correspond to inductive definitions, and greatest fixpoints correspond
to coinductive definitions. Unlike plain modal logic, the p-calculus is powerful
enough to express global properties of systems, i.e. properties which depend on
the whole possible history of the system. For instance, with greatest fixpoints
we can capture safety properties such as “the system will never crash”, whereas
with least fixpoints we can capture termination properties such as “every com-
putation of the system will terminate”. More complicate properties, e.g. fairness,
can be used by combining least and greatest fixpoints.

The model checking technique raises a natural computational question, which
is known as the (u-calculus) model checking problem. Formally, the p-calculus
model checking problem is: given a p-calculus formula and a finite graph, check
whether the graph satisfies the formula. Because of the importance of model
checking in practice, it would be desirable to have an efficient, i.e. polynomial
time computable, model checking algorithm for arbitrary (finite) graphs, but this
algorithm has not been found. We know that the problem is in the complexity
class UP, see [14] (and a co — UP bound follows since the p-calculus is closed
under negation). Recall that the class UP (Unique P) contains the problems
solved in polynomial time by nondeterministic Turing machines which have at
most one accepting path on each input. So, the class U P lies somewhere between
P and NP (in particular, the model checking problem is in NP). We will see
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that the p-calculus is tightly related to games, in particular parity games, and
in fact a promising approach to the model checking problem is the study of
various kinds of games. It must be said, however, that efficient model checking
algorithms exist when the number of alternating fixpoints is bounded, and this
is often the case in practice.

The other main theme of this paper is given by S5 graphs, i.e. graphs whose
relation is an equivalence.

The modal logic of S5 graphs (also called modal logic S5) is important be-
cause it is widely recognized as a good epistemic logic, where the box operator
[ ]¢ means that some agent knows ¢. When modal logic is interpreted on Kripke
structures, i.e. graphs, the vertices of the structure represent possible situations,
and it is reasonable that the knowledge of an agent is represented by an equiv-
alence relation on the vertices, which indicates that certain situations are not
distinguishable, in the agent’s knowledge.

So, S5 is a way of formalizing the ideas of knowledge, and it is used in many
applications such as artificial intelligence, etc. Often multimodal versions of S5
are considered, where different agents come into play; in this paper, however, we
will focus on a single modality, representing a single agent.

We will consider also the class of all transitive graphs, called K4 in the
modal logic literature. Many interesting relations are transitive: for instance, the
relation “the event A is posterior to the event B” defines a transitive relation
between events. In this paper K4 graphs play only a minor role; papers dedicated
to the p-calculus in K4 are [2], [5] and [6].

In this paper we compare the behavior of the p-calculus on arbitrary graphs
and on S5 graphs. It is well known that the p-calculus is expressively equivalent
to modal logic over S5, but this equivalence does not transfer automatically to
an equivalence in complexity, neither for model checking, nor for satisfiability.

From this perspective we first show that the p-calculus model checking prob-
lem for arbitrary graphs is as difficult as the subcase of S5 graphs, although the
class of S5 graphs is significantly simpler than the class of all graphs.

Then we move to the satisfiability problem. Quite generally, recall that the
satisfiability problem for a logic L on a class of models C' is: given a formula ¢
in L, decide whether there is a model of ¢ which is in C.

The satisfiability problem of the p-calculus on arbitrary graphs is settled, in
the sense that it is EX PTIM E-complete: EX PTIM E-hardness of the problem
follows from [12], and membership to EXPTIME is proved in [8]. We note
that S5 has also an application to the satisfiability problem of fragments of the
p-calculus: the satisfiability problem of the so-called existential (or box-free) u-
calculus on arbitrary graphs is as difficult as the same problem on S5 graphs. By
using this observation we give an alternative proof of a result of [13] to the effect
that the satisfiability problem for the existential p-calculus is N P-complete. We
also give a proof that satisfiability of u-calculus in S5 is N P-complete, so in this
respect we have a better complexity than the EX PTIME complexity the full
p-calculus. Both results depend on a linear size model property for p-calculus
formulas in S5.
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1.1 Related work

Given the relevance of S5 as epistemic logic, many papers in the modal logic
literature are dedicated to it, and in particular on its proof theory. Finding a
good axiom system for S5 is a longstanding open problem, see [19]. The situation
is even more difficult for the modal p-calculus in S5, where a recent contribution
is [1].

2 Syntax

2.1 Scalar modal p-calculus

We present here the usual modal u-calculus, and we call it scalar because, as we
will see, there is also a vectorial version of the p-calculus. We follow the standard
presentation of the formulas of modal p-calculus:

p=A|-A| X[V |oNd]|()o|[lo|nX.0]|vX.e,

where A ranges over a set At of atoms and X ranges over a set Var of fixpoint
variables. ( ) and [ ] denote the modal operators: the diamond, or the existential
operator, and the box, or the universal operator.

Intuitively, uX.¢(X) denotes the least fixpoint of the function ¢(X), and
vX.¢(X) denotes the greatest fixpoint of this function.

A p-calculus formula ¢ is called guarded if for every fixpoint subformula of
¢, say vX.(X) or pX.ap(X), every occurrence of X in 9 is in the scope of a
modal operator.

Free and bound variables are defined in analogy with first order logic, be-
cause fixpoints uX and vX are syntactically analogous to quantifiers Jz and
Vz (note however that semantically, fixpoint variables correspond to monadic
second order variables, i.e. variables ranging over sets, rarther than first order
variables ranging over individuals).

A p-calculus formula is called a sentence if it has no free variables. Although
formulas are not closed under negation, a negation of sentences is available: the
negation of a sentence is obtained by exchanging A and —A, A and V, () and
[], and p with v.

Given a formula ¢, we denote by |¢| the size of ¢.

2.2 Functional p-calculus
We can generalize modal u-calculus to functional p-calculus, following [3]. Func-

tional p-calculus has n-ary function symbols, to be interpreted by monotonic
functions on powersets (or more generally, on complete lattices). The syntax is

XlpAPloVY[f(f1,..., ¢n)|nX. 0l X 0.
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2.3 Vectorial p-calculus

The most standard presentation of modal p-calculus is in the scalar syntax of
the previous section. In this section we generalize the syntax by allowing systems
of equations: although this extension does not affect the expressiveness of the
logic, it may increase succinctness.

We essentially follow the presentation of [3]. We restrict to powersets rather
than arbitrary complete lattices. So we can consider a set V' and n monotonic
functions fi,..., f, from P(V)"*™ to P(V). A p-system is a system S of n
equations

1 =0, f1($17-~-7$my17-~-7ym)
Tn =0, fn(xla"'7xn7y1a"'7ym)

where 01,...,0, € {u,v}.

The p-system S is by definition equivalent to a n tuple of scalar p-calculus
formulas, called the solution of S, computed inductively as follows.

If n =1 then the solution is 0x1.f1 (21, Y1, -, Ym)-

Ifn>1,let gi(xa, . Tns Y1y, Ym) = O1x1.f1(x1, - -, 0, Y1, - -, Ym). The
solution of S is (g1(h2, ..., hn, Y1, -+, Ym), A2, ..., hy), where (ha, ..., h,) is the
solution of the system

T2 =0, f2(gl(z23"'axnvyla'"ayM)a"'aznayla"-ﬂym)
Sll
Tn =0, fn(g1(T2, .  Tny Y1y YUm)y e s Ty Y1y e ooy Ym)

We denote by sol;(S) the i-th component of the solution of S.

A p-system of equations is called a modal p-system if all functions f; are
combinations of variables, atoms, negated atoms, conjunctions, disjunctions, di-
amonds, and boxes.

The modal p-calculus vectorial model checking problem is: given a finite
graph G and a modal p-system .S, decide whether G satisfies sol;(.5).

2.4 The LEFT relation

Given a p-system S, we define a relation LEFT between the variables of S as
follows.

Let y, z two variables of S. We say that y is at left of z, written y LEFT z,
if there is an equation of S where y is the variable at the left hand side of the
equality and z occurs at the right hand side.

A modal p-system is called a modal system if the LEF'T relation on variables
is acyclic. Every modal system is equivalent to a formula of modal logic.
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2.5 Composition

Let ¢(X) be a formula containing a free variable X and let ¢ be a sentence. Then
the composition ¢[X /] is the formula obtained by replacing X everywhere with
1 in ¢. Note that i is a sentence, hence there is no variable capturing.

The usual notion of composition of formulas can be extended to u-systems
as follows.

Let S be a u-system. The scope of a left variable y in S is the set of all
variables z such that there is a LEFT path from y to z.

Let S,T be two systems where the variables at left of S and T are disjoint.
Let A be an atom of S. Then the composition of S and T is the system obtained
by concatenating the equations of S and of T and by replacing A with the left
variable of the first equation of 7. Composition is possible only without capture,
i.e. T must not have free variables y such that some occurrence of A is in the
scope of y in S.

2.6 Vectorial alternation depth hierarchy

We define the vectorial hierarchies VEC - X,,, VEC —1II,,, VEC — A,, as follows.
VEC — Xy =VEC — Il are the modal systems. VEC — X, 1, is the closure of
V EC — II,, under composition and adding a p equation as a first equation of the
system. VEC—1II,, 4 is the closure of V EC' — X, under composition and adding a
v equation as a first equation of the system. VEC—-A, = VEC-X,NVEC-II,.
The alternation depth of a system S is the least n such that S'isin VEC — A, 14.

3 Semantics and related concepts

3.1 Graphs and models

Like it is usually done for modal logic, we give Kripke semantics to the u-calculus
by using the notion of model.

A graph (also called frame) is a pair G = (V, E), where V is a set of vertices
and F is a binary edge relation on V.

A graph G = (V, E) is called total if E = V2, i.e., all possible edges are
present.

A path in a graph G from a vertex x to a vertex y is a finite sequence of
vertices 21, ..., 2, such that z; = x, z, =y and z;Fz;41 for every i < n.

A point y is reachable from a point z if there is a path from x to y.

A model is a pair (G, Col), where G is a graph and Col is a coloring function
from some domain D to the powerset of V.

3.2 Bisimulation

Intuitively, bisimulation between models indicates that the two models have the
same observable behavior. Formally, we can define a bisimulation between two
models (G,Col) and (G',Col’) as a relation B C V(G) x V(G') such that,
whenever (zBz'):
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— x € Col(d) if and only if 2’ € Col’(d) for every d € D;
— if zEy, then there is y’ such that 2’ E’y’ and yBy';
— if 2’ E'y/, then there is y such that zFy and yBy'.

We say that two pointed colored graphs (G, Col, ) and (G', Col’, 2') are bisimilar
if and only if there is a bisimulation B such that xBx'.

3.3 Special classes of graphs

We consider a few subclasses of graphs.

A graph (V, E) is called total if E = V2, that is, all possible edges are present.

The class K4 is the class of all (vertex colored) graphs whose relation is
transitive. The class S5 is the class of all (vertex colored) graphs whose relation
is an equivalence relation. Since equivalence relations are reflexive, symmetric
and transitive, S5 is included in K4 (as a class of graphs). The names K4 and
S5 come from the modal logic literature.

We also speak of total models, K4 models and S5 models in the obvious
sense.

Note that every total graph belongs to S5. Moreover, for every S5 model
M and every vertex x of M, there is a total model M’ containing x such that
(M,z) and (M',z) are bisimilar: in fact M’ is the submodel of M given by all
points of M reachable from .

Moreover, every S5 model M is bisimilar to a S5 graph M’, colored in the
same way, where every two different points have different colors: in fact, M’ is M
modulo the equivalence relation of having the same color, and the bisimulation
is the projection function.

3.4 Semantics

The semantics of u-calculus extends the usual Kripke semantics for modal logic.
So, to give semantics to the p-calculus, we must consider models of the form
M = (G,Val) where G = (V, E) is a graph and Val is a valuation function from
At U Var to the powerset of V. To each model M and each formula ¢ we can
associate a subset ||¢||M of V, defined in this way:

[|A||M = Val(A) and ||-A||M =V \ Val(A) if A is an atom;

~ |IXIIM = Val(X);

||¢ vV PIM = [|g]| M U [[3]|M;

~ 1l ABIIM = [1611M |90

[|{ Y¢|| M is the set of all elements of V' having some successor in ||¢||M;

— ||[[ ]#]|M is the set of all elements of V' having every successor in ||¢||M;
[|uX.¢(X)||M is the smallest set S C V such that S = ||¢||M[X := 5],
where M[X := 5] is obtained from M by letting Val(X) = S;

— ||[vX.¢(X)||M is the greatest set S C V such that S = ||¢||M[X = S].
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The last two items are well defined since the map sending S to ||¢||M[X = 5]
is a monotonic function on the powerset of V and so, by the Knaster-Tarski
Theorem, this map has both a least and a greatest fixpoint.

We also say that a vertex v of a model M verifies a formula ¢, written
M,v = 6, if v € |[6][M.

4 Parity games

4.1 Definition

It is notoriously difficult to understand p-calculus formulas, especially when
there are many alternating fixpoints. A means to understand the p-calculus is
given by parity games. We will see that the semantics of u-calculus formulas can
be given in terms of parity games.

Intuitively, a parity game is a game where two players, called ¢ and d, move
in a graph (the notation, due to Arnold, suggests that ¢ means conjunctive
and d means disjunctive). The vertexes of the graph are labeled with finitely
many positive integers. d wants to have many high even numbers along the play,
whereas ¢ wants to have many odd numbers.

Let us define parity games more formally. A parity game is a structure I" =
(Vey Vg, E, vg, £2), where V., and V; are disjoint sets, E is a binary relation on
Ve UVy, vy € V. UV is the initial vertex, and 2 : V.UV — {1,...,n} is the
priority function; the number n is called the index of the game.

A play of I' is a sequence of vertices, starting from vy, where the successor
of the current vertex must be an E-successor of that vertex, and this successor
is chosen by the player d, if the vertex is in Vj, and by c if the vertex is in V.

If the play reaches a position where either player has no moves, the other
wins. If this never happens, then the play is infinite, and d wins if the greatest
priority occurring infinitely often is even, and ¢ wins otherwise.

A strategy of a player p is a function which, given an initial segment of a
play ending with a p- position, determines the next move of p. A strategy is
positional if the move depends only on the last vertex of the segment.

A strategy X' of a player p is winning if every play where p moves according
to X' is won by p.

Note that parity games are Borel games, so by Borel determinacy, see [17],
they enjoy determinacy: there is always one of the two players who has a winning
strategy.

A well known property of parity games is positional determinacy:

Theorem 1. (See [9], Theorem 4.4) If either player has a winning strategy in
a parity game, then it has a positional winning strategy.

However in this paper we will use a slightly stronger form of determinacy.
Let us call a strategy strongly positional if the move on a position depends only
on the successors of the position (not on the position itself). Clearly, a strongly
positional strategy is positional, but the converse does not hold: if two different
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nodes have the same successors, a stronlgy positional strategy gives the same
answer on the two nodes, whereas a positional one need not to.

Now a careful analysis of [9] gives the following strenghtening of the previous
theorem:

Corollary 1. If either player has a winning strategy in a parity game, then it
has a strongly positional winning strategy.

Proof. Note that players ¢ and d are called AND and OR in [9]. The successor
of an OR position in the positional strategy of Theorem 4.4 of [9] is chosen in a
way which does not quite depend on the OR position, but depends only on the
set of positions reachable in one step from that OR position. So, the resulting
strategy is actually strongly positional. a

4.2 From the p-calculus to parity games

The semantics of the u-calculus can be given in terms of a parity game. More
precisely, given a sentence ¢ and a model M = (V, E, Val), with a distinguished
vertex vy of V, we can define an evaluation game I'(§,vg, M) as follows (we
consider sentences rather than arbitrary formulas for simplicity).

The positions of I'(¢,vg, M) are the pairs (¢,v), where v € V and ¢ is a
subformula of ¢. The d positions are the pairs of the form (¥ V x,v) or ({ )¢, v);
all other positions are ¢ positions. (¢, vg) is the initial position.

There are edges from (¢V x,v) or (Y Ax,v) to (¢, v) and (x,v); from ({ )1, v)
or ([ |1, v) to (v, w) for every successor w of v in V; from (X .1, v) and (v X ., v)
to (1, v); and if a variable occurrence X appears in a subformula pX.1) or vX.1),
there is an edge from (X, v) to (uX.¢,v) or (vX.1,v) respectively. Finally, we
put also an edge from (A, v) or (—A, v) to itself for every atom A, and from (Y, v)
to itself for every variable Y free in ¢.

To define the (2 function we proceed as follows. First we assign priorities to
fixpoint subformulas of ¢: we assign to each greatest fixpoint subformula v X.y
in ¢ a priority 2|x|, and we assign to uX.x a priority 2|x|+ 1. This ensures that:

— least fixpoints have odd priority;
— greatest fixpoints have even priority;
— the priority of larger subformulas is larger.

Now we let £2(¢),v) be the priority of 4, if ¥ is a fixpoint formula; 2(A,v) = 2
if M,v = A and 2(A,v) = 1 otherwise, if A is an atom, a negated atom or a
free variable of ¢; and 2(1,v) = 1 otherwise.

It results that M, vy = ¢ if and only if player d has a winning strategy in
F(¢a Vo, M) .

4.3 From parity games to p-calculus

We have seen that in a sense, p-calculus reduces to parity games. However, as is
well known, also the other way round is true: if we consider parity game of index
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n as a graph vertex-colored by ¢, d,1,...,n, then there is a p-calculus formula
W, due to Walukiewicz, such that an arena for parity games (G, vg) verifies W,
if and only if player d has a winning strategy in the parity game associated to
(G, vp). This formula is

Wy = pX1vXa.. 0X,.(d— () \(i = Xi) A (e =[]\ = X,).

5 The reduction to S5

In [13] there is a reduction of p-calculus model checking to box free p-calculus
model checking. Here we modify the result by specializing to S5 and by referring
to the vectorial model checking rather than the scalar one:

Theorem 2. Given a finite model M and a modal p-system S, there is a finite
S5 model M’ and a boz free modal u-system S’, such that M’ and S’ are built
in time polynomial in the size of M plus the size of S, and such that M verifies
soly(S) if and only if M’ verifies sol1(S").

Proof. Let M = (V,E,Val) be a model. Let S be a modal p-system. Up to
perform a polynomial time rewriting of S, we can suppose that the equations
of S have one of the following forms: X = A, X = —A where A is an atom,
X=YVZ, X=YNZ,X=)Y,X=[]Y,X=Y.

Now M’ is obtained as follows. The vertices of M’ are the vertices of M. Let
us enumerate these vertices as v1,...,v,. Let A; be an atom which is true in G’
only in the point v;. The relation E’ of M’ holds for every pair of vertices of M’,
so M’ is an S5 model.

Moreover S’ is obtained by replacing every equation of S of the form

X=()Y

with
X = \/{Ai A ()(A; AY)vi Ruy},

and every equation of S of the form
X=[]Y

with
X = A\{Ai = ()(4; AY)|v; Ruj}.

Note that one could expect that the right hand side of X = []Y is replaced
by the De Morgan dual of X = ()Y, so to have A{4; — [ ](4; — Y)|v;Rv;}.
However, the atoms A; are interpreted as singletons, so

[1(4; = Y)
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is in fact equivalent to its De Morgan dual
(45 1Y),

and this allows us to replace the box with the diamond.
O

We do not know whether Theorem 2 can be specialized to the scalar p-
calculus. In fact, the problem is that the translation from a modal p-system to
a single formula of the modal p-calculus (i.e., the algorithm which builds the
solution of a modal p-system) takes exponential time in general.

6 Corollaries

It is well known that there is a translation of vectorial p-calculus in S5 to
vectorial modal logic in S5. In fact, given a modal p-system in S5, we can first
consider its solution and translate it into modal logic. From the previous theorem
we obtain:

Corollary 2. If there is a polynomial time computable translation from box-
free vectorial p-calculus in S5 to vectorial modal logic in S5, then the vectorial
w-calculus model checking problem is in P.

Proof. By [16], model checking for vectorial modal logic (over arbitrary graphs)
reduces in polynomial time to the problem of solving Boolean equation systems
with only one type of fixpoint, and this problem is in P by [3]. By the previous
theorem, vectorial model checking reduces to vectorial model checking over S5
in polynomial time; so if the translation in the statement exists, then by a chain
of reductions, the vectorial p-calculus model checking problem is in P. O

Considerations analogous to S5 hold in the larger class of graphs K4. In fact,
from [2], [6] and [5] it follows that there is a translation from vectorial p-calculus
in K4 to VEC — Il in K4. From the previous theorem we obtain:

Corollary 3. If there is a polynomial time computable translation from vecto-
rial p-calculus in K4 to VEC — IIy in K4, then the p-calculus model checking
problem is in P.

Proof. Every S5 graph is also a K4 graph, so by the previous theorem, there
is a polynomial time reduction from vectorial model checking over arbitrary
graphs to vectorial model checking in K4. Moreover, by [16], model checking for
VEC — II, (over arbitrary graphs) reduces in polynomial time to the problem
of solving Boolean equation systems of class ITs, and this problem is in P by [3].
So if the translation in the statement exists, then by a chain of reductions, the
vectorial p-calculus model checking problem is in P.

O
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7 Satisfiability in S5

In this section we investigate the u-calculus satisfiability problem for S5. We
begin with establishing a linear size model property.

Lemma 1. If a formula ¢ has a S5 model, then it has a S5 model of size linear
m ¢.

Proof. Let (M, z0) be a S5 model of ¢. Up to bisimulation we can suppose that
M is total. Then player d has a winning strategy in the game I'(¢, zo, M). By
Corollary 1, d has a strongly positional winning strategy in the game, call it X.
Consider a diamond position ({ )1, y) of the game. Since M is total, the set of
successors of ({ Yt,y) does not depend on y, so the choice of X' also does not
depend on y, but only on . Let us denote by (¢, ) the successor position of
(( ), y) chosen by Y. Let N be the submodel of M given by zq plus all points
Lo -

First, N has size linear in ¢ because its size is at most the number of diamond
subformulas of ¢ (plus one). Moreover, we note that if player ¢ in the game always
chooses elements of IV in box positions, then the game remains in N forever, and
is won by d since X' is winning on M.

O

As a consequence we have:
Theorem 3. The satisfiability problem for the p-calculus in S5 is N P-complete.

Proof. N P-hardness holds because the p-calculus contains propositional logic.

To show that the problem is in N P, suppose that models and formulas are en-
coded as strings in a convenient finite alphabet (e.g. ASCII code). We prove that
there is a problem S in PTIME and a polynomial p such that ¢ is satisfiable in
S5 iff there exists a witness z such that (¢, z) € S and length(z) < p(length(¢)).

Since p-calculus model checking is in NP (see [7]), we know that there exists a
problem S’ in PTIME and a polynomial ¢ such that, for any finite model M, M
satisfies ¢ iff there exists a y with (M, ¢,y) € S’ and length(y) < q(length(M)+
length(¢)). Moreover, by Lemma 1, ¢ is satisfiable in S5 iff ¢ is satisfiable in a
model M of size linear in ¢, which we can code with a length at most r(length(¢))
for some polynomial 7.

Let S be the set of tuples (¢, M, y) such that:

— M is an S5 model (i.e. the accessibility relation is an equivalence);
- (M7 ¢ay) € Sl?

— length(M) < r(length(¢));

— length(y) < q(length(M) + length(®)).

So, ¢ is satisfiable in S5 if and only if there exists a witness z = (M, y) such that
(¢,2) € S. Note that S is in PTIME. Moreover, (¢, z) € S implies length(z) <
p(length(¢)), where p(z) = r(z) + q(r(x) + x). So, ¢ is satisfiable in S5 if and
only if there exists a witness z = (M, y) such that (¢,2) € S and length(z) <
p(length($)). So S and p satisfy the desired properties.

O
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Note that the restriction of the previous theorem to modal logic was already
known, see [11].

8 On existential p-calculus

A formula of the p-calculus is called existential, or box-free, if it contains no
box operators [ ]¢. Intuitively, existential u-calculus is considerably simpler
than general p-calculus. In fact, the satisfiability problem for the p-calculus
is EX PTIM E-complete, whereas, as shown in [13], the same problem for the
existential p-calculus is N P-complete. Note that this last result can be obtained
in a way different from [13] as follows.

First we observe:

Lemma 2. The satisfiability problem for existential p-calculus is polynomial
time equivalent to the same problem on S5.

Proof. If an existential formula ¢ has a model M, then ¢ is also true on the
reflexive, symmetric, transitive closure of M, which is an S5 graph of the same
size as M.

(]

Moreover, as a corollary of the previous section we have:

Corollary 4. The satisfiability problem for existential p-calculus in S5 is N P-
complete.

Proof. The satisfiability problem for existential p-calculus in S5 is N P because,
by Theorem 3, it is a particular case of an NP problem. Moreover, the problem
is N P-hard because existential p-calculus contains propositional logic. O

From the previous lemma and the previous corollary it follows:

Corollary 5. The satisfiability problem for existential pi-calculus is N P-complete.

9 On p-calculus and modal logic in S5

It is known that p-calculus in S5 is as expressive as modal logic, so in S5 there
is no fixpoint alternation hierarchy. In this section we describe two translations
from p-calculus to modal logic; the first is due to Alberucci and Facchini, whereas
the second is based on a bisimulation argument.

9.1 On the complexity of translations from the p-calculus to modal
logic over S5

In [2] a recursive translation of p-calculus into modal logic in S5 is given. The
construction is performed by induction on ordinals (rather than ordinary induc-
tion on numbers). In order to set up the construction, a notion of ordinal rank
of p-calculus formulas is introduced, with the following properties:



On modal mu-calculus in S5 and applications

21

— rank(A) = rank(-A) = 1,
— rank({ Y¢) = rank([ ]¢) = rank(¢) + 1;
— rank(¢ AYp) = rank(¢p V) = max{rank(¢),rank(y)} + 1;

— rank(pX.¢(X)) = rank(vX.¢(X)) = sup{rank(¢™(X)) + 1;n € IN}.

A p-calculus sentence ¢ is well named if it is guarded and, for any variable
X, no two distinct occurrences of fixpoint operators in ¢ bind X, and the atom
X occurs only once in ¢.

Using the semantical laws pX. (X, X) = pX puYp(X,Y), vX (X, X) =
vXvYp(X,Y) (see [3]), and renaming of bounded variables, we see that any
p~calculus formula is equivalent to a well named formula of a size which is linear
in the size of ¢. For instance, the formula pX ([ | X A { ) X) AvX[]X is equivalent
to the well named formula pXpY ([ X A ()Y)AvZ]]Z.

The following translation ¢ from well named p-formulas to modal logic in S5
can be defined:

- t(A) = Ajt(-A) = —A4;

t is given by induction on the rank, so it is well defined. Moreover:
Lemma 3. If ¢ is a well named formula, then the length of t(¢) is at most 29!,

Proof. We need a preliminary composition lemma;:

Lemma 4. t(¢[X/4)]) = t(¢)[X/t(4)].
Proof. By induction on ¢. a

Now the bound as in the lemma can be proved by induction on the rank of
¢. The most delicate case is uX.9(X) and vX.4(X). Now, by Lemma 4, we
have t(uX (X)) = t((¥(false)) = t(¥)[X/t(¢¥(false))], and since X oc-
curs only once in v, we obtain the bound [t(uX.90)| = |t()[X/t(Y(false))]| <
2/t(1h(false))| < 2 x 2l¥(false)l — glv(false)l+1 < oluXvV(X)| The case of v is
analogous. ad

So, the translation ¢ is at most exponential. We also can show that the
exponential upper bound for the translation ¢ is tight. In fact, consider the well
named formulas:

¢n:uX1MXnX1V(X2VVXn>

We can show by induction that ¢(¢,) has size at least 2". In fact, the base case
n = 1 is true; for the inductive case, we begin with a lemma:
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Lemma 5. The following equivalences hold:

- [t(¢(false V )| > [t(d(a)];
- if X is a variable free in ¢, then |[t(p(X V a))| > [t(p(a)].

Proof. By induction on ¢. a
Now consider t(¢,,) with n > 1. By definition of ¢ we have

tn) =t(uXo. .. pXpn.(uXo .. . uXy,. falseV Xo V...V X))V Xs... VX))
and by Lemma 4 we obtain
tpn) =t(puXa ... uX, YV X .. . VX)[Y/t(uXs ... uX,. falseV Xa V...V X,).
By evaluating the sizes we see that
[t(dn)| > [t(uXa .. . u X YVXo .. VX)) |+t (X ... u X, falsevXoV. . VX,)]|—1;
by Lemma 5 we obtain

[1(n)] > 20t(iXa . p X0 X V .. X)),

and, by renaming the variables,

|t(¢n)| > 2‘t(¢n—1)|'

Finally, the inductive hypothesis gives |t(¢n_1)| > 2", so [t(¢y)] > 27.

9.2 An alternative translation

A translation from p-calculus to modal logic different from [2] is obtained as
follows. Let ¢ be a p-calculus formula containing a set At of atoms. Then, up to
bisimulation, there are finitely many S5 models colored with At, more precisely
exponentially many of them. Each bisimulation class is described by a character-
istic formula, that is, the conjunction of ( )y where v is a conjunction of atoms
and negated atoms present in the model of the class, and —( )y where v is a
conjunction not present in the class. So, ¢ is equivalent to the disjunction of the
characteristic formulas of the bisimulation classes of the models of ¢. Note that
this alternative translation is also (at most) exponential.

9.3 A corollary

Both translations of the previous subsections give an exponential blow up in the
size of the formula. It is then natural to ask whether there exists a polynomial
time computable translation from the p-calculus to modal logic over S5. This
question is related to the results of the previous section, as the following final
corollary shows:
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Corollary 6. If there is a polynomial time computable translation from the p-
calculus to modal logic over S5 and Theorem 2 specializes to scalar p-calculus,
then the p-calculus model checking problem is in P.

Proof. Given a p-formula ¢ and a model M, first reduce the problem to a p-
formula ¢’ over an S5 model M’, and then apply the polynomial translation in
order to obtain a modal formula ¢* with

ME¢o M Eg.

Since both M’ and ¢* are obtained in polynomial time from M, ¢ and modal
model checking is in P, we have done. a

10 Conclusion

In this paper we have investigated some aspects of p-calculus on S5 graphs.
Arguably, these graphs are quite simple. However, simplicity of S5 graphs gives
us better satisfiability bounds than arbitrary graphs, but not better bounds on
the model checking problem.

An interesting question is whether there is a direct, natural translation from
modal p systems to modal systems in S5: by this we mean that the translation
should not go through transforming a system of equations into a single scalar
term.

A similar analysis of p-calculus model checking and satisfiability could be
carried over other important classes of graphs. An example is K4. Since satisfi-
ability in K4 efficiently reduces to general satisfiability, in K4 we have the same
bound as in K, that is, EXPTIME. It would be interesting to see whether a
better bound can be given. Note that for model checking, as we have seen, a
better bound for K4 with respect to arbitrary graphs does not exist.

The same analysis could be done for other interesting classes of graphs, e.g.
the longstanding Godel-Lob class GL (i.e. the transitive wellfounded graphs),
or for more recent classes such as graphs of bounded tree width or classes with
forbidden minors. A good model checking algorithm for bounded tree width is

g. [18], but we do not have yet a polynomial time model checking algorithm
on graphs of bounded tree width. Apparently there is no result on satisfiability
on bounded tree width.
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Abstract. Probabilistic Logic Programming is receiving an increasing
attention for its ability to model domains with complex and uncertain
relations among entities. In this paper we concentrate on the problem
of approximate inference in probabilistic logic programming languages
based on the distribution semantics. A successful approximate approach
is based on Monte Carlo sampling, that consists in verifying the truth of
the query in a normal program sampled from the probabilistic program.
The ProbLog system includes such an algorithm and so does the cplint
suite. In this paper we propose an approach for Monte Carlo inference
that is based on a program transformation that translates a probabilistic
program into a normal program to which the query can be posed. In
the transformation, auxiliary atoms are added to the body of rules for
performing sampling and checking for the consistency of the sample.
The current sample is stored in the internal database of the Yap Prolog
engine. The resulting algorithm, called MCINTYRE for Monte Carlo
INference wiTh Yap REcord, is evaluated on various problems: biological
networks, artificial datasets and a hidden Markov model. MCINTYRE
is compared with the Monte Carlo algorithms of ProbLog and cplint
and with the exact inference of the PITA system. The results show that
MCINTYRE is faster than the other Monte Carlo algorithms.

Keywords: Probabilistic Logic Programming, Monte Carlo Methods, Logic Pro-
grams with Annotated Disjunctions, ProbLog.

1 Introduction

Probabilistic Logic Programming (PLP) is an emerging field that has recently
seen many proposals for the integration of probability in logic programming.
Such an integration overcomes the limit of logic of dealing only with certain
propositions and the limit of works in probability theory that consider mostly
simple descriptions of domain entities instead of complex relational descriptions.

PLP is of interest also for its many application domains, the most promising
of which is maybe Probabilistic Inductive Logic Programming [5] in which PLP
languages are used to represent the theories that are induced from data. This
allows a richer representation of the domains that often leads to increased mod-
eling accuracy. This trend can be cast in a more general tendency in Machine
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Learning to combine aspects of uncertainty with aspects of logic, as is testified
by the development of the field of Statistical Relational Learning [7].

Many languages have been proposed in PLP. Among them, many share a
common approach for defining the semantics, namely the so called distribution
semantics [17]. This approach sees a probabilistic logic program as a descrip-
tion of a probability distribution over normal logic programs, from which the
probability of queries is computed. Example of languages following the distri-
bution semantics are Probabilistic Logic Programs [3], Probabilistic Horn Ab-
duction [10], Independent Choice Logic [11], PRISM [17], Logic Programs with
Annotated Disjunctions (LPADs) [21] and ProbLog [6]. These languages have
essentially the same expressive power [20,4] and in this paper we consider only
LPADs and ProbLog, because they stand at the extremes of syntax complexity,
LPADs having the most complex syntax and ProbLog the simplest, and because
most existing inference algorithms can be directly applied to them.

The problem of inference, i.e., the problem of computing the probability of a
query from a probabilistic logic program, is very expensive, being #P complete
[8]. Nevertheless, various exact inference algorithms have been proposed, such
as the ProbLog system! [6], cplint? [12,13] and PITA? [14,16] and have been
successfully applied to a variety of non-trivial problems. All of these algorithms
find explanations for queries and then use Binary Decision Diagrams (BDDs)
for computing the probability. This approach has been shown to be faster than
algorithms not using BDDs. Reducing the time to answer a probabilistic query
is important because in many applications, such as in Machine Learning, a high
number of queries must be issued. To improve the speed, approximate inference
algorithms have been proposed. Some compute a lower bound of the probability,
as the k-best algorithm of ProbLog [8] which considers only the & most probable
explanations for the query, while some compute an upper and a lower bound,
as the bounded approximation algorithm of ProbLog [8] that builds an SLD
tree only to a certain depth. A completely different approach for approximate
inference is based on sampling the normal programs encoded by the probabilis-
tic program and checking whether the query is true in them. This approach,
called Monte Carlo, was first proposed in [8] for ProbLog, where a lazy sampling
approach was used in order to avoid sampling unnecessary probabilistic facts.
[1] presented algorithms for k-best, bounded approximation and Monte Carlo
inference for LPADs that are all based on a meta-interpreter. In particular, the
Monte Carlo approach uses the arguments of the meta-interpreter predicate to
store the samples taken and to ensure consistency of the sample.

In this paper we present the algorithm MCINTYRE for Monte Carlo INfer-
ence wiTh Yap REcord that computes the probability of queries by means of
a program transformation technique. The disjunctive clauses of an LPAD are
first transformed into normal clauses to which auxiliary atoms are added to the
body for taking samples and storing the results. The internal database of the

! http://dtai.cs.kuleuven.be/problog/
2 http://www.ing.unife.it/software/cplint/
% https://sites.google.com/a/unife.it/ml/pita
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Yap Prolog engine is used to record all samples taken thus ensuring that samples
are consistent. The truth of a query in a sampled program can be then tested
by asking the query to the resulting normal program.

MCINTYRE is compared with the Monte Carlo algorithms of ProbLog and
cplint and with the exact inference algorithm of the PITA system on various
problems: biological networks, artificial datasets and a hidden Markov model.
The results show that the performances of MCINTYRE overcome those of the
other Monte Carlo algorithms.

The paper is organized as follows. In Section 2 we review the syntax and the
semantics of PLP. Section 3 illustrates previous approaches for inference in PLLP
languages. Section 4 presents the MCINTYRE algorithm. Section 5 describes
the experiments and Section 6 concludes the paper.

2 Probabilistic Logic Programming

One of the most interesting approaches to the integration of logic programming
and probability is the distribution semantics [17], which was introduced for the
PRISM language but is shared by many other languages.

A program in one of these languages defines a probability distribution over
normal logic programs called worlds. This distribution is then extended to queries
and the probability of a query is obtained by marginalizing the joint distribution
of the query and the programs. We present the semantics for programs without
function symbols but the semantics has been defined also for programs with
function symbols [17,15].

The languages following the distribution semantics differ in the way they
define the distribution over logic programs. Each language allows probabilis-
tic choices among atoms in clauses: Probabilistic Logic Programs, Probabilistic
Horn Abduction , Independent Choice Logic, PRISM and ProbLog allow proba-
bility distributions over facts, while LPADs allow probability distributions over
the heads of disjunctive clauses. All these languages have the same expressive
power: there are transformations with linear complexity that can convert each
one into the others [20,4]. Next we will discuss LPADs and ProbLog.

Formally a Logic Program with Annotated Disjunctions T [21] consists of a
finite set of annotated disjunctive clauses. An annotated disjunctive clause C; is
of the form h;y : ITi1; .. .5 hin, : Iin, © —bi1, ..., bim,. In such a clause A1, ... hip,
are logical atoms and b;1, ..., by, are logical literals, {II;,...,IIl;,,} are real
numbers in the interval [0, 1] such that ZZ=1 I, < 1. b1, .. by, is called
the body and is indicated with body(C;). Note that if n; = 1 and II;; = 1 the
clause corresponds to a non-disjunctive clause. If >7'* | IT;, < 1 the head of the
annotated disjunctive clause implicitly contains an extra atom null that does
not appear in the body of any clause and whose annotation is 1 — >, II;z. We
denote by ground(T') the grounding of an LPAD T.

An atomic choice is a triple (C;,0;,k) where C; € T, 6; is a substitution
that grounds C; and k € {1,...,n;}. (C;,0;,k) means that, for the ground
clause C;0;, the head h;;, was chosen. In practice C;60; corresponds to a random
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variable X;; and an atomic choice (C;,0;,k) to an assignment X;; = k. A set of
atomic choices k is consistent if (C;,0;,k) € k,(C;,60;,1) € k =k =1, ie., only
one head is selected for a ground clause. A composite choice k is a consistent set
of atomic choices. The probability P(k) of a composite choice k is the product of
the probabilities of the individual atomic choices, i.e. P(k) = H(Ci,oj,k:)en ;.

A selection o is a composite choice that contains an atomic choice (Cj, 05, k)
for each clause C;0; in ground(T'). A selection o identifies a normal logic program
we defined as w, = {(hix : —body(C;))0;|(C;,8;,k) € o}. w, is called a world of
T'. Since selections are composite choices, we can assign a probability to possible
worlds: P(wo) = P(0) =[], 0, 1)eo Hik-

Since the program does not have function symbols, the set of worlds is finite:
Wr = {wi,...,w,} and, since the probabilities of the individual choices sum to
1, P(w) is a distribution over worlds: >, . P(w) = 1. We also assume that
each world w has a two-valued well founded model WFM (w). If a query @Q is
true in WFM (w) we write w = Q.

We can define the conditional probability of a query @ given a world: P(Q|w) =
1if w |= @ and 0 otherwise. The probability of the query can then be obtained
by marginalizing over the query

P(Q) =) P(Qw) =) P(Qu)P(w)= Y P(w)
w w wEQ
Ezxample 1. The following LPAD T encodes a very simple model of the develop-
ment of an epidemic or a pandemic:

Cy = epidemic : 0.6; pandemic : 0.3 : — flu(X), cold.
Cy = cold : 0.7.

C3 = flu(david).

Cy = flu(robert).

This program models the fact that if somebody has the flu and the climate
is cold, there is the possibility that an epidemic or a pandemic arises. We are
uncertain about whether the climate is cold but we know for sure that David
and Robert have the flu. Clause C has two groundings, both with three atoms
in the head, while clause Cy has a single grounding with two atoms in the head,
so overall there are 3 x 3 x 2 = 18 worlds. The query epidemic is true in 5 of
them and its probability is

P(epidemic) =0.6-0.6-0.7+0.6-0.3-0.7+0.6-0.1-0.7+
0.3-0.6-0.74+0.1-0.6-0.7=
0.588

A ProbLog program is composed by a set of normal clauses and a set of proba-
bilistic facts, possibly non-ground. A probabilistic fact takes the form

I f.

where IT is in [0,1] and f is an atom. The semantics of such program can be
given by considering an equivalent LPAD containing, for each ProbLog normal
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clause h : —B, a clause h : 1 : —B and, for each probabilistic ProbLog fact, a
clause

[l

The semantics of the ProbLog program is the same as that of the equivalent
LPAD.

It is also possible to translate an LPAD into a ProbLog program [4]. A clause
C; of the LPAD with variables X

hil N Hﬂ; .. -;hini . H’L’ﬂl . _Bi
is translated into

hit —Bi»f¢1(y)~ o .
hiz + =By, problog-not(fi1(X)), fi2(X).

hin,—1 : —B;, problog not(fi1 (X)), ..., problog not(fin,—2(X)), fin,—1(X).
Rin, © —Bi, problog not(fi (X)), ..., problog not(fin,—1(X)).

41 <2 fil (Y>

Tin—1 finﬁl(y)-

where problog-not/1 is a ProbLog builtin predicate that implements negation
for probabilistic atoms and m;; = Il;1, T2 = In
[Lo a=m)’

Ezxample 2. The ProbLog program equivalent to the LPAD of Example 1 is

o Y — i3
Tomi? T8 = O—m)(l—mm)? "
general m;; =

Ch1 = epidemic : — flu(X), cold, f1(X).

C12 = pandemic : — flu(X), cold, problog-not(f1(X)), f2(X).
C13=0.6 :: f1(X).

014 = 075 o fQ(X)

Cy = cold : —f3.

022 =0.7: f3

Cs = flu(david).

Cy = flu(robert).

3 Inference Algorithms

In order to compute the probability of a query from a probabilistic logic program,
[6] proposed the ProbLog system that first finds a set of explanations for the
query and then computes the probability from the set by using Binary Decision
Diagrams. An explanation is a set of probabilistic facts used in a derivation of the
query. The set of explanations can be seen as a Boolean DNF formula in which
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the Boolean propositions are random variables. Computing the probability of
the formula involves solving the disjoint sum problem which is #P-complete
[19]. BDDs represent an approach for solving this problem that has been shown
to work well in practice [6,13,14].

[8] proposed various approaches for approximate inference that are now in-
cluded in the ProbLog system. The k-best algorithm finds only the k most prob-
able explanations for a query and then builds a BDD from them. The resulting
probability is only a lower bound but if £ is sufficiently high it represents a
good approximation. The bounded approximation algorithm computes a lower
bound and an upper bound of the probability of the query by using iterative
deepening to explore the SLD tree for the query. The SLD tree is built partially,
the successful derivations it contains are used to build a BDD for computing
the lower bound while the successful derivations plus the incomplete ones are
used to compute the upper bound. If the difference between the upper and the
lower bound is above the required precision, the SLD tree is built up to a greater
depth. This process is repeated until the required precision is achieved. These
algorithms are implemented by means of a program transformation technique
applied to the probabilistic atoms: they are turned into clauses that, when the
atom is called, add the probabilistic fact to the current explanation.

[1] presented an implementation of k-best and bounded approximation for
LPADs that is based on a meta-interpreter and showed that in some cases this
gives good results.

[8] also presented a Monte Carlo algorithm that samples the possible pro-
grams and tests the query in the samples. The probability of the query is then
given by the fraction of programs where the query is true. The Monte Carlo
algorithm for ProbLog is realized by using an array with an element for each
ground probabilistic fact that stores one of three values: sampled true, sampled
false and not yet sampled. When a probabilistic fact is called, the algorithm first
checks whether the fact has already been sampled by looking at the array. If
it has not been sampled, then it samples it and stores the result in the array.
Probabilistic facts that are non-ground in the program are treated differently. A
position in the array is not reserved for them since their grounding is not known
at the start, rather samples for groundings of these facts are stored in the in-
ternal database of Yap and the sampled value is retrieved when they are called.
If no sample has been taken for a grounding, a sample is taken and recorded in
the database.

[1] presents a Monte Carlo algorithm for LPADs that is based on a meta-
interpreter. In order to keep track of the samples taken, two arguments of the
meta-interpreter predicate are used, one for keeping the input set of choices and
one for the output set of choices. This algorithm is included in the cplint suite
available in the source tree of Yap?.

4 http://www.dcc.fc.up.pt/~vsc/Yap/downloads.html
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4 MCINTYRE

MCINTYRE first transforms the program and then queries the transformed
program. The disjunctive clause C; = hj1 : II;1 V...V iy Iy, 0 —bi, ..., b,
where the parameters sum to 1, is transformed into the set of clauses M C(C;):
MC(CZ‘, 1) = hil : —bi]_, ey bim“
sample_head(ParList,i,VC,NH), NH = 1.

MC(Ci,ni) = hin, © =bi1, ..., bim,,
sample_head(ParList,i,VC,NH), NH = n,.
where VC is a list containing each variable appearing in C; and ParList is
[II;1,...,1,,]. If the parameters do not sum up to 1 the last clause (the one
for null) is omitted. Basically, we create a clause for each head and we sample a
head index at the end of the body with sample_head/4. If this index coincides
with the head index, the derivation succeeds, otherwise it fails. Thus failure can
occur either because one of the body literals fails or because the current clause
is not part of the sample.
For example, clause C; of epidemic example becomes
MC(C1,1) = epidemic : — flu(X), cold,
sample_head([0.6,0.3,0.1],1, [X],NH),NH = 1.
MC(Ch,2) = pandemic : — flu(X), cold,
sample_head([0.6,0.3,0.1],1, [X], NH), NH = 2.
The predicate sample_head/4 samples an index from the head of a clause and
uses the builtin Yap predicates recorded/3 and recorda/3 for respectively re-
trieving or adding an entry to the internal database. Since sample_head/4 is at
the end of the body and since we assume the program to be range restricted, at
that point all the variables of the clause have been grounded. A program is range
restricted if all the variables appearing in the head also appear in positive literals
in the body. If the rule instantiation had already been sampled, sample_head/4
retrieves the head index with recorded/3, otherwise it samples a head index
with sample/2:

sample_head(_ParList,R,VC,NH) : -
recorded(exp, (R,VC,NH),_),!.

sample_head (ParList,R,VC,NH) : -
sample (ParList,NH),
recorda(exp, (R,VC,NH),_).

sample (ParList, HeadId) :-
random(Prob) ,
sample (ParList, 0, O, Prob, HeadId).

sample ([HeadProb|Taill, Index, Prev, Prob, HeadId) :-
Succ is Index + 1,
Next is Prev + HeadProb,
(Prob =< Next ->
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HeadId = Index
sample(Tail, Succ, Next, Prob, HeadId)
).

Tabling can be effectively used to avoid re-sampling the same atom. To take a
sample from the program we use the following predicate

sample (Goal) : -
abolish_all_tables,
eraseall(exp),
call(Goal).

A fixed number of samples n is taken and the fraction p of samples in which
the query succeds is computed. In order to compute the confidence interval of p,
we use the central limit theorem to approximate the binomial distribution with
a normal distribution. Then the 95% binomial proportion confidence interval is
calculated as

p(1—p)

ﬁ + Fl—a/2
n

where z1_q/7 is the 1 — a/2 percentile of a standard normal distribution and
usually « = 0.05 . If the width of the interval is below a user defined threshold
6, we stop and we return the fraction of successful samples.

This estimate of the confidence interval is good for a sample size larger than
30 and if p is not too close to 0 or 1. The normal approximation fails totally
when the sample proportion is exactly zero or exactly one. Empirically, it has
been observed that the normal approximation works well as long as np > 5 and
n(l —p) > 5.

5 Experiments

We considered three sets of benchmarks: graphs of biological concepts from [6],
artificial datasets from [9] and a hidden Markov model from [2]. On these dataset,
we compare MCINTYRE, the Monte Carlo algorithm of ProbLog [8], the Monte
Carlo algorithm of cplint [1] and the exact system PITA which has been shown
to be particularly fast [14]. All the experiments have been performed on Linux
machines with an Intel Core 2 Duo E6550 (2333 MHz) processor and 4 GB of
RAM. The algorithms were run on the data for 24 hours or until the program
ended for lack of memory. § = 0.01 was chosen as the maximum confidence
interval width for Monte Carlo algorithms. The normal approximation tests np >
5 and n(1 — p) > 5 were disabled in MCINTYRE because they are not present
in ProbLog. For each experiment we used tabling when it gave better results.
In the graphs of biological concepts the nodes encode biological entities such
as genes, proteins, tissues, organisms, biological processes and molecular func-
tions, and the edges conceptual and probabilistic relations among them. Edges
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are thus represented by ground probabilistic facts. The programs have been sam-
pled from the Biomine network [18] containing 1,000,000 nodes and 6,000,000
edges. The sampled programs contain 200, 400, ..., 10000 edges. Sampling was
repeated ten times, to obtain ten series of programs of increasing size. In each
program we query the probability that the two genes HGNC_620 and HGNC_983
are related.

For MCINTYRE and ProbLog we used the following definition of path

path(X,X).

path(X,Y) :-X\==Y, path(X,Z),arc(Z,Y).
arc(X,Y):-edge(Y,X).
arc(X,Y):-edge(X,Y).

For MCINTYRE, we tabled path/2 using Yap tabling with the directive
:- table path/2.

while for ProbLog we tabled the path predicate by means of ProbLog tabling
with the command

problog_table(path/2),
For PITA we used the program

path(X,Y) :-path(X,Y, [X],2Z).

path(X,X,A,A).

path(X,Y,A,R) :-X\==Y, arc(X,Z), \+ member(Z,A), path(Z,Y,[Z|A],R).
arc(X,Y) :-edge(Y,X).

arc(X,Y):-edge(X,Y).

that performs loop checking by keeping a list of visited nodes rather than by using
tabling because this approach gave the best results. We used the same program
also for cplint because it does not allow to use tabling for loop checking.

Figure 1(a) shows the number of graphs for each size for which MCINTYRE,
ProbLog, cplint and PITA were able to compute the probability. Figure 1(b)
shows the execution times of the four algorithms as a function of graph size
averaged over the graphs on which the algorithms succeeded.

MCINTYRE and ProbLog were able to solve all graphs, while PITA and
cplint stopped much earlier. As regards speed, MCINTYRE is much faster
than cplint and slightly faster than ProbLog. For non-small programs it is also
faster than PITA.

The growing head dataset from [9] contains propositional programs in which
the head of clauses are of increasing size. For example, the program for size 4 is

a0 :- al.
al:
al:
a2:
al:
a3:

; al:0.5 :- a2.

33333333333; a1:0.333333333333; a2:0.333333333333 :- a3.

O O O O O
g w oo o,
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Fig. 1. Biological graph experiments.

The equivalent ProbLog program is

a0 :- al. 0.5::
al:-alf. 0.5::
a0:-a2,a0_2.

al:-a2,problog_not(a0_2). 0.5:
a2:-a2f.

0.333333333333::a0_3. 0.5:
a0:-a3,a0_3.
al:-a3,problog_not(a0_3),al_3.

alf.

a0_2.

:a2f.

:al_3.

a2:-a3,problog_not(a0_3) ,problog_not(al_3).

0.5::a3f.
a3:-a3f.

In this dataset no predicate is tabled for both MCINTYRE and ProbLog. Figure
2(a) shows the time for computing the probability of a0 as a function of the
size. MCINTYRE is faster than ProbLog and PITA for non-small programs but
all of them are much slower and less scalable than cplint. The reason why

—-MCINTYRE
—-©-ProbLog

cplint
» ~=-PITA

20 40 60 80 100
N

(a) Sampling last.

—#MCINTYRE
—-©-ProbLog

cplint
S PITA

20 40 60

N

80 100

(b) Sampling first.

Fig. 2. Growing head from [9].
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cplint performs so well is that the meta-interpreter checks for the consistency
of the sample when choosing a clause to resolve with the goal, rather than after
having resolved all the body literals as in MCINTYRE and ProbLog. However,
since the clauses are ground, the sampling predicates of MCINTYRE can be
put at the beginning of the body, simulating cplint behavior. Similarly, the
probabilistic atoms can be put at the beginning of the body of ProbLog clauses.
With this approach, we get the timings depicted in Figure 2(b) which shows that
now MCINTYRE and ProbLog are faster than cplint and MCINTYRE is the
fastest.

The blood type dataset from [9] determines the blood type of a person on
the basis of her chromosomes that in turn depend on those of her parents. The
blood type is given by clauses of the form

bloodtype(Person,a):0.90 ; bloodtype(Person,b):0.03 ;
bloodtype(Person,ab):0.03 ; bloodtype(Person,null):0.04 :-
pchrom(Person,a) ,mchrom(Person,a) .

where pchrom/2 indicates the chromosome inherited from the father and mchrom
/2 that inherited from the mother. There is one such clause for every combination
of the values {a, b, null} for the father and mother chromosomes. In turn, the
chromosomes of a person depend from those of her parents, with clauses of the
form

mchrom(Person,a) :0.90 ; mchrom(Person,b):0.05 ;
mchrom(Person,null):0.05 :-
mother (Mother,Person), pchrom(Mother,a), mchrom(Mother,a).

There is one such clause for every combination of the values {a, b, null} for
the father and mother chromosomes of the mother and similarly for the father
chromosome of a person. In this dataset we query the blood type of a person
on the basis of that of its ancestors. We consider families with an increasing
number of components: each program adds two persons to the previous one.
The chromosomes of the parentless ancestors are given by disjunctive facts of
the form

mchrom(p,a):0.3 ; mchrom(p,b):0.3 ; mchrom(p,null):0.4.
pchrom(p,a):0.3 ; pchrom(p,b):0.3 ; pchrom(p,null):0.4.

For both MCINTYRE and ProbLog all the predicates are tabled.

Figure 3 shows the execution times as a function of the family size. Here
MCINTYRE is faster than ProbLog but slower than the exact inference of PITA.
This is probably due to the fact that the bodies of clauses with the same atoms
in the head are mutually exclusive in this dataset and the goals in the bodies
are independent, making BDD operations particularly fast.

In the growing body dataset [9] the clauses have bodies of increasing size.
For example, the program for size 4 is,

a0:0.5 :- al.
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N

Fig. 3. [Bloodtype from [9].

a0:0.5 :- \+ a1, a2.
a0:0.5 :- \+ a1, \+ a2, a3.
al:0.5 :- a2.

al:0.5 :- \+ a2, a3.
a2:0.5 :—- a3.

a3:0.5.

In this dataset as well no predicate is tabled for both MCINTYRE and ProbLog
and the sampling predicates of MCINTYRE and the probabilistic atoms of
ProbLog have been put at the beginning of the body since the clauses are ground.
Figure 4(a) shows the execution time for computing the probability of a0. Here
PITA is faster and more scalable than Monte Carlo algorithms, again probably
due to the fact that the bodies of clauses with the same heads are mutually ex-
clusive thus simplifying BDD operations. Figure 4(b) shows the execution time
of the Monte Carlo algorithms only, where it appears that MCINTYRE is faster
than ProbLog and cplint.

S MCINTYRE 10° x—e**/*/ ]
-6-ProbLog = ~—MCINTYRE
cplint NN -©-ProbLog
) —=PITA 102 cplint
10 20 40 60 80 100 2 4 6 8 10 12 14
N N
(a) All algorithms. (b) Monte Carlo algorithms.

Fig. 4. Growing body. from [9].

The UWCSE dataset [9] describes a university domain with predicates such as
taught_by/2, advised_by/2, course_level/2, phase/2, position/2, course/1,
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professor/1, student/1 and others. Programs of increasing size are considered
by adding facts for the student/1 predicate, i.e., by considering an increasing
number of students. For both MCINTYRE and ProbLog all the predicates are
tabled. The time for computing the probability of the query taught_by(c1,p1)
as a function of the number of students is shown in Figure 5(a). Here MCIN-
TYRE is faster than ProbLog and both scale much better than PITA.

—MCINTYRE —MCINTYRE
o —©-ProbLog -©-ProbLog
5 cplint
10 S PITA

(s)

Time

107

3 . . . .
0 10 20 30 40 20 40 60 80 100
N

(a) UWCSE. (b) Hidden Markov Model.

Fig. 5. UWCSE and Hidden Markov Model

The last experiment involves the Hidden Markov model for DNA sequences
from [2]: bases are the output symbols and three states are assumed, of which
one is the end state. The following program generates base sequences.

hmm (0) : ~hmm1 (_,0) .

hmm1(S,0) :~hmm(q1, [1,S,0).

hmm(end,S,S, [1).

hmm(Q,S0,S,[L|0]):- Q\= end, next_state(Q,Q1,80), letter(Q,L,S0),
hmm (Q1, [Q1S0],S,0).

next_state(ql,ql,_S):1/3;next_state(ql,q2,_5):1/3;
next_state(ql,end,_S):1/3.

next_state(q2,ql1,_S):1/3;next_state(q2,92,_5):1/3;
next_state(q2,end,_S):1/3.

letter(ql,a,_S):0.25;1letter(ql,c,_S):0.25;1letter(ql,g,_S):0.25;
letter(ql,t,_S):0.25.

letter(q2,a,_S):0.25;letter(q2,c,_S):0.25;1letter(q2,g,_S):0.25;
letter(q2,t,_S):0.25.

The algorithms are used to compute the probability of hmm(0) for random se-
quences 0 of increasing length. Tabling was not used for MCINTYRE nor for
ProbLog.

Figure 5(b) show the time taken by the various algorithms as a function of
the sequence length. Since the probability of such a sequence goes rapidly to
zero, the derivations of the goal terminate mostly after a few steps only and
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all Monte Carlo algorithms take constant time with MCINTYRE faster that
ProbLog and cplint.

6 Conclusions

Probabilistic Logic Programming is of high interest for its many application
fields. The distribution semantics is one of the most popular approaches to PLP
and underlies many languages, such as LPADs and ProbLog. However, exact in-
ference is very expensive, being #P complete and thus approximate approaches
have to be investigated. In this paper we propose the algorithm MCINTYRE that
performs approximate inference by means of a Monte Carlo technique, namely
random sampling. MCINTYRE transforms an input LPAD into a normal pro-
gram that contains a clause for each head of an LPAD clause. The resulting
clauses contain in the body auxiliary predicates that perform sampling and check
for the consistency of the sample.

MCINTYRE has been tested on graphs of biological concepts, on four artifi-
cial datasets from [9] and on a hidden Markov model. In all cases it turned out
to be faster than the Monte Carlo algorithms of ProbLog and cplint. It is also
faster and more scalable than exact inference except in two datasets, blood type
and growing body, that however possess peculiar characteristics. MCINTYRE
is available in the cplint package of the source tree of Yap and instructions on
its use are available at http://www.ing.unife.it/software/cplint/.

In the future we plan to investigate other approximate inference techniques
such as lifted belief propagation and variational methods.
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Abstract. In this paper we propose honmonotonic extensions of low ¢exitp
Description Logicst £ andDL-Lite,,.. for reasoning about typicality and de-
feasible properties. The resulting logics are cafléd T,.:, andDL-Lite. T .
We summarize complexity results for such extensions récstidied. Entail-
ment inDL-Lite, T i is in ITZ, whereas entailment i Tin is EXPTIME-
hard. However, considering the known fragment of Left L€ T,,.:,,, we
have that the complexity of entailment drops fi§. Furthermore, we present
tableau calculi for€ £ T, (focusing on Left Local knowledge bases) and
DL-Lite. T nin. The calculi perform a two-phase computation in order tackhe
whether a query is minimally entailed from the initial knegbe base. The cal-
culi are sound, complete and terminating. Furthermorey thpresent decision
procedures for Left Locaf £ T,,.:», knowledge bases aml-Lite. T, knowl-
edge bases, whose complexities match the above mentiosidtsre

1 Introduction

The family of description logics (DLs) is one of the most imfamt formalisms of
knowledge representation. They have a well-defined seosabtsed on first-order
logic and offer a good trade-off between expressivity antgiexity. DLs have been
successfully implemented by a range of systems and theyt #ine Aase of languages
for the semantic web such as OWL. A DL knowledge base (KB) aisep two com-
ponents: the TBox, containing the definition of conceptsl(passibly roles), and a
specification of inclusion relations among them, and the ABantaining instances of
concepts and roles. Since the very objective of the TBox lmittdl a taxonomy of con-
cepts, the need of representing prototypical propertidoareasoning about defeasible
inheritance of such properties naturally arises.

Nonmonotonic extensions of Description Logics (DLs) hagerbactively investi-
gated since the early 90s, [15,4,2,3,7,12,10,9, 6]. A snbpit powerful nonmono-
tonic extension of DLs is proposed in [12,10,9]: in this aggah “typical” or “nor-
mal” properties can be directly specified by means of a “tgliig’ operatorT en-
riching the underlying DL; the typicality operat@ is essentially characterised by
the core properties of nonmonotonic reasoning axiomatigeateferential logic[13].

In ALC + T [12], one can consistently express defeasible inclusiowisexceptions
such as: typical students do not pay taxes, but working stgd#o typically pay taxes,
but working students having children normally do n&¥Student) T —TaxPayer;
T(Student M Worker) T TaxPayer; T(Student M Worker M 3HasChild. T) C
—TaxPayer. Although the operatdl’ is nonmonotonicin itself, the logid £C + T, as
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well as the IogicEE*LT [10] extending £, is monotonic. As a consequence, unless
a KB contains explicit assumptions about typicality of iriduals (e.g. that john is a
typical student), there is no way of inferring defeasiblegarties of them (e.g. that john
does not pay taxes). In [9], a non monotonic extensiaABE + T based on a minimal
model semantics is proposed. The resulting logic, calléd +T,,,;,., supports typical-

ity assumptions, so that if one knows that john is a studerd,aan nonmonotonically
assume that he is alsaypical student and therefore that he does not pay taxes. As an
example, for a TBox specified by the inclusions abovedifC + T,,;, the following
inference holds: TBox { Student(john)} Eacc+T,,,, —TaxPayer(john).

Similarly to other nonmonotonic DLs, adding the typicabiyerator with its minimal-
model semantics to a standard DL, suchASC, leads to a very high complexity
(namely query entailment I LC + T,pin IS IN co-NexpNP [9]). This fact has moti-
vated the study of nonmonotonic extensions of low compjeRits such aPL-Lite ..

[5] andELT of theEL family [1] which are nonetheless well-suited for encodiargke
knowledge bases (KBs).

In this paper, we hence consider the extensions of the lovptxity logicsDL-Lite ;.
and& £+ with the typicality operator based on the minimal model setica introduced
in [9]. We summarize complexity upper bounds for the resgltbgics€ £ T,;,, and
DL-Lite, T, studied in [11]. FOE L', it turns out that its extensiafiC LT, ,;,, is un-
fortunately ExPTIME-hard. This result is analogous to the onediscumscribeds £+
KBs [3]. However, the complexity decreased1§ for the fragment of eft Locals £+
KBs, corresponding to the homonymous fragment in [3]. Theesaomplexity upper
bound is obtained fobL-Lite.T.,.;.

We also present tableau calculi fbi_-Lite.T),,;,, as well as for the Left Local
fragment of£1T,,.;,, for deciding minimal entailment id7%. Our calculi perform a
two-phase computation: in the first phase, candidate mddetsplete open branches)
falsifying the given query are generated, in the secondetias minimality of candi-
date models is checked by means of an auxiliary tableau wmtisin. The latter tries
to build a model which is “more preferred” than the candidate: if it fails (being
closed) the candidate model is minimal, otherwise it is Both tableaux constructions
comprise some non-standard rules for existential quaatiific in order to constrain the
domain (and its size) of the model being constructed. Therskphase makes use in
addition of special closure conditions to prevent the geti@n of non-preferred mod-
els. The calculi are very simple and do not require any blogknhachinery in order to
achieve termination. It comes as a surprise that the motiificaf the existential rule
is sufficient to match thél} complexity.

2 The typicality operator T and the Logic €L T,in

Before describing £ T .., let us briefly recall the underlying monotonic Io@;z‘f“L T
[10], obtained by adding t6 £ the typicality operatofl’. The intuitive idea is that
T(C) selects thaypical instances of a concept. In £t T we can therefore dis-
tinguish between the properties that hold for all instarafesonceptC' (C' C D), and
those that only hold for the normal or typical instance€'qfT'(C) C D).

Formally, theSLt T language is defined as follows.
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Definition 1. We consider an alphabet of concept nardesf role namesk, and of
individualsO. GivenA € C andR € R, we define

C=A|T|L|CnC Cr:=C|CrNCgr|3R.C CL:=Cr|T(C)
A KB is a pair (TBox, ABox). TBox contains a finite set of gehevacept inclusions

(or subsumptions)’;, C Cr. ABox contains assertions of the fofif (a) and R(a, b),
wherea,b € O.

The semantics of £~ T [10] is defined by enriching ordinary models 6.+
by apreference relation< on the domain, whose intuitive meaning is to compare the
“typicality” of individuals: = < y, means that is more typical thamy. Typical members
of a concepC, that is members o' (C'), are the membetsof C that are minimal with
respect to this preference relation.

Definition 2 (Semantics ofT). A modelM is any structurg A, <, I') whereA is the
domain; < is an irreflexive and transitive relation ovet that satisfies the following
Smoothness Conditioffor all S C A, for all x € S, eitherz € Min(S) or Jy €
Min_(S) such thaty < =, whereMin_(S) = {u:u € Sandfz € Ss.t.z < u}.
Furthermore,< is multilinear: if u < z andv < z, then eitheru = v or u < v or
v < u. I is the extension function that maps each conéept C7 C A, and each role
rtor! C Al x Al For concepts of £, €7 is defined in the usual way. For thE
operator: (T(C))! = Min(C?).

Given a modelM, I can be extended so that it assigns to each individuzfl O a
distinct element,’ of the domainA. We say thatM satisfies an inclusiod’ C D if
C! € D!, and thatM satisfiesC (a) if a! € C! andaRbif (a’,b!) € R!. Moreover,
M satisfies TBox if it satisfies all its inclusions, aind satisfies ABox if it satisfies all
its formulas M satisfies a KB (TBox,ABoXx), if it satisfies both its TBox ang ABox.

The operatofT [12] is characterized by a set of postulates that are esdlgrai
reformulation of the KLM [13] axioms opreferential logicP. T has therefore all the
“core” properties of nonmonotonic reasoning as it is axitsea byP. The semantics
of the typicality operator can be specified by modal logice Titerpretation ofl’ can
be split into two parts: for any of the domaind, = € (T(C))! justin case (i) € C,
and (i) there is ngy € C such thaty < . Condition (i) can be represented by means
of an additional modality], whose semantics is given by the preference relation
interpreted as an accessibility relation. Observe thatkySmoothness Condition]
has the properties of Godel-Ldb modal logic of provapi®. The interpretation of]
in M is as follows:(0JC)! = {z € A | foreveryy € A, if y < z theny € CT}. We
immediately get that € (T(C))! if and only if z € (C M O-C)L. From now on, we
considerT(C) as an abbreviation far' 1 O-C.

As mentioned in the Introduction, the main limit6£* " T is that it ismonotonic
Even if the typicality operatdI itself is nonmonotonic (i.€L'(C') C E does notimply
T(C 1 D) C E), what is inferred from ag Lt T KB can still be inferred from any
KB’ with KB C KB'. In order to perform nonmonotonic inferences, as don@jnwe
strengthen the semantics®f ™ T by restricting entailment to a class of minimal (or
preferred) models. We call the new logi€ ' T,,;,,. Intuitively, the idea is to restrict
our consideration to models thainimize the non typical instances of a concept
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Given a KB, we consider a finite st of concepts: these are the concepts whose
non typical instances we want to minimize. We assume thageb@r contains at least
all conceptg” such thafl'(C') occurs in the KB or in the quer¥, where aquery F is
either an assertio@'(a) or an inclusion relatio’ = D. As we have just said; € C!
is typical if z € (O-C)’. Minimizing the non typical instances ¢t therefore means
to minimize the objects not satisfying—C for C € Lr. Hence, for a given model
M = (A, <, I), we define:

MZ = {(z,-0-C) | z ¢ (O-C)!, withz € A,C € L7}
Definition 3 (Preferred and minimal models).Given a modeM = (A <, I) of a
knowledge base KB, and a model’ = (A’, </, I') of KB, we say that\1 is preferred
to M’ with respect tolr, and we writeM <, M’ if (i) A = A, (ii) M%; -
MEL, (i) of = o' forall a € ©. M is aminimal modefor KB (with respect taCr)
if it is a model of KB and there is no other model’ of KB such thatM’ < ... M.

Definition 4 (Minimal Entailment in ££1T,,;,). A queryF' is minimally entailed
in EL1T,.:» by KB with respect taC if F is satisfied in all models of KB that are
minimal with respect t&€t. We write KB=g o F.

Example 1. The KB of the Introduction can be reformulatedcdisws in LTy
TaxPayer M NotTaxPayer T 1; Parent © 3HasChild.T; 3HasChild. T T Parent,;
T (Student) C NotTaxPayer; T(Student M Worker) C TazPayer; T(Student M
Worker MParent) © NotTaxzPayer. LetLr = {Student, Student M Worker, Student
M Worker 1 Parent }. Then TBoxJ { Student(john)} Fepip, . NotTaxPayer(john),
since john! € (Student 1 O-Student)! for all minimal modelsM = (A <,I)
of the KB. In contrast, by the nhonmonotonic character of malientailment, TBox
U {Student(john), Worker(john)} Fepiy, . TaxPayer(john). Last, notice that
TBoxU {IHasChild.(Student 11 Worker)(jack)} Fepvr,,,, IHasChild. TaxzPayer
(jack). The latter shows that minimal consequence appliemicit individuals as
well, without any ad-hoc mechanism.

Theorem 1 (Complexity for ££1T,,,;, KBs (Theorem 3.1 in [11])).The problem of
deciding whether KB=¢ ..y . «ais EXPTIME-hard.

In order to lower the complexity of minimal entailment &+ T,,:,, we consider a
syntactic restriction on the KB called Left Local KBs. Théstriction is similar to the
one introduced in [3] for circumscribefiC KBs.

Definition 5 (Left Local knowledge base)A Left Local KB only contains subsump-
tionsCEL C Cg, whereC andC, are as in Definition 1 and:

CEL .= C |CEENCEL | 3R.T | T(C)
There is no restriction on the ABox.

Observe that the KB in the Example 1 is Left Local, as no conoéphe form
JR.C with C' # T occurs on the left hand side of inclusions. In [11] an uppeiab
for the complexity o £ T,,.;,, Left Local KBs is provided by a small model theorem.
Intuitively, what allows us to keep the size of the small mqu®ynomial is that we
reuse the same world to verify the same existential conbeptighout the model. This
allows us to conclude that:
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Theorem 2 (Complexity for E£T,,:,, Left Local KBs (Theorem 3.12 in [11])).If
KB is Left Local, the problem of deciding whether KB ..+ «aisinII}.

3 The LogicDL-Lite.T,,.irn
In this section we present the extension of the |@gjicLite.,.. [5] with the T operator.

We call the resulting logi®L-Lite.T),;,,. The language obL-Lite.T,,, is defined
as follows.

Definition 6. We consider an alphabet of concept nardesf role namesk, and of
individualsO. GivenA € C andr € R, we define

CL:=A|3R.T|T(A4) R:=r|r Cr:=A|-A|3R.T|-3RT

A DL-Lite. T,,;, KB is a pair (TBox, ABox). TBox contains a finite set of concept
inclusions of the forn®’;, C C'r. ABox contains assertions of the fofiia) andr(a, b),
whereC'is a conceptC, or Cg, r € R, anda,b € O.

As for EL*T,in, amodelM for DL-Lite, T,nin iS any structuréA, <, I), defined
as in Definition 2, wherd is extended to take care of inverse roles: giveg R,
(r)f ={(a;b) | (b,a) e r'}.

In [11] it has been shown that a small model constructionlaino the one for
Left LocalEL*T,,;,, KBs can be made also f@L-Lite, T,,:,. As a difference, in this
case, we exploit the fact that, for each atomic ngléhe same element of the domain
can be used to satisfy all occurrences of the existefitidl. Also, the same element of
the domain can be used to satisfy all occurrences of theeetiat3r—.T.

Theorem 3 (Complexity for DL-Lite.T,,;, KBs (Theorem 4.6 in [11])).The prob-
lem of deciding whether KB-p| _| jte ¢ . aisinIIy.

min

4 The Tableau Calculus for Left Local EL1 T in

; ; ELTT e
In this section we present a tableau calcdluss,. 7, = for deciding whether a query

is minimally entailed from a Left Local knowledge base in thgic EL T in. It per-
forms a two-phase computation: in the first phase, a tablalaulas, calledZ'ABf;%ilT,
simply verifies whether KBJ {—F'} is satisfiable in ai£ £ T model, building candi-
date models; in the second phase another tableau calcalied @'AB%%;T, checks
whether the candidate models found in the first phaserénénal models of KB, i.e.

for each open branch of the first pha@'eéleD?{;T tries to build a model of KB which

is preferred to the candidate model w.r.t. Definition 3. Thmle procedurd ABES, T
is formally defined at the end of this section (Definition 8).

As usual, ZABEE T tries to build an open branch representing a minimal model
satisfying KBU {—F'}. The negation of a queryF is defined as follows: it' = C(a),
then—F = (-C)(a); if F = C C D, then—F = (C 1 -D)(x), wherexz does not
occur in KB. Notice that we introduce the connectiven a very “localized” way. This

is very different from introducing the negation all over #trewledge base, and indeed

it does not imply that we jump out of the language€a T,,....
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TABEE T makes use of labels, which are denoted with, z, . . .. Labels represent

min
either a variable or an individual of the ABox, that is to sayeéement ofD U V. These
labels occur irconstraints(or labelled formulas), that can have the form % y or
x : C, wherez, y are labelsR is a role and” is either a concept or the negation of a
concept of€ LT, i OF has the fornid—D or ~[0—-D, whereD is a concept.

Let us now analyze the two componentsABEE. T starting withTABES,, .

min

4.1 First Phase: the tableaux calculug'ABfD‘i;T

A tableau ofTABf;?le is a tree whose nodes are tuplgs| U | W). S is a set of
constraints, whered$ contains formulas of the ford' C D*, representing subsump-
tion relationsC’ C D of the TBox. L is a list of labels, used in order to ensure the
termination of the tableau calculud/ is a set of labels~ used in order to build a
“small” model, matching the construction of Theorem 3.111ith]. A branch is a se-
quence of node&Sy | Uy | Wh),(S2 | Us | Wa), ..., (Sn | Uy | Wy) ..., where each
node(S; | U; | W;) is obtained from its immediate predeces&®r ; | U;—1 | Wi—1)
by applying a rule ofTAB‘fDﬁﬁT, having(S;_1 | U;—1 | W;_1) as the premise and
(Si | U; | W;) as one of its conclusions. A branch is closed if one of its sdden
instance of a (Clash) axiom, otherwise it is open. A tablsazidsed if all its branches
are closed.

The calculusABES, [T is different in two respects from the calculdsC + Ty
presented in [9]. First, the rul@™) is split in the following two rules:

(S,u:3R.C|U|W) ah
1
(S;u " a0,w0: C LU W Uzc)) (8,05 o,y C U W) - (Su =5 g,y : C | U [ W)

if zc ¢ W and yi, ..., yn are all the labels occurring in S

(S,u:3R.C|U|W) (32

(Syu o ac |UIW) (Siu—5yp, 0 : CLU WY (S0 5 gy 1 C | U | W)
if zc € W and vy, ..., ym are all the labels occurring in S

When the rule(3"), is applied to a formula; : 3R.C, it introduces a new label
x¢o only when the setV does not already contaire. Otherwise, since:¢c has been

already introduced in that branch, &, zc is added to the conclusion of the rule
rather than introducing a new label. As a consequence, imendiranch(3%); only
introduces a new label- for each concepf occurring in the initial KB in soméR.C,
and no blocking machinery is needed to ensure terminatisrit Will become clear in
the proof of Theorem 4, this is possible since we are conisigéeft Local KBs, which
have small models; in these models all existentid@sC' occurring in KB are made true
by reusing a single witness- (Theorem 3.12 in [11]). Notice also that the ru(és ),
and(3*), introduce a branching on the choice of the label used tozetiie existential
restrictionu : 3R.C: just the leftmost conclusion ¢8"); introduces a new label (as

mentioned, the: such thateo : C andu R, x¢ are added to the branch); in all the
other branches, each one of the other lapetsccurring inS may be chosen.

Second, in order to build multilinear models of DefinitiontBe calculus adopts
a strengthened version of the ryle~) used inTAB2~¢+T [9]. We write S as an

min
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abbreviation forS,u : ~0-C1,...,u : =0-C,. Moreover, we defin&}’, = {y :

M-k
=D,y : O0-D | v :0O-D € S} and, fork = 1,2,...,n, we defineSuD_)y ={y:
-0-C; UCj | u:=0-C;j € SAj+# k}. The strengthened rul&~) is as follows:

(S,u: "0-Ch,u: =0-Cy,...,u:=0-C, | U | W)
— o+ @)
(S,z: Cpyx: O=Cy, SM S | U | W)
(Spn: oy :0-Co S22 U1 W) - (Sum s G - O-Ci, S22 U (W)
forallk =1,2,...,n,wherey,...,y, are all the labels occurring ifi andz is new.

Rule (O7) containsn branches, one for eaeh: -0-Cj, in S; in each branch a
newtypical Cj individual z is introduced (i.ex : C) andz : [0-C} are added), and
for all otherw, : —-00-C}, eitherz : C; holds or the formula: : -[0-C} is recorded,
- othern x m branches, wherg: is the number of labels occurring #, one for each
labely; and for each: : —-[0-C} in S; in these branches, a given is chosen as a
typical instance o€y, that is to sayy; : C andy; : (0-C}, are added, and for all other
u : ~0-C}, eithery; : C; holds or the formulay; : -O0-C; is recorded. This rule
is sound with respect to multilinear models. The advantddkis rule over thg0 ™)
rule in the calculug AB~C*T is that all the negated box formulas labelled:bgre
treated in one step, introducing only a new lab& (some of) the conclusions. Notice
that in order to keef$ readable, we have used This is the reason why our calculi
contain the rule fotJ, even if this constructor does not belong6-T,,..,..

In order to check the satisfiability of a KB, we build iterresponding constraint
system(S | U | 0), and we check its satisfiability. Givé{B=(TBox,ABox), its corre-
sponding constraint systefi$ | U | ) is defined as followsS = {a : C' | C(a) €

ABoz} U {a £ | R(a,b) € ABox}; U ={CC D" |CC D¢ TBox}.

Definition 7 (Model satisfying a constraint system)Let M = (A, I, <) be a model
as in Definition 2. We define a functiarwhich assigns to each variable Bfan element
of A, and assigns every individuale O to a! € A. M satisfies a constraint under
a, writen M =, F, as follows: ()M =, z : C iff a(x) € CF; (i) M Eq By
iff (a(z), a(y)) € R'. A constraint systertS | U | W) is satisfiable if there is a model
M and a functiomy such thatM satisfies every constraint ifi undera and that, for
all C £ D* e U andforallz € A, we have thatif: € C! thenz € D',

Given a KB=(TBox,ABox), it is satisfiable if and only if its c@sponding constraint
system(S | U | 0) is satisfiable. In order to verify the satisfiability of KB {—F'},

we use7. AB}E&;T to check the satisfiability of the constraint systésh| U | ()) ob-
tained by adding the constraint corresponding-t® to S, where(S” | U | 0) is
the corresponding constraint system of KB. To this purptseyules of the calculus
TAB‘,@%T are applied until either a contradiction is generated (@Qlas a model sat-
isfying (S | U | §) can be obtained from the resulting constraint system.

Given anod€S | U | W), for each subsumptioi C D € U and for each label
x that appears in the tableau, we addstthe constraint: : —=C' LI D: we refer to this
mechanism aanfolding As mentioned above, each formulaC D is equipped with
a list L of labels in which it has been unfolded in the current brafittis is needed to
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(S,x:C,x:~C|U| W) (Clash) (S, : =T |U| W) (Clash) (S,x: L |U | W) (Clash)
(S,2:CND|U|W) * (S,z:~(CND)|U[W) ) (S,x:CUD|U|W) )
(S,z:C,x:D|U|W) (S,z:=C|U|W) (S,z:=-D|U|W) (S,z:C|U|W) (S,a:D|U|W)

(8. (O UIW) (g (S,z:—T(C) | U | W) () (S|U,CC D" |W) (Unfold)

(S,z:C,z:0-C|U|W) (S,z:=C|U|W) (S,z:-0-C|U|W) (S,z:-CUD|UCC D" |W)
if 2 occurs in S and « ¢ L

(S,u:3RC|U | W)

\
(Sou =5 ac.me: C|UIWULze)) (Syu=5yiyn: C U W) - (Siu =5y : C | U | W)
if xc ¢ W and yy,...,yn are all the labels occurring in S

I

(S,u:3R.C|U | W) @
2
(Ssu—=Sac [UIW) (Su—Syi,y0:C LU W) -(Su 2 gy C LU W)
if xc € W and yy,...,ym are all the labels occurring in S

(S,x:-3R.C,x Loy | U | W) @) (S|U| W) ()
cut

(S,x:=3RC,x Ly y:=C|U | W) (S,z:-0-C|U|W) (S,z:0-C|U|W)
ify:-C¢S ife:-0-C¢gSandz:0-C¢S
x occurs in S CeLlr

(S,u: =00y, u: ~0-Co, ... ou: —0-Ch | U | W)

@)
M-k
(S Crox: O-Cp, SM,. 5,0, | U | W)

(Syy1 : Cryyr : O-Cy, SM

u—y1

_ Ok
U [ W) = (St Cryyon s O-Coy SIS, | U W)

U= Ym ) T U= Ym

0O-*

Sy
Z new
if y1,...,ym are all the labels occurring in S,y1 # u,...,ym # u

Fig. 1. The calculusTABES, T.

avoid multiple unfolding of the same subsumption by usirgggame label, generating
infinite branches.
ectr

Before introducing the rules af. AB%7;~ we need some more definitions. First,
we define an ordering relatior to keep track of the temporal ordering of insertion of
labels in the tableau, that is to sayyifis introduced in the tableau, then< y for all
labelsx that are already in the tableau. Furthermore; i§ the label occurring in the
query F', thenz < y for all y occurring in the constraint system corresponding to the

initial KB. The rules ofTAB‘fD‘};T are presented in Figure 1. Rulgg) and (07)
are calleddynamicsince they can introduce a new variable in their conclusidhg
other rules are callestatic. We do not need any extra rule for the positive occurrences
of the O operator, since these are taken into account by the coniqzmm‘tSQLy of

(7). The(cut) rule ensures that, given any concépte L+, an open branch built
by TAB%‘;;T contains either : -C or z : =00-C for each labek: this is needed

in order to allowZAB%,,T to check the minimality of the model corresponding to the
open branch.

The rules of’TABfgﬁﬁT are applied with the followingtandard strategyl. apply
a rule to a labek only if no rule is applicable to a label such thaty < z; 2. apply
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dynamic rules only if no static rule is applicable. In [8] iadrbeen shown that the
calculus is sound and complete with respect to the semaintibefinition 7 and it
ensures termination:

Theorem 4 (Soundness and completeness ﬁIABfﬁ;lT [8]). If KB e, . F,
then the tableau for the constraint system correspondingBoJ {—F'} contains an
open saturated branch, which is satisfiable (via an injectgsignment from labels to
domain elements) in a minimal model of KB. Given a constsjatem(S | U | W), if

it is unsatisfiable, then it has a closed tableadidB55,, ™.

Theorem 5 (Termination of 7.AB%,,™ [8]). Any tableau generated ABES, T for
(S| U |0) is finite.

Let us conclude this section by estimating the complexitY.@iﬁS‘fDﬁ;T. Letn be the
size of the initial KB, i.e. the length of the string repretieg KB, and let(S | U |
() be its corresponding constraint system. We assume thaizeeosF and Lt is
O(n). The calculus builds a tableau f¢f | U | #) whose branches’s size 3(n).
This immediately follows from the fact that dynamic rulegs"); and(CJ~) generate
at mostO(n) labels in a branch. Indeed, the ryl&"); introduces a new labelc for
each concept’ occurring in KB, then at mos?(n) labels. ConcerningZ~), consider
a branch generated by its application to a constraint sygtem : —0-C4 ..., u :
-0-C,, | U | W). In the worst case, a new labe| is introduced. Suppose also
that the branch under consideration is the one containing C; andz; : 0O-C.
The (O7) rule can then be applied to formulas —-0-C}, introducing also a further
new labelxzs. However, by the presence of : (0-C, the rule(dd~) can no longer
consistently introduce, : —[J-C1, sincexsy : (-Cy € S;.‘f_w. Therefore(07) is
applied to-O-C ... =O-C,, in u. This application generates (at most) one new world
x1 that labels (at most) — 1 negated boxed formulas. A further application(of )

to -O0-Cy ... -0-C,_1 In 21 generates (at most) one new world that labels (at
most)n — 2 negated boxed formulas, and so on. Overall, at rigst) new labels are
introduced by(J~) in each branch. For each of these labels, static rules appipst
O(n) times: (Unfold) is applied at mos(n) times for eacltC C D € U, one for each
label introduced in the branch. The rite:t) is also applied at mosg(n) times for each
label, sinceCt contains at mosD(n) formulas. As the number of different concepts in
KB is at mostO(n), in all steps involving the application of boolean rulegrthare at
mostO(n) applications of these rules. Therefore, the length of thietau branch built
by the strategy i$)(n?). Finally, we observe that all the nodes of the tableau contai
a number of formulas which is polynomial in therefore to test whether a node is an
instance of a (Clash) axiom has at most complexity polynbimia.

Theorem 6 (Complexity ofTABfo;lT). Given a KB and a query", the problem of
checking whether KBJ {~F} in TABS,, " is satisfiable is ifNP.

4.2 The tableaux calculusTABES,,T .
Let us now introduce the calcul@®AB%5,,T which, for each open brandh built by

TAB%;T, verifies whether it represents a minimal model of the KB.e@ian open
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(8,2 :C,x:=C | U | K) (Clash) (S,z: =T |U|K) (Clash)_t (S,2: L |U| K) (Clash)
(S|U,cC DV K)
(S| U | 0)(Clash)y (S,z: -0-C | U | K) (Clash)g- (Unfold)
if 2 ~0-C ¢ K (S,2:~CUD|UCED" | K)

zeDB)and z ¢ L

(57$‘;CH‘D\U\K? ) ‘ (S,2:=(CND)|U|K) ™) <S,'z:T-(C>|U\K> (T

(S,2:Cz:D|U|K) (S,z:=C|U|K) (S,z:-D|U|K) (S,x:C,x:0-C|U | K)
(S,z: =T(C)| U | K) (1) (SIUIK) (cut)

(S:-C|U[K) (S.a:-0-C|U[K) (S,0:0-ClU|K) (S,a:-0-C|U|K)

ifz:-0-C¢Sandz:0-C¢S
zre€DB) CeLly
(S,u:3R.C|U | K)

&)
(Sou sy CIUIE) - (Sou % gy : C | U | K)

i DB) = {y1,-- . Ym!}

(S,u:—-0-Ch,...,u:=0-C, | U | K,u:-0-C,..., w: =0-C,,)
— -k — -k
(Soy1: Cron : O-C, S, S, U LK) -+ (S G O-C, S, 8,2, | U | K)

u—y1r P u—y; U—=Ym P U= Ym

fDB)={y1,...,ym} and y1 U, ..., Ym #u

@)

Fig. 2. The calculusT.AB%5,, . To save space, we omit the rule™).

branchB of a tableau built fronﬂ'ABfﬁ;T, let D(B) be the set of labels occurring on
B. Moreover, leBY " be the set of formulas : -[0-C occurring inB, that is to say
BY = {z:-0-C |z : -0-C occurs inB}.

A tableau of’TABf;%izT is a tree whose nodes are tuples of the f@§m U | K),
where S andU are defined as in a constraint system, wher&asontains formulas

of the formz : —~0~C, with C € L. The basic idea of.ABE%,,T is as follows.

Given an open brancB built by TAB%‘};T and corresponding to a modgh® of

KB U {~F}, TABS,,T checks whetheMB is a minimal model of KB by trying to
build a model of KB which is preferred t81®. To this purpose, it keeps track (ii)

of the negated box used B (BY ") in order to check whether it is possible to build
a model of KB containing less negated box formulas. The tablmuilt byTABf:%ZT
closes if it is not possible to build a model smaller thietF, it remains open otherwise.
Since by Definition 3 two models can be compared only if theyetthe same domain,
TAB}E%ZT tries to build an open branch containing all the labels appga@nB, i.e.
those inD(B). To this aim, the dynamic rules use labeldI(B) instead of introducing

. . . L . .
new ones in their conclusions. The rulesTodB5;,T are shown in Fig. 2.

More in detail, the rulé3™) is applied to a constraint system containing a formula

x : AR.C; it introducesx A, y andy : C wherey € D(B), instead ofy being a new
label. The choice of the labglintroduces a branching in the tableau construction. The
rule (Unfold) is applied tall the labels of D(B) (and not only to those appearing in
the branch). The ruléJ™) is applied to a nodéS, v : -0O0-C, ..., u: =0-C, | U |

K), when{u : -0-C4,...,u : "0-C,} C K, i.e. when the negated box formulas
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u : —J-C; also belong to the open brangh Even in this case, the rule introduces
a branch on the choice of the individugl € D(B) to be used in the conclusion. In
case a tableau node has the foifhz : -0-C | U | K), andz : -0-C ¢ K, then

TAB%%ZT detects a clash, called (Clagh): this corresponds to the situation where
x : "0-C does not belong t8, while the model corresponding to the branch being
built containse : =[0-C, and hence isot preferred to the model representediy

The caIcqusTABfgﬁgT also contains the clash condition (Clagtince each ap-
plication of (O~) removes the negated box formulas -C0-C; from the setk’, when
K is empty all the negated boxed formulas occurrinddialso belong to the current
branch. In this case, the model built ﬁ';ABfD%ZT satisfies the same setof —-[0-C;
(for all individuals) asB and, thus, it is not preferred to the one represente.by

Theorem 7 (Soundness and completeness @ABS,,T [8]). Given aKB and a
query F, let (S’ | U | () be the corresponding constraint systemk, and (S |
U | 0) the corresponding constraint systemKB U {—F'}. An open branciB built by

TAB%;T for (S| U | 0) is satisfiable by an injective mapping in a minimal model of
KB iff the tableau inZ.AB5%,,T for (S | U | BY ™) is closed.

TAB%{;T always terminates. Termination is ensured by the fact tiiatuchic rules
make use of labels belonging 19(B), which is finite, rather than introducing “new”
labels in the tableau.

Theorem 8 (Termination of T.ABE4,,T). Let (S’ | U | BZ™) be a constraint system

starting from an open brancB built by TAB%‘;;T, then any tableau generated by

TABEE,T is finite.
Itis possible to show that the problem of verifying that artmtaB represents a minimal

model for KB inT.AB%5,," is in NP in the size oB.

The overall procedur@AB: 5+ is defined as follows:
Definition 8. Let KB be a knowledge base whose corresponding constrasterayis
(S| U | 0). LetF be a query and les’ be the set of constraints obtained by adding to

S the constraint corresponding teF’. The calculusABEL. T checks whether a query

F'is minimally entailed from &B by means of the follgl\;\?ing procedurg@hase 1}he
calculusTABES,, T is applied to(S” | U | 0); if, for each branctB built by TABES;, T,
either (i) B is closed or (ii)(phase 2}fhe tableau built by the calculVEABES,,T for
(S| U | BY ) is open, themB =-T F, otherwiseKB (£~ F.

min min

Theorem 9 (Soundness and completenessﬁﬁlB“iT [8)). TABEE' T is a sound

mi min

and complete decision procedure for verifying if K& F.

The complexity ofTAB%S:T matches the results of Theorem 2. Consider the com-
plementary problem: KB4, F'. This problem can be solved according to the proce-

dure in Definition 8: by nondeterministically generatingagen branch of polynomial
length in the size of KB inTABS%,, T (a modelMB of KB U {~F}), and then by
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calling an NP oracle which verifies tha#® is a minimal model of KB. In fact, the
verification thatM® is not a minimal model of the KB can be done by an NP algo-
rithm which nondeterministically generates a brancﬂ'j@Bf;%ZT of polynomial size

in the size ofM®B (and of KB), representing a modah 3’ of KB preferred toMB.
Hence, the problem of verifying that Kg:fffm Fisin NPNP, i.e. in X%, and the
problem of deciding whether KB-5* ' Fis in co-NPNP e in Iy,

Theorem 10 (Complexity of7.4B%, T). The problem of deciding whethkB =27

F by means of ABEZ, T is in I72.

min

5 A Tableau Calculus forDL-Lite.T,.in

In this section we present a tableau calcum@B,I;'}SCT for deciding query entailment
in the logic DL-Lite,T,,:,,. The calculus is similar to the one f&i£*T,,;, in the
previous section, however it contains a few significantedéhces. Let us analyze in

detail the two components GMBL'teCT.

5.1 First Phase: the tableaux calculusr.ABllg'tIf;T
The calcquSTABllg'IgefT is significantly different in three respects from the calsul
for EL1T,.:,. We try to explain such differences in detail. First of aiyen a set of

constraintsS and a role- € R, we definer(S) = {z ——~ y |z —— y € S}.
1. The rule(37") is split in the following two rules:

(S,x: 3T |U) a; (S,z:3r.T |U) s

" . " " 7 1 . - 2
o= yl0) Sz ul )58 U (5.0 u |U) - (S.2 g | U)

ifr(s) =9 i r(S) £ 0

if y1,...,Ym are all the labels occurring in S if y1,..., Ym are all the labels occurring in S

As in the calcquSTABfgﬁflT, the split of the(3™) in the two rules above reflects the
main idea of the construction of a small model at the base ebiiégm 4.5 in [11]. Such
small model theorem essentially shows tbatLite.T,,;, KBs can have small models
in which all existentialSiR. T occurring in KB are made true in the model by reusing a
single witnesg. In the calculus we use the same idea: when the(fite] is applied
to a formulaz : 3r.T, it introduces a new labej and the constraint — 7 only
when there is no other previous constraint’— v in S, i.e.r(S) = (). Otherwise, rule
(31)5 is applied and it introduces —— 3. As a consequencél ™t )} does notintroduce
any new label in the branch whereg@s); only introduces a new labglfor each role
r occurring in the initial KB in somelr. T or 3r~.T, and no blocking machinery is
needed to ensure termination.

2. In order to keep into account inverse roles, two furthéggdor existential for-
mulas are introduced:

(S,z:3r".T|U) - (S,z: 3T |U) -
— G v 3 : : (32
S,y — x| U) (S — x| U) -+ Sy — 2| U) S,y — x| U) -+ (S, ym — x| U)
if r(8) =0 if () #0
Yy new if y1,...,Ym are all the labels occurring i
if y1,...,ym are all the labels occurring in S t ym are all the labels occurring in §
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These rules work similarly t¢3)7 and (3)5 in order to build a branch repre-

senting a small model: when the rulé*)} is applied to a formula: : 3r~.T, it
introduces a new label and the constraing — =z only when there is no other con-
straintu — v in S. Otherwise, since a constraipt—— « has been already introduced
in that branchy — « is added to the conclusion of the rule.

3. Negated existential formulas can occur in a branch, biyt baving the form
(i) z : =3~.T or (i) z : =3r—.T. (i) means that: has no relationships with other
individuals via the role, i.e. we need to detect a contradiction if both (i) and, fonso
y, © — 1y belong to the same branch, in order to mark the branch asccld$e
clash condition (Clash)is added to the calcquEélB]I;?%T in order to detect such a
situation. Analogously, (ii) means that there isynsuch thaty is related tar by means
of r, then (Clash)- is introduced in order to close a branch containing bothafiijl,
for somey, a constrainyy — z. These clash conditions are as follows:

(8,2 = y,x: ~3r.T | U) (Clash), (S,y — a,x:=3r~.T | U) (Clash),-

The rules of]'ABllgi}LﬁcT are presented in Figure 3. The calcuﬂl&B,ISiISefT is sound,

complete and terminating.

(S,z:C,z:=C|U) (Clash) (S,x > y,x: ~3Ir. T | U) (Clash), (S,y —— @,z : =Fr~.T | U) (Clash), -

S,z: 3T |U - (S,z:3r. T |U) 2: T
( D @y . @y BTN g
(S,z =y |U) (S,x =y | Uy (S, 2 = ym | U) (S,x =y |UY-- (S, 2 — ypm | U) (S,2:C,z:0-C|U)
if 7‘(5) =0 ifr(S)#0
. _Ymew if gy, ..., ym are all the labels occurring in S
if y1,...,ym are all the labels occurring in S

(S.0:-TC)|U) (1) (cut) ($1U,CcC DY)
(S, :=C | U)(S,z:-0-C |U) (S, :0-C | U) (S,z:=0-C |U) (S,z:-CUD|U,CE D)
ifz:-0-C¢gSandz:0-C¢S if  occurs in S and z € L
CeLly
2 occurs in S

(S, : 3T |U) @y (S,x:3.T|U) @y (Se:CcuD|U)
(S92 |U) (Sn x| U) - Sym 2| U) (S50 2 |U) (Siym 22| U) (5.2:C1U) (S.2:D|0)
ifr(SZ:(D if r(S)#0

iy, i are all the labels occurring irrlwg if 41,...,ym are all the labels occurring in .S

(Unfold)

)

(S, : =0=Cy,...,-0-C, | U) (=]

M =0 M O . Y 0"
(8,91 Cry : OCy, S, S, |U) (Son: Croyr : O=Cie, SIS~ [ U -+ +(S.tm 2 Oy - O-Ci S, 8,7y, | U)
Y new
ifyr,...,1 m are all the labels occurring in S,y # @, ..., ym # @
Vi = 1,2,...,n

Fig.3.The calcquSTAB]I;i,gefT.

Theorem 11 (Soundness and completeness ﬁfélBllsié?cT). If KB Ap|-Lite. T, ..

F, then the tableau for the constraint system correspondin¢gU {—F'} contains an
open saturated branch, which is satisfiable (via an injectigsignment from labels to
domain elements) in a minimal model of KB. Given a constyjstem(sS | U), if it is
unsatisfiable, then it has a closed tableatTMB,';',E,elcT.

Theorem 12 (Termination of ZAB5E-T). Any tableau generated BABLIE-T for

(S| Uy is finite. N
Reasoning as we have done T648%5;,T, we can show that:
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(S,z:C.z:~C|U | K) (Clash) (S,x > y,x: =3 T |U| K) (Clash), (S,y —>@,@: I~ T|U|K) (Clash),-

(S|U|K) (cut)
Y, x 1 =[-C las _ cut

(S1U10)(Clash)y (S0 mga‘]{lgj?lg% (Siz:0-C|U|K) (Sa:-0-C|U|K)
a ’ ifr:-0-C¢Sandz:0-C¢S
z € D(B) CeLlr

S.z:T(C)|U|K S, :=T(C)|U| K

(8,2 :T(C) |U| K) (T ( (C) | U] K) ()

(S,z:C,x:0-C|U|K) (S,z:=C|U|K) (S,a:-0-C|U|K)

(S,z:-0-Cy,...,x:-0-C, |U | K,z : -0-Cy,..., 2 =0-C,,) @)

(Soyn: Croyr 1 0-Ci S2, 82 TU K)o (Suym : Choym s O-Ci 82, 5.7 U K)

Ty T—=Ym T Ym
i DB) ={y1,. ., ym} and y1 # 2, ..., ym #
Vk=1,2,...,n
(S|U,CCD*|K)

(S,z:=CUD|U,CC D" | K)
zeDB)andz ¢ L

(Unfold) (S,z:CUD|U|K) )
(
(S,z:C|U|K) (S;z:D|U|K)

(S,2:3.T|U|K) @y (S, : 3. T |U| K) @y
(So >y |U|K)...(Sx > yn | U| K) (Sopn = x| U|K) .. (S, ym —— 2| U | K)

it D(B) = {y1,..., Ym} if D(B) = {y1,..., Ym }

Fig.4.The calcquSTABII;i,ge;T-

Theorem 13 (Complexity ofTABllgié?C_T). Given a KB and a query’, the problem of
checking whether KBJ {~F} in TABLE-T is satisfiable is ifNP.

5.2 The tableaux calculusT.ABLET

CH2 Lite L
Let us now introduce the calcullBABR ™. Exactly as forTAB%S,", for each
Lite.T

open saturated brandh built by 7ABE 7", it verifies whether it represents a min-
imal model of the KB. The rules OTABII;'IE%T are shown in Figure 4. The rul¢s™)”

and(3%)" introducer —— y andy —— x, respectively, wherg € D(B), instead of
y being a new label.

Theorem 14 (Soundness and completenessﬁﬁllegE%T). Given aKB and a query

F,let(S" | U) be the corresponding constraint systemk®, and (S | U) the cor-
responding constraint system &B U {—F'}. An open saturated brandh built by

TABII‘DLt_IefT for (S | U) is satisfiable by an injective mapping in a minimal model of
KB iff the tableau inZABLE-T for (s" | U | BY ) is closed.

Theorem 15 (Termination of TABILDE%T). Let (S’ | U | BY") be a constraint sys-

tem starting from an open saturated branBhouilt by TABII;Bt_IelCT, then any tableau

generated b ABLIET is finite.

eLtT

By reasoning exactly as done foid55;;,, -, we prove that:

Theorem 16 (Complexity of ABLE-T) The problem of deciding whethiB -7

min min

F by means of ABLE-T s in 172

min
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6 Conclusions

We have proposed a nonmonotonic extension of low complatjleyé:/:L andDL-Lite.
for reasoning about typicality and defeasible propertis. have summarized com-
plexity results recently studied for such extensions [hamely that entailment is>e
PTIME-hard for£L*T,,;,, whereas it drops té75 when considering the Left Local
Fragment oL Tonin. The samdl} complexity has been found f@L-Lite.T,,,.
These results match the complexity upper bounds of the seagenénts in circum-
scribed KBs [3]. We have also provided tableau calculi faating minimal entailment
in the Left Local fragment oL T,,:n as well as inDL-Lite. T,,;. The proposed
calculi match the complexity results above. Of course, maptimizations are possible
and we intend to study them in future work.

As mentioned in the Introduction, several nonmonotonieesions of DLs have
been proposed in the literature [15,4,2,3,7,12,10, 9, 8]vea refer to [12] for a sur-
vey. Concerning nonmonotonic extensions of low compleR®ibs, the complexity of
circumscribedfragments of the€£* and DL-lite families have been studied in [3].
Recently, a fragment o £ for which the complexity of circumscribed KBs is poly-
nomial has been identified in [14]. In future work, we shalléstigate complexity of
minimal entailment and proof methods for such a fragmeraredéd withT and possi-
bly the definition of a calculus for it.
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Abstract. Fuzzy Description Logics (DLs) are logics that allow to deal
with vague structured knowledge. Although a relatively important amount
of work has been carried out in the last years concerning the use of fuzzy
DLs as ontology languages, the problem of automatically managing fuzzy
ontologies has received very little attention so far. We report here our
preliminary investigation on this issue by describing a method for induc-
ing inclusion axioms in a fuzzy DL-Lite like DL.

1 Introduction

Description Logics (DLs) [1] play a key role in the design of ontologies. An on-
tology consists of a hierarchical description of important concepts in a particular
domain, along with the description of the properties (of the instances) of each
concept. In this context, DLs are important as they are essentially the theoreti-
cal counterpart of the Web Ontology Language OWL 2 3, the current standard
language to represent ontologies, and its profiles. * E.g., DL-Lite [2] is the DL
behind the OWL 2 QL profile and is especially aimed at applications that use
very large volumes of instance data, and where query answering is the most
important reasoning task.

On the other hand, it is well-known that “classical” ontology languages are
not appropriate to deal with vague knowledge, which is inherent to several real
world domains [21]. So far, several fuzzy extensions of DLs can be found in the
literature (see the survey in [14]), which includes, among others a fuzzy DL-Lite
like DL [23] which has been implemented in the SoftFacts system [23] °.

Although a relatively important amount of work has been carried out in the
last years concerning the use of fuzzy DLs as ontology languages, the problem of
automatically managing fuzzy ontologies has received very little attention so far.
In this work, we report our preliminary investigation on this issue by describing

3 http://www.w3.org/TR/2009/REC-owl2-overview-20091027/
4 http://www.w3.org/TR/owl2-profiles/.
5 See, http://wuw.straccia.info/software/SoftFacts/SoftFacts.html
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Lukasiewicz logic Godel logic  Product logic

a®b max(a+b—1,0) min(a,b) a-b
a®b min(a+0b,1) max(a, b) a+b—a-b
1 ifa<b .
a=bmin(l—a+b,1) na ] min(1,b/a)
b otherwise
1 ifa=0 1 ifa=0
Sa l1—a
0 otherwise |0 otherwise

Table 1. Combination functions of various fuzzy logics.

a method for inducing inclusion axioms in a fuzzy DL-Lite like DL. The method
follows the machine learning approach known as Inductive Logic Programming
(ILP) by adapting known results in ILP concerning crisp rules to the novel case
of fuzzy DL inclusion axioms.

The paper is structured as follows. Section 2 is devoted to preliminaries on
Mathematical Fuzzy Logic, Fuzzy DLs and ILP. Section 3 describes our pre-
liminary contribution to the problem in hand, also by means of an illustrative
example. Section 4 concludes the paper with final remarks and comparison with
related work.

2 Background

2.1 Mathematical Fuzzy Logic Basics

In Mathematical Fuzzy Logic [7], the convention prescribing that a statement is
either true or false is changed and is a matter of degree measured on an ordered
scale that is no longer {0, 1}, but the [0, 1]. This degree is called degree of truth
(or score) of the logical statement ¢ in the interpretation Z. In this section,
fuzzy statements have the form ¢[r], where r € [0, 1] (see, e.g. [6,7]) and ¢ is a
statement, which encode that the degree of truth of ¢ is greater or equal r.

A fuzzy interpretation T maps each basic statement p; into [0, 1] and is then
extended inductively to all statements: Z(¢ A ¢) = Z(¢) @ Z(¢), Z(¢ V ) =
I(6) ® I(¥), T(é — ¥) = I(9) = I(¥), I(~¢) = ©I(), I(r.4(x)) =
supgeaz Z(¢(a)), Z(Va.d(z)) = inf,ec oz Z(¢p(a)), where AT is the domain of Z,
and ®, @, =, and © are so-called t-norms, t-conorms, implication functions, and
negation functions, respectively, which extend the Boolean conjunction, disjunc-
tion, implication, and negation, respectively, to the fuzzy case.

One usually distinguishes three different logics, namely Lukasiewicz, Godel,
and Product logics [7], whose combination functions are reported in Table 1.
The operators for Zadeh logic, namely ¢ ® b = min(a,b), a ® b = max(a,b),
©a=1-aand a=b=max(l— a,b), can be expressed in Lukasiewicz logicS.

6 More precisely, min(a,b) = a ®1, (a =1 b), max(a,b) = 1 — min(l — a, 1 — b).
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(a) (b) (c)

Fig. 1. (a) Trapezoidal function trz(z;a,b,c,d), (b) triangular function tri(x;a,b,c),
(c) left shoulder function ls(x;a,b), and (d) right shoulder function rs(z;a,b).

(d)

A fuzzy set R over a countable crisp set X is a function R: X — [0,1]. The
trapezoidal (Fig. 1 (a)), the triangular (Fig. 1 (b)), the L-function (left-shoulder
function, Fig. 1 (¢)), and the R-function (right-shoulder function, Fig. 1 (d)) are
frequently used to specify membership degrees. In particular, the left-shoulder
function is defined as

1 fr<a
Is(x;a,b) =<0 ife>b (1)
(b—2z)/(b—a) ifx€a,b]

The notions of satisfiability and logical consequence are defined in the stan-
dard way. A fuzzy interpretation Z satisfies a fuzzy statement ¢[r] or Z is a
model of ¢[r], denoted T |= @[r] iff Z(¢) > r.

2.2 DL-Lite like description logic and its fuzzy extensions

For computational reasons, the logic we adopt is based on a fuzzy extension of
the DL-Lite DL without negation [23]. It supports at the intensional level unary
relations (called concepts) and binary relations (called roles), while supports
n-ary relations (relational tables) at the extensional level.

Formally, a knowledge base K = (F, O, A) cousists of a facts component F,
an ontology component O and an abstraction component A, which are defined
as follows (for a detailed account of the semantics, see [22]). Information can be
retrieved from the knowledge base by means of an appropriate query language
discussed later.

Facts Component. The facts component F is a finite set of expressions of the
form

R(cyy ... cq)ls], (2)

where R is an n-ary relation, every c; is a constant, and s is a degree of truth
(or score) in [0, 1] indicating to which extent the tuple {cy, ..., ¢,) is an instance
of relation R.” Facts are stored in a relational database. We may omit the score
component and in such case the value 1 is assumed.

" The score s may have been computed by some external tool, such as a classifier, etc.
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Ontology Component. The ontology component is used to define the relevant
abstract concepts and relations of the application domain by means of inclusion
axioms. Specifically, O is a finite set of inclusion azioms having the form

RlLM...MRI, CRr, (3)

where m > 1, all Rl; and Rr have the same arity and each RI; is a so-called
left-hand relation and Rr is a right-hand relation®. We assume that relations oc-
curring in F do not occur in inclusion axioms (so, we do not allow that database
relation names occur in O). Also we recall that from a semantics point of view,
Godel logic is adopted. The intuition for one such semantics is that if a tuple c
is instance of each relation RI; to degree s; then c is instance of Rr to degree
min(sy, ..., Sm).

The exact syntax of the relations appearing on the left-hand and right-hand
side of inclusion axioms is specified below:

where A is an atomic concept and R is a role with 1 < 1,42 < 2. Here RJiy, i2]
is the projection of the relation R on the columns i1, 45 (the order of the indexes
matters). Hence, R[i1,is] has arity 2. Additionally, IR.A is a so-called quali-
fied existential quantification on roles which corresponds to the FOL formula
Jy.R(z,y) A A(y) where A is interpreted as the t-norm in the Godel logic (see
Table 1).

Abstraction Component. A (similarly to [3,17]) is a set of “abstraction state-
ments” that allow to connect atomic concepts and roles to physical relational ta-
bles. Essentially, this component is used as a wrapper to the underlying database
and, thus, prevents that relational table names occur in the ontology. Formally,
an abstraction statement is of the form

R (Clv S 7Cn)[cscore]-5ql s (5)

where sql is a SQL statement returning n-ary tuples (c1,...,¢,) (n < 2) with
score determined by the cgeore column. The tuples have to be ranked in decreas-
ing order of score and, as for the fact component, we assume that there cannot
be two records (c, s1) and (c, s2) in the result set of sql with s; # so (if there are,
then we remove the one with the lower score). The score cseore may be omitted
and in that case the score 1 is assumed for the tuples. We assume that R occurs
in O, while all of the relational tables occurring in the SQL statement occur in
F. Finally, we assume that there is at most one abstraction statement for each
abstract relational symbol R.

8 Note that recursive inclusion axioms are allowed.
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Query Language. The query language enables the formulation of conjunctive
queries with a scoring function to rank the answers. More precisely, a ranking
query [13] is of the form

q(x)[s] < Ty Ru(z1)[s1],- .., Ru(zi)[si], (6)
OrderBy(s = f(s1,..,51,p1(21); -, pn(z},)), Limit(k)

where

1. ¢ is an n-ary relation, every R; is a n;-ary relation (1 < n; < 2). R;(z;) may
also be of the form (z < v), (z < v), (2 = v), (2 > v), (2 = v), (¢ # v), where
z is a variable, v is a value of the appropriate concrete domain;

2. x are the distinguished variables.

3. y are existentially quantified variables called the non-distinguished variables.
We omit to write dy when y is clear from the context;

4. z;, zg are tuples of constants or variables in x or y;

5. s,s1,...,s; are distinct variables and different from those in x and y;

6. p; is an nj-ary fuzzy predicate assigning to each nj-ary tuple c; a score
p;(c;) € [0,1]. We require that an n-ary fuzzy predicate p is safe, that is,
there is not an me-ary fuzzy predicate p’ such that m < n and p = p'.
Informally, all parameters are needed in the definition of p.

7. f is a scoring function f: ([0,1])!*" — [0,1], which combines the scores
of the [ relations R;(c;) and the n fuzzy predicates p;(c}) into an overall
score s to be assigned to ¢(c). We assume that f is monotone, that is, for
each v,v/ € ([0,1))"*" such that v < v/, it holds f(v) < f(v'), where
(V15 vgn) < (V1,00 vy, iff v <o) for all . We also assume that the
computational cost of f and all fuzzy predicates p; is bounded by a constant;

8. Limit(k) indicates the number of answers to retrieve and is optional. If omit-
ted, all answers are retrieved.

We call ¢(x)[s] its head, 3y.Ri(z1)[s1],. .., Ri(z1)[s1] its body and OrderBy(s =
f(s1,.--,81,01(Z1), ..., pn(z},)) the scoring atom. We also allow the scores [s], [s1],
.., [81] and the scoring atom to be omitted. In this case we assume the value 1
for s; and s instead. The informal meaning of such a query is: if z; is an instance
of R; to degree at least or equal to s;, then x is an instance of ¢ to degree at
least or equal to s, where s has been determined by the scoring atom.
The answer set ansi(q) over K of a query ¢ is the set of tuples (t, s) such that
K = q(t)[s] with s > 0 (informally, t satisfies the query to non-zero degree s)
and the score s is as high as possible, i.e. if (t,s) € ansi(q) then (i) K & q(t)[s]
for any s’ > s; and (ii) there cannot be another (t,s’) € ansx(q) with s > ¢’

2.3 Learning rules with ILP

Inductive Logic Programming (ILP) was born at the intersection between Con-
cept Learning and Logic Programming [16].
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From Logic Programming it has borrowed the Knowledge Representation
(KR) framework, i.e. the possibility of expressing facts and rules in the form of
Horn clauses. In the following, rules are denoted by

B(x) — H(x) (7)

where x is the vector of the n variables that appear in the rule, B(x) = By(x) A
... A By(x) represents the antecedent (called the body) of the rule, and H(x) is
the consequent (called head) of the rule. The predicate H pertains to the concept
to be learnt (called target). Given an attribute domain D and a vector t € D™ of
n values of the domain, we denote the ground substitution of the variable x with
t by H(t) = o[x/t]H(x). Then H(t) is true or false in a given interpretation.

From Concept Learning it has inherited the inferential mechanisms for in-
duction, the most prominent of which is generalisation. A distinguishing feature
of ILP with respect to other forms of Concept Learning is the use of prior do-
main knowledge in the background during the induction process. The classical
ILP problem is described by means of two logic programs: (i) the background
theory K which is a set of ground facts and rules; (ii) the training set £ which is
a set of ground facts, called examples, pertaining to the predicate to be learnt.
It is often split in £T and £, which correspond respectively to positive and
negative examples. If only £7 is given, £~ can be deduced by using the Closed
World Assumption (CWA). A rule r covers an example e € £ iff LU {r} = e.
The task of induction is to find, given K and &, a set H of rules such that: (i)
Ve € ET,K UH [= e (completeness of H) and (ii) Ve € £, K UH = e (consis-
tency of H). Two further restrictions hold naturally. One is that K & T since,
in such a case, H would not be necessary to explain £¥. The other is CUH £ L,
which means that I U H is a consistent theory. Usually, rule induction fits with
the idea of providing a compression of the information contained in £.

A popular ILP algorithm for learning sets of rules is FOIL [18]. It performs
a greedy search in order to maximise a gain function. The rules are induced
until all examples are covered or no more rules are found that overcome the
threshold. When a rule is induced, the positive examples covered by the rule
are removed from &£. This is the sequential covering approach underlying the
function FOIL-LEARN-SETS-OF-RULES shown in Figure 2. For inducing a rule,
the function FOIL-LEARN-ONE-RULE reported in Figure 3 starts with the most
general clause (T — H(x)) and specialises it step by step by adding literals to
the antecedent. The rule r is accepted when its confidence degree cf(r) (see later
on) overcomes a fixed threshold 6 and it does not cover any negative example.

The GAIN function is computed by the formula:

GAIN(r',7) = p = (loga(cf (1)) — loga(cf(r))) , (8)

where p is the number of distinct positive examples covered by the rule r that
are still covered by r’. Thus, the gain is positive iff ' is more informative in the
sense of Shannon’s information theory (i.e. iff the confidence degree increases).
If there are some literals to add which increase the confidence degree, the gain
tends to favor the literals that offer the best compromise between the confidence
degree and the number of examples covered.
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function FOIL-LEARN-SETS-0F-RULES(H, £, €7, K): H
begin

1. H «— 0;

2. while £ # () do

3. r « FOIL-LEARN-ONE-RULE(H, T, £, K);
4. H—HU{r}

5. Ef —{e€&TIKuUrke)

6. E£f—gt\&F

7. endwhile

8. return H

end

Fig. 2. Algorithm for learning sets of rules in FOIL

Given a Horn clause B(x) — H(x), the confidence degree is given by:
cf(B(x) = H(x)) = P(B(x) A H(x))/P(B(x)) - (9)

Confidence degrees are computed in the spirit of domain probabilities [8]. Input
data in ILP are supposed to describe one interpretation under CWA. We call
Zr1p this interpretation. So, given a fact f, we define:

InpEfEKUEETS. (10)
The domain D is the Herbrand domain described by K and £. We take P as a
uniform probability on D. So the confidence degree in a clause B(x) — H(x) is:
. ‘t e D" |I]Lp ': B(t) and H(t) € 8+|
N |t e Dn ‘I[Lp ': B(t) and H(t) S 5‘

cf(B(x) — H(x)) (11)
where | - | denotes set cardinality. Testing all possible t € D™ is not tractable
in practice. However, we can equivalently restrict the computation to the sub-
stitutions that map variables to constants in their specific domains. In fact,
this computation is equivalent to a database query and thus, we can also use
some optimization strategy such as indexing or query ordering. This makes the
computation tractable although it remains costly.

3 Towards Learning Fuzzy DL-Lite like Inclusion Axioms

In this section we consider a learning problem where:

— the target concept H is a DL-Lite atomic concept;

— the background theory K is a DL-Lite like knowledge base (F, O, A) of the
form described in Section 2.2;

— the training set £ is a collection of fuzzy DL-Lite like facts of the form (2)
and labeled as either positive or negative examples for H. We assume that
FNE =10
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function FOIL-LEARN-ONE-RULE(H, £, €7, K): r
begin

1. B(x) « T;

2. r —{B(x) — H(x)};

3.6 — €&

4. while ¢f(r) < 0 and & # () do

5. Bypest(x) — B(x);

6. mazgain «— 0;

7. foreach | € K do

8. gain — GAIN(B(x) Al(x) — H(x), B(x) — H(x));
9. if gain > mazgain then

10. maxgain < gain;

11. Bhest(x) «— B(x) A l(x);

12. endif

13. endforeach

14. 7 {Bbest(x) — H(x)};

15. &7 «— & \{e€&T|KUr=e};
16. endwhile

17. return r

end

Fig. 3. Algorithm for learning one rule in FOIL

— the target theory H is a set of inclusion axioms of the form
BCH (12)

where H is an atomic concept, B = C1M...MC,,, and each concept C; has
syntax
C— A|3R.A|3RT. (13)

Note that the language of hypotheses L4 differs from the language of the
background theory Li as for the form of axioms. Yet the alphabet underlying £
is a subset of the alphabet for L. Note also that H, in order to be acceptable,
must be complete and consistent w.r.t. &£, i.e. it must cover all the positive
examples and none of the negative examples.

3.1 The FOIL-like algorithm

We now show how we may learn inclusion axioms of the form (12). To this aim,
we adapt (10) to our case and define for C # H

Tiip = C(t) iff KUE = C(t)[s] and s > 0 . (14)

That is, we write Z;p = C(t) iff it can be inferred from K and £ that ¢ is an
instance of concept C to a non-zero degree. Note that & is split into £ and £~. In
order to distinguish between the two sets while using a uniform representation
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with K, we introduce two additional concepts, H+ and H~, whose intension
coincide with the sets £ and £, respectively, as well as the axioms HT T H
and H- C H. We call K’ the background theory augmented with the training
set represented this way, i.e. K' =K UE.

Now, in order to account for multiple fuzzy instantiations of fuzzy predicates
occurring in the inclusion axioms of interest to us, we customise (11) into the
following formula for computing the confidence degree:

_ Yep B(t) = H(t)

¢f(BC H) = D (15)

where

— P={t|Z;Lp = Ci(t) and H(t)[s] € ET}, i.e. P is the set of instances for
which the implication covers a positive example;

— D ={t|ZiLp = C;(t) and H(t)[s] € £}, i.e. D is the set of instances for
which the implication covers an example (either positive or negative);

— B(t) = H(t) denotes the degree to which the implication holds for a certain
instance t;

— B(t) = min(sy,...,s,), with KU E = Cyi(t)[s:];

— H(t) = s with H(t)[s] € €.

Clearly, the more positive instances supporting the inclusion axiom, the higher
the confidence degree of the axiom.

Note that the confidence score can be determined easily by submitting appro-
priate queries via the query language described in Section 2.2. More precisely,
proving the fuzzy entailment in (14) for each C; is equivalent to answering a
unique ranking query whose body is the conjunction of the relations R; result-
ing from the transformation of C;’s into FOL predicates and whose score s is
given by the minimum between s;’s.

From an algorithm point of view, it suffices to change FOIL-LEARN-ONE-RULE
at step 7., where now [ may be of any of the forms allowed in (13). More precisely,
in line with the tradition in ILP and in conformance with the search direction
in FOIL, we devise a specialization operator, i.e. an operator for traversing the
hypotheses space top down, with the following refinement rules:

1. Add atomic concept (A)

Add complex concept by existential role restriction (IR.T)

Add complex concept by qualified existential role restriction (IR.A)
Replace atomic concept (A replaced by A’ if A’ C A)

Replace complex concept (IR.A replaced by IR.A’ if A’ C A)

i o

The rules are numbered according to an order of precedence, e.g. the addition of
an atomic concept has priority over the addition of a complex concept obtained
by existential role restriction. A rule can be applied when the preceding one in
the list can not be applied anymore. Concept and role names in the alphabet
underlying L4, are themselves ordered. This implies that, e.g., the addition of
an atomic concept is not possible anymore when all the atomic concepts in the
alphabet have been already used in preceding applications of the rule.
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3.2 An illustrative example

For illustrative purposes we consider the following case involving the classifica-
tion of hotels as good ones. We assume to have a background theory K with
a relational database F (reported in Figure 4), an ontology O ? (illustrated in
Figure 5) which encompasses the following inclusion axioms

Park T Attraction
Tower T Attraction
Attraction T Site
Hotel C Site

and the following set A of abstraction statements:

Hotel +— (h.id). SELECT h.id
FROM HotelTable h

hasRank +— (h.id, h.rank).SELECT h.id, h.rank
FROM HotelTable h

cheapPrice — (h.id,r.price)[score]. SELECT h.id, r.price, cheap(r.price) AS score
FROM HotelTable h, RoomTable r
WHERE h.id = r.hotel
ORDER BY score

closeTo — (from,to)[score]. SELECT d.from, d.to closedistance(d.time) AS score
FROM DistanceTable d
ORDER BY score

where cheap(p) is a function determining how cheap a hotel room is given its
price, modelled as e.g. a so-called left-shoulder function cheap(p) = Is(p; 50, 100),
while closedistance(d) = ls(d; 5,25).

Assume now that:

— H = GoodH otel;
— & = {GoodHotel(h1)[0.6], Good Hotel (h2)[0.8] };
— & = {GoodHotel(h3)[0.4]}.

In order to have a uniform representation of the examples w.r.t. the background
theory, we transform £ as follows:

GoodHotel™ T GoodH otel
GoodHotel~ T GoodHotel
GoodHotel ™ (h1)[0.6]
GoodHotel ™ (h2)[0.8]
GoodHotel~ (h3)[0.4]

¥ http://donghee.info/research/SHSS/0bjectiveConceptsOntology (0CO) .html
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HotelTable RoomTable Tower||Park|| DistanceTable
id rank noRooms||id price roomType hotel|| id id ||id from to time
E 21 |[r1 60 single h1 |[ t1 ][ pl |[dl hl t1 10
h2 5 123 r2 90 double hl p2 [|[d2 h2 pl 15
h3 4 95 r3 80 single h2 d3 h3 p2 5

r4 120 double h2
r5 70 single h3
r6 90 double h3

Fig. 4. Hotel database

and call K’ the background theory augmented with the training set represented
this way.
The following inclusion axioms:

ro : T C GoodHotel

r1 : Hotel C GoodH otel

ro : Hotel M dcheapPrice. T C GoodH otel

r3 : Hotel M 3cheapPrice. T M dcloseTo. Attraction = GoodH otel
ry4 : Hotel M 3dcheapPrice. T M 3dcloseT o.Park C GoodH otel

r5 : Hotel M 3dcheapPrice. T M dcloseT 0. Tower C GoodH otel

belong to Ly = {r|C; € {T, Hotel, IcheapPrice, IcloseTo}} C Lx. They can
be read as:

ro : Everything is a good hotel

r1 : Every hotel is a good hotel

ro : Hotels having a cheap price are good hotels

rsg : Hotels having a cheap price and close to an attraction are good hotels
r4 : Hotels having a cheap price and close to a park are good hotels

r5 : Hotels having a cheap price and close to a tower are good hotels

thus highlighting the possibility of generating “extreme” hypotheses about good
hotels such as ry and rq. Of course, some of them will be discarded on the basis
of their confidence degree.

Before showing how hypotheses evaluation is performed in our adaptation of
FOIL, we illustrate the computation of the confidence degree for r3. It can be
verified that for X’

1. The query
qp(h)[s] < GoodHotel ™ (h),
cheapPrice(h,p)[s1],
closeTo(h,a)[ss], Attraction(a),
s = min(s1, s2)

has answer set ansi(qp) = {(h1,0.75), (h2,0.4)} over K’;
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address, zipcode,

Mears of time Lhit EHIE city, country
rarcportatiop .
from

by name

o isLocated it

Distance Site (3) Place

roifs:subClas sOF

ifs:sublCiassOf

roifs:subClas sk mifs:subClassOf

ifs:subl

numberOfRoom

prca hasSenice @

hasRoom haslandscape

Room Hotel Landscape

hasRY

homepage, epdl,
haskind0f byrrency telephone? tix hasPrvaNAmenity
hasPytficamenity
Room Type Frivate
Amenity (4
L s sublCizssOF
ifs:subClassOF ifs:sulClassOF

s SOBCI2sSOF
Tafs:subClasgOf Bathroom Amenity
e fs:SubCRSSOF Gy o Amerity
Amentty Amenity
Sports Health
Amenity Amenity

Fig. 5. Hotel ontology.

2. The query
qp(h)[s] — GoodHotel(h),

cheapPrice(h,p)[s1],

closeTo(h,a)[ss], Attraction(a),

s = min(sq, s2)
has answer set ansi (¢p) = {(h1,0.75), (h2,0.4), (h3,0.6)} over K';
Therefore, according to (15), P = {h1, h2}, while D = {h1, h2, h3};
4. As a consequence,

©w

0.75= 0.6+04=08 0.6+1.0
cf(rs) = 3 E

Note that in gp the literals Hotel(h) and GoodHotel(h) are removed from the
body in favour of GoodHotel™ (h) because the concepts Hotel and GoodH otel
subsume GoodHotel (due to a derived axiom) and GoodHotel™ (due to an as-
serted axiom) respectively. Analogously, in ¢p, the literal Hotel(h) is superseded
by GoodHotel(h).

Analogously, we can obtain:

0.8=0.6+04=08 06+0.4
cf(re) = i _ 00402 3333 .

3 3

04=08 0.4

cf(ry) = — =5 = 0.2.

= 0.5333 .
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0.8=0.6 0.6
cfirs)=——H—=%

The function FOIL-LEARN-ONE-RULE starts from ry which is then spe-
cialized into ry by applying the refinement rule which adds an atomic concept,
Hotel, to the left-hand side of the axiom. As aforementioned, rg and 71 are trivial
hypotheses, therefore we can skip the computation steps for them and go ahead.
In particular, the algorithm generates ro from r; by adding a complex concept
obtained as existential restriction of the role cheapPrice. This hypothesis is not
consistent with the training set, therefore it must be specialized in order not
to cover the negative example. Considering that rs, r4 and r5 are both possible
specializations of r, we can now compute the information gain for each of them
according to (8):

=03.

GAIN(r3, r5) = 2% (l0g2(0.5333) —l0g(0.3333)) = 2x(—0.907+1.5851) = 1.3562 ,

GAIN(r4,72) = 1 (log2(0.2) — logs(0.3333)) = (—2.3219 + 1.5851) = —0.7368 ,
GAIN(r5,7) = 1 % (log2(0.3) — log2(0.3333)) = (—1.7369 + 1.5851) = —0.1518 ,

The algorithm will prefer r3. Yet r3 still covers the negative example, there-
fore it must be further refined, e.g. by strengthening the qualified restriction of
closeTo. The algorithm then generates once again the axioms r4 and r5 which
have the following values of information gain over rj:

GAIN(rg, 73) = 1 % (loga(0.2) — log2(0.5333)) = (—2.3219 + 0.907) = —1.4149 ,

GAIN(rs,73) = 1 % (l0g2(0.3) — log2(0.5333)) = (—1.7369 + 0.907) = —0.8299 ,

The axiom 75 is more informative than ry, therefore it is preferred to r4. Also
it does not cover the negative example. Indeed, the literal dcloseTo.Tower is
a discriminant feature. Therefore, r5 becomes part of the target theory. Since
one positive example is still uncovered, the computation continues within the
function FOIL-LEARN-SETS-OF-RULES aiming at finding a complete theory,
i.e. a theory which explains all the positive examples.

4 Final remarks

In this paper we have proposed a method for inducing ontology inclusion axioms
within the KR framework of a fuzzy DL-Lite like DL where vagueness is dealt
with the Godel logic. The method extends FOIL, a popular ILP algorithm for
learning sets of crisp rules, in a twofold direction: from crisp to fuzzy and from
rules to inclusion axioms. Indeed, related FOIL-like algorithms are reported in
the literature [20,5,19] but they can only learn fuzzy rules. Another relevant work
is the formal study of fuzzy ILP contributed by [10]. Yet, it is less promising than
our proposal from the practical side. Close to our application domain, [9] faces
the problem of inducing equivalence axioms in a fragment of OWL corresponding
to the ALC DL. Last, the work reported in [11] is based on an ad-hoc translation
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of fuzzy Lukasiewicz ALC DL constructs into LP and then uses a conventional
ILP method to lean rules. The method is not sound as it has been recently shown
that the traduction from fuzzy DLs to LP is incomplete [15] and entailment in
Bukasiewicz ALC is undecidable [4].

For the future we intend to study more formally the proposed specialization
operator for the fuzzy DL being considered. Also we would like to investigate
in depth the impact of Open World Assumption (holding in DLs) on the pro-
posed ILP setting, and implement and experiment our method. Finally, it can
be interesting to analyze the effect of the different implication functions on the
learning process.
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Abstract. We introduce a fragment of multi-sorted stratified syllogistic,
called 4L QS %, admitting variables of four sorts and a restricted form of
quantification, and prove that it has a solvable satisfiability problem
by showing that it enjoys a small model property. Then, we consider
the sublanguage (4LQS™)* of 4LQS™, where the length of quantifier
prefixes (over variables of sort 1) is bounded by & > 0, and prove that its
satisfiability problem is NP-complete. Finally we show that modal logics
S5 and K45 can be expressed in (4LQS™).

1 Introduction

Most of the decidability results in computable set theory concern one-sorted
multi-level syllogistics, namely collections of formulae admitting variables of one
sort only, which range over the von Neumann universe of sets (see [6,8] for a
thorough account of the state-of-art until 2001). Only a few stratified syllogistics,
where variables of several sorts are allowed, have been investigated, despite the
fact that in many fields of computer science and mathematics often one has
to deal with multi-sorted languages. For instance, in modal logics, one has to
consider entities of different types, namely worlds, formulae, and accessibility
relations.

In [10] an efficient decision procedure was presented for the satisfiability of
the Two-Level Syllogistic language (2LS). 2LS has variables of two sorts and
admits propositional connectives together with the basic set-theoretic operators
U,N,\, and the predicates =, €, and C. Then, in [2], it was shown that the ex-
tension of 2LS with the singleton operator and the Cartesian product operator
is decidable. Tarski’s and Presburger’s arithmetics extended with sets have been
analyzed in [4]. Subsequently, in [3], a three-sorted language 3LSSPU (Three-
Level Syllogistic with Singleton, Powerset and general Union) has been proved
decidable. Recently, in [7], it was shown that the Three-Level Quantified Syllo-
gistic with Restricted quantifiers language (3LQS R ) is decidable. 3LQS R admits
variables of three sorts and a restricted form of quantification. Its vocabulary
contains only the predicate symbols = and €. In spite of that, 3LQST allows to
express several constructs of set theory. Among them, the most comprehensive



74 Domenico Cantone, Marianna Nicolosi Asmundo

one is the set former, which in turn enables one to express other operators like
the powerset operator, the singleton operator, and so on.

In this paper we present a decidability result for the satisfiability problem
of the set-theoretic language 4L QS (Four-Level Quantified Syllogistic with Re-
stricted quantifiers). 4LQS™ is an extension of 3LQS® which admits variables
of four sorts and a restricted form of quantification over variables of the first
three sorts. Its vocabulary contains the pairing operator (-,-) and the predicate
symbols = and €.

We will prove that 4LQST enjoys a small model property by showing how
one can extract, out of a given model satisfying a 4LQS%-formula 1), another
model of 9 but of bounded finite cardinality. The construction of the finite
model extends the decision algorithm described in [7]. Concerning complexity
issues, we will show that the satisfiability problem for each of the sublanguages
(4LQS R)k of 4LQS%, whose formulae are restricted to have quantifier prefixes
over variables of sort 1 of length at most k > 0, is NP-complete.

Clearly, 4LQS® can express all the set-theoretical constructs which are al-
ready expressible by 3LQS%. In addition, in 4LQST one can plainly formalize
several properties of binary relations also needed to define accessibility relations
of well-known modal logics. 4LQST can also express Boolean operations over
relations and the inverse operation over binary relations. Finally, we will show
that the modal logics S5 and K45 can be easily formalized in the (4LQS™)" lan-
guage. Since the satisfiability problems for S5 and K45 are NP-complete, in terms
of computational complexity the algorithm we present here can be considered
optimal for both logics.

2 The language 4LQS"

Before defining the language 4LQS®, in Section 2.1 we present the syntax and
the semantics of a more general four-level quantified fragment, denoted 4L@S5.
Then, in Section 2.2, we introduce some restrictions over the quantified formulae
of 4LQS which characterize 4L QS -formulae.

2.1 The more general language 4LQS

Syntax of 4LQS. The four-level quantified language 4L QS involves four col-
lections Vg, V1, Vo, and V3 of variables.

(i) Vo contains variables of sort 0, denoted by z,y, z, . . .;
(ii) Vi contains variables of sort 1, denoted by X, Y1, Z1 .. ;
(iii) Vs contains variables of sort 2, denoted by X?2,Y?2 72 .. ;

(iv) V3 contains variables of sort 3, denoted by X3,Y3 Z3 ...
4L QS quantifier-free atomic formulae are classified as:

level 0: z =y, x € X!, for x,y € Vo, X' € Vy;
level 1: X' =Y! X!'e X2 for X', Y €V, X2 € Vy;
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level 2: X% = Y2 (z,y) = X2, (z,y) € X3, X? € X3 for X2 Y? € Vs,
z,y € Vo, X3 € V.

4L QS quantified atomic formulae are classified as:

level 1: (Vz1)...(Vzn)po, with ¢ any propositional combination of quantifier-
free atomic formulae, and z1, ..., z, variables of sort 0;

level 2: (VZ{)...(VZ})p1, where Z1,..., Z} are variables of sort 1, and ¢
is any propositional combination of quantifier-free atomic formulae and of
quantified atomic formulae of level 1;

level 3: (VZ32)... (VZg)gog, with @9 any propositional combination of quantifier-
free atomic formulae and of quantified atomic formulae of levels 1 and 2, and
zZ2 ..., Zg variables of sort 2.

Finally, the formulae of 4L QS are all the propositional combinations of quantifier-
free atomic formulae of levels 0, 1, 2, and of quantified atomic formulae of levels
1, 2, 3.

Semantics of 4LQS. A 4LQS-interpretation is a pair M = (D, M), where D
is any nonempty collection of objects, called the domain or universe of M, and
M is an assignment over the variables of 4LQS such that

— Mz € D, for each x € Vy;

— MX! € pow(D), for each X! € Vy;

— MX? € pow(pow(D)), for all X2 € Vy;

— M X3 € pow(pow(pow(D))), for all X3 € V3.1
Moreover we put M(z,y) = {{Mz},{Mz, My}}. Let

- M = (D, M) be a 4LQS-interpretation,

- X1,...,Tn € Vo,

- )(11,...,)(7%1 eV,

- X%,...,XE € Vs,

- UL, ..., Up € D,

- UL, ..., U} € pow(D),

- Ut,..., U} € pow(pow(D)).
By Mlzi/ui, ... 2n/un, X{/UL, ..., X} /UL XT/UR, ..., X2/U2], we denote
the interpretation M’ = (D, M’) such that M'xz; = u;, fori =1,...,n, M’X} =
Uj, for j =1,...,m, M'X2 = U2, for k = 1,...,p, and which otherwise co-
incides with M on all remaining variables. Throughout the paper we use the
abbreviations: M? for M|z /u1, ..., zn/un), MZ for M[ZL/UL, ..., ZL JUL],
and M?” for M[Z}/UZ,...,Z2/U2].

Let ¢ be a 4LQS-formula and let M = (D, M) be a 4LQS-interpretation.
The notion of satisfiability of ¢ by M (denoted by M = ¢) is defined inductively
over the structure of the formula. Quantifier-free atomic formulae are interpreted
in the standard way according to the usual meaning of the predicates ‘=" and
‘€’, and quantified atomic formulae are evaluated as follows:

1 We recall that, for any set s, pow(s) denotes the powerset of s, i.e., the collection of
all subsets of s.
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1. ME(Vz1) ... (Van)po i Mzi/ui, ..., zn/un] E @o, for all ug, ... uy, €
D
E

2. MENZY) .. .(VZ ) pr if M[ZL UL, ..., ZE JUL] | 1, forall UL, ... UL,
€ pow(D);

3. M= (VZ3)...(VZ2)po it M[Z2 /U, ..., Z2|UZ] |= s, forallUZ,... U2 €
pow(pow(D)).

Finally, evaluation of compound formulae plainly follows the standard rules of
propositional logic. Let ¢ be a 4 LQS-formula, if M | 1, i.e. M satisfies 1, then
M is said to be a 4LQS-model for . A 4LQS-formula is said to be satisfiable
if it has a 4LQS-model. A 4LQS-formula is valid if it is satisfied by all 4LQS-

interpretations.

2.2 Characterizing 4LQS"

4LQST is the subcollection of the formulae 9 of 4LQS for which the following
restrictions hold.

I. For every atomic formula (VZ71),..., (VZ} )1 of level 2 occurring in v and
every level 1 atomic formula of the form (Vz1) ... (Vz,)po occurring in ¢4,
(o is a propositional combination of level 0 atoms and the condition

n m
o= \Vzez; (1)

i=1j=1

is a valid 4L QS-formula (in this case we say that the atom (Vz1) ... (Vz,)po
is linked to the variables Zi,..., ZL1).

II. Every atomic formula of level 3 in 1 is either of type (VZ%),..., (VZg)cpg,
where 5 is a propositional combination of quantifier-free atomic formulae,
or of type (VZ2)(Z% € X3 < —(V21)(Vz2) ({21, 22) = Z?).

Restriction (I) is similar to the one described in [7]. In particular, following [7],
we recall that condition (1) guarantees that if a given interpretation assigns to
z1,--.,%n elements of the domain that make ¢, false, then such elements must
be contained in at least one of the sets assigned to Zi,...,Z} . This fact is
needed in the proof of statement (ii) of Lemma 5 to make sure that satisfiability
is preserved in a suitable finite submodel (details, however, are not reported here
and can be found in [7]).

Through several examples, in [7] it is argued that condition (1) is not particu-
larly restrictive. Indeed, to establish whether a given 4LQS-formula is a 4LQS-
formula, since condition (1) is a 2LS-formula, its validity can be checked using
the decision procedure in [10], as 4L QS is a conservative extension of 2LS. In
addition, in many cases of interest, condition (1) is just an instance of the simple
propositional tautology =(A — B) — A, and thus its validity can be established
just by inspection.
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Restriction (II) has been introduced to be able to express binary relations
and several operations on relations keeping low, at the same time, the complexity
of the decision procedure of Section 3.2.

Finally, we observe that though the semantics of 4LQS® plainly coincides
with the one given above for 4LQS-formulae, in what follows we prefer to refer
to 4LQS-interpretations of 4LQSF-formulae as 4LQSE-interpretations.

3 The satisfiability problem for 4L QS%-formulae

We will solve the satisfiability problem for 4LQS®, i.e. the problem of establish-
ing for any given formula of 4LQS™ whether it is satisfiable or not, as follows:

(i) firstly, we will show how to reduce effectively the satisfiability problem
for 4LQS-formulae to the satisfiability problem for normalized 4LQS%-
conjunctions (these will be defined below);

(ii) secondly, we will prove that normalized 4L QS R_conjunctions enjoy a small
model property.

From (i) and (ii), the solvability of the satisfiability problem for 4LQS* follows
immediately. Additionally, by further elaborating on point (i), it could easily be
shown that indeed the whole collection of 4LQS -formulae enjoys a small model
property.

3.1 Normalized 4LQS®-conjunctions

Let ¢ be a formula of 4LQS™ and let ¥pyr be a disjunctive normal form of
1. Then 1 is satisfiable if and only if at least one of the disjuncts of Ypnp
is satisfiable. We recall that the disjuncts of ¥ pnyp are conjunctions of literals,
namely atomic formulae or their negation. In view of the previous observations,
without loss of generality, we can suppose that our formula ¢ is a conjunction
of level 0,1,2 quantifier-free literals and of level 1,2,3 quantified literals. In
addition, we can also assume that no variable occurs both bound and free in v
and that distinct occurrences of quantifiers bind distinct variables.

For decidability purposes, negative quantified conjuncts occurring in ¥ can be
removed as follows. Let M = (D, M) be a model for ¢, and let ~(Vz1) ... (Vz,) @0
be a negative quantified literal of level 1 in . Since M = =(Vz1) ... (Vz,)gpo if
and only if M[z1/u1, ..., zn/un] E —¢o, for some uy, ..., u, € D, we can replace
—(Vz1) ... (Vzn)po in ¥ by ﬂ(gpo)zi:::::?, where z/,..., 2} are newly introduced
variables of sort 0. Negative quantified literals of levels 2 and 3 can be dealt with
much in the same way and hence, we can further assume that 1 is a conjunction
of literals of the following types:

(1) quantifier-free literals of any level;

(2) quantified atomic formulae of level 1;

(3) quantified atomic formulae of levels 2 and 3 satisfying the restrictions given
in Section 2.2.

We call these formulae normalized 4LQSE-conjunctions.
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3.2 A small model property for normalized 4LQS"-conjunctions

In view of the above reductions, we can limit ourselves to consider the satisfia-
bility problem for normalized 4LQS™-conjunctions only.

Thus, let ¥ be a normalized 4LQS®-conjunction and assume that M =
(D, M) is a model for 1.

We show how to construct, out of M, a finite 4LQS -interpretation M* =
(D*, M*) which is a model of ¥ and such that the size of D* depends solely on
the size of ¥. We will proceed as follows. First we outline a procedure for the
construction of a suitable nonempty finite universe D* C D. Then we show how
to relativize M to D* according to Definition 1 below, thus defining a finite
4L QS -interpretation M* = (D*, M*). Finally, we prove that M* satisfies 1.

Construction of the universe D*. Let us denote by V), Vi, and Vj the
collections of variables of sort 0, 1, and 2 occurring free in v, respectively. Then
we construct D* according to the following steps:

Step 1: Let F = Fy U Fo, where
— F; ‘distinguishes’ the set S = {MX? : X? € V}}, in the sense that
KnNF # K' N F for every distinet K, K’ € S. Such a set F; can be
constructed by the procedure Distinguish described in [5]. As shown in
[5], we can also assume that |F;| < |S] — 1.
— F satisfies [M X2 N Fp| > min(3,|M X?|), for every X2 € V5. Plainly,
we can also assume that |Fa| < 3-|Vj|.

Step 2: Let {F,..., F} = F\{MX': X! e V{}andlet V{ = {X{,..., X}} C
V1 be such that VENV] = 0 and VI N VE = ), where VP is the collection of
bound variables in 9. Let M be the interpretation M[X{/F, ..., X}/Fy].
Since the variables in V{* do not occur in 1 (neither free nor bound), their
evaluation is immaterial for ¢» and therefore, from now on, we identify M
and M.

Step 3: Let A = A; U Ay, where

— A, distinguishes the set T = {M X' : X' € (V;uV)} and |A,| < |T|-1
holds (cf. Step 1 above).

— Ay satisfies |J N Az| > min(3, |J|), for every J € {MX': X! € (V] U
VE)}. Plainly, we can assume that |As| < 3- |V U VY.
We then initialize D* by putting

D" :={Mz:zinVj}UA.

Step 4: Let ¢1,...,%, be the conjuncts of 1. To each conjunct ¥; of the form
(VZ},.). .- (VZ},  )pi we associate the collection @; i, , ..., @ik, of atomic
formulae of the form (Vz1)...(Vz,)po present in the matrix of 1);, and call
the variables Zi{hl ey Zil,hmi the arguments of ik, ..., ik, . Let us put

my

D ={pir;: 1 <j<{liand 1<i<r}.



On the satisfiability problem for a 4-level quantified syllogistic 79

Then, for each ¢ € @ of the form (Vz1)...(Vz,)po having Zi,...,Z} as

arguments, and for each ordered m-tuple (X} ,..., X} ) of variables in V{ U
1 1

Vi if M(cpo))Z(l1 )Z(T = false we insert in D* elements ui,...,u, € D
Ryt X b

such that

le LA Z7ln
M[zl/ulw-'azn/un](@O)Xl}L X}}L = falsea
177 hm

otherwise we leave D* unchanged.

Relativized interpretations. We introduce the notion of relativized interpre-
tation, to be used together with the domain D* constructed above, to define,
out of a model M = (D, M) for a 4LQST-formula 1, a finite interpretation
M* = (D*, M*) of bounded size satisfying v as well.

Definition 1. Let M = (D, M) be a 4LQS"-interpretation. Let D*, V|, VF,
and Vj be as above, and let d* € D*. The relativized interpretation of M with
respect to D*, d*, Vi, VI, and V}, Rel(M, D*,d*, V;, VI V) = (D*, M*), is
the interpretation such that

. [ Mz, if Mz € D*
Mz = {d*, otherwise ,

M*X'=MX"'nD*,

M*X? = (MX%npow(D*) \ {M*X': X' € (V, UVI)})
U{M*X': X' e (V,UVF), MX' e MX?},

M*(z,y) = {{M "z}, {M"z, M"y}},

M*X? = ((MX® N pow(pow(D*) \ {M*X?: X* € V3}),

U{M*X?: X2 € V), MX? e MX®}.

Concerning M*X? and M*X?, we observe that they have been defined in such
a way that all the membership relations between variables of ¥ of sorts 2 and 3
are the same in both the interpretations M and M*. This fact will be proved
in the next section.

For ease of notation, we will often omit the reference to the element d* € D*
and write simply Rel(M, D*, V|, VE V1) in place of Rel(M, D*,d*, Vi, VI, V}),
when d* is clear from the context.

The following useful properties are immediate consequences of the construc-
tion of D*:

(A) if MX' # MY, then (MX' A MY?') N D* # ()2

(B) if MX2 % MY?, there is a J € (MX2AMY?) N {MX': X' € (V,UV})}
such that J N D* # 0,

(C) if M{z,y) # MX?, there is a J € (MX? A M{z,y)) N {MX* : X! €
(V] UV})} such that J N D* # 0, and if J € MX?, JND* # {Mz} and
JND* #{M=z, My},

2 We recall that for any sets s and t, s At denotes the symmetric difference of s and
of ¢, namely the set (s \ ¢t) U (¢ s).
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for any x,y € V), X1, Y € V], and X2 Y? € V).

3.3 Soundness of the relativization

Let M = (D, M) be a 4LQSR—interpretation satisfying a given 4LQSR—f0rmula
¥, and let D*, Vj, V{, Vi, and M* be defined as above. The main result of this
section is Theorem 1 which states that if M satisfies 1), then M™ satisfies ¢ as
well. The proof of Theorem 1 exploits the technical Lemmas 1, 2, 3, 4, and 5
below. In particular, Lemma 1 states that M satisfies a quantifier-free atomic
formula ¢ fulfilling conditions (A), (B), and (C), if and only if M”* satisfies ¢
too. Lemmas 2, 3, and 4 claim that suitably constructed variants of M™ and
the small models resulting by applying the construction of Section 3.2 to the
corresponding variants of M can be considered identical. Finally, Lemma 5,
stating that if M satisfies a quantified conjunction of ¢, then M™ satisfies it as
well, is proved by applying Lemmas 1, 2, 3, and 4.

Proofs of Lemmas 1, 2, 3, and 4 are routine and can be found in Appendices
A1, A2, A3, and A.4, respectively.

Lemma 1. The following statements hold:

(o) M*Ez=y if MEx=y, for all x,y € Vo such that Mz, My € D*;

(b)) M* =z e X if MExe XY, forall X' € Vy and x € Vy such that
Mz € D*;

(c) M*EXI=YLif MEX'=Y1, for all X', Y € V; such that condition
(A) holds;

(d) M*EX'e X2 if ME Xt e X2, for all X1 € (V] UV, X2 € Vy;

(e) M*=X2=Y?2iff M= X?=Y2, for all X?,Y? € Vs such that condition
(B) holds;

(f) M* E (2,y) = X% if M = (z,y) = X2, for all x,y € Vo such that
Mz, My € D* and X* € V5 such that condition (C) holds;

(9) M* = (z,y) € X3 iff M | (x,y) € X3, for all x,y € Vy such that
Mz, My € D* and X% € V3 such that condition (C) holds;

(h) M" EX?e X3 iff M= X? e X3, for all z,y € Vo such that Mx, My €
D* and X? € Vy such that conditions (B) and (C) hold. a

In view of the next technical lemmas, we introduce the following notations.
Let uy,...,up € D*, U},...,U,, € pow(D*), and Uf,...,U2 € pow(pow(D*)).
Then we put

M :M*[Zl/ul,...,zn/un]a
M7 = M*[Z{/U} ..z UL,
x,22 *
MZ = MCZ2UR, . 22 U2,
and
M** = Rel(M?, D*, V|, VE, V}),
M7 =Rel(M? D" Vi U{Z},..., 2L} VE V),
MZ* = Rel(MZ D" F* Vi VEVU{ZE, ... Z2)).



On the satisfiability problem for a 4-level quantified syllogistic 81

The next three lemmas claim that, under certain conditions, the following pairs
1 1 2
of 4LQS%-interpretations M** and M*>*, M*% and M? *, M*Z" and
2
MZ7* can be identified.

Lemma 2. Let uy,...,u, € D*, and let z1,...,2, € Vy. Then, for every x,y €
Vo, Xt eV, X2€V,, X3 € Vs, we have:

(i) M**x = M**z,
Wi M*,zXl — Mz,*Xl
(it) ;
i) M**X?% = M**X?
(iii) ;
i) M**X3 = M**X3. O
(iv)

Lemma 3. Let Z1,...,Z € Vi \ (V; UVE) and U},... UL € pow(D*)l\
{M*X': X1 e (V,UVE)}. Then, the ALQS® -interpretations M™% and MZ +*
coincide. ad

Lemma 4. Let Z7,...,22 € Vo\Vy and UZ, ..., U2 € pow(pow(D*))\{M*X? :
X2 € V). Then the 4LQS™ -interpretations M7 and MZ* coincide. 0

The following lemma proves that satisfiability is preserved in the case of quan-
tified atomic formulae.

Lemma 5. Let (Vz1)...(Vzn)po, (VZ1)...(VZ))e1, (VZ7)...(VZ2)p2, and
(VZ%)(Z? € X3 & —(Vz1,22)=((21, 22) = Z?)) be conjuncts of 1. Then

(i) if M E (V21)...(Vzn)po, then M* = (V21) ... (V2n)p0;
(ii) if M (VZ1) ... (YZm) o1, then M* |= (YZ1) ... (YZm)p1;
(iii) if M= (VZ3)...(VZ2)p2, then M* |= (VZ3)...(VZ2)pa;
(i) if M (VZ2)(Z> € X® o =(Var,20)~((21,22) = Z7)), then M* |
(VZ%)(Z2? € X3 & =(Vz1, 22)~((21, 22) = Z?)).

Proof. (i) Assume by contradiction that there exist uq,...,u, € D* such that
M™Z £ g, Then, there must be an atomic formula ¢f in g that is inter-
preted differently in M™*? and in M?. Recalling that (g is a propositional
combination of quantifier-free atomic formulae of any level, we can suppose
that ) is X2 = Y2 and, without loss of generality, assume that M™* [~
X? = Y2 Then M**X? # M*?Y?, so that, by Lemma 2, M**X? £
M#*Y2, Then, Lemma 1 yields M*X? # M?Y?, a contradiction. The other
cases are proved in an analogous way.

(if) This case can proved much along the same lines as the proof of case (ii) of
Lemma 4 in [7]. Here, one has only to take care of the fact that the collection
of relevant variables of sort 1 for ¢ are not just the variables occurring free in
1, namely the ones in V{, but also the variables in V{', introduced to denote
the elements distinguishing the sets M*X?, for X2 € V.

(iii) The proof is carried out as in case (ii).
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(iv) Assume by contradiction that there exists a U € pow(pow(D*)) such that
M7 (2% € X3 « =(Vz1, 22) ({21, 22) = Z?)). We can distinguish two
cases:

1. If there is a X2 € V) such that M*X? = U, then M™* £ (X% € X3 «

=(Vz1, 22)~((21, 22) = X?)) and either X2 € X3 or =(Vz1, 22)=((21, 22) =
X?2) must be interpreted differently in M* and in M.
By Lemma 1, X? € X? is interpreted in the same way in M* and in
M. By case (i) of this lemma, if M* | =(Vz1, 22)~((z1, 22) = X?)
then M = —(V21,22)=((21, 22) = X?). Thus, the only case to be con-
sidered is when M* |= (Vz1,22)((21,22) = X?). Assume that M
=(Vz1, 22)=((21, 22) = X?). Then M X2 must be a pair {{u}, {u,v}}, for
some u,v € D. But then by the construction of the universe D*, we have
u,v € D*, contradicting the hypothesis that M™ | (Vz1, 22)—({(21, 22) =
X2).

2. IfU # M*X?, for every X2 € V}, either Z2 € X3 or =(Vz1, 22)~((21, 22) =
Z?%) has to be interpreted in a different way in M2 and in M7,

By Lemmas 4 and 1, and by case (i) of this lemma, Z? € X3 has the same
evaluation in M™% and in M7, and if M*Z E —(Vz1, 22) ({21, 22) =
Z?%) then M7 E —(Vz1, 22)((21,22) = Z?). The only case that still
has to be analyzed is when M7 E (V21,22)=({21,22) = Z?). By
Lemma 4, MZ = (Vz1,22)~((z1,22) = Z?). Let us assume that
M7 b (Y21, 22)((21, 22) = Z2). Then U must be a pair {{u}, {u,v}},
u,v € D. Since U € pow(pow(D*)), then u,v € D*  contradicting that
M7 = (Y, 20) ({21, 22) = Z2). n

Next, we can state our main result.

Theorem 1. Let M be a 4LQS-interpretation satisfying v. Then M* |= 1.

Proof. We have to prove that M* |= 9’ for each literal ¢’ occurring in 3. Each
1" must be of one of the types introduced in Section 3.1. By applying Lemmas
1 or 5 to every ¢’ (according to its type) we obtain the thesis. [ |

From the above reduction and relativization steps, it is not hard to derive the
following result:

Corollary 1. The fragment 4LQST enjoys a small model property (and there-
fore its satisfiability problem is solvable). O

3.4 Complexity issues

Let (4LQSR)k be the sublanguage of 4LQS™ in which the quantifier prefixes
of quantified atoms of level 2 have length not exceeding k. Then the following
result holds.
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Lemma 6. The satisfiability problem for (4LQSR)’c is NP-complete, for any
ke N.

Proof. NP-hardness is trivially proved by reducing an instance of the satisfiabil-
ity problem of propositional logic to our problem.

To prove that our problem is in NP, we reason as follows. Let ¢ be a satisfiable
(4LQSR)k-formu1a. Let ¢ pnF be a disjunctive normal form of ¢. Then there is a
disjunct 1 of o pnr that is satisfied by a (4LQS™)*-interpretation M = (D, M).
After the normalization step, ¢ is a normalized (4LQS R )¥-conjunction satisfied
by M and, according to the procedure of Section 3.2, we can construct a small
interpretation M* = (D*, M*) satisfying ¢ and such that |D*| is polynomial
in the size of 1. This can be shown by recalling that |[F1| < |S] —1 < |V —1
and that |Fz| < 3|V5]| (cf. Step 1 of the procedure in Section 3.2). Thus, clearly,
|F| < 4]Vi] — 1. Analogously, from Step 3, |A| < 4(|V;| + (4]V5] — 1)) — 1, and
|D*| (in the initialization phase) is bounded by |V}| 4 4|V}| 4+ 16|V4| — 5. Finally,
after Step 4, if we let L,, denote the maximal length of the quantifier prefix of
o = (Vz1) ... (Vzn)po, with ¢ varying in @, then |D*| < |Vj| + 4|V;] + 16|V5] —
5+ ((|Vi] +4[Vs| —1)FL,,)|®|. Thus the size of D* is polynomial in the size of .
Since M™ = 9 can be verified in polynomial time and the size of v is polynomial
w.r.t. the size of ¢, it results that the satisfiability problem for (ZLLQ‘S'R)’C is in
NP, and therefore it is NP-complete. [ |

4 Expressiveness of the language 4LQS®

As discussed in [7], 4LQS™ can express a restricted variant of the set former,
which in turn allows to express other significant set operators such as binary
union, intersection, set difference, the singleton operator, the powerset operator
(over subsets of the universe only), etc. More specifically, atomic formulae of type
Xt ={z:0(2)} or X? = {X1: p(X""1)}, for i € {2,3}, can be expressed in
4LQS™ by the formulae

(V2)(z € X! = p(2)) (2)
VXTHX T e X o p(XTTh) (3)

provided that they satisfy the syntactic constraints of 4LQST.

Since 4LQS% is a superlanguage of 3LQS%, as shown in [7] 4LQST can ex-
press the stratified syllogistic 2L.S and the sublanguage 3LSSP of 3LSSPU not
involving the set-theoretic construct of general union. We recall that 3LSSPU
admits variables of three sorts and, besides the usual set-theoretical constructs,
it involves the ‘singleton set’ operator {-}, the powerset operator pow, and the
general union operator Un.

3LSSP can plainly be decided by the decision procedure presented in [3] for
the whole 3LSSPU.

Other constructs of set theory which are expressible in the 4LQS® formalism,
as shown in [7], are:
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|Binary relation

VZZ)(Z2 S R < _\(V,Zl, 22)_\(<21,2’2>

=27)

Weakly-connected|(Vz1, 22, 23)(((z1, 22) € R3 A

(
Reflexive (V21)({z1,21) € R?)
Symmetric (Vz1, 22) ({21, 22) € R® — (29,21) € R®)
Transitive (Vz1, 22, 23) ({21, 22) € R® A (22, 23) € R3) — (21,23) € R3)
Euclidean (V21, 22, 23) ({21, 22) € R3 A (21, 23) € R?) — (22, 23) € R3)
(

<Z1, 23> € Rs)

— ({29, 23) € R3V 29 = 23 V (23, 20) € R?))

Irreflexive (Vz1)=((21,21) € R?)

Intransitive (V21, 22, 23) ({21, 22) € R A (22, 23) € R®) — = (21, 23) € R?)
Antisymmetric  |(Vz1, 22)(((21, 22) € R3 A (22, 21) € R3) — (21 = 22))
Asymmetric (Vz21,22)((z1, 22) € R? — —((22, 21) € R?))

Table 1. 4LQS R formalization of conditions of accessibility relations

Intersection |R3 = R} N R3[(VZ?)(Z? € R® « (Z> € R AN Z? € R3))
Union B =R UR|VO)Z2cR = (Z2cRIVZZ e R)))
Complement |R? = R3 (VZ2)(Z2 € R} — —(Z% € R}))

Set difference|R®> = R} \ R3 [(VZ?)(Z% € R « (Z? € R§ A —(Z% € R))))
Set inclusion |R} C R} (VZ%)(Z? € R} — Z? € R3)

Table 2. 4LQS™ formalization of Boolean operations over relations

— the literal X2 = pow.,(X?), where pow_, (X!) denotes the collection of all
the subsets of X! having at most h elements;

— the literal X? = pow_,(X"), where pow_,(X1!) denotes the collection of
subsets of X! with exactly h elements;

— the unordered Cartesian product X2 = X{ ® ... ® X};

— the literal A = pow*(X7,...,X]}), where pow (Xll, ey
the powerset which denotes the collection

X1y is a variant of

n
{Zz:2C| X} and Zn X! #0, forall 1 <i <n}

i=1

introduced in [1].

4.1 Other applications of 4LQS®

Within the 4LQS™ language it is also possible to define binary relations over
elements of a domain together with several conditions on them which character-
ize accessibility relations of well-known modal logics. These formalizations are
illustrated in Table 1.

Usual Boolean operations over relations can be defined as shown in Table
2. Within the 4LQST fragment it is also possible to define the inverse of a
given binary relation Rl, namely R3 = (R$)~!, by means of the 4LQS R_formula
(VZl, 22)(<21, 22> c R1 <2’2, 21> € Rs)
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In the next section we will show how the 4LQS* fragment can be used to
formalize some normal modal logics.

4.2 Some normal modal logics expressible in 4LQSE

The modal language Lys is based on a countably infinite set of propositional
letters P = {p1, p2, ...}, the classical propositional connectives ‘=’, ‘A’ , and ‘V’,
the modal operators ‘[0’, ‘¢’ (and the parentheses). Ly is the smallest set such
that P C Ly, and such that if ¢, € Ly, then —p, o A, @V, Op, Op € L.
Lower case letters like p denote elements of P and Greek letters like ¢ and v
represent formulae of Lys. Given a formula ¢ of Ly, we indicate with SubF(p)
the set of the subformulae of ¢. The modal depth of a formula ¢ is the maximum
nesting depth of modalities occurring in .

A normal modal logic is any subset of Lj; which contains all the tautologies

and the axiom

K: O(p1 — p2) — (Opr — Op2),
and which is closed with respect to modus ponens, substitution, and necessitation
(the reader may consult a text on modal logic like [9] for more details).

A Kripke frame is a pair (W, R) such that W is a nonempty set of possible
worlds and R is a binary relation on W called accessibility relation. If R(w,u)
holds, we say that the world u is accessible from the world w. A Kripke model is
a triple (W, R, h), where (W, R) is a Kripke frame and h is a function mapping
propositional letters into subsets of W. Thus, h(p) is the set of all the worlds
where p is true.

Let K = (W, R,h) be a Kripke model and let w be a world in K. Then, for
every p € P and for every ¢, ¥ € Ly, the relation of satisfaction |= is defined as
follows:

— K,wkEpiff we h(p);

- KwkEeVyiff K,wkEpor K,wE;

- KwkEepAyiff K,wikEpand K,w E

- Kw = —piff K w & ;

— K,wEOp iff K,w' | ¢, for every w' € W such that (w,w’) € R;

— K,w = Oy iff there is a w’ € W such that (w,w’) € R and K,w’ = ¢.

A formula ¢ is said to be satisfied at w in K if K, w = ¢; ¢ is said to be valid
in K (and we write K = ), if K,w = ¢, for every w € W.

The smallest normal modal logic is K, which contains only the modal axiom K
and whose accessibility relation R can be any binary relation. The other normal
modal logics admit together with K other modal axioms drawn from the ones in
Table 3.

Translation of a normal modal logic into the 4LQS R language is based on
the semantics of propositional and modal operators. For any normal modal logic,
the formalization of the semantics of modal operators depends on the axioms
that characterize the logic. In the case of the logics S5 and K45, proved to be
NP-complete in [11], and introduced next, the 4L QS R formalization of the modal
formulae Op and Q¢ turns out to be straightforward and thus these logics can be
entirely translated into the 4LQSF language. This is illustrated in what follows.
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Axiom|Schema  |Condition on R (see Table 1)
Op—p Reflexive

Op — OOp |Euclidean

p — OOp |Symmetric

Up — OUOp|Transitive

Op — Op |Serial: (Vw)(Fu)R(w, u)
Table 3. Axioms of normal modal logics

O® @ o o

The logic S5. Modal logic S5 is the strongest normal modal system. It can
be obtained from the logic K in several ways. One of them consists in adding
axioms T and 5 from Table 3 to the logic K. Given a formula ¢, a Kripke model
K = (W,R,h), and a world w € W, the semantics of the modal operators can
be defined as follows:

- K,wEDQpiff K,vE g, for every v € W,
— K,wkE Qpiff K,v | ¢, for some v € W.

This makes it possible to translate a formula ¢ of S5 into the 4LQS™ language.

For the purpose of simplifying the definition of the translation function 7ss
given below, the concept of “empty formula” is introduced, to be denoted by A,
and not interpreted in any particular way. The only requirement on A needed
for the definition given next is that A A ¢) and ¥ A A are to be considered as
syntactic variations of 1, for any 4LQS-formula 1.

For every propositional letter p, let 7d(p) = X;, where X; € V1, and let
78 1S5 — 4LQS ® be the function defined recursively as follows:

7_525(p) = Aa

785 (mp) = (V2) (2 € X1, & (2 € X)) A7&5 (),
— & (01 Np2) = (V2)(z € X«l:mm —(z € X;l ANz € Xgl&)) AT (01) ATE(p2),
— & (01 Vpa) = (V2)(z € qu;lw,z —(z € X;l Vz € Xgl&)) AT (01) ATE(p2),
- TSQS(D@) =

(V2)(z € X)) — (V2)(z € X&W) A=(Vz)(z € X)) — (Vz)=(z €
Xph,) A13s(),
7525(090) =

—(V2)=(2 € Xj) — (V2)(2 € X§,) A (V2)(2 € X)) — (V2)=(2 €

X})ga) A 7_525(()0)7
where A is the empty formula and X!, X1 X1 \ ., X1 ., X, , X}, € V1.
Finally, for every ¢ in S5, if ¢ is a propositional letter in P we put 7s5(p) =
735 (¢p), otherwise 7s5(p) = 725 (¢0).
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Even though the accessibility relation R is not used in the translation, we
can give its formalization in the 4LQST fragment. Let U be defined so that
(Vz)(z € U), then R can be defined in the following two ways:

1. as a variable of sort 2, R?, such that
(VZY)(Z' € R?  (Z' € pow_,(U) V Z! € pow_,(U))),
2. as a variable of sort 3, R3, such that
(VZ2)(Z2? € R? & —(V21,22)~ ({21, 22) = Z?)) A (V21) ({21, 21) € R?)
A(Vz1, 29, 23)(((21, 22) € R® A (21,23) € R3) — (22, 23) € R?).

Correctness of the above translation is guaranteed by the following lemma, whose
proof can be found in Appendix A.5.

Lemma 7. For every formula ¢ of the logic S5, ¢ is satisfiable in a model
K = (W, R, h) iff there is a 4LQS"-interpretation satisfying x € X, |

It can be checked that 7s5(y) is polynomial in the size of ¢ and that its sat-
isfiability can be verified in nondeterministic polynomial time since it belongs
to (4LQS R)l. Consequently, the decision algorithm presented in this paper to-
gether with the translation function introduced above can be considered an op-
timal procedure (in terms of its computational complexity class) to decide the
satisfiability of any formula ¢ of S5. Moreover, it can be noticed that if we apply
the first definition of R, S5 can be expressed by the language 3LQS R presented
in [7].

The logic K45. The normal modal logic K45 is obtained from the logic K
by adding axioms 4 and 5 described in Table 3 to K. Semantics of the modal
operators [0 and ¢ for the logic K45 can be described as follows. Given a formula
¢ of K45 and a Kripke model K = (W, R, h),

— K EOpiff K,v = ¢, for every v € W s.t. thereisaw’ € W with (w’,v) € R,
— K EQpiff K,v = @, for some v € W s.t. there is a w’ € W with (w’,v) € R.

It is convenient, before translating K45 into the 4LQS™ fragment, to introduce
the 4LQS R_formula which describes the semantics of the accessibility relation R
of the logic K45:

(VZ2)(Z2 € R* o (V) (Fo) (o0, ) = 22)) |
A(Vz1, 22, 23) ({21, 22) € R® A (29, 23) € R?) — (21, 23) € R?)
/\(V,Zl, 29, Z3)((<21, 22> S R3 A <2’1, Z3> S R3) — <22, 2’3> € RS)

The transformation function 745 : K45 — 4LQSR is constructed as for Sb.
For every ¢ € K45 we put Tkas(¢) = Tiss(¢), if ¢ is a propositional letter and
Tkas (P) = Tias () otherwise. Tg,s(p) = X, with X € V1, for every propositional
letter p, and T|%45(<p) is defined inductively over the structure of . We report
the definition of T§45(<p) only when ¢ = i and ¢ = Q, as the other cases are
identical to 72 (¢), defined in the previous section:
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— Tias(O) = (V21)((=(V22)~((22, 21) € R?)) — 21 € X)) — (V2)(z € X[
A=(V21)=((=(Vz2) = ((22, 21) € R?)) A (21 € X)) — (V2)=(z €
Xﬁw) A 7%45(1@;

— Tias(09) = =(V21)~((~(V22) (22, 21) € R%)) A 21 € X)) — (V2)(z € X))
NMY21)(((V22)=((22, 21) € R?))V (21 € X)) — (V2) (2 € X§y,) ATiggs (1).

The following lemma, proved in Appendix A.6, shows the correctness of the
translation.

Lemma 8. For every formula ¢ of the logic Tkas, @ is satisfiable in a model
K = (W, R, h) iff there is a 4LQST -interpretation satisfying x € Xo,. ]

As for S5, it can be checked that 7kas(¢) is polynomial in the size of ¢ and
that its satisfiability can be verified in nondeterministic polynomial time since it
belongs to the sublanguage (4LQS™)! of 4LQS®. Thus, the decision algorithm
we have presented and the translation function introduced above represent an
optimal procedure (in terms of its computational complexity class) to decide
satisfiability of any formula ¢ of K45.

5 Conclusions

We have presented a decidability result for the satisfiability problem for the
fragment 4LQST of multi-sorted stratified syllogistic embodying variables of
four sorts and a restricted form of quantification. As the semantics of the modal
formulae Oy and Q¢ in the modal logics S5 and K45 can be easily formalized in
4LQST, it follows that 4LQST can express both logics S5 and K45.

Currently, in the case of modal logics characterized by having a liberal ac-
cessibility relation like K, we are not able to translate the modal formulae O
and Oy in 4LQST. The same problem concerns also the composition operation
on binary relations and the set-theoretical operation of general union. We intend
to investigate such a question more in depth and verify whether a formalization
of these constructs is still possible in 4LQS™ or if an extension of the language
4LQS R s required. In the same direction, we aim at finding a characterization
of the conditions that an accessibility relation has to fulfil in order for a modal
logic to be formalized in 4LQST. We also intend to find classes of modal formulae
with bounded modal nesting and multi-modal logics that can be embedded in
the 4LQS™ framework. Finally, since 4LQS™ is able to express Boolean opera-
tions on relations, we plan to investigate the possibility of translating fragments
of Boolean modal logics into 4LQSE.
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A Proofs of some lemmas

A.1 Proof of Lemma 1
Lemma 1. The following statements hold:

(a) M"Ex=yiff MEx=uy, for all z,y € Vy such that Mz, My € D*;

(b)) M Exze X if MEz e XY, for all X! € Vy and x € Vy such that
Mz € D*;

(c) M"EXI =YY if MEX=Y! forall X', Y € V; such that condition
(A) holds;

(d) M*"EX'e X2 iff MEXte X2, for all X1 € (V] UV, X2 € Vy;

(e) M*E=X2=Y?2iff M= X?=Y?2, for all X?,Y? € Vs such that condition
(B) holds;

(f) M* E (2,y) = X2 if M = (z,y) = X2, for all x,y € Vo such that
Mz, My € D* and X? € V3 such that condition (C) holds;

(9) M* = (z,y) € X3 iff M | (x,y) € X3, for all x,y € Vy such that
Mz, My € D* and X* € Vs such that condition (C) holds;

(h) M* EX?e X3 iff ME X? € X3, for all z,y € Vo such that Mx, My €
D* and X? € Vy such that conditions (B) and (C) hold.

Proof. (a) Let x,y € Vy be such that Ma, My € D*. Then M*zx = Mz and
M*y = My, so we have immediately that M* =y iff Mz =y.

(b) Let X! € V; and let x € Vy be such that Ma € D*. Then M*zr = M, so
that M*z € M* X' iff Mz € MX' N D* iff Mx € MX1,

(c) f MX! = MY then plainly M* X! = M*Y!. On the other hand, if M X' #
MY then, by condition (A), (MX!' A MY')Nn D* # () and thus M* X! #
M*Y?L

(d) If MX' € MX?, then M*X' € M*X?2. On the other hand, suppose by
contradiction that M X! ¢ MX? and M*X! € M*X2. Then, there must
necessarily be a Z! € (V] UVY) with MZ' € MX? MZ' # MX!, and
M*X' = M*Z'. Since MZ' # MX' and (MZ' A MX') N D* # 0, by
condition (A), we have M* X' # M*Z! which is a contradiction.

(e) If MX? = MY?, then M*X? = M*Y?2. On the other hand, if M X? # MY?,
by condition (B), thereisa J € (MX2AMY?)Nn{MX': X! e (VjuV{)}
such that JND* # (. Let J = M X!, for some X! € (V] UV}, and suppose
without loss of generality that M X' € MX? and M X' ¢ MY?2. Then, by
(d), M*X' € M*X? and M*X"' ¢ M*Y? and hence M*X? % M*Y?2.

(f) If M{(z,y) = MX?2, then M*(z,y) = M*X2. If M(z,y) # MX?, then
there is a J € (MX2 A M(x,y)) N{MX': X' € (V] UV])} satisfying the
constraints of condition (C). Let J = M X!, for some X! € (V] UVI), and
suppose that M X' € MX? and MX' ¢ M(xz,y). Then M*X' € M*X?
and since M* X! # {Mx} and M* X! # { Mz, My}, it follows that M* X! ¢
M*(z,y). On the other hand, if M X! € M(z,y) and MX* ¢ M X2, then
either M X! = {Mz} or MX! = {Mx, My}. In both cases M X! = M*X!
and thus if M X! ¢ M X2 it plainly follows that M* X! ¢ M*X?2.
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(g) Let o,y € Vo and X2 € V3 be such that M(z,y) € MX3. Then M*{x,y) €
M*X3. On the other hand, suppose by contradiction that M {x,y) ¢ M X3
and M*(x,y) € M*X?3. Then, there must be an X2 € V} such that M*X? €
M*X3 M*X? = M*(x,y), and MX? # M(z,y). But this is impossible by
(£).

(h) If MX? € MX3 then M*X? € M*X?. Now suppose by contradiction that
MX? ¢ MX? and that M*X? € M*X3. Then, either there is a Y2 € V}
such that M X2 # MY? and M*X? = M*Y?, which is not possible by (e),
or there is a {x,y), with x,y € Vo, Ma, My € D*, such that M X? # M(z,vy)
and M*X? = M*{x,y), but this is absurd by (f). |

A.2 Proof of Lemma 2

Lemma 2. Let uy,...,u, € D*, and let z1,...,2, € Vo. Then, for every x,y €
Vo, Xt € Vi, X2 € Vs, X3 € Vs, we have:

(i) M**x = M**z,
(”) M*,zXl — MZ’*Xl,
(i) M**X?% = M**X?,
(iv) M**X3 = M**X3,

Proof. (i) Since uy,...,u, € D*, the thesis follows immediately.
(i) Let X' € Vy, then M**X! = M*X! = MX'ND* = M*X'ND* = M**X".
(iii) Let X2 € V,, then we have the following equalities:

M**X? = M*X? = (MX? npow(D*)\ {M*X': X' ¢ (V,uV)}
u{Mx': xte ViuVl), MX' € MX?},
= (M*X* npow(D*) \ {M**X*: X' e (V{UVI)})
U{M=* X : X' e Wy uVi), M* X' € M*X?}
= M>*X?.

(iv) Let X3 € V3, then the following holds:

M**X3 = M*X? = (MX? N pow(pow(D*))) \ {M*X?: X? € V}})
U{M*X?: X? € V), MX? € MX?},
= ((M* X3 N pow(pow(D*))) \ {M**X?: X2 € V}})
U{M=*X?: X? €V, M*X? € M*X?}
= M>* X3,
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A.3 Proof of Lemma 3

Lemma 3. Let Z1,...,Z € Vi \ (V; UVE) and U},... UL € pow(D*)l\
{M*X': X' e (V,UVE)}. Then, the ALQS™ -interpretations M™% and MZ +*
coincide.

Proof. We prove the lemma by showing that M*% " and MZ'* agree over vari-
ables of all sorts.

1. Clearly M*Z' g = M*z = MZI’*x, for all individual variables z € V.
2. Let X' eV, If Xt ¢ {Z{ ..., ZL}, then

MZ*X'= M7 X'nD* = MX'nD* = M*X' = M*? X
On the other hand, if X' = Z} for some j € {1,...,m}, we have
MZ'vzl =M% Z'nD* =U'nD* =U} = M*Z 7).
3. Let X2 € V,. Then we have

M*Z X% = M*X2 = (MX2npow(D*) \ {M*X": X' € (VUV}
U{M*X': X' e VuVl), MX' € MX?},
M7 X% = (M7 X% N pow(D*))
(M7 X1 X e (VuVvE)u{Zl,...,Z- 0
U{MZ X X e (VuVEYu{Zl,...,ZL)),
MZ' X' e M7 X?}
= ((MX? N pow(D¥))
\{M*X X e ViUV U{U; 15 =1,...,m}))
U{M*X': Xt e (VyuVl), MX' e MX?}
U{U; :j=1,...,m} N MX?)).

By putting

P, = MX?nNpow(D*),

P ={M*X': X' c (VUV},

P‘gi{Uj :jzl,...,m},

Py={M*X':X'e (VjuVI), MX'e MX?},
P5:{Uj :j:l,...,m}ﬂMXZ,

the above relations can be rewritten as

M*7 X2 = (P, \ P,) UP,
MZ' X2 = (P, \ (P,UP3))UP,UPs.
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Moreover, it is easy to verify that the following relations hold:

PQOP;;:@
Ps=P NPk
PLCPh.

Therefore we have

(PL\ P2))UPy= (P \ (P2UP3))UPLU (PN Ps)
=(PL\ (P, UP;))UP,UP;
i.c., we have M*Z' X2 = MZ"* X2,
4. Let X3 € Vs, then M*Z' X3 = M*[Z}/U}, ..., ZL /UL X3 = M*X3 and
MZ X3 = (MZ' X® N pow(pow(D*))) \ {MZ'*X2: X2 € V}})

U{MZ X2 X2 e V), M? X? € M? X3}

= ((MX? npow(pow(D*))) \ {M*X?: X* € V}})
U{M*X?: X% e Vi, MX? € MX?}

= M*X3.

Since M*Z" X3 — MZ'* X3 the thesis follows. [ |

A.4 Proof of Lemma 4

Lemma 4. Let Z7,...,Z2 € Vo\Vy and U2, ..., U2 € pow(pow(D*))\{M*X? :
X2 € V). Then the 4LQS"-interpretations M7 and MZ* coincide.

Proof. We show that M*?Z * and MZ"* coincide by proving that they agree over
variables of all sorts.

1. Plainly M*Z*y = M*x = MZZ’*x, for every T € Vo
2. Let X! € Vy, then M*? X! = M*X! = M% X1
3. Let X? € V, such that X* ¢ {Z7,...,Z7}, then

* 2 * *
M*? X? = M*[Z})UL,..., Z2JURX? = M*X?,
and
M7 X% = (M7 X2 npow(D*) \ {MZ "X : X' e (V uV)})
U{MZ X1 X e W UVE), M7 X' e M7 X2}
= (MX? Nnpow(D*)\ {M*X': X' € (VUV}

U{M*X: Xt e (W uVi), MX!' € MX?}
= M*X?,
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Since M*Z”° X2 = MZ**X? the thesis follows. On the other hand, if X2 ¢
{Z3,...,22}, say X* = Z2 then M*%° X2 = U2 and
MZ X2 = (M7 X? npow (D) \ {MZ X' : X e (VUV}
U{MZ X1 X e VLUVE), M7 X! e M7 X2}
U2\ {MXT XY e (W UVE)))
UM X' : X' e VuV),MX" € U?})
=U;.

Clearly the thesis follows also in this case.

. Let X3 € V3. Then we have

M7 X3 = M* X3 = (MX? N pow(pow(D*))) \ {M*X%: X2 € V}})
U{M*X?:X? €V}, MX?ec MX?}
MZ X3 = ((MZzX3 N pow(pow(D™)))
\(MZ X2 X2 e Vyu{ZE,...,22}))
U{MZ X2 X2 e Viu{Z2,..., 22}, M7 X% e M% X%}
= (M X? N pow(pow(D*)))
\({M*X?: X2 eVibU{U7 :j=1,...,p}))
U{M*X%: X2 V), MX?ec MX3}
U{U? :j=1,....p} N MX?).

By putting
Py = M X3 N pow(pow(D*))
Py={M*X?:X?cV}}
P3:{U]2:j:1,...,p}
Py={M*X?:X?c V), MX?c MX3}
P5:{U]2:j:1,...,p}ﬁMX3

then the above relations can be rewritten as
M2 X3 = (PL\ P2)UPy
MZ#X3 = (Py\ (P, UPs))UP,UPs.

Moreover, it is easy to verify that the following relations hold:

PQOP;;:@
Ps=P NPk
PLCPh.

Therefore we have

(PL\ P2)UPy=(P\ (P2UP3))UPLU (PN Ps)
= (P1\ (P2UP3)UPLUPs

ie., we have M*Z° X3 = MZ°* X3, [ |
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A.5 Proof of Lemma 7

Lemma 7. For every formula ¢ of the logic S5, ¢ is satisfiable in a model
K = (W, R, h) iff there is a 4ALQS™ -interpretation satisfying = € Xo,.

Proof. Let @ be a world in W. We construct a 4LQS"-interpretation M =
(W, M) as follows:

- Mz =w,

- MX; = h(p), where p is a propositional letter and X; = 755(p),

— Mrs5(¢) = true, for every v € SubF(p), where v is not a propositional
letter.

To prove the lemma, it would be enough to show that K,w = ¢ iff M =z € X,
However, it is more convenient to prove the following more general property:

Given aw € W, if y € Vy is such that My = w, then
Kwkoiff M Eye X],
which we do by structural induction on ¢.

Base case: If ¢ is a propositional letter, by definition, K,w = ¢ iff w € h(y).
But this holds iff My € M X}, which is equivalent to M =y € X /.

Inductive step: We consider only the cases in which ¢ = Oy and ¢ = (1), as
the other cases can be dealt with similarly.

— If ¢ = Oy, assume first that K,w | Ot. Then K, w = ¢ and, by induc-

tive hypothesis, M =y € X&). Since M = 7s5(0), it holds that M =
(Vz1)(21 € X)) — (V22)(22 € X{,). Then we have M(z1/w, 2 /w] |
(1 € Xi)) — (29 € Xéw) and, since My = w, we have also that
ME (y € Xi,) — (y € Xéw). By the inductive hypothesis and by
modus ponens we obtain M |y € Xéw, as required.
On the other hand, if K,w = Oy, then K,w [~ ¢ and, by inductive
hypothesis, M (£ y € X}b. Since M = 7s5(0), then M = —(Vz1)(21 €
X)) — (V22)=(22 € X{,). By the inductive hypothesis and some predi-
cate logic manipulations, we have M |= =(y € X)) — —(y € X&w), and
by modus ponens we infer M = —(y € Xl%h/))’ as we wished to prove.

— Let ¢ = O and, to begin with, assume that K,w = (1. Then, there
is a w’ such that K,w' =1, and a y’ € Vy such that My’ = w’. Thus,
by inductive hypothesis, we have M =y’ € Xl}) and, by predicate logic,
M | =(Vz1)=(21 € XJ). By the very definition of M, M = 7s5(0t))
and thus M |= =(V21)=(21 € X)) — (V22)(22 € X,,). Then, by modus
ponens we obtain M = (Vz3)(22 € X éw) and finally, by predicate logic,
MEye X5,

On the other hand, if K, w p& Q1, then K, w' = 1, for any w’ € W and,
since w' = My’ for any y’ € Vo, it holds that M [~ y' € X&) and thus,
by predicate logic, M | (Vz1)=(21 € X))



96

Domenico Cantone, Marianna Nicolosi Asmundo

Reasoning as above, M = (Vz1)-(z1 € thb) — (Vz2) (22 € Xéw) and,
by modus ponens, M E (Vz2)—(22 € Xéw). Finally, by predicate logic,
MWFEye Xéw, as required. [ |

A.6 Proof of Lemma 8

Lemma 8. For every formula ¢ of the logic Tkas, @ is satisfiable in a model

K

= (W, R, h) iff there is a 4LQST -interpretation satisfying x € Xo.

Proof. We proceed as in the proof of Lemma 7, by constructing a 4LQS%-
interpretation M = (W, M) which has the following property:

Given aw € W and a y € Vy such that My = w, it holds that

K,wlchszMFyGX;.

We proceed by structural induction on . As with Lemma 7, we consider only
the cases in which ¢ = Oy and ¢ = (1.

— Let ¢ = Ov and assume that K,w = . Let v be a world of W such that

there is a u € W with (u,v) € R?, and let z1,72 € Vg be such that v =
Mz, and u = Mxy. We have that K,v | 9 and, by inductive hypothesis,
M | a1 € X Since M = 7ias(¢), then M = (V21)((=(V22)= ({22, 21) €
Rz)) — 2 € )1%) — (Vz)(,f € Xp,). Hence M[zl/v,ZQ/u,zS/w] = (<22,,121> €
R° — z € Xw) — 2z € XEIw and thus M | ((z2,21) € R® — 21 € Xw) —
y € Xéw. Since M |= (z2,21) € R* — x1 € X, by modus ponens we have
the thesis. The thesis follows also in the case in which there is no u such that
(u,v) € R* In fact, in that case M |= (xg,21) € R® — x1 € X holds for
any za € V.

Counsider next the case in which K, w & 0. Then, there must be a v € W
such that there is a u with (u,v) € R? and K,v [~ . Let x1, 72 € Vy be such
that Mx; = v and Mz3 = u. Then, by inductive hypothesis, M [~ z; € Xi.
By definition of M, we have M = —(Vz1)=((—(V22) ({22, 21) € R®))A—(21 €
X)) — (Vz)=(z € X},). By the above instantiations and by the hypothe-
ses, we have that M = (((z2,21) € R*) A —(z1 € X)) — ~(y € Xéw) and
M = ((xg,m1) € R3) A—(x1 € Xi,) Thus, by modus ponens, we obtain the
thesis.

Let ¢ = ¢1 and assume that K,w = Ot. Then there are u,v € W such
that (u,v) € R and K,v | . Let z1,22 € Vy be such that Mx; = v
and Mz = w. Then, by inductive hypothesis, M = z; € Xi. Since M =
Tkas(O1), it follows that M | —(Vz1)=((—(Vz2)=((22,21) € R3)) Az €
X,,) — (Vz)(z € X§,). By the hypotheses and the variable instantiations
above it follows that M [= (((z2,21) € R*) Az € X)) — y € X}, and
M = ((my,21) € R®) Ay € thb' Finally, by an application of modus ponens
the thesis follows.
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On the other hand, if K,w &= Q1), then for every v € W, either there is no
u € W such that (u,v) € R, or K,v }= 1. Let x1,22 € Vo be such that
Mz =v and Mze = u. If K,v [~ 1, by inductive hypothesis, we have that
MEye X,

Since M = (V21)(((V22)((22, 21) € R?)) V =(21 € X)) — (V2)=(z € X§j,,),
by the hypotheses and by the variable instantiations above we get M =
(=({(z2,21) € R®) V =(z; € X)) — -y € X3,) and M = (=((z2,21) €
R*)V =(x1 € X))). Finally, by modus ponens we infer the thesis. |
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Abstract. We present a new ASP solver for ground ASP programs that builds
upon related techniques, originally introduced for SAT solving, whicletmen
extended to cope with disjunctive logic programs under the stable madelse
tics. We describe the key components of this solving strategy, namelgirigar
restarts, heuristics based on look-back concepts, and backjumgitige Aame
time, we introduce a new heuristics based on a mixed approach betwéen loo
back and look-ahead techniques. Moreover, we present the rebpiiminary
experiments that we conducted in order to assess the impact of thesigtesh

on both random and structured instances (used also in the last ASP ampe
2011). In particular, we compared our system with both DLV and ClaspD.

1 Introduction

Answer Set Programming (ASP) [1] is a declarative programgnpiaradigm which has
been proposed in the area of non-monotonic reasoning amtd poggramming. The
idea of ASP is to represent a given computational problem logia program whose
answer sets correspond to solutions, and then use a soffied thhem [2].

The ASP language considered here allows disjunction inheels and nonmono-
tonic negation in rule bodies. These features make ASP wgngessive; all problems in
the second level of the polynomial hierarchy are indeedesgible in ASP [3]. There-
fore, ASP is strictly more expressive than SAT (unlé&ss: N P). Despite the intrinsic
complexity of the evaluation of ASP, after twenty years clr@rch many efficient ASP
systems have been developed (e.g. [4—11]). The availabflitobust implementations
made ASP a powerful tool for developing advanced applioatio the areas of Arti-
ficial Intelligence, Information Integration, or Knowleglgdlanagement; for example,
ASP has been used in applications for team-building [12hasgic-based information
extraction [13], and e-tourism [14]. These application&8P have confirmed the via-
bility of the use of ASP. Nonetheless, the interest in dgvielp more effective and faster

systems is still a crucial and challenging research togiayvitnessed by the results of
the ASP Contests series [15-17].

* Partly supported by Regione Calabria and EU under POR Calabria FEGR220.3 and
within the PIA project of DLVSYSTEM s.r.l., and by MIUR under the PRpkbject LoDeN.
We also thank the anonymous reviewers for their valuable comments.
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This paper provides a contribution in the aforementionettexd. In particular, we
provide a preliminary report on the development of a new A&@#Pes for propositional
programs calledasp. The new system is inspired by several techniques that wigre o
inally introduced for SAT solving, like the Davis-Putnanegemann-Loveland (DPLL)
backtracking search algorithm [18}lause learning[19, 20], backjumping[21, 22],
restarts [23], and conflict-driven heuristic§24] in the style of Berkmin [25]. The
mentioned SAT-solving methods have been adapted and cenhhiith state-of-the-art
pruning techniques adopted by modern native disjunctive 8gstems [4]. In particu-
lar, the role of Boolean Constraint Propagation in SAT-sody(based on the simplmit
propagationinference rule) is taken by a procedure combining a set efémfce rules.
Those rules combine an extension of the well-founded opefat disjunctive programs
with a number of techniques based on ASP program propesties €.9., [26]). More-
over,wasp uses a new branching heuristics tailored for ASP prograrhi&;hws based
on a mixed approach between Berkmin-like heuristics ankl-bftead, which takes into
account minimality of answer sets (a requirement not ptage®AT solving). Finally,
stable model checking, which is a co-NP-complete problemdigjunctive logic pro-
grams, is efficiently implemented relying on the rewritingthmod of [27], by calling
Minisat [28] as suggested by [29].

In the following, after briefly introducing ASP, we descrithes new systenwasp.
We start from the solving strategy and present the desigiceboegarding propagation,
constraint learning, restarts, and the new heuristics.elh@r, we present the results
of some experiments conducted for assessing the impacesé ttechniques, on both
random and structured instances; some of these instandebdem used in the last
ASP Competition [17]. In particular, we compared our systgith both DLV and
ClaspD. The obtained results are encouraging: the new tgpscsystem is already
competitive with state-of-the-art solvers, even if therstill room for improvements in
both the implementation (e.g., through the optimizatiod aming of data structures
and heuristic parameters), and in the supported languaderés (notably aggregates
and weak constraints).

2 Preliminaries

In this paper we consider propositional programs, so an atisma member of a count-
able setA. A literal is either an atonp (a positive literal), or an atom preceded by the
negation as failuresymbolnot (a negative literal). Aule r is of the form

pl\/"'\/pn:_ CIh---an7n0tQj+1a~-~7n0tQm (1)
wherepy, ..., pn, @1, ---, Gm areatomsand > 0, m > j > 0. The disjunctiorp; Vv
.-+ V py, is theheadof r, while the conjunctiorg, ..., g;, not g 41, ..., not g, is

thebodyof r. Moreover,H (r) denotes the set of head atoms, wiile") denotes the set
of body literals. We also usB™ (r) and B~ (r) for denoting the set of atoms appearing
in positive and negative body literals, respectively, am¢) for the setd (r)UB™ (r)U
B~(r). A rule r is normal (or disjunction-free) ifH (r)| < 1, positive (or negation-
free) if B~ (r) = 0, afactif both B(r) = § and|H (r)| = 1, aconstraintif |H (r)| = 0.
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A program?P is a finite set of rules; if all rules in it are positive (resprmal), therP
is a positive (resp. normal) program.

Let L denote the complement of a literA| i.e.,a = not a andnot a = a for an
atoma. We extend this to sets of literals and will uSéor denoting{L | L € S}. An
interpretation! is a subset afA U A. An interpretation is total if for eacha € A either
a € I ornot a € I; otherwise,l is partial. An interpretatiod is inconsistent if there
existsa € A such thatf{a,not a} C I; otherwise/ is consistent. An interpretation thus
associates each ASP structure (atom, literal, head or haitly ) truth value in the set
{T,F,U}, which extends td? (r) and B(r) in the standard way.

An interpretation/ satisfiesa ruler € P if H(r) is true w.r.t.] wheneverB(r) is
true w.r.t.1, while I violatesr if H(r) is false butB(r) is true. A total interpretatior
is amodelof a progranP if I satisfies all the rules i?. Given an interpretatior for
a programP, the reduct ofP w.r.t. I, denoted byP!, is obtained by deleting fror®
all the rulesr with B=(r) N I # §, and then by removing all the negative literals from
the remaining rules. The semantics of a progf@ns given by the sedS(P) of the
answer sets (or stable models)@fwhere a total interpretatiol/ is an answer set (or
stable model) fof if and only if M is a subset-minimal model G#/.

3 Model Generator

In this section we sketch the main model generator functida (df. Fig. 1), which
is able to perform learning and restart techniques. MG islairto the Davis-Putnam
procedure in SAT solvers. For reasons of presentation, we ¢ansiderably simplified
the procedure in order to focus on its main ideas. For exantipdeversion described
here computes only one answer set, but modifying it to compllitorn stable models
is straightforward.

In the sequelP will refer to the input program. Initially, the MG functios invoked
with 7 = ), andbj_level = —1 (but it will become 0 immediately), and the global
variable numberOfConflicts is set to 0. MG returns true ifphegramP has an answer
set, and set$ to the computed answer set; otherwise it returns false.

MG first calls a function Propagate, which exterdsith those literals that can be
deterministically inferred, and keeps track of the readaach inference by building a
representation of the so-called implication graph [24¢Rigate is similar to unit prop-
agation as employed by SAT solvers, but exploits the pettidia of ASP for making
further inferences (e.g., it uses the knowledge that eveswar set is a minimal model).
Propagate, described in more detail in Section 3.1, refiatas if an inconsistency (or
conflict) is detected (i.e., the complement of a true litésahferred to be true), true
otherwise.

If Propagate returns true and no undefined atom is Idft MG invokes CheckModel
to verify that the current total interpretation is also anwer set; the CheckModel func-
tion implements the techniques described in [27]. If théititg check succeeds, MG
returns truel If Propagate returned true bitis still partial, an undefined literdl is
selected according to a heuristic criterion and MG is reeelg called. The atom.
corresponds to Branching variablen SAT solvers.

1 This is a co-NP-complete task in case of general disjunctive ASP prsgra
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If Propagate returns false, function ResolveConflict isechlwhich calculates the
Unique Implication Point (UIP) of the implication graph és8ection 3.1), and exploits
it to learn a constraint representing the inconsistency (see Sectnvghich is added
to the input program. As a by-product, ResolveConflict retithe recursion level to go
back to (backjumping) in order to continue the search in ttst firanch of the search
that is free of the just-detected conflict.

After a certain number of conflicts, ResolveConflict may dedb restart the entire
search, if the total number of conflicts found during the ceaeached a certain thresh-
old. It is important to note that after each restart MG worksaoprogram composed
of the original input program and the learned constraints. ®start policy is based on
the sequence of thresholds (32, 32, 64, 32, 32, 64, 128 ntroduced in [30].

If the recursive call returned true, MG just returns true a&l.Wf it returned false,
the corresponding branch is inconsistérjt/cvel is set to the recursion level to back-
track or backjump to. Now, ibj_level is less than the current level, this indicates a
backjump, and we return. If not, then we have reached théteg® to, and the search
continues.

bool MG (Interpretation& |, int& bjlevel )
int curr_level = ++ bjlevel;

if (! Propagate(1))
bj_level = ResolveConflict();
return false;

if (“no atom is undefined in 1")
if (CheckModel( ) return true;

else
bj_level = ResolveConflict();
return false;

Select an undefined atorh using a heuristic;

if (MG(1U{A}, bj_level))returntrue;
if (bj_level < currlevel)return false;

if (MG( I U {not A}, bj_level ) )return true;
if (bj_level < currlevel)return false;

return false;

int ResolveConflict()
int level = calculateFirstUIP();
learning();
if(inRestartSequence(numberOfConflicgjurn O;
return level,

Fig. 1. Computation of answer sets
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3.1 Propagation

WASP implements a number of deterministic inference rutespfuning the search
space during the computation of stable models. These mfereules are namer-
ward inferenceKripke-Kleene negatigrcontraposition for true heagg€ontraposition
for false headsandwell-founded negatiarAll of these inference rules are briefly de-
scribed in this section.

During the propagation of deterministic inferences, irvgion relationships among
atoms are stored in a graghnamed Implication Graph. This graph has a ndédg)
for each atonu and truth valug such thata has been assigned Each node of the
graph is associated withdecision levelwhich is set to the level of the backtracking
tree whent is assigned ta. Moreover,G has a directed arc connecting a nddet)
to a node(d’, t') whenever{a, t) is one of the reasons that lead to the derivation of the
truth valuet’ for the atoma’. Note thatg will contain at most one node for each atom
of the program, unless a conflict is derived. The way of boddj is described below.

Forward Inference. This is essentially modus ponens. When the body of airige
true w.r.t. the current partial interpretation, and all boe of the head atoms ofare
false and the remaining one is undefined, then there is ordyway to satisfyr, by
deriving the remaining head atom as true.

Concerning the Implication Gragh, it is updated as follows. Let be of the form
(1) and letp; be the undefined atom if (r). The following elements are added to
g:a nOde<piaT>; al’CS(<qk, T>a <pl7T>) (k = 1; s a])u al’CS(<qk,f>, <pla T>) (k =
j+1,...,m); arcs({px, F), (p:;, 7)) (k =1,...,nandk # i).

Kripke-Kleene Negation. This derives negative information by using supportedness,
the fact that each atomwhich is true in a stable modall must occur in at least one
ruler such thatB(r) is true w.r.t. M anda is the only atom ind () which is true w.r.t.
M. Hence, atoms with no candidate supporting rules can beeatktd be false. So, if
all of the rulesr such thata € H(r) are satisfied because of a false body literal or
because of a true head atom different frenatoma is inferred as false.

ConcerningG, a node(a, F) is introduced. Moreover, for each rutewith a €
H(r), let L be the first literal (in chronological order of derivatiofgt satisfied-. If
L € B*(r), an arc((L, F), (a, F)) is added tog; otherwise, ifL € H(r), an arc
((L,T),{a, F)) is added ta7; otherwise,L € B~ (r) and thus an ar¢(L, T), (a, F))
is added tq7.

Contraposition for True Heads. Supportedness is also used by this inference rule:
If an atoma that has been derived as true has only one candidate suppoute r,
the truth of all literals inB(r) and the falsity of all atoms i/ () different froma are
inferred.

Concerningg, the following new nodes and arcs are introducgd?") (for each
b € BT(r)); (b,F) (for eachb € B~ (r) U H(r) \ {a}); for each new nodgb, v)
an arc({(a,7), (b,v)). Moreover, for each rule’ such thata € H(r'), let L be the
first literal (in chronological order of derivation) thattisdied »'. If L € BT (+'), an
arc ((L, F), (b,v)) is added tog, otherwise, ifL € B~ (r') U H(r') \ {a}, an arc
((L,T), (b,v)) is added taF; this is done for each new nodé, v) introduced by the
application of the inference rule for
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Contraposition for False Heads. This inference rule is essentially modus tollens.
When for a ruler all head atoms are false, the only way to satisfy by having a false
body. In case all but one body literalsioére true, falsity of the remainingis inferred.

Concerningg, a node(a, v) is added, where is the atom inL. andv = Fif L = a
orv = T if L = not a. Moreover, the following arcs are addeddo ((b, F), (a,v))
(foreachb € H(r) U B~ (r) \ {a}; ((b,T), (a,v)) (for eachb € BT (r) \ {a}).

Well-founded Negation. Unfounded sets are sets of unsupported or self-supporting
atoms, that is, atoms that can have supporting rules onlheif bwn truth is assumed.

It is well-known that unfounded sets are disjoint from statmlodels, which allows for
assuming the falsity of all the atoms that belong to somewnded set. Hence, after the
propagation process has been carried autsp determines the set of all the atoms
belonging to some unfounded set and derives the falsity efetatoms; if this set is
empty, the rule does not apply.

In order to model such a lack of external supporting ruleyralrer of nodes and
arcs is added tg. For eachu € X, a node(a, F) is added. Arcs are introduced ac-
cording to the following schema: L&t be the set of atoms iX that were previously
derived as true, and letbe a randomly selected atomdh For eachw € X \ C, an arc
({a, F), {c, F)) is added ta;. Moreover, for eaclh € C'\ {c} and for each rule such
thatb € H(r), letL be the first literal (in chronological order of derivatiohgt satisfied
r.If L € BT (r), an arc((L, F), (¢, F)) is added ta7; otherwise, ifL. € H(r), an arc
((L,T),{c, F)) is added ta7; otherwise,L € B~ (r) and thus an ar¢(L, T), (c, F))
is added ta7.

3.2 Constraint Learning

Constraint learning means acquiring information that dsairriving again at a conflict
that was already encountered during the search. Our lepstinema is based on the
concept of the first Unique Implication Point (UIP) [24]. Ad®n in the Implication
Graph is a UIP for a decision levdliff all paths from the literal chosen at the levél
to a conflict atom pass through Intuitively, a UIP is the most concise reason for the
conflict of a certain decision level. We calculate the firsPhly for the decision level
of the conflict. By definition the chosen literal is always &Ubut since several UIPs
may exist, we calculate the UIP closest to the conflict, ttet BHP. After each conflict
at the decision level, a constraint is learned that contains the first UIP and athat
of lower levels that are connected to a node between the filsabdd the conflict.

Since the number of learned constraints may become expahienthe size of the
program, we adopt the standard technique of expiring lehcoastraints. Our policy
is similar to Minisat's [28]: Each learned constraint hasaativity value, measuring
how much it is involved in conflicts. If a learned constraiashrecently been used for
propagation, we do not delete it. If the number of learnedstraints is greater than one
third of the input program, then we delete half of the learoaalstraints. Moreover, we
also delete all learned constraints with an activity vabvedr than a threshold value.
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4 Heuristics

Clearly, a crucial issue in the Model Generator functioniig. B is the selection of a
literal when all inferences have been made and there drargdiéfined atoms. It is clear
that the correctness of the algorithm reported in Fig. 1 da¢slepend on the strategy
in which this selection is made, but making a “good” choicedsy important for prac-
tical efficiency. However, strategies which perform verylivem some domains may
perform very bad for other domains, and of course an optitnalegyy seems unlikely
to be found. For this reason, some heuristic must be adojtedjuality of the adopted
heuristic can often only be assessed empirically.

Heuristics can be classified in two main clasdesk-aheadbased andook-back
based. Look-ahead heuristics estimate the effects ofrangig specific truth value to a
given undefined atom, for any truth value and for a set of unddfatoms (which might
also be the set of all undefined atoms). Once the effects cfalllidate assumptions
have been estimated, a look-ahead heuristic selects thepnonsising undefined atom
and truth value according to some function. Look-back rsties, instead, rely on the
information on conflicts derived in the computation so far.

The heuristic implemented iwasp is based on a mixed approach. In fact, a look-
back approach is used for selecting an undefined atom analyia sases, a look-ahead
step is performed for choosing the truth value for the setbetom. More specifically,
statistics on previously detected conflicts are analyzeldhéoms that have caused most
conflicts are preferred. Also the “age” of conflicts is taketoiaccount in the selection
process, and more recent conflicts are given greater immm&taThis approach has
already been adopted in the context of SAT, for example irBér&Min solver [31]. In
this sense, our heuristic could be seen as an extension bethéstic implemented in
BerkMin to the framework of ASP.

In the remainder of this section, we will provide a few adutitil details on the
strategy adopted byasp for selecting undefined atoms and truth values to be assumed
during the computation of stable models.

A countercl(L) is associated with each literal Initially, all of these counters are
set to zero. When a new constraint is learned, counters ftiteathls occurring in the
constraint are increased by one. In this waysp keeps track of those literals occurring
more frequently in learned constraints. Moreover, cosndee also updated during the
computation of the First UIP: If a literal is traversed in the implication graph, the
associated countei(L) is increased by one. In this way, those literals that mainly
caused the derivation of a conflict are identified. FinaNgrg 100 conflicts, all these
counters are divided by 4 (this is an experimentally deteethjparameter), which gives
more importance to recently active literals. Our heurigtilt first select an atom and
then a truthvalue for this atom. To this end, we will uséa) := cl(a) + cl(not @), for
each propositional atom

Learned constraints are stored in chronological order. atben selection is first
restricted to those undefined atoms that occur in the firgtn{) learned constraint
with undefined body. Among those, the atom with the higleét) value is chosen.
In case of ties, the atom removing the highest number of stippaules is selectéd

2 An atom removes a supporting rule if it makes the body fslse or the head of true
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If two or more atoms remove the same number of supportingrtite first processed
atom is chosen. In this way, the chances of achieving a coirfiiceases, and this
may help the learning process. If no learned constraintl witdefined body exist,
the undefined atom with the highest(-) value is selected. In case of ties, the first
processed atom is selected. If there are no learned canstraig. in the beginning of
the solving process, the atom occurring in most rules isquck

After selecting an atom according to the strategy described abavesp chooses
a truth value for. For this purpose, we only distinguish two cases, namelythérea
learned constraint with undefined body exists or not. If a learned constraiwith un-
defined body exists, additional counters are considerechfoosing a truth value far.
In particular, a counteycl(L) is associated with each literalfor estimating the global
contribution ofL to all of the conflicts derived during the computation. Faztebiteral
L, gcl(L) is initially set to zero and increased whenevKt.) is increased. The differ-
ence tocl(L) is thatgel(L) is never decreased, that ig] (L) is unchanged whei (L)
is divided by 4. Thus, in this caseasp assumes the truth afif gcl(a) > gcl(not a);
otherwise, ifgci(a) < gel(not a), the falsity ofa is assumed. It is important to em-
phasize that this counter is not used when the atom remotimdpighest number of
supporting rules was chosen. In fact, in this case the literaoving the highest num-
ber of supporting rules is picked. In the other case, thétadl,learned constraints have
false bodies, a look-ahead step is performed and beatidnot « are propagated (i.e.,
the function Propagate is invoked). The literal appearimgibre rules is propagated
before the other one. During these propagatianssp estimates the impact of the two
assumptions on the computation of answer sets. In pantjeuap counts the number
of inferred atoms and the number of rules that have beerfiedtisy the two propaga-
tions. The truth of: is then assumed if the impact of the propagation efgreater than
the impact of the propagation abt a, while a is assumed to be false in other case, that
is, if the impact of the propagation abt « is greater than the impact of the propaga-
tion of a. If the impact is equal them is assumed to be false. It is important to note that
when a conflict is derived in one of the two propagations, ard&histic inference is
determined. That is, if a conflict is derived during the prpgdgon ofa, the falsity ofa
is determined, while the truth ef is determined whenever a conflict is derived during
the propagation ofiot a.

Example 1.We will now provide an example of the way our heuristic wolksthe ex-
ample, we will consider the following rules—r, and learned constraints—c, (listed
in chronological order):

T a - c r3: aVci.- e c: - a, b
ro: aVbi-d rg: eVbi-c ca: - a, notc, d.

Moreover, let us assume a partial interpretatfor= {a, not b} and the following
counter valuesel(a) = 2, cl(not a) = 2, ¢l(b) = 1, cl(not b) = 0, cl(c) = 1,
cl(not ¢) = 2, cl(d) = 3 andcl(not d) = 0.

Note that constraint; is satisfied becaugas false. Thus, the first learned constraint
(according to the chronological order) which is not satésige, . Indeed, two undefined
literals occur in the body of;, namelynot ¢ andd. We then consider the counters
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cv(c) = d(c) + cl(not ¢) andcv(d) = cl(d) + cl(not d), which are both equal to 3.
The heuristics then examines the removal of supportingrule

Two supporting rules would be removerh (and r,) by settingc false, and one
supporting rule #3) would be removed by setting true, for a total of 3 supporting
rules removed. Concerning one supporting rulerf) would be removed by setting
false, and no rules would be removed by settirtgue, for a total of 1 supporting rule
removed. Thereforeremoves more supporting rules tharand therefore our heuristic
will choosec and it first will be set to false.

5 Experiments

In this section we report the results of an experimentalyaigive carried out in order
to assess the performancewaisp. As a comparison, we also ran the suite of our bench-
marks on two state-of-the-art ASP solvers, namely DLV arab@D? a discussion on
the difference betweemasp and these two systems is provided in Section 6.

The machine used for the experiments is a two-processdrietan “Woodcrest”
(quad core) 3GHz machine with 4MB of L2 Cache and 4GB of RAMyning Debian
GNU Linux 4.0. As our ASP system focuses on the Model Germargthase, only
the time for evaluating ground programs (previously pralicy the DLV instantiator
from the original non-ground instances) have been consilldn the following, we
briefly describe both benchmark problems and data.

5.1 Benchmark Problemsand Data

In our experiments, we considered problems from the mosnte&SP Competition
[17] and other problems which have already been employeddeessing performance
of the ASP solver DLV [4]. Our experiments consist of 36 imstas in 15 different
domains. The instances and encodings are those that wederuige competitions
or in the other publicly available suites. In the followingewlescribe the benchmark
problems.

Labyrinth. Ravensburger’s Labyrinth game deals with guiding an avataugh a
dynamically changing labyrinth to certain fields. A solutis represented by pushes of
the labyrinth’s rows and columns such that the avatar cathrdee goal field (which
changes its location when pushed) from its starting field¢tvhlso changes its location
when pushed) by a move along some path after each push.

Knight-tour. Given a chessboard, the problem is to find a tour for a knigetepthat
starts at any square, travels all squares, and comes babk trigin, following the
knight move rules of chess.

Graph coloring. Given an undirected graph and a sehafolors, we are interested in
checking whether there is an assignment of colors to noddsthat no adjacent nodes
share the same color.

8 Winners of the disjunctive tracks in the last ASP Competitions [15—17].
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Maze-Generation. A maze is anm x n grid, in which each cell is empty or a wall
and two distinct cells on the edges are indicated as entrandeexit, satisfying the
following conditions: (1) each cell on the edge of the gridaisvall, except entrance
and exit that are empty; (2) there is foc 2 square of empty cells or walls; (3) if two
walls are on a diagonal ofax 2 square, then not both of their common neighbors are
empty; (4) no wall is completely surrounded by empty ceB3there is a path from the
entrance to every empty cell. The problem has been provee kFfscomplete in [32].

Strategic Companies. Strategic companies is a well-knowiPN ”-complete prob-
lem that has often been used for system comparisons, alse previous ASP Compe-
titions. In the Strategic Companies problem, a collectibs: ¢4, . . ., ¢,,, of companies
is given, for somen > 1. Each company produces some goods in aGseind each
companyc; in C' is possibly controlled by a set of owner companigs(whereO; is

a subset of”, for eachi = 1,...,m). In this context, a sef’ of companies (i.e., a
subset of”) is astrategic setf it is minimal among all the sets satisfying the following
conditions: (i) Companies in C’ produce all goods in G; (ii{J; is a subset of”, the
associated company must belong taC” (for eachi = 1,...,m). We considered a
random instance having 7500 companies and 22500 products.

2-QBF. The problem consists of checking the validity of a quantibedlean formula

& = FXVY ¢, whereX andY are disjoint sets of propositional variables ane- C; v

...V C} is a DNF on variablexX andY. In our benchmark, we used the transformation
from 2-QBF to ASP presented in [4], which is based on a redagiresented in [33].
The instance considered has 1000 universal variables, i2teetial variables, 10000
clauses, and is a 5-DNF.

Primelmplicants. In Boolean logic, animplicantis a "covering” (sum term ooguct
term) of one or more minterms (a product term in which eacheftvariables appears
once) in a sum of products, or, maxterms (a sum term in which e&the n variables
appears once) in a product of sums, of a boolean functiom&lby, a product ternP

in a sum of products is an implicant of the Boolean functioif P implies F'. A prime
implicant of a function is an implicant that cannot be codeog a more general (more
reduced - meaning with fewer literals) implicant. The ins&we considered consists
of 180 variables and 774 clauses.

3-Colorability. This well-known problem asks for an assignment of threersdlnthe
nodes of a graph, in such a way that adjacent nodes alwaygifeerent colors. One
simplex graph was generated with the Stanford GraphBas&nilj34], by using the
functionsimplex (600, 600, —2, 0, 0, 0, 0). Another ladder graph was generated having
11998 edges, an@000 nodes.

Hamiltonian Cycle. A classical NP-complete problem in graph theory, which can
be expressed as follows: given a directed grépk= (V, E) and a nodexr € V of
this graph, does there exist a pathGhstarting ata and passing through each node
in V exactly once? One random graph was generated with the &daBfaphBase li-
brary [34], by using the functionandom_graph(85,700,0,0,0,0,0, 1,1, 33), having
700 edges and5 nodes; the other instances has been generating using tbiofun
random_graph(80,456,0,0,0,0,0,1, 1,33), having456 edges an@0 nodes.
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Blocks World. Blocks world is one of the most famous planning domains iificiel
intelligence. We have a set of cubes (blocks) sitting on é&etakhe goal is to build
one or more vertical stacks of blocks. The catch is that onky lnlock may be moved
at a time: it may either be placed on the table or placed atothanblock. Because
of this, any blocks that are, at a given time, under anotheckbtannot be moved.
The four instances considered are by Esra Erdem and takentfi® ccalc homepage
(http://www.cs.utexas.edu/users/tag/cc/).

3SAT. The satisfiability problem (SAT) is a decision problem, widsstance is a
propositional formula. The question is: given the formigathere some assignment of
7T andF values to the variables that will make the entire expressios? SAT is the
best-known NP-complete problem. 3-satisfiability is a saase of SAT, where each
formula is a CNF in which each clause contains exactly thiteeals. We considered
two random instances with 280 variables and 1204 clauses.

Towers of Hanoi. The Towers of Hanoi (ToH) problem has three pegs and n disks.
Initially, all n disks are on the left-most peg. The goal isrtove all n disks to the right-
most peg with the help of the middle peg. The rules are: (1)erane disk at a time;

(2) only the top disk on a peg can be moved; (3) a larger diskaigpe placed on top

of a smaller one. The instance we considered has 6 disks, antieck whether a plan

of length 64 exists.

Ramsey Numbers. The Ramsey numbetamsey(k, m) is the least integen such
that, no matter how the edges of the complete undirectechdidigue) withn nodes
are colored using two colors, say red and blue, there is aligdecwith & nodes (a
red k-clique) or a blue clique withn nodes (a bluen-clique).The encoding of this
problem consists of one rule and two constraints. For themxents, the problem was
considered of deciding whether, for= 3, m = 7, n = 21, and fork = 4, m = 6,

n = 26, n is the Ramsey numbenmsey(k, m).

n-Queens. The 8-queens puzzle is the problem of putting eight chess queers o
8x8 chessboard such that none of them is able to capture any gy the standard
chess queen’s moves. Thequeens puzzle is the more general problem of plaeing
queens on anxn chessboard( > 4). The instance considered is for= 23.

Timetabling. The problem is determining a timetable for some universitgures that
have to be given in one week to some groups of students. Tletaile must respect a
number of given constraints concerning availability ofre) teachers, and other issues
related to the overall organization of the lectures.

5.2 Experimental Results

The results of our experiment are summarized in Table 1,rtieggo for each consid-
ered instance the execution times in seconds elapsed byceashdered system. For
each instance of the benchmark problems, we allowed a maxiofl600 seconds of
execution time. Timeouts are indicated by means of the wdETin Table 1. In the
last rows we report, for each system, the total number ofesbinstances, the average
execution time for solving all the 36 considered instantieseouts are counted 600s
each), and the number of instances in which each solverteesta be the fastest.
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Table 1. Benchmark Results on ASP competition suite

[Problem [wasp] DLV]ClaspD] [Problem [wasp] DLV[ClaspD)
CABYRINTH-1 0,39 0,02 0,03 PRIMEIMPL 324 133 0,21
LABYRINTH-2 299,74 3,17| 65,84 3COL-SIMPLEX 23,02 33,58 TIME
LABYRINTH-3 415,14 56,19 113,04 3COL-LADDER 2,29 91,24 34,08
LABYRINTH-4 TIME| 25,76 561,93 HAMCYCLE-RANDOM 529 150 2,52
LABYRINTH-5 14,47 29,15 490,04 HAMCYCLE-FREE 106,89 31,37 0,47
KNIGHT-TOUR-1 0,071 0,21 0,15 BLOCKS-WORLD-1 224,09 6,48 1,92
KNIGHT-TOUR-2 0,14 1,64 0,34 BLOCKS-WORLD-2 340,84 11,84 1,75
KNIGHT-TOUR-3 0,65 14,49 2,84 BLOCKS-WORLD-3 0,76/ 8,87 1,67
KNIGHT-TOUR-4 0,67 56,31 10,56 BLOCKS-WORLD-4 129,284 11,05 0,83
KNIGHT-TOUR-5 7,44 TIME| 179,48 3SAT-1 78,31 9,59 65,84
GRAPH-COLOURING-1153,67 TIME| 3,05 3SAT-2 31,07 543 0,06
GRAPH-COLOURING-2 TIME | TIME| TIME TOWERS-OF-HANOI 381 8,46 437,55
MAZE-GENERATION-1| 0,28 0,93 0,79 RAMSEY-1 3,03 9,84 24,01
MAZE-GENERATION-2| 46,84104,47 1,76 RAMSEY-2 4,87 15,74 40,28
MAZE-GENERATION-3| 47,37261,57 3,94 23-QUEENS 0,10 41,10 0,54
MAZE-GENERATION-4| 94,17 TIME| 9,64 SCHOOL-TIMETABLING| 7,45 61,09 224,93
MAZE-GENERATION-5(123,40 TIME| 23,49 TOTAL SOLVED 2 31 &7
STRATCOMP 17908 233 5.71 WEIGHTED AVERAGE | 98,08[108,87| 98,17
2QBF 0,11 3,31 0,92 WINS 15 3 15

Overall, the results of the preliminary experimental asl\are encouraging: the
performance ofvasp is comparable to ClaspD (same number of wins and cumulative
average time), and it is often faster than DLV (only 9 wins 8twasp and ClaspD).

In more detail, for the Labyrinth problemasp was able to solve four instances out
of five in the allowed time, while the other systems solvediad instances; the sys-
tem is always outperformed by the competitors, except farioatance in which it is
the best performer. Regarding the Knight Tour problemasp always outperforms the
competitor systems, solving the hardest instance (on wbicY timed out) in only
7,44 seconds compared 9, 48 seconds for ClaspD. Concerning the Graph Color-
ing problem,wasp was slower than ClaspD, but solved one instance more than.DLV
Also for the Maze Generation benchmarks,sp was slightly slower than ClaspD, but
always outperformed DLV. Considering the other benchmarksp outperformed the
other two ASP solvers on 2QBF, Ramsey Numbers, N-QueengoEdimetabling,
3Colorability, and Towers of Hanoi. In the remaining beneinks, the system remains
competitive, with the single exception of Strategic ComiganFor this, we hypothesize
that a reason might be that.sp does not implement yet a model-checking-driven back-
jumping technique, which proved to be very effective on gagticular benchmark [35].

6 Reated Work and Conclusion

In this paper we provided a preliminary report on a new ASResdior propositional
programs calledasp. The new system is inspired by several techniques that wigre o
inally introduced for SAT solving, like the Davis-Putnanegemann-Loveland (DPLL)
backtracking search algorithm [18}lause learning[19, 20], backjumping[21, 22],
restarts[23], andconflict-driven heuristic§24] in the style of Berkmin [25]. Actually,
some of the techniques adoptedinsp, includingbackjumpingandlook back heuris-
tics were first introduced for Constraint Satisfaction [21, 2),8nd successively suc-
cessfully applied in SAT [37, 38, 25, 24] and QBF solving [83} Some of these tech-
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niques were already adapted in modern non-disjunctive A8fs like Smodels [43,
44], Clasp [8], and solvers supporting disjunction like GMts3 [10], GnT [45], and
DLV [46,47].

Concerning other ASP solvers, we differ from non-nativersrd like Cmodels3 [10],
in the sense that we do not rely on a rewriting into a propmséi formula and an ex-
ternal SAT solver, but use native ASP techniques. Among/@atlvers, similarities
with DLV [4] can be found in the propagation rules, in the cargtion of the great-
est unfounded set, and in the model checking technique. tHaweve clearly differ
from DLV as it does not implement many of the look-back teqgleis borrowed from
CP and SAT. The prototypical version of DLV presented in [d6{ extended in [47],
implements backjumping and some forms of look back heuasstiut it does not in-
clude clause learning, restarts, and does not use an irtipliograph for determining
the reasons of the conflicts. Similar considerations hald3ioT [45], which, as DLV,
implements a systematic backtracking without learninglank-ahead heuristics.

Comparing our system with ClaspD (a disjunction-suppgrtrersion built upon
Clasp) more similarities can be found, as it includes simi@ahniques, e.g. backjump-
ing, clause learning, restarts, and look-back heurisfibgre are nonetheless several
differences withwasp. First of all,wasp performs the unfounded set checking by means
of the well-founded operator, while ClaspD relies on the patation of loop formulas.
Moreover, ClaspD implements an alternative version of thplication graph that is
more similar to SAT solvers, since it relies on unit propagadf nogoods (minimality
is handled via loop formula learning). Furthermore, Clasgfwasp, adopts a branch-
ing heuristics based on Berkmin [25]; howevefgsp extends the original Berkmin
heuristics by exploiting a lookahaed technique in placeheftwo” function calcu-
lating the number of binary clauses in the neighborhoodtefdi L, together with an
additional criterion based on minimality of answer setspéamticular, to deal with the
case of two atoms with the same heuristic vatuesp chooses the atom that introduces
the maximum number of unsatisfied supporting rules.

It is worth pointing out that the implementation ofusp is still in a preliminary
phase, yet the results obtained up to now are encouragingydiem is able to compete
with the state-of-the-art solvers, and even outperforrmtiresome of the considered
benchmarks.

Concerning future work, we plan to extend the prototypigataem by introducing
new language constructs such as aggregates [48, 49] andoseskaints [50], which
are currently missing fromwasp. Moreover, the current implementation can be im-
proved in several respects: parameter tuning of the hag;idine tuning of the source
code, a model-checking-driven backjumping [35] as welliggpsrt for multi-threading
are also planned.
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Abstract. Answer Set Programming (ASP) is a declarative logic programming
formalism, which nowadays counts several advanced real-world applications, and
has stimulated some interest also in industry. Although some environments for
ASP-program development have been proposed in the last few years, the crucial
task of testing ASP programs received less attention, and is an Achilles’ heel of
the available programming environments.

In this paper we present a new language for specifying and running unit fests on
ASP programs. The testing language has been implemented in ASPIDE, a com-
prehensive IDE for ASP, which supports the entire life-cycle of ASP development
with a collection of user-friendly graphical tools for program composition, fest-
ing, debugging, profiling, solver execution configuration, and output-handling.

1 Introduction

Answer Set Programming (ASP) [1] is an expressive [2] logic programming paradigm
proposed in the area of non-monotonic reasoning. ASP allows one to declaratively spec-
ify a complex computational problem by a logic program whose answer sets correspond
to solutions and then use a solver to find such a solution [3]. The high expressive power
of ASP has been profitably exploited for developing advanced applications belonging
to several fields, from Artificial Intelligence [4-10] to Information Integration [11],
and Knowledge Management [12—14]. Interestingly, these applications of ASP recently
have stimulated some interest also in industry [15].

On the one hand, the effective application of ASP in real-world scenarios was made
possible by the availability of efficient ASP systems [4, 16-26]. On the other hand,
the adoption of ASP can be further boosted by offering effective programming tools
capable of supporting the programmers in managing large and complex projects [27].

In the last few years, a number of tools for developing ASP programs have been
proposed, including editors and debuggers [28-38]. Among them, ASPIDE [38] —which
stands for Answer Set Programming Integrated Development Environment— is one of
the most complete development tools' and it integrates a cutting-edge editing tool (fea-
turing dynamic syntax highlighting, on-line syntax correction, autocompletion, code-
templates, quick-fixes, refactoring, etc.) with a collection of user-friendly graphical

! For an exaustive feature-wise comparison with existing environments for developing logic
programs we refer the reader to [38].
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tools for program composition, debugging, profiling, DBMS access, solver execution
configuration and output-handling.

Although so many tools for developing ASP programs have been proposed up to
now, the crucial task of testing ASP programs received less attention [39], and is an
Achilles’ heel of the available programming environments. Indeed, the majority of
available graphic programming environments for ASP does not provide the user with
a testing tool (see [38]), and also the one present in the first versions of ASPIDE is far
from being effective.

In this paper we present a pragmatic solution for testing ASP programs. In particu-
lar, we present a new language for specifying and running unit tests on ASP programs.
The testing language presented in this paper is inspired to the JUnit framework [40]:
the developer can specify the rules composing one or several units, specify one or more
inputs and assert a number of conditions on the expected outputs. The obtained test
case specification can be run by exploiting an ASP solver, and the assertions are auto-
matically verified by analyzing the output of the chosen ASP solver. Note that test case
specification is applicable independently of the used ASP solver. The testing language
was implemented in ASPIDE, which also provides the user with some graphic tools that
make the development of test cases simpler. The testing tool described in this work ex-
tends significantly the one formerly available in ASPIDE, and enriches its collection of
user-friendly graphical tools for program composition, debugging, profiling, database
management, solver execution configuration, and output-handling.

As far as related work is concerned, the task of testing ASP programs was ap-
proached for the first time, to the best of our knowledge, in [39] where the notion of
structural testing for ground normal ASP programs is defined and a method for au-
tomatically generating tests is introduced. The results presented in [39] are, somehow,
orthogonal to the contribution of this paper. Indeed, no language/implementation is pro-
posed in [39] for specifying/automatically-running the produced test cases; whereas,
the language presented in this paper can be used for encoding the output of a test case
generator based on the methods proposed in [39]. Finally, it is worth noting that, test-
ing approaches developed for other logic languages, like prolog [41-43], cannot be
straightforwardly ported to ASP because of the differences between the languages.

The remainder of this paper is organized as follows: in Section 2 we overview AS-
PIDE; in section 3 we introduce a language for specifying unit tests for ASP programs;
in Section 4 we describe the user interface components of ASPIDE conceived for creat-
ing and running tests; finally, in Section 5 we draw the conclusion.

2 ASPIDE: Integrated Development Environment for ASP

ASPIDE is an Integrated Development Environment (IDE) for ASP, which features a
rich editing tool with a collection of user-friendly graphical tools for ASP program
development. In this section we first summarize the main features of the system and then
we overview the main components of the ASPIDE user interface. For a more detailed
description of ASPIDE, as well as for a complete comparison with competing tools,
we refer the reader to [38] and to the online manual published in the system web site
http://www.mat .unical.it/ricca/aspide.
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System Features. ASPIDE is inspired to Eclipse, one of the most diffused programming
environments. The main features of ASPIDE are the following:

— Workspace management. The system allows one to organize ASP programs in
projects, which are collected in a special directory (called workspace).

— Advanced text editor. The editing of ASP files is simplified by an advanced text
editor. Currently, the system is able to load and store ASP programs in the syntax
of the ASP system DLV [16], and supports the ASPCore language profile em-
ployed in the ASP System Competition 2011 [44]. ASPIDE can also manage TYP
files specifying a mapping between program predicates and database tables in the
DLVPE syntax [45]. Besides the core functionality that basic text editors offer (like
code line numbering, find/replace, undo/redo, copy/paste, etc.), ASPIDE offers oth-
ers advanced functionalities, like: Automatic completion, Dynamic code templates,
Quick fix, and Refactoring. Indeed, the system is able to complete (on request)
predicate names, as well as variable names. Predicate names are both learned while
writing, and extracted from the files belonging to the same project; variables are
suggested by taking into account the rule we are currently writing. When several
possible alternatives for completion are available the system shows a pop-up dia-
log. Moreover, the writing of repeated programming patterns (like transitive clo-
sure or disjunctive rules for guessing the search space) is assisted by advanced
auto-completion with code templates, which can generate several rules at once ac-
cording to a known pattern. Note that code templates can be also user defined by
writing DLT [46] files. The refactoring tool allows one to modify in a guided way,
among others, predicate names and variables (e.g., variable renaming in a rule is
done by considering bindings of variables, so that variables/predicates/strings oc-
curring in other expressions remain unchanged). Reported errors or warnings can
be automatically fixed by selecting (on request) one of the system’s suggested quick
fixes, which automatically change the affected part of code.

— Outline navigation. ASPIDE creates an outline view which graphically represents
program elements. Each item in the outline can be used to quickly access the corre-
sponding line of code (a very useful feature when dealing with long files), and also
provides a graphical support for building rules in the visual editor (see below).

— Dynamic code checking and errors highlighting. Syntax errors and relevant condi-
tions (like safety) are checked while typing programs: portions of code containing
errors or warnings are immediately highlighted. Note that the checker considers the
entire project, and warns the user by indicating e.g., that atoms with the same pred-
icate name have different arity in several files. This condition is usually revealed
only when programs divided in multiple files are run together.

— Dependency graph. The system is able to display several variants of the depen-
dency graph associated to a program (e.g., depending on whether both positive and
negative dependencies are considered).

— Debugger and Profiler. Semantic errors detection as well as code optimization can
be done by exploiting graphic tools. In particular, we developed a graphical user
interface for embedding in ASPIDE the debugging tool spock [30] (we have also
adapted spock for dealing with the syntax of the DLV system). Regarding the pro-
filer, we have fully embedded the graphical interface presented in [47].
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Fig. 1. The ASPIDE graphical user interface.

— Unit Testing. The user can define unit tests and verify the behavior of programs
units. The language for specifying unit tests, as well as the graphical tools of AS-
PIDE assisting the development of tests, are described in detail in the following

sections.

— Configuration of the execution. This feature allows one to configure and manage
input programs and execution options (called run configurations).

— Presentation of results. The outputs of the program (either answer sets, or query
results) are visualized in a tabular representation or in a text-based console. The
result of the execution can be also saved in text files for subsequent analysis.

— Visual Editor. The users can draw logic programs by exploiting a full graphical
environment that offers a QBE-like tool for building logic rules [48]. The user can
switch, every time he needs, from the text editor to the visual one (and vice-versa)
thanks to a reverse-rengineering mechanism from text to graphical format.

— Interaction with databases. Interaction with external databases is useful in several
applications (e.g., [11,15,8]). ASPIDE provides a fully graphical import/export
tool that automatically generates mappings by following the DLV?Z Typ files spec-
ifications [45]. Text editing of Typ mappings is also assisted by syntax coloring and
auto-completion. Database oriented applications can be run by setting DLVPP as
solver in a run configuration.

Interface Overview The system interface of ASPIDE is depicted in Figure 1. The most
common operations can be quickly executed through a toolbar present in the upper part
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of the ASPIDE interface (zone 1). From left to right there are buttons allowing one to:
save files, undo/redo, copy & paste, find & replace, switch between visual to text editor,
run the solver/profiler/debugger. The main editing area (zone 4) is organized in a multi-
tabbed panel possibly collecting several open files. On the left there is the explorer
panel (zone 2) which allows one to browse the workspace; and the error console (zone
3). The explorer panel lists projects and files included in the workspace, while the error
console organizes errors and warnings according to the project and files where they are
localized. On the right, there are the outline panel (zone 5) and the sources panel (zone
6). The first shows an outline of the currently edited file, while the latter reports a list
of the database sources connected with the current project. Note that the layout of the
system can be customized by the user, indeed panels can be moved and rearranged as
the user likes.

ASPIDE is written in Java and runs on the most diffused operating systems (Mi-
crosoft Windows, Linux, and Mac OS) and can connect to any database supporting
Java DataBase Connectivity (JDBC).

3 A language for testing ASP programs

Software testing [49] is an activity aimed at evaluating the behavior of a program by
verifying whether it produces the required output for a particular input. The goal of
testing is not to provide a mean for establishing whether the program is totally correct;
conversely testing is a pragmatic and cheap way of finding errors by executing some
test. A test case is the specification of some input I and corresponding expected out-
puts O. A test case fails when the outputs produced by running the program do not
correspond to O, it passes otherwise.

One of the most diffused white-box? testing techniques is unit testing. The idea
of unit testing is to asses an entire software by testing its subparts called units (and
corresponding to small testable parts of a program). In a software implemented by using
imperative object-oriented languages, unit testing corresponds to assessing separately
portions of the code like class methods. The same idea can be applied to ASP, once the
notion of unit is given. We intend as unit of an ASP program P any subset of the rules of
P corresponding to a splitting set [50] (actually the system exploits a generalization of
the splitting theorem by Lifschitz and Turner [50] to the non-ground case [51]). In this
way, the behavior of units can be verified (by avoiding unwanted behavioral changes
due to cycles) both when they run isolated from the original program as well as when
they are left immersed in (part of) the original program.

In the following, we present a pragmatic solution for testing ASP programs, which
is a new language, inspired to the JUnit framework [40], for specifying and running
unit tests. The developer, given an ASP program, can select the rules composing an
unit, specify one or more inputs, and assert a number of conditions on the expected
output. The obtained test case specification can be run, and the assertions automatically

2 A test conceived for verifying some functionality of an application without knowing the code
internals is said to be a black-box test. A test conceived for verifying the behavior of a specific
part of a program is called white-box test. White box testing is an activity usually carried out
by developers and is a key component of agile software development [49].
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verified by calling an ASP solver and checking its output. In particular, we allow three
test execution modes:

— Execution of selected rules. The selected rules will be executed separated from the
original program on the specified inputs.

— Execution of split program. The program corresponding to the splitting set contain-
ing the atoms of the selected rules is run and tested. In this way, the “interface”
between two splitting sets can be tested (e.g. one can assert some expected proper-
ties on the candidates produced by the guessing part of a program by excluding the
effect of some constraints in the checking part).

— Execution in the whole program. The original program is run and specific assertions
regarding predicates contained in the unit are checked. This corresponds to filter test
results on the atoms contained in the selected rules.

Testing Language. A test file can be written according to the following grammar:

O J o Uk WD

e

11
12
13
14
15
16
17
18
19

10

3

invocation ("invocationName" [ , "solverPath", "options" ]°?);

[
[

o
[
[
[
|

[ input ("program"); ] | [ inputFile ("file"); 1 1+

: testCaseName ([ SELECTED_RULES | SPLIT_PROGRAM | PROGRAM ]?)

newOptions ("options") ; ]?

[ input ("program"); ] | [ inputFile("file"); 1 1x*
[ excludeInput ("program"); ]
[ excludeInputFile ("file"); 1 1x

filter | pfilter | nfilter ]
[ (predicateName [ , predicateName ] ) ]
[SELECTED_RULES] ] ;

)

selectRule (ruleName); ]x*
assertName ( [ intnumber, ]7? "program" ); ]«

*

assertName ( [ intnumber, ]? "program" ); ]x*

A test file might contain a single test or a test suite (a set of tests) including several
test cases. Each test case includes one or more assertions on the execution results.

The invocation statement (line 1) sets the global invocation settings, that are applied
to all tests specified in the same file (name, solver, and execution options). In the imple-
mentation, the invocation name might correspond to an ASPIDE run configuration, and
the solver path and options are not mandatory.

The user can specify one or more global inputs by writing some input and inputFile
statements (line 2). The first kind of statement allows for writing the input of the test in
the form of ASP rules or simply facts; the second statement indicates a file that contains
some input in ASP format.

3 Non-terminals are in bold face; token specifications are omitted for simplicity.
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A test case declaration (line 4) is composed by a name and an optional parameter
that allows one to choose if the execution will be done on the entire program, on a
subset of rules, or considering program corresponding to the splitting set containing the
selected rules.

The user can specify specific solver options (line 6), as well as specific inputs (line
7) which are valid in a given test case. Moreover, global inputs of the test suite can be
excluded by exploiting excludelnput and excludelnputFile statements (lines 8 and 9).

The optional statements filter, pfilter and nfilter (lines 11, 12 and 13) are used to
filter out output predicates from the test results predicates, specified as parameter, on
the execution result when assertions will be executed.*

The statement selectRule (line 15) allows one for selecting rules among the ones
composing the global input program. A rule r to be selected must be identified by a
name, which is expected to be specified in the input program in a comment appearing
in the row immediately preceding r (see Figure 1). ASPIDE adds automatically the
comments specifying rule names. If a set of selected rules does not belong to the same
splitting set, the system has to print a warning indicating the problem.

The expected output of a test case is expressed in term of assertions statements
(lines 16/19). The possible assertions are:

— assertTrue({ "atomList.” } )lassertCautiouslyTrue({ "atomList.” } ). Asserts that all atoms
of the atom list must be true in any answer sets;

— assertBravelyTrue({”atomList.”}). Asserts that all atoms of the atom list must be
true in at least one answer set;

— assertTrueln(number, {”atomList.”}). Asserts that all atoms of the atom list must
be true in exactly number answer sets;

— assertTruelnAtLeast(number, { "atomList.” } ). Asserts that all atoms of the atom list
must be true in at least number answer sets;

— assertTruelnAtMost(number, { ”atomList.” }). Asserts that all atoms of the atom list
must be true in at most number answer sets;

together with the corresponding negative assertions: assertFalse, assertCautiouslyFalse,
assertBravelyFalse, assertFalseln, assertFalselnAtLeast, assertFalselnAtMost. Asser-
tions can be global (line 19) or local to a single test (line 16).

In the following we report an example of test case file.

Test case example. The Hamiltonian Path problem is a classical NP-complete problem
in graph theory. Given a finite directed graph G = (V, A) and a node a € V of this
graph, does there exist a path in G starting at a and passing through each node in V
exactly once? Suppose that the graph G is specified by using facts over predicates vtx
(unary) and edge (binary), and the starting node « is specified by the predicate start
(unary). The program in Figure 1 solves the problem.

The disjunctive rule (r2) guesses a subset .S of the arcs to be in the path, while the rest
of the program checks whether S’ constitutes a Hamiltonian Path. Here, an auxiliary

* pfilter selects only positive literals and excludes the strong negated ones, while nfilter has
opposite behavior.
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p2=arc in path-2

Fig. 2. Input graphs.

predicate reached is defined, which specifies the set of nodes which are reached from
the starting node. In the checking part, the two constraints r4 and 5 ensure that the set
of arcs S selected by path meets the following requirements, which any Hamiltonian
Path must satisfy: (i) a vertex must have at most one incoming edge, and (ii) a vertex
must have at most one outgoing edge. The constraints rg and r7 enforces that all nodes
in the graph are reached from the starting node in the subgraph induced by S and the
start node must be the first node of the path.

In order to test this encoding we define a test suite file. Suppose that the encoding
is stored in a file named hamiltonianPath.dl. Suppose also that the graph instance of
Figure 2a is stored in a file named graphlnstance.dl, and is composed by the following
facts: vix(1). vix(2). vix(3). vix(4). vix(5). edge(1, 2). edge(2, 3). edge(3, 4). edge(4, 5).
edge(3, 2). edge(1, 3). edge(2, 4). edge(5, 1)..

The following is a simple test suite specification for the above-reported ASP pro-
gram:

invocation ("SEAHamiltonianPath", "/usr/bin/dlv", "");
inputFile ("hamiltonianPath.dl");

reachability ()

{

inputFile ("graphInstance.dl");

input ("start (1) .");

assertTrue ("reached (1) .reached (2) .reached (3) .reached (4) .reached(5).");
}

guessSlice (SELECTED_RULES)

{

inputFile ("graphInstance.dl");

input ("reached (1) .");

selectRule ("r2");
selectRule ("r3");

assertBravelyFalse ("path(1, 2).");
assertBravelyTrue ("path(1l, 2).");
guessSliceNonReachability (SPLIT_PROGRAM)
{

inputFile ("graphInstance.dl");
input ("start (3).");
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excludeInput ( "edge(5, 1)." );
selectRule ("r2");

selectRule ("r3");
assertCautiouslyFalse( "reached(1l)." );

}

assertFalse ("path (1, 2).");

Here, we first setup the invocation parameters by indicating DLV as solver, then we
specify the file to be tested hamiltonianPath.dl by exploiting a global input statement;
then, we add the test case reachability, in which we verify that if node 1 is the start-
ing node than nodes {1,2,3,4,5} are reached (see Figure 2a). To this end we specify
graphilnstance.dl as local input file and start(1) as local input and write some assertion
requiring that atoms {reached(1), reached(2), reached(3), reached(4), reached(5)} are
(cautiously) true.

In the second test case, named guessSlice, we select rules 75 and r3 and we require
to test selected rules in isolation. The (local) inputs in this case are: the file graphin-
stance.dl and the fact {reached(1).}. In this case we are testing only the part of the
program that guesses the paths, and we specify a couple of additional assertions (i.e.,
path(1, 2) has to be true in some answer set and false in some other).

Test case guessSliceNonReachability is run in SPLIT_PROGRAM modality, which
requires to test the subprogram containing all the rules belonging to the splitting set
corresponding to the selection (i.e., {path, outPath, edge, reached}). With this test case
the sub-program that we are testing is composed by all the rules of the Hamiltonian
Path example without the constraints. Also in this case we include the graph instance
file graphinstance.dl. Additionally, we remove edge from 5 to 1 (see Fig. 2b), so that
node 1 is not reached, then we add the assertion corresponding to this observation.
Finally, we add a global assertion (assertFalse(”path(1,2).”) to check if path(1,2) is
not contained in any answer set (note that the graph instance and the starting node are
missing in the global inputs).

The test file described above can be created graphically and executed in ASPIDE as
described in the following section.

4 Unit Testing in ASPIDE

In this section we describe the graphic tools implemented in ASPIDE conceived for
developing and running test cases. Space constraints prevent us from providing a com-
plete description of all the usage scenarios and available commands. However, in order
to have an idea about the capabilities of the testing interface of ASPIDE, we describe
step by step how to implement the example illustrated in the previous section.

Suppose that we have created in ASPIDE a project named SEA, which contains
the files hamiltonianPath.dl and graphlnstance.dl (see Fig. 1) storing the encoding of
the hamiltonian path problem and the graph instance, respectively. Since the file that we
want to test in our example is hamiltonianPath.dl, we select it in the workspace explorer,
then we click the right button of the mouse and select New Test from the popup menu
(Fig. 3a). The system shows the test creation dialog (Fig. 3b), which allows for both
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Fig. 3. Test case creation.

setting the name of the test file and selecting a previously-defined run configuration
(storing execution options). In this case we select the one named SEAHamiltonianPath
explicitly referring to the DLV system (ASPIDE will get the solver path directly from
the selected run configuration). By clicking on the Finish button, the new test file is
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Fig. 4. Test case execution and assertion management.

created (see Fig. 3c) where the statements regarding input files and invocation are added
automatically. We add the first unit test (called reachability) by exploiting the text editor
(see Fig. 3d), whereas we build the remaining ones (working on some selected rules) by
exploiting the logic program editor. After opening the hamiltonianPath.dl file, we select
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rules 75 and 73 inside the text editor, we right-click on them and we select Add selected
rules in test case from the menu item 7Test of the popup menu (fig. 3e). The system opens
a dialog window where we indicate the test file in which we want to add the new test
case (fig. 3f). We click on the Create test case; the system will ask for the name of the
new test case and we write guessSlice; after that, on the window, we select the option
execute selected rules and click on the Finish button. The system will add the test case
guessSlice filled with the selectRule statements indicating the two selected rules. To add
project files as input of the test case, we select them from the workspace explorer and
click on Use file as input in the menu item Test (fig. 3g). The test created up to now
is shown in figure 3h. Following an analogous procedure we create the remaining test
cases (see Fig. 4a). To execute our tests, we right-click on the test file and select Execute
Test. The Test Execution Dialog appears and the results are shown to the programmer
(see Fig. 4b). Failing tests are indicated by a red icon, while green icons indicate passing
tests. At this point, in order to show how to modify graphically a test case, we add the
following additional test that purposely fails:
reachabilityFailure ()

{

inputFile ("graphInstance.dl");

input ("start (1) .");

excludeInput ("edge (4, 5).");
excludeInput (":- vtx(X), not reached(X).");
assertTrue ("reached (5).");

}

As shown in Figure 2c this additional test (as expected) fails, and the reason for
this failure is indicated (see Fig. 4c) in the test execution dialog. In order to know
which literals of the solution do not satisfy the assertion, we right-click on the failed
test and select Manage Asserts from the menu. A dialog showing the outputs of the test
appears where, in particular, predicates and literals matching correctly the assertions are
marked in green, whereas the ones violating the assertion are marked in red (gray icons
may appear to indicate missing literals which are expected to be in the solution). In
our example, the assertion is assertTrue(reached(5).” ), so we expect that all solutions
contain the literal reached(5); however, in our instance, node 5 is never reached, this is
because the test case purposely contains an error. We modify this test case by adding the
right assertion. This can be obtained by acting directly on the result window (fig. 4d).
We remove the old assertion by selecting it and clicking on the Remove Assert button.
Finally, we save the modifications, and we execute the test suite again (see Fig. 4e).

5 Conclusion

This paper presents a pragmatic environment for testing ASP programs. In particular,
we present a new language, inspired to the JUnit framework [40], for specifying and
running unit tests on ASP programs. The testing language has been implemented in
ASPIDE together with some graphic tools for easing both the development of tests and
the analysis of test execution.

As far as future work is concerned, we plan to extend ASPIDE by improving/intro-
ducing additional dynamic editing instruments, and graphic tools. In particular, we plan
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to further improve the testing tool by supporting (semi)automatic test case generation
based on the structural testing techniques proposed in [39].
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Abstract. Adapting techniques from database theory in order to optimize An-
swer Set Programming (ASP) systems, and in particular the groundmga:
nents of ASP systems, is an important topic in ASP. In recent years,dje8et
method has received some interest in this setting, and a variant of it, EH&]
has been proposed for ASP. However, this technique has a cavesiskeét is not
correct (in the sense of being query-equivalent) for all ASP progrdn recent
work, a large fragment of ASP programs, referred tewgser-coherent programs
has been identified, for which DMS is correct. An open question remakhed
complex is it to determine whether a given program is super-coheraig?jlies-
tion turned out to be quite difficult to answer precisely. In this paper, wadtly
prove that deciding whether a propositional program is super-cohirél. -
complete in the disjunctive case, while itigl -complete for normal programs.
The hardness proofs are the difficult part in this endeavor: We pdblog charac-
terizing the reductions by the models and reduct models which the ASFapneg
should have, and then provide instantiations that meet the given spiaifica

1 Introduction

Answer Set Programmin@\SP) is a powerful formalism for knowledge representation
and common sense reasoning [5]. Allowing disjunction irerbiéads and nonmono-
tonic negation in bodiesASP can express every query belonging to the complexity
classx¥ (NPNP). Encouraged by the availability of efficient inference ierg, such
as DLV [17], GnT [15], Cmodels [18], or ClaspD [8ASP has found several prac-
tical applications in various domains, including data gmétion [16], semantic-based
information extraction [20, 21], e-tourism [24], workf@enanagement [25], and many
more. As a matter of fact, theseSP systems are continuously enhanced to support
novel optimization strategies, enabling them to be effeativer increasingly larger ap-
plication domains.

Frequently, optimization techniques are inspired by masttbat had been proposed
in other fields, for example database theory, satisfialstitying, or constraint satisfac-
tion. Among techniques adapted to ASP from database th&tagic Sets [26, 4, 6]

* This work will also be presented at the ASPOCP 2011 workshop. Parpiyosted by Re-
gione Calabria and EU under POR Calabria FESR 2007-2013 and withirlAhgréject of
DLVSYSTEM s.r.l., and by MIUR under the PRIN project LoDeN. Weaaikank the anony-
mous reviewers for their valuable comments.
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have recently achieved a lot of attention. Following sonméiexavork [14, 7], recently
an adapted method call@MS has been proposed faSP in [3]. However, this tech-
nigue has a caveat, because it is not correct (in the seng@myf Query-equivalent) for
all ASP programs. In recent work [2, 1], a large fragment of ASP paats, referred
to assuper-coherent program@SP*¢), has been identified, for which DMS can be
proved to be correct.

While our main motivation for studyind SP*¢ stemmed from the applicability of
DMS, this class actually has many more important motivatitmdeed, it can be viewed
as the class ohon-constraining programsAdding extensional information to these
programs will always result in answer sets. One importaplization of this property
is for modular evaluation. For instance, when using thetapdiset theorem of [19], if a
top part of a split program is aliSP*¢ program, then any answer set of the bottom part
will give rise to at least one answer set of the full program-fesaetermining answer
set existence, there would be no need to evaluate the tap part

On a more abstract level, one of the main criticismsA&# (being voiced espe-
cially in database theory) is that there are programs whichat admit any answer set
(traditionally this has been considered a more serioud@mothan the related nondeter-
minism in the form of multiple answer sets, cf. [23]). Fronstherspective, programs
which guarantee coherence (existence of an answer setbbaweof interest for quite
some time. In particular, if one considers a fixed program andriable “database,”
one arrives naturally at the cla&$P*¢ when requiring existence of an answer set. This
also indicates that deciding super-coherence of programslated to some problems
from the area of equivalence checking in ASP [13, 10, 22].ikstance, when deciding
whether, for a given arbitrary program, there is a uniformly equivalent definite pos-
itive (or definite Horn) program, super-coherencefols a necessary condition—this
is straightforward to see because definite Horn programs &zactly one answer set,
S0 a hon-super-coherent program cannot be uniformly elguivéo any definite Horn
program.

Since the property of being super-coherent is a semantic amnatural question
arises: How difficult is it to decide whether a given prograsongs toASPs¢? It turns
out that the precise complexity is rather difficult to esisthl Some bounds have been
given in [2], in particular showing decidability, but espaty hardness results seemed
quite hard to obtain.

In order to focus on the essentials of this problem, in thjsepave deal with propo-
sitional programs and show the precise complexity (in teofinsompleteness) for de-
ciding whether a given propositionalSP program belongs ta.SP*. In Section 2 we
first define some terminology needed later on. In Section 3ormdlate the problem
that we analyze and state the results. The remainder of {ier pantains the proofs —
in Section 4 for disjunctive programs and in Section 5 fommalrprograms — and in
Section 6 we briefly discuss the relation to equivalencelprob before concluding the
work in Section 7.



Complexity of Super-Coherence Problems in Answer Set Programming 133

2 Preliminaries

In this paper we consider propositional programs, so an atisna member of a count-
able set/. A literal is either an atonp (a positive literal), or an atom preceded by the
negation as failuresymbolnot (a negative literal). Aule r is of the form

b1 Vo vV Pn —q1, ---, 45, nthj+1a ey nthm
wherepy, ..., pn, q1, ---, gm areatomsand > 0, m > j > 0. The disjunctiorp; Vv
-+ V py, is theheadof r, while the conjunction, ..., g;, not ¢j41, ..., not gn, iS

thebodyof r. Moreover,H () denotes the set of head atoms, wiile-) denotes the set
of body literals. We also usB™ (r) and B~ (r) for denoting the set of atoms appearing
in positive and negative body literals, respectively, drm¢) for the setH (r)UB™ (r)U
B~ (r). A rule r is normal (or disjunction-free) ifH (r)| = 1 or |H(r)| = 0 (in this
caser is also referred to as eonstrain), positive (or negation-free) iB~(r) = (, a
factif both B(r) = 0 and|H(r)| = 1.

A program P is a finite set of rules; if all rules in it are positive (resgrmal),
then P is a positive (resp. normal) program. Odd-cycle-free amatified programs
constitute two other interesting classes of programs. Amat appearing in the head
of a ruler dependon each atony that belongs taB(r); if ¢ belongs toB™(r), p
depends positively on, otherwise negatively. A program without constraint®asl-
cycle-freeif there is no cycle of dependencies involving an odd numifaregative
dependencies, while it Stratifiedif each cycle of dependencies involves only positive
dependencies. Programs containing constraints have kekrded by the definition of
odd-cycle-free and stratified programs. In fact, constsaimtrinsically introduce odd-
cycles in programs as a constraint of the form

“— (1, -+ G5, NOLQjy1, ..., NOtQpy,
can be replaced by the following equivalent rule:
CO < (q1, +-., qj, NOt gj11, ..., NOt ¢, Not co,

whereco is a fresh atom (i.e., an atom that does not occur elsewhehe iprogram).

Given a programP, let At(P) denote the set of atoms that occur in it, that is, let
At(P) = U, ¢p At(r). Aninterpretation for a programp is a subset ofit(P). An
atomp is true w.r.t. an interpretatiohif p € I; otherwise, it is false. A negative literal
not pis true w.r.t.I if and only if p is false w.r.t.I. The body of arule is true w.r.t.I if
and only if all the body literals of are true w.r.t7, that s, if and only ifB*(r) C I and
B~ (r) NI = (. An interpretation/ satisfiesa ruler € P if at least one atom it (r)
is true w.r.t.I whenever the body of is true w.r.t.I. An interpretation/ is amodelof
a programpP if I satisfies all the rules i®.

Given an interpretatiof for a programP, the reduct o® w.r.t. I, denoted byP’, is
obtained by deleting fron® all the rulesr with B~ (r) N I # (}, and then by removing
all the negative literals from the remaining rules. The satina of a progran® is given
by the setdS(P) of the answer sets dP, where an interpretatiof/ is an answer set
for P if and only if M is a subset-minimal model @/ .

In the subsequent sections, we will use the following prisegthat the models and
models of reducts of programs satisfy (see, e.g. [9, 13]):
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(P1) for any disjunctive prograr® and interpretationg C J C K, if I satisfiesP”,
then! also satisfie®”;

(P2) for any normal progran®? and interpretationg, J C K, if I andJ both satisfy
PX  then alsq I N J) satisfiesPX.

We now introduce super-coherent ASP prografSK*¢ programs), the main class
of programs studied in this paper.

Definition 1 (ASP*¢ programs [1, 2]). A programP is super-coherenit, for every set
of factsF, AS(P U F) # (. Let ASP*° denote the set of all super-coherent programs.

Note thatASPs¢ programs include all odd-cycle-free programs (and theecfitso
all stratified programs). Indeed, every odd-cycle-freegprm admits at least one an-
swer set and remains odd-cycle-free even if an arbitrargfdatts is added to its rules.
On the other hand, there are programs having odd-cyclesta ASP*°, cf. [2].

An important question regards wheth&8P* programs are as expressive&SP
programs. Of course, checking coherence (existence ofarsets) is a trivial task for
ASP*¢ programs. But when considering query answering, it turrigttat expressivity
is not lowered. Indeed, all expressivity results of [12]chébdr disjunctive programs
with stratified negation (examining the proofs, actually dasjunctive programs with
input negation, that is, having at most two strata), whichrgatee super-coherence
and are a proper subset A8P*c, It therefore follows that all properties bl or 171
are expressible bASP*¢ programs using a query under brave or cautious reasoning,
respectively. The picture is less clear for nondisjuncfi®s¢ programs.

However, we should point out that many (probably most) edgsASP programs
follow a “Guess&Check” or “Generate&Test” methodology, ialh usually relies on
integrity constraints, the presence of which usually citits super-coherence. As
an alternative, violated integrity constraints can dedvspecial atom, on which the
query atom should depend negatively. If the Guess/Gengaativolves non-stratified
negation, it depends on how this construct is used in theddngolf it just encodes a
choice, this can often be easily converted to a disjunctidnile for encodings that
entangle guess and check using unstratified negation, amated conversion to an
ASP*s¢ program seems less straightforward. In general, howewerfeel that for ob-
taining computationally efficienASP*¢ encodings, different encoding methodologies
should be developed.

3 Problem Statement and Main Theorems

In this paper, we study the complexity of the following nalysroblem.

— Given a progran®, is P super-coherent, i.e. doesS(P U F') # () hold for any set
F of facts.

We will study the complexity for this problem for the case @fjdnctive logic pro-
grams and non-disjunctive (normal) logic programs. We fieste a look at a similar
problem, which turns out to be rather trivial to decide.



Complexity of Super-Coherence Problems in Answer Set Programming 135

Proposition 1. The problem of deciding whether, for a given disjunctivegpam P,
there is a sef” of facts such thatlS(P U F') # () is NP-complete NP-hardness holds
already for normal programs.

Proof. We start by observing that thereAssuch thatdS(P U F) # ( if and only if P

has at least one classical model. Indeed/ifs a model ofP, thenP U M hasM as its
answer set. On the other handAfhas no model, then no addition of fadtswill yield

an answer set foP U F. It is well known that deciding whether a program has at least
one (classical) model ISP-complete for both disjunctive and normal programs.O

In contrast, the complexity for deciding super-coheresirprisingly high, which
we shall show next. To start, we give a straight-forward oketeon.

Proposition 2. A programP is super-coherent if and only if for each FetC At(P),
AS(PUF) #0.

Proof. The only-if direction is by definition. For the if-directiptet F' be any set of
facts. F' can be partitioned intd” = F' N At(P) andF"” = F \ F’. By assumption,
P U F’ is coherent. Lef\/ be an answer set d? U . We shall show thad/ U F”' is

an answer setaP U F' = P U F’ U F”. This is in fact a consequence of the splitting
set theorem [19], as the atomsiH are only defined by facts not occurringfhu F’.

O

Our main results are as follows. The proofs are containekdrstibsequent sections.

Theorem 1. The problem of deciding super-coherence for disjunctieg@ams isl/7: -
complete.

Theorem 2. The problem of deciding super-coherence for normal prograsnis -
complete.

4 Proof of Theorem 1

Membership follows by the following straight-forward nagtdrministic algorithm for
the complementary problem, i.e. given a progr&mndoes there exist a sét of facts
such thatdS(P U F') = (): we guess a sdf C At(P) and checkAS(P U F') = () via
an oracle-call. Restricting the guessA6(P) can be done by Proposition 2. Checking
AS(P U F) = () is known to be inf7{" [11]. This shows/7Z-membership.

For the hardness we reduce thg -complete problem of deciding whether QBFs
of the formVvVX3YVZ¢ are true to the problem of super-coherence. Without loss of
generality, we can consideérto be in DNF and, indeedy # (0, Y # 0, andZ # (). We
also assume that each disjunct@®tontains at least one variable frakh, one fromY
and one fronZ. More precisely, we shall construct for each such @B&programPg
such that? is true iff Py is super-coherent. Before showing how to actually construc
Py from & in polynomial time, we give the required properties foy. We then show
that for programd’; satisfying these properties, the desired relatiis(true iff Py is
super-coherent) holds, and finally we provide the constmdif Ps.
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Definition 2. Let® = VX3YVZ¢ be a QBF withg in DNF. We call any progranP
satisfying the following propertiesé-reduction

1. Pis givenoveratom§ = X UY UZUX UY UZ U {u,v,w}, where all atoms
in setsS = {s| s € S} and{u, v, w} are fresh and mutually disjoint;
2. P has the following models:
-U
— foreach] C X,J CY,

M[I,J|=TUu(X\)UJU(Y \J)UZUZU{u,v}

and

MLJ=TUX\)UJU(Y\J)UZUZU{v,w};
3. foreachl C X, J C Y, the modefsof the reductP™!!-’/! are M[I,.J] and

Ol =T1UX\D);

4. foreachl C X, J C Y, the models of the redué™'[-/] are M’[I, J] and
— foreachK C Z suchthatl U J U K ¢,

N[I,J K|=TUX\DHUJUY\J)UKU((Z\K)U{v};

5. the models of the redugt’ are given only by the models already mentioned above,
i.e.U itself, M[I,J], M'[I,J], andO[!], foreachl C X, J C Y,andN[I, J, K]
foreach] C X,JCY,K C Z,suchthatl U J UK [~ ¢.

The structure of models @#-reductions and the “countermodels” (see below what
we mean by this term) of the relevant reducts is sketchedguarEil. The center of the
diagram contains the models of tfkereduction and their subset relationship. For each
of the model the respective box lists the “countermodelg,iMhich we mean those
reduct models which can serve as counterexamples for tiggnarimodel being an
answer set, that is, those reduct models which are propsetubf the original model.

We just note at this point that the models of the red@€tgiven in Item 5 are not
specified for particular purposes, but are required to altova realization via disjunc-
tive programs. In fact, these models are just an effect qignty (P1) mentioned in Sec-
tion 2. However, before showing a program satisfying thegprties of a?-reduction
we first show the rationale behind the conceppateductions.

Lemma 1. For any QBF® = VX3YVZ¢ with ¢ in DNF, a ¢-reduction is super-
coherent iffd is true.

Proof. Suppose thap is false. Hence, there exists anC X such that, forall/ C Y,
there is aKy C Z withZ U J U Ky [~ ¢. Now let P be any®-reduction andF; =
ZU(X \ Z). We show thatdAS(P U Fr) = 0, thusP is not super-coherent. Lt be a
model of P U Fz. SinceP is a®-reduction, the only candidates fan areU, M|[Z, J],
andM'[Z, J], whereJ C Y. Indeed, for eacli # Z, M|[I, J] andM'[I, J] cannot be
models ofP U F; becausd’y £ M|[I, J], resp.Fr £ M'[I, J]. We now analyze these
three types of potential candidates:

% Here and below, for a redu@* we only list models of the fornV C M, since those are the
relevant ones for our purposes. Recall that= M is always a model oP™ in caselM is a
model of P.
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M[[OyJO] M[Imw]n} Ml[107<]0] M/[Imwjn]

Nlo, Jo, K] sit. NI, Jn, K] sit.

Ollo] -+ O[Im] LhUJUKWKE¢ ~ I,UJ,UKIE¢

Mo, Jo] - M[In,Ju] Mo, Jo] - M'[Ln,Jn]

pM'lIo,Jo] PM'[Imsdn]

N{lo, Jo, K] sit. [N, Ju, K] s
InUJ UK ¢

]0UJ0UKI75¢

Fig. 1. Models and reduct “countermodels” éfreductions

— M = U: Then, for instance)M[Z, J] C U is a model of P U Fr)M = PM U Fr
foranyJ C Y. Thus,M ¢ AS(P U Fr).

- M = M[Z, J] for someJ C Y. Then, by the properties di-reductionsO|[Z] C
M is amodel of P U Fr)M = PM U Fr. Thus,M ¢ AS(P U Fr).

- M = M'[Z, J] forsomeJ C Y. By the initial assumption, there existdg, C Z
with Z U J U Ky = ¢. Then, by the properties df-reductionsN[Z, J, K] C M
is a model ofPM. Thus,M ¢ AS(P U Fr).

In each of the cases we have obtaidletd¢ AS(P U Fr), henceAS(PU Fzr) =0
and P is not super-coherent.

Suppose thad is true. It is sufficient to show that for ea¢h C U, AS(P U F) # 0.
We have the following cases:

If {s,5} C Fforsomes € XUY or{u,w} C F. ThenU € AS(P U F) since
U is a model ofP U F and each potential modéll c U of the reductP? (see the
properties ofb-reductions) does not satisfy C M; thus each such/ is not a model
of PPUUF = (PUF)Y.

Otherwise, we havé” C M([I,J] or F C M'[I,J] forsomel C X,J C Y.In
caseF C M|[I,J] andF ¢ O[I], we observe thal/[I, J] € AS(P U F) sinceO|!]
is the only model of the redudt™[’-7], Thus for each suck there cannot be a model
M c M[I,J] of PMILTIY F = (PUF)MILJL As well, in caseF C M'[I, J], where
w € F, M'[I, J] can be shown to be an answer sefof) F'. Indeed, in this case no
M c M'[I,J]is a model ofPM'I:/] because is true.

It remains to consider the cage C O[I] for eachl C X. We show that\/'[], J]
is an answer set aP U F', for someJ C Y. Since® is true, we know that, for each
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I C X, there exists &; C Y such that, forallKk C Z, TU J; UK [ ¢. As can
be verified by the properties @-reductions, then there is no model C M’[I, J;]
of PM'I1.71] Consequently, there is also no such model®fu F)M'l7-71] and thus
M'[1,Jr) € AS(PUF).

So in each of these casdsS(P U F') # () and since these cases cover all possible
F C U, we obtain that” is supercoherent.

In total we have shown thak being false implies that ang-reduction P is not
super-coherent, whil@ being true implies that ang-reduction is super-coherent,
which proves the lemma.

a

It remains to show that for any QBF of the desired formp-aeduction can be
obtained in polynomial time (w.r.t. the size @). For the construction below, let us
denote a negated atadrin the propositional part of the QBF asa.

Definition 3. For any QBF® = VX3YVZ¢ with¢ = \/I_, l;1 A -+ Ali,, @ DNF
(i.e., a disjunction of conjunctions over literals), we defi

Pp={aVT—; u+—2a,T; w—x,T; c—u,w;, T—u,w|zxecXtU (1)

{yVy — v, u—y, 7 w—y, 7 y — u,w;

Jyeuwy vy veylyeYiu 2
{zVZ—v; u z,not w; u+— Z,not w; v z; V< Z;

ze—w, Z—w; z—u; Z—u; wVu—z,Z|z€Z}U 3)
{wvue—Ii1,....lim, | 1<i<n} 4)
{v — w; v u; v notu}. (5)

Obviously, the program from above definition can be congtadién polynomial
time in the size of the reduced QBF. To conclude the proof cdorem 1 it is thus
sufficient to show the following relation.

Lemma 2. For any QBF® = YX3YVZ¢, the programPy is a @-reduction.

Proof. Obviously, At(Pg) contains the atoms as required in 1) of Definition 2. We
continue to show 2). To see thidtis a model ofPg is obvious. We next show that the
remaining models\f are all of the formM (I, J] or M'[I, J]. First we havey € M
because of the rules — v andv — not v in (5). Incasew € M, ZU Z C M by
the rules in (3). In case ¢ M, we haveK U (Z \ K) C M for someK C Z, since
v € M and by (3). But then, since ¢ M, v € M holds (rulesu — z, not w resp.
u + Z,not w). Hence, also her& U Z C M. In both cases, we observe that by (1)
and (2),/ U(X\U)UJU (Y \J) C M, forsomel C X andJ C Y. This yields
the desired models\{[I, J], M’[1, J]. It can be checked that no other model exists by
showing that fotN € M[I, J], resp.N € M’[I, J], N = U follows.

We next show that, for eachC X andJ C Y, PM.71 and PM'[1.7] possess the
required models. Let us start by showing tbaf] is a model of P71 In fact, it can
be observed that all of the rules of the foinv T < in (1) are satisfied because either
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x or 7 belong toO[I], while all of the other rules iP* /7] are satisfied because of a
false body literal. We also note that each strict subséx[éf does not satisfy some rule
of the formz vV —, and thus it is not a model @?*[Z-7], Similarly, any interpretation
W such thatO[I] ¢ W ¢ M[I,.J] does not satisfy some rule iR [7-7] (note that
rules of the formu « z andu « z occur inPMU-7l becausev ¢ M]I, .J]; such rules
are obtained by rules in (3)).

Let us now conside'l:/] and letWW C M’[I,.J] be one of its models. We
shall show that eithe?W = M’'[I, J], or W = NI, J, K] for someK C Z such that
TUJUZ [~ ¢. Note thatv is a fact inPM'II7] hencev must belong tdV. By (1)
and (2), sincey €¢ W andW C M'[I, J], we can conclude that all of the atoms in
Tu(X\I)uJU (Y \J) belong toW. Consider now the atorw. If w belongs to
W, by the rules in (3) we conclude that all of the atomsZinu Z belong toWW, and
thusW = M’[I, J]. Otherwise, ifw ¢ W, by the rules of the formz vV z «— v in (3),
there must be a séf C Z such that’ U(Z \ K) is contained if¥ . Note that no other
atoms inZUZ can belong tdV because of the last rule in (3). Hen®®,= N|[I, J, K].
Moreover,w ¢ W andu ¢ W imply that] U J U K £ ¢ holds because of (4).

Finally, one can show tha? does not yield additional models as those which are
already present by other models. l&t C U be a model ofPU. By (1), O[I] C W
must hold for somd C X. Consider now the atom. If v € W, we conclude that the
model W is actuallyO[I]. We can thus consider the other case,d.es W. By (2),
JU (Y \ J) € W must hold for som& C Y. Consider now the atom. If u € W, we
haveZ U Z C W because of (3). If no other atom belongsitg thenW = M[I, J|
holds. Otherwise, if any other atom belongsitg it can be checked tha¥” must be
equal toU. We can then consider the case in whiclk W, and the atonw. Again, we
have two possibilities. Ifv belongs tol¥/, by (3) we conclude that all of the atoms in
Z\UZ belong toW, and thus eitheW = M'[I, J] or W = U. Otherwise, ifw ¢ W, by
the rules of the form vz — v in (3), there must be a sé&f C Z such that U(Z \ K)
is contained if’’. Note that no other atoms il U Z can belong tdV because of the
last rule in (3). HencélV = NI, J, K]. Moreover, because of (4; ¢ W andu ¢ W
imply that U J U K [~ ¢ holds. ]

Note that the program from Definition 3 does not contain aairsts. As a conse-
quence, thd7F-hardness result presented in this section also holds iflyeamnsider
disjunctiveASP programs without constraints.

5 Proof of Theorem 2

Membership follows by the straight-forward nondeterntiniglgorithm for the com-
plementary problem presented in the previous section. We h#st to note that a
co — NP oracle can be used for checking the consistency of a norrogram. Thus,
I1F-membership is established.

For the hardness we reduce tfi¢ -complete problem of deciding whether QBFs of
the formv X 3Y ¢ are true to the problem of super-coherence. Without loseécality,
we can consideg to be in CNF and, indeed{ # 0, andY # (). We also assume that
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each clause ap contains at least one variable frakhand one front”. More precisely,
we shall adapt the notion @f-reduction to normal programs. In particular, we have to
take into account a fundamental difference between ditiggnand normal programs:
while disjunctive programs allow for using disjunctive eslfor guessing a subset of
atoms, such a guess can be achieved only by means of unstrat#gation within a
normal program. For example, one atom in a{sety} can be guessed by means of the
following disjunctive rulex Vv y «. Within a normal program, the same result can be
obtained by means of the following rules:— not y andy < not x. However, these
last rules would be deleted in the reduced program assdaidtk a model containing
bothz andy, which would allow for an arbitrary subset §f, y} to be part of a model

of the reduct. More generally speaking, we have to take PtpgR2), as introduced
in Section 2, into account. This makes the following defamta bit more cumbersome
compared to Definition 2.

Definition 4. Let® = VX3Y ¢ be a QBF with¢ in CNF. We call any progran®
satisfying the following properties@&-norm-reduction

1. Pis given over atom& = X UY U X UY U {v,w}, where all atoms in sets
S ={5|seS}and{v,w} are fresh and mutually disjoint;
2. P has the following models:

— for eachJ C Y, and for each/* suchthat/ U (Y \ J) C J* CY UY
OlJ* ] =X uXuJ*u{v,w};

— foreachl C X,

M1 =TUX\T)U{o};
— foreachl C X, J CY,suchthatl U J | ¢,

NI, J = IUX\NDUJUT\T) U {w);

3. the only models of a redu&™!!! are M[I] and M[I] \ {v}; the only model of a
reductPN7lis NI, J];
4. each model of a reductP®[’"] satisfies the following properties:
(a) foreachy € Y such thaty € O[J*] andy ¢ O[J*], if w € M, theny € M,
(b) for eachy € Y suchthatj € O[J*] andy ¢ O[J*], if w € M, theny € M,
(c) if (YUY)N M # 0, thenw € M;
(d) ifthereis aclause; ; V-V l; m, of ¢ such that{l; 1,...,l;m,} € M, then
ve M,
(e) if there is anr € X such that{z,Z} C M, or there is ay € Y such that
{y,7} € M, or {v,w} C M, then it must hold thak U X U {v,w} C M.

Lemma 3. For any QBF® = VX 3Y ¢ with ¢ in CNF, ad-norm-reduction is super-
coherent iffd is true.

Proof. Suppose tha? is false. Hence, there exists AanC X such that, forall/ C Y,
ZUJ - ¢. Now, let P be any®-norm-reduction and’z = Z U (X \ Z). We show that
AS(P U Fr) = 0, thusP is not super-coherent. Leé¢! be a model ofP U Fr. Since
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P is a®-norm-reduction, the only candidates t& are O[J*] for someJ C Y and
J*suchthat/ U (Y \ J) C J* C YUY, M[Z],andN|Z, J'], whereJ’ C Y satisfies
ZUJ [ ¢. However, from our assumption (forall C Y, Z U J [~ ¢), no such
NI[Z, J'] exists. Thus, it remains to consid@f.J*| and M [Z]. By the properties of-
norm-reductions) [Z]\ {v} is a model ofPM?], and hencé/[Z]\ {v} is also a model
of PMEIUF; = (PUF7)MEL, Thus,M|[Z] is not an answer set &U F7. On the other
hand, it can be checked thaf[Z] \ {v} is a model ofP°l"1 U Fr = (P U F7)OU],
for any O[J*], and so none of these[.J*] are answer sets d? U F; either. Since this
means that no model d? U Fr is an answer set, we concludes(P U Fr) = (), and
henceP is not super-coherent.

Suppose thad is true. It is sufficient to show that, for ea¢ghC U, AS(P U F) # 0.
We distinguish the following cases fér C U:

FCIu(X\I)U{v}forsomel C X:If v € F,thenM|[I]is the uniqgue model
of PMUII Yy F = (Pu F)MU and thusM[I] € AS(P U F). Otherwise, ifv ¢ F,
sinced is true, there exists & C Y such that/ U J = ¢. Thus,N|I, J] is a model of
P U F, and since no subset &f[1, J] is a model of(P U F)NI1.7] (by property 3 of
@-norm-reductions)N[I, J] € AS(PUF).

TUu(X\I)CFCNIIJ]forsomel C X andJ C Y such thatl U J = ¢: In
this caseV|I, J] is a model ofP U F and, by property 3 ob-norm-reductionsN |1, J]|
is also the unique model @™/l U F = (P U F)NIJL,

Tu(X\I)cC F C NI[I,J]forsomel C X andJ C Y such thatl U J [~ ¢:
We shall show thaO[J] is an answer set aP U F' in this case. LetM be a model
of PPVIUF = (PUF)°V SinceTu (X \I) C F C N[I,J], eitherw € F or
(YUY)NF # 0. Clearly, F C M and sow € M in the first case. Note that € M
holds also in the second case because of property 4@ymfrm-reductions. Thus, as
a consequence of properties 4(a) and 4(bPaform-reductions U (Y \ J) C M
holds. Sincel U J [~ ¢ and because of property 4(d) #tnorm-reductionsy € M
holds. Finally, sincdv, w} C M and because of property 4(e) #fnorm-reductions,
X UX C M holds and, thusM = O[I].

In all other cases, eithd, w} C F, or there is ae € X such that{z,z} C F,
or there is &y € Y such thatf{y,y} C F. We shall show that in such cases there is an
O[J*] which is an answer set @t U F.. Let O[J*] be such that/* = FN (Y UY) and
let M be a model ofP®lV 1U F = (P U F)°lY"] such thatV C O[J*]. We shall show
thatO[J*] C M holds, which would imply tha®[J*] = M is an answer set P U F'.
Clearly, F C M holds. By property 4(e) ab-norm-reductionsX U X U {v,w} C M
holds. Thus, by property 4(a) d-norm-reductions and becauge< M, it holds that
y € M for eachy € Y such thaty € O[J*] andy ¢ O[J*]. Similarly, by property
4(b) of #-norm-reductions and becaugec M, it holds thaty € M for eachy € Y
such thay € O[J*] andy ¢ O[.J*]. Moreover, for ally € Y such thaf{y, 5} C O[J*],
it holds that{y,y} C F C M. Therefore,O[J*] C M holds and, consequently,
O[J*] € AS(PUF).

So in each of these casdsS(P U F') # () and since these cases cover all possible
F C U, we obtain that” is supercoherent.
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Summarizing, we have shown thabeing false implies that arg-norm-reduction
P is not super-coherent, whiebeing true implies that an§-norm-reduction is super-

coherent, which proves the lemma.
O

Definition 5. For any QBF® = VX3Y ¢ with ¢ = /\;L:1 lir V-V, in CNF we
define

Ny ={z —notZT; T notx |z € X} U (6)
{y = noty,w; y—noty,w; w—y; w7y [yeY}U (7
{ze—vw; z 2,7 2+ y,7 | z€ XUX U{v,w},

reX,yeY}U (8)
{fve—Tlit, o slim, | 1<i<n}uU 9)
{w < not v}. (10)

Again, the program from the above definition can be constdict polynomial time
in the size of the reduced QBF. To conclude the proof, it is thufficient to show the
following relation.

Lemma 4. For any QBF® = VX 3Y ¢ with ¢ in CNF, the programVg is a $-norm-
reduction.

Proof. We shall first show thalvg has the requested models. Llétbe a model ofVg.
Let us consider the atomsandw. Because of the rule <— not v in (10), three cases
are possible:

1. {v,w} € M.Thus,X UX C M holds because of (8). Moreover, there exists
J C Y suchthat/ U (Y \ J) C M because of (7). Note that any other atoni/in
could belong ta\/. These are the mode(3[.J*].

2. v e M andw ¢ M. Thus, there exists C X such that U (X \ I) C M because
of (6). Moreover, no atoms il U Y belong toM because of (7) and ¢ M by
assumption. Thus\ = M|I] in this case.

3. v ¢ M andw € M. Thus, there exist C X andJ C Y suchthafU(X \I) C M
andJ U (Y \ J) € M because of (6) and (7). Hence, in this cdde= N|[I, J]
and, because of (9), it holds thatU J | ¢.

Let us consider a redud®™!!] and one of its modeld/ C M][I]. First of all,
note thatPM 7] contains a fact for each atom inu (X \ I). Thus,7 U (X \I) C M
holds. Note also that, since each clause a@ontains at least one variable frar all
of the rules of (9) have at least one false body literal. Heedther M/ = M|I] or
M = MII]\ {v}, as required by>-norm-reductions.

For a reductPN!!-/] such thatf U .J |= ¢ it is enough to note tha®N!/-/] contains
a fact for each atom oWV I, J].

Let us consider a redu@®!’"! and one of its model3/ C O[.J*]. The first obser-
vation is that for eacly € Y such thaty € O[J*] andy ¢ O[J*], the reductP®l’"]
contains a rule of the form < w (obtained by some rule in (7)). Similarly, for each
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y € Y such thay € O[J*] andy ¢ O[J*], the reductP®l’"] contains a rule of the
formy «— w (obtained by some rule in (7)). Henc®, must satisfy properties 4(a) and
4(b) of »-norm-reductions. Property 4(c) is a consequence of (dpeaty 4(d) follows
from (9) and, finally, property 4(e) must hold because of (8). |

Note that the program from Definition 5 does not contain aaists. As a conse-
quence, thdI} -hardness result presented in this section also holds ifnlgecmnsider
normalASP programs without constraints.

6 Some Implications

In [22] the following problem has been studied under the namméform equivalence
with projection:”

Given two programg” and@, and two setsi, B of atoms,P =4 Q iff for each
setF C Aoffacts {INB|I € AS(PUF)} ={INB|I€ AS(QUF)}.

Let us callA the context alphabet anfd the projection alphabet. As is easily verified
the following relation holds.

Proposition 3. A programP over atomd/ is super-coherent ifP zg @, whereq is
an arbitrary definite Horn program.

Note thatP =’ @ means{IN® |l € AS(PUF)} ={IND|Ie€ AS(QUF)}
for all setsF' C U. Now observe that for any’ C U, both of these sets are either
empty or contain the empty set, depending on whether therqmg (extended by")
have answer sets.

{m@ueAS(PuF)}:{{g} o j§§§8§§;3
0 iff AS(QUF) =0
{0} iff AS(QUF) £0

If Q is a definite Horn program, thefS(Q U F') # () for all F C U, and therefore
the statement of Proposition 3 becomes equivalent to chgekietherd S(PUF) #
forall FF C U, and thus whetheP is super-coherent.

In [22], the complexity of the problem of deciding uniformuéeplence with pro-
jection has also been investigated, reportihig-completeness for disjunctive programs
and/1f-completeness for normal programs. However, these hagdasslts use bound
context alphabetsl C U (whereU are all atoms from the compared programs). Our
results thus strengthen the observations in [22]. Usingd&sition 3 and the main re-
sults in this paper, we obtaiffy -hardness (respgiZ’-hardness in the case of normal
programs) for uniform equivalence with projection eventfog particular parameteri-
zation where the context alphabet is unrestricted, theeption set is empty, and one of
the compared programs are of a very simple structure (in égen the empty program
is sufficient for@ in Proposition 3).

{Iﬁ(Z)lIeAS(QUF)}:{
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7 Conclusion

Many recent advances in ASP rely on the adaptions of techresidrom other ar-
eas. One important example is the Magic Set method, whichssfeom the area of
databases and is used in state-of-the-art ASP groundecenReork showed that a
particular variant of this technique only applies to a dartdass of programs called
super-coherent [2]. Super-coherent programs are thosehvgluissess at least one an-
swer set, no matter which set of facts is added to them. Weuethat this class of
programs is interesting of its own (for instance, sincedhgia certain relation to some
problems in equivalence checking) and thus studied herext@et complexity of recog-
nizing the property of super-coherence for disjunctive mmeinal programs. Our results
show that the problems are surprisingly hard, viz. comgtatél!” and respIl{’. One
direction of future work is to search for methods to turn ey programs into super-
coherent ones with minimal changes. Our proofs might pmwvialuable foundations
for such methods. That said, for using super-coherent progiefficiently for applica-
tions, we believe that an approach that uses a methodoldfgyadit from the currently
prevailing “Guess&Check” or “Generate&Test” should be eleped.
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Abstract. In this paper we provide a framework for the specification
and the verification of business processes, which is based on a temporal
extension of answer set programming (ASP) and we address the problem
of verifying the compliance of business processes to norms. The logical
formalism we use, is a combination of Answer Set Programming and Dy-
namic Linear Time Temporal Logic (DLTL), and allows for a declarative
specification of a business process, as well as the specification of norms,
by means of a set of temporal rules and a set of temporal constraints.
A notion of commitment, borrowed from the social approach to agent
communication, is used to capture obligations within norms. Besides al-
lowing for a declarative specification of business processes, the proposed
framework can be used for encoding business processes specified in con-
ventional workflow languages. The verification of temporal properties of
a business process, expressed by temporal formulas, can be done by en-
coding bounded model checking techniques in ASP. Verifying compliance
of a business process to norms consists, in particular, in verifying that
there are no executions of the business process which leave commitments
unfulfilled.

1 Introduction

The problem of verifying the compliance of business processes has attracted
a lot of interest in recent years. Many organizations (banks, hospitals, public
administrations, etc.), whose activities are subject to regulations, are required to
justify their behaviors with respect to the norms and to show that the business
procedures they adopt conform to such norms. For instance, in the financial
domain, the Sarbanes-Oxley Act (commonly named SOX), enacted in 2002 in
the USA, describes mandates and requirements for financial reporting, and was
proposed in order to restore investors’ confidence in capital markets after major
accounting scandals. MiFID (Markets in Financial Instruments Directive) is a
EU law, effective from 2007, with similar goals, including transparency.

In this paper, we address the problem of automatic verification of business
process compliance and, to this purpose, we propose a framework for the speci-
fication and the verification of business processes, which is based on a temporal
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extension of answer set programming (ASP [12]). The choice of a logical for-
malism for the specification of business processes has the advantage of allowing
a declarative specification of business processes and web services, which has
been advocated in recent literature [29,27,24], as opposed to the more rigid
transition based approach. A declarative specification of a process is, generally,
more concise than transition based specification as it abstracts away form rigid
control-flow details and does not require the order among the actions in the pro-
cess to be rigidly defined. A further advantage of logical formalisms is that the
computational mechanisms of the underlying logic can then be exploited in the
verification of business process properties.

The framework for the specification and the verification of business processes
proposed in this paper, is based on a temporal extension of Answer Set Program-
ming (ASP [12]) defined in [17], which combines Answer Set Programming with
a temporal logic, namely Dynamic Linear Time Temporal Logic (DLTL) [22].
DLTL extends propositional temporal logic of linear time (LTL) with regular
programs of propositional dynamic logic, that are used for indexing temporal
modalities. The language in [17] is a temporal action language, which allows for
the specification of atomic actions by means of their effects and preconditions, as
well as for the specification of complex actions and general temporal constraints
to specify the wanted interactions among the tasks (and, under this respect, our
approach to business process specification has similarities with that of DecSer-
Flow [29]). Besides allowing for a declarative specification of business processes,
this language is well suited for encoding processes specified workflow languages.

As concerns compliance verification, to represent the obligations which can
be enforced by the application of norms, we make use of the notion of commit-
ment, which is borrowed from the area of multi-agent communication [27,11,
20, 16, 5]. We show that the temporal language is well suited to model norms as
directional rules which generate commitments, and that defeasible negation of
ASP can be exploited to capture exceptions to the norms, by allowing norms
to be defeasible. Given the specification of a business process in temporal ASP
and the specification of norms as a set of (defeasible) causal laws generating
obligations (commitments), the problem of compliance verification can be given
a logical characterization. It consists in verifying that there are no executions of
the business process which leave some commitment unfulfilled.

For the verification of the business process properties and, in particular, for
compliance verification, we exploit Bounded Model Checking [6]. In particular,
we exploit an approach developed in [17] for DLTL bounded model checking in
ASP, which extends the approach for Bounded LTL Model Checking with Stable
Models that has been developed in [21].

2 A temporal extension of ASP

We shortly recall the temporal action language introduced in [17], which is based
on a temporal extension of Answer Set Programming (ASP).
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2.1 Temporal action language

The action language is based on the Dynamic Linear Time Temporal Logic
(DLTL) [22]. DLTL extends LTL by allowing the until operator U™ to be indexed
by a program m, an expression of Propositional Dynamic Logic: m can be any
regular expression built from atomic actions using sequence (;), non-deterministic
choice (+) and finite iteration (x). The usual LTL modalities O (always), <
(eventually), O (next), and U (until) can be defined from U™ as well as the new
temporal modalities [7] and (7).

Informally, a formula [r]a is true in a world w of a linear temporal model
if a holds in all the worlds of the model which are reachable from w through
any execution of the program 7. A formula (7)« is true in a world w of a linear
temporal model if there exists a world of the model reachable from w through
an execution of the program m, in which « holds. A formula « U™ is true at a
world w if “a until 5”7 is true at w on a finite stretch of behavior which is in the
linear time behavior of the program 7.

A domain description is defined as a set of laws describing the effects of ac-
tions as well as their executability preconditions. Atomic propositions describing
the state of the domain are called fluents. Actions may have direct effects, that
are described by action laws, and indirect effects, that capture the causal de-
pendencies among fluents and are described by causal laws. The execution of an
action a in a state s leads to a new state s’ in which the effect of the action
holds. The fluents which hold in s and are not affected by the action a, still hold
in s,

Let P be a set of atomic propositions, the fluents, including the inconsistency,
L. A simple fluent literal | is a fluent name f or its negation —f. We will denote
by Litg the set of all simple fluent literals. In the language, we also make use of
temporal literals, that is, literals that are prefixed by the temporal modalities [a],
with a € X, and Q). Their intended meaning is: [a]l holds in a state s if [ holds in
the state obtained after the execution of action a in s; (Ol holds in a state s if [
holds in the state next to s. Lity is the set of temporal fluent literals: if | € Litg,
then [a]l, Ol € Lity, where a is an action name (an atomic proposition, possibly
containing variables), and [a] and ) are the temporal operators introduced in
the previous section. Let Lit = Litg U Lity U{L}. Given a (simple or temporal)
fluent literal I, not [ represents the default negation of I. A (simple or temporal)
fluent literal possibly preceded by a default negation, will be called an extended
fluent literal.

The laws are formulated as rules of a temporally extended logic programming
language. Rules have the form

Oty or...or ty, «t1,... tm,not tyi1,...,not ty,) (1)

or the form
toor...orty < ti, ..., tym,not tymi1,...,not t, (2)

where the t/’s and the ¢;’s are either simple fluent literals or temporal fluent
literals. While laws of the form (1) can be applied in all states, laws of the form
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(2) can only be applied in the initial state. Action laws, causal laws, precondition
laws, persistency laws, initial state laws, etc., which are normally used in action
theories, can all be defined as instances of (1) and (2).

A domain description D is defined as a tuple (I1,C), where IT is a set of laws
of the form 1 and 2 and C is a set of temporal constraints, i.e. general DLTL
formulas.

2.2 Temporal Answer Sets

To define the the semantics of a domain description, we extend the notion of
answer set [12] to capture the linear structure of temporal models. In the fol-
lowing, we consider the ground instantiation of the domain description II, and
we denote by X' the set of all the ground instances of the action names in I7.

We define a (partial) temporal interpretation as a pair (o,S), where o €
X% is a sequence of actions and S is a consistent set of literals of the form
[a1;...;ak]l, where a; ...ay is a prefix of o, meaning that [ holds in the state
obtained by executing a; ...ag. S is consistent iff it is not the case that both
[a1;...;ax)l € S and [aq;...;a,]l € S, for some [, or [ay;...;ax]L € S. A
temporal interpretation (o,.5) is said to be total if either [a1;...;ax]p € S or
[a1;...;a5]-p € S, for each ay ...ay prefix of o and for each fluent name p.

We define the satisfiability of a simple, temporal or extended literal t in a
partial temporal interpretation (o, S) in the state aj . .. ay, (written S, a1 ...ax E
t) as follows:

(0,9),a1...a5 =T, (0,59),a1...a [E L

(0,8),a1...ar =1 iff [a1;...;ax)l €S, for a literal I

(0,59),a1...ax = [a]ll iff [a1;...;ak;a]l € S or

ai ...a,a is not a prefix of o

(0,59),a1...ar = Ol iff [a1;...;a5;b]l €S,

where a; ...arb is a prefix of o

(0,59),a1...a5 =notl iff (0,59),a1...ar 1

Observe that [a]l is true in any state of a linear model in which a is not the
next action to be executed. The satisfiability of rule bodies and rule heads in a
temporal interpretation are defined as usual. A rule O(H « Body) is satisfied
in a temporal interpretation (o, S) if, for all action sequences a; ... ay (including
the empty one), (0,5),a; ...ar = Body implies (0, 5),a1...ax = H.

A rule H « Body is satisfied in a partial temporal interpretation (o, S) if,
(0,5),e = Body implies (0,S),e = H, where ¢ is the empty action sequence.

To define the answer sets of I1, we introduce the notion of reduct of II,
containing rules of the form: [ay;...;ap](H < Body). Such rules are evaluated
in the state aj...ayp.

Let IT be a set of rules over an action alphabet X, not containing default
negation, and let o € 2.

Definition 1. A temporal interpretation (o,S) is a temporal answer set of IT
if S is minimal (in the sense of set inclusion) among the S’ such that (o,S’) is
a partial interpretation satisfying the rules in II.
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To define answer sets of a program II containing negation, given a temporal
interpretation (o,S) over o € X%, we define the reduct, 1195 of IT relative
to (o, S) extending Gelfond and Lifschitz’ transform [13] to compute a different
reduct of IT for each prefix aq,...,ap of 0.

Definition 2. The reduct, Uéfjf?_{aw of IT relative to (o, S) and to the prefix
ai,-..,ap of o, is the set of all the rules

[al;...;ah](HHll,...,lm)

such that H < Iy, ... Iy, not lyy1,...,n0t l, isinIT and (0,5),a1,...,an &1,
foralli=m+1,....,n.

The reduct IT(05) of IT relative to (0,8) is the union of all reducts Hé‘fj?,),ah
for all prefizes ay,...,an of o.

Definition 3. A temporal interpretation (o,S) is an answer set of II if (o,5)
is an answer set of the reduct IT(%5) .

Although the answer sets of a domain description I are partial interpreta-
tions, in some cases, e.g., when the initial state is complete and all fluents are
inertial, it is possible to guarantee that the temporal answer sets of IT are total.

In case the initial state is not complete,we consider all the possible ways
to complete the initial state by introducing in I7, for each fluent name f, the
rules: f < not -f and —f < not f. The case of total temporal answer sets is of
special interest as a total temporal answer set (o,.5) can be regarded as temporal
model (o,V), where, for each finite prefix a1 ...a of o, V(ay,...,ar) = {p
[a1;...;ax]p € S}. In the following, we restrict our consideration to domain
descriptions I7, such that all the answer sets of IT are total.

The notion of extension of a domain description D = (II,C) over X is defined
in two steps: first, the answer sets of II are computed; second, all the answer sets
which do not satisfy the temporal constraints in C are filtered out. For the second
step, we need to define when a temporal formula « is satisfied in a total temporal
interpretation S. Observe that a total answer set .S over o can be regarded as a
linear temporal (DLTL) model [22]. Given a total answer set S over o we define
the corresponding temporal model as Mg = (o, Vg), where p € Vs(aq,...,ap) if
and only if [a1;...;ax]p € S, for all atomic propositions p. We say that a total
answer set S over o satisfies a DLTL formula « if Mg, e = a.

Definition 4. An extension of a domain description D = (II,C) over X, is any
(total) answer set S of Il satisfying the constraints in C.

3 Specifying the business process and the norms

Let us consider a business process of an investment firm, where the firm offers

financial instruments to an investor. The description of the business processes

given in Figure 1 in the language YAWL (Yet AnotherWorkflow Language) [28].
Also, let us consider a regulation containing the following norms:
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Call + | il
Investor Investor Inform Financial Proposal
identification profiling investor instruments evaluation

selection
Send
Sign Order Order contract
verification .
Modify order Withdrawal

Fig. 1. Example business process in YAWL

(1) the firm shall provide to the investor adequate information on its services
and policies before any contract is signed;

(2) if the investor signs an order, the firm is obliged to provide him a copy of
the contract.

The execution of each task in the process has some preconditions and effects.
Due to the presence of norms, the execution of a task in the process above should
generate obligations to be fulfilled. For instance, according to the second norm,
signing an order generates for the firm the obligation to provide a copy of the
contract to the investor. Verifying the compliance of a business process to a
regulation requires to check that, in all the executions of the business process,
the obligations triggered by the norms are fulfilled.

In the following, we provide the specification of the business process and of
the related norms in an action theory. The problem of verifying compliance of
the business process to the norms is then defined as a reasoning problem in the
action theory. Concerning the specification of a business process, we distinguish
two parts in this specification: the specification of the workflow itself, for which
we will exploit the capability of the action language to represent complex ac-
tions, and the specification of the atomic tasks occurring in it. The description
of the atomic actions occurring in the business process provides the background
knowledge, which is common both to the business process and to the norms. The
effects and, possibly, the preconditions of the atomic tasks are defined by intro-
ducing propositions representing the properties of the world that are affected by
the execution of the tasks and that are subject to the norms. They are the prop-
erties whose value is to be checked, for verifying the compliance of the process to
the norms themselves. Such properties are sometimes used in the literature [14,
19, 30] as annotations that decorate the business process. Here, we exploit the ac-
tion language to provide a more expressive formalism for formulating properties
annotations. In the next subsections, we address the problems of specifying the
atomic tasks, specifying the business process control and specifying the norms.
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3.1 Semantic annotations: the specification of atomic tasks

The atomic tasks occurring in the business process are those represented by
boxes in the YAWL specification. In the action theory, they are modeled as
atomic actions with the same name as the atomic tasks.

To introduce the propositions needed to describe the effects and, possibly,
the preconditions of atomic tasks, we introduce the following fluent names in P:

investor(C): C has been identified as a client (an investor);

investor_classified(C): the investor C has been classified;

risk_averse(C), risk_seeking(C') represent the profile of the client;

informed(C): the client has been informed about the bank services and
policies;

selected(T, C): client C has selected financial instrument T';

accepted(T, C): client C has accepted financial instrument T

order_signed(T,C): client C has signed the order of financial instrument T,

order_con firmed(T, C): the order has been confirmed by the bank;

sent_contract(T,C): the contract of the order has been sent to the client;

order_deleted(T,C): the order has been canceled.

In the following, profiling stands for investor profiling, inform stands for inform
investor, fi_selection stands for financial instrument selection, p_eval stands for
proposal evaluation and, finally, order_verif stands for order verification.

The following action and causal laws describe the effect of the actions in the
business process. Although the action language is propositional, in the following,
we use variables in fluent names and in atomic action, so that each action/causal
law stands for a finite number of ground action/causal laws:

O([investor_identi fication(C))investor_identi fied(C)) « client(C))
O([profiling(C)]investor_classi fied(C) « client(C))
O([profiling(C)|risk_averse(C') or [profiling(C)|risk_seeking(C)
— client(C))
O([inform(C)]informed(C) «— client(C))
O([fi-selection(C)]selected(t1,C) or...or [fi_selection(C)]selected(ty, C)
— financial_Zinstr(t1)A. . .Afinancial Zinstr(t, ) Arisk_averse(C))
O([p-eval(T, C)]accepted(T, C) or [p-eval(T, C)|—accepted(T, C'))
O([sign-order(T, C)|order_signed(T, C) « order(T), client(C))

O([order_verif (T, C)]confirmed(T, C) or [order_verif (T, C)]—=confirmed(T, C)

— order(T), client(C))
O([send_contract(T, C)]sent_contract(T, C) « order(T), client(C))
O([withdraw(T, C)|order_deleted(T, C)) « order(T), client(C))
O(—con firmed(T,C) «— order_deleted(T, C))
O([end_procedure]end)

Laws defining executability conditions for atomic tasks can also be given. For
instance,

O([send_contract(T, C)|L «— not confirmed(T,C))
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states that it is possible to send a contract to the investor only if the contract
has been confirmed. Such temporal formulae can be seen as “good properties”,
that the modeler would like to verify on the business process and they can be
verified to hold in all possible executions of the business process with the same
technique that will be introduced for verifying norm compliance. Indeed, some
of the norms will be formalized as precondition laws.

3.2 The specification of the business process workflow

When we are faced with the problem of specifying a business process, even in a
given language as the one introduced in section 2.2, many options are available.

In [9], we have shown that the control flow of a business process can be mod-
eled in a rigid way by means of a program expression m, i.e. by defining a complex
action using composition operators like sequence, non deterministic choice and
finite iteration, as well as test actions p? which can be suitably introduced in
the language. Then, a temporal constraint (7)T is introduced in the set of con-
straints C to select those extensions of the domain description, corresponding to
the possible executions of the program .

Although this is a very simple solution, in the general case, the workflow
of a business process may be non-structured or, even, we may want to provide
a declarative specification of the business process, as done, for instance, in the
declarative flow language ConDec [25]. It must be observed that the logical
nature of our action language makes it well suited for a declarative specification.
Indeed, the presence of general DLTL constraints in action domains allows for a
simple way to constrain activities in a business process. As DLTL is an extension
of LTL, it is possible to provide an encoding of ConDec constraints our action
language.

Besides allowing for a declarative specification of business processes, the
language introduced in Section 2 is well suited for encoding processes spec-
ified in conventional workflow languages, through the specification of action
effects, preconditions and constraints. Consider, for instance, the atomic task
Investor profiling. We can model the fact that this task can be executed only
if the atomic task Investor identification has been executed, by introducing the
precondition law: O([profiling(C)]L «— not investor_identified(C')). Moreover,
the fact that Investor profiling has to be executed after Investor identification
is executed can be modeled by the temporal constraint:

Olinvestor_identi fication(C)|<O(profiling(C)) T

Consider, in addition, the atomic task Order verification. After its execution
Send contract is to be executed if the order has been confirmed, otherwise, the
task Modify order has to be executed. This can be modeled introducing the
precondition laws

O([send_contract(T, C)|L «— —confirmed(T, C))
O([modi fy-order(T,C)]L «— confirmed(T,C))
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and temporal constraints

Olorder wverif(C)](confirmed(T, C) — <& (send_contract(T,C))T)
Olorder werif(C)]|(—con firmed(T,C) — &{modify-order(T,C))T)

This approach can be generalized for translating YAWL processes into a
domain description by action effects and preconditions as well as constraints.
The translation, in general, would require to introduce new fluent names as, for
instance, for each atomic task a, a fluent executable(a), which is made true when
the execution of task a is enabled. Some technicalities (that we do not address
here) are needed to model AND/OR splits and AND/OR joins.

The approach we adopt in this paper for reasoning about actions is well
suited for reasoning about systems with infinite computations (see [17]). To deal
with finite computations we introduce a dummy action, which can be repeated
infinitely many times after the termination of the process (thus giving rise to
an infinite computation). In practice, however, as an optimization of the ASP
translation, we can avoid looking for arbitrary models with loops during model
checking and restrict to ad hoc computations corresponding to finite traces.

3.3 Normative specification

According to the normative specification, the execution of each task in the busi-
ness process can trigger some normative positions (obligations, permissions, pro-
hibitions). For instance, the identification task in the business process above,
which introduces a new investor C, also generates the obligation to inform the
investor. This obligation must be fulfilled during the course of execution of the
business process, if the process is compliant with the norm stating that the firm
has the obligation to inform customers.

In the following we make use of causal laws to represent norms in the ac-

tion theory, and we introduce a notion of commitment to model obligations.
The use of commitments has long been recognized as a “key notion” to allow
coordination and communication in multi-agent systems [27, 20, 11]. A notion of
commitment for reasoning about agent protocols in a temporal action logic has
been adopted in [16]. Following [16], we introduce two kinds of commitments
(which are regarded as special fluent propositions): base-level commitments hav-
ing the form C(i,j, A) and meaning that agent ¢ is committed to agent j to
bring about A (where A is an arbitrary propositional formula not containing
commitment fluents); conditional commitments having the form CC(s, j, B, A)
and meaning that agent 7 is committed to agent j to bring about A, if condition
B is brought about.
A base level commitment C(i, j, A) can be naturally regarded as an obligation
(namely, OA, “A is obligatory”), in which the debtor and the creditor are made
explicit. The two kinds of base-level and conditional commitments we use here
are essentially those introduced in [31]. Our present choice is different from the
one in [20], where agents are committed to execute an action rather than to
achieve a condition.
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The idea is that commitments (or obligations) are created as effects of the
execution of some basic tasks in the business process and they are “discharged”
when they have been fulfilled. A commitment C(¢, j, A), created at a given state
of a run of the process, is regarded to be fulfilled in the run if there is a later
state of the run in which A holds. As soon as a commitment is fulfilled in a run,
it is considered to be satisfied and no longer active: it can be discharged.

Given the notion of commitment introduced above, the norms which gener-
ate obligations to be fulfilled can be modeled as causal laws which trigger new
commitments/obligations. Other norms which define preconditions on the exe-
cutability of some actions or, in general, ordering constraints on the executions
of atomic tasks can be encoded by general temporal formulas. For instance, we
can encode the norms (1) and (2) above by the following precondition and causal
laws:

O([sign-order(T, C)]L < not informed(C))
O(C(firm, C, sent_contract(T, C)) « order_signed(T, C))

The first one is a precondition for sign_order(T,C), stating that, if the client
has not been informed, he cannot sign an order. The second one, a causal law,
states that when an order is signed by C, the firm is committed to C' to send
her the information required.

Causal laws are needed for modeling the interplay of commitments and fluent
changes. In particular, for each commitment C(i, j, ), we introduce the following
dynamic causal laws in the domain description:

(i) B(O~C(i,j, ) « C(i, j, ), Oa)
(ii) B(OC(E, 4, @) < CC(i, 4, 5, a), OF)
(iii) B(O~CC(i, j, 8, @) — CC(i, 5, B, ), OB)

A commitment to bring about « is considered fulfilled and is discharged as soon
as « holds (i). A conditional commitment CC(i, j, 8, «) becomes a base-level
commitment C(i, 7, «) when (3 has been brought about (ii) and, in that case, the
conditional commitment is discharged (iii).

One of the central issues in the representation of norms comes from the
defeasible nature of norms. Norms may have exceptions: recent norms may cancel
older ones; more specific norms override more general norms and, in other cases,
explicit priority information (not necessarily related to recency or specificity) is
needed for eliminating conflicts. Consider the following example from [19]:

ri: C(S, M, O, discount) < sells(S, M, O), premium_customer (M)
ro: =2C(S, M, O, discount) «— sells(S, M, O), special _order(S, M, O)

Rule r; states that a seller has the obligation to apply a discount to premium cus-
tomers. Rule ry states that customers are not entitled for a discount in case the
order (O) is a special order. Observe that, if two rules are regarded as being strict,
a state in which the fluents premium_customer (M), special _order(S, M, O) and
sells(S, M, O) hold results to be inconsistent.
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To avoid conflicting situations as the one above, priorities among rules can
be incorporated. Suppose the two rules above are regarded as defeasible and
assume that rule 7o has preference over rule r; (we write ro > r1). The priority
between the conflicting norms r; and 79, with ro > r1, can be modeled using
default negation. For instance, we can transform the rules r; and 7o as follows:

O(C(S, M, 0, discount) «— sells(S, M, O), premium(M), not bl(r1(S, M, 0)))
O(=C(S, M, O, discount) «— sells(S, M, O), special _order(C),not bl(ra(S, M, 0)))
O(bl(r1 (S, M, O)) « sells(S, M, O)Aspecial _order(C), not bl(rs(S, M, 0)))

where bl(r;(S, M, O)) means that rule r; is blocked. In this way, rule ro, when
applicable, blocks the application of r1, but not vice-versa.

This treatment of priorities among conflicting rules, in essence, relies on the
idea of using abnormality predicates for capturing exceptions. It is not intended
to provide a general solution to the problem of modeling priorities among rules,
as, in the general case, priorities may be also allowed between non conflicting
rules. The problem of dealing with prioritized programs under the answer set
semantics has been addressed, for instance, in [7] and in [10] in a more general
setting. We believe that the approach proposed in [10] can be exploited in this
setting to model defeasible norms as prioritized defeasible causal laws.

A further issue to be addressed when modeling norms is that of formalizing
violations and reparation obligations, and we refer to [9] for a possible encoding
of reparation chains in our language.

4 Compliance verification by model checking

In this section we provide a characterization of the problem of compliance, as a
problem of reasoning about action in the action theory defined above. In Section
3.3, we have devised two different typologies of norms which we may want to
verify compliance with: norms which can be encoded as a temporal formula (in
the example, a precondition formula) and norms whose application generates
obligations to be fulfilled, which can be modeled as causal laws generating com-
mitments. Concerning the first kind of norms, the temporal formula encoding the
norm has to be verified to be true in all the extensions of the domain description.
Concerning the second kind of norms, verifying the compliance of the business
process with such norms amounts to check that, in all the possible extensions
of the domain description D, all the commitments generated will be eventually
fulfilled, unless they have been cancelled: O(C(i,j,a) — (o vV =C(4, 4, r))).
Action withdraw, for instance, might have the indirect effect of canceling the
commitment to send the contract, if it has not yet been sent. Observe that can-
celing a commitment would not be possible if the commitment were encoded by
the temporal formula $ar.

Let D = (II,Cp) be a domain description defined as the specification of a
given business process B, including the specification of the atomic tasks involved
in the process (semantic annotations). Let N be a set of norms, which have been
encoded by a set of causal laws IIy and a set of temporal formulas Py. The
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domain description resulting from the encoding of the business process and the
norms can then be defined as D = (IIg U IIN,Cp). We can define the problem
of verifying the compliance of a business process to a set of norms as follows:

Definition 5. The business process B is compliant with the set of norms N =
(IIn, Py) if, for each extension (o,S) of the domain description D = (IIg U
IIn,Cpg), the following conditions hold:

— for each temporal formula « in Py, (0,S) satisfies a;
— for each commitment C(i, j, &) occurring in ITx, (0,5) satisfies the formula
O(C(, j, ) = O(a VvV =C(i, j, @)

Dually, the problem of identifying a wiolation to the norms can be regarded
as a satisfiability problem: the problem of finding an execution of the business
process which violates some of the norms, that is, the problem of finding an
extension (o, S) of D such that either (o,.5) contains unfulfilled commitments,
i.e., it satisfies O(C(4, j, ) A=O(aV =C(i, 4, «))), or it falsifies a formula in ITy.

Consider the domain description D, including the specification Dp of the
business problem example and the causal law O(C( firm, C, sent_contract(T, C))
— order_signed(T, C)). Each extension S of the domain description satisfies the
temporal formulas

O(C(firm, C, sent_contract(T, C)) — Osent_contract(T, C))
O([sign-order(T,C)]L «— informed(C))

Hence, the business process is compliant with the norms. In fact, in all the execu-
tion of the business process, the commitment to send the contract is eventually
fulfilled by the execution of the action send_contract, which has to be eventually
executed in the business process; and, for the second formula, the execution of
sign_order is always after in form which makes the client informed.

In [17] we exploit bounded model checking (BMC) techniques [6] for com-
puting the extensions of a temporal domain description and for verifying its
temporal properties. More precisely, we describe a translation of a temporal do-
main description into standard ASP, so that the temporal answer sets of the
domain description can then be computed as the standard answer sets of its
translation. Extensions of the domain description satisfying the temporal con-
straints or given temporal properties are computed by bounded model checking,
following the approach proposed in [17] for the verfication of DLTL formulas,
which extends the one developed in [21] for bounded LTL model checking with
Stable Models.

As an alternative to encoding the business process control flow in the logical
formalisms (as done in section 3.2), a direct encoding of the workflow compu-
tations in the ASP program is also feasible, and makes the verification more
efficient. In this case, the action language is used only for the specification of
the semantic annotations and of the norms. Based on these ideas, we have used
bounded model checking in ASP verify business process compliance. The imple-
mentation we have developed is based on the DLV system [23].
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5 Conclusions and related work

The paper presents an approach to the verification of the compliance of business
processes with norms. The approach is based on a temporal extension of ASP.
Both the business process, their semantic annotation and the norms are encoded
using temporal ASP rules as well as temporal constraints. In particular, defea-
sible causal laws are used for modeling norms and commitments are introduced
for representing obligations. The verification of compliance can be performed
by using BMC techniques. In particular, we exploit an approach developed in
[17] for DLTL bounded model checking in ASP, which extends the approach for
bounded LTL model checking with Stable Models in [21]. We are currently test-
ing our implementation on several workflow examples to verify the scalability of
the approach, and to compare with other approaches to compliance verification,
including the traditional Petri net approach.

Several proposals in the literature introduce annotations on business pro-
cesses for dealing with compliance verification [14,19,30]. In particular, [19]
proposes a logical approach to the problem of business process compliance based
on the idea of annotating the business process. Process annotations and norma-
tive specifications are provided in the same logical language, namely, the Formal
Contract Language (FCL), which combines defeasible logic [3] and deontic logic
of violations [18]. Compliance is verified by traversing the graph describing the
process and identifying the effects of tasks and the obligations triggered by task
execution. Ad hoc algorithms for propagating obligations through the process
graph are defined.

In [30] a formal execution semantics for annotated business processes is intro-
duced. The proposed semantics combines a Petri-net like (token passing) seman-
tics for BPMN process execution, coming from the workflow community, with
a declarative specification of actions preconditions and effects in clausal form,
coming from the AT literature of actions and state changes. Several verification
tasks are defined to check whether the business process control flow interacts
correctly with the behaviour of the individual activities. However, [30] does not
address the problem of verifying compliance of the business process with norms.

An approach to compliance based on a commitment semantics in the con-
text of multi-agent systems is proposed in [8]. The authors formalize notions of
conformance, coverage, and interoperability, proving that they are orthogonal
to each other. Another approach to the verification of agents compliance with
protocols, based on a temporal action theory, has been proposed in [16]. These
papers do not address the problem of compliance with norms.

[4] presents an approach to compliance checking for BPMN process models
using BPMN-Q), a visual language based on BPMN. Compliance rules are given
a declarative representation as BPMN-Q queries. Then, BPMN-Q queries are
translated into temporal formulas for verification.

In [24] the Abductive Logic Programming framework SHIFF [2] is exploited
in the declarative specification of business processes as well as in the (static and
runtime) verification of their properties. In particular, in [1] expectations are
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used for modelling obligations and prohibitions and norms are formalized by
abductive integrity constraints.

In [26] Concurrent Transaction Logic (CTR) is used to model and reason
about general service choreographies. Service choreographies and contract re-
quirements are represented in CTR. The paper addresses the problem of decid-
ing if there is an execution of the service choreography that complies both with
the service policies and the client contract requirements.

Temporal rule patterns for regulatory policies are introduced in [15], where
regulatory requirements are formalized as sets of compliance rules in a real-time
temporal object logic. The approach is used essentially for event monitoring.
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Abstract. Abduction is a form of inference that supports hypothetical
reasoning and has been applied to a number of domains, such as di-
agnosis, planning, protocol verification. Abductive Logic Programming
(ALP) is the integration of abduction in logic programming. Usually, the
operational semantics of an ALP language is defined as a proof proce-
dure.

The first implementations of ALP proof-procedures were based on the
meta-interpretation technique, which is flexible but limits the use of
the built-in predicates of logic programming systems. Another, more
recent, approach exploits theoretical results on the similarity between
abducibles and constraints. With this approach, which bears the ad-
vantage of an easy integration with built-in predicates and constraints,
Constraint Handling Rules has been the language of choice for the im-
plementation of abductive proof procedures. The first CHR-based imple-
mentation mapped integrity constraints directly to CHR rules, which is
an efficient solution, but prevents defined predicates from being in the
body of integrity constraints and does not allow a sound treatment of
negation by default.

In this paper, we describe the CHR-based implementation of the SCIFF
abductive proof-procedure, which follows a different approach. The SCIFF
implementation maps integrity constraints to CHR constraints, and the
transitions of the proof-procedure to CHR rules, making it possible to
treat default negation, while retaining the other advantages of CHR-
based implementations of ALP proof-procedures.

1 Introduction

According to the philosopher Peirce [1], abductive reasoning is one of the ba-
sic inferences a reasoning agent (and a human in particular) uses. It is a type
of hypothetical reasoning associated with finding explanations for a given evi-
dence. Its most classical application is diagnosis: we are given a symptom of a
patient, or a wrong behaviour of a machine, plus a set of rules explaining which
illnesses might cause the symptom /misbehaviour, and we have to guess the right
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cause. Besides diagnosis, abductive reasoning has been applied to a number of
applications, like planning [2], protocol verification [3], etc.

Abductive Logic Programming (ALP) [4] is a language that embeds abduc-
tive reasoning into logic programming. In ALP, we have a set of predicates that
have no definition, and are called abducibles. The truth of such predicates cannot
be proven, but it can be assumed: the abductive derivation will provide in the
computed answer the set of abduced hypotheses, together with the binding (the
classical answer of Logic Programming languages). However, in typical applica-
tions, not all combinations of assumptions make sense: some illnesses are to be
excluded beforehand, depending e.g. on the sex of the patient. For this reason,
in ALP the user can typically define a set of rules, called Integrity Constraints,
that must be satisfied by the set of hypotheses. The operational semantics of
an ALP is typically defined as a proof-procedure. A number of proof-procedures
have been proposed in the past for performing abductive reasoning; they are
typically implemented as Prolog meta-interpreters [5-8].

A number of researchers have become interested in abductive reasoning be-
cause it deals in a simple and sound way with negation [9]. Literal not(a) is
rewritten as an integrity constraint a — false, and then handled appropriately
by the proof procedure. This type of negation is also called negation by default.

ALP has also been integrated with Constraint Logic Programming [6, 8, 10],
in order to use both abductive reasoning and constraint propagation.

Kowalski et al. [11] studied the theoretical similarities between constraints
and abducibles. Such similarity was later exploited for the implementation of
abductive proof-procedures where abducibles are mapped to CLP constraints.
For this purpose, a promising is Constraint Handling Rules (CHR) [12] a lan-
guage designed to implement new constraints and constraint solvers in a simple
and efficient way.

The first works on the implementation of abductive reasoning in CHR [13-16)
implemented directly the integrity constraints into CHR rules: in a sense, CHR,
becomes also the language for writing integrity constraints. Thus, the user can
write rules such as

pPAq—T,

where p and q are abducible predicates and r can be either an abducible or
a defined predicate. The interest of a CHR implementation is not only theo-
retical: thanks to the tight integration of CHR, in the host language (which is
often Prolog), those proof-procedures can seamlessly access built-in constructs
and constraint solvers. This means that they have access to the innumerable li-
braries written in Prolog, and they can even recurse through external predicates:
the abductive program can invoke Prolog predicates, and also meta-predicates
(e.g., findall, minimize, ...), which can in their turn request the abduction
of atoms, etc. A proof-procedure written in CHR benefits immediately from all
the improvements of CHR engines, as recently happened with the Leuven CHR
implementation [17]. Finally, those ALP which do not exploit abduction (or use
abduction only in a limited subset of the application) do not suffer from the
meta-interpretation overhead, but run at full speed.
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However, a rule with a defined predicate in the antecedent is not allowed:
these languages sacrifice negation by default on the altar of efficiency, which is
a sensible thing to do in some applications, but it is not in others.

The SCIFF proof-procedure [18] was developed in 2003 with an alternative
CHR implementation, in which integrity constraints are first-class objects, and
the proof-procedure can actively reason about them. In particular, we map ab-
ducibles into CHR constraints and implement the transitions of the operational
semantics as CHR rules; in this way, the implementation follows very closely the
operational semantics. Thanks to the sound operational semantics, SCIFF has
a sound treatment of default (and also explicit) negation. Thanks to the CHR
implementation, SCIFF is smoothly integrated with a constraint solver. From a
language viewpoint, SCIFF has unique features that do not appear in other ab-
ductive proof-procedures: it handles universally quantified variables both in the
abducibles and in the integrity constraints; CLP constraints (treated as quan-
tifier restrictions [19]) can be imposed both on existentially and on universally
quantified variables.

SCIFF has been continuously developed and improved in the past few years,
and now it is smoothly integrated in graphical interfaces, semantic web applica-
tions; it is considerably faster, more robust, and provides more features.

In this paper, we show the implementation in CHR of the abductive proof-
procedure SCIFF, and we report about its recent improvements.

The rest of the paper is organised as follows. We first describe the SCIFF
abductive framework in Section 2. After some preliminaries on CHR (Section 3),
we present the implementation of SCIFF in CHR (Section 4). Discussion of
related work (Section 5) and conclusions (Section 6) follow.

2 An abductive framework

Abductive Logic Programming is a family of programming languages that inte-
grate abductive reasoning into logic programming. An ALP is a logic program,
consisting of a set of clauses, that can contain in the body some distinguished
predicates, belonging to a set A and called abducibles, (that will be shown in
the following in boldface). The aim is finding a set of abducibles A C A that,
together with the knowledge base, is an explanation for a given known effect
(also called goal G):
KBUAEG.

Also, A should satisfy a set of logic formulae, called Integrity Constraints IC'"
KBUAEIC.
E.g., if a patient has a headache, a physician may consult a knowledge base

headache — flu.
headache «+— migraine.
headache «— meningitis.
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and the abductive system will return one of the three explanations.

SCIFF [18] is a language in the ALP class. CLP [20] constraints can be
imposed on variables (which allows, for instance, to express that an event is
expected to happen in a given time interval). For example, we might have an
integrity constraint

flu — temp(7T),T < 39

saying that the explanation flu is acceptable only if the temperature of the pa-
tient is less than 39°C'. The computed answer includes in general three elements:
a substitution for the variables in the goal (as usual in Prolog), the constraint
store (as in CLP), and the set A of abduced literals.

SCIFF was originally developed for the verification of interaction in multia-
gent systems [21,22] and it is an extension of the IFF proof-procedure [7].

3 A brief introduction to Constraint Handling Rules

Constraint Handling Rules [12] (CHR for brevity hereafter) are essentially a
committed-choice language consisting of guarded rules that rewrite constraints
in a store into simpler ones until they are solved. CHR define both simplification
(replacing constraints by simpler constraints while preserving logical equiva-
lence) and propagation (adding new, logically redundant but computationally
useful, constraints) over user-defined constraints.

The main intended use for CHR is to write constraint solvers, or to extend
existing ones. However, the computational model of CHR presents features that
make it a useful tool for the implementation of the SCIFF proof-procedure.

There are three types of CHRs: simplification, propagation and simpagation.

Simplification CHRs. Simplification rules are of the form
Hl,...,Hi<:>G1,...,Gj|Bl,...,Bk (1)

with ¢ > 0, 7 > 0, k > 0 and where the multi-head Hy,..., H; is a nonempty
sequence of CHR constraints, the guard G, ..., G} is a sequence of built-in con-
straints, and the body By, ..., By is a sequence of built-in and CHR constraints.

Declaratively, a simplification rule states that, if the guard is true, then the
left-hand-side and the right-hand-side are equivalent.

Operationally, when constraint instances H,..., H; in the head are in the
store and the guard G, .. ., Gj is true, they are replaced by constraints By, ..., By
in the body.

Propagation CHRs. Propagation rules have the form
Hl,...,HiﬁGl,..qGﬂBl,...,Bk (2)

where the symbols have the same meaning of those in the simplification rules
(1).

Declaratively, a propagation rule is an implication, provided that the guard
is true. Operationally, when the constraints in the head are in the store, and the
guard is true, the constraints in the body are added to the store.
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Simpagation CHRs. Simpagation rules have the form
H17~-~7Hl\Hl+1;-~-aHi — Gl,...,Gj|Bl,...,Bk (3)

where [ > 0 and the other symbols have the same meaning and constraints of
those of simplification CHRs (1).
Declaratively, the rule of Eq. (3) is equivalent to

Hl,...,Hl,Hl_H,...,Hi<:>Gl,...,Gj|Bl,...,Bk,H1,...,Hl (4)

Operationally, when the constraints in the head are in the store and the guard is
true, Hy, ..., H; remain in the store, and H;41, ..., H; are replaced by By, ..., By.

For example, the constraint < can be implemented in CHR by giving its base
properties, namely the following rules:

A< A& true (5)

A<B,B<A< A=8B (6)

A<B,B<C=A<C (7)

where the symbol =’ stands for unification. The CHR engine rewrites the con-

straints in the store occurring as in the left-hand-side of the rules; for example,
if the constraints X < Y, Y < X are in the store, they are removed from
the store and the variables X and Y are unified, as prescribed by rule 6. Note
that on the left-hand-side of a CHR rule only constraints defined with CHR can
appear: while the right-hand-side can contain any Prolog predicate (including
CLP(FD) constraints, unifications, etc.), these elements cannot appear on the
left-hand-side.

4 Implementation of the SCIFF proof-procedure

One of the features obtained through a CHR implementation (avoiding meta-
interpretation) is that the resolvent of the proof is directly represented as the
Prolog resolvent. This allows us to exploit the Prolog stack for depth-first ex-
ploration of the tree of states. More importantly, this means that we extensively
reuse the Prolog machinery, and that built-in predicates in the host Prolog sys-
tem can be called from the user’s Abductive Logic Programs. We remark again
that this feature comes for free together with the CHR implementation, and
is not easily available in metainterpreter-based implementations of abductive
proof-procedures.

In the same way, the constraint store of the constrained abductive proof-
procedure® is represented as the union of the CLP constraint stores. For the
implementation of the proof-procedure, we used the CLP(FD) and CLP(B) li-
braries, available both on SICStus [23] and SWI Prolog [24] We also have a

3 This constraint store, which contains CLP constraints over variables, should not be
confused with the CHR constraint store, which is used for the implementation of the
other data structures.
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CHR-based solver on finite and infinite domains, and we defined an ad-hoc solver
for reified unification. Recently, the interface between SCIFF and the constraint
solver has been re-engineered, and now it allows the developer to adopt any con-
straint solver that implements a given interface. In this way, the user can choose
for each application which solver he/she wants to use; moreover, new solvers
can be added with very limited effort. For example, the constraint solver on the
reals, CLP(R) [25] has been integrated into SCIFF: the new solver is based on
the simplex algorithm (plus branch-and-bound), which is very efficient for linear
constraints.

To the best of our knowledge, the other abductive proof-procedures imple-
mented in CHR map abducibles to CHR constraints. Integrity constraints, in-
stead, are often represented as CHR rules (typically, propagation rules) [13,15].
Since a propagation CHR can have only CHR constraints in the multiple heads,
the corresponding abductive proof-procedure can contain only abducibles in the
precondition. This limitation forbids in the proof-procedure the implementation
of default negation, that was one of the main motivations behind Abductive
Logic Programming [9]. The operational semantics is then an extension of the
operational semantics of CHR.

SCIFF was developed following a different idea: we wanted increased flexibil-
ity in our language, while retaining the features that come for free with the CHR
implementation. We first defined the declarative and operational semantics of
SCIFF as extensions of the IFF [7]. The operational semantics is given through
a set of transitions that transform a state into another. The implementation,
which maps integrity constraints, as well as the other relevant data strutures, to
CHR constraints (rather than CHR rules) and transitions to CHR rules, follows
the operational semantics very closely.

In the following, we first show some examples of transitions; the interested
reader can find the complete list of transitions in a previous publication [18],
together with the proofs of soundness and completeness of the SCIFF proof-
procedure. We then describe the implementation of some transitions in Sec-
tion 4.2.

4.1 Examples of transitions
Given an abducible a(X) and an integrity constraint
aY)Ap(Z)NY > Z — r(2)

transition propagation generates the following implication (that we call Partially
Solved Integrity Constraint or PSIC for short):

X=YAp(Z)NY > Z —r(Z) (8)

Now, a transition case analysis generates two nodes of an OR-tree: in the first
we consider the case X =Y, so the previous implication is transformed into

p(Z)NX >Z —r(Z),
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in the second node, we consider the case that X # Y, and in this case the
implication (8) is already satisfied.

Suppose we choose the first node, and that the knowledge base contains the
definition of predicate p(Z), e.g., as a fact p(1). Transition unfolding generates
the following implication:

X>1—-r(1)

Now, case analysis is again applied to the implication: in the first node we
consider the case X > 1, while in the second X < 1. In the first case, the goal
r(1) is invoked.

These are just some examples of the transitions. SCIFF contains transi-
tions for handling correctly the various items (abducibles, expectations, hap-
pened events, CLP constraints, negation by default, explicit negation, etc.) in
the SCIFF language.

4.2 CHR implementation

The implementation of the transitions in CHR follows very closely the opera-
tional semantics. The various types of data are mapped to CHR constraints,
while the transitions are mapped into CHR rules. For example, abducibles are
represented as abd(X); this means that abducibles can be directly used in the
knowledge base, and CHR will take care of all the machinery necessary to abduce
a new literal and propagate its consequences. For example, the clause

can be written as
g(X) :- abd(a(X)), b.

A (partially solved) integrity constraint
a(X) Ap(Y) —r(Z2) Vq(Z)
is mapped to the CHR, constraint
psic([abd(a(X)),p(Y)], (x(2);q(Z))).

As a first attempt, the propagation transition (together with case analysis)
can be implemented via the CHR rule

abd(X), psic([abd(Y) |Rest],Head)
==>

copy (psic([abd(Y) |Rest] ,Head) ,psic([abd (Y1) |[Rest1] ,Headl)), (9)
reif _unify(X,Y1,B),
(B#=1, psic(Restl,Headl) ; B#=0).

where copy performs a renaming of an atom (which also considers the various
types of quantification in the SCIFF [18], as well as CLP constraints attached
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to the variables), #= is the finite domain equality constraint and reif _unify is
a CHR implementation of reified unification [26].

reif_unify is a CHR constraint that declaratively imposes that either B =1
and the first two arguments unify, or B = 0 and the two atoms do not unify; in
logics, reif _unify(X,Y,B) is true iff

X=Y<B=1

Note that some of the details are taken care of directly by CHR: if we have
a set of abducibles and a set of PSICs we do not have to remember explicitly
which PSICs have been tried with which abducibles (in order to avoid loops), as
CHR itself does this work.

Note also that propagation is attempted only with the first element of the
partially solved integrity constraint’s antecedent, but this does not impact on
what integrity constraints will be completely solved. For instance, given the
integrity constraint a,b — c, if b and a are abduced in sequence, b will not
be propagated as soon as it is abduced, but only after a has been abduced and
propagated, and the partially solved integrity constraint b — ¢ has been added
to the constraint store; in the end, c¢ will be abduced anyway. In this way, we
ensure that each atom is propagated only once with each integrity constraint,
without a need to keep track of previous propagations.

A number of improvements can be done to rule (9). First of all, CHR uses
efficient indexing and hash tables to avoid checking all the possible pairs of CHR
constraints. Sadly, rule (9) does not exploit such features of CHR. Note that the
constraints in the antecedent of the propagation CHR do not share any variable,
thus the CHR engine has to try each possible pair of constraints of types abd
and psic, while, intuitively, one should try only those pairs whose arguments
may unify. A first idea would be to rewrite the transition as:

abd(X), psic([abd(X) |Rest],Head)

which would use CHR hash tables much more efficiently, but it would propagate
only when the arguments are already ground or bound to the same term. This
would be a very lazy propagation, that does not exploit the reified unification
algorithm.

However, since abducibles are atoms, they always have a main functor, thus
the argument of abd is always a term, which can contain variables, but it cannot
be a variable itself. It is sensible to exploit the main functor for improving
the selection of candidates. We represent each abducible as a CHR constraint
with two arguments, where the first argument contains a ground term used to
improve the hashing: in the current implementation, it is a list containing the
main functor and its arity. The code for abducing an atom X is then:

abd(X) :- functor(X,F,A), abd([F,A],X).
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Now, the propagation transition can be implemented with the CHR propagation
rule:

abd(F,X), psic([abd(F,Y) |Rest],Head)
fn_ok(X,Y) |
copy (psic([abd(Y) |Rest] ,Head) ,psic([abd (Y1) |Rest1] ,Headl)),
reif _unify(X,Y1,B),
(B#=1, psic(Restl,Headl) ; B#=0).

(10)

i.e., only those pairs with identical first argument (i.e., abducibles that share the
same functor and arity) are tried. fn_ok is a predicate that checks if the two
arguments can possibly unify, and is also used for improving efficiency.

Many of the transitions of SCIFF open a choice point, as we can see from
the example of Eq. (10). However, in case reif _unify immediately yields 0
or 1, there is no point in opening a choice point. Otherwise, one could delay
the disjunction, in order to open choice points as late as possible, hoping that
other transitions might constrain the value of the B variable, possibly making it
ground. In other words, it would be more desirable to delay as much as possible
the non-deterministic transitions (those opening choice points), while expediting
the deterministic ones (those that do not open choice points). One reason is
that the deterministic may fail, and in this case the choice points opened by
nondeterministic choices would be useless.

In order to implement the delay mechanism, we defined a CHR constraint
‘nondeterministic’ that holds, as argument, a non-deterministic goal. In the
previous example, the propagation transition is actually rewritten as

abd(F,X), psic([abd(F,Y) |Rest],Head)

==>

fn_ok(X,Y) |

copy (psic([abd(Y) |Rest] ,Head) ,psic([abd(RenY) |RenRest] ,RenHead)),
reif_unify(X,RenY,B),

(B == 1 -> psic(RenRest,RenHead) ;

B == 0 -> true ;

nondeterministic((B#=1, psic(RenRest,RenHead)) ; B#=0)).

i.e., we check if reified unification imposed a value on the boolean variable B, and
we open a choice point only in case it did not. The choice point is not actually
opened immediately, but it is declared in a CHR constraint.

Then, we defined a set of CHRs for dealing with nondeterministic con-
straints. We alternate a deterministic and a non-deterministic phase: initially, in
the derivation, only deterministic transitions can be activated. Later, when the
fixed point of the deterministic ones is reached, one non-deterministic transition
can be applied, and we return to the deterministic phase. In CHR:

switch2det @ phase(nondeterministic), nondeterministic(G) <=>
call(G),
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phase(deterministic).
switch2nondet @ phase(deterministic) <=> phase(nondeterministic).

where rule switch2nondet should be one of the last rules to be tried.

Transition Unfolding. Differently from HYPROLOG [15], integrity constraints
can involve literals built on defined predicates. This allows for a sound treatment
of default negation: a negative literal not(a) is converted into an implication
a — false. Given a PSIC whose body contains a literal of a predicate defined
in the K B, transition unfolding unfolds the literal:

psic([Atom|Rest] ,Head) <=>

is_defined_literal(Atom) |
findall(clause(Atom,Body),clause(Atom,Body) ,Clauses),
unfold(Clauses,psic([Atom|Rest] ,Head)).

unfold([J],_).
unfold([clause(Atom,Body) |Clauses] ,psic([Atoml|Rest1] ,Headl)) :-
ccopy(psic([Atoml,Rest1] ,Headl) ,psic([Atom2|Rest2] ,Head2)),
Atom = Atom2,
append (Body,Rest2,NewBody) ,
psic(NewBody,Head?2),
unfold(Clauses,psic([Atoml|Restl] ,Headl)).

This might pose problems of termination: if the unfolded predicate is recur-
sive, there exists an infinite branch in the derivation. For example, consider the
IC:

a(List), member(Term, List) — b(Term) (11)

with the knowledge base:

member (X, [X|T)).
member (X, [Y|T]) : —member(X,T).
g: _a([L 27 3])

Intuitively, the goal g is true provided that we abduce a([1, 2, 3]) and b(1), b(2),
b(3). However, if we unfold predicate member in the IC (11) before the atom
a([1,2,3]) was abduced, the unfolding generates an infinite number of implica-
tions. For this reason, early versions of SCIFF delay the unfolding after the
other transitions, in the hope of binding some of the variables. In this particular
example, if member is unfolded only after a([1,2, 3]) is abduced, the number of
implications generated is equal to the number of elements in the list L, which is
finite.

However, in other cases defined predicates provide just the value of a param-
eter, in this example, a deadline:

start(a, T,) A deadline(D) — end(b,Ty) AT, < Ty, + D
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The knowledge base contains a simple fact deadline(5) stating that the deadline
is 5 time units. In this case, if the unfolding of deadline is postponed after
propagation of the start(a, T;,) event, it is repeated as many times as the number
of start atoms that will be abduced, which might be a big number. For this
reason, recent versions of SCIFF unfold eagerly the predicates defined only by
facts, and lazily the other predicates.

Results. The efficiency of SCIFF has greatly improved with respect to earlier
versions [27]. The following experiments were run on a 1.5GHz Pentium M 715
processor, 512MB RAM computer running SICStus 4.0.7.

[Experiment |SCIFF 2005[SCIFF 2011
Auction Protocol 2.27s 0.37s
Block World 45.0s 15.7s
A'LoWS Feeble conformance 84.4s 36.8s
A'T.oWS non-conformant 3.7s 3.3s

The aim of these experiments is not to compete with other abductive proof-
procedures, but to show the improvements obtained taking into consideration the
features of CHR. The version 2011 features improved hashing, eager unfolding,
and other minor improvements. The experiments are real-life applications that
we developed in SCIFF: the proof of conformance of agents to an auction proto-
col, planning in the abductive event calculus, and A'LoWS [28], a system based
on SCIFF for the conformance verification of web services to choreographies.

4.3 SCIFF as a System

From a software engineering perspective, since its first prototypical implemen-
tation [27] SCIFF has been greatly improved, and it is now a fully fledged
development system (see Fig. 1). An integrated development environment for
SCIFF ALPs, implemented as an Eclipse plugin, is now available. Through a
RuleML parser, ALPs can be obtained dynamically from the web. Animations
of the output are possible through Scalable Vector Graphics (SVG), the W3C
standard for vector graphics and animations. A Graphical User Interface dis-
plays relevant information to the user [3]. Facts can be added dynamically from
a number of sources, including Linda blackboards, Apache log files, Jade Sniffer
Agent output.

5 Related work

The SCIFF abductive framework is derived from the IFF proof procedure [7],
which it extends in several directions: dynamic update of the knowledge base by
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Fig. 1. Architecture of the SCIFF system, illustrating some of the available inputs and
outputs.

happening events, confirmation and disconfirmation of hypotheses, hypotheses
with universally quantified variables, CLP constraints. Many other abductive
proof-procedures have been proposed in the past; the interested reader can refer
to the exhaustive survey by Kakas et al. [29].

Other proof-procedures deal with constraints; in particular we mention ACLP
[6] and the A-system [8], which are deeply focussed on efficiency issues.

Some conspicuous work has been done with the integration of the IFF proof-
procedure with constraints [11]. Endriss et al. [10] present an implementation
of an abductive proof-procedure that extends IFF [7] in two ways: by dealing
with constraint predicates and with non-allowed abductive logic programs. The
cited work, however, does not deal with confirmation and disconfirmation of
hypotheses and universally quantified variables in abducibles, as ours does.

All of these proof-procedures are implemented as Prolog meta-interpreters.
However, we believe that a CHR implementation has features that a meta-
interpreted version cannot have, as we explained in the introduction.

Abdennadher and Christiansen [13] and Christiansen and Dahl [30] propose
to exploit the CHR language to extend SICStus Prolog to support abduction
more efficiently than with metainterpretation-based solutions. They represent
abducibles as CHR constraints as we do, but they represent integrity constraints
directly as CHR propagation rules, using the built-in CHR matching mechanism
for propagation: this does not seem possible in our framework, in which we pose
no limitations on the type of literals that occur in the conditions of integrity
constraints. We also experimented with a similar implementation [14,16], but
it proved insufficient for our needs, as we needed a sound treatment of default
negation and more flexibility in the quantification of variables.
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6 Conclusions and future work

In this paper, we have presented the implementation of an abductive proof-
procedure in CHR. We believe that the use of CHR in writing abductive proof-
procedures has several advantages, compared to traditional approaches based
on meta-interpretation. The first advantage is that SCIFF benefits immediately
from new implementations and improvements of CHR engines [31,32,17]. An-
other advantage is that the proof-procedure does not require meta-interpretation,
which lets the user invoke built-in Prolog (meta)predicates within an Abductive
Logic Program, without the need of contemplating explicitly their occurrence
in the meta-interpreter. Also, Prolog is an instance of ALP (that does not use
abduction): in SCIFF, a Prolog program that does not use abduction runs at
full speed, without the overhead of meta-interpretation.

An interesting extension of this work would be to integrate the two main
ideas for implementing abduction in CHR in a unique framework. Each of the
ideas have their own pros and cons: HYPROLOG, that implements integrity
constraints as CHR rules, has less overhead, while SCIFF, that maps integrity
constraints into CHR constraints, is able to deal with default negation and is
provably sound and complete. We are currently studying the idea of selecting
syntactically the integrity constraints in an ALP in a preprocessing phase, and
implementing each in the most efficient possible way, i.e., as CHR rules, when-
ever possible, or as CHR constraints when they contain defined predicates or
CLP(FD) constraints.

Concerning confirmation, there are many possible extensions of this work,
which we intend to pursue in the future. For instance, it would be worthwhile
to let the user impose the failure of a branch of the reasoning tree, regardless
of the confirmation or disconfirmation of the hypotheses made in the branch, in
order to explore branches that the user finds more promising. We also intend
to support a breadth-first exploration of the computation tree, as an alternative
to the depth-first exploration of the current implementation. Besides, we believe
that the formal framework would benefit from the introduction of a formalism
to express priorities among the possible alternative hypotheses, in a given state
of the computation.

Another direction of improvement could be towards better computational
performance, possibly exploiting alternative efficient CHR implementations, such
as the one proposed by Wolf [32].
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Abstract. We present some extensions of a method for verifying safety
properties of infinite state reactive systems. Safety properties are speci-
fied by constraint logic programs encoding (backward or forward) reach-
ability algorithms. These programs are transformed, before their use for
checking safety, by specializing them with respect to the initial states (in
the case of backward reachability) or with respect to the unsafe states (in
the case of forward reachability). In particular, we present a specializa-
tion strategy which is more general than previous proposals and we show,
through some experiments performed on several infinite state reactive
systems, that by using the specialized reachability programs obtained
by our new strategy, we considerably increase the number of successful
verifications. Then we show that the specialization time, the size of the
specialized program, and the number of successful verifications may vary,
depending on the polyvariance introduced by the specialization, that is,
the set of specialized predicates which have been introduced. Finally,
we propose a general framework for controlling polyvariance and we use
our set of examples of infinite state reactive systems to compare in an
experimental way various control strategies one may apply in practice.

1 Introduction

Program specialization is a program transformation technique that, given a pro-
gram and a specific context of use, derives a specialized program that is more
effective in the given context [19]. Program specialization techniques have been
proposed for several programming languages and, in particular, for (constraint)
logic languages (see, for instance [7,11,16,17,21,22,24,27]).

Program specialization may generate polyvariant procedures, that is, it may
derive, starting from a single procedure, multiple specialized versions of that
procedure. In the case of (constraint) logic programming, program specialization
may introduce several new predicates corresponding to specialized versions of
a predicate occurring in the original program. The application of specialized
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procedures to specific input values often results in a very efficient computation.
However, if the number of new predicate definitions and, hence, the size of the
specialized program, is overly large, we may have difficulties during program
compilation and execution.

In order to find an optimal balance between the degree of specialization and
the size of the specialized program, several papers have addressed the issue of
controlling polyvariance (see [22,26], in the case of logic programming). This
issue is related to the one of controlling generalization during program special-
ization, because a way of reducing unnecessary polyvariance is to replace several
specialized procedures by a single, more general one.

In this paper we address the issue of controlling polyvariance in the context
of specialization-based techniques for the automatic verification of properties of
reactive systems [12,13,23].

One of the present challenges in the verification field is the extension of
model checking techniques [5] to systems with an infinite number of states. For
these systems exhaustive state exploration is impossible and, even for restricted
classes, simple properties such as safety (or reachability) properties are undecid-
able (see [9] for a survey of relevant results).

In order to overcome this limitation, several authors have advocated the use
of constraints to represent infinite sets of states and constraint logic programs
to encode temporal properties (see, for instance, [8,15]). By using constraint-
based methods, a temporal property can be verified by computing the least
or the greatest models of programs, represented as finite sets of constraints.
Since, in general, the computation of these models may not terminate, various
techniques have been proposed based on abstract interpretation [2,3,6,8] and
program specialization [12,13,23].

The techniques based on abstract interpretation compute a conservative ap-
proximation of the program model, which is sometimes sufficient to prove that
the property of interest actually holds. However, in the case where the property
does not hold in the approximated model, one cannot conclude that the property
does not hold.

The techniques based on program specialization transform the program that
encodes the property of interest by taking into account the property to be proved
and the initial states of the system, so that the construction of the model of the
transformed program may terminate more often than the one of the original
program, that is, the so-called verification precision is improved.

In this paper we show that the control of polyvariance plays a very rele-
vant role in verification techniques based on program specialization. Indeed, the
specialization time, the size of the specialized program, and the precision of
verification may vary depending on the set of specialized predicates introduced
by different specialization strategies. We also propose a general framework for
controlling polyvariance during specialization and, through several examples of
infinite state reactive systems taken from the verification literature, we com-
pare in an experimental way various control strategies that may be applied in
practice.
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Our paper is structured as follows. In Section 2 we present a method based
on constraint logic programming for specifying and verifying safety properties of
infinite state reactive systems. In Sections 3 and 4 we present a general framework
for specializing constraint logic programs that encode safety properties of infinite
state reactive systems and, in particular, for controlling polyvariance during
specialization. In Section 5 we present some experimental results. Finally, in
Section 6 we compare our method with related approaches in the field of program
specialization and verification.

2 Specialization-Based Reachability Analysis of Infinite
State Reactive Systems

An infinite state reactive system is specified as follows. A state is an n-tuple

(a1, ...,an) where each a; is either an element of a finite domain ) or an element
of the set R of the real numbers. By X we denote a variable ranging over states,
that is, an n-tuple of variables (X1,..., X,,) where each X; ranges over either D

or R. Every constraint ¢ is a (possibly empty) conjunction fd(c) of equations on
a finite domain D and a (possibly empty) conjunction re(c) of linear inequations
on R. An equation on R is considered as a conjunction of two inequations. Given
a constraint ¢, every equation in fd(c) and every linear inequation in re(c) is said
to be an atomic constraint.

The set I of the initial states is represented by a disjunction inity (X) v ... v
inity (X)) of constraints on X. The transition relation is a disjunction #; (X, X') v

.V b (X, X') of constraints on X and X', where X’ is the n-tuple (X1, ..., X})
of primed variables.

A constraint ¢ is also denoted by ¢(X), when we want indicate that the
variable X occurs in it. Similarly, for constraints denoted by ¢(X’) or ¢(X, X’).
Given a constraint ¢ and a tuple V of variables, we define the projection c|y to
be the constraint d such that: (i) the variables of d are among the variables in V,
and (ii) DUR = d <« 37 ¢, where Z is the tuple of the variables occurring in ¢
and not in V. We assume that the set of constraints is closed under projection.

Given a clause C of the form H <« ¢ A G, by con(C) we denote the con-
straint ¢. A clause of the form H <« ¢, where ¢ is a constraint, is said to be
a constrained fact. We say that a constrained fact H <« ¢ subsumes a clause
H «— daG, where d is a constraint and G is a goal, iff d entails ¢, written d C ¢,
that is, DUR = V(d — ¢).

In this paper we will focus on the verification of safety properties. A safety
property holds iff an unsafe state cannot be reached from an initial state of the
system. The set U of the unsafe states is represented by a disjunction ui(X) v ...
v u, (X)) of constraints.

One can verify a safety property by one of the following two strategies:

(i) the Backward Strategy: one applies a backward reachability algorithm, thereby
computing the set BR of states from which it is possible to reach an unsafe state,
and then one checks whether or not BR has an empty intersection with the set I
of the initial states;
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(ii) the Forward Strategy: one applies a forward reachability algorithm, thereby
computing the set FR of states reachable from an initial state, and then one
checks whether or not FR has an empty intersection with the set U of the unsafe
states.

Variants of these two strategies have been proposed and implemented in
various automatic verification tools [1,4,14,20,28].

The Backward and Forward Strategies can easily be encoded into constraint
logic programming. In particular, we can encode the backward reachability al-
gorithm by means of the following constraint logic program Bw:

I: unsafe — inity (X) A bwReach(X)

Ij,: unsafe — inity,(X) A bwReach(X)
Ty: bwReach(X) — t1(X, X’) A bwReach(X")

Tt bwReach(X) «— tp (X, X') A bwReach(X')
Ur: bwReach(X) «— u1(X)
Uy: bwReach(X) — u,(X)

We have that: (i) bwReach(X) holds iff an unsafe state can be reached from the
state X in zero or more applications of the transition relation, and (ii) unsafe
holds iff there exists an initial state of the system from which an unsafe state
can be reached.

The semantics of program Bw is given by the least model, denoted M (Bw),
that is, the set of ground atoms derived by using: (i) the theory of equations
over the finite domain D and the theory of linear inequations over the reals R
for the evaluation of the constraints, and (ii) the usual least model construction
(see [18] for more details).

The system is safe if and only if unsafe ¢ M (Bw).

FEzxzample 1. Let us consider an infinite state reactive system where each state is
a pair of real numbers and the following holds:

(i) the set of initial states is the set of pairs (X7, X2) such that the constraint
X1 > 1A X5 =0 holds;

(ii) the transition relation is the set of pairs of states ((X1, X2), (X1, X4)) such
that the constraint X7 =X;7+ X5 A X5 =Xo+1 holds; and

(iii) the set of unsafe states is the set of pairs (X7, X2) such that the constraint
X9 > X1 holds.

For the above system the predicate unsafe is defined by the following CLP
program Bwl:

1. unsafe — X1 >1 A Xo=0 A bwReach(X1, X5)
2. bwReach(X1,X5) — X1 =X1+ X2 A X5 = Xo+1 A bwReach(X7, X})
3. bwReach(X1, Xs) «— Xo> X, O

The Backward Strategy can be implemented by the bottom-up construction
of the least fixpoint of the immediate consequence operator Sp,, that is, by
computing Sp, Tw [18]. The operator Sp,, is analogous to the usual immediate
consequence operator associated with logic programs, but constructs a set of
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constrained facts, instead of a set of ground atoms. We have that M (Bw) is the
set of ground atoms of the form A¢ such that there exists a constrained fact
A «— cin Spy, Tw and the constraint ¢ is satisfiable. BR is the set of all states s
such that there exists a constrained fact of the form bwReach(X) «— ¢(X) in
Spwlw and ¢(s) holds. Thus, by using clauses I, ..., I, we have that the atom
unsafe holds iff BRNT # (.

One weakness of the Backward Strategy is that, when computing BR, it does
not take into account the constraints holding on the initial states. This may lead
to a failure of the verification process, even if the system is safe, because the
computation of Sp, T w may not terminate. A similar weakness is also present
in the Forward Strategy as it does not take into account the properties holding
on the unsafe states when computing FR.

In this paper we present a method, based upon the program specialization
technique introduced in [13], for overcoming these weaknesses. For reasons of
space we will present the details of our method for the Backward Strategy only.
The application of our method in the case of the Forward Strategy is similar, and
we will briefly describe it when presenting our experimental results in Section 5.

The objective of program specialization is to transform the constraint logic
program Bw into a new program SpBw such that: (i) unsafe € M(Bw) iff
unsafe € M(SpBw), and (ii) the computation of Sg,pyw | w terminates more
often than Sp, T w because it exploits the constraints holding on the initial
states.

Let us show how our method based program specialization works on the
infinite state reactive system of Example 1.

Ezample 2. Let us consider the program Bwl of Example 1. The computation of
SpBuw1 Tw does not terminate, because it does not take into account the informa-
tion about the set of initial states, represented by the constraint X; >1 A X5 =0.
(One can also check that the top-down evaluation of the query unsafe does not
terminate either.)

This difficulty can be overcome by specializing the program Bw1 with respect
to the constraint X; >1 A X3 =0. Similarly to [13], we apply a specialization
technique based on the unfolding and folding transformation rules for constraint
logic programs (see, for instance, [10]). We introduce a new predicate newl
defined as follows:

4. newl(Xy, Xo2) «— X1>1 A Xo=0 A bwReach(X1, X2)
We fold clause 1 using clause 4, that is, we replace the atom bwReach(X7, X2)
by newl(X7, X2) in the body of clause 1, and we get:

5. unsafe — X1>1 A Xa=0 A newl(Xy, Xo)

Now we continue the transformation from the definition of the newly intro-
duced predicate newl. We unfold clause 4, that is, we replace the occurrence of
bwReach(X1, X2) by the bodies of the clauses 2 and 3 defining bwReach(X1, X5)
in Bwl, and we derive:

6. newl(X1,X2) — X1>1 A Xo=0A X{=X; A X)=1 A bwReach(X], X})
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In order to fold clause 6 we may use the following definition, whose body consists
(modulo variable renaming) of the atom bwReach(X], X4) and the constraint
X1>1AX2=0nX{=X; A X;=1 projected w.r.t. the variables (X], X3):

7. newp(X1, X2) «— X1 >1 A Xo=1 A bwReach(X1, X5)

However, if we repeat the process of unfolding and, in order to fold, we introduce
new predicate definitions whose bodies consist of the atom bwReach(X{, X5) and
projected constraints w.r.t. (X7, X3), then we will introduce, in fact, an infinite
sequence of new predicate definitions of the form:

newq(X1, X2) «— X1 >1 A Xo=k A bwReach(X1, X2)

where k gets the values 1,2,... In order to terminate the specialization pro-
cess we apply a generalization strategy and we introduce the following predicate
definition which is a generalization of both clauses 4 and 7:

8. new2(X1,X2) — X1 Z 1A X2 ZO A waeach(Xl,Xg)
We fold clause 6 using clause 8 and we get:
9. newl(Xy,X2) «— X1>1 A Xo=0A X=X A Xj=1 A new2(X7, X}%)

Now we continue the transformation from the definition of the newly introduced
predicate new2. By unfolding clause 8 and then folding using again clause 8 we
derive:

10. new2(X7, Xo) «— X121 AX2>0 A X]=X14X5 A X =Xo+1 anew2(X7, X3)
11. ner(Xl,XQ) — X1>21AXo>X,

The final specialized program, called SpBwl, is made out of clauses 5, 9, 10,
and 11. Now the computation of Sg,py1 Tw terminates due to the presence of
the constraint X; >1 which holds on the initial states and occurs in all clauses
of SpBwl. O

The form of the specialized program strongly depends on the strategy used
for introduction of new predicates corresponding to the specialized versions of the
predicate bwReach. For instance, in Example 1 we have introduced the two new
predicates newl and new2, and then we have obtained the specialized program
by deriving mutually recursive clauses defining those predicates. Note, however,
that the definition of new?2 is more general than the definition of newl, because
the constraint occurring in the body of the clause defining newl implies the
constraint occurring in the body of the clause defining newl. Thus, by applying
an alternative strategy we could introduce new2 only and derive a program
SpBw?2 where clauses 5 and 9 are replaced by the following clause:

12. unsafe — X1>1 A Xo=0 A new2(Xy, X2)

Program SpBw?2 is smaller than SpBwl and the computation of Sgppuw2 T w
terminates in fewer steps than the one of Sg,pw1 Tw.

In general, when applying our specialization-based verification method there
is an issue of controlling polyvariance, that is, of introducing a set of new predi-
cate definitions that perform well with respect to the following objectives:

(i) ensuring the termination and the efficiency of the specialization strategy,
(ii) minimizing the size of the specialized program, and
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(iii) ensuring the termination and the efficiency of the fixpoint computation of
the least models.

The objective of ensuring the termination of the fixpoint computation (and,
thus, the precision of the verification ) can be in contrast with the other objec-
tives, because it may need the introduction of less general predicates, while the
achievement of other objectives is favoured by the introduction of more general
predicates. In the next section we will present a framework for controlling poly-
variance and achieving a good balance between the requirements we have listed
above.

3 A Generic Algorithm for Controlling Polyvariance
During Specialization

The core of our technique for controlling polyvariance is an algorithm for spe-
cializing the CLP program Bw with respect to the constraints characterizing the
set of initial states. Our algorithm is generic, in the sense that it depends on
three unspecified procedures: (1) Partition, (2) Generalize, and (3) Fold. Various
definitions of the Partition, Generalize, and Fold procedures will be given in the
next section, thereby providing concrete specialization algorithms. These defini-
tions encode techniques already proposed in the specialization and verification
fields (see, for instance, [6,13,22,27]) and also new techniques proposed in this
paper.

Our generic specialization algorithm (see Figure 1) constructs a tree, called
DefsTree, where: (i) each node is labelled by a clause of the form newp(X) «—
d(X) A bwReach(X), called a definition, defining a new predicate introduced
during specialization, and (ii) each arc from node D; to node D; is labelled by
a subset of the clauses obtained by unfolding the definition of node D;. When
no confusion arises, we will identify a node with its labelling definition. An arc
from definition D; to definition D; labelled by the set Cs of clauses is denoted

The definition at the root of DefsTree is denoted by the special symbol T.

Initially, DefsTree is {T ) Dy,...,T e} Dy}, where (i) I1,...,I; are the

clauses defining the predicate unsafe in program Bw (see Section 2), and (ii) for
j=1,...,k, Dj is the clause new;(X) « init;(X) A bwReach(X), such that
new; is a new predicate symbol and the body of D; is equal to the body of I;.

A definition D in DefsTree is said to be recurrent iff D labels both a leaf
node and a non-leaf node of DefsTree.

We construct the children of a non-recurrent definition D in the definition
tree DefsTree constructed so far, as follows. We unfold D with respect to the
atom bwReach(X) occurring in its body, that is, we replace bwReach(X) by the
bodies of the clauses T1,...,Tm,Uy,..., U, that define bwReach in Bw, thereby
deriving a set UnfD of m+n clauses. Then, from UnfD we remove all clauses
whose body contains an unsatisfiable constraint and all clauses that are subsumed
by a (distinct) constrained fact in UnfD.
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Next we apply the Partition procedure and we compute a set {By,..., By}
of pairwise disjoint sets of clauses, called blocks, such that UnfD = B1U...UBy,.

Finally, we apply the Generalize procedure to each block of the partition.
This generalization step is often useful because, as it has been argued in [27],
it allows us to derive more efficient programs. Our Generalize procedure takes
as input the clause D, a block B; of the partition of UnfD, and the whole
definition tree constructed so far. As we will indicate below, this third argument
of the Generalize procedure allows us to express the various techniques presented
in [6,13,22,27] for controlling generalization and polyvariance.

The output of the Generalize procedure is, for each block B;, a definition G;
such that the constraint occurring in the body of G; is entailed by every con-
straint occurring in the body of a non-unit clause (that is, a clause different from
a constrained fact) in B; and, hence, every non-unit clause in B; can be folded
using G;. If all clauses in B; are constrained facts (and thus, no folding step is
required), then G; is the special definition denoted by the symbol OJ. If a clause
in B; has the form h(X) « ¢(X,X’) A bwReach(X’), then G, has the form
newp(X) «— d(X) a bwReach(X) and ¢(X, X’) C d(X'). However, we postpone
the folding steps until the end of the construction of the whole tree DefsTree.
Fori=1,...,h, we add to DefsTree the arc D N G;.

The construction of DefsTree terminates when all leaf clauses of the current
DefsTree are recurrent. In general, termination of this construction is not guar-
anteed and it depends on the particular Generalize procedure one considers. All
Generalize procedures presented in the next section guarantee termination (see
also [13,22,27]).

When the construction of DefsTree terminates we construct the specialized
program SpBw by applying the Fold procedure which consists in: (i) collecting
all clauses occurring in the blocks that label the arcs of DefsTree, and then
(ii) folding every non-unit clause by using a definition that labels a node of
DefsTree. Recall that, by construction, every non-unit clause occurring in a block
that labels an arc of DefsTree can be folded by a definition that labels a node
of DefsTree.

In the following Section, we will show how the specialization technique of
Example 2 can be regarded as an instance of our generic specialization algorithm.

By using the correctness results for the unfolding, folding, and clause re-
moval rules (see, for instance, [10]), we can prove the correctness of our generic
specialization algorithm, as stated by the following theorem.

Theorem 1 (Correctness of the Specialization Algorithm). Let programs
Bw and SpBw be the input and the output programs, respectively, of the special-
ization algorithm that uses any given Partition, Generalize, and Fold procedures.
Then unsafe € M (Bw) iff unsafe€ M (SpBuw).
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Input: Program Buw.

Output: Program SpBw such that unsafe € M (Bw) iff unsafe € M(SpBw).
INITIALIZATION

DefsTree .= {T tny Dy,..., T Ui Dy}

while there exists a non-recurrent definition D: newp(X) <« ¢(X) A bwReach(X) in
DefsTree do

UNFOLDING: UnfD := {newp(X) « c(X) a t1(X, X’ ) A bwReach(X'),
newp(X) «— c(X) A tm(X, X') A bwReach(X'),
newp(X) — o(X) A us(X), ...,
newp(X) «— ¢(X) A un(X) };

CLAUSE REMOVAL:
while in UnfD there exist two distinct clauses F and F' such that E is a constrained
fact that subsumes F' or there exists a clause F' whose body has a constraint
which is not satisfiable do UnfD := UnfD — {F'} end-while;
DEFINITION INTRODUCTION:
Partition(UnfD,{B,...,Bp});
fori=1,...,h do
Generalize(D, B;, DefsTree, G;);
DefsTree := DefsTree U {D Z, Gi}
end-for;
end-while;
FOLDING: Fold(DefsTree, Sp Bw)

Fig. 1. The generic specialization algorithm.

4 Partition, Generalize, and Fold Procedures

In this section we provide several definitions of the Partition, Generalize, and
Fold procedures used by the generic specialization algorithm. Let us start by
introducing the following notions.

First, note that the set of all conjunctions of equations on ID can be viewed as
a finite lattice whose partial order is defined by the entailment relation C. Given
the constraints cq,...,c,, we define their most specific generalization, denoted
v(e1, ..., en), the conjunction of: (i) the least upper bound of the conjunctions
fd(c1),. .., fd(cy) of equations on D, and (ii) the convex hull [6] of the constraints
re(c1), ..., re(c,) on R, which is the least (w.r.t. the C ordering) constraint h in R
such that re(¢;) C h, for i =1,...,n. (Note that this notion of generalization is
different from the one that is commonly used in logic programming.)

Note that, fori = 1,...,n, ¢; C y(c1,. .., cn). Given a set of constraints Cs =
{c1,...,cn}, we define the equivalence relation ~¢; on Cs such that, for ev-
ery ci1,c2 € Cs, 1 ~q ¢ iff fd(c1) is equivalent to fd(cz) in . We also define
the equivalence relation ~,. on Cs as the reflexive, transitive closure of the re-
lation |g on Cs such that, for every cj,co € Cs, ¢1 |r c2 iff re(c1) A re(c) is
satisfiable in R.

For example, let us consider an element a € . Let ¢; be the constraint
X1 >0 A Xo=a and ¢y be the constraint X; <0 A X9 =a. Then we have that
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€1~ ¢ on {c1,¢2}. Now, let ¢3 be the constraint X7 >0 A X7 <2, ¢4 be the
constraint X7 >1 A Xy < 3, and c5 be the constraint X; > 2 A Xy < 4. Since
cs lr ¢4 and ¢4 |g c5, we have ¢35 >~ ¢5 on {cs, cq,c5}. Note that ¢z %, ¢5 on
{es3,c5} because c3 A ¢ is not satisfiable in R.

Partition. The Partition procedure takes as input the following set of n (> 1)
clauses:

UnfD = {C: newp X) « c1(X, X’) A bwReach(X'),

(X)
C: newp(X) em (X, X') A bwReach(X'),
C7n+1 newp(X) C7n+1(X X)

Ch: newp(X) —cn(X,X") }

where, for some m, with 0 <m <n, Cq,...,C,, are not constrained facts, and
Crms1,- .., Cy are constrained facts. The Partition procedure returns as output a
partition {Bj, ..., Bp} of UnfD, such that B, = {Cy41,...,Cr}. The integer h
and the blocks By, ..., By_1 are computed by using one of the following partition
operators. For the operators FiniteDomain, Constraint, and FDC, the integer h
to be computed is obtained as a result of the computation of the blocks B;’s.

(i) Singleton: h = m+1 and, for 1 <i<h—1, B;={C;}, which means that every
non-constrained fact is in a distinct block;

(ii) FiniteDomain: for 1 <i<h-1, for j,k=1,...,m, two clauses C; and Cj
belong to the same block B; iff their finite domain constraints on the primed
variables are equivalent, that is, iff ¢;|x/ >~ cx|x on {c1]x7, ..., em|x};

(iii) Constraint: for 1<i<h—1, fori, j=1,...,m, two clauses C; and C} belong
to the same block B; iff there exists a sequence of clauses in UnfD starting
with C; and ending with C}, such that for any two consecutive clauses in the
sequence, the conjunction of the real constraints on the primed variables is
satisfiable, that is, iff ¢;|x/ ~e ci|x on {c1|x7, ..., cm|x/};

(iv) FDC: for 1<i<h—1, for i,j=1,...,m, two clauses C; and C} belong to
the same block B; iff they belong to the same block according to both the
FiniteDomain and the Constraint partition operator, that is, iff ¢;|x/ ~p
ck|x and ¢;|xr e ekl x on {ci|xr, .. s em|x )

(v) All: h=2 and By = {C4,...,Cy}, which means that all non-constrained
facts are in a single block.

Generalize. The Generalize procedure takes as input a definition D, a block B
of clauses computed by the Partition procedure, and the tree DefsTree of def-
initions introduced so far, and returns a definition clause G. If B is a set of
constrained facts then G is the special definition denoted by the symbol OJ. Oth-
erwise, if B is the set {E1, ..., Fx} of clauses and none of which is a constrained
fact, then clause G is obtained as follows.

Step 1. Let b(X’) denote the most specific generalization ~y(con(E1)|x-,. ..,
COTl(Ek)|X/).
if there exists a nearest ancestor A; of D (possibly D itself) in DefsTree
such that Aj is of the form: newq(X’) <« a1(X’) A bwReach(X’) (modulo
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variable renaming) and a;(X’) ~q con(D)
then banc(X')=~(a1(X"),b(X")) else bon.(X')=b(X");
Step 2. Let us consider a generalization operator © (see [13] and the operators
Widen and WidenSum defined below).
if in DefsTree there exists a clause H: newt(X') «— d(X') n bwReach(X")
(modulo variable renaming) such that bg,.(X’) C d(X’)
then G is H
else let newu be a new predicate symbol
if there exists a nearest ancestor As of D (possibly D itself) in DefsTree
such that As is a definition of the form:
newr(X’) «— az(X’), bwReach(X') and az(X') ~fq banc(X')
then G is newu(X') «— (a2(X’) © banc(X’)) A bwReach(X")
else G is newu(X’) < bane(X') A bwReach(X').

In [13] we have defined and compared several generalization operators. Among
those, now we consider the following two operators which we have used in the
experiments we have reported in the next section. Indeed, as indicated in [13],
these two operators perform better than all other operators.

Widen. Given any two constraints ¢ and d such that cisa; A ... A a,,, where the
a;’s are atomic constraints, the operator Widen, denoted Sy, returns the
constraint c©y d which is the conjunction of the atomic constraints of ¢ which
are entailed by d, that is, which are in the set {a; |1 <h<m and dC a}
(see [6] for a similar widening operator used in static analysis). Note that, in
the case of our Generalize procedure, we have that fd(d) is a subconjunction
of cOw d.

WidenSum. Let us first define the thin well-quasi ordering <g. For any atomic
constraint a on R of the form go+q¢1 X1 +. . + g X <0, where < is either < or
<, we define sumcoeff(a) to be Z?:o lg;|. Given the two atomic constraints a;
of the form p; < 0 and ay of the form ps < 0, we have that a; g as iff
sumcoeff(ay) < sumcoeff(az). Similarly, if we are given the atomic constraints
ay of the form p; <0 and ay of the form ps <0. Given any two constraints ¢ =
ai A ... Aamy and d=0by A ... Ab,, where the a;’s and the b;’s are atomic
constraints, the operator WidenSum, denoted ©ywg, returns the constraint
¢Sws d which is the conjunction of the constraints in the set {aj, | 1<h<m
and d C ap} U {by | by occurs in re(d) and Ja; occuring in re(c), by Zs a;},
which is the set of atomic constraints which either occur in ¢ and are entailed
by d, or occur in d and are less than or equal to some atomic constraint in ¢,
according to the thin well-quasi ordering Zg. Note that, in the case of our
Generalize procedure, we have that fd(d) is a subconjunction of ¢ Oy d.

Our generic Partition and Generalize procedures can be instantiated to get
known specialization algorithms and abstract interpretation algorithms. In par-
ticular, (i) the technique proposed by Cousot and Halbwachs [6] can be obtained
by using the operators FiniteDomain and Widen, (ii) the specialization algo-
rithm by Peralta and Gallagher [27] can be obtained by using the operators All
and Widen, and (iii) our technique presented in [13] can be obtained by using the
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partition operator Singleton together with the generalization operators Widen
or WidenSum.

Fold. Let us first introduce the following definition. Given the two clauses
C': newp(X) «— ¢(X) A bwReach(X) and D : newq(X) «— d(X) n bwReach(X),
we say that C'is more general than D, and by abuse of language, we write D C C,
iff d(X) C ¢(X). A clause C' is said to be mazimally general in a set S of clauses
iff for all clauses D€ S, if C C D then D C C'. (Recall that the relation C is not
antisymmetric.) For the Fold procedure we have the following two options.

Immediate Fold (Im, for short): (Step 1) all clauses occurring in the labels of
the arcs of DefsTree are collected in a set F, and then (Step 2) for every
non-unit clause F in F' such that E occurs in the block B; labelling an arc

of the form DiDi, for some clause D, E is folded using D;.

Mazimally General Fold (MG, for short): (Step 1) is equal to that of Immediate
Fold procedure, and (Step 2) every non-unit clause in F' is folded using a
maximally general clause in DefsTree.

Immediate Fold is simpler than Mazimally General Fold, because it does not
require any comparison between definitions in DefsTree to compute a maximally
general one. Note also that a unique, most general definition for folding a clause
may not exist, that is, there exist clauses that can be folded by using two def-
initions which are incomparable with respect to the C ordering. However, the
Mazximally General Fold procedure allows us to use a subset of the definitions
introduced by the specialization algorithm, thereby reducing polyvariance and
deriving specialized programs of smaller size.

As already mentioned in the previous section, the specialization technique
which we have applied in Example 2 can be obtained by instantiating our generic
specialization algorithm using the following operators: Singleton for partitioning,
Widen for generalization, and Immediate Fold for folding.

5 Experimental Evaluation

We have implemented the generic specialization algorithm presented in Section 3
using MAP [25], an experimental system for transforming constraint logic pro-
grams. The MAP system is implemented in SICStus Prolog 3.12.8 and uses the
clpr library to operate on constraints. All experiments have been performed on
an Intel Core 2 Duo E7300 2.66 GHz under the Linux operating system.

We have performed the backward and forward reachability analyses of sev-
eral infinite state reactive systems taken from the literature [1,2,4,8,20,28], en-
coding, among others, mutual exclusion protocols, cache coherence protocols,
client-server systems, producer-consumer systems, array bound checking, and
Reset Petri nets.

For backward reachability we have applied the method presented in Sec-
tion 2. For forward reachability we have applied a variant of that method and
in particular, first, (i) we have encoded the forward reachability algorithm by a
constraint logic program Fw and we have specialized Fw with respect to the set
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of the unsafe states, thereby deriving a new program SpFw, and then, (i) we
have computed the least fixpoint of the immediate consequence operator Sspry,
(associated with program SpFuw).

In Tables 1 and 2 we have reported the results of our verification experiments
for backward reachability (that is, program Bw) and forward reachability (that is,
program Fuw), respectively. For each example of infinite state reactive system, we
have indicated the total verification time (in milliseconds) of the non-specialized
system and of the various specialized systems obtained by applying our strategy.

The symbol ‘oo’ means that either the program specialization or the least
fixpoint construction did not terminate within 200 seconds. If the time taken is
less than 10 milliseconds, we have written the value ‘0’. Between parentheses we
have also indicated the number of predicate symbols occurring in the specialized
program. This number is a measure of the degree of polyvariance determined by
our specialization algorithm.

In the column named Input, we have indicated the time taken for com-
puting the least fixpoint of the immediate consequence operator of the input,
non-specialized program (whose definition is based on program Bw for back-
ward reachability, and program Fw for forward reachability). In the six right-
most columns, we have shown the sum of the specialization time and the time
taken for computing the least fixpoint of the immediate consequence operator
of the specialized programs obtained by using the following six pairs of par-
tition operators and generalization operators: (i) (All, Widen), called All.W,
(ii) (FDC, Widen), called FDC.W, (iii) (Singleton, Widen), called Single.W,
(iv) (All, WidenSum), called AIILWS, (v) (FDC, WidenSum), called FDC_-WS,
and (vi) (Singleton, WidenSum), called Single.WS. For each example the tables
have two rows corresponding, respectively, to the Immediate Fold procedure (Im)
and Mazimally General Fold procedure (MG).

If we consider precision, that is, the number of successful verifications, we
have that the best combinations of the partition procedure and the generalization
operators are: (i) FDCWS and Single WS for backward reachability, each of
which verified 54 properties out of 58 (in particular, 27 with Im and 27 with MG),
and (ii) Single_-WS for forward reachability, which verified 36 properties out of 58
(in particular, 18 with I'm and 18 with MG).

If we compare the Generalize procedures we have that WidenSum is strictly
more precise than Widen (up to 50%). Moreover, except for a few cases (back-
ward reachability of CSM, forward reachability of Kanban), if a property cannot
be proved by using WidenSum then it cannot be proved using Widen. WidenSum
is usually more polyvariant than Widen. If we consider the verification times,
they are generally favourable to WidenSum with respect to Widen, with some
exceptions.

If we compare the partition operators we have that All is strictly less pre-
cise than the other operators: it successfully terminates in 138 cases out of 232
tests obtained by varying: (i) the given example-program, (ii) the property to be
proved (either forward reachability or backward reachability), (iii) the general-
ization operator, and (iv) the Fold procedure. However, All is the only partition
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operator which allows us to verify the McCarty91 examples. By using the Sin-
gleton operator, the verification terminates in 158 cases out of 232, and by using
the FDC' operator, the verification successfully terminates in 159 cases out of
232. However, there are some properties (forward reachability of Peterson, In-
sertionSort and SelectionSort) which can only be proved using Singleton.

Note also that, if a property can be verified by using the FDC partition
operator, then it can be verified by using either the operator All or the operator
Singleton.

The two operators Singleton and FDC' have similar polyvariance and veri-
fication times, while the operator All yields a specialized program with lower
polyvariance and requires shorter verification times than Singleton and FDC.

If we compare the two Fold procedures, we have that Maximally General
Fold for most of the examples has lower polyvariance and shorter verification
times than Immediate Fold, while the precision of the two procedures is almost
identical, except for a few cases where Mazimally General Fold verifies the prop-
erty, while Immediate Fold does not (backward reachability of Bakery4, Peterson
and CSM).

6 Related Work and Conclusions

We have proposed a framework for controlling polyvariance during the special-
ization of constraint logic programs in the context of verification of infinite state
reactive systems. In our framework we can combine several techniques for intro-
ducing a set of specialized predicate definitions to be used when constructing
the specialized programs. In particular, we have considered new combinations of
techniques introduced in the area of constraint-based program analysis and pro-
gram specialization such as convex hull, widening, most specific generalization,
and well-quasi orderings (see, for instance, [6,13,22,27]).

We have performed an extensive experimentation by applying our special-
ization framework to the reachability analysis of infinite state systems. We have
considered constraint logic programs that encode both backward and forward
reachability algorithms and we have shown that program specialization improves
the termination of the computation of the least fixpoint needed for the analysis.
However, by applying different instances of our framework, we may get different
termination results and different verification times. In particular, we have pro-
vided an experimental evidence that the degree of polyvariance has an influence
on the effectiveness of our specialization-based verification method.

Our experiments confirm that, on one hand, a high degree of polyvariance
often corresponds to high precision of analysis (that is, high number of termi-
nating verifications) and, on the other hand, a low degree of polyvariance often
corresponds to short verification times. We have also determined a specific com-
bination of techniques for controlling polyvariance and provides, with respect to
our set of examples, a good balance between precision and verification time.

Other techniques for controlling polyvariance during the specialization of
logic programs have been proposed in the literature [7,13,22,26,27]. As already
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|| Input ||F01d| AlLW | FDCW | Single W | AlLWS | FDCWS | Single- WS |

Bakery2 60|| Im 140 (5) 130 (36) 130 (36) 80 (6) 20 (23) 20 (23)
MG 100 (3) 110  (14) 100 (14) 80 (6) 20 (15) 20 (15)

Bakery3 2710(| Im 7240 (5) 3790 (144) 3870 (144)| 1100 (6) 200 77) 150 7
MG 3380 (3) 2620 (64) 2190 (61)| 1110 (6) 200 (60) 190 (60)

Bakery4 129900(| Im oo |112340 (535)(111540 (539)(19340 (6)[102140 (1745)|101300 (1745)
MG (129940 (3)| 37760 (292)| 37010 (296) (19340 (6)| 78190 (1172)| 76940 (1172)

MutAst 1220|| Im 4370 (6) 350 (173) 330 (173)| 7850 (7) 170 (112) 150 (112)
MG 1400 (3) 350 (59) 330 (59)| 1980 (3) 190 (86) 150 (86)

Peterson N 166520(| Im [e%9) ) 00 620 (9) 260  (22) 220 (22)
MG [e%} oo |167650 (3) 650 (9) 260 (22) 230 (22)

Ticket oo || Im [e%S) 30 (11) 10 (11) o) 20  (11) 20 (11
MG [e%} 20 (11) 20 (11) o’} 20 (11) 20 (11)

Berke-RISC 20|| Im 80 (5) 70 (6) 30 (6) 70 (5) 50 (8) 40 (8)
MG 80 (3) 70 (3) 30 (3 70 (5) 50 (8) 30 (8)

DEC Firefly 50|| Im 140 (5) 160 ) 100 ) 320 (7) 30 (6) 20 (6)
MG 140 (3) 160 (3) 90 3) 300 (5) 20 (6) 10 (6)

Futurebus+ 14890|| Im | 16900 (6)| 45240 (14)| 44340 (14)|16910 (6) 2580 (19) 2410 (19)
MG | 15150 (3)| 15590 (3)| 14990 (3)|15140 (3) 2560 (15) 2220 (15)

Illinois Univ 70|| Im 210 (5) 150 ) 60 €8] 110 (5) 30 (6) 20 (6)
MG 190 (3) 150 (5) 70 (5) 100 (3) 30 (6) 20 (6)

MESI 60|| Im 120 (5) 50 (6) 50 (6) 90 (5) 40 7 20 7
MG 90 (3) 60 (4) 20 (4) 90 (5) 40 ) 30 )

MOESI 50|| Im 220 (6) 190 7 130 (¢P) 250 (6) 90 7 50 7
MG 200 (3) 140 (3) 90 (3) 210 (3) 90 (5) 50 (5)

Synapse N+1 10|| Im 30 (4) 20 (5) 10 (5) 30 (4) 20 (5) 20 (5)
MG 20 (3) 20  (4) 20 (4 20 (3) 30 (4) 10 (4)

Xerox Dragon 80|| Im 230 (5) 180  (7) 80 (7)| 470 (7) 60 (8) 30 (8)
MG 240 (3) 170 (5) 60 (5) 470 (5) 60 (8) 20 (8)

Barber 420(| Im 290 (5) 5170 (31) 3210 (35) 750 (6) 900 (44) 300 (43)
MG 270 (3) 3080 (6) 690 (6) 750 (6) 930 (44) 290 (43)

B-Buffer 20|| Im 170 (5) 400 (11) 280 (11) 210 (6) 4490 (75) 3230 (75)
MG 150 (3) 300 (3) 170 (3) 210 (6) 4550 (75) 3310 (75)

U-Buffer 20|| Im 100 (6) 200 (12) 150 (12) 70 (6) 210 (12) 130 (12)
MG 100 (3) 150 (4) 100 (4) 60 (3) 140 (4) 110 (4)

CSM 188110|| Im oo S S oo | 9870 (146)| 6920 (154)
MG 195700 (3)|203290 (3)]186980 3) oo | 10310 (146) 7010 (154)

Insert Sort 40|| Im 90 (7) 60 (23) 60 (23)| 130 (8) 90 (28) 80 (28)
MG 110 (7) 60 9) 50 9) 150 (8) 100 (14) 100 (14)

Select Sort oo || Im 0o oo oo ) 220  (35) 170 (32)
MG S oo 0 oo 250  (19) 200  (19)

Light Control 20|| Im 60 (5) 20 (9) 10 (9 50 (5) 20 9) 20 9)
MG 50 (3) 20 (7) 10 (7) 50 (3) 20 (7) 10 (7)

R-Petri Nets oo || Im oo oo ) 20 (5) 10 (5) 20 (5)
MG oo 0o ) 0 (3) 0 (3) 10 (3)

GB 1750|| Im 4780 (6) 3300 (10) 3300 (10)| 6520 (6) 2190 (10) 2190 (10)
MG 1870 (3) 1840 (4) 1840 (4)| 1870 (3) 2070 (5) 2070 (5)

Kanban oo || Im [e%S) o0 ) (%) 8310 (162)| 8170 (162)
MG [e%} o o o 8390 (162) 8320 (162)

McCarthy 91 oo || Im 0o oo oo 4130 (104) 0o 0o
MG [eS) ) oo (4120 (3) 00 [eS)

Scheduler oo || Im 4020 (5) 5770 (20) 5700 (20) (17530 (7) 3220 (91) 3120 (91)
MG 2230 (3) 4730 (15) 4610 (15) (12420 (3) 3320 (83) 3220 (83)

Train oo || Im 1710 (6) 1340 (14) 1330 (14)| 3030 (8)| 20250 (299)| 19850 (299)
MG 1700 (5) 970 (6) 940 (6)| 3020 (7)| 156730 (166)| 15270 (166)

TTP oo || Im 00 e} e} e} e} o)
MG o9 &S] &S] &S] 00 [e)

Consistency oo || Im [eS) ) oo 350 (13) 160  (20) 160  (21)
MG [e%¢) e’} e’} 370 (13) 160 (20) 140 (21)

no. of successes 20 Im 19 21 21 24 27 27
MG 21 22 23 24 27 27

Table 1. Verification Results using Backward Reachability.
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||Input|| | AllLW | FDCW | Single W |AH_WS | FDCWS | Single WS |

Bakery2 oo || Im 20 (5) 0o oo | 30 (B)| 20 (20) 20 (20)
MG 20 (5) e’} oo | 30 (5) 30 (16) 20 (16)

Bakery3 oo || Im ) ) ) oo (1380 (223)| 1190 (240)
MG o o o oo (1450 (200) 1270 (213)

Bakery4 oo || Im oo oo oo oo oo oo
MG ) ) ) ) ) )

MutAst 370|| Im 420 (4) (1790 (190)|1720 (190)[410 (4)| 280 (141) 280 (141)
MG| 400 (3)| 780 (51)| 730 (51)|390 (3)| 310 (135) 270 (135)

Peterson N 630|| Im 0o oo 1220 (6) (o] S) 8000 (80)
MG 0o oo | 730 (3) ) ) 8040 (80)

Ticket 50|| Im 60 (4) 240 (30)| 210 (30)| 60 (4)| 210 (26) 180 (26)
MG 50 (3) 210 (11)| 180 (11)| 50 (3)| 230 (17) 200 (17)

Berke-RISC oo || Im 40 (3) 50 (3) 10 (4)| 40 (3)| 40 (3) 20 (4)
MG 40 (3) 40 (3)| 10 (4)| 40 (3)| 40 (3) 10 (4)

DEC Firefly oo || Im 110 (3) 130 (3) oo |110 (3)| 100 (3) 60 9
MG| 100 (3) 120 (3) oo [120 (3)| 120 (3) 70 9)

Futurebus+ oo || Im o) o) o) o) o] o]
MG &S] &S] &S] &S] e} o)

Illinois Univ oo || Im 150 (3)| 150 (3) oo |140 (3)| 150 (3) 70 (8)
MG| 140 (3)| 140 (3) oo [140 (3)| 140  (3) 60 (8)

MESI oo || Im 90 (3) 90 (3) oo | 90 (3)| 90 (3) )
MG 90 (3)| 100 (3) oo | 90 (3)] 90 (3) )

MOESI oo || Im 130 (3) 130 (3) oo (130 (3)| 130 (3) o
MG| 130 (3) 130 (3) oo (120 (3)| 150 (3) o

Synapse N+1 oo || Im 10 (3) 20 (3) 0 (4)] 20 (3)| 20 (3) 10 (4
MG 20 (3) 20 (3) 0 (4] 20 )| 20 (3 10 (4)

Xerox Dragon oo |[Im| 180 (3)| 190 (3) oo [190 (3)| 210  (3) 80 (8)
MG| 180 (3) 190 (3) oo (180 (3)| 190 (3) 70 (8)

Barber oo || Im e} 0o e} e} o] 00
MG &S] &S] &S] &S] e} o)

B-Buffer oo || Im 0o 50 (4) 20 (4) 0o 50 (4) 20 (4)
MG e3¢} 50 (4) 20 (4) e’} 50 (4) 20 (4)

U-Buffer oo || Im e’} 210 (8) 70 (8) oo | 190 (8) 70 (8)
MG e3¢} 230 (8) 80 (8) oo | 230 (8) 80 (8)

CSM oo || Im &S] &S] &S] &S] &S] e}
MG &S] &S] &S] &S] e} o)

Insert Sort oo || Im ) (%) 10 (14) o0 o0 20 (14)
MG o 0 30 (14) 00 e 30 (14)

Select Sort oo || Im oo ) 180 (37) 0 o0 310 (47
MG 0o 0o 180 (37) ) ) 320 (45)

Light Control oo || Im ) 30 (18) 20 (18) oo 30 (18) 20 (18)
MG o 30 (18) 30 (18) o 30 (18) 20 (18)

R-Petri Nets oo || Im 0o oo ) 0 (6)| 10 (6) 0 (6)
MG 0o 0o ) 0 (6) 0 (6) 0 (6)

GB oo || Im e} 0o e} 0o e} 00
MG ) ) ) ) ) )

Kanban 44860|| Im |46840 (4)| 46860 (4)|56100 (13) [oe] [oe] oo
MG|45060 (3)|45210 (3)| 44130 (3) oe] oe] oo

McCarthy 91 oo || Im 00 00 [eS) [eS) [eS) [eS)
MG &S] &S] &S] &S] e} o)

Scheduler 840|| Im 910 (3) 910 (4)| 1750 (32)|930 (3) 920 (4)|127370 (530)
MG| 940 (3) 910 (4)| 1110 (4)[940 (3) 900 (4)|127400 (530)

Train oo || Im &S] &S] &S] &S] &S] 410 (51)
MG &S] &S] &S] &S] &S] 400 (51)

TTP oo || Im ) ) oo |650 (4)| 1140 (15) o0
MG e 0 oo |660 (4)| 1180 (14) 0

Consistency oo || Im oo oo oo oo oo oo
MG ) ) ) ) ) )

no. of successes 5 || Im 12 14 12 13 17 18
MG 12 14 12 13 17 18

Table 2. Verification Results using Forward Reachability.
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mentioned, the techniques presented in [13,27] can be considered as instances of
our framework, while [22,26] do not consider constraints, which are of primary
concern in this paper. Our framework generalizes and improves the framework
of [13], by introducing partitioning and folding operators which, as shown in
Section 5, increase the precision and the performance of the verification process.
The offline specialization approach followed by [7] is based on a preliminary
binding time analysis to decide when to unfold a call and when to introduce a
new predicate definition. In the context of verification of infinite state reactive
systems considered here, due to the very simple structure of the program to be
specialized, deciding whether or not to unfold a call is not a relevant issue, and
in our approach the binding time analysis is not performed.

As a future work we plan to continue our experiments on a larger set of
infinite state reactive systems so as to enhance and better evaluate the spe-
cialization framework presented here. We also plan to extend our approach to a
framework for the specialization of constraint logic programs outside the context
of verification of infinite state reactive systems.
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Abstract. Forming coalition structures allows agents to join their forces
to achieve a common task. We suggest it would be interesting to look
for homogeneous groups which follow distinct lines of thought. For this
reason, we extend the Dung Argumentation Framework in order to deal
with coalitions of arguments. The initial set of arguments is partitioned
into subsets (or coalitions). Each coalition represents a different line of
thought, but all the found coalitions show the same property inherited by
Dung, e.g. all the coalitions in the partition are admissible (or conflict-
free, complete, stable). Some problems in weighted argumentation are
NP complete; we use (soft) constraints as a formal approach to reason
about coalitions and to model all these problems in the same framework.
Semiring algebraic structures can be used to model different optimiza-
tion criteria for the obtained coalitions. To implement this mapping and
practically find its solutions we use JaCoP, a Java constraint solver, and
we test the code over a small-world network.

1 Introduction and Motivations

A coalition structure is a temporary alliance or partnering of groups in order to
achieve a common purpose. Forming coalitions with other members of similar
values, interests and goals, allow agents to combine their resources and become
more powerful than when they each acted alone [12]. To form a successful coali-
tion, the recognition of compatible interests and common lines of thought is
needed, since the goal of different agents can be shared by multiple parties.
The abstract nature of Dung’s seminal theory [9] of argumentation accounts
for its widespread application for various species of non-monotonic reasoning. A
Dung argumentation framework (see Sect. 2) is classically instantiated by argu-
ments and a binary conflict based attack relation, defined by some underlying
logical theory. The justified arguments under different extensional semantics (e.g.
conflict-free ones) are then evaluated, and the claims of these arguments define
the inferences of the underlying theory. The aim of this paper is to partition a set
of arguments into coalition structures of arguments [8,1,6]. A classical scenario
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could be represented by the need to aggregate a set of distinct arguments into
different lines of thought. Suppose, for example, to have some statements belong-
ing to candidates of different political parties; it would be interesting to check
how consistent their ideas are. For example, “We do not want immigrants with
the right to vote” is clearly closer to “Immigration must be stopped”, than to
“We need a multicultural and open society in order to enrich the life of everyone
and boost our economy”. In general, cooperating groups, referred to as coalition
structures [16], have been thoroughly investigated in AT and Game Theory and
have proved to be useful in both real-world economic scenarios and Multi-agent
Systems [16,19,2]. The basic idea behind this work is to start from a single
set of arguments and partition them to several agents, with the condition that
each subset has to show the same properties defined by Dung, e.g. admissibil-
ity [9]. Some applications might be task allocation problem (let tasks be the
agents), sensor network problems (agents must form groups), distributed winner
determination in combinatorial auctions, agents grouping to handle work-flows
(just-in-time incorporation) [16, 19, 2]. In order to model and solve the proposed
extended problems we use (Soft) Constraint Programming ((S)CP) [18] (see
Sect. 3), which is a powerful paradigm for solving combinatorial problems that
draws on a wide range of techniques from AI, Databases, Programming Lan-
guages, and Operations Research [18]. The idea of the semiring-based constraint
formalism presented in [4, 3] was to further extend the classical constraint notion
by adding the concept of a structure representing the levels of satisfiability of
the constraints. Such a structure is similar to a semiring (see Sec. 3). Problems
defined according to the semiring-based framework are called Soft Constraint
Satisfaction Problems (SCSPs) [4,3, 18]. There already exist many efficient tech-
niques, as constraint propagation [18], to solve such complex problems. The solu-
tion of the obtained SCSP represents the partition of the arguments (see Sec. 4)
where each subset (i.e. coalition) of arguments has the same property originally
defined by Dung in [9], e.g. each coalition in the partition is admissible. Semi-
rings can be used to relax conflict-free partitions, by allowing a certain degree
of conflicts inside the coalitions, by representing a weight (or preference) associ-
ated with each attack between arguments (see Sec. 5 - 6). At last (in Sec. 7), we
show an implementation of a crisp CSP (equivalent to use a Boolean semiring
in SCSPs) with the Java Constraint Programming solver (JaCoP) [15] and we
test it over a small-world network randomly generated with the Java Universal
Network/Graph Framework (JUNG) [17].

2 Dung Argumentation

Dung proposed an abstract framework for argumentation in which he focuses
on the definition of the status (attacked / defended) of arguments [9]. It can
be assumed that a set of arguments and the different conflicts among them are
given.

Definition 1 ([9]). An Argumentation Framework (AF) is a pair (A, R) of a
set A of arguments and a binary relation R on A called the attack relation.
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Va;,a; € A, a; Ra; means that a; attacks a;. An AF may be represented by
a directed graph (the interaction graph) whose nodes are arguments and edges
represent the attack relation. A set of arguments B attacks an argument a if a is
attacked by an argument of B. A set of arguments B attacks a set of arguments
C if there is an argument b € B which attacks an argument c € C.

a b c )
—— > (Rainyand ) —— > Mild
-~ windy -~ Breeze

Fig. 1: A classical AF using weather forecast; e.g. b attacks ¢ and viceversa.

In Fig. 1 we show an example of AF represented as an interaction graph.
Dung [9] gave several semantics of “acceptability”, which produce none, one or
several acceptable sets of arguments, called extensions. The stable semantics is
only defined via the notion of attacks:

Definition 2 ([9]). A set B C A is conflict-free iff for no two arguments a
and b in B, a attacks b. A conflict-free set B C A is a stable extension iff each
argument not in B is attacked by an argument in B.

The other semantics for “acceptability” rely upon the concept of defense. An
admissible set of arguments according to Dung must be a conflict-free set which
defends all its elements. Formally:

Definition 3 ([9]). An argument b is defended by a set B C A (or B defends
b) iff for any argument a € A, if a attacks b then B attacks a. A conflict-free set
B C A is admissible iff each argument in B is defended by B

Besides the stable semantics, one semantics refining admissibility has been
introduced by Dung [9].

Definition 4 ([9]). An admissible B C A is a complete extension iff each ar-
gument which is defended by B is in B.

In Fig. 2 we show an example of a stable (A), admissible (B) but not complete
(due to xg) and complete (C) extension.

3 Semirings and Soft Constraints

A semiring [4,3] S is a tuple (A, +, x,0,1) where A is a set with two special
elements 0,1 € A (respectively the bottom and top elements of A) and with two
operations + and x that satisfy certain properties: + is defined over (possibly
infinite) sets of elements of A and is commutative, associative and idempotent;
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Fig. 2: A stable (A), an admissible (B) and a complete (C) extension (clearly also conflict-free).

it is closed, O is its unit element and 1 is its absorbing element; x is closed,
associative, commutative and distributes over +, 1 is its unit element and O is
its absorbing element (for the exhaustive definition, please refer to [4]). The +
operation defines a partial order <g over A such that a <g b iff a+b = b; we say
that a <g bif b represents a value better than a. Moreover, + and X are monotone
on <g, 0 is its min and 1 its max, (4, <g) is a complete lattice and + is its lub.
A soft constraint [4, 3] may be seen as a constraint where each instantiation of its
variables has an associated preference. Given S = (A, +, x,0,1) and an ordered
set of variables V over a finite domain D, a soft constraint is a function which,
given an assignment 7 : V' — D of the variables, returns a value of the semiring.
Using this notation C = n — A is the set of all possible constraints that can be
built starting from S, D and V. Any function in C depends on the assignment
of only a finite subset of V. For instance, a binary constraint c, , over variables
z and y, is a function ¢z, : V — D — A, but it depends only on the assignment
of variables {z,y} C V (the support, or scope, of the constraint). Note that
enfv := di] means cn’ where 1’ is 7 modified with the assignment v := d;. Notice
that ¢n is the application of a constraint function ¢: V' — D — A to a function
n : V — D; what we obtain is a semiring value c¢n = a. a represents the constraint
functions associating a to all assignments of domain values. Given the set C, the
combination function ® : C x C — C is defined as (¢; ® c2)n = 11 X can [4,
3]. The ® builds a new constraint which associates with each tuple of domain
values for such variables a semiring element which is obtained by multiplying
the elements associated by the original constraints to the appropriate sub-tuples.
Given a constraint ¢ € C and a variable v € V, the projection [4,3] of ¢ over
V —{v}, written ¢ |}y () is the constraint ¢’ such that ¢'n = >, enfv := d].
Informally, projecting means eliminating some variables from the support.

An SCSP [3] is defined as P = (C) where C is the set of constraints.
The best level of consistency notion defined as blevel(P) = Sol(P) |y, where
Sol(P) = @ C [3]. A problem P is a-consistent if blevel(P) = « [3]; P is instead
simply “consistent” iff there exists a >g 0 such that P is a-consistent [3]. P is
inconsistent if it is not consistent.

An SCSP Example. Figure 3 shows a weighted SCSP as a graph: the
Weighted semiring is used, i.e. (R U oo, min, +, 0o,0) (+ is the arithmetic plus
operation). Variables and constraints are represented respectively by nodes and
arcs (unary for ¢; and c3, and binary for ¢y), and semiring values are written to
the right of each tuple, D = {a,b}. The solution of the CSP in Fig. 3 associates
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<a>—1 <a,a>—~5 <a>—+5
<b>—-9 <a,b>—~ 1 <b>—5
<b,a>— 2
<b,b>— 2

¢

Cz

Fig. 3: An SCSP based on a Weighted semiring.

a semiring element to every domain value of variables X and Y by combining
all the constraints together, i.e. Sol(P) = @ C. For instance, for the tuple
(a,a) (that is, X =Y = a), we have to compute the sum of 1 (which is the
value assigned to X = @ in constraint ¢;), 5 (which is the value assigned to
(X =a,Y =a) in ¢3) and 5 (which is the value for Y = a in ¢3). Hence, the
resulting value for this tuple is 11. For the other tuples, (a,b) — 7, (b,a) — 16
and (b, by — 16. The blevel for the example in Fig. 3 is 7, related to the solution
X=aY=0

4 Extending Dung Argumentation to Coalitions

Given the set of arguments A, the problem of coalition formation consists in
selecting an appropriate partition of A, G = {B1,...,B8,} (|G| = |A] if each ar-
gument forms a coalition on its own), such that Jp .o Bi = A and B;N B; = 0,
if i # j; clearly, Vi.3; # 0. In this section we extend Dung’s semantics (see
Sec. 2) in order to deal with a partition of arguments, that is, we cluster the
arguments into different subsets representing distinct lines of thought. An ex-
ample representing the difference between the original framework [9] and our
extension is illustrated in Fig. 4: Fig. 4 (A) represents a conflict-free extension
as described in Def. 3, while Fig. 4 (B) represents a conflict-free partition of
coalitions, since each coalition is conflict-free (see Def. 5). Thus, while in Dung
it is sufficient to find only one set with the conflict-free property, we want to
find a set of conflict-free sets that represents a partition of the given arguments;
we can compute partitions by considering the other properties as well, i.e. ad-
missible, complete and stable semantics. Notice that, in general, we can have
a combinatorial number of partitions for a given set of arguments [7,16]. For
example, instead of P, = {{x1,x2, x5}, {24, x5, }, {®¢, 27, 8,29} } we can have
Py, = {{x1, 22,23, 24}, {25}, {w6, 7, x5, 9} }. We can have 21147 different par-
titions for the 9 elements in Fig. 4 (B): this number is called Bell Number and

n
is recursively computed as B, +1 = Z <Z) By, [7] (with By = By = 1). Clearly,
k=0
not all of these partition are (e.g.) conflict-free.
In the following, we extend the definitions given in Sec. 2 to deal with coali-
tions.
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Fig. 4: Differences between classical Dung AF (A) and the extended partitioned framework (B).

Definition 5. A partition of coalitions G = {By,Ba,..., B,} is conflict-free
iff for each B; € G, B; is conflict-free, i.e. Ya,b € B;.(a,b) € R: no attacking
arguments inside the same coalition.

From the argumentation theory point of view, finding a conflict-free partition
of coalitions corresponds to partitioning the arguments into coherent subsets, in
order to find feasible lines of thought which do not internally attack themselves.
Now we revise the concept of attack/defence among coalitions and arguments
and the notion of stable partitions of coalitions:

Fig. 5: A stable (A), an admissible and complete (B) and an admissible but not complete (C)
partitions of coalitions.

Definition 6. A coalition B; attacks another coalition B; if one of its elements
attacks at least one element in Bj, i.e. da € By, b € B; s.t. a Rb. B; defends an
attacked argument a, e.g. b Ra, if dc € B; s.t. cRb.

Definition 7. A conflict-free partition G = {By,Ba,..., B,} is stable iff for
each coalition B; € G, all its elements a € B; are attacked by all the other
coalitions B; with j # i, i.e. Va € B;,3b € Bj.bRa (Vj #1).
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Fig. 5 (A) represents a stable partition: each argument in By (i.e. x4) is at-
tacked by at least one argument in B; (i.e. x3) and one argument in Bs (i.e.
x6), and the same also holds for the arguments in Bs and Bs. To have a stable
partition means that each of the arguments cannot be moved from one coali-
tion to another without inducing a conflict in the new coalition. In the next
two definitions we respectively extend the concept of admissible and complete
extensions.

However different definitions for stable partitions can also be defined, for
instance one could require that each argument has to be attacked by some (rather
than all of the) other coalitions.

Definition 8. A conflict-free partition G = {B1,Ba,..., Bn} of coalitions is
admissible iff for each argument a € B, attacked by b € B; (i.e. bRa), Ic € B,
that attacks b € B; (i.e. ¢Rb), that is each B; defends all its arguments.

According to Dung’s definition of admissible extension, “the set of all argu-
ments accepted by a rational agent is a set of arguments which can defend itself
against all attacks on it” [9]. Notice that if only one argument a in the interac-
tion graph has no grandparents, it is not possible to obtain even one admissible
partition: no argument in A4 is able to defend a. In Def. 8, we have naturally
extended the definition of admissible extension [9] to coalitions: since each coali-
tion represents the line of thought of an agent, each rational agent is able to
defend its line of thought because it counter-attacks all its attacking lines.

Fig. 5 (B) represents an admissible partition as it is conflict-free and both
By and B defend themselves: x5 is defended by x¢ and for the attack performed
by x¢ € Ba, x2 and x3 are defended by 5.

Definition 9. An admissible partition G = {B1,Bs,..., B,} is a complete
partition of coalitions iff each argument a which is defended by B; is in B; (i.e.

(IEBZ').

Fig. 5 (B) is a complete partition because all the elements defended by Bs
(i.e. z5,28) belong to By and all elements defended by By (x2,z3) belong to
B;. Figure 5 (C) represents an admissible but not complete partition because
xg is defended also by coalitions By (via x1) and By (via x4) but belongs to B
(defending it via x7). Intuitively, the notion of complete partition captures the
rational agents who believe in every argument they can defend [9].

In Th. 1 we prove that each of the coalitions in every possible conflict-free
partition is a conflict-free extension as defined by Dung [9]. Respectively, we can
prove the same property for admissible, complete and stable partitions.

Theorem 1. Given an AF (A, R) as in Def. 1 and
— given the set of all CF'E conflict-free extensions which can be obtained over
an interaction graph by using Dung’s semantics [9] (see also Sec. 2), each
CFP conflict-free partition as defined in Def. 5 is a subset of them, i.e.
CFP CCFE.
— given the set of all AE admissible extensions [9], each AP admissible parti-
tion as defined in Def. 8 is a subset of them, i.e. AP C AE.
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— given the set of all CE complete extensions [9], each CP complete partition
as defined in Def. 9 is a subset of them, i.e. CP C CE.

— given the set of all SE stable extensions [9], each SP stable partition as
defined in Def. 7 is a subset of them, i.e. SP C SE.

We can now define the hierarchy of the set inclusions among the proposed
partitions like Dung has shown for set inclusions among classical extensions [9]:

Theorem 2. Given the CFPS, APS, CPS and SPS respectively the set of
all conflict-free, admissible, complete and stable partitions, we have that SPS C
CPS C AS CCFPS.

These two theorems can be proved by reasoning on the sets of classical exten-
sions defined in [9]: the partitions, as defined in this paper, directly inherit their
properties. Notice that since our aim is to find partitions and not classical exten-
sions, it is possible that, given the same set of arguments, a stable (for example)
extension exists, but a stable partition may not be possible. Let us consider
the following example: A = {a,b,c,d,e} and R = {(b,¢), (¢,d), (d,e), (e, b)}. Ac-
cording to Dung’s stable semantics, this framework has two stable extensions:
{a,b,d} and {a,c,e}; however, it has no stable partition since the argument « is
not attacked and it cannot be in two sets. Even if the situation in which more
agents agree about an argument might be possible in several scenarios, we want
an argument to be held by exactly one agent, that is, the one who first declared
it. This is not a limitation, because our goal is to simultaneously form distinct
stable extensions within the same set of arguments, which represent different
lines of thought to be assigned to different agents. An application in the real
world corresponds to the partitioning of arguments to find the difference among
political parties. Indeed, even if an argument might be put forward by several
political parties, it is necessary that this argument belongs only to one coalition.

5 Weighted Partitions

Weighted AFs extend Dung’s AF's by adding weight values to every edge in the
attack graph, intuitively corresponding to the strength of the attack, or equiva-
lently, how reluctant we would be to disregard it [5, 10]. In this section we define
a quantitative framework where attacks have an associated preference/weight
and, consequently, also the computation of the coalitions as presented in this
paper has an associated weight representing the level of inconsistency we toler-
ate in the solution: more specifically, “how much conflict” we tolerate inside a
conflict-free partition, which can now include attacking arguments in the same
coalition. Modeling this kind of problems as SCSPs (see Sec. 3) leads to a par-
tition that optimizes the criteria defined by the chosen semiring, which is used
to mathematically represent the attack weights.

Fig. 6 represents weighted attack relationships among arguments; in this
example A = {a,b,c}, a Rb and ¢ Rb, moreover, each of these two attack rela-
tionships is associated with a fuzzy weight (in [0,1]) representing the strength



Finding Partitions of Arguments with Dung’s Properties via SCSPs 207

of the attack: a attacks b with more strength (i.e. 0.5) than c attacks b (i.e. 0.9).

In this case 0 represents the strongest possible attack and 1 the weakest one.
Many other classical weighted AF's in literature

can be modeled with semirings [5]. An argument

can be seen as a chain of possible events that makes

the hypothesis true. The credibility of a hypothe- 05 o8

sis can then be measured by the total probability @ (B) @

that it is supported by arguments. The proper se-

miring to solve this problem consists in the Proba-

bilistic semiring [3]: ([0..1], max, x,0, 1), where the

arithmetic multiplication (i.e. x) is used to compose

the probability values together (assuming that the Fig. 6: A fuzzy Argumentation

probabilities being composed are independent). The Efj(ﬁfx‘;rt‘hevﬁ;{ft};cgusztizngii‘?res

Fuzzy Argumentation [5] approach enriches the ex-

pressive power of the classical argumentation model

by allowing to represent the relative strength of the attack relationships between

arguments, as well as the degree to which arguments are accepted. In this case,

the Fuzzy semiring ([0..1], max, min, 0, 1) can be used (e.g. in Fig. 6). In addition,

the Weighted semiring (R* U oo, min, +, 00, 0), where + is the arithmetic plus

(0 = 0o and 1 = 0), can model the (e.g. money) cost of the attack: for example,

the number of votes in support of the attack [10]. By using the Boolean semiring

({true, false},V, A, false,true) we can cast the classic AF originally defined

by Dung [9] in the same semiring-based framework (0 = false,1 = true). The

implementation in Sec. 7 models the use of a Boolean semiring, since it adopts

crisp constraints. Definition 10 rephrases the notion of AF given by Dung (see

Sec. 2) into semiring-based AF, i.e. an AFg:

Definition 10 ([5]). A semiring-based Argumentation Framework (AFs) is a
quadruple (A, R,W,S), where S is a semiring (A,+, x,0,1), A is a set of ar-
guments, R the attack binary relation on A, and W : A x A — A a binary
function called the weight function. Given a,b € A, V(a,b) € R, W(a,b) = s
means that a attacks b with a strength level s € A.

In Def. 11 we define the notion of a-conflict-free partition: conflicts inside
the same coalition can be now part of the solution until a cost threshold « is
met, and not worse:

Definition 11. Given a semiring-based AFs, a partition of coalitions G = {By,Ba, ..., B}
s a-conflict-free for AFs iff H W(b,c) >s a (the [] uses the x of the
VB;€G.b,ceB;
semiring).
In Fig. 7 there is an example of a 0.5-conflict-free partition using a Fuzzy
semiring, i.e. the x used to compose the weights corresponds to min. Notice that

only the attacks within the same coalition are considered: min(0.6,0.7,0.5) =
0.5.

Proposition 1. If a partition is oy -conflict-free, then the same partition is also
ag-conflict-free if ap <g aa.
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For instance, in Weighted semirings a 3-conflict-free partitions is also 4-
conflict-free. In Def. 12 we extend with weights also the other kinds of partitions.

Definition 12. Given an AFg, a partition of coalitions G = {By,Bs,...,B,}
can be defined as a-stable (or a-admissible or a-complete) by only replacing
conflict-free partitions with «-conflict-free partitions in Def. 7 (or Def. 8 or
Def. 9).

In Prop. 2 we relate the weighted partitions with those not weighted presented
in Sec. 4.

Proposition 2. Iff a partition is 1-conflict-free (or 1-stable, 1-admissible, 1-
complete), then the same partition is also conflict-free (or stable, admissible,
complete) as shown in Sec. 4.

As a proof sketch, no attacks are present in the same coalition since 1 means
“no attack”, being the top element of the semiring.

Fig. 7: A 0.5-conflict-free partition by using the Fuzzy semiring, i.e. min(0.6,0.7,0.5) = 0.5. The
attack between z3 and x5 is not considered since they belong to different coalitions.

6 Mapping Partition Problems to SCSPs

In this section we show a mapping from the AFg extended to coalitions (see
Sec. 5) to SCSPs (see Sec. 3), i.e. M : AFg — SCSP. M is described as follows:
given an AFg as described in Sec. 5, we define a variable for each argument a; €
A, ie. V ={a1,az,...,a,}. The value of a variable represents the coalition to
which argument a; belongs: i.e. each variable domain is D = {1,n}. For example
if a; = 2 it means that the first argument belongs to the second coalition. We
can have a maximum of n coalitions, that is all singletons.

In the following explanation, “b attacks a” means that b is a parent of a in
the corresponding interaction graph, and “c attacks b attacks a¢” means that c
is a grandparent of a. For the following constraint classes we consider a AFg =
(A, R,W,S) where S = (A, +,x,0,1) and s € A:

1. Conflict-free constraints. Since we want to find an a-conflict-free parti-
tion, if a; Ra; and W(a;,a;) = s we need to assign a s preference to the
solution that includes both a; and a; in the same coalition of the partition:
Caza; (@i = k,a; = k) = s. Otherwise c,, o, (a; = k,a; = 1) =1 (with [ # k).
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2. Admissible constraints. For the admissibility of a partition, if a; has
several grandparents ag1, ago, .. ., agx the parent ay, we need to add a k + 1-
ary constraint Cq; a,,,....a0x (a; = hyag1 = j1,... a9k = J) = 0if Vj;, ji # h
(1 otherwise). This is because at least a grandparent must be taken in the
same coalition, in order to defend a; from his parent a;. Notice that, if an
argument is not attacked (i.e. has no parents), it can be taken or not in any
admissible set. Moreover, if a; has a parent but no grandparents, it is not
possible to find any admissible partition, that is the SCSP is inconsistent

(see Sec. 3).

3. Complete constraints. If we have an argument a; with multiple grand-
children as1,as2,...,ask, we need to add the constraint cq, a,,,... .. (@ =
Jyas1 = J, ... ask = j) = 1 (0 otherwise). In words, if a; is taken in a

coalition j, all of its grandchildren must be included in the same coalition
because j has to include all the defended arguments.

4. Stable constraints. They can be represented with a constraint such that
for each pair of arguments a;,a; belonging to two different coalitions, re-
spectively k and z, at least one of the attacks to a; has to come from an
argument in coalition k: if b1, b2, ... b, are all the arguments that attack a;,
cai:k,aﬁék,bl,b%..‘,bn((bl = k) V (bg = k‘) V-V (bn = k)) =1 (O otherwise).
Therefore, we model stable constraints with disjunctive constraints, which
are difficult to solve.

Notice that in M only conflict-free constraints are soft in the strict sense,
while the other constraints are associated with 0 (not admitted) or 1 (admitted)
values of the semiring set.

Theorem 3 (Solution equivalence). Given an AFs = (A, R,W,S), the so-
lutions of the related SCSP obtained with the mapping M correspond to:
— all the a-conflict-free partitions of coalitions by using conflict-free constraints;
— all the a-stable partitions by using stable and conflict-free constraints;
— all the a-admissible partitions by using admissible, and conflict-free con-
straints;
— all the a-complete partitions by using complete and conflict-free constraints.

Conflict-free, stable, admissible and complete partitions can be found by
searching for 1-consistent solutions in the respective problems defined in Th. 3,
as defined in Prop. 2. Notice that finding 1-conflict-free partitions is equivalent
to well-known graph coloring problems which have been deeply studied also in
constraint programming [18], where no two adjacent vertices share the same
color:

Proposition 3. The problem of finding a conflict-free partition of coalitions
corresponds to finding a vertez-coloring partition of a graph [18], where each
node of the same color belongs to the same coalition in a 1-conflict-free partition.
The minimum number of colors needed to solve the problem corresponds to the
minimum number of coalitions in a possible partition.
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In Fig. 8 we can see an example of clas-

sical (i.e. the attacks are not weighted) in- %)
teraction graph. Only for this example we \
have 15 conflict-free partitions reported in °

Tab. 1. Among these conflict-free partitions, e @

Py, Py, P3, Py, Ps are also admissible parti-
tions and P is also the only one complete and
stable partition; these partitions have been

obtained with the implementation in Sec. 7. Fig. 8: An interaction graph.

Py = {{z1, 23, 24}, {w2, 25}} Py = {{z1, 23, x4}, {z2}, {z5}} Py = {{z1, 3}, {z2, 24}, {25}}

Py = {{z1, z3}, {w2, 25}, {wa}}  Ps = {{z1, 23}, {22}, {wa}, {z5}} Ps = {{z1,2a}, {22, 25}, {ws}}

Pr = {{z1,za}, {z2}, {z3}, {z5}} Ps = {{z1, 25}, {z2,za}, {x3}} Py = {{z1},{z2, 24}, {z3},{z5}}
Pig = {{z1,z5}, {2}, {z3,2z4}} P11 = {{z1, }, {z2, 25}, {w3,24}} Pi2 = {{z1},{z2}, {23, 24}, {z5}}
Pig = {{z1, s}, {z2}, {z3}, {za}} Pra = {{z1}, {z2, 25}, {z3}, {@a}} Pis = {{z1}, {22}, {zs}, {za}, {z5}}

Table 1: The list of all the conflict-free partitions of coalitions for the example in Fig. 8.

7 Implementation in JaCoP

The Java Constraint Programming solver [15] (JaCoP) is a Java library which
provides a Finite Domain Constraint Programming paradigm [18].

To practically develop and test our model, we adopted the Java Universal
Network/Graph Framework (JUNG) [17], a software library for the modeling,
generation, analysis and visualization of graphs. Interaction graphs, where nodes
are arguments and edges are attacks (see Sec. 2), clearly represent a kind of
social network and consequently show the related properties [6]. Therefore, for
the following tests we used the KleinbergSmallWorldGenerator class [17,14] in
JUNG, which randomly generates a mxn lattice with small-world properties [14];
each node has 4 local connections and 1 long range connection chosen randomly.
An example of such random graphs with 25 nodes is shown in Fig. 9.

In this first implementation we decided to only implement 1-conflict-free
partitions, i.e. we do not consider weights on the attacks, and therefore we only
need the crisp constraints of JaCoP. With this tool we can immediately check
if a given partition is conflict-free, admissible, complete or stable. Moreover, we
can exhaustively generate the partitions with such given properties: since the
problem is O(n™) [16] (where n is the number of arguments) we limit the im-
plementation to a partial search. In particular, we used the Limited Discrepancy
Search (LDS), which is a kind of Depth First Search procedure adopting the
method proposed in [11]. If a given number of different decisions along a search
path is exhausted, then backtracking is initiated [15,11]. Each time during the
search, we select the variable which has most constraints assigned to it and we
try the median from its current domain. Moreover, we set a timeout of 60 sec. to
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Fig. 9: A small-world network with 25 nodes generated with JUNG by using the KleinbergSmall-
WorldGenerator class [17,14].

interrupt the search procedure and to report the number of solutions found only
in that interval; we ran our experiments over 3 different random graphs with
9, 25 and 100 nodes. The results are shown in Tab. 2: it reports the number of
found conflict-free and stable partitions (which limit the number of the other ad-
missible and complete partitions as defined in Th. 2), the number of constraints
used to represent the problem and the measured max depth of the search tree.
Notice that, within the 60 sec. timeout, the proposed partial search is able to find
only one stable partition for 100 nodes; also the reported number of conflict-free
solutions in Tab. 2 is less for 100 than for 25 nodes. Therefore, further constraint
solving techniques need to be used to improve these performance (left to future
work in Sec. 9).

Nodes|Attacks| CFPS | SPS |[#constr.[Max Depth
9 45 123 8 ~220 11
25 125 [495984[119543| ~1440 61
100 500 | 92562 1 ~20600 218

Table 2: The test and the related statistics on three different small-world graphs : CFPS and SPS
respectively are all the found conflict-free and stable partitions.

Notice that, in order to prevent symmetrically equivalent solutions we have
also implemented symmetry breaking constraints for graph coloring as explained
in [13] (see Prop. 3 for the analogies): any value permutation is a value symmetry
in the coalition assignment of arguments.

8 Related Work and Comparison

The framework of Dung for argumentation is extended by Amgoud in [1] with
a preference relation between elements; more in detail, Amgoud [1] provides the
semantics (conflict-free, stable and preferred ones) of a coalition structure and a
proof theory for testing whether a coalition is in the set of acceptable coalitions.
An application of the model is also provided for the problem of task allocation
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among partitions of autonomous agents. With respect to the work in this pa-
per, the view in [1] is not focused on generating partitions of arguments, but
on directly checking the property of already given coalition structures. Further-
more, [1] has no implementation to practically find solutions, as we instead do in
Sec. 7. Moreover, the method to compute the weights of coalitions is not quan-
titative (but it is only qualitative) and parametric, as we are alternatively able
to represent with semirings. In [8] an extension of the Alternating-time Tempo-
ral Logic (ATL) for modeling coalitions through argumentation is presented: a
merge between ATL and the coalitional framework is obtained in order to ex-
press that agents are able to form a coalition which can successfully achieve a
given property; the notions of defence and conflict-free are defined in terms of
defeat rather than attack and preferences of arguments are given in a qualitative
way (instead of quantitative as in our paper); to compute the desired classes of
coalitions a model checker can be used; however, with such techniques, expo-
nential complexity can be hardly faced while constraint programming provides
a lot of techniques to tackle combinatorial problems [18]. In [6], social view-
points (a model for goal based reasoning) are used to argue about coalitions in
argumentation theory. The attack relation is based on the goal that agents have
to achieve, that is, a coalition attacks another coalition if they share the same
goal; this work does not provide a computational framework and only qualita-
tive preferences over arguments are considered. In [5] a common computational
and quantitative framework is presented, where attacks (and consequently, also
the computation of the classical Dung’s semantics) have an associated weight
to represent how much inconsistency we tolerate in the solution. Our work ex-
tends [5] by considering partitions of arguments and showing an implementation
in JaCoP (no implementation is given in [5]) with related tests on small-world
graphs. Partitions of arguments implies redefining the whole (argumentation)
theory concepts w.r.t [5], e.g. stability.

9 Summary and Future Work

We extended classical argumentation frameworks of [9] to the problem of forming
coalitions of arguments, partitioning all the arguments of a given starting set. We
redefined the classical definitions of Dung’s extensions (conflict-free, admissible,
stable and complete ones) in order to consider a partition of all the arguments
into multiple coalitions, and modeled the problem of finding such coalitions with
SCSPs [4,3,18]: this semiring-based formalism can be used to relax the con-
cept of conflict-free partitions in order to allow some inconsistency (i.e. attacks)
within the same coalition. The proposed quantitative framework can be used
also to solve classical (i.e. crisp) CSPs. We have also solved a problem example
considering only 1-solutions with JaCoP [15] and then we performed tests on
a small-world network randomly generated with [17]. Starting from a single set
of arguments, the goal has been to partition it into multiple coalitions with the
same features (e.g. stability or admissibility) without discarding any argument.
In the future we want to implement a-conflict-free, a-stable, a-admissible and
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a-complete partitions in JaCoP, for a <g 1. Moreover, we want to improve
the performance obtained in Sec. 7 by testing different solvers and constraint
techniques (e.g. by taking the inspiration from [16]).
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Abstract. This paper presents our program in B-Prolog submitted to
the third ASP solver competition for the Sokoban problem. This pro-
gram, based on dynamic programming, treats Sokoban as a generalized
shortest path problem. It divides a problem into independent subprob-
lems and uses mode-directed tabling to store subproblems and their an-
swers. This program is very simple but quite efficient. Without use of any
sophisticated domain knowledge, it easily solved 11 of the 15 instances
used in the competition.

1 Introduction

Sokoban is a type of transport puzzle, in which the player finds a plan for the
Sokoban (means warehouse-keeper in Japanese) to push all the boxes into the
designated areas. This problem has been shown to be NP-hard and has raised
great interest because of its relation to robot motion planning [6]. This problem
has been used as a benchmark in the Answer Set Programming competition [5,
4] and International Planning competition®, and solutions for ASP solvers and
PDDL are available. In [15], an IDA*-based program is presented with several
domain-dependent enhancements.

This paper presents the program in B-Prolog, called the BPSolver program
below, submitted to the third ASP solver competition [4]. The BPSolver program
is based on the dynamic programming approach and uses mode-directed tabling
[18] to store subproblems and their answers. The program was built after failed
attempts to use CLP(FD) and the planning languages B [12] and BMV [8] for the
problem (see Section 6). The BPSolver program is very simple (only a few lines
of code) but quite efficient. In the competition, the BPSolver program solved
11 of the 15 instances of which the hardest instance took only 33 seconds, and
failed to solve the remaining four instances due to lack of table space.

As far as we know, the BPSolver program is the first to apply the dynamic
programming approach to the Sokoban problem. The BPSolver program treats
Sokoban as a generalized shortest path problem where the locations of objects

3 http://ipc.informatik.uni-freiburg.de/Domains
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particular to a subproblem are tabled. The BPSolver program does not employ
any sophisticated domain knowledge. It only checks for two simple deadlock
cases: one is that a box is stuck in a corner and the other is that two boxes next
to each other are stuck by a wall. With sophisticated domain knowledge, the
BPSolver program is expected to perform much better.

The remainder of the paper is structured as follows: Section 2 gives a detailed
description of the Sokoban problem; Section 3 introduces tabling, and in par-
ticular mode-directed tabling, as implemented in B-Prolog; Section 4 explains
the BPSolver program line by line; Section 5 presents the competition results;
Section 6 compares with related work and points out possible improvements;
and Section 7 concludes the paper.

2 The Problem Description

The following is an adapted description of the Sokoban problem used in the ASP
solver competition.*

Sokoban is a type of transport puzzle invented by Hiroyuki Imabayashi in
1980 and published by the Japanese company Thinking Rabbit, Inc. in 1982.
“Sokoban” means “warehouse-keeper” in Japanese. The puzzle consists of a maze
which has two types of squares: inaccessible wall squares and accessible floor
squares. Several boxes are initially placed on some of the floor squares and the
same number of floor squares are designated as storage squares. There is also
a man (the Sokoban) whose duty is to move all the boxes to the designated
storage squares. A floor square is free if it is not occupied by either a box or
the man. The man can walk around by moving from his current position to any
adjacent free floor square. He can also push a box into an adjacent free square,
but in order to do so he needs to be able to get to the free square behind the
box. The goal of the puzzle is to find a shortest plan to push all the boxes to the
designated storage squares. To reduce the number of steps, the Sokoban moves
and the successive sequence of pushes in the same direction are considered as an
atomic action.

A problem instance is given by the following relations:

— right(Ly, Lo): location Lo is immediately to the right of location Lj.
top(Lq, Lo): location Ls is immediately on the top of location L;.
box (L): location L initially holds a box.

sokoban (L): the man is initially at location L.

— storage(L): location L is a storage square.

In this setting, the wall squares are completely ignored and the adjacency relation
of the floor squares is given by the right and top predicates. This input is well
suited for Prolog. According to the ASP competition requirements, the output
should be represented by atoms of the form push(L1,Dir, Lo, Time), where L1
and Ly are two locations, Ly is reachable from L, going through the direction

4 https://www.mat.unical.it /aspcomp2011
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Dir (left, right, up, or down), and Time is an integer greater than 0 (bounded
the further input predicate step). For each admissible value of time exactly one
push action must occur. We also allow a slight variation of this predicate where
the time information is left implicit and a consecutive sequence of push is stored
in a list that, in fact, represents a plan.
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Fig.1. A Sokoban problem.

Figure 1 shows an example problem where the storage squares have dots on
them. This state is represented by the following facts:

top(c2r5,c2r4). right(c3r2,c4r2). right (c3r6,c4r6) .
top(c2r6,c2rb). right (c4r2,cbr2). right (c4r6,cbr6) .
top(c3r3,c3r2). right(cbr2,c6r2).

top(c3r4,c3r3). right(c6r3,c7r3). box (c6r3) .
top(c3r5,c3rd). right (c2r4,c3r4). box (cbrd) .
top(c3r6,c3r5). right(c3r4,c4r4). box (cbrb) .
top(cbrb5,cbr4). right (c4r4,cbr4).

top(cbr6,chbrb) . right (cbr4,c6ér4). storage (c3r3).
top(c6r3,cbr2). right(c6rd,c7r4). storage(c3r4).
top(c6r4,cér3d). right (c2r5,c3r5). storage (c4r4) .
top(c6r5,cérd) . right (cbr5,c6r5) .

top(c7rd,c7r3). right(c6r5,c7r5). sokoban (c4r6) .
top(c7r5,c7rd). right (c2r6,c3r6) .

The following gives a plan of 13 steps for the problem:

[push(c6r3,down,c6r5),
push(cbr5,up,cbrd),
push(cbr5,up,cbrd),
push(c6r3,down, cér4),
push(c6r4,left,cd4rd) ]

push(cbr4,left,c3r4),
push(c6rb5,left,cbrb),
push(c6r4,up,c6r3),
push(c3r5,up,c3r3),

push(c3r4,down,c3r5),
push(cbr4,right,c6r4d),
push(cbré,left,cdrd),
push(c4r4,left,c3rd),

3 Tabling in B-Prolog

Tabling [17] has become a well-known and useful feature of many Prolog systems.
The idea of tabling is to memorize answers to tabled subgoals and use the answers



218 Neng-Fa Zhou, Agostino Dovier

to resolve subsequent variant or subsumed subgoals. This idea resembles the
dynamic programming idea of reusing solutions to overlapping sub-problems
and, naturally, tabling is amenable to dynamic programming problems.

B-Prolog is a tabled Prolog system that is based on linear tabling [19], allows
variant subgoals to share answers, and uses the local strategy [9] (also called
lazy strategy [19]) to return answers. In B-Prolog, tabled predicates are declared
explicitly by declarations in the following form:

:—table P1/N1,...,Pk/Nk

where each Pi (i € {1,...,k}) is a predicate symbol and Ni is an integer that
denotes the arity of Pi.
Consider, for example, the tabled predicate computing Fibonacci numbers:

:—table fib/2.
£ib(0, 1).
£fib(1, 1).
£fib(N, F):-N>1,
N1 is N-1,
N2 is N-2,
fib(N1, F1),
fib(N2, F2),
F is F1+F2.

Without tabling, the subgoal £ib(N,X) would spawn 2 subgoals, many of which
are variants. With tabling, however, the time complexity drops to linear since
the same variant subgoal is resolved only once.

For a tabled predicate, all the arguments of a tabled subgoal are used in vari-
ant checking and all answers are tabled. This table-all approach is problematic
for many dynamic programming problems such as those that require computa-
tion of aggregates. Mode-directed tabling [13, 18] amounts to using table modes
to instruct the system on how to table subgoals and their answers. In B-Prolog,
a table mode declaration takes the following form:

:-table p(M1,...,Mn):C.

where p/n is a predicate symbol, C, called a cardinality limit, is an integer which
limits the number of answers to be tabled for p/n, and each Mi (i € {1,...,k})
is a mode which can be min, max, +, or -. When C is 1, it can be omitted together
with the preceding ‘:’. For each predicate, only one table mode declaration can
be given. In the current implementation in B-Prolog, only one argument in a
tabled predicate can have the mode min or max. Since an optimized argument
can be a compound term and the built-in @</2 is used to select better answers
for compound terms, this restriction is not essential.

The mode + is called input, = output, min minimized, and max mazimized. An
argument with the mode min or max is called optimized. An optimized argument
is assumed to be output. The system uses only input arguments in variant check-
ing of tabled subgoals, ignoring all other arguments. Notice that a table mode
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does not tell the instantiation state of an argument. Nevertheless, normally an
input argument is ground and an output argument is a variable.

A mode declaration not only instructs the system on what arguments are
used in variant checking, it also guides it in tabling answers. After an answer of a
tabled subgoal is produced, the system tables it unconditionally if the cardinality
limit is not reached yet. When the cardinality limit has been reached, however,
the system tables the answer only if it is better than some existing answer in
terms of the optimized argument. If no argument is optimized, all new answers
are discarded once the cardinality limit has been reached.

Mode-directed tabling is very useful for declarative description of dynamic
programming problems. The following predicate finds a path with the minimal
weight between a pair of nodes in a directed graph.

:-table sp(+,+,-,min).
spX,Y,[X,V)],W) :-
edge (X,Y,W).
sp(X,Y, [(X,Z) |[Path] ,W) :-
edge(X,Z,W1),
sp(Z,Y,Path,W2),
W is W1+W2.

The predicate edge (X,Y,W) defines a given weighted directed graph, where W is
the weight of the edge from node X to node Y. The predicate sp(X,Y,Path,W)
states that Path is a path from X to Y with the smallest weight W. Notice that
whenever the predicate sp/4 is called, the first two arguments are assumed to
be instantiated. So for each pair of nodes, only one answer is tabled.

4 The Program

In this section, we explain the BPSolver program. The program treats the
Sokoban problem as a generalized shortest path problem. For a state, if it is
the goal state in which every box is in a storage location, it is done. Otherwise,
the program chooses an intermediate state and splits the problem into two sub-
problems, one transforming the current state to the intermediate one and the
other transforming the intermediate one to the goal state. All the states are
tabled so that the same subproblem is solved only once.

4.1 Library and helper predicates

Before we show the program, we give the library and helper predicates used in
the program. For each helper predicate written as part of the program, we give
its definition.

— member (X, L): succeeds when X is a member of the list L. It can be used
to check if a given element is a member of a list and it can also be used to
nondeterministically select an element from a list.
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— select (X, L, R): the same as member (X, L) except that it binds R to the

rest of the list after X is selected from L.

neib(Locl, Loc2, Dir): Loc2 is the next location of Locl along the direction
Dir. It is defined as follows in terms of the given predicates top/2 and
right/2:

:-table neib/3.
neib(Locl,Loc2,up) : -top(Locl,Loc2).
neib(Locl,Loc2,down) : -top(Loc2,Locl).
neib(Locl,Loc2,right) :-right (Locl,Loc2).
neib(Locl,Loc2,left) :-right (Loc2,Locl).

The predicate is tabled for better performance.
insert_ordered(X,L1,L2): inserts X into a sorted list L1, resulting in a
new sorted list L2.

insert_ordered (X, [1, [X]).
insert_ordered (X, [Y|Ys], [X,Y]|Ys]):-
X @=<Y,!.
insert_ordered (X, [Y|Ys], [Y|Ordered]) : -
insert_ordered(X,Ys,Ordered) .

goal_reached(L): every location in L is a storage location.

goal_reached([]).

goal_reached([Loc|Locs]):-
storage(Loc),
goal_reached(Locs) .

This can be defined equivalently using the foreach construct of B-Prolog as
follows:

goal_reached(Locs) : -
foreach(Loc in Locs, storage(Loc)).

corner (Loc): succeeds if Loc is a corner location. No box can be moved to
a corner unless it is a storage square.

:—table cormer/1.

corner(X) :- \+ noncorner (X).
noncorner (X) :- top(_,X),top(X,_).
noncorner (X) :- right(_,X),right(X,_).

This predicate is tabled. For the problem instance shown in Figure 1, for ex-
ample, the table will contain seven possible subgoals including corner (c2r4)
and corner (c3r2).

stuck (Locl, Loc2): two boxes in Locl and Loc2 constitute a deadlock if they
are next to each other by a wall, unless both locations are storage squares.

:-table stuck/2.

stuck(X,Y):-
(right(X,Y);right(Y,X)),
(\+ storage(X); \+ storage(Y)),
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(\+ top(X,_), \+ top(Y,_);

\+ top(_,X), \+ top(_,Y)),!.
stuck(X,Y):-

(top(X,Y);top(Y,X)),

(\+ storage(X); \+ storage(Y)),

(\+ right(X,_), \+ right(Y,_);

\+ right(_,X), \+ right(_,Y)),!.

For example, for the problem instance shown in Figure 1, the subgoal stuck(c3r2, c4r2)
succeeds and so does stuck(c4r2,c3r2).

4.2 The main program

As already said, the main idea behind the main program reported in Figure 2 is
to implement a tabled version of a generalization of the shortest path problem.
The subgoal

plan_sokoban(SokobanLoc, BoxLocs, Plan, Len)

finds a plan Plan with the minimal length Len for the current state, where
SokobanLoc is the location of the man and BoxLocs is a list of box locations.
For example, for the problem instance shown in Figure 1, the subgoal would look
like

plan_sokoban(c4r6, [cbrd,c5r5,c6r3] ,Plan,Len) .

The predicate is tabled under control by the mode plan_sokoban(+,+,-,min),
which means that only one plan with the minimal length is tabled for each
different state. The list BoxLocs is sorted in lexicographic order to make tabling
more effective.

When the goal has been reached (goal_reached(BoxLocs) succeeds), an
empty plan is returned. Otherwise, the second rule selects a box location BoxLoc
from BoxLocs and a destination location DestLoc that can be reached from
BoxLoc in the direction Dir (up, down, left, or right), and adds the action
push(BoxLoc,Dir,DestLoc) into the plan. Only feasible actions are added.
An action push(BoxLoc,Dir,DestLoc) is feasible if (1) the previous location
PrevNeibLoc of BoxLoc in the direction Dir is free; (2) the man can walk to
this location (reachable by_sokoban); and (3) the location DestLoc is a good
destination that does not result in a deadlock. The subgoal choose_dest non-
deterministically chooses a destination DestLoc from the free squares ahead of
BoxLoc in the direction Dir. After pushing the box at BoxLoc to DestLoc, the
man moves to NewSokobanLoc which is the previous square of DestLoc.

The predicate reachable_by_sokoban checks if there is a path of free squares
from one location to another. Again, tabling is used to prevent loops and avoid
resolving the same subgoal more than once.

The predicate good_dest checks whether or not a location is a good desti-
nation for a box. A location Loc is a good destination if (1) it is not occupied
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:-table plan_sokoban(+,+,-,min).
plan_sokoban(_SokobanLoc,BoxLocs,Plan,Len) : -
goal_reached(BoxLocs),!,
Plan=[],Len=0.
plan_sokoban(SokobanLoc,BoxLocs, [push(BoxLoc,Dir,DestLoc) |Plan] ,Len) : -
select (BoxLoc,BoxLocs,BoxLocs1),
neib(PrevNeibLoc,BoxLoc,Dir),
\+ member (PrevNeibLoc,BoxLocs1),
neib(BoxLoc,NextNeibLoc,Dir),
good_dest (NextNeibLoc,BoxLocs1),
reachable_by_sokoban (SokobanLoc,PrevNeibLoc,BoxLocs),
choose_dest (BoxLoc,NextNeibLoc,Dir,DestLoc,NewSokobanLoc,BoxLocs1),
insert_ordered(DestLoc,BoxLocs1,NewBoxLocs),
plan_sokoban(NewSokobanLoc,NewBoxLocs,Plan,Lenl),
Len is Lenil+1.

:-table reachable_by_sokoban/3.
reachable_by_sokoban(Loc,Loc,_BoxLocs).
reachable_by_sokoban(Locl,Loc2,BoxLocs) :—
neib(Loc1,Loc3,_),
\+ member (Loc3,BoxLocs),
reachable_by_sokoban(Loc3,Loc2,BoxLocs) .

good_dest (Loc,BoxLocs) : -
\+ member (Loc,BoxLocs),
(corner (Loc)->storage(Loc) ;true),
foreach(BoxLoc in BoxLocs, \+ stuck(BoxLoc,Loc)).

choose_dest (Loc,NextLoc,_Dir,Dest,NewSokobanLoc,_BoxLocs) : -
Dest=NextLoc, NewSokobanlLoc=BoxLoc.

choose_dest (Loc,NextLoc,Dir,Dest,NewSokobanLoc,BoxLocs) : -
neib(NextLoc,NextNextLoc,Dir),
good_dest (NextNextLoc,BoxLocs),
choose_dest (NextLoc,NextNextLoc,Dir,Dest,NewSokobanLoc,BoxLocs) .

Fig. 2. The main program
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by any box; (2) it is not a corner unless it is a storage square; and (3) moving a
box to Loc does not result in a deadlock. As mentioned above, two boxes next to
each other by a wall constitute a deadlock unless the two locations are storage
squares. There are more sophisticated deadlock cases that involve more than two
locations [15], but these cases are not considered here.

5 The Competition Results

Sokoban was one of the benchmarks of the 2011 ASP competition [4]. The main
scope of the competition is to challenge different solvers on declarative encodings.
In particular, in the System Track different ASP solvers were required to run on a
proposed encoding in Answer Set Programming (pure declarative code, no opti-
mization). In the next Section we will briefly sketch this modeling. It is a decision
version of the problem where a plan of a given length is looked for. The allowed
actions are push of a block in the four directions. Moreover, the move of the
Sokoban for reaching (if possible) a block is supposed to happen instantaneously
immediately before the successive push move. Most of the ASP solvers behave
quite well on the proposed instances. It must be observed, however, that the
instances were not so large (the more difficult were of 6 boxes/20 moves). In the
Model and Solve competition, competitors were allowed to encode directly the
problem allowing some domain information. In this case a minimum length plan
is looked for. Most of the submitted programs are variants of the one proposed
for the System Track; for this approach, best performances have been obtained
by the family of Clasp solvers [10] (http://potassco.sourceforge.net/) and
by EZCSP [1] (http://marcy.cjb.net/ezcsp/index.html).

The BPSolver program is available at: www.sci.brooklyn. cuny.edu/~zhou/
aspl1/ Table 1 gives the CPU times of the actual runs in the third ASP solver
competition. In comparison, the result of Clasp, the solver that won this bench-
mark, is also shown. For the solved instances, BPSolver is actually a little faster
than Clasp on average. BPSolver failed to solve four of the instances due to lack
of table space.

6 Related Work

The Sokoban problem is a typical planning problem where a set of admissible ac-
tions might affect the value of some fluents that globally determine a state. This
kind of problems are naturally encoded using Action Description Languages such
as STRIPS, B, and PDDL. Before starting the encoding one needs to carefully
choose the atomic actions allowed for the Sokoban and their duration.

The simplest choice (finest granularity) is that at each time step the Sokoban
is allowed to do a single move, or a single push of a box, in one of the four
direction up, down, left, and right; the duration of the move is 1. This is
the basic encoding of the Sokoban problem (see, e.g. http://ipc.informatik.
uni-freiburg.de/Domains); it is simple and elegant and the non deterministic
branching in the search is limited to 4. Any state can be represented by 3¢
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Table 1. Competition results (CPU time, seconds).

Instance BPSolver|Clasp
1-sokoban-optimization-0-0.asp 0.58| 0.06
13-sokoban-optimization-0-0.asp 0.06| 0.74
18-sokoban-optimization-0-0.asp 0.00{ 9.80
20-sokoban-optimization-0-0.asp 33.57|13.24
24-sokoban-optimization-0-0.asp 2.66| 3.52
27-sokoban-optimization-0-0.asp 0.78| 1.16
29-sokoban-optimization-0-0.asp 0.78 2.92
33-sokoban-optimization-0-0.asp 1.96|26.74
37-sokoban-optimization-0-0.asp 0.38| 8.52
4-sokoban-optimization-0-0.asp (Mem Out| 0.62
43-sokoban-optimization-0-0.asp|Mem Out|35.67
45-sokoban-optimization-0-0.asp|Mem Out| 9.30
47-sokoban-optimization-0-0.asp|Mem Out| 18.66
5-sokoban-optimization-0-0.asp 0.00f 0.16
9-sokoban-optimization-0-0.asp 0.00f 2.12

fluents of the form free(L), box_in(L), sokoban_in(L), where L is one of the £
admitted cells. The actions affect these fluents. However, with this encoding, a
lot of steps are needed either to push a block without changing directions or to
reach the next block to be pushed. This increases the number of steps necessary
for the plan and, since the size of the search tree grows exponentially in this
number, it is rather difficult to solve non-trivial instances.

As already said, the granularity chosen for the ASP competition is coarser.
As soon as there is a path from the Sokoban position to the desired side of a
block, the move action is left implicit (it takes zero time). Just a unique family
of push actions are admitted, parametric on the starting From and arrival To
points of the block (aligned in a given direction D). A push of any number of
steps in the same direction is viewed as an atomic action. If, on the one side,
this allows to dramatically decrease the number of (macro) actions needed for
executing the plan, on the other side, it generates new problems. The first is that
the branching is now increased. The second, more subtle, is that the modeling
language needs to be able to deal with a dynamic notion of reachability.

Basically, for stating that the action push(From,D,To) be executable, we
need to require that: box_in(From), that all the cells L between From and To
are free, and, morevoer, that the Sokoban can reach the cell adjacent to From
in the direction D, external to the segment [From,To]. Let us call 81 this cell, we
need to require that reachable (S1) (namely that the cell is currently reachable
from the Sokoban).

We need therefore to introduce ¢ additional Boolean fluents reachable (L)
and to deal with them. This can be done using static causal laws (or rules) that
are not allowed in all Action Description Languages. We should write two rules
of the form (using the syntax of the language B):
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sokoban_in(A) caused reachable(A).

reachable(B) and free(C) caused reachable(C) if adjacent(B,C).

The semantics of an Action Description Language in presence of static causal
laws becomes complex [12, 8] and is related to the notion of Answer Set [11]. As
shown in detail in [7] B programs can be either

— interpreted using constraint (logic) programming, or
— automatically translated in Answer Set Programming and then solved using
an ASP solver.

The former encoding is also studied in a slight different context, by other authors
(e.g., [2]); however, static laws are not considered. The encoding implemented
in [7] deals with static causal laws, but the proposed implementation does not en-
sure correctness for some classes of static causal laws. Other encodings are viable,
but they would introduce too many constraints. Intuitively, this happens when
rules introduce loops of implications between literals. In the case of Sokoban,
simultaneous un-justified changes of fluent values might satisfy the constraints,
the Sokoban can reach unreachable cells, and not-allowed push moves can be
executed. The same problem was pointed out in [16] where authors translated
a ground ASP Program into a SAT encoding. In presence of such kind of loops,
solutions of the SAT formula obtained are not admissible answer sets. The prob-
lem can be avoided introducing the so-called loop-formulas but their number
can grow exponentially. Unfortunately, the above definition of reachability as
static causal laws introduces these undesirable loops and therefore a CLP(FD)
approach for solving it in this way (e.g., using B-Prolog) is not feasible.

As far as the latter approach is concerned, it works correctly on a modeling in
B based on the ideas above.? It is well-known that the main problem of Answer
Set Programming is the size of the ground version of the program that is com-
puted in the first stage of the solution’s search. We experimentally observe that
this size is bigger (typically, twice) than the size of the ASP program written by
the Clasp group that won the competition. A direct encoding of this problem
in ASP, of course, produces clever code. Let us say some words about this pro-
gram. First of all, it focuses on 2¢ Boolean fluents box and sokoban, repeated for
each time step (the fluent free is left implicit). The reachability relation (called
route) is encoded directly in ASP (in a similar way as done above in B) and it is
parametric on time steps. Push move is split into push_from, push, and push_to.
This allows us to reduce the grounding. The push_from relation is defined to be
a function w.r.t. the time step (and defined only if the goal has not yet been
reached):

1 { push_from(L,D,S): loc(L): direction(D) } 1 :-
step(S), not goal(S).

Namely, for each step S that in which the goal has not yet been reached, just
one move is allowed (one location and one direction are selected). Constraints

5 The encoding is available in http://www.dimi.uniud.it/dovier/CLPASP/BBMVLAST.
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are added to ensure action executability. If push_from is enabled, then the length
of the move is non deterministically chosen and the consequent effects on fluents
are determined. Constraints are also added to eliminate useless push moves;
this reduces either the size of the corresponding ground program or the search
space. As already said, the size of the ground program and the time needed to
compute it are strictly less than those needed for the program automatically
obtained from B. However, the running time after grounding (both in Clasp) are
comparable on the instances of the ASP competition.

In AI literature, Andreas Junghanns and Jonathan Schaeffer in [15] pointed
out that the Sokoban problem is interesting for several reasons: in general it is
difficult to find a tight lower bound for the number of moves, there is the prob-
lem of a deadlock (e.g. when a box is pushed to a corner), and, moreover, the
branching factor is very high (considering macro moves). The same authors then
published some improving solutions to the problem in the context of single agent
planning, summarized in a paper with Adi Botea and Martin Miiller [3]. In par-
ticular, they exploited an abstraction based on tunnels and rooms of the Sokoban
warehouse that allowed to obtain good performances. In [14] the authors show
how to develop a domain-independent heuristics for cost-optimal planning. They
apply this idea to the Sokoban, and test a STRIPS encoding of the Sokoban on a
collection, called “microban”, developed by David W. Skinner and available from
http://users.bentonrea.com/~sasquatch/sokoban/. The STRIPS encoding
used is based on the finest granularity approach (simple move), but reachability
and other techniques are used as heuristics for sequences of atomic moves. They
choose a collection of moderate instances and they are able to solve the 70% of
them. Interestingly, they are able to find plans of length 290 (atomic actions) on
instance 140 in half of an hour of computation.

Apart from academic contributions to this challenging puzzle we would like
to point out two working solvers available on the web:

— Sokoban Puzzle Solver http://codecola.net/sps/sps.htm, developed (in
2003-2005) by Faris Serdar Tasel is basically a generate and test solver for
Sokoban. An executable file for Windows is downloadable, but extra details
on the implementation are not available. In spite of its apparent simplicity,
it solves in acceptable time most the instances available from that web page.

— Sokoban Automatic Solver http://www.ic-net.or.jp/home/takaken/e/
soko/index.html, developed (in 2003-2008) by Ken’ichiro Takahashi is an-
other solver for Windows. It finds solutions that are not ensured to be opti-
mal. Tt allows two options: (1) brute force (generate and test) and (2) using
analysis. The second options allows faster executions but the author gives
no idea on how this analysis is performed.

7 Concluding Remarks

This paper has presented the BPSolver program for solving the Sokoban problem.
This program has demonstrated for the first time that dynamic programming is
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a viable approach to the problem and mode-directed tabling is effective. With-
out using sophisticated domain knowledge, this program is able to solve some
interesting instances that our other program in B, interpreted using CLP(FD)
have failed to solve. As shown in the competition results, this program is as
competitive as the Clasp program for the instances that are not so memory
demanding.

The BPSolver program basically explores all possible states including states
that can never occur in an optimal solution: a way for improving it is to con-
sider more deadlock states such as those involving multiple blocks [15] to be
filtered out. Moreover, some domain knowledge such as the topological infor-
mation should be exploited to reduce the graph. Lastly, heuristics should be
employed to select a box to move and a destination to move the box to. Ideally,
a path that leads to a goal state should be explored as early as possible.

We believe that reasonable sized planning problems can benefit of the same
technique presented.
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Abstract. Recently much work in Machine Learning has concentrated
on representation languages able to combine aspects of logic and prob-
ability, leading to the birth of a whole field called Statistical Relational
Learning. In this paper we present a technique for parameter learning
targeted to a family of formalisms where uncertainty is represented us-
ing Logic Programming techniques - the so-called Probabilistic Logic
Programs such as ICL, PRISM, ProbLog and LPAD. Since their equiv-
alent Bayesian networks contain hidden variables, an EM algorithm is
adopted. In order to speed the computation, expectations are computed
directly on the Binary Decision Diagrams that are built for inference.
The resulting system, called EMBLEM for “EM over Bdds for proba-
bilistic Logic programs Efficient Mining”, has been applied to a number
of datasets and showed good performances both in terms of speed and
memory usage.

Keywords: Statistical Relational Learning, Probabilistic Logic Program-
ming, Distribution Semantics, Logic Programs with Annotated Disjunctions,
Expectation Maximization

1 Introduction

Machine Learning has seen the development of the field of Statistical Relational
Learning (SRL) where logical-statistical languages are used in order to effec-
tively learn in complex domains involving relations and uncertainty. They have
been successfully applied in social networks analysis, entity recognition, collec-
tive classification and information extraction, to name a few.

Similarly, a large number of works in Logic Programming have attempted
to combine logic and probability, among which the distribution semantics [21]
is a prominent approach. This semantics underlies for example PRISM [21],
the Independent Choice Logic [14], Logic Programs with Annotated Disjunc-
tions (LPADs) [29], ProbLog [4] and CP-logic [27]. The approach is particularly
appealing because efficient inference algorithms appeared [4,17], which adopt
Binary Decision Diagrams (BDDs).

In this paper we present the EMBLEM system for “EM over Bdds for prob-
abilistic Logic programs Efficient Mining” [1] that learns parameters of proba-
bilistic logic programs under the distribution semantics by using an Expectation
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Maximization (EM) algorithm. Such an algorithm is a popular tool in statisti-
cal estimation problems involving incomplete data: it is an iterative method to
estimate some unknown parameters © of a model, given a dataset where some
of the data is missing. The aim is to find maximum likelihood or maximum a
posteriori (MAP) estimates of © [13]. EM alternates between performing an ex-
pectation (E) step, where the missing data are estimated given the observed data
and current estimate of the model parameters, and a maximization (M) step,
which computes the parameters maximizing the likelihood of the data given the
sufficient statistics on the data computed in the E step. The translation of the
probabilistic programs into graphical models requires the use of hidden variables
(see Section 3) and therefore of EM: the main characteristic of our system is the
computation of the values of expectations using BDDs.

Since there are transformations with linear complexity that can convert a
program in a language under the distribution semantics into the others [28],
we will use LPADs for their general syntax. EMBLEM has been tested on the
IMDB, Cora and UW-CSE datasets and compared with RIB [20], LeProbLog [4],
Alchemy [15] and CEM, an implementation of EM based on [17].

The paper is organized as follows. Section 2 presents LPADs and Section
3 describes EMBLEM. Section 4 discusses related works. Section 5 shows the
results of the experiments performed and Section 6 concludes the paper.

2 Logic Programs with Annotated Disjunctions

Formally a Logic Program with Annotated Disjunctions [29] consists of a finite
set of annotated disjunctive clauses. An annotated disjunctive clause C; is of the
form h;1 : ;.. 5 hin, @ Lin, @ —bi1, ..., bim,. In such a clause h;i,. .. h;y,, are
logical atoms and b;1, ..., bim, are logical literals, I1;1, ..., Il;,, are real numbers
in the interval [0, 1] such that >, IT;x, < 1. b1, ..., bipm, is called the body and
is indicated with body(C;). Note that if n;, = 1 and IT;; = 1 the clause corre-
sponds to a non-disjunctive clause. If ZZ=1 I, < 1, the head of the annotated
disjunctive clause implicitly contains an extra atom null that does not appear
in the body of any clause and whose annotation is 1 — ;" | IT;;. We denote by
ground(T) the grounding of an LPAD T.

An atomic choice is a triple (C;,0;,k) where C; € T, §; is a substitution
that grounds C; and k € {1,...,n;}. (C;,0;,k) means that, for the ground
clause C;0;, the head h;;, was chosen. In practice C;6; corresponds to a random
variable X;; and an atomic choice (C;,0;,k) to an assignment X;; = k. A set of
atomic choices k is consistent if (C,0,1) € k, (C,0,j) € k = ¢ = j, i.e., only one
head is selected for a ground clause. A composite choice k is a consistent set of
atomic choices. The probability P(k) of a composite choice k is the product of
the probabilities of the individual atomic choices, i.e. P(k) = H(Cl_ﬁj’k)@ ;.

A selection o is a composite choice that, for each clause C;6; in ground(T),
contains an atomic choice (Cj,0;, k). We denote the set of all selections o of a
program T by St. A selection o identifies a normal logic program w, defined
as wy, = {(hir < body(C;))0,|(C;,0;,k) € o}. w, is called a world of T'. Since
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selections are composite choices we can assign a probability to possible worlds:
P(w,) = P(o) = H(C,i,ej,k)eU Iy,

We consider only sound LPADs, in which every possible world has a total
well-founded model. In the following we write w, = @ to mean that the query
Q is true in the well-founded model of the program w,.

The probability of a query @ according to an LPAD T is given by

PQ = Y P 1)

ceE(Q)

where we define E(Q) as {0 € Sp,w, = Q}, the set of selections corresponding
to worlds where the query is true.

To reduce the computational cost of answering queries in our experiments,
random variables can be directly associated to clauses rather than to their ground
instantiations: atomic choices then take the form (Cj, k), meaning that head h;
is selected from program clause Cj, i.e., that X; = k.

Ezxample 1. The following LPAD T encodes a very simple model of the develop-
ment of an epidemic or pandemic:

Cy = epidemic : 0.6; pandemic : 0.3 : — flu(X), cold.

Cy = cold : 0.7.

C3 = flu(david).

Cy = flu(robert).
Clause Cy has two groundings, C16; with 1 = {X/david} and C105 with 0, =
{X/robert}, so there are two random variables X;; and Xj2; Co has only one
grounding that is associated to the variable X5;. X717 and X5 have three values
since Cy has three head atoms (epidemic, pandemic, null); similarly X5 has
two values since Cy has two head atoms (cold, null).

The worlds in which a query is true can be represented using a Multivalued Deci-
sion Diagram (MDD) [25]. An MDD represents a function f(X) taking Boolean
values on a set of multivalued variables X by means of a rooted graph that
has one level for each variable. Each node is associated to the variable of its
level and has one child for each possible value of the variable. The leaves store
either 0 or 1. Given values for all the variables X, we can compute the value
of f(X) by traversing the graph starting from the root and returning the value
associated to the leaf that is reached. A MDD can be used to represent the set
E(Q) by considering the multivalued variables X;;s associated to the C;0;s of
ground(T). X;; has values {1,...,n;} and the atomic choice (C;,6;,k) corre-
sponds to the propositional equation X;; = k. If we represent with an MDD the
function f(X) =V, cp (0 /\(Ci,ej,k)ar Xi; = k, then the MDD will have a path
to a 1-leaf for each world where @) is true. While building MDDs, simplification
operations can be applied that delete or merge nodes. Merging is performed
when the diagram contains two identical sub-diagrams, while deletion is per-
formed when all arcs from a node point to the same node. In this way a reduced
MDD is obtained with respect to a Multivalued Decision Tree (MDT), i.e., a
MDD in which every node has a single parent, all the children belong to the
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level immediately below and all the variables have at least one node. For ex-
ample, the reduced MDD corresponding to the query epidemic from Example
1 is shown in Figure 1(a). The labels on the edges represent the values of the
variable associated to the node.

X11 X111
X1 X121
Xo1 Xo11
(a) MDD. (b) BDD.

Fig. 1. Decision diagrams for Example 1.

It is often unfeasible to find all the worlds where the query is true so inference
algorithms find instead ezplanations for it, i.e. composite choices such that the
query is true in all the worlds whose selections are a superset of them. Expla-
nations however, differently from possible worlds, are not necessarily mutually
exclusive with respect to each other, but exploiting the fact that MDDs split
paths on the basis of the values of a variable and the branches are mutually
disjoint so a dynamic programming algorithm can be applied for computing the
probability.

Most packages for the manipulation of decision diagrams are however re-
stricted to work on Binary Decision Diagrams, i.e., decision diagrams where all
the variables are Boolean. A node n in a BDD has two children: the 1-child, in-
dicated with child;(n), and the O-child, indicated with childy(n). The O-branch,
the one going to the 0-child, is drawn with a dashed line.

To work on MDDs with a BDD package we must represent multivalued vari-
ables by means of binary variables. For a multivalued variable X;;, correspond-
ing to ground clause C;0;, having n; values, we use n; — 1 Boolean variables
Xij1s- -+, Xijn,—1 and we represent the equation X;; = kfor k =1,...n; — 1
by means of the conjunction m A m Ao N Xijp—1 N Xk, and the equa-
tion X;; = n; by means of the conjunction X;;1 A X;jo A ... A Xjjpn,—1. Figure
1(b) shows the reduced BDD corresponding to the MDD in Figure 1(a). BDDs
can be used for computing the probability of queries by associating to each
Boolean variable X;;; a parameter m;; that represents P(X;;r = 1). If we de-
fine g(i) = {j|¢; is a substitution grounding C;} then P(X,j; = 1) = m;;, for all
j € g(i). The parameters are obtained from those of multivalued variables in
this way:

m1 = II;
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Tik =

k—1
Hj:l(l - Tij)
up to k =n; — 1.

3 EMBLEM

EMBLEM applies the algorithm for performing EM over BDDs, proposed in
[26,9,10,8], to the problem of learning the parameters of an LPAD. EMBLEM
takes as input a number of goals that represent the examples and for each one
generates the BDD encoding its explanations. The examples are organized in
a set of interpretations (sets of ground facts) each describing a portion of the
domain of interest. The queries correspond to ground atoms in an interpreta-
tion whose predicate has been indicated as “target” by the user. The predi-
cates can be treated as closed-world or open-world. In the first case the body
of clauses is resolved only with facts in the interpretation, in the second case
it is resolved both with facts in the interpretation and with clauses in the the-
ory. If the last option is set and the theory is cyclic, we use a depth bound on
SLD-derivations to avoid going into infinite loops, as proposed by [6]. Given the
program containing only the clauses C; and Cs from Example 1 and the interpre-
tation {epidemic, flu(david), flu(robert)}, we obtain the BDD in Figure 1(b)
that represents the query epidemic. A value of 1 for the Boolean variables X711
and Xj21 means that, for the ground clauses C160; and C10s3, the head hi; =
epidemic is chosen, regardless of the other variables for the clause (X112, X122)
that are in fact omitted from the diagram.

Then EMBLEM enters the EM cycle, in which the steps of expectation and
maximization are repeated until the log-likelihood of the examples reaches a local
maximum. The necessity of exploiting EM depends on the fact that, to determine
the parameters II;;, the number of times that a head h;; has been chosen is
required. The information about which selection was used in the derivation of a
goal is unknown, so the random variables are hidden and we compute expected
counts. For a single example Q:

— Expectation: computes E[c;r0|Q] and E[c;x1|Q] for all rules C; and k =

1,...,n;—1, where ¢, is the number of times a variable X takes value
for x € {0,1}, with j in g(7). E[cik|Q] is given by Z]Eg( )P( ik = 2|Q).
— Maximization: computes 7;; for all rules C; and k=1,...,n; — 1.
Elciin|Q
Tip = [ 1| ] (2)

Elciro| Q] + E[cir1|Q)]

If we have more than one example the contributions of each example simply sum
up when computing E[c; ;).
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P(Xijr = x|Q) is given by P(Xyj, = 2|Q) = W with

P(Xijr =2,Q) = Z P(Q,Xiji = x,0)

cEST

= Z P(Q|o)P(X;ji = x|o)P(o)
ocEST

= Z P(X;ji = z|o)P(o)
oEE(Q)

where P(Xj, = 1]o) = 1if (C;,0;,k) € o for k=1,...,n; — 1 and 0 otherwise.
Since there is a one to one correspondence between the possible worlds where
Q is true and the paths to a 1 leaf in a Binary Decision Tree (a MDT with binary
variables),
P(Xijk =2,Q) = Y P(Xir=zlp) [[ 7(d)
PER(Q) dep
where p is a path, and if o corresponds to p, then P(X;;r = z|o)=P(X;jr = x|p).
R(Q) is the set of paths in the BDD for query @ that lead to a 1 leaf, d is an
edge of p and 7(d) is the probability associated to the edge: if d is the 1-branch
from a node associated to a variable X, then m(d) = m;y, if d is the 0-branch
from a node associated to a variable Xjj, then 7(d) = 1 — m.
Now consider a BDT in which only the merge rule is applied, fusing together
identical sub-diagrams. The resulting diagram, that we call Complete Binary

Decision Diagram (CBDD), is such that every path contains a node for every
level. For a CBDD, P(X;j;r = «,Q) can be further expanded as

P(Xijp =2,Q) = > [[~@

PER(Q),(Xijr=x)Ep dEp

where (X;jr = x) € p means that p contains an z-edge from a node associated
to X;;x. We can then write

P(Xijk: :JZ,Q) = Z H 7T(d) H 7T(d)

nEN(Q),v(n)=Xiji,pn ERn(Q),p" ER™(Q,x) dEpn depn

where N(Q) is the set of nodes of the CBDD, v(n) is the variable associated to
node n, R,(Q) is the set containing the paths from the root to n and R™(Q, z)
is the set of paths from n to the 1 leaf through its z-child.

P(Xijk :.IZ,Q) = Z Z Z H 7T(d) H 7T(d)

nEN(Q),v(n)=Xijk pnERn(Q) p" ER™(Q,x) d€pn depn
> > I~ > ]I =@
neEN(Q),v(n)=X;jk pnERA(Q) dEpn p"ERM(Q,x) dEP™
= > F(n)B(childy(n))mire

neN(Q),v(n)=Xijk
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where ;. is m, if x=1 and (1 — ;) if x=0. F(n) is the forward probability [10],
the probability mass of the paths from the root to n, while B(n) is the backward
probability [10], the probability mass of paths from n to the 1 leaf. If root is the
root of a tree for a query @) then B(root) = P(Q).
The expression F'(n)B(child,(n))mk, represents the sum of the probabilities
of all the paths passing through the z-edge of node n and is indicated with e*(n).
Thus
P(Xijr=2,Q) = Z e*(n) (3)

neEN(Q),v(n)=X;k

For the case of a BDD, i.e., a diagram obtained by applying also the deletion rule,
Formula 3 is no longer valid since also paths where there is no node associated to
Xijk can contribute to P(X;;r = x, Q). These paths might have been obtained
from a BDD having a node m associated to variable Xj;; that is a descendant
of node n along the 0-branch and whose outgoing edges both point to childy(n).
The correction of formula (3) to take into account this aspect is applied in the
Expectation step.

EMBLEM’s main procedure consists of a cycle in which the procedures EX-
PECTATION and MAXIMIZATION are repeatedly called. Procedure EXPECTATION
returns the log likelihood of the data that is used in the stopping criterion:
EMBLEM stops when the difference between the log likelihood of the current
iteration and the one of the previous iteration drops below a threshold € or when
this difference is below a fraction ¢ of the current log likelihood.

Procedure EXPECTATION takes as input a list of BDDs, one for each example,
and computes the expectations for each one, i.e. P(X;;r = x, Q) for all variables
Xijr in the BDD and values € {0,1}. In the procedure we use 1”(i, k) to
indicate 3¢ ;) P(Xijn = @, Q). EXPECTATION first calls GETFORWARD and
GETBACKWARD that compute the forward, the backward probability of nodes
and 7*(i, k) for non-deleted paths only. Then it updates n*(i, k) to take into
account deleted paths. The expectations are updated in this way: for all rules 4
and for k =1 to n; — 1, E[cige] = Elcire] + 07 (i, k) /P(Q).

Procedure MAXIMIZATION computes the parameters values for the next EM
iteration, as specified in (2).

Procedure GETFORWARD traverses the diagram one level at a time starting
from the root level, where F(root)=1, and for each node n it computes its contri-
bution to the forward probabilities of its children. Then the forward probabilities
of both children are updated in this way: F(child,(node)) = F(child,(node)) +
F(node) - mikz-

Function GETBACKWARD computes the backward probability of nodes by
traversing recursively the tree from the leaves to the root. When the calls of
GETBACKWARD for both children of a node n return, we have all the information
that is needed to compute the e® values and the value of n*(i, k) for non-deleted
paths. An array ¢ is used here to store the contributions of the deleted paths by
starting from the root level and accumulating ¢() for the various levels .

A fully detailed description of EMBLEM together with an example of its
execution can be found in [1].



236 Elena Bellodi, Fabrizio Riguzzi

4 Related Works

Our work has close connection with various other works. [9,10] proposed an EM
algorithm for learning the parameters of Boolean random variables given obser-
vations of the values of a Boolean function over them, represented by a BDD.
EMBLEM is an application of that algorithm to probabilistic logic programs. In-
dependently, also [26] proposed an EM algorithm over BDD to learn parameters
for the CPT-L language.[7] presented the COPREM algorithm that performs
EM over BDDs for the ProbLog language.

Approaches for learning probabilistic logic programs can be classified into
three categories: those that employ constraint techniques (such as [16,18]), those
that use EM and those that adopt gradient descent.

Among the approaches that use EM, [12] first proposed to use it to induce pa-
rameters and the Structural EM algorithm to induce ground LPADs structures.
Their EM algorithm however works on the underlying Bayesian network. RIB
[20] performs parameter learning using the information bottleneck approach,
which is an extension of EM targeted especially towards hidden variables. The
PRISM system [21,22] is one of the first learning algorithms based on EM.

Among the works that use a gradient descent technique, LeProbLog [5,6]
finds the parameters of a ProbLog program that minimize the Mean Squared
Error of the probability of queries and uses BDD to compute the gradient.

Alchemy [15] is a state of the art SRL system that offers various tools for infer-
ence, weight learning and structure learning of Markov Logic Networks (MLNS).
MLNs differ significantly from the languages under the distribution semantics
since they extend first-order logic by attaching weights to logical formulas, re-
flecting “how strong” they are, but do not allow to exploit logic programming
techniques.

5 Experiments

EMBLEM has been tested over three real world datasets: IMDB!, UW-CSE? [23]
and Cora?® [23]. We implemented EMBLEM in Yap Prolog* and we compared it
with RIB [20]; CEM, an implementation of EM based on the cplint inference li-
brary [17,19]; LeProblog [5,6] and Alchemy [15]. All experiments were performed
on Linux machines with an Intel Core 2 Duo E6550 (2333 MHz) processor and
4 GB of RAM.

To compare our results with LeProbLog we exploited the translation of
LPADs into ProbLog proposed in [3], for Alchemy we exploited the translation
between LPADs and MLNs used in [20].

For the probabilistic logic programming systems (EMBLEM, RIB, CEM and
LeProbLog) we consider various options. The first consists in choosing between

! http://alchemy.cs.washington.edu/data/imdb

2 http://alchemy.cs.washington.edu/data/uv-cse
3 http://alchemy.cs.washington.edu/data/cora

4 http://www.dcc.fc.up.pt/~vsc/Yap
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associating a distinct random variable to each grounding of a probabilistic clause
or a single random variable to a non-ground probabilistic clause expressing
whether the clause is used or not. The latter case makes the problem easier. The
second option is concerned with imposing a limit on the depth of derivations
as done in [6], thus eliminating explanations associated to derivations exceed-
ing the depth limit. This is necessary for problems that contain cyclic clauses,
such as transitive closure clauses. The third option involves setting the num-
ber of restarts for EM based algorithms. All experiments for probabilistic logic
programming systems have been performed using open-world predicates.
IMDB regards movies, actors, directors and movie genres and it is divided
into five mega-examples. We performed training on four mega-examples and test-
ing on the remaining one. Then we drew a Precision-Recall curve and computed
the Area Under the Curve (AUCPR) using the method reported in [2]. We de-
fined 4 different LPADs, two for predicting the target predicate sameperson/2,
and two for predicting samemovie/2. We had one positive example for each fact
that is true in the data, while we sampled from the complete set of false facts
three times the number of true instances in order to generate negative examples.
For predicting sameperson/2 we used the same LPAD of [20]:

sameperson(X,Y) :p:- movie(M,X) ,movie(M,Y).

sameperson(X,Y) :p:- actor(X),actor(Y),workedunder(X,Z),
workedunder(Y,Z) .

sameperson(X,Y) :p:- gender(X,Z),gender(Y,Z).

sameperson(X,Y) :p:- director(X) ,director(Y),genre(X,Z),genre(Y,Z).

where p is a placeholder meaning the parameter must be learned. We ran EM-
BLEM on it with the following settings: no depth bound, random variables
associated to instantiations of clauses and a number of restarts chosen to match
the execution time of EMBLEM with that of the fastest other algorithm.

The queries that LeProbLog takes as input are obtained by annotating with
1.0 each positive example for sameperson/2 and with 0.0 each negative exam-
ple for sameperson/2. We ran LeProbLog for a maximum of 100 iterations or
until the difference in Mean Squared Error (MSE) between two iterations got
smaller than 107?; this setting was used in all the following experiments as well.
For Alchemy we always used the preconditioned rescaled conjugate gradient dis-
criminative algorithm [11]. For this experiments we specified sameperson/2 as
the only non-evidence predicate.

A second LPAD has been created to evaluate the performance of the algo-
rithms when some atoms are unseen:

sameperson_pos (X,Y) :p:- movie(M,X) ,movie(M,Y).

sameperson_pos(X,Y) :p:- actor(X),actor(Y),
workedunder (X,Z) ,workedunder (Y, Z) .

sameperson_pos(X,Y) :p:- director(X) ,director(Y),genre(X,Z),
genre(Y,Z).

sameperson_neg(X,Y) :p:- movie(M,X) ,movie(M,Y).

sameperson_neg(X,Y): actor(X) ,actor(Y),

el
|
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workedunder (X,Z) ,workedunder(Y,Z) .
sameperson_neg(X,Y) :p:- director(X) ,director(Y),genre(X,Z),
genre(Y,Z).
sameperson(X,Y) :p:- \+ sameperson_pos(X,Y), sameperson_neg(X,Y).
sameperson(X,Y) :p:- \+ sameperson_pos(X,Y),\+ sameperson_neg(X,Y).
sameperson(X,Y) :p:- sameperson_pos(X,Y), sameperson_neg(X,Y).
sameperson(X,Y) :p:- sameperson_pos(X,Y), \+ sameperson_neg(X,Y).

The sameperson_pos/2 and sameperson_neg/2 predicates are unseen in the
data. Settings are the same as the ones for the previous LPAD. In this experiment
Alchemy was run with the —withEM option that turns on EM learning.

Table 1 shows the AUCPR averaged over the five folds for EMBLEM, RIB,
LeProbLog, CEM and Alchemy. Results for the two LPADs are shown respec-
tively in the IMDB-SP and IMDBu-SP rows. Table 2 shows the learning times
in hours.

For predicting samemovie/2 we used the LPAD:

samemovie(X,Y) :p:- movie(X,M) ,movie(Y,M),actor(M).

samemovie(X,Y) :p:- movie(X,M) ,movie(Y,M),director(M).

samemovie(X,Y) :p:- movie(X,A) ,movie(Y,B) ,actor(A),director(B),
workedunder (A,B) .

samemovie (X,Y) :p:- movie(X,A) ,movie(Y,B),director(A),director(B),
genre(A,G) ,genre(B,G) .

To test the behaviour when unseen predicates are present, we transformed the
program for samemovie/2 as we did for sameperson/2, thus introducing the
unseen predicates samemovie pos/2 and samemovie neg/2. We ran EMBLEM
on them with no depth bound, one variable for each instantiation of the rules
and one random restart. With regard to LeProbLog and Alchemy, we ran them
with the same settings as IMDB-SP and IMDBu-SP, by replacing sameperson
with samemovie.

Table 1 shows, in the IMDB-SM and IMDBu-SM rows, the average AUCPR
for EMBLEM, LeProblog and Alchemy. For RIB and CEM we obtained a lack of
memory error (indicated with “me”); Table 2 shows the learning times in hours.

The Cora database contains citations to computer science research papers.
For each citation we know the title, authors, venue and the words that appear in
them. The task is to determine which citations are referring to the same paper,
by predicting the predicate samebib(citl,cit?2).

From the MLN proposed in [24]% we obtained two LPADs. The first contains
559 rules and differs from the direct translation of the MLN because rules in-
volving words are instantiated with the different constants, only positive literals
for the hasword predicates are used and transitive rules are not included:

samebib(B,C) :p:- author(B,D) ,author(C,E),sameauthor(D,E).
samebib(B,C) :p:- title(B,D),title(C,E),sametitle(D,E).
samebib(B,C) :p:- venue(B,D),venue(C,E) ,samevenue(D,E) .

® http://alchemy.cs.washington.edu/mlns/er
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samevenue (B,C) :p:-haswordvenue (B,word_06) ,haswordvenue (C,word_06) .
sametitle(B,C) :p:-haswordtitle(B,word_10) ,haswordtitle(C,word_10).

sameauthor (B,C) :p:- haswordauthor(B,word_a),
haswordauthor (C,word_a) .

The dots stand for the rules for all the possible words. The Cora dataset com-
prises five mega-examples each containing facts for the four predicates
samebib/2, samevenue/2, sametitle/2 and sameauthor/2, which have been
set as target predicates. We used as negative examples those contained in the
Alchemy dataset. We ran EMBLEM on this LPAD with no depth bound, a single
variable for each instantiation of the rules and a number of restarts chosen to
match the execution time of EMBLEM with that of the fastest other algorithm.
The second LPAD adds to the previous one four transitive rules of the form

samebib(A,B) :p :- samebib(A,C),samebib(C,B).

for every target predicate, for a total of 563 rules. In this case we had to run
EMBLEM with a depth bound equal to two and a single variable for each non-
-ground rule; the number of restarts was one. As for LeProbLog, we separately
learned the four predicates because learning the whole theory at once would
give a lack of memory error. We annotated with 1.0 each positive example for
samebib/2, sameauthor/2, sametitle/2, samevenue/2 and with 0.0 the nega-
tive examples for the same predicates. As for Alchemy we learned weights with
the four predicates as the non-evidence predicates. Table 1 shows in the Cora
and CoraT (Cora transitive) rows the average AUCPR obtained by training on
four mega-examples and testing on the remaining one. CEM and Alchemy on
CoraT gave a lack of memory error while RIB was not applicable because it was
not possible to split the input examples into smaller independent interpretations
as required by RIB.

The UW-CSE dataset contains information about the Computer Science de-
partment of the University of Washington through 22 different predicates, such
as yearsInProgram/2, advisedBy/2, taughtBy/3 and is split into five mega-
-examples. The goal here is to predict the advisedBy/2 predicate, namely the
fact that a person is advised by another person: this was our target predicate.
The negative examples have been generated by considering all couple of persons
(a,b) where a and b appear in an advisedby/2 fact in the data and by adding
a negative example advisedby(a,b) if it is not in the data.

The theory used was obtained from the MLN of [23]5. It contains 86 rules,
such as for instance:

advisedby (S, P) :p :- courselevel(C,level_500),taughtby(C,P,Q),
ta(C, S, Q).

S http://alchemy.cs.washington.edu/mlns/uw-cse



240 Elena Bellodi, Fabrizio Riguzzi

We ran EMBLEM on it with a single variable for each instantiation of a rule, a
depth bound of two and one random restart.

The annotated queries that LeProbLog takes as input have been created by
annotating with 1.0 each positive example for advisedby/2 and with 0.0 the
negative examples. As for Alchemy, we learned weights with advisedby/2 as
the only non-evidence predicate. Table 1 shows the AUCPR averaged over the
five mega-examples for all the algorithms.

Table 3 shows the p-value of a paired two-tailed t-test at the 5% significance
level of the difference in AUCPR between EMBLEM and RIB/LeProbLog/CEM/
Alchemy (significant differences in bold).

Table 1. Results of the experiments on all datasets. IMDBu refers to the IMDB dataset
with the theory containing unseen predicates. CoraT refers to the theory containing
transitive rules. Numbers in parenthesis followed by r mean the number of random
restarts (when different from one) to reach the area specified. “me” means memory
error during learning. AUCPR is the area under the precision-recall curve averaged
over the five folds. R is RIB, L is LeProbLog, C is CEM, A is Alchemy.

Table 2. Execution time in hours of the experiments on all datasets. R is RIB, L is

Dataset AUCPR

EMBLEM | R L C A
IMDB-SP |0.202(500r){0.199]0.096{0.202|0.107
IMDBu-SP | 0.175(40r) [0.166]0.134(0.120{0.020
IMDB-SM 1.000 me [0.933]0.537]0.820
IMDBu-SM 1.000 me |0.933/0.515/0.338
Cora 0.995(120r)|0.939(0.905|0.995(0.469
CoraT 0.991 no |0.970| me | me
UW-CSE 0.883  0.588|0.270(0.644|0.294

LeProbLog, C is CEM and A is Alchemy.

Time(h)
Dataset oM R T L T C | A
IMDB-SP 0.0l |0.016| 0.35 | 0.01 | 1.54
IMDBwSP | 0.01 |0.0098] 0.23 [0.012| 1.54
IMDB-SM | 0.00036 | me | 0.005 |0.0051]0.0026
IMDBwSM| 322 | me |0.0121]0.04670.0108
Cora 248 | 2.49 [13.25 | 11.95| 1.30
CoraT 0.38 no 4.61 me me
UW-CSE 281 | 056 | 1.49 | 0.53 | 1.95

From the results we can observe that over IMDB EMBLEM has comparable
performances with CEM for IMDB-SP, with similar execution time. On IMDBu-
SP it has better performances than all other systems, with a learning time equal
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Table 3. Results of t-test on all datasets. p is the p-value of a paired two-tailed t-test
(significant differences at the 5% level in bold) between EMBLEM and all the others.
R is RIB, L is LeProbLog, C is CEM, A is Alchemy.

p
Dataset oo MR EMBLEM.L, [EMBLEM-C| EMBLEM.A
IMDB-SP 0.2167 0.0126 0.3739 0.0134
IMDBu-SP | 0.1276 0.1995 0.001 |4.5234e-005
IMDB-SM me 0.3739 0.0241 0.1790
IMDBuU-SM me 0.3739 02780  |2.2270e-004
Cora 0.011 0.0729 1 0.0068
CoraT no 0.0464 me me
UW-CSE 0.0054 |1.5017e-004| 0.0088 |4.9921e-004

to the fastest other algorithm. On IMDB-SM it reaches the highest area value
in less time (only one restart is needed). On IMDBu-SM it still reaches the
highest area with one restart but with a longer execution time. Over Cora it has
comparable performances with the best other system CEM but in a significantly
lower time and over CoraT is one of the few systems to be able to complete
learning, with better performances in terms of area and time. Over UW-CSE it
has significant better performances with respect to all the algorithms.

Memory errors, that we encountered with some systems over certain datasets,
have to be ascribed to the memory needs of the systems; for instance, some of
them are not able to manage the LPAD for CoraT because its transitive rules
generate large BDDs.

6 Conclusions

We have proposed a technique which applies an EM algorithm for learning the
parameters of Logic Programs with Annotated Disjunctions. It can be applied
to all languages that are based on the distribution semantics and exploits the
BDDs that are built during inference to efficiently compute the expectations for
hidden variables.

We executed the algorithm over the real datasets IMDB, UW-CSE and Cora,
and evaluated its performances - together with those of four other probabilistic
systems - through the AUCPR and AUCROC. These results show that EM-
BLEM uses less memory than RIB, CEM and Alchemy, allowing it to solve
larger problems, as one can see from Table ?? where, for some datasets, not all
the mentioned algorithms are able to terminate. Moreover its speed allows to
perform a high number of restarts making it escape local maxima and achieve
higher AUCPR.

EMBLEM is available in the cplint package in the source tree of Yap Pro-
log and information on its use can be found at http://sites.google.com/a/
unife.it/ml/emblem.
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In the future we plan to extend EMBLEM for learning the structure of LPADs

by combining the standard Expectation Maximization algorithm, which opti-
mizes parameters, with structure search for model selection.

References

1.

2.

10.

11.

12.

Bellodi, E., Riguzzi, F.: EM over binary decision diagrams for probabilistic logic
programs. Tech. Rep. CS-2011-01, ENDIF, Universita di Ferrara, Italy (2011)
Davis, J., Goadrich, M.: The relationship between Precision-Recall and ROC
curves. In: Cohen, W.W., Moore, A. (eds.) Proceedings of the 23rd International
Conference on Machine Learning. ACM International Conference Proceeding Se-
ries, vol. 148, pp. 233-240. ACM (2006)

De Raedt, L., Demoen, B., Fierens, D., Gutmann, B., Janssens, G., Kimmig, A.,
Landwehr, N., Mantadelis, T., Meert, W., Rocha, R., Santos Costa, V., Thon, I.,
Vennekens, J.: Towards digesting the alphabet-soup of statistical relational learn-
ing. In: Roy, D., Winn, J., McAllester, D., Mansinghka, V., Tenenbaum, J. (eds.)
Proceedings of the 1st Workshop on Probabilistic Programming: Universal Lan-
guages, Systems and Applications, in NIPS (2008)

De Raedt, L., Kimmig, A., Toivonen, H.: ProbLog: A probabilistic prolog and its
application in link discovery. In: Veloso, M.M. (ed.) Proceedings of the 20th In-
ternational Joint Conference on Artificial Intelligence. pp. 2462—2467. AAAI Press
(2007)

Gutmann, B., Kimmig, A., Kersting, K., Raedt, L.D.: Parameter learning in prob-
abilistic databases: A least squares approach. In: Daelemans, W., Goethals, B.,
Morik, K. (eds.) Proceedings of the European Conference on Machine Learning
and Knowledge Discovery in Databases. LNCS, vol. 5211, pp. 473-488. Springer
(2008)

Gutmann, B., Kimmig, A., Kersting, K., Raedt, L.: Parameter estimation in
ProbLog from annotated queries. Tech. Rep. CW 583, Department of Computer
Science, Katholieke Universiteit Leuven, Belgium (2010)

Gutmann, B., Thon, 1., De Raedt, L.: Learning the parameters of probabilistic
logic programs from interpretations. Tech. Rep. CW 584, Department of Computer
Science, Katholicke Universiteit Leuven, Belgium (June 2010)

Inoue, K., Sato, T., Ishihata, M., Kameya, Y., Nabeshima, H.: Evaluating abduc-
tive hypotheses using an em algorithm on bdds. In: Boutilier, C. (ed.) Proceedings
of the 21st International Joint Conference on Artificial Intelligence (IJCAI). pp.
810-815. Morgan Kaufmann Publishers Inc. (2009)

Ishihata, M., Kameya, Y., Sato, T., Minato, S.: Propositionalizing the em algo-
rithm by bdds. In: Zelezn, F., Lavra, N. (eds.) Late Breaking Papers of the 18th
International Conference on Inductive Logic Programming. pp. 44-49 (2008)
Ishihata, M., Kameya, Y., Sato, T., Minato, S.: Propositionalizing the em algorithm
by bdds. Tech. Rep. TR08-0004, Dept. of Computer Science, Tokyo Institute of
Technology (2008)

Lowd, D., Domingos, P.: Efficient weight learning for Markov logic networks. In:
Kok, J.N., Koronacki, J., de Mantaras, R.L., Matwin, S., Mladenic, D., Skowron, A.
(eds.) Proceedings of the 18th European Conference on Machine Learning. LNCS,
vol. 4702, pp. 200-211. Springer (2007)

Meert, W., Struyf, J., Blockeel, H.: Learning ground CP-Logic theories by leverag-
ing Bayesian network learning techniques. Fundamenta Informaticae 89(1), 131—
160 (2008)



EM over Binary Decision Diagrams for Probabilistic Logic Programs 243

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

Neapolitan, R.: Learning Bayesian Networks. Prentice Hall, Upper Saddle River,
NJ (2003)

Poole, D.: The Independent Choice Logic for modelling multiple agents under
uncertainty. Artificial Intelligence 94(1-2), 7-56 (1997)

Richardson, M., Domingos, P.: Markov logic networks. Machine Learning 62(1-2),
107-136 (2006)

Riguzzi, F.: ALLPAD: Approximate learning of logic programs with annotated
disjunctions. In: Muggleton, S., Otero, R.P., Tamaddoni-Nezhad, A. (eds.) Pro-
ceedings of the 16th International Conference on Inductive Logic Programming.
LNCS, vol. 4455, pp. 43-45. Springer (2007)

Riguzzi, F.: A top-down interpreter for LPAD and CP-Logic. In: Basili, R.,
Pazienza, M.T. (eds.) Proceedings of the 10th Congress of the Italian Association
for Artificial Intelligence. LNCS, vol. 4733, pp. 109-120. Springer (2007)

Riguzzi, F.: ALLPAD: approximate learning of logic programs with annotated
disjunctions. Machine Learning 70(2-3), 207-223 (2008)

Riguzzi, F.: Extended semantics and inference for the Independent Choice Logic.
Logic Journal of the IGPL 17(6), 589-629 (2009)

Riguzzi, F., Mauro, N.D.: Applying the information bottleneck to statistical rela-
tional learning. Machine Learning (2011), to appear

Sato, T.: A statistical learning method for logic programs with distribution se-
mantics. In: Sterling, L. (ed.) Proceedings of the 12th International Conference on
Logic Programming. pp. 715-729. MIT Press (1995)

Sato, T., Kameya, Y.: Parameter learning of logic programs for symbolic-statistical
modeling. Journal of Artificial Intelligence Research 15, 391-454 (2001)

Singla, P., Domingos, P.: Discriminative training of Markov logic networks. In:
Veloso, M.M., Kambhampati, S. (eds.) Proceedings of the 20th National Confer-
ence on Artificial Intelligence and the 17th Innovative Applications of Artificial
Intelligence Conference. pp. 868-873. AAAI Press/The MIT Press (2005)

Singla, P., Domingos, P.: Entity resolution with Markov logic. In: Proceedings
of the 6th IEEE International Conference on Data Mining. pp. 572-582. IEEE
Computer Society (2006)

Thayse, A., Davio, M., Deschamps, J.P.: Optimization of multivalued decision
algorithms. In: International Symposium on Multiple-Valued Logic. pp. 171-178.
IEEE Computer Society Press (1978)

Thon, I., Landwehr, N., Raedt, L.D.: A simple model for sequences of relational
state descriptions. In: Daelemans, W., Goethals, B., Morik, K. (eds.) Proceedings
of the European conference on Machine Learning and Knowledge Discovery in
Databases (ECML/PKDD 2008)- Part II. Lecture Notes in Computer Science,
vol. 5212, pp. 506-521. Springer-Verlag (2008)

Vennekens, J., Denecker, M., Bruynooghe, M.: Cp-logic: A language of causal prob-
abilistic events and its relation to logic programming. Theory and Practice of Logic
Programming 9(3), 245-308 (2009)

Vennekens, J., Verbaeten, S.: Logic programs with annotated disjunctions. Tech.
Rep. CW386, Department of Computer Science, Katholieke Universiteit Leuven,
Belgium (2003)

Vennekens, J., Verbaeten, S., Bruynooghe, M.: Logic programs with annotated
disjunctions. In: Demoen, B., Lifschitz, V. (eds.) Proceedings of the 20th Interna-
tional Conference on Logic Programming. LNCS, vol. 3131, pp. 195-209. Springer
(2004)






Synthesizing Concurrent Programs using
Answer Set Programming

Emanuele De Angelis', Alberto Pettorossi?, and Maurizio Proietti3

! Dipartimento di Scienze, University ‘G. D’Annunzio’, Pescara, Italy
deangelis@sci.unich.it
2 DISP, University of Rome Tor Vergata, Italy
pettorossi@disp.uniroma2.it
3 CNR-IASI, Rome, Italy

proietti@iasi.cnr.it

Abstract. We address the problem of the automatic synthesis of con-
current programs within a framework based on Answer Set Programming
(ASP). The concurrent program to be synthesized is specified by provid-
ing both the behavioural and the structural properties it should satisfy.
Behavioural properties, such as safety and liveness properties, are speci-
fied by using formulas of the Computation Tree Logic, which are encoded
as a logic program. Structural properties, such as the symmetry of pro-
cesses, are also encoded as a logic program. Then, the program which is
the union of these two encodings, is given as input to an ASP system
which returns as output a set of answer sets. Finally, each answer set is
decoded into a synthesized program that, by construction, satisfies the
desired behavioural and structural properties.

1 Introduction

We consider concurrent programs consisting of finite sets of processes which
interact with each other through communication protocols. Such protocols are
based on a set of instructions, called synchronization instructions, operating on
shared variables ranging over finite domains. The communication protocols are
realized in a distributed manner, that is, every process includes one or more
regions of code consisting of synchronization instructions, responsible for the
interaction between processes.

Even for a small number of processes, communication protocols which guar-
antee a desired behaviour of the concurrent programs may be hard to design. In
this paper we propose a method for automatically synthesizing correct concur-
rent programs starting from the formal specification of their desired behaviour.

Methods for the automatic synthesis of concurrent programs from temporal
logic specifications have been proposed in the past by Clarke and Emerson [6],
Manna and Wolper [16], and Attie and Emerson [1,2]. All these authors reduce
the task of synthesizing a concurrent program to the task of synthesizing the
synchronization instructions of each process. We follow their approach and ev-
erything which is irrelevant to the synchronization among processes, is abstracted
away and each process is considered to be a finite state automaton.
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We introduce a framework, based on logic programming, for the automatic
synthesis of concurrent programs. We assume that the behavioural properties of
the concurrent programs, such as safety and liveness properties, are specified
by using formulas of the Computation Tree Logic (CTL for short), which is a
very popular propositional temporal logic over branching time structures (see, for
instance, [5,6]). This temporal, behavioural specification ¢ is encoded as a set II,,
of clauses. We also assume that the processes to be synthesized satisfy suitable
structural properties, such as a symmetry property, and that those properties can
be encoded as a set Iy of clauses. Structural properties cannot be easily specified
by using CTL formulas and we use, instead, a simple algebraic structure that
we will present in the paper. Thus, the specification of a concurrent program to
be synthesized consists of a logic program II = II, Ullx which encodes both the
behavioural and the structural properties that the concurrent program should
satisfy.

We show that every answer set (that is, every stable model) of the program IT
represents a concurrent program satisfying the given specification. Thus, by using
an Answer Set Programming (ASP) system, such as DLV [9] or smodels [20],
which computes the answer sets of logic programs, we can synthesize concurrent
programs which enjoy some desired properties.

We have performed some synthesis experiments and, in particular, we have
synthesized some mutual exclusion protocols which are guaranteed to enjoy var-
ious properties, such as (i) bounded overtaking, (ii) absence of starvation, and
(iil) maximal reactivity (their formal definition will be given in the paper). We
finally compare our results with those presented in [1,2,12].

The paper is structured as follows. In Section 2 we recall some preliminary
notions and terminology. In Section 3 we present our framework for synthesizing
concurrent programs and we define the notion of a symmetric concurrent pro-
gram. In Section 4 we describe our synthesis procedure and the logic program
which we use for the synthesis. In Section 5 we present some examples of syn-
thesis of symmetric concurrent programs. Finally, in Section 6 we discuss the
related work and some topics that can be investigated in the future.

2 Preliminaries

Let us recall some basic notions and terminology we will use. We present: (i) the
syntax of (a variant of) the guarded commands [7] which are used for defining
concurrent programs, (i) some basic notions of group theory which are required
for defining symmetric concurrent programs, (iii) the syntax and the semantics
of the Computation Tree Logic, and (iv) the syntax and the semantics of Answer
Set Programming, which is the framework we use for our synthesis method.

Guarded commands. In our variant of the guarded commands we consider two
basic sets: (i) variables, v in Var, each ranging over a finite domain D,,, and
(ii) guards, g in Guard, of the form: g ::= true | false | v=d | =g | g1 A g2,
with v € Var and d € D,. We also have the following derived sets whose def-
initions are mutually recursive: (iii) commands, ¢ in Command, of the form:
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cu= skip| vi=d|c1;co|if gefi]do ge od, where ‘;’ denotes the sequential
composition of commands, and (iv) guarded commands, gc in GCommand, of
the form: gc ::= g—c | geq || gy, where ‘| denotes the parallel composition of
guarded commands.

The execution of if g¢q [ ... [] g¢,, £i is performed as follows: one of the
guarded commands g — ¢ in {gcy, ..., gc,} whose guard g evaluates to true is
chosen, then c¢ is executed; otherwise, if no guard in {gc,, ..., gc,} evaluates to
true then the whole command if ... £i terminates with failure.

The execution of do gc¢q || ... [ gc,, od is performed as follows: one of the
guarded commands g — ¢ in {gcq, ..., gc,} whose guard ¢ evaluates to true is
chosen, then c is executed and the whole command do...od is executed again;
otherwise, if no guard in {gc,...,gc,} evaluates to true then the execution
proceeds with the next command.

Symmetric Groups. A group G is a pair (S,0), where S is given a set and o is
a binary operation on S satisfying the following axioms: (i) Va,y € S.z oy €
S (closure), (ii) Vz,y,z € S. (xoy)oz=xz o (yoz) (associativity), (iii) Je €
S.Vx € S.eox=xo0e=ux (identity element), and (iv) Vo € S.Jy € S.xoy=
yox = e (inverse element). The order of a group G is the cardinality of S. For
any x € S, for any n > 0, we write 2" to denote the term x o ... o x with n
occurrences of z. We stipulate that 2 is e.

A group G is said to be cyclic iff there exists an element = € S, called a
generator, such that S = {z" | n > 0}. We write G, to denote the cyclic group
generated by x.

We denote by Perm(S) the set of all permutations (that is, bijections) on
the set S. Perm(S) is a group whose operation o is function composition and the
identity e is the identity permutation, denoted id. The order of a permutation p
on a finite set S is the smallest natural number n such that p™ = id.

Computation Tree Logic. Computation Tree Logic (CTL) is a propositional
branching time temporal logic [5].

Let Elem be a finite set of elementary propositions ranged over by b. The
syntax of a CTL formula ¢ is as follows:

pu=blornaps| ¢ | EXp [ EGy | E[p1U e
Let us introduce the following abbreviations: (i) ¢1 v @2 for =(—¢p1 A —p2),
(ii) EF¢ for E[true U f] (iii) AG ¢ for =EF =, (iv) AFp for =EG =, (v) Alp1 U 2]
for =E[=p2 U (1 A —p2)] A "EG =g, (vi) AX ¢ for =EX =, (vii) Alp1 R )
for =E[—p1 U =], and (viii) E[¢1 R @a] for =A[—p1 U —ps].

We define the semantics of CTL by giving a Kripke structure K = (S, So, A, R),
where: (i) S is a finite set of states, (ii) So C S is a set of initial states,
(ili) R € S x S is a total transition relation (thus, Yu € S, Jve S, (u,v) € R),
and (iv) A\:S—P(Elem) is a total, labelling function that assigns to every state
s € S asubset A(s) of the set Elem.

For reasons of simplicity, when the set of the initial states is a singleton {u},
we will feel free to identify {u} with w.

A path 7 in K from a state is an infinite sequence (sg, $1,...) of states such
that, for all ¢ > 0, (s;,s,+1) € R. For i >0, we denote by m; the i-th element



248 Emanuele De Angelis, Alberto Pettorossi, Maurizio Proietti

of w. The fact that a CTL formula ¢ holds in a state s of a Kripke structure /C
will be denoted by K, s E ¢. For any CTL formula ¢ and state s, we define the
relation IC, s E ¢ as follows:

K,sEb iff e A(s)

KysE-gp iff IC,sF ¢ does not hold

K, s E @1 A ifft X,sFE @ and K, sFE oy

K,s EEXp iff there exists (s,t) € R such that K, ¢ F ¢

K, s E E[p1 U @a] iff there exists a path m = (s,s1,...) in K and i >0
such that IC, m; F @2 and for all 0<5 <4, K, m; F ¢y
K,s EEGyp iff there exists a path 7 such that
mo=s and for all : >0, IC,m; F ¢

2.1 Answer Set Programming

Answer set programming (ASP) is a declarative programming paradigm based
on the answer set semantics of logic programs [10,14]. We assume the version of
ASP with function symbols [3]. Now let us recall some basic definitions of ASP.
For those not recalled here we refer to [3,10,14,15]. A rule r is an implication of
the form:

a1V ... VQag < Agtr1 A ... NGy ANOTAm41 A ... ANnOta,
where ay, ..., ak,...,a, (for k>0, n>k) are atoms and ‘not’ denotes negation as
failure [11]. Given a rule r, we define the following sets: head(r) = {aq,...,ax},
pos(r) = {ak41, ..., am}, and neg(r) = {am+1,-..,an}. An integrity constraint

is a rule r such that head(r) = 0. A logic program is a set of rules. When we
write a rule with variables, we actually mean all the ground instances of that
rule.

An interpretation I of a program II is a subset of the Herbrand base. The
Gelfond-Lifschitz transformation of a program II with respect to an interpreta-
tion I is the program II! = {head(r) « pos(r) | r € Il A neg(r) NI = (}. An
interpretation M is said to be an answer set of II iff M is the least Herbrand
model of ITM. The answer set semantics of II assigns to II a set of answer sets,
denoted ans(IT). Given an answer set M € ans(II) and an atom a, we write
M = a to denote that a € M.

3 Specifying Concurrent Programs

Let P = {Py,..., P} be a finite set of processes. With every process P; € P
we associate a variable s;, called the local state, ranging over a finite domain L,
which is the same for all processes. The variable s; can be tested and modified
by P; only. All processes may test and modify also a shared variable x, which
ranges over a finite domain D.

A concurrent program consists of a finite set P of processes that are executed
in parallel and interact with each other through a communication protocol re-
alized by a set of commands acting on the shared variable x. Here is the formal
definition of a concurrent program.
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Definition 1 (k-Process Concurrent Program). Let L be a set of local
states and D be a domain of the shared variable x. For any k£ > 1, a k-process
concurrent program C'is a command of the form:

C: s1:=l1;...;85:=lg; x:=dp; do P[] ...[| Py od

where s1,...,sk,x € Var, ly,...,lx €L, and dy€D.
Every process P; in Py || ... || Py is a guarded command of the form:

P : true —if geq ... gen fi
Every guarded command gc in gcq [ ... || g¢,, is of the form:
gc: si=lax=d — s;:=1;x:=d;
where [,I’ € L and d,d’ € D. O

We shall use the guarded command s; =1 A x =d — skip as a shorthand for
s;=lAanx=d— s;:=[l;x:=d. The command sy :=1;...;s,:=1g; x:=dp; is
called initialization of C.

Ezample 1. Let L be the set {t,u} and D be the set {0,1}. A 2-process concur-
rent program C' is:

S;:=t;8y:=t;x:=0; do P, | P» od

where P; and P» are defined as follows:

Py true — if Py : true — if
s1=t Ax=0 — sy:=u; x:=0; So=t Ax=1— sp:=u; x:=1;
| si=t A x=1— skip; | sa=t A x=0— skip;
| si=unA x=0—s;:=t;x:=1; | sa=unA x=1—s5:=t; x:=0;
fi fi

This program is the familiar program for two processes, each of which either
‘thinks’ in its noncritical section (s; =t) or ‘uses a resource’ in its critical section
(s;i =u). The shared variable x gives each process its turn to enter the critical
section: if x=0, process P; is in its critical section, and if x=1, process P is in
its critical section. O

Now we introduce the semantics of concurrent programs by using Kripke
structures. We model a state u of a k-process concurrent program C' by a
(k+1)-tuple (li,...,lx,d), where: (i) the first k& components are the values of
the local state variables si,...,sy, and (ii) d is the value of the shared vari-
able x.

Definition 2 (Kripke Structure Associated with a k-Process Concur-
rent Program). Let C be a k-process concurrent program of the form

C: sy:=l1;...;85:=lg; x:=dp; do Py [|...[| P od
where the [;’s belong to L and dy belongs to D. The Kripke structure IC associated
with C' is the 4-tuple (S, Sy, R, \), where:
(i) the set S of states is L x D,
(ii) the set Sy of initial states is the singleton {(l1,... 1k, do)},
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(iii) the set R C Sx.S of transitions
{(u,v) |i,5€{l,...;k} A s;=l A x=d—s;:=U;x:=d in P, A
u(s;)) =l A u(x)=d A v(s;))=l' A v(x)=d A u#v A
Vj#i, u(s;)=v(s;)},
where for all states t €S, for all variables x € Var, t(x) denotes the value of
the variable x in ¢, and

(iv) for all states ¢ of the form (ly,...,lk,d), the value A(¢) is defined to be
{s1=0, ..., =1k, x=d}.
The set Elem of the elementary propositions is the set | J,c g A(f). O

We make the following assumptions about k-process concurrent programs.

(i) Since, by definition, the transition relation R of any Kripke structure is total,
we have that every concurrent program C' we consider, is nonterminating, in the
sense that, in every state there exists a process P; of C' and a guarded command
g—c of P; such that: (i.1) g evaluates to true, and (i.2) ¢ cannot be abbreviated
to skip. This assumption restricts the class of concurrent programs we consider.
(ii) Every k-process concurrent program consists of deterministic processes, that
is, for i=1,...,k, in every state, at most one guard of the guarded commands
of process P; evaluates to true (a similar assumption is made in [17]).

Note that the usual assumption that every guarded command is executed
atomically (in the sense that only one process at a time among the processes of a
concurrent program is selected and executed) is taken into account in an implicit
way when constructing the transition relation R of the Kripke structure.

Ezample 2. Given the 2-process symmetric concurrent program C' of Example 1,
the associated Kripke structure (S, {so}, R, \) is depicted in Figure 1. We depict
it as a graph whose nodes are the states in S and whose edges represent the
transitions in R. The set S of states includes the four state depicted in Figure 1
and also the states (t,u,0), (u,t,1), (u,u,0), and (u,u, 1), which have not been
depicted because they are not reachable from the initial state (t,t,0). Each
transition from state u to state v is associated with the guarded command g — ¢
whose guard g evaluates to true in u. For the labelling function A, we have that
A((t,t,0)) is {s1=t,s2=1t,x=0} and, similarly, for the other states. O

Having defined the Kripke structure associated with a given program, now
we can define the notion of a program satisfying a given behavioural property.

Definition 3 (Satisfaction relation for a Concurrent Program). Let C
be a k-process concurrent program, K be the Kripke structure associated with C',
so be the initial state of IC, and ¢ be a CTL formula. We say that C' satisfies ¢,
denoted C = o, iff K, 5o = . O

Ezample 3. Let us consider the 2-process concurrent program C defined in Ex-
ample 1. We associate with the local states t (short for ‘think’) and u (short for
‘use’) two regions of code, called the noncritical section and the critical section,
respectively. We require that the region of code associated with state u should
be executed in a mutually exclusive way. This is formalized by the CTL formula
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Fig. 1. The transition relation R of the Kripke structure K = (S, {so}, R, \) associated
with the concurrent program C of Example 1. The initial state so is (t,t,0). The arcs
are labelled by the guarded commands which are responsible for the transition.

© =gef AG[—(s1 =u A sy =u)], and we have that C' |= ¢ holds because for
the Kripke structure K of Example 2 (see Figure 1), we have that K, so | ¢
(indeed, there is no path starting from the initial state so = (t, t,0) which leads
the system to either the state (u,u,0) or the state (u,u,1)). O

Often, in our setting a k-concurrent program consists of symmetric processes,
the symmetry being determined by the fact that, for any two processes P; and P;,
for i+ j, we have that P; can be obtained from P; by permuting the values of the
shared variable x in the guarded commands. Indeed, as shown in Example 1, the
guarded commands in P, can be obtained from those in P; by interchanging 0O
and 1. In practice, the property of symmetry is very common in many concur-
rent programs, and our task is precisely the one of automatically synthesizing
symmetric processes. This observation motivates a notion of symmetry which we
now introduce by using cyclic groups. A similar approach has been followed for
the automated verification of concurrent systems in [8].

Definition 4 (k-Generating Function). Given an integer k>1, and a finite
domain D, we say that f € Perm(D) is a k-generating function iff either f=id
or f is a generator of a cyclic group Gy = {id, f, f2,..., f* 1} of order k. O

Let us introduce the following notation. Given a guarded command gc of the

form:
si=lax=d — s;:=l'; x:=d;

and a k-generating function f, we denote by f(gc) the guarded command:

S(imodk)+1 =la X:f(d) 7 S(imod k)+1 ::l/; X::f(d/);

Definition 5 (k-Process Symmetric Concurrent Program). Given a
k-generating function f, a k-process symmetric concurrent program C'is a com-
mand of the form:

C: s1:=lp;...;sk:=lp; x:=dp; do Py || ... || Px od
where, for all processes P;, for all guarded commands gc, gc is in P; iff f(gc) is
in Pimodk)+1 - O
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Ezample 4. Let us consider the 2-process concurrent program C' of Example 1.
The group Perm(D) of permutations over D = {0,1} is made out of the fol-
lowing two permutations only: f; = {(0,0),(1,1)} and fo = {(0,1),(1,0)}. The
2-generating function fs shows that the concurrent program C' is symmetric.

P true — if Py true — if
si=t Ax=0 — s;:=u; x:=0; So=1t A x=f2(0) — sa=u; x:=f2(0);
| si=tA x=1— skip; [ so=t A x=f2(1) — skip;
| si=unA x=0—sp;=t; x:=1; [ so=un x=f2(0) = sxu=1t; xi=f2(1);
fi fi 0

By definition, one can generate a k-process symmetric concurrent program C
from one of the processes in C by applying the generating function f. Moreover,
it is often the case that all processes of a given program C' also share additional
structural properties, besides those determined by f. For instance, in the case
of Example 4, we have that both process P; and P> may move from the local
state t to the local state u, or from t to t, or from u to t. These additional
structural properties define a local transition relation T C L x L which together
with the k-generating function f, defines a so called symmetric program structure
X ={f,T). A pair (I,I') in T will also be denoted by [ — I’.
Our synthesis problem can be defined as follows.

Definition 6 (Synthesis Problem of a k-Process Symmetric Concur-
rent Program). The synthesis problem of a k-process symmetric concurrent
program C' starting from: (i) a CTL formula ¢, and (ii) a symmetric program
structure X' = (f,T), where f is a k-generating function and 7 is a local tran-
sition relation, consists in finding C' such that C' = ¢ holds. O

Note that there exists a CTL formula that characterizes the set of initial
states. In particular, the initial state (I1,...,lx,do) can be characterized by the
CTL formula s;1 =11 A ... A s =1 A x =dy, where we assume that each
conjunct belongs to FElem. However, for reasons of simplicity, we assume that
the initial state s is given to our synthesis procedure as an additional input (see
clause 1 of the logic program II,, of Definition 7).

4 Synthesising Concurrent Programs

In this section we present our synthesis procedure based on ASP. We encode
the desired behavioural property ¢ of our k-process concurrent program to be
synthesized as a logic programs II,, and the desired structural property X as a
logic programs Il 5. Programs I, and Il x are defined in the following Definition 7
and 8, respectively.

Definition 7 (Logic program encoding a behavioural property). Let ¢
be a CTL formula expressing a behavioural property. The logic program II,
encoding ¢ is as follows:

1. < not sat(sg, )
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2. sat(U,F) < elem(F,U)

3 sat(U not(F')) < not sat(U, F)

4. sat(U, and(Fy, Fp)) < sat(U, F1) A sat(U, F)

5. sat(U,ex(F)) — tr(U,V) a sat(V,F)

6. sat(U,eu(Fy, Fy)) < sat(U, F»)

7. sat(U,eu(Fy, Fy)) < sat(U, F1) n tr(U, V) A sat(V,eu(Fy, Fz))

8. sat(U,eq(F)) < satpath(U,V, F) A satpath(V,V, F)

9. satpath(U,V, F) « sat(U, F) A tr(U,V) A sat(V, F)

10.  satpath(U, Z, F) «— sat(U, F) A tr(U,V) A satpath(V,Z, F)

11.1 tr(s(S1,..., Sk, X),s(S1,...,5, X)) < reachable(s(S1, ..., Sk, X)) A
ge(1,51, X, 81, X") A (S1, X)# (51, X")

11.k tr(s(S1,..., 8% X),s(S1,...,5., X)) « reachable(s(S1,...,Sk, X)) A
ge(k, Sk, X, 51, X') A (Sk, X)# (S5, X7)

12. < not out(S) A reachable(S)

13. out(S) «— tr(S,2)

14.  reachable(sg) «—

15.  reachable(S) «— tr(Z,S)

where the predicates are defined as follows: (i) sat(U, F') holds iff the formula F
holds in state U, (ii) elem(b,u) holds iff b€ A(u), that is, the elementary propo-
sition b holds in state w, (iii) satpath(U,V,F) holds iff there exists a path
from state U to state V such that every state in that path satisfies the for-
mula F, (iv) tr(s(Si,..., S, X),s(S1,...,S5},X")) holds iff the pair of states
((S1y..., Sk, XY, (S1,...,5%, X)) belongs to the transition relation R of the
Kripke structure associated with the program C' to be synthesized, and (v) the
predicates out and reachable force the relation R to be total (in particular, out(.S)
holds iff from state S there is an outgoing edge, and reachable(S) holds iff there
is a path from the initial state sy to state S.) O

Rule 1 is required for ensuring that ¢ holds in the initial state sy representing the
initialization s1:=lp;...;sk:=lp; x:=dy of the k-process symmetric concurrent
program to be synthesized. Rule 11.i defines the interleaved execution of the
guarded commands, that is, for all states U and V| tr(U,V) holds iff U is a
reachable state, and there exists a guarded command gc of process P; whose
guard evaluates to true in U and whose execution leads from state U to state V.

Definition 8 (Logic program encoding a structural property). Let L be
the set of local states and D be the domain of the shared variable. Let X = (f, T')
be a symmetric program structure of a k-process symmetric concurrent program.
The logic program Ilx is defined as follows:

1.1 \/(S’,X’)GNea:t((Sl,X>) gc(1, 51, X, 8, X') « reachable(Sy, Sa, ..., Sk, X)
1.2 «—ge(1,5,X,5,X") A ge(1,8, X, 8", X") A (8, X")#(S", X")

2.1 gc(2,8, f(X), S, f(X) < ge(1,5,X,5, X"

22 «—gc(2,5,X,5,X’) Anot ps(2,5,X)
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2.3 ps(2,852,X) < reachable(S1, Sa, ..., Sk, X)

k1 ge(k, S, f(X), S, f(X) — ge(k—1,8, X, 8", X')

k2  «— gc(k,S,X, 5", X’) annot ps(k, S, X)

k3  ps(k, Sk, X) < reachable(S1, Sa, ..., Sk, X)
where: (i) gc(i,5, X, 5, X’) holds iff s =l A x=d — s;:=1; x:=d isin P,
(ii) f is a k-generating function, (iii) ps(i, S, X ) holds iff there exists a reachable
state of the form (Sy,...,S;-1,5,Sit1,...,5%, X), and (iv) for all [€ L, d€ D,
Neat(l,d) = {{I',d) |l — '€ T nd € D}. O

Rules 1.1 and 1.2 generate a set of guarded commands for process P;. The
disjunction in the head of Rule 1.1 is over all possible guarded commands that Py
may execute. The set of those guarded commands is defined using the sets
Next(l,d), one for each | € L and d € D. The integrity constraint 1.2 enforces
the generation of a set of guarded commands in which any two guards of the
guarded commands in P; are mutually exclusive (recall that we consider only
deterministic processes).

For j=2,...,k, Rules j.1, 7.2 and j.3 realize Definition 5. We use Rule ;.1 to
derive a guarded command in P; from a guarded command of the process P;_;.
Rule j.2 ensures that for every guarded command g — ¢ derived by j.1, there
exists a reachable state U such that in U the guard g evaluates to true.

Now we present a theorem establishing the correctness of our synthesis pro-
cedure. It relates the k-process symmetric concurrent programs satisfying ¢ with
the answer sets of the logic program II, UIlx. Obviously, the correctness of the
synthesis procedure implies also the correctness of the programs IL, and IIg
encoding the behavioural properties and the structural properties, as specified
in Definition 7 and 8, respectively.

Theorem 1 (Correctness of Synthesis). Let IT = II, U Ils be the logic
program obtained, as specified by Definitions 7 and 8, from: (i) a CTL formula ¢
and (ii) a symmetric program structure X = (f,T). Then,

(si::lo;...;sk::lo; x:=dp; do P [|... [ P od) E o
iff there exists an answer set M in ans(Il) such that
Vie{l,....k},Vi,l' € L, Vd,d € D,
(si:l Ax=d— si::l’;x::d’) is in P; iff M = gc(i,l,d,l',d).

5 Experimental Results

In this section we present some experimental results obtained by applying our
synthesis procedure to mutual exclusion protocols. All experiments have been
performed on an Intel Core 2 Duo E7300 2.66GHz under the Linux operating
system.

The first synthesis we did is the one of a simple program, called 2-mutez-1, for
two processes enjoying the mutual exclusion property only, and then we progres-
sively increased the number of properties that the synthesized program should
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satisfy (see Table 1). In that table the program k-mutexz-p denotes a synthesized
program for k processes satisfying p behavioural properties. For instance, pro-
gram 2-mutex-4 is the synthesized program that works for 2 processes and enjoys
the four behavioural properties: (i) ME (mutual exclusion), (ii) SF' (starvation
freedom), (iii) BO (bounded overtaking), and (iv) MR (maximal reactivity),
defined by CTL formulas as follows.

(i) Mutual Ezclusion, that is, it is not the case that process P; is in its critical
section (s; =u), and process P; is in its critical section (s; =u) at the same time:
for all 4,7 in {1,..., k}, with @ # j,

AG—(s;=uns;=u) (ME)
(ii) Starvation Freedom, that is, if a process is waiting to enter the critical section
(s;i =w), then after a finite amount of time, process P; will execute its critical
section (s;=u): for all ¢ in {1,..., &k},

AG (s;=w — AF s;=u) (SF)
(iii) Bounded Overtaking, that is, while process P; is in its waiting section,
any other process P; exits from its critical section at most once: for all 7, j
in {1,...,k},

AG((s; =wnasj=u) — AF(s; =t A A[=(s; =u)Us; =u])) (BO)
(iv) Mazimal Reactivity, that is, if process P; is waiting to execute the critical

section and all other processes are executing their noncritical sections, then in

the next state P; will enter its critical section: for all ¢ in {1,...,k},
AG((si=w A Ajep,. ,pqiy Si=t) = EXsi=u) (MR)

In our synthesis experiments we have made the following choices for sg, L, D,

fyand T.

The initial state sg is (t,t,0) and (t,t,t,0) for the 2- and 3-process sym-
metric concurrent programs, respectively.

The set L of the local states for the variables s;’s is {t,w,u}, where t repre-
sents the noncritical section, w represents the waiting section, and u represents
the critical section.

The domain D of the shared variable x is a finite set of natural numbers whose
cardinality |D| depends on: (i) the number k of the processes to be synthesized,
and (ii) the properties that the concurrent program should satisfy. The value
of |D| is not known a priori, and we guess it at the beginning of our synthesis
task. If the synthesis fails, we increase the value of |D|, hoping for a successful
synthesis with a larger value of |D|.

The k-generating function f is chosen among the following ones: (i) id is the
identity function, (ii) fi = {(0,1),(1,0)}, (iii)) fo = {(0,1),(1,0),(2,2)}, and
(iV) I3 = {<Oa 1>7 <17 2>7 <27 0>}

The local transition relation 7' is {t+—w, w—w, w—u, u—t}. The pair t—w
denotes that, once the noncritical section has been executed, a process enters
the waiting section. The pairs w—w and w—u denote that a process may repeat
(possibly an unbounded number of times) the execution of its waiting section
and then may enter its critical section. The pair u+— t denotes that, once the
critical section has been executed, a process enters its noncritical section.
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Program | Satisfied Properties‘ |D| ‘ f ‘ \ans(H)”Time ‘

2-mutex-1 | ME 2 id 6| 0.07
2-mutex-1 | ME 2 fi 7| 0.70
2-mutex-2 | ME, SF 2 fi 3| 0.71
2-mutex-3 | ME, SF, BO 2 fi 3| 1.44
2-mutex-4 | ME, SF, BO, MR 3 | fo 2| 117
3-mutez-1 | ME 2 id 5 0.95
3-muter-1 | ME 2 fi 10| 0.87
3-mutez-2 | ME, SF 3| fs 8] 152
3-mutez-3 | ME, SF, BO 3| f3 8| 1700

Table 1. Column named Program gives the names of the synthesized programs.
k-mutez-p denotes the mutual exclusion program for k processes and p behavioural
properties that are indicated in the column named Satisfied Properties. ME, SF, BO
and MR stand for ‘mutual exclusion’, ‘starvation freedom’, ‘bounded overtaking’, and
‘maximal reactivity’, respectively. Column named |D| gives the cardinality of the do-
main of the shared variable x. Column named f gives the k-generating functions (they
are defined in the text). Column named |ans(II)| gives the cardinality of ans(II), that
is, the number of answer sets of program II = II, U IIs. In column named Time we
indicate the times (in seconds) taken for the synthesis using the smodels [20].

In Figures 2 and 3 we present the syntax and the semantics of the synthesized
program, called 2-mutez-4, for the 2-process mutual exclusion problem described
in Example 3. (Program 2-mutez-4 is essentially the same as the Peterson algo-
rithm [18], but it uses a single shared variable.)

6 Related Work and Concluding Remarks

Two well known, early works on synthesis of concurrent programs were those by
Emerson and Clark [6] and Manna and Wolper [16].

In [6] Emerson and Clark introduce the notion of a synchronization skeleton
as an abstraction of the actual processes in concurrent programs. They synthesize
programs for a shared-memory model of execution by extracting the synchro-
nization skeletons from the models of CTL specifications using a tableau-based
decision procedure for the satisfiability of CTL formulas. This extraction proce-
dure is not completely mechanized.

Similarly to [6] in [16] Manna and Wolper present a method for synthesizing
synchronization instructions for processes in a message-passing model of execu-
tion from a Propositional Temporal Logic (PTL) using a tableau-based decision
procedure for the satisfiability of PTL formulas. The instructions synthesized by
their method are written as Communicating Sequential Processes [13].

In [19] Piterman, Pnueli, and Sa’ar consider the problem of the design of
digital circuits from Linear Temporal Logic (LTL) specifications and give an
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P P

true — if true — if
(1) s1=tAx=0—s1:=w; X:=2; So=t AXx=0— s2:=w; X:=2;
(2) I si=tarx=1—s1:=w; x:=2; [ s2=tArx=1— sp:=w; x:=2;
(3) | si=tArx=2—s1:=w; x:=1; | s2=tAx=2— sz:=w; x:=0;
(4) | si=wAx=0—s;:=u; x:=0; | s2=wAx=0— skip;
(5) | si=wnAx=1— skip; | sc=wArx=1— sp:=u; x:=1;
(6) | si=wAx=2—s1:=1u; x:=2; | s2=wAx=2— sp:=u; x:=2;
(7) [ si=uArx=2—s1:=t; x:=1; [ s2=unrx=2— s2:=t; x:=0;
(8) | si=uArx=0—s1:=t; x:=2; [ s2=unrx=1—s2:=t; x:=2;

fi fi

Fig. 2. The two synthesized processes P; and P> of the program 2-mutez-4: sq :=t;
se:=t; x:=0; do P1 | P> od. It enjoys the following properties: mutual exclusion,
starvation freedom, bounded overtaking, and maximal reactivity.

(t,t,1) (u, w,0) (w,u,1)

Fig. 3. The transition relation of the Kripke structure associated with the 2-process
concurrent program 2-mutez-4. The initial state is (t,t,0). For ¢ = 1,2, an arc la-
belled i.n indicates that the guarded command n of process P; is responsible for that
transition.

O(N3) algorithm to construct an automaton satisfying a formula of a particular
class of LTL specifications.

We closely follow the approaches of [6] and [16]. In particular we synthesize
concurrent processes that communicate with each other by means of shared vari-
ables starting from CTL specifications. The programs we synthesize are written
as guarded commands [7].

In order to reduce the search space of our synthesis problem, we have used
a notion of symmetric concurrent programs which is similar to the one which
was introduced in [1,8] to overcome the state explosion problem. Our notion
of symmetry is formalized using group theory, similarly to what has been done
in [8] for model checking.

Similarly to Attie and Emerson [2], we also propose a method for the synthesis
task and we separate the behavioural properties from the structural properties.
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However, in our approach the structural properties, such as symmetry, are rep-
resented in the symmetric program structures, rather than an automata based
formalism.

We have implemented our synthesis method in Answer Set Programming
(ASP). One advantage of our method over [1,6,16] is its generality: besides
temporal properties, we can specify structural properties, such as the above
mentioned symmetry, and our ASP program will automatically synthesize con-
current programs satisfying the desired properties without the need for ad hoc
algorithms.

To the best of our knowledge, there is only one paper by Heymans, Nieuwen-
borgh and Vermeir [12] who use Answer Set Programming for the synthesis of
concurrent programs. They have extended the ASP paradigm by adding prefer-
ences among models and they have developed an answer set system, called OLPS.
Using OLPS they perform the synthesis of concurrent programs following the
approach proposed in [6]. The synthesis method is not completely automatic
and, in particular, the shared variables are manually introduced during the ex-
traction of the synchronization skeleton. We do not require any extension of the
ASP paradigm, we use the by now standard ASP systems, such as DLV [9] and
smodels [20], and every steps of our synthesis procedure is fully automatic.

As future work we plan to explore various techniques for reducing the search
space of the synthesis procedure and, thus, we hope to synthesize protocols
for a larger number of processes and more complex properties to be guaranteed.
Among these techniques we envisage to apply those used in compositional model
checking [4].
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Abstract. Software product configurators are an emerging technology that sup-
ports companies in deploying mass customization strategies. Such strategies need
to cover the management of the whole customizable product cycle. Adding pro-
cess modeling and configuration features to a product configurator may improve
its ability to assist mass customization development. In this paper, we describe a
modeling framework that allows one to model both a product and its production
process. We first introduce our framework focusing on its process modeling ca-
pabilities. Then, we outline a possible implementation based on Constraint Logic
Programming of such product/process configuration system. A comparison with
some of the existing systems for product configuration and process modeling
concludes the paper.

1 Introduction

In the past years many companies started to operate according to mass customization
strategies. Such strategies aim at selling products that satisfy customer’s needs, pre-
serving as much as possible the advantages of mass production in terms of efficiency
and productivity. The products offered by such companies, usually called configurable
products, have a predefined basic structure that can be customized by combining a se-
ries of available components and options (modules, accessories, etc.) or by specifying
suitable parameters (lengths, tensions, etc.). Actually, a configurable product does not
correspond to a specific physical object, but identify sets of (physical) objects that a
company can realize. A configured product is a single variant of a configurable product,
obtained by specifying each of its customizable attributes, which corresponds to a fully-
specified physical object. The configuration process consists of a series of activities and
operations ranging from the acquisition of information about the variant of the product
requested by the customer, to the generation of data for its realization.

The mass customization operating mode involves a series of difficulties that compa-
nies struggle to resolve by using traditional software tools, designed for repetitive pro-
ductions. As more companies started offering configurable products, different systems
designed for supporting them in deploying mass customization strategies appeared.
These systems are called software product configurators and allow one to effectively
and efficiently deal with the configuration process [21]. They offer functionality for the

* Research partially founded by GNCS-2011 and MIUR-PRIN-2008 projects, and grants
2009.010.0336 and 2010.011.0403.
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representation of configurable products through product models, and for organizing and
managing the acquisition of information about the product variants to be realized.

Mass customization strategies need to cover the management of the whole cus-
tomization product cycle, from customer order to final manufacturing. Current soft-
ware product configurators focus only on the support to product configuration, and do
not cover aspects related to the production process planning. Extending the use of con-
figuration techniques from products to processes, may avoid or reduce planning im-
possibilities due to constraints introduced in the product configuration phase, as well
as configuration impossibilities due to production planning requirements. Existing lan-
guages/tools for process modeling, such as BPMN [28] and YAWL [24], do not offer
suitable features for specifying production processes and process configuration. More-
over, they lack the capability of modeling, in a single uniform setting, product models
and their corresponding process models. The framework we propose, called PROD-
PRrROC, intends to overcome these limitations and act as a core for a full-fledged config-
uration system, covering the whole customization product cycle.

2 A Framework for Product/Production Modeling

In this section we present the PRODPROC framework by exploiting a working example
that will be used throughout the paper (cf., Sections 2.1 and 2.2). We also provide a
brief description of PRODPROC semantics in term of model instances (Sect. 2.3). See
[6] for a description of PRODPROC graphical modeling language.

A PRODPROC model consists of a description of a product, a description of a pro-
cess, and a set of constraints coupling the two. In order to introduce the PRODPROC
features let us consider a rectangular base prefabricated component multi-story build-
ing, together with its construction process. More specifically, a building is composed
by the followings parts: story, roof, heating service, ventilation service, sanitary ser-
vice, electrical/lighting service, suspended ceiling, floor, partition wall system. For the
purposes of this paper, we consider two types of building:

Warehouse: it is a single story building, it has no mandatory service except for the
electrical/lighting service, it has no partition wall system and no suspended ceiling,
it may have a basement.

Office building: it may have a basement and up to three stories, all services except
ventilation are mandatory, suspended ceiling and floor are mandatory for each story,
each story may have a partition wall system.

The building construction process can be split in four main phases: preparation and de-
velopment of the building site; building shell and building envelope works; building ser-
vices equipment; finishing works. (For a detailed description of such phases see [23].)

2.1 Product Description

A product is modeled as a multi-graph, called product model graph, and a set of con-
straints. The nodes of the graph represent the components of the product. The edges
represent the has-part/is-part-of relations between product components. We require
the presence of a node without entering edges in the product model graph. We call this
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Ventilation service ventilation sanitary Sanitary service
on Building o1
1 0,1}
Electr./!_lght. electr./light. heating Heating service
service

{0,1} ; basement first story

Basement
.1 !
\d
roof
upper story Story > Roof
{0,1}
ceiling walls floor
{0.1} {©.1} {01}
\4
Suspended ceiling Parst;/tlstzgn\:vall Floor

Fig. 1. Building product model graph.

node root node. Such a product description will represent a configurable product whose
configuration can lead to the definition of different (producible) variants that can be
represented as trees. Nodes of these trees correspond to physical components, whose
characteristics are all determined. The tree structure describes how the single compo-
nents taken together define a configured product. Fig. 1 shows the product model graph
for our example. Edges are labeled with names describing the has-part relations and
numbers indicating the admitted values for the cardinalities.

Each node/component of a product model graph is characterized by a name, a set of
variables representing configurable features of the component, and a set of constraints
that may involve variables of the node as well as variables of its ancestors in the graph.
Each variable is endowed with a finite domain (typically, a finite set of integers or
strings), i.e., the set of its possible values. In the description of a configured product,
physical components will be represented as instances of nodes in the product model
graph. An instance of a node NodeName consists of the name NodeName, a unique
id, and a set of variables equals to the one of NodeName. Each variable will have a
value assigned. The instance of the root node will be the root of the configured product
tree. For example, the node Building in Fig. 1, which is the root node of the product

model graph, is defined as the triple (Building, VBuiiding: CBuilding), Where the in-

volved variables and the set of constraint are as follows:
VBuitding = {{BuildingType, { Warehouse, Office building}),
(StoryNum, [1, 3]), (Width,[7,90]), (Length, [7,90])},

CBuilding = {BuildingType = Warehouse = StoryNum = 1}.
Hence, a building is described by four features/variables, each one with a set of possi-

ble values. Note that the single constraint associated with the node imposes that if the
building is a warehouse, then it must have exactly one story. The node representing a
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story of the building is defined as (Story, Vsiory; Cstory), Where:

Vstory = {{(FloorNum, [1,3]), (Height, [3,15])},
Cstory = {Floor Num = (Floor Num, Story, [upper story) + 1,
Floor Num < {StoryNum, Building, [first story,x]),
(BuildingType, Building, [first story,*]) = Office building =
= Height > 4 \ Height < 5}.

In this case we have two variables associated with the node Story, whose values are
controlled by three constraints. Note that these constraints involve features/variables
associated with ancestors of the node Story. To refer to specific variables in the an-
cestors of a node, we introduce the notion of meta-variable, i.e., a triple of the form
(VarName, Ancestor Name, MetaPath). This triple denotes a variable Var Name
in an ancestor node Ancestor Name (e.g., BuildingType in the node Building). The
third component of a meta-variable, MetaPath, is a list of edge labels (see below)
and describes a path connecting the two nodes in the graph (wildcards ‘_’ and ‘x’ can
be used to represent arbitrary labels and a sequence of arbitrary labels, respectively).
MetaPaths are used to define constraints that will have effect only on particular in-
stances of a node. For example, the first constraint in Cg;,,, Will have to hold only for
those instances of node Story which are connected to another instance of node Story
through an edge labeled upper story. Intuitively, a node constraint for the node N will
have to hold for each instance of IV, such that it has ancestors connected with it through
paths matching with the M eta Paths occurring in the constraint.

An edge is defined by: a name, two node names indicating the parent and the child
nodes in the has-part relation, the cardinality of such relation (expressed as either an
integer number or a variable), and a set of constraints. Such constraints may involve
the cardinality variable (if any) as well as the variables of the parent node and of
any of its ancestors (referred to by using meta-variables). An instance of an edge la-
beled label connecting a node N with a node M, will be an edge labeled label, con-
necting an instance of IV and an instance of M. Let us consider the edges first story
and upper story of our sample model. The former is the edge that relates the build-
ing and its first story. It is defined as (first story, Building, Story,1,(). Note that
the cardinality is imposed to be 1 and there is no constraint. The edge upper story
represents the has-part relation over two adjacent stories of the building. It is de-
fined as (upper story, Story, Story, Card,CC), where the variable Card is defined
as (Card, [0, 1]), while the set of constraints is defined as follows:

CC = {Floor Num = (StoryNum, Building, [first story,*]) = Card =0,
Floor Num < (StoryNum, Building, [first story,]) = Card = 1}.

The two constraints in CC control the number of instances of the node Story. An in-
stance of the node Story will have as child another instance of node Story, if and only
if its floor number is not equal to the number of stories of the building. Intuitively, a
cardinality constraint for and edge e will have to hold for each instance of the parent
node P in e, such that P has ancestors connected with it through paths matching with
MetaPaths occurring in the constraint.

As mentioned, a product description consists of a product model together with a
set of global constraints. Such constraints, called model constraints, involve variables
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of nodes not necessary related by has-part relations (node model constraints) as well
as cardinalities of different edges exiting from a node (cardinality model constraints).
Also, global constraints like al1different [27] and aggregation constraints can be
used to define node model constraints. Intuitively, a node model constraint will have to
hold for all the tuples of node instances reached by paths matching with MetaPaths
occurring in the constraint. The following is an example of cardinality model constraint:

(upper story, Story, Story, Card) # (roof, Story, Roof, Card).

This constraint states that, given an instance of the node Story the cardinality of the
edge upper story and roof exiting from it must be different, i.e., an instance of the
node Story can not have both an upper story and a roof.

2.2 Process Description

PRODPROC allows one to model a process in terms of activities and temporal relations
between them. Moreover, PRODPROC makes it possible to model process resource pro-
duction and consumption, and to intermix the product and the process modeling phases.

In general, a process consists of: a set of activities; a set of variables (as before,
endowed with a finite domain of strings or of integers) representing process character-
istics and involved resources; a set of temporal constraints between activities; a set of
resource constraints; a set of constraints on activity durations.

There are three kinds of activity: atomic activities, composite activities, and multiple
instance activities. An atomic activity A is an event that happens in a time interval. It
has associated a name and the following parameters:

e two integer decision variables, t***"* and ¢t°"¢, denoting the start time and end time
of the activity. They define the time interval [t51%" t"4] subject to the implicit
requirement that ¢4 > ¢start >

e adecision variable d = t*"¢ — t5t%" denoting the duration of the activity.

e aflagexec € {0,1}.

When d = 0 we say that A is an instantaneous activity. If exec = 1 holds, A is
executed, otherwise (namely, if exec = 0) A is not executed. A composite activity
is an event described in terms of a process. Hence, it has associated four variables
analogously to an atomic activity, as explained earlier. Moreover, it is associated with a
model of the process it represents. A multiple instance (atomic or composite) activity is
an event that may occur multiple times. Together with the four variables (and possibly
the sub-process model), a multiple instance activity has associated a decision variables
(named ¢nst) representing the number of times the activity can be executed.

Temporal constraints between activities are inductively defined starting from atomic
temporal constraints. Let A and B be to activities. We consider as atomic temporal
constraints all the thirteen mutually exclusive binary relations which capture all the
possible ways in which two intervals might overlap or not (as introduced by Allen
in [3]), and some further constraints inspired by the constraint templates of the language
ConDec [19]. The following are some examples of atomic temporal constraints (for lack
of space we avoid listing all the possibilities):

1. Abefore B to express that A is executed before B.
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Preparation and Building shell and Building services
development of the [F——3 building envelope [F—T> UIe luig me‘rl1lt > Finishing works
building site before works before quip!
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Fig. 2. Temporal constraint network for the building construction process.

2. A meets B to express that the execution of A ends at time point in which the

execution of B starts.

A must—be—executed to express that A must be executed.

Ais—absent to express that A can never be executed.

5. A not—co—ezxistent—with B to express that either A or B can be executed (i.e.,
it is not possible to execute both A and B).

6. A succeeded—by B to express that when A is executed than B has to be executed
after A.

Rl

The constraints 1 and 2 are two of the binary relations of [3]. The constraints 3—6 have
been inspired by the templates used in the language ConDec [19]. A temporal constraint
is inductively defined as follows.

e An atomic temporal constraint is a constraint.

e If v and ¥ are temporal constraint then ¢ and ¥ and ¢ or 1 are temporal constraints.

e If ¢ is a temporal constraint and c is a constraint on process variables, then ¢ — ¢
is an if-conditional temporal constraint, stating that ¢ has to hold whenever c holds.
Also, ¢ < ¢ is an iff-conditional temporal constraint, stating that ¢ has to hold if
and only if ¢ holds.

Plainly, the truth of the atomic temporal constraints is related with the execution of the
activities they involve. For instance, whenever for two activities A and B it holds that
erecy = 1 A execg = 1, then the atomic formulas of the forms 1 and 2 must hold. A
temporal constraint network CN is a pair (A, C), where A is a set of activities and C
is a set of temporal constraints on activities in .A. Fig. 2 shows the temporal constraint
network for the building construction process. Fig. 3 shows the temporal constraint
network for the sub-process represented by the composite activity called “Building ser-
vices equipment”. In the figures, atomic activities are depicted as rectangles, composite
activities as nested rectangles, multiple instance activities as overlapped rectangles. Bi-
nary temporal constraints are represented as edges whose labels describe the temporal
relations. If an activity is involved in a must be executed or in a is absent constraint,
it is depicted as a dashed line rectangle or a dotted line rectangle, respectively. A con-
ditional temporal constraints is depicted together with its activation condition.
PRODPROC allows one to specify constraints on resource amounts [15] and activity
durations. A resource constraint is a quadruple (A, R, q, TE), where A is an activity;
R is an variable endowed with a finite integer domain; ¢ is an integer or a variable en-
dowed with a finite integer domain, defining the quantity of resource IR consumed (if
g < 0) or produced (if ¢ > 0) by executing A; T'E is a time extent that defines the
time interval where the availability of resource R is affected by the execution of ac-
tivity A. The possibilities for TE are: FromStartToEnd, AfterStart, After End,
BeforeStart, BeforeEnd, Always, with the obvious meaning. The following is an
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Fig. 3. Temporal constraint network for the composite activity “Building services equipment”.

example of resource constraints for the third phase of the building construction process.
(Roof insulation, GeneralWorkers, (qaw, [—10, —4]), FromStartToEnd).

This constraint specifies that the number of GeneralW orkers available is reduced of
an amount between 4 and 10 during the execution of the activity Roof insulation. All the
workers will return available as soon as the activity ends. Note that resource constraints
may (implicitly) imply constraints on the number of instances of multiple instance ac-
tivities. Another form of resource constraints establishes initial level constraints, i.e.,
expressions defining the quantity of a resource available at the time origin of a process.
The basic form is initial Level (R, iv), where R is a resource and v € N.

An activity duration constraint has the form (A, Constraint), where A is the name
of an activity, and Constraint may involve the duration of A, process variables, and
quantity variables for resource related to A. This is an example of activity duration con-
straint for the third phase of the building construction process (where BuildingArea
is a process variable, and g7, g¢ are quantity variables):

BuildingArea >

2 |gaw| +2-|qr| + 3 |qc]

<Roof insulation, d =

PRODPROC also allows one to couple elements for modeling a process and elements
for modeling a product through constraints involving process variables and product
variables. The following are examples in our sample model:

(Building, sanitary, Card) = San ,

(StoryNum, Building, [|) = instpinishing works-
For instance, the last one states that the number of stories of a building has to be equal to
the value of inst pinishing works (i.€., number of times the event Finishing works is
executed). In general, constraints involving both product and process variables may help
to detect/avoid planning impossibilities due to product configuration, and configuration
impossibilities due to product configuration, during the configuration of a product.
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2.3 PRODPROC Instances

A PRODPROC model represents the collection of single (producible) variants of a con-
figurable product and the processes to produce them. A PRODPROC instance represent
one of such variant and its production process. To precisely define this notion we need
to introduce first the notion of candidate instance. A PRODPROC candidate instance
consists of the following components:

o A set N of node instances, i.e., tuples of the form n = (N, 4, Vy) where N is a
node in the product model graph, + € N is an index (different for each instance of a
node), Vy is the set of variables of node V.

o a set Wodes Of assignments for all the node instance variables, i.e., expressions of
the form V' = value where V' is a variable of node instance n and value belongs to
the set of values for V.

e A tree, called instance tree, that specifies the pairs of node instances in the relation
has-part. Such a tree is defined as [T = (N, &), where £ is a set of tuples [ =
(label,n, m) such that there exists an edge e = (label, N, M,Card,CC) in the
product model graph, n is an instance of N and m is an instance of M.

o A set o/cags Of assignments for all the instance cardinality variables, i.e., expres-
sions of the form IC: = k where n is an instance of a node N, e is a quin-
tuple (label, N, M,Card,CC), IC¢ = Card, and k is the number of the edges
(label,n,m), such that m is an instance of M, in the instance tree.

o Aset Aof activity instances, i.e., pairs a = (A, i) where A is the name of an activity
such that ezecy = 1 and 7 € N is a unique id for instances of A.

e A et & of flags execy, one for each activity A such that execy # 1.

o A set @poc Of assignments for all model variables and activity parameters (i.e., time
instant variables, duration variables, execution flags, quantity resource variables,
instance number variables), that is, expressions of the form P = value where P is
a model variable or an activity parameter, and value € Z or value belongs to the
set of values for P.

A PRODPROC instance is a candidate instance such that the assignments in .&\odes U
Hcards U Hproc satisfy all the constraints in the PRODPROC model (node constraints,
edges constraints, temporal constraints, resource constraints, etc.), appropriately instan-
tiated with variables of node instances and activity instances in the candidate instance.
The (constraint) instantiation mechanism produces a set of constraints on candidate
instance variables from each constraint in the PRODPROC model. A candidate instance
must satisfy all these constraints to qualify as an instance. We give here an intuitive
explanation of how the instantiation mechanism works on different constraint types.
Let us begin with node and cardinality constraints. Let ¢ be a constraint belonging to
the node IV, or a constraint for an edge e between nodes N and M. Let us suppose that
Ny, ..., N} are ancestors of N whose variables are involved in ¢, and let pq, ..., p; be
MetaPaths such that, fors = 1,...,k, p; is a MetaPath from N; to N. We define
Liy0de as the set of k-tuple of node instances (n,ny, ..., nx) where: n is an instance of
N;fori =1,...,k n; is an instance of N;, connected with n through a path g; in the
instance tree such that match(g;, p;) = true holds. match is defined as follows.!

" Given two lists I; and l2, I; o I denotes their concatenation. We denote with [x|] the list
obtained by prepending the element x to the list {.
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true ifg=p
match(ps, mps) if g = [label|ps] A (p = [label|mps] V p = [_|mps])
match(q,p) = | true if p = [, label|ps]A
A 3s.(q = s o [label|ps] A match(ps, mps))
false otherwise

For each k-tuple t € L,,,4e, We obtain a constraint on instance variables appropriately
substituting variables in ¢ with variables of node instances in ¢. If ¢ is a constraint for e,
given a k-tuple (n,nq, ..., n) on which to instantiate it, the cardinality occurring in it
is substituted with the cardinality variable IC.

Node model constraints are instantiated in a slightly different way. Let ¢ be a node
model constraint. Let us suppose that Ny, ..., Ny are the nodes whose variables are in-
volvedinc,letpy,...,pr be MetaPathssuchthat,fori =1,... k, p;isa MetaPath
that ends in N;. We define L., as the set of ordered k-tuples of node instances
(n1,...,ng), where for i = 1,...,k n; is an instance of N; connected by a path ¢;
with one of its ancestors in the instance tree, such that match(q;, p;) = true holds.
For each k-tuple ¢t € Lym,., we obtain a constraint on instance variables appropriately
substituting variables in ¢ with variables of node instances in ¢. If ¢ is an aggregation
or an alldifferent constraint, then we define an equivalent constraint on the list
consisting of all the node instances of Vi, ..., Nj reached by a path matching with the
corresponding MetaPath.

The instantiation of cardinality model constraint is very simple. Let ¢ be a cardi-
nality model constraint for the cardinalities of the edges with labels ey, ..., e exiting
from anode N.Letnq,...,n, be instances of N.Foralli € {1,...,h}, we instantiate
¢ appropriately substituting the cardinality variables occurring in it, with the instance
cardinality variables ICyt, ... ICpk.

Let us now consider process constraints. Let A be an activity, let aq,...,ax be
instances of A. Let r be the resource constraint (A, R, ¢, TE), we instantiate it on each
instance of A4, i.e., we obtain a constraint {a;, R, ¢;, TE) foreach i = 1,..., k, where
q; = q is a fresh variable. Let ¢ be an activity duration constraint for A, for each
t© = 1,...,k we obtain a constraint substituting in ¢ d4 with d,,, and each quantity
variable ¢ with the corresponding variable g;. Finally, let B an activity, let by, .. ., by, be
instances of B. If cis a temporal constraint involving A and B, we obtain a constraint on
activity instances for each ordered couple (7, j), withi € {1,...,k}, j € {1,...,h},
substituting in ¢ each occurrence of A with a;, and of B with b;. This mechanism can
be easily extended to temporal constraints involving more than two activities.

3 Product and Process Configuration

On top of the framework we described in Sect. 2 it is possible to implement a configu-
ration system based on Constraint Logic Programming (CLP) [13]. In this section, we
first explain how such a system can support a user through the configuration of a prod-
uct and its production process. Then, we show how we can generate a CLP program
from a model and a (partial) candidate instance.
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CLP-based configuration system

(1) Initialization

(2) Choice (5) CLP
information (3) Change information program Finite
System System > :

domain

interf ngin
erlace engine | solver

\ A
y

Yy

(4) Start inferenc
process

-«
(8) Choice
consequences
User

(6) Results

(7) Inference process results

Fig. 4. Configuration process supported by a CLP-based system.

A possible general structure of a configuration process supported by a CLP-based
system is pictorially described in Fig. 4. First, the user initializes the system (1) se-
lecting the model of the product/process to be configured. After such an initialization
phase the user starts to make her/his choices by using the system interface (2). The in-
terface communicates to the system engine (i.e., the piece of software that maintains a
representation of the product/process under configuration, and checks the validity and
consistency of user’s choices) each data variation specified by the user (3). The system
engine updates the current partial configuration accordingly. Whenever an update of
the partial configuration takes place, the user, through the system interface, can activate
the engine inference process (4). The engine instantiates PRODPROC constraints on
the current (partial) candidate instance, and encodes the product/process configuration
problem in a CLP program (encoding a Constraint Satisfaction Problem, abbreviated
to CSP). Then, it uses a finite domain solver to propagate the logical effects of user’s
choices (5). Once the inference process ends (6), the engine returns to the interface the
results of its computation (7). In its turns, the system interface communicates to the user
the consequences of her/his choices on the (partial) configuration (8).

In the following, we briefly explain how it is possible to obtain a CLP program from
a PRODPROC model and a (partial) candidate instance (a candidate instance is partial
when there are variables with no value assigned to) corresponding to it. We do this
considering only the process side of a model, the operations necessary to obtain CLP
variables and constraints for the product side are similar.

Given a PRODPROC model and a corresponding (partial) candidate instance defined
by a user, we can easily obtain a CSP (VAR, DOM,CONSTR), where VAR is a set
of variables, DOM is a set of finite domain for variables in VAR, and CONST R is a
set of constraints on variables in VAR. VAR will contain a variable for each node in-
stance variable, cardinality variable, activity parameter, process characteristic, resource,
and quantity resource variable. DOM will contain a domain, obtained form the PROD-
PROC model, for each variable in V. CON ST R will contain all the constraints that
the (partial) candidate instance should satisfy. As we explained in Sect. 2.3, such con-
straints are determined by an instantiation mechanism. We give here a formalization of
such mechanism for the process side of a model. We define a function g that, given the
set of activity instances A, the set RDC = R U D U C, where R is the set of resource
constraints, D is the set of activity duration constraints, C is the set of temporal con-
straints, generates a set of constraints instantiated on activity instances. To define p we
preliminary need to introduce some basic notions. If ¢ is a temporal constraint acts(c)
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is the list of activities involved in c. In the following we will denote with @ an instance
of an activity, and with pInsts(a) the set of instances of the process associated to a
composite activity instance a. We say that a <> 4.; A if and only if a is an instance of
A. The function y is defined as follows:

;U(Av RCP.I) = UaeA afa) U UCGRCP v(c, A).
The function « generates the set of default constraints on duration, start time, and fin-
ishing time for an activity instance a:

(a) { t“°™ () if a is a composite activity instance
)

t(a) otherwise
Com start . start yend end
t P(a) - {ta = mlnbEpInsts(a) tb ) ta - maXbEpInsts(a) tb 9
tznd > titar't7 dy = tind _ tita”, erecs = 1}7

t(a) — {tztart 2 07 tznd Z tzta'rt7 da — tgnd _ tztart’ erecs = 1}

The function + instantiate a constraint ¢ on activity instances in .A.

{{a, R, qa, TE)|a € AN if ce RA
N @ < Act A/\(Ja:(IA} ACE(A,R,QA,TE)
c if ce RA
A ¢ = initial Level (R, iv
v(e, A)= . ( )
{c[da/da,qa/qa] | a € ANa —ace A} ifceD
{C[A1/CL1,...,A)€/CL}€} | ifceC
[A1, ..., Ax] = acts(c)A
N [a1, .. .,ak] € Lac(c, [Ah .. ‘,Ak},A)}

The function Lot (c, [A1,. .., Ag], . A) generates all the k-tuple of activity instances that
are instances of activities involved in a constraint c:
Lact(c,[Ar, .. Arl, A) = {lar, .. aw] | Ni_i(a; € ANa; —au A))}

From instantiated resource constraints and CSP variables for resources it is possi-
ble to generate a cumulative constraint [1,4]. To obtain CSP constraints from all other
constraints it is sufficient to substitute the instance variables with the corresponding
CSP variables. Temporal constraints are defined on activities, but it is possible to com-
pile them into propositional formulas on activity durations, starting times, and finishing
times. Table 1 shows the translation for some of the atomic temporal constraints.

Let ¢ and 9 be temporal constraints, let ” and 97 the corresponding propositional
formulas. Then ¢ and ¥, ¢ or 9, ¢ — ¢ and ¢ < ¢ correspond to @7 A 97 P v 9P,
c= ¥ and ¢ & 7, respectively.

Given the constraint satisfaction problem CSP it is straightforward to obtain a CLP
program encoding it, once a specific CLP system has been chosen, e.g., SICStus Prolog,
SWI Prolog, or ECLiPse.

4 A Comparison with Existing Product/Process Modeling Tools

In this section, we briefly compare the PRODPROC framework with some of the most
important product configuration systems and process modeling tools to put in evidence
its strength and limitations.
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Atomic temporal constraint Propositional formula
Abefore B gefart < gstart A gepd < gstart
Ameets B £ <R A =

A must—be—ezecuted execa = 1
A is — absent execa =0
A not—co—existent—with B ereca + execg <1
A succeeded—by B execa = 1 = execp = 1 A2 > 9

Table 1. Atomic temporal constraints and corresponding propositional formulas.

Product configuration systems based on Answer Set Programming (ASP) [11], e.g.,
Kumbang Configurator [16], provide a number of features that are specifically tailored
to the modeling of software product families. On the one hand, this makes these systems
appealing for a relevant range of application domains. On the other hand, it results in
a lack of generality, which is probably the major drawback of this class of systems. In
particular, they do not support global constraints, and they encounter some problems in
the management of arithmetic constraints related to the so called grounding stage [16].

Systems based on binary decision diagrams (BDDs) for product configuration, e.g.,
Configit Product Modeler [8], trade the complexity of the construction of the BDD, that
basically provides an encoding of all possible configurations [12], for the simplicity and
efficiency of the configuration process. Despite their various appealing features, BDD-
based systems suffer from some significant limitations. First, even though some work
has been done on the introduction of modules [25,26], they basically support flat models
only. Moreover, they find it difficult to cope with global constraints. Some attempts at
combining BDD with CSP to tackle alldifferent constraints have been recently
done [17]; however, they are confined to the case of flat models. We are not aware of
any BDD system that deals with global constraints in a general and satisfactory way.

Unlike ASP-based and BDD-based product configuration systems, CSP-based sys-
tems allow the user to define non-flat models and to deal with global constraints. Unfor-
tunately, the modeling expressiveness of CSP-based systems has a cost, i.e., backtrack-
free configuration algorithms for CSP-based systems are often inefficient, while non
backtrack-free ones need to explicitly deal with dead ends. Some well-known CSP-
based configuration systems, such as ILOG Configurator [14] and Lava [10], seem to
be no longer supported. A recent CSP-based configuration system is Morphos Config-
uration Engine (MCE) [7]. From the point of view of process modeling, PRODPROC
can be viewed as an extension of the MCE modeling language. In particular, it extends
MCE modeling language with the following features: (1) cardinality variables, i.e.,
has-partlis-part-of relations can have non-fixed cardinalities; (2) product model graph,
i.e., nodes and relations can define a graph, not only a tree; (3) cardinality constraints
and cardinality model constraints, i.e., constraints can involve cardinalities of relations;
(4) MetaPaths, i.e., a mechanism to refer node instance variables in constraints.

In [22] the authors present an ontology representing a synthesis of resource-based,
connection-based, function-based and structure-based product configuration approches.
The PRODPROC framework covers only a subset of these concepts. However, it is not
limited to product modeling and it defines a rich (numeric) constraint language, while
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it remains unclear to what extent the language used in [22] supports the formulation of
configuration-domain specific constraints.

PRODPROC can be viewed as the source code representation of a configuration sys-
tem with respect to the MDA abstraction levels presented in [9]. PRODPROC product
modeling elements can be mapped to UML/OCL in order to obtain platform specific
(PSM) and platform independent (PIM) models. The mapping to OCL of M etaPaths
containing ‘x* wildcards and of model constraints requires some attention. For example,
the latter do not have an explicit context as OCL constraint must have.

In the past years, different formalisms have been proposed for process modeling.
Among them we have: the Business Process Modeling Notation (BPMN) [28], Yet
Another Workflow Language (YAWL) [24], DECLARE [19]. Languages like BPMN
and YAWL model a process as a detailed specification of step-by-step procedures that
should be followed during the execution. They adopt an imperative approach in process
modeling, i.e., all possibilities have to be entered into their models by specifying their
control-flows. BPMN has been developed under the coordination of the Object Man-
agement Group. PRODPROC has in common with BPMN the notion of atomic activity,
sub-process, and multiple instance activity. The effect of BPMN joins and splits on the
process flow can be obtained by using temporal constraints. In PRODPROC there are no
notions such as BPMN events, exception flows, and message flows. However, events
can be modeled as instantaneous activities and data flowing between activities can be
modeled with model variables. YAWL is a process modeling language whose intent is
to directly supported all control flow patterns. PRODPROC has in common with YAWL
the notion of task, multiple instance task, and composite task. YAWL join and split
constructs are not present in PRODPROC, but using temporal constraints it is possible
to obtain the same expressivity. As opposed to traditional imperative approaches to pro-
cess modeling, DECLARE uses a constraint-based declarative approach. DECLARE
models rely on constraints to implicitly determine the possible ordering of activities
(any order that does not violate constraints is allowed). With respect to DECLARE,
PRODPROC has in common the notion of activity and the use of temporal constraints
to define the control flow of a process. The set of atomic temporal constraints is not as
big as the set of template constraints available in DECLARE, however it is possible to
easily combine the available ones so as to define all complex constraints of practical in-
terest. Moreover, in PRODPROC it is possible to define multiple instance and composite
activities, features that are not available in DECLARE.

From the point of view of process modeling, PRODPROC combines modeling fea-
tures of languages like BPMN and YAWL, with a declarative approach for control flow
definition. Moreover, it presents features that, to the best of our knowledge, are not
presents in other existing process modeling languages. These are: resource variables
and resource constraints, activity duration constraints, and product related constraints.
Thanks to these features, PRODPROC is suitable for modeling production processes and,
in particular, to model mixed scheduling and planning problems related to production
processes. Furthermore, a PRODPROC model does not only represent a process ready
to be executed as a YAWL (or DECLARE) model does, it also allows one to describe a
configurable process. Existing works on process configuration, e.g., [20], define process
models with variation points, and aim at deriving different process model variants from
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a given model. Instead, we are interested in obtaining process instances, i.e., solutions
to the scheduling/planning problem described by a PRODPROC model.

The PRODPROC framework allows one to model products, their production pro-
cesses, and to couple products with processes using constraints. The only works on the
coupling of product and process modeling and configuration we are aware of are the
ones by Aldanondo et al. [2]. They propose to consider simultaneously product config-
uration and process planning problems as two constraint satisfaction problems; in order
to propagate decision consequences between the two problems, they suggest to link the
two constraint based models using coupling constraints. The development of PROD-
PROC has been inspired by the papers of Aldanondo et al., in fact we have separated
models for products and processes and, constraints for coupling them too. However, our
modeling language is far more complex and expressive than the one presented in [2].

5 Conclusions

In this paper we focused on the problem of product and process modeling and con-
figuration. In particular, we pointed out the lack of a tool covering both physical and
production aspects of configurable products. To overcome this absence, we proposed
a framework called PRODPROC, that allows one to model a configurable products and
its production process. Moreover, we showed how it is possible to build a CLP-based
configuration systems on top of this framework, and compared it to existing product
configuration systems and process modeling tools.

We have already implemented a first prototype of a CLP-based configuration system
that uses PRODPROC. It covers only product modeling and configuration, but we are
working to add to it process modeling and configuration capabilities. PROPROC and
SysML [18] have various commonalities in terms of modeling features, despite the fact
that their purposes are different. We plan to further investigate the relations that exists
between the two modeling languages. We also plan to experiment our configuration
system on different real-world application domains, and to compare it with commercial
products, e.g., [5].
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A  Model Instantiation and CSP creation

In this section, exploiting the building model introduced in Sect. 2, we show an ex-
ample of PRODPROC partial candidate instance, and describe the CSP we obtain from
it. The purpose of the example is twofold: first, to show how multiple instances of a
node affect the constraint instantiation and the CSP corresponding to a model instance;
second, to better describe the encoding of the process description into a CSP, in partic-
ular the generation of a cumulative constraint from resources and instantiated resource
constraints.

Fig. 5 shows the instance tree of the partial candidate instance we consider. It con-
sists of one instance of the root node (i.e., the node Building) of the product model
graph depicted in Fig. 1, one instance of the node Electr./Light. service, two instances
of the node Story, and one instance of the node Roof.

Building, ID 1
electr./igV \irsismry
Electr./Light.
service, ID 1 Story, ID 1
upper story
\
Story, ID 2
roof
A\
Roof, ID 1

Fig. 5. Instance tree of a building partial candidate instance.

The activity instances and the instantiated temporal constraints of the construction
process for the building instance showed in Fig. 5 are depicted in Fig. 6.

In the following we will denote as (Var, Node-i) the variable Var of the instance
with id ¢ of the node Node. Since we are considering a partial candidate instance, some
of the node instance variables and process variables may have a value assigned to. For
example, we may have (StoryNum, Building-1) = 2 and San = 0.

As mentioned in Sect. 2.3, a candidate instance is an instance if it satisfies all the
constraints defined in the model, appropriately instantiated on instance variables. The
instantiation of the node constraints for the nodes Building and Story listed in Sect. 2.1
leads to the following constraints on the variables of node instances in Fig.5.
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before
or Finishing works,
meets ID=1
Preparation and Building shell and - ) —
- Building services
development of the |——=3%{ building envelope equipment, ID = 1
building site, ID=1 || before works, D = 1 before || SduPment 1=
or or
meets meets ! before Finishing works,
| or ID=2
[l meets
1
|
|

|

|

Roof insulation, :
D= |
|

|

|

Fig. 6. Activities and temporal constraints for the building partial candidate instance.

(BuildingType, Building-1) = Warehouse = (StoryNum, Building-1) = 1,
(Floor Num, Story-1) < (StoryNum, Building-1),
(BuildingType, Building-1) = Office building =
= (Height, Story-1) > 4 A (Height, Story-1) <5,
(Floor Num, Story-2) = (Floor Num, Story-1) + 1,
(Floor Num, Story-2) < (StoryNum, Building-1),
(BuildingType, Building-1) = Office building =
= (Height, Story-2) > 4 A (Height, Story-2) < 5.
Instantiating the cardinality constraints for the edge upper story, introduced in Sect 2.1,

we obtain:
(Floor Num, Story-1 StoryNum, Building-1) = IC’gf{’)’fg story — 0,

)= )
(Floor Num, Story-1) < (StoryNum, Building-1) = ICgp}"" story _
(Floor Num, Story-2) = (StoryNum, Building-1) = [C'gfgfr_story 0,
(Floor Num, Story-2) < (StoryNum, Building-1) = IC’gfff; Sl = 1.
Finally, the instantiation of the cardinality model constraint showed in Sect. 2.1 leads
to the constraint:

IC;pper story 7£ Icroof

tory-2 Story-2*
For each activity instance we have constraints on duration, starting and finishing time.
For example, for the composite activity instance “Finishing works” with id 1 we have:

start — : start
Finishing works-1 — MINpepInsts(Finishing works-1) Up t

end — max tend
Finishing works-1 — bepInsts(Finishing works-1)

end start

Finishing works-1 = “Finishing works-1>

tstart

o __ tend _
dleshlng works-1 — tFinishing works-1 Finishing works-1*

While for the activity instance “Roof insulation” with id 1 we have:

start
tRoof insulation-1 = O tRoof insulation-1 > 0’

end start

Roof insulation-1 = “Roof insulation-1°
d . . _ ten _ tstart

Roof insulation-1 = 'Roof insulation-1 Roof insulation-1*

Instantiating the resource and duration constraints for the activity Roof insulation intro-
duced in Sect. 2.2 we obtain:
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(Roof insulation-1, GeneralWorkers, {(gaw, [—10, —4]), FromStartToEnd),

(Roof insulation-1,d =

BuildingArea >
2-lgaw!|+ 2 lgr| +3- |qc|”

The instantiation of the constraint involving both product and process variables showed
in Sect. 2.2 leads to the following constraints:

sanitary  __
ICBuilding-l = San )

(StoryNum, Building-1) = inst pinishing works-

From the PRODPROC partial candidate instance we just described and its instanti-

ated constraints, we can construct a CSP with the following characteristics (we use the
SWI-Prolog notation for variables, domains and constraints).

A finite domain (FD) variable for each node instance variable, e.g., for the variable
(StoryNum, Building-1) the FD variable StoryNum_Building_1;

A FD variable for each instance cardinality variable, e.g, for I Cg‘;gfy_2 the FD
variable IC_roof_Story_2;

FD variables for starting time, ending time, duration of each activity instance,
e.g.,T_start_Roof_insulation_1,T_end_Roof_insulation_1,and
D_Roof_insulation_1 for the activity instance “Roof insulation” with id 1;
FD variables for execution flags of activities with no instance;

FD variables for process and resource variables, e.g., BuildingArea for the
process variable BuildingArea, GeneralWorkers for the resource variable
GeneralWorkers;

A domain constraint for each FD variable, e.g., IC_roof_Story_2 in 0..1;
A constraint on an FD variable for each assignments, obtained by substituting each
instance variable with the corresponding FD variable;

A constraint on FD variables for each instantiated constraint, obtained by substitut-
ing each instance variable with the corresponding FD variable;

For each composite activity instance, a minimum and a maximum constraint on
start and end times, e.g., for the instance with id 1 of the activity “Finishing works”
the constraint minimum (T_start_Finishing_works_1, Ts) and the con-
straint maximum (T_end_Finishing works_1, Te), where Ts, Te are re-
spectively the list of start and end times of the activity in the process related to the
instance with id 1 of “Finishing works”;

A constraint on FD variables for each instantiated temporal constraint, obtained by
substituting start times, end times, and execution flags with the corresponding FD
variables in the propositional formula equivalent to the temporal constraint;

A constraint on FD variables for each instantiated duration constraint, obtained by
substituting duration, process and resource variables with the corresponding FD
variables;

A constraint of the form cumulatives (Tasks,Machines) where Tasks
is a list of task predicates, one for each instantiated resource constraint, and
Machines is a list of machine predicates, one for each resource. For example,
for the resource constraint showed in Sect. 2.2 and the resource GeneralWorkers
we define the predicates
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task (T_start_Roof_insulation_1,D_Roof_insulation_1,
T_end_Roof_insulation_1,Q_GW,GeneralWorkers,
FromStartToEnd)

machine (GeneralWorkers,0..10,10)

B CLP-based Configuration System

We are using SWI-Prolog to develop a CLP-based configuration system that exploits
the close relation that exists between configuration problems and CSPs.? In particular,
we are using the SWI-Prolog pce library to implement the system graphical user in-
terface, and the c1pfd library for constraint propagation and labeling purposes. The
current version of the system is limited to product modeling. Fig. 7 shows the graphical
user interface that allows a user to define a product description using PRODPROC. The
interface presents (on the left, from top to bottom) controls for graphical element se-
lection, creation of nodes, creation of edges, and creation of sets of model constraints.
Moreover, there is a menu named “Check” with controls for checking model syntactic
correctness, and for automatically generate product instances to check model validity.
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Fig. 7. Graphical user interface for product description creation and checking.

2 We chose CLP instead of Constraint Programming for the advantages the former gives in terms
of rapid software prototyping.






PrettyCLP: a Light Java Implementation
for Teaching CLP

Alessio Stalla!, Davide Zanucco?, Agostino Dovier?, and Viviana Mascardi'

1 DISI - Univ. of Genova,
alessiostalla@gmail.com,mascardi@disi.unige.it
2 DIMI - Univ. of Udine,

zanucco.davide@spes.uniud.it,agostino.dovier@uniud.it

Abstract. Recursion is nowadays taught to students since their first
programming days in order to embed it deeply in their brains. However,
students’ first impact on Prolog programs execution sometimes weakens
their faith in recursive programming thus invalidating our initial efforts.
The selection and computation rules implemented by all Prolog systems,
although clearly explained in textbooks, are hard to be interiorized by
students also due to the poor system debugging primitives. Problems
increase in Constraint Logic Programming when unification is replaced
by constraint simplification in a suitable constraint domain. In this pa-
per, we extend PrettyProlog, a light-weight Prolog interpreter written in
Java capable of system primitives for SLD tree visualization, to deal with
Constraint Logic Programming over Finite Domains. The user, in partic-
ular, can select the propagation strategies (e.g. arc consistency vs bound
consistency) and can view the (usually hidden) details of the constraint
propagation stage.

1 Introduction

PrettyProlog was developed two years ago by a team of the University of Gen-
ova, for providing concrete answers to demands raised by Prolog novices [14].
Teaching experience demonstrated that one of the hardest concepts for Prolog
students is to understand the construction and the visit strategy of the SLD tree.
PrettyProlog was developed from scratch, without reusing any existing Prolog
implementation, and designed to be simple, modular, and easily expandable.
Research on visualization of the execution of Prolog programs has a long history
(just to make some examples, [13,7,15], many papers collected in [6], and [9]).
Nevertheless, nowadays few Prolog implementations offer a Stack Viewer and
an SLD tree visualizer as graphical means for debugging. The open-source im-
plementations that provide these facilities are even fewer. Among them, SWI-
Prolog! offers a debugging window showing current bindings, a diagrammatic
trace of the call history, and a highlighted source code listing. No SLD tree vi-
sualization is given. On the other hand, many Java implementations of a Prolog

! nttp://www.swi-prolog.org/
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interpreter exist, starting from W-Prolog?. Although at a prototypical stage,
PrettyProlog presents three features that, to the best of our knowledge, cannot
be found together in any other Prolog implementation:

1. it provides Stack and SLD Tree visualizers;

2. it is open source;

3. it is written in Java, and fully compliant with Java ME CDC application
framework.

The desirable architectural features of PrettyProlog have been exploited in the
research activity described in this paper where PrettyProlog has been extended
for dealing with Constraint Logic Programming on Finite Domains (briefly,
CLP(FD)). As a matter of fact, experience in teaching CLP(FD) evidenced
further problems for students, first of all the replacement of unification with
constraint solving. The term 1+ 3 does not unify with the term 3 4 1. However,
they are both considered as 4 by CLP(FD). Moreover, the constraint propa-
gation stage is parametric on some choices. For instance, bounds consistency
and arc consistency return different “results” to the constraint 2X = Y where
the domain Dx and Dy of the variables X and Y are both the intervals 0..3
(Dx = {0,1},Dy = {0,1,2} in the former case, Dx = {0,1},Dy = {0,2}
in the latter case). Although different propagation techniques are studied in
theory, Prolog interpreters supporting CLP(FD) usually implement only one of
them, and students using different systems can be confused. Another source of
confusion is introduced by some implementations of the SLD resolution with
constraints that manage the ordering of literals in goals in a different way de-
pending on whether they are constraint literals or user-defined literals. Moreover,
during constraint’s solution search (if explicitly required by a labeling) an aux-
iliary tree named prop-labeling tree is created and visited. This tree is sometimes
wrongly confused with the SLD tree.

The proposed extension of PrettyProlog, called PrettyCLP, has been devel-
oped to help the new CLP programmers in a deeper understanding of what
happens during the execution of a CLP(FD) program. The basic procedures for
constraint propagation have been implemented in Java, either in the case of (hy-
per) arc consistency or in the case of (hyper) bounds consistency. A labeling
built-in has also been developed for the solution’s search using a prop-labeling
tree.

This paper is organized in the following way: Section 2 recalls the functionali-
ties of PrettyProlog and its implementation; Section 3 provides some background
on CLP; Section 4 describes the original contribution of this paper, namely the
design and implementation of PrettyCLP. In particular, it discusses PrettyCLP
syntax, the supported mechanism for constraint propagation and labeling, and
the output renderer. Section 5 analyzes the related work and concludes by out-
lining some future extensions.

2 http://waitaki.otago.ac.nz/~michael/wp/
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2 PrettyProlog

2.1 Functionalities

PrettyProlog implements a Prolog engine able to deal with basic data types
(integer and real numbers, lists, strings), and offering metaprogramming facil-
ities that, combined with the “cut” predicate, make the definition of negation
as failure possible. Despite to some simplifications that were made during its
design and implementation, sophisticated programs may be implemented with
PrettyProlog thanks to these features.

The main functionality of PrettyProlog, however, is that it allows the user
to visualize how the Stack and the SLD Tree evolve during a computation made
by the interpreter to solve a given goal.

The SLD tree viewer panel shows the steps the PrettyProlog engine has
performed as a tree. Each branch represents the selection of a clause from the
theory, which can be selected in the “theory panel”, whereas leaves are either
solutions or dead ends, i.e. goals that could not be solved. The substitution that
was valid at a given point is shown aside the corresponding node in the tree.
Also, the SLD tree shows which frames are removed from the stack as the effect
of a cut, by printing them with a different font and icon.
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Figure 1 shows the SLD tree of a Prolog program that implements a classical
instance of a search problem: that of moving from a city in Romania (Arad, in
our case) to Bucharest [11, Chapter 3]. We implemented a depth first search
with control of cycles, as well as the auxiliary not and member predicates.

Because of space constraints, we do not show here the code of the imple-
mented “DFS with control of cycles” program. It can be found in [14], as well
as in most Prolog textbooks.

Besides showing what happens both to the stack and to the SLD tree (while it
is built), PrettyProlog correctly visualizes the effect of a “cut” on the SLD tree. In
the upper part of Figure 1 there are goals written in italic (from not (member (arad,
[oradea, zerind, arad])), ... to !, fail, write(....)). These nodes
are cut after the execution of the ! in the first clause defining not, called with
member (arad, [oradea, zerind, arad])) as argument. PrettyProlog SLD vie-
wer keeps the cut goals for didactic purposes, but shows them in a different
font to emphasize that they no longer belong to the tree. The system predi-
cates supported by PrettyProlog, although limited, include simple predicates for
input-output, such as write and nl.

The stack viewer shows each frame pushed onto the stack. When the user
clicks on a frame, its content is displayed: the goal that still had to be solved at
the time the frame was pushed on the stack; the substitution that is the partial
solution to such goal at this point; the clause that has been used to obtain the
goal; the index from where, on backtracking, the engine will search for the next
clause.

When the PrettyProlog engine solves a goal step-by-step, the clause used in
each resolution step is highlighted in the theory panel.

2.2 Implementation

PrettyProlog is made of several modules, each one corresponding roughly to a
Java package. Modules are pretty much organized in a layered fashion, with
the lower-level ones providing services to the upper-level ones. Currently im-
plemented modules include: the Data Types Module, the Parser Module, the
Engine Module, the GUI Module.

— The Data Types Module includes data types that are commonly used through-
out many other PrettyProlog modules. From this point of view, the Data
Types Module is the lowest-level one.

— The Parser Module contains the Parser class and some parser exception
classes. This module lies just above the Data Types Module; its task is to
read characters from a stream and produce instances of PrettyProlog data
types, or throw an exception if something goes wrong.

— The GUI Module includes the classes that make up the PrettyProlog GUI,
including the viewers for the Stack, Theory, and SLD Tree.

— The Engine Module is the main PrettyProlog module. It contains the Engine
class as well as many helper classes such as Theory, Goal and Clause. This
module contains also two sub-modules: EventListeners , which provides
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classes and interfaces used to attach listeners to the Engine, the Stack, and

the Theory; and Syspreds, which defines the built-in system predicates and

gives the programmer the possibility to easily add new ones.

The classes that make up the Engine Module are the following:

Unifier. This class provides a single public method, unify(Term, Term),
that returns a substitution that unifies the two terms passed as argu-
ments, or null if they are not unifiable. This class exists as a separate
class for reasons of modularity and extensibility.

Clause. A clause is an object made of a Callable (the head) and a body,
again a nameless callable.

Theory. This class implements a list of clauses, with the usual operations
for adding to, removing from, or navigating through the list.

Frame. A Frame is a single piece of data that is contained in a stack.

Stack. In addition to the usual stack operations, this class can register
StackListeners which are notified of every change in the stack’s state.
The lack of an explicit representation of the stack in many prolog im-
plementations, and the requirement to have such a data structure for
inspecting the behavior of the Prolog engine were the main motivations
for building a new interpreter from scratch.

Goal. A goal is a list of callables.

Engine. The main class of the Engine module.

3 Constraint Logic Programming

We briefly recall here some basic notions of Constraint Logic Programming
(CLP). The reader is referred to [10] for a recent survey. We mix syntax and
semantics to shorten the presentation.

Let us consider a first-order language (II, F,V), where II, F,V are the sets
of predicate symbols, functional symbols, and variables, respectively. The set IT
is partitioned in the two sets II¢ and IIp (II = IIc U Ilp and I N IIp = ).
Il (ITp) is the set of constraints (resp., program defined) predicate symbols.
Il is assumed to contain the equality symbol “=". Similarly, F is partitioned
into F¢ and Fp. In this paper we focus on CLP on finite domains (CLP(FD)),
therefore, we assume that F¢ contains the binary arithmetic function symbols
+,—,%,/,mod etc. as well as a constant symbol for any integer number, and
Il contains <, <, etc. false is assumed to be a special predicate in ITp which
has no rules defining it. domain is assumed to be a predicate in Il assigning a
domain to a list of variable or refining it, if the variables already have one.

An atom built on (ITp, Fp,V) (resp. (IIc, Fe,V)) is said to be a program
(resp. constraint) atom. Any constraint atom and any subterm based on (F¢, V)
is interpreted in a constraint domain, namely, fulfilling the intended semantics
of its symbols (in this case, the arithmetical properties on integer numbers).
The same happens to constraint atoms. To this aim, each variable X used in
constraint atoms is associated with a domain Dx. We will use the functions min
and max that return the smallest (resp., largest) value of a domain.
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A primitive constraint is a constraint atom or its negation and a constraint
is a conjunction of primitive constraints. We denote the empty conjunction by
true. This syntactic notion of constraint has a semantic counterpart: a constraint
C on n variables X1, ..., X,, with domains Dy, ..., D,, respectively, is a relation
on Dy x -+ X Dy. A solution for C' is a mapping [X1/ds, ..., X, /d,] such that
(dy,...,dy) € C. If there are no solutions, then C' is inconsistent.

A goal CLP is of the form « B, where B is a conjunction of program atoms
and primitive constraints. A CLP rule is of the form A < B where A is a
program atom and « B is a CLP goal. A CLP program is a set of CLP rules.

The operational semantics of CLP is parametric on the function solve that
given a constraint C' should detect whether C is satisfiable (consistent) in the
constraint domain chosen (in this paper finite domains). During its computation,
solve(C) might rewrite C to an equivalent simplified constraint. In practice, for
complexity reasons, solve is an incomplete procedure, in the sense that instead
of verifying consistency of the (entire) constraints, acts locally in each primitive
constraint, removing some values in domains that cannot belong to any solution
until a local property is satisfied. Typical local properties are (hyper)arc consis-
tency and (hyper)bounds consistency (see below for details). This operation is
called constraint propagation and is required to be as fast as possible. During this
computation, inconsistency of C' can be detected. In this case solve(C') returns
false. But, even if solve(C) # false we cannot be sure of the consistency
of the constraint. As we will see below, the user might require the search for a
solution using the labeling predicate.

As an example, let us consider the constraint X # Y, X # W, X # Z)Y #
W)Y # Z,W # Z, where Dx = Dy = Dz = Dy = {0,1,2}. Although it is
inconsistent, default options in Prolog implementations are such that it is left
unaltered by solve and, therefore, inconsistency is not detected. This constraint
is the encoding of the 3-coloring problem of a graph (in this case, of four nodes,
{X,Y, W, Z}, disequations are added for each edge). Checking consistency of this
class of constraints is therefore NP-complete and a fast propagation algorithm
can not check it (unless P=NP).

Operational semantics of CLP is based on the notion of state. Some variants
are possible. The one presented here is the one we believe is the closest to
standard SLD resolution.

A state is a pair (G| C) where G is a CLP goal and C' is a constraint (also
known as the constraint store). A state (G |C) is said to be:

— successful if G = true and solve(C) # false.

— failing if either solve(C) = false or there are no clauses in P with the
same predicate of the head of the selected atom in G.

— unsolved if G # true and it is not failing.

Let (G1|C1) be an unsolved state, where Gy =« L1,..., Ly, and P a pro-
gram. A CLP-derivation step (G1|C1) = (Go|C3) is defined as follows:

— Let L; be the selected literal in G; (for simplicity, let us assume it is Lq).
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— Then (G2 | Cs) is obtained from S and P in one of the following ways:
e [, is a primitive constraint, Co = L1 A Cy. If solve(Cy) = false, then

Gy =« false, otherwise Gy =« Lo, ..., L,.

o If L1 = p(ty,...,t,) is a program atom, and p(sy,...,s,) < B is a re-
naming of a clause of P then Gy =« t; = s1,...,tn = 8n, B, La,..., Ly,
and Cy = (.

A derivation for a state Sy in P is a maximal sequence of derivations such
that Syg = S; = ---. A derivation for a goal GG is a derivation for the state
(G| true).

A finite derivation Sp = --- = S, 1is said successful (resp. failing) if S,
is a successful (resp., failing) state. In the case of a successful derivation the
computed answer is the projection of the constraint store of .S, on the variables
in Sy. Of course, a simplification, based on solve, is usually employed to make
the output readable.

Although the computed answer is returned in implicit form, explicit enumer-
ation of the solutions can be forced by using the built-in predicate labeling. In
this stage inconsistency of a constraint is discovered. The main parameter is a list
of variables to be instantiated (labeled). Other optional parameters are related
to the search heuristics and are different in different Prolog implementations.
We use here the choice of not allowing extra parameters.

Basically, starting from a successful state (true|C) (or equivalently, by a
constraint C) the labeling builds a search tree that alternates two stages: a
constraint propagation stage followed by a non deterministic assignment of a
(selected) variable. During the propagation stage the constraint is simplified
and, possibly, its inconsistency is detected. In this case, the search backtracks
to the last non deterministic choice. If all variables are assigned (labeled) a
solution is found. If all possible backtracks are applied and no solution is found,
the constraint is inconsistent. The derivation step is extended with:

o If Ly = labeling([V1,...,V,]) then Go =— Vi =wvy,..., Vi, = v, Lo, ..., L,
and Cy = Cy if [Vi/v1,...,V,/v,] is an assignment that do not lead Cy to
inconsistency. If there are not such assignments, then Gy =« false.

Every variable X used in constraint is associated with a domain Dx. This
is done initially by the built-in predicate domain; domains and later reduced by
effect of the computation. As common in CLP, we denote the interval {a,a +
1,a+2,...,b} by a..b.

Let us consider a primitive constraint ¢ on the variables Xi,..., X,. cis arc
consistent (hyper arc consistent if n > 2) if for all ¢ € {1,...,n} and for all
d; € D; exist di € Dl,...di,1 S Difl,dH,l S Di+1,...,dn € D,, such that
[X1/d1, ..., X,/dy] is a solution of c.

As explained in [5] there are several definitions of bounds consistency in
literature. We refer to the one implemented by SICStus Prolog®, by B Prolog?,
and by SWI Prolog, just to cite a few, and and called interval consistency in [2].

3 http://www.sics.se/isl/sicstuswww/site/
4 http://www.probp.com/
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Let us consider a primitive constraint ¢ on the variables Xi,...,X,. ¢ is
bounds consistent (hyper bounds consistent if n > 2) if for all ¢ € {1,...,n} and
for all d; € {min D;, max D;} (the two interval bounds), exist

dqy € min Dy..max Dq,...,d;_1 € minD;_q..maxD;_1,
dit1 € min Djyq1..max D41, ...,d, € min D,..max D,

such that [X/d4,..., X, /d,] is a solution of c.

Going back to the example in the Introduction, the constraint 2X = Y
where the domains Dx = {0,1}, Dy = {0, 1,2} is bounds consistent but not arc
consistent.

4 PrettyCLP

This section introduces PrettyCLP: Section 4.1 reports the concrete syntax of
the CLP part of PrettyCLP, Section 4.2 describes the procedures implemented
for constraint propagation and labeling, and Section 4.3 shows how the output
primitives have been modified and reports some system screenshots.

4.1 Concrete CLP syntax for PrettyCLP

Concretely, the set Ilo contains the constraint predicate symbols #= and #=<;
symbols #\=, #>, #>= #< are accepted as a syntactic sugar for building negated
constraint literals. Standard arithmetic functional symbols are allowed as well.

The built-in instruction domain for assigning a finite domain to variables can
be used in two ways (lists are usual Prolog lists):

— domain(VARS, min, max), where VARS is a list of variables, and the domain
is the interval min. .max.

— domain(VARS, DOMAIN): where VARS is a list of variables, and DOMAIN is a
list of integer numbers.

The labeling built-in has a unique argument: labeling (VARS), where VARS
is a list of variables assigned to a finite domain.

4.2 Constraint Propagation and Labeling

Every finite domain variable is assigned to a domain, namely a set of points that
can monotonically decrease during the computation, or increase again due to
backtracking. Domains are stored in a vector of integer values (we recall that
Java vectors are in fact a dynamic data structures that can be increased and
decreased as needed). This is realized by modifying the class Variable within
the module Data Types.

More in detail, a Java constructor is changed in order to characterize a vari-
able by a symbol. symbol is a PrettyProlog class, and a symbol can be the string
naming a variable or a constant or functional symbol of F¢.
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Moreover, the class Domain is defined in the module Engine. This class stores
an array (again, a Java dynamic array) with an entry for each of the variables oc-
curring in the derivation and implements the methods for domain manipulation.
Among them, we would like to point out the methods:

— getDomain(Var X) that returns the (vector storing the) domain of a variable
X.

— domainVar(Var X, int min, int max) that initializes the domain of the
variable X with the interval min. .max.

— updateDomain(Var X, Vector D) that replaces the current domain of the
variable X with the domain array D. This method simplifies propagation and
backtracking operations.

The parser of Pretty Prolog has been slightly modified to be able to deal
with constraint terms and atoms.

The class Engine is the core of the computation. Since the SLD resolution
is now coupled with constraint solving, we need to act on the class Engine.
Unification is called for standard terms, constraint solving for constraint terms.
The constructor that creates a new instance has been modified for dealing with
the array domains. Then the method ContinueSolving is called. Its role is
to either call the Constraint Solver procedure, called SolveConstraint, or the
unification procedures already developed in PrettyProlog.

The Constraint Solver returns a Boolean value: false can be obtained as
effect of constraint propagation; if constraint propagation ends without failing
it returns true. Constraint Propagation operates on both arc and bounds con-
sistency. The procedures called by the Constraint Solver are:

— Solve that receives as input a constraint and the domains of the variables
in it and elaborates it on the basis of its main predicate symbol. When se-
lected, unary constraints are used to reduce the domain of the corresponding
variable and removed. Constraints with two or more variables, instead, are
dealt with by:

e ArcSolveConstraint, implementing arc consistency, and
e BoundSolveConstraint, that implements bounds consistency.
In these two procedures, one variable per time is selected, then every value

in its domain is considered and a support for it is looked for in the domains
of the remaining variables (but with a different rule for arc vs bounds). In
the case of bounds, of course, a faster algorithm based on the bounds of the
domains is employed.

— SolveConstraint repeatedly applies the Solve procedures on all the con-

straints until a fixpoint is reached.

— ExprEval computes the various expressions involved in constraints when val-
ues are assigned to variables and is used as auxiliary procedure by ArcSolve/
BoundSolveConstraint.

The handling of 1labeling is made by a homonymous method. Variables in
the argument list are selected from left to right (heuristics leftmost of other
CLP(FD) systems) and smallest domain values are tried first (heuristics up).?

5 It it easy to implement other heuristics here. This will be done as future work.
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This method also deals with backtracking, handling,choice points, and storing
and retrieving intermediate constraint stores.

Remark 1. As a final observation for this section, we would like to underline
a typical problem in CLP implementations coming from the weak typing of
constraint functional symbols and variables. In theory, terms and variables are
sorted, in practice this is not true. If the two terms 1 + 3 and 3 + 1 are found
within a unification they are assumed to be different even if the arguments are
integer numbers and the binary symbol + € F¢. On the contrary the constraint
14 3 #= 3 + 1 is true. This is also the behavior of our interpreter, but this may
lead a student, the target of PrettyCLP, to confusion.

Similarly, let us assume to find the constraint atom X #< 3 and the variable
X is not yet assigned to a domain. Some Prolog implementations will answer
X in -inf..2, thus implicitly assuming a starting domain —-inf . .+inf for each
finite domain variable. We have chosen a more rigid option: if the variable has
been not yet associated with a domain, it cannot be used in a constraint atom.
An error (a sort of type error) is returned.

4.3 Output rendering

After the parametric propagation procedures and the procedures for the labeling
have been implemented, we modified the graphical applet of PrettyProlog for
showing the new information. In particular:

— buttons for visualizing and erasing domains have been added to the applet
window;

— the field Constraint can be inspected from the Stack Viewer;

— two windows for inspecting Arc Consistency and Bounds Consistency based
propagation have been made available to PrettyCLP users.

Changes are done in the method TheoryViewer.

In Figures 2 and 3 we report the rendering of the two alternative executions
to a goal p(X,Y) where the predicate p is defined by the constraint:

domain([X],0,2), domain([Y],0,5), Y #=2 * X.

In the current implementation, we decided to leave an unique SLD tree, while
different computed answers are returned in the Arc Consistency and Bounds
Consistency windows. Since Arc Consistency is more effective in reducing the
domains, it can be the case that an inconsistent branch of the SLD tree is found
some steps before than using bounds consistency. However, this case is extremely
rare. We have preferred to leave the tree obtained using Bounds Consistency (the
same computed by Standard Prolog system) only. However, the user can view
what would have happened with the other propagation technique looking at the
Arc Consistency window. In particular, all domains computed during the com-
putation are included in those computed with Bounds Consistency. Sometimes
they are strictly included and it may happen that one domain becomes empty
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before arriving at the end of the tree. This choice can be changed as future
work, namely, we could leave the user to select in advance (with a button) the
propagation choice and report the selected computation only.

In Figures 4-5 we report the execution of PrettyCLP on a Knapsack prob-
lem. The explicit labeling is required for variable W only. The computed solution
is shown in the main picture (Fig 4). In the labeling case the differences be-
tween Arc and Bounds become evident. An excerpt of the executed constraint
propagation is shown in Fig 5.

5 Related Work and Conclusions

Although visualization and tracing of constraint programs do not constitute a
new research area, implemented systems that provide dynamic visualization and
control functionalities for CLP(FD) are still few.

Among the oldest ones we may mention the Oz-Explorer system by C. Schulte
[12] which uses the search tree of a constraint problem as its central metaphor,
and exploration and visualization of the search tree are user-driven and inter-
active. Within the community of constraint programming, ILOG debugger® is a
configurable tool with nice graphics capabilities. But, according to our opinion,
it is not suitable for beginners (and it is not a CLP visual debugger). Simi-
larly, CPVisu tracer” is a module of the Java constraint solver on finite domains
CHOCO, producing XML files that, once interpreted using CPViz®, allow to see
information on the tree search, the states of constraints and variables at dif-
ferent points of computations, and a configuration file. It is a professional tool
(together with CHOCO, which is developed by a large group of people includ-
ing Francois Laburthe, Narendra Jussien, Xavier Lorca, and other contributors,
such as Nicolas Beldiceanu), but its scope is for debugging large programs rather
than for learning CP (and, in any case, it does not deal with CLP).

In [3], M. Carro and M. V. Hermenegildo address the design and implementa-
tion of visual paradigms for observing the execution of constraint logic programs,
aiming at debugging, tuning and optimization, and teaching. They describe two
tools, VIFID and TRIFID, exemplifying the devised depictions. In the compan-
ion paper [4] they describe the APT tool for running constraint logic programs
while depicting a (modified“) search tree, keeping information about the state of
the variables at every moment in the execution. This information can be used to
replay the execution at will, both forwards and backwards in time. The search-
tree view is used as a framework onto which constraint-level visualizations can
be attached.

The integration of explanations in the trace structure and some ideas on how
to implement the trace structure in a high-end system like SICStus are addressed

by [1].

S http://www.cs.cornell.edu/w8/iisi/ilog/cpl1/pdf/debugsolver.pdf
" http://www.emn.fr/z-info/choco-solver/cpvisu-tracer/index.html
8 http://cpviz.sourceforge.net/



292 Alessio Stalla, Davide Zanucco, Agostino Dovier, Viviana Mascardi

File Options
Constraint Viever - Bound Cons | SLD Viewer | 5;[ Theory Viewer |
Constraint Viewer - Arc Cons | [[p@t, ) = domain(Ex, 0, 2), domain(0vy, 0, 5), ¥ #= (2 X).

Main I Stack Viewer | :

Xin0 .2

Current Constraint Store: |]

Yin0.5

Current Constraint Store: |]

Arc#=[1,27_0]

Before

_1=Y  _0=X

N[0, 1,23 4,5
in, 1,2

After

;in 012 |-
2 oo . [ sowe

[] Step by step Continue | ‘ Stop || Clear | ["] Showr hidden variables

Clause: | |

‘ assert || asserta H retract H cleanDomain H getDomain |

Fig. 2. PrettyCLP in action: Arc Consistency Propagation

File Options
Constraint Viever - Bound Cons | SLD Viewer | §fL(Theory\ﬁmr |
__ Constraint Viewer - Arc Cans | oY) - in(IX1, 0. 2), in([Y], 0, 5), Y &= (2° X).
Main I Stack Viewer LE
Xin0 .2 =]l
Current Constraint Store: |] :
Yino 5 Cw
Current Constraint Stare: |] ‘ —
Bound: #=[_1,2*_0] Before
_ 0=x L
in[0, 1,234, 5]
in[0,1,2] Aftel’
Clause: | |
in[0,1,2 3 4] :
in[0,1,2] || ‘ assert || asserta H retract H cleanDomain H getDomain |
?~|p(}(,Y].‘ ” SLE
[] Step by step Continue H Stop || Clear | [_] Show hidden variables

Fig. 3. PrettyCLP in action: Bounds Consistency Propagation



PrettyCLP: a Light Java Implementation for Teaching CLP 293

File Options
Constraint Viever - Bound Cons ’/ SLD Viewer | Theory Viewer |
_ Constrain Viewer - Arc Cons P,S): i P, S, 1, 9), constraint(W, P, S}, labeling([W]).
Main | bl P.S) 4 W (3 P+ (25 S)H-< 11,15 *W+ (10 P + (7 * ) #2=30.
7- knapsackin, P, 8)
arwin: [1]
ar Fin:[1]
argin (1,2
es
up
Down
Clause: ‘ \
‘ assert | ‘ asserta ‘ | retract ‘ ‘ cleanDomain ‘ | getDomain ‘
?-‘knapsatk(WP‘B) H Solve
[] Step by step ‘ Continue | ‘ Stop ‘ | Clear | [] Show hidden variables
Fig. 4. PrettyCLP in action: Knapsack main output
File Options
Constraint Viever - Bound Cons rSLD Viewer ‘ :[ Theory Viewer |
: Constraint Viewer - Arc Cons ‘ N,P,S) - " P,S)1,9), " P, S), i 0.
Main [ Stack Viewer | P,S)-4 W+ (3*P+(2*S)#=< 11,15 "W+ (10 *P +(7 * S)) #>= 30.
Win[,2,3,4,58,7,8,9 =l
Pin[l, 2,34 5,678,9 '
Sin[,2,345,674,9
Win[1] L |
Finf1]
ginM, 2]
Current Gonstraint Store: [4 7 _G+ (37 _7+ (27 _8) Up
_B=ww _7=P _8=85 Down
Wiz [1]
P=[1]
g=[1,72]
W= 1]
P=1]
8=01.2
e == [15% B+ (10 *_7 + (7 *_@Y, 30]
_B=W _7=P _@=5
Win [1] : Clause: | |
Pin[l]
Sinf, 2 |
= ‘ assert | ‘ asserta ‘ | retract ‘ | cleanDomain ‘ | getDomain |
4] Il [¥]
.-‘knapﬁatk(\l\f‘P‘S). || Soive
[] Step by step | Continue | | Stop ‘ | Clear ‘ [] Show hidden variables

Fig. 5. PrettyCLP in action: Knapsack, propagation details



294 Alessio Stalla, Davide Zanucco, Agostino Dovier, Viviana Mascardi

More recently, F. Fages, S. Soliman, and R. Coolen developed CLPGUI [8],
a generic graphical user interface for visualizing and controlling the execution of
constraint logic programs. CLPGUI is based on a client-server architecture for
connecting a CLP process to a Java-based GUI process, and integrates a non-
intrusive tracing and control method based on annotations in the CLP program.
Arbitrary constraints and goals can be posted incrementally from the GUI in an
interactive manner, and arbitrary states can be recomputed. Several generic 2D
and 3D viewers of the variables and of the search tree are supported.

Although definitely simpler than some of the above systems as far as the
visualization of variables is concerned, PrettyCLP shows the original feature of
allowing the user to select the propagation strategies (e.g. arc consistency vs
bound consistency), which — to the best of our knowledge — is not supported by
any other tool.

As part of our close future activities we are planning to incorporate some
global constraints, such as the alldifferent one, into PrettyCLP. Propagation
procedures of global constraints allow to sensibly prune the search tree. This
has effects on the size and on the form of the SLD tree too. Therefore, we will
add buttons to enable/disable global consistency vs simple consistency so as to
select one or the other search tree.

Because of our teaching mission, from which the development of both Pret-
tyProlog and PrettyCLP stemmed, we are currently facing the problem of guid-
ing the student in his/her CLP learning activity. To this aim, we are designing
a set of benchmarks for supporting self-evaluation and for helping students in
identifying those aspects of CLP design and programming that they still need
to better understand. This benchmark will heavily ground upon PrettyCLP as
the tool that the students will be suggested to use in order to appreciate CLP
not only on the stage, but also behind the scene.

All the material relevant to PrettyProlog and PrettyCLP can be found at
http://code.google.com/p/prettyprolog/.
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Abstract. We present a framework that we are currently developing,
that allows one to extract knowledge from natural language sentences
using a deep analysis technique based on linguistic dependencies. The ex-
tracted knowledge is represented in OOLOT, an intermediate format that
we have introduced, inspired by the Language of Thought (LOT) and
based on Answer Set Programming (ASP). OOLOT uses an ontology-
oriented lexicon and syntax. Therefore, it is possible to export the ex-
tracted knowledge into OWL and native ASP.

1 INTRODUCTION

Many intelligent systems have to deal with knowledge expressed in natural lan-
guage, either extracted from books, web pages and documents in general, or ex-
pressed by human users. Knowledge acquisition from these sources is a challeng-
ing matter, and many attempts are presently under way towards automatically
translating natural language sentences into an appropriate knowledge representa-
tion formalism [1]. Although this task is a classic Artificial Intelligence challenge
(mainly related to Natural Language Processing and Knowledge Representation
[2]), with the Semantic Web growth new interesting scenarios are opening. The
Semantic Web aims at complementing the current text-based web with machine
interpretable semantics; however, the manual population of ontologies is very
tedious and time-consuming, and practically unrealistic at the web scale [3,4].
Given the enormous amount of textual data that is available on the web, to
overcome the knowledge acquisition bottleneck, the ontology population task
must rely on the use of natural language processing techniques to extract rele-
vant information from the Web and transforming it into a machine-processable
representation.

In this paper we present a framework that we are currently developing. It
allows one to extract knowledge from natural language sentences using a deep
analysis technique based on linguistic dependencies and phrase syntactic struc-
ture. We also introduce OOLOT (Ontology-Oriented Language of Thought). It is
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an intermediate language based on ASP, specifically designed for the representa-
tion of the distinctive features of the knowledge extracted from natural language.
Since OOLOT is based on an ontology-oriented lexicon, our framework can be
easily integrated in the context of the Semantic Web.

It is important to emphasize that the choice of ASP is a key point and
it is of fundamental relevance. In fact according to [5], this formalism is the
most appropriate one to deal with normative statements, default statements,
exceptions and many other characteristic aspects of knowledge encoded through
Natural Language.

Though this is an ongoing work, we believe to be able to argue in favour of
the usefulness and the potential of the proposed approach.

In particular, in Section 2 we introduce the framework architecture. In Sec-
tion 3 we analyze the state of the art for parsing and extraction of dependencies
taking into account our translation needs, taking into particular account three
kinds of parsers. Section 4 describes the context disambiguation and lexical item
resolution methods that we have devised. Section 5 introduces the intermediate
format OOLOT, while Section 6.3 describes the translation methodology with
the help of an example. Finally, Section 7 shows an exporting from OOLOT into
OWL example, and in Section 8 we conclude with a brief resume of achieved
goals and future works.

2 FRAMEWORK ARCHITECTURE

The proposed framework aims at allowing automatic knowledge extraction from
plain text, like a web page, producing a structured representation in OWL or
ASP as output. Thus, the framework can be seen as a standalone system, or can
be part of wider workflow, e.g. a component of complex semantic web applica-
tions.

Starting from plain text written in natural language, as first step we process
the sentence through a statistical parser (see Section 3). If we use a parser with
embedded dependency extractor, we can perform a single step and have as output
both the parse tree (constituents), and in the meantime the dependency graph.
Otherwise, if we use two different components, the workflow is that of Fig.1. In
this case, we use a simple algorithm for context disambiguation (see Section 4).
Then, each token is resolved w.r.t. popular ontologies including DBPedia and
OpenCYC and the context is used in case of multiple choices.

At this point we have enough information to translate the knowledge ex-
tracted from a natural language sentence into our intermediate OOLOT format.
OOLOT stands for “Ontological Oriented Language Of Though”, a language
mainly inspired by [6], that we have introduced as an intermediate represen-
tation language for the extracted knowledge in a way that is totally indepen-
dent from the original lexical items, and therefore, from the original language.
OOLOT is itself a language, but its lexicon is ontology-based; it uses Answer
Set Programming as basic host environment that allows us to compose a native,
high expressive knowledge representation and reasoning environment. For the
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Fig. 1. The framework architecture

translation process described in Section 6, we employ a A-calculus engine that
drives the translation into OOLOT, using information about the deep structure
of the sentence extracted in the previous steps.

From the ontology-based Language of Thought it is possible to directly trans-
late the encoded knowledge into OWL. In addition, it is also possible to export
the knowledge base in pure ASP.

3 PARSING

3.1 Background

In informatics and linguistics, parsing is the process that can determine the
morpho-syntactic structure of a sentence; parsing associates a sentence expressed
in a natural language with a structure (e.g. a parse tree structure), that analyses
the sentence by a certain point of view; thus there are morphological parsing,
syntactic parsing, semantic parsing, etc.

With regard to the syntactic parsing, analysis consists of a definition of the
phrases building up the sentence in their hierarchical order, likewise the con-
stituent analysis proposed by Chomsky [7]. In the 1950s Noam Chomsky said
natural language sentences can be generated by a formal grammar [8, 7]; this is
the so-called generative approach, motivated by the fact that people are able to
generate sentences that are syntactically correct and totally new (i.e., that have
never been heard before). Syntactic parser decomposes a text into a sequence of
tokens (for example, words), and attributes them their grammatical functions
and thematic or logical roles, with respect to a given formal grammar. The task
of syntactic parser is to say if the sentence can be generated by the grammar
and, if so, it gives the appropriate sentence syntactic representation (called parse
tree), showing also the relations between the various elements of the sentence [8,
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7.

Most of today’s syntactic parsers are mainly statistical [9-12]. They are based
on a corpus of training data that have been previously annotated (parsed) by
hand. This approach allows the system to gather information on the frequency
with which the various constructs are needed in specific contexts. A statistical
parser can use a search procedure on the space of all candidates, and it would
provide the probability of each candidate and makes it possible to derive the
most probable parse of a sentence.

In the '90, Collins proposes a conditional and generative model which de-
scribes a straightforward decomposition of a lexicalized parse tree [11,12] based
on a Probabilistic Context Free Grammar (PCFG). Charniak and Johnson’s
parser [10,13] is based on a parsing algorithm for PCFG, but it is a lexical-
ized N-Best PCFG parser: it is a generative and discriminative reranking parser
which uses the MaxEnt reranker to select the best among the possible parses.
The Berkeley parser uses an automatically induced PCFG, parsing sentences
with a hierarchical state-splitting. Only statistics is not enough to determine
when to split each symbol in sub-symbols [14]; thus [14,15] present an auto-
matic approach for obtaining annotation trees through a split-merge method.
At a first stage, this parser considers a simple PCFG derived from a treebank,
but then it iteratively refines this grammar, in order to sub-categorize basic
symbols (like NP and VP) into sub-symbols. So non-terminal basic symbols are
split and merged in order to maximize the training treebank and to add a larger
number of annotations to the previous grammar. This parser can learn auto-
matically the type of linguistic distinction showed in the manually annotated
treebank and then it can create annotation trees thanks to a more complex and
complete grammar.

Statistical parsing is useful to solve problems like ambiguity and efficiency,
but with this kind of parsing we lose part of the semantic information; this as-
pect is recovered thanks to dependency representation [16].

Dependency grammars (DGs) were proposed by the French linguist Tesniere
[17] and have recently received renewed attention (cfr. [18] and the references
therein). In Dependency Grammars, words in a sentence are connected by means
of binary, asymmetrical governor-dependent relationships. In fact, Tesniere as-
sumes that each syntactic connection corresponds to a semantic relation. In a
sentence, the verb is seen as the highest level word, governing a set of comple-
ments, which govern their own complements themselves. Opposed to the notion
of the sentence division into a subject and predicate, the grammatical subject in
Tesniere’s work is also considered subordinate to the verb. The valence of a verb
(its property of requiring certain elements in a sentence) determines the struc-
ture of the sentence it occurs in. Tesniere distinguishes between actants, which
are required by the valence of the verb, and circonstants which are optional.

3.2 Parser analysis

It is difficult to evaluate parsers; we can compare them in many ways, such as
the speed with which they examine a sentence or their accuracy in the analysis
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(e.g. [23]). The task based evaluation seems to be the best one [16, ?]: we must
choose whether to use a parser rather than another simply basing on our needs.
At this stage of our ongoing research, we use the Stanford parser because it is
more suited to our requirements, both for the analysis of the constituents and
for that of the dependencies.

Stanford parser performs a dependency and constituent analysis [19, 20]. This

parser provides us with different types of parsing. In fact, it can be used as an
unlexicalized PCFG parser [19] to analyse sentences, or it can be used as a lexi-
calized probabilistic parser [20]. Thanks to an A* algorithm, the second version
combines the PCFG analysis with the lexical dependency analysis. At the mo-
ment the Stanford parser provides us a typed dependency and a phrase structure
tree. The Stanford typed dependencies (cfr. [16]) describe the grammatical rela-
tions in a sentence. The relations are binary and are arranged hierarchically; as
Tesniere suggested, Stanford dependency relations have a head and its depen-
dent but, unlike Tesniere, the head of a dependency can be any content words,
not only verbs. Thanks to rules [21] applied on phrase structure trees (also cre-
ated by the Stanford parser), typed dependencies are generated.
In particular, for constituent analysis, we choose to analyse the sentence ”Many
girls eat apples.”. Seeing Fig.2, we can notice that the parser attributes to each
token its syntactic roles, and it provides us also the grammatical function of each
word. In order to better understand the hierarchy of the syntactic structure is
useful to represent it as a tree (Fig.3).

(ROOT
(s
(NP (JJ Many) (NNS girls))
(VP (VBP eat)
(NP (NNS apples)))

(@)

Fig. 2. Phrase structure produced by the Stanford parser for the sentence ”Many girls
eat apples”.

With regard to dependency analysis, the Stanford parser gives us two versions
of this analysis: the typed dependency structure (Fig.4) and the collapsed typed
dependency structure (Fig.5). In the first, each node of the sentence is a node
connected with a binary relation to another node; in the second, prepositions
are turned into relations (unfortunately, in this example, you may not notice the
difference). Thus, Fig.4 and Fig.5 show us that girls and many are connected
with an amod relation, that means an adjective phrase modifies the meaning of
the noun phrase; eat is connected to girls with a nsubj relation, where the noun
phrase is the syntactical subject of the verb; eat and apple are connected with
a dobj relation because the direct object of the verb phrase is the object of the
verb [16].

As reference for the following steps, we use the Stanford syntactic phrase
structure (Fig.2) and the Stanford collapsed typed dependencies structure (Fig.5).
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Fig. 3. Parse tree of the sentence ”Many girls eat apples.” for the analysis done by the
Stanford parser.

amod(girls-2, Many-1)
nsubj(eat-3, girls-2)
dobj(eat-3, apples-4)

Fig. 4. Typed dependency structure produced by the Stanford parser for the sentence
”Many girls eat apples.”.

amod(girls-2, Many-1)
nsubj(eat-3, girls-2)
dobj(eat-3, apples-4)

Fig. 5. Collapsed typed dependency structure produced by the Stanford parser for the
sentence ”"Many girls eat apples.”.

4 CONTEXT DISAMBIGUATION AND LEXICAL
ITEM RESOLUTION

The context disambiguation task is a very important step in our work flow, as we
need to assign each lexical unit to the correct meaning, and this is particularly
hard due to the polysemy. For this task, we use a simple algorithm: we have a
finite set of contexts (political, technology, sport, ...), and as first step we built
a corpus of web pages for each context, and then we used each set as a training
set to build a simple lexical model. Basically we build a matrix where for each
row we have a lexical item, and for each column we have a context. The relation
(lexical item, context) is the normalized frequency of each lexical item into the
given context. The model is then used to assign the correct context to a given
sentence. We use a n X m matrix, where n is the number of lexical tokens
(or items), and m is the number of contexts. In other words, we give a score
for each lexical token in relation to each context. To obtain the final score we
perform a simple sum of the local values to obtain the global score, and thus
assign the final context to the sentence. Our method for context disambiguation
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can certainly be improved, in particular [25], seems to be a good development
direction.

The context is crucial to choose the correct reference when a lexical item
has multiple meanings, and thus, in an ontology can be resolved in multiple
references. The context becomes the key factor for the resolution of each lexical
item to the relative reference.

We perform a lookup in the ontology for each token, or a set of them (using a
sliding window of length k). For example, using DBPedia, for each token (or a set
of tokens of length k), we perform a SPARQL query, assuming the existence of a
reference to the lexical item: if this is true, we’ve found the reference, otherwise
we go forward. If we found multiple references, we use the context to choose the
most appropriate one.

Given the sentence Many girls eat apples and it’s syntactic phrase structure
(Fig.2) and dependencies structure (Fig.5), as first step we tokenize the sentence,
obtaining:

Many, girls, eat, apples.

Before the lookup, we use the part of speech tagging from the parse tree to
group the consecutive tokens that belong to the same class. In this case, such
peculiar aspect of natural language is not present and thus the result is simply
the following:

(Many), (girls), (eat), (apples).

Excluding the lexicon for which we have a direct form, for each other lexicon
the reference ontology is resolved through a full text lookup; thus we obtain the
lexical item resolution in Table 1.

Table 1. Lexical item resolution example

Lexicon Ontology URI

girls DBPedia http://dbpedia.org/resource/Girl
eat DBPedia http://dbpedia.org/class/Eating
apples DBPedia http://dbpedia.org/resource/Apple

5 FROM THE LANGUAGE OF THOUGHT TO
OOLOT

The Language of Thought (LOT) is an intermediate format mainly inspired by
[6]. Tt has been introduced to represent the extracted knowledge in a way that
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is totally independent from original lexical items and, therefore, from original
language.

Our LOT is itself a language, but its lexicon is ontology oriented, so we
adopted the acronym OOLOT (Ontology-Oriented Language Of Thought). This
is a very important aspect: OOLOT is used to represent the knowledge extracted
from natural language sentences, so basically the bricks of OOLOT (lexicons)
are ontological identifier related to concepts (in the ontology), and they are not
a translation at lexical level.

In [26] a translation methodology from natural language sentences into ASP
that takes into accounts all words of the sentence is presented. In this method,
the final representation is itself dependent from the original lexical structure,
and this is sub-optimal if we want to export our knowledge base into a more
general formalism like, e.g., OWL.

In the next section we present the translation process.

6 TRANSLATING INTO OOLOT

6.1 Background

[26] describes a technique for extracting knowledge from natural language and
automatically translate it into ASP. To achieve this result we built an extension
of A-calculus and we have introduced meta expressions to fully automate the
translation process, originally inspired by [5].

This is a key point in the process of representing knowledge extracted from
natural language, and thus for using it into other contexts, e.g. the Semantic
Web. The selection of a suitable formalism plays an important role: in fact,
though under many aspects first-order logic would represent a natural choice,
it is actually not appropriate for expressing various kinds of knowledge, i.e.
for dealing with default statements, normative statements with exceptions, etc.
Recent work has investigated the usability of non-monotonic logics, like ASP
[5] with encouraging results in terms of dealing with the kind of knowledge
represented through natural language.

OOLOT allows us to have native reasoning capabilities (using ASP) to sup-
port the syntactic and semantic analysis tasks. Embedded reasoning is of fun-
damental importance for the correct analysis of complex sentences, as shown in
[27]. The advantages of adopting an ASP-based host language is not limited to
the previous aspects: in fact, the integration of ASP and the Semantic Web is not
limited to the Natural Language Processing side. Answer Set Programming fits
very well with Semantic Web as demonstrated by the recent research efforts of
integrating rule-based inference methods with current knowledge representation
formalisms in the Semantic Web [28, 29].

Ontology languages such as OWL and RDF Schema are widely accepted and
successfully used for semantically enriching knowledge on the Web. However,
these languages have a restricted expressivity if we have to infer new knowledge
from existing one. Semantic Web needs a powerful rule language complementing
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its ontology formalisms in order to facilitate sophisticated reasoning tasks. To
overcome this gap, different approaches have been presented on how to combine
Description Logics with rules, like in [29].

6.2 Lambda Calculus

A-calculus is a formal system designed to investigate function definition, func-
tion application and recursion. Any computable function can be expressed and
evaluated via this formalism [30]. In [26] we extended the A-calculus introduc-
ing the A-ASP-Expressiont that allows a native support for ASP, and, at the
same time, permits to formally instantiated to A-ASP-Expression [5, 26]. For the
purpose of our running example, the set of \-ASP-FExpressiony is available in
Table 2.

In the following subsection, we illustrate the translation process based on
A-calculus. It is important to note that the choice of the lambda calculus was
made because it fully matches the specifications of the formal tool we need to
drive the execution of the steps in the right way.

6.3 Lambda-based translation

According to the workflow in Fig.1, the translation from plain text to the
OOLOT intermediate format makes use of the information extracted in several
steps. The information on the deep structure of the sentence is now used to drive
the translation using the A-calculus according to the A- expression definitions in
Table2.

Table 2. The A\-ASP-expression template

Lexicon[ SemClass [)\ — ASP — expression T

- noun |[Az.(noun)(x)
- verb  |Ay.(verbd)(y)
- |transVerb|Ay. w.{verb) (y, w)

many det  [Audv.(

v@QX — u@X,

not —wQX,
possible(vQX, uQX),
usual(vAQX, u@X)

)
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For each lexicon, we use the phrase structure in Fig.2 to determine the se-
mantic class to which it belongs. In this way, we are able to fetch the correct
lambda-ASP-expression template from the Table 2.

For the running example, as result we have the A-ASP-expressions of Table
3.

Table 3. The A-ASP-expressions

’Lexicon‘A — ASP — expression

apples |Az.dbpedia : Apple(z)

eat AyAw.dbpedia : Eating(y, w)
girls  |Az.dbpedia : Girl(x)

many |Audv.(

v@QX — u@X,

not —vQX,
possible(v@X, u@X),
usual(vVQX, u@QX)

)

Now, differently from [26], we use the dependencies, that is, we use the deep
structure information, to drive the translation.

According to the dependency in Fig.5, the first relation that we use is amod(girls—
2, many—1). Thus, for the A-calculus definition, we apply the A\-ASP-expression
for girls to the A-ASP-expression for many:

Audv.
v@QX — u@X,
not —vQX,
possible(vQX, uQX),
usual(vQX, u@QX)
)QQ(Az.(dbpedia : Girl(z))

obtaining;:

Av.(
v@QX « dbpedia : Girl(X),
not —-v@QX,
possible(v@QX, dbpedia : Girl(X)),
usual(vQX, dbpedia : Girl (X))
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The second relation, nsubj(eat — 3, girls — 2), drives the application of the
A-expression for eat to the expression for girls that we obtained in the previous
step:

Av.(
v@QX — dbpedia : Girl(X),
not —v@QX,
possible(vQX, dbpedia : Girl(X)),
usual(vQX, dbpedia : Girl(X))
)QQ@Q(Az w.(dbpedia : Eating(z,w))

that reduces to:

dbpedia : Eating(X, W) « dbpedia : Girl(X),
not —dbpedia : Eating(X, W),
possible(dbpedia : Eating(X, W), dbpedia : Girl(X)),
usual(dbpedia : Eating(X, W), dbpedia : Girl(X))

Then, we apply apple to the expression we have seen, obtaining the final
result:

dbpedia : Eating(X, dbpedia : Apple) — dbpedia : Girl(X),
not —dbpedia : Eating(X, dbpedia : Apple),
possible(dbpedia : Eating(X, dbpedia : Apple), dbpedia : Girl(X)),
usual(dbpedia : Eating(X, dbpedia : Apple), dbpedia : Girl(X))

7 EXPORTING INTO OWL

Our framework has been designed to export the knowledge base from OOLOT
into a target formalism. For now, we are working on a pure ASP and OWL
exporter.

Exporting into OWL is a very important feature, because it allows endless
possibilities due to its native Semantic Web integration. In this way, the frame-
work as a whole becomes a power tool that starting from plain text produces
the RDF/OWL representation of the sentences; through ASP it takes care of
special reasoning and representation features of natural language.

To complete the example, the resulting RDF representation is:

< http://dbpedia.org/resource/Girl,
http://dbpedia.org/ontology/Eating,
http://dbpedia.org/resource/Apple >

Fig. 6. RDF
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The export into OWL has, at the present stage, some drawbacks, including
loosing of some aspects of natural language that instead are perfectly managed
in OOLOT. The export procedure is ongoing work, so there is room for improve-
ment. Due to the nature of the problem, that is very complex, these aspects will
be the subject of a future work.

8 CONCLUSION

In this paper, we have proposed a comprehensive framework for extracting knowl-
edge from natural language and representing the extracted knowledge in suitable
formalisms so as to be able to reason about it and to enrich existing knowledge
bases. The proposed framework is being developed and an implementation is
under way and will be fully available in short time. The proposed approach
incorporates the best aspects and results from previous related works and, al-
though in the early stages, it exhibits a good potential and its prospects for
future development are in our opinion really interesting.

Future improvements concern many aspects of the framework. First of all, we
have to choose the best parser or establish how to combine the best aspects of
all them. On the OOLOQOT side, there is the need to better formalize the language
itself, and better investigate the reasoning capabilities that it allows, and how
to take the best advantage from them.

The ontology-oriented integration is at a very early stage, and there is room
for substantial improvements, including a better usage of the current reference
ontologies, and the evaluation study about using an upper level ontology, in
order to have a more homogeneous translation.
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Abstract. Automated support to enterprize modeling has increasingly
become a subject of interest for organizations seeking solutions for stor-
age, distribution and analysis of knowledge about business processes.
This interest has recently resulted in approving the standard for spec-
ifying Semantics of Business Vocabulary and Business Rules (SBVR).
Despite the existence of formally grounded notations, up to now SBVR
still lacks a sound and consistent logical formalization which would allow
developing automated solutions able to check the consistency of a set of
business rules. This work reports on the attempt to provide logical foun-
dations for SBVR by the means of defining a specific first-order deontic-
alethic logic (FODAL). The connections of FODAL with the modal logic
QK and the description logic ALCQZ have been investigated and, on
top of the obtained theoretical results, a special tool providing automated
support for consistency checks of a set of ALC QZ-expressible deontic and
alethic business rules has been implemented.

1 Introduction

Automated support to enterprize modeling has increasingly become a subject of
interest for organizations seeking solutions for storage, distribution and analysis
of knowledge about business processes. One of the most common approaches for
describing business and the information used by that business is the rule-based
approach [4], which was adopted by the Object Management Group (OMG) for
a standard for specifying business objects and rules. The Semantics of Business
Vocabulary and Business Rules (SBVR) [19] standard provides means for de-
scribing the structure of the meaning of rules, so called “semantic formulation”,
expressed in one of the intuitive notations, including the natural language that
business people use [2] and Object-Role Modeling (ORM2) diagrams [8]. ORM2
has recently become widely used as conceptual modeling approach combining
both formal, textual specification language and graphical modeling language [9].
It consists in identifying and articulating the rules that define the structure
(alethic) and control the operation (deontic) of an enterprize [18]. The main
expectation from automated solutions built upon this approach is the ability to
automatically determine consistency of business rules in a business model, so
that they can be further exploited to build information systems and relational
databases that are coherent with the intended domain business logic.
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Several attempts have been made so far in order to provide a logical formal-
ization for structural and operational rules in SBVR and its notations. The most
significant related work includes several formalizations of the purely structural
fragment of ORM2, including translation to first-order predicate logic (FOL)
[10] and some description logics (DL), e.g. [14] and [12]. However, none of the
existing approaches enables consistency checks for a combined set of possibly
interacting alethic and deontic business rules.

In this paper we define a multimodal first-order deontic-alethic logic (FO-
DAL) with sound and complete axiomatization that captures the desired se-
mantics of and interaction between business rules. We then report on the logical
properties of such formalization and its connections with the modal logic QK
and the description logic ALCQT. Finally we present the tool which provides
automated support for consistency checks of a set of ALC QZ-expressible deon-
tic and alethic ORM2 constraints. Additionally, it implements the translation of
aforementioned class of ORM2 constraints into an OWL2 ontology.

The rest of the paper is organized as follows. In the second section an overview
of the SBVR standard and its ORM2 notation is given. Third section describes
the proposed logical formalization in terms of first-order deontic-alethic logic
(FODAL) along with its syntax, semantics and complete and sound axiomati-
zation. Next two paragraphs are devoted to modeling SBVR rules with FODAL
and checking their consistency with the help of this logic, while in the sixth
section a connection with standard modal logic is introduced. Finally, the last
paragraph describes the tool developed to provide automated support for con-
sistency checks together with translation to OWL2.

2 SBVR Overview

A core idea of business rules formally supported by SBVR is the following [19]:
“Rules build on facts, and facts build on concepts as expressed by terms. Terms
express business concepts; facts make assertions about these concepts; rules con-
strain and support these facts”. The notions of terms and facts of this “business
rules mantra” correspond to SBVR noun concepts and verb concepts (or fact
types) respectively.

Noun and verb concepts. According to the SBVR 1.0 specification [19]
a noun concept is defined as a “concept that is the meaning of a noun or noun
phrase”. It has several subtypes: object type, individual concept and fact type
role. An object type is defined as “noun concept that classifies things on the
basis of their common properties”, while individual concept is “a concept that
corresponds to only one object [thing]”. A role is a “noun concept that corre-
sponds to things based on their playing a part, assuming a function or being
used in some situation”.

A verb concept (or fact type) represents the notion of relations and is defined
as “a concept that is the meaning of a verb phrase”. A fact type can have one
(characteristic), two (binary) or more fact type roles.
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Fig. 1. SBVR overview

Business rules. The main types of rules defined in SBVR standard are
structural business rules and operative business rules (See Figure 1). Structural
(definitional) rules specify what the organization takes things to be, how do the
members of the community agree on the understanding of the domain [5]. They
define the characteristics of noun concepts and put constraints on verb concepts
and can not be broken. Operative (behavioral) business rules are intended to
describe the business processes in organization and can be either ignored or
violated by people.

Conceptual model. An SBVR conceptual model CM = (S, F) is a struc-
ture intended to describe a business domain, where S is a conceptual schema,
declaring fact types and rules relevant to the business domain, and F' is a popula-
tion of facts that conform to this schema. Business rules defined in the conceptual
schema S can be considered as high-level facts (i.e., facts about propositions)
and play a role of constraints, which are used to impose restrictions concerning
fact populations.

The SBVR standard provides means for formally expressing business facts
and business rules in terms of fact types of pre-defined schema and certain logical
operators, quantifiers, etc. These formal statements of rules may be transformed
into logical formulations, which can in turn be used for exchange with other
rules-based software tools. Such logical rule formulations are equivalent to for-
mulae in 2-valued first-order predicate calculus with identity [19]. In addition to
standard universal (V) and existential (3) quantifiers, for the sake of convenience,
SBVR standard allows logical formulation to use some pre-defined [8] numeric
quantifiers, such as at-most-one (3%1), exactly-n (3",n > 1) and others.

In order to express the structural or operational nature of a business rule, the
corresponding rule formulation uses any of the basic alethic or deontic modalities.
Structural rule formulations use alethic operators: (0 = it is necessary that and
O = it is possible that; while operative rule formulations use deontic modal
operators O = it is obligatory that, P = it is permitted that, as well as F = it
is forbidden that.
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Notations for business vocabulary and rules. There are several com-
mon means of expressing facts and business rules in SBVR, namely through
statements, diagrams or any combination of those, each serving best for dif-
ferent purposes ([16], [19, Annex C, Annex L|). While graphical notations are
helpful for demonstrating how concepts are related, they are usually impractical
when defining vocabularies or expressing rules. We use r to denote a business
rule in SBVR regardless the particular format in which it is written. For the
sake of readability we will denote any necessity claim as r_, possibility claim as
r,, obligation claim as r, and permission claim as r.

One of the most promising notations for SBVR is Object-Role Modeling
(ORM2), which is a conceptual modeling approach combining both formal, tex-
tual specification language and formal graphical modeling language [9]. ORM2
specification language applies to mixfix predicates of any arity and contains
predefined patterns covering a wide range of constraints typical for business
domains. An example of a structural rule expressed as necessity statement in
ORM2 specification language is the following;:

r= visitor has at most one passport.

An example illustrating ORM?2 graphical notation is introduced on Figure 2.

Passport

DriverLicence

Fig. 2. Example of ORM2 diagram

The advantage of ORM2 over other notations is that it is a formal language
per se, featuring rich expressive power, intelligibility, and semantic stability [11].
There exist several translations from non-modal ORM?2 expressions to standard
logics, including translation to first-order logic ([10]) and some description logics
([14], [7]). We will hereafter denote by ¢: a first-order representation of a non-
modal ORM2 expression! # from a rule 7. Similarly, we will denote by ¢§L a
description logic representation of a non-modal ORM2 expression 7.

Aforementioned existing translations to standard logics may be seen as at-
tempts to provide a logical formalization for structural and operational rules.
However, since they consider only the purely structural fragment of ORM2, they
are not capable of providing consistency checks for a combined set of possibly
interacting alethic and deontic business rules.

! Since the nature of business rules implies the absence of uncertainty, it means that
the resulting first-order formulae will not contain free variables, i.e. will be closed
formulae. Then an SBVR rule may be represented by an expression resulted from
application of modalities and boolean connectives to aset of closed FOL formulae ¢, .
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3 First-order deontic-alethic logic (FODAL)

In this section we describe our attempt to provide logical foundations for SBVR
by the means of defining a specific multi-modal logic. The basic formalisms we
use to model business rule formulations are standard deontic logic (SDL) and
normal modal logic S4, which are both propositional modal logics. We then
construct a first-order deontic-alethic logic (FODAL) — a multimodal logic, as a
first-order extension of a combination of SDL and S4 to be able to express busi-
ness constraints defined in SBVR. In order to construct the first-order extension
for the combined logic we follow the procedure described in [6].

3.1 Syntax
The alphabet of FODAL contains the following symbols:

— a set of propositional connectives: =, A.

— a universal quantifier: V (for all).

— aninfiniteset P = {P}, P3,..., P2, P§, ..., P, P}, ...} of n-place relation sym-
bols (also referred to as predicate symbols).

— an infinite set V = {v1,vq, ...} of variable symbols.

modal operators: alethic — [0 (necessity) and deontic — O (obligation).

FODAL formulae. The formulae of FODAL are defined inductively in the
following way:

— Every atomic formula is a formula.

— If X is a formula, so is = X.

— If X and Y are formulae, then X AY is a formula.

If X is a formula, then so are X and OX.

If X is a formula and v is a variable, then Yo X is a formula.

The existential quantifier (3) as well as other propositional connectives (V, —, <)
are defined as usual, while additional modal operators (O, P, F') are defined in
the following way:

09 = —U-¢ P¢=-0-¢ F¢=0-¢ (1)

A FODAL formula with no free variable occurrences is called a closed formula
or a sentence. A modal sentence is a sentence whose main logical operator is a
modal operator. An atomic modal sentence is a modal sentence which contains
one and the only modal operator.

3.2 Semantics

Since SBVR itself interprets constraints in the context of possible worlds which
correspond to states of the fact model (i.e. different fact populations), the choice
of varying domain Kripke semantics is intuitively justified. Also, since SBVR
rule formulations may includes two types of modalities: deontic and alethic, - we
utilize the notion of two-layer Kripke frames with accessibility relations Rp and
R respectively.
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Augmented frame. A varying domain augmented bimodal frame is a re-
lational structure §,qr = (W, Ro, RO, ®), where (W, Ro, Rg) is a two-layer
Kripke frame, W is a non-empty set of worlds, R(.y are binary relations on W
and © is a domain function mapping worlds of W to non-empty sets. A domain
of a possible world w is then denoted as ©(w) and a frame domain is defined as
D(3) = U{D(wi)|wi € W}.

In order to correctly capture the behavior and interaction of the alethic and
deontic modal operators it is necessary to constrain the corresponding accessi-
bility relations: the alethic accessibility is usually taken to be a reflexive and
transitive relation (S4) [3], while the behavior of a deontic modality is classi-
cally considered to be captured by a serial relation (K D) [15]. We refer to the
corresponding class of bimodal frames as S4 ® K D-frames.

Moreover, since one of the objectives of the formalization under development
is to define the consistency of the set of business rules, it should also take into
account the existing interaction between alethic and deontic modalities. The
desired interaction can be verbalized as “Fuverything which s necessary s also
obligatory” and then expressed as a following FODAL formula:

0X — 0X (2)

It can be proved that the formula 2 defines a special subclass of S4® K D-frames.

Theorem 1. The modal formula OX — OX defines the subclass of augmented
bimodal S4 @ K D-frames § = (W, Ro, RO, ®) such that Ro C Ro, where R
is a preorder and Ro is serial. We then call such frame a FODAL frame.
Proof: For the complete proof please refer to [17].

Interpretation and model. An interpretation J in a varying domain aug-
mented frame §por = (W, Ro, RO, ®) is a function which assigns to each m-
place relation symbol P and to each possible world w € W some m-place
relation on the domain ®(w) of that world. J can be also interpreted as a
function that assigns to each possible world w € W some first-order inter-
pretation J(w). A FODAL varying domain first-order model is a structure
M = (W, Ro, Rg,D,7), where (W, Ro, R, D) is a FODAL frame and 7J is

an interpretation in it.

Truth in a model. The satisfiability relation between FODA L models and
formulae is then defined in the usual way, using the notion of valuation which
maps variables to elements of the domain.

Let M = (W, Ro, Rg,®,J) be a FODAL model, X,Y and ¢ be FODAL for-
mulae. Then for each possible world w € W and each valuation o on D (90) the
following holds:

— if P is a m-place relation symbol, then 9, w F, P(x1,...,2,,) if and only if

(o(x1), ..., 0(xm)) € J(P,w) or, equivalently, J(w) )ZEOL P(x1, .oy Tm),

— M, wkF, =X if and only if M, w ¥, X,

- MwkE, XAY if and only if M, wE, X and M wE, Y,

— M, w E, Vad if and only if for every z-variant ¢’ of o at w, M, v E, P,
— M, w E, Jz@ if and only if for some z-variant ¢’ of o at w, M, v E, P,
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— M, w F, OX if and only if for every v € W such that wRgv, M, v F, X,
— M, w F, O0X if and only if for some v € W such that wRgv, M, v F, X,
— M, w FE, OX if and only if for every v € W such that wRov, M, v F, X,
— M, w kF, PX if and only if for some v € W such that wRov, M, v F, X.

3.3 Axiomatization

A FODAL axiom system for first-order alethic-deontic logic is defined following
the approach presented in [6] and is obtained by combining the axiom systems
for the propositional modal logics S4 and KD and extending the resulting
combination with additional axiom schemas and the axiom 9 reflecting desired
interaction between alethic and deontic modalities.

Axioms. All the formulae of the following forms are taken as axioms.

(Tautologies S4) Any FOL substitution-instance of a theorem of S4  (3)
(Tautologies KD) Any FOL substitution-instance of a theorem of KD (4)
(Vacuous ¥) Vxd = ¢, provided z is not free in ¢ (5)

(V Distributivity) Va(¢ — ) — (Vaxd — V) (6)
(¥ Permutation) VaxVy¢ — YyVre (7)
(V Elimination) Yy(Vxo(x) — &(y)) (8)
(Necessary O) O¢ — O¢ (9)

Rules of inference.

(Modus Ponens) W (Alethic Necessitation,) Diib (10)
: . ¢ . ¢
(Deontic Necessitation) 04 (V Generalization) Vid (11)

Theorem 2. The FODAL axiom system is complete and sound with respect to
the class of FODAL frames.
Proof: For the complete proof please refer to [17].

4 Modeling SBVR vocabulary and rules with FODAL

Given an SBVR conceptual schema S we define the following translation 7(-)
from elements of S to notions of first-order deontic-alethic logic:

— For each noun concept A from S, 7(A) is an unary predicate in FODAL.
— For each verb concept R from S, 7(R) is an n-ary predicate in FODAL
(n>2).

Recall that an SBVR business rule may be represented by an expression resulted
from application of modalities and boolean connectives to a set of closed first-
order formulae ¢y,. Then for each SBVR rule r from S, its FODAL formalization
7(r) is defined inductively as follows:
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— 7(F) = ¢7, where 7 is an non-modal SBVR expression and ¢; is its first-order
translation,

- 7(or) = 7(0),

— 7(r1 o r9) = 7(r1) o 7(re),0 € {A,V,—,«}, where r; and ro are rule
formulations,

— 7(07) =07(#) and 7(O7) = O7(#).

Example 1. Assume the following set of business rules, expressed in SBVR Struc-
tured English:

(r1) car rental 7s insured by exactly one credit card.
(r2) luxury car rental %s a car rental.
(r3) luxury car rental %s insured by at least

two credit cards.
Then the corresponding FODAL formulas are the following:

7(r1) = Va3'y(CarRental(z) A Insured(z,y)),
7(re) = Va(LuzuryCarRental(xz) — CarRental(x)),
7(r3) = O(V2322y(LuzuryCarRental (z) A Insured(z,y))).

While our FODAL formalization of SBVR rules provides logical mechanism
supporting rule formulations with multiple occurrences of modalities, SBVR
standard mostly focuses on normalized business constraints [19, p.108] that may
be expressed by rule statements of the form of atomic modal sentences or by
statements reducible to such a form via mechanisms provided by FODAL ax-
iomatization. As a matter of fact, restricting the domain of interest only to such
atomic modal rule formulations allows to obtain some useful results concerning
satisfiability reduction and connection to standard logics, as shown in [17].

Hereafter we will only consider SBVR rules expressible in one of the following
forms of atomic modal sentences:

) 0o O¢ P (12)

where ¢ is any closed wif of first-order logic.
In the case of having negation in front of the modal operator, we assume appli-
cation of the standard modal negation equivalences in order to obtain the basic
form of the initial rule.

FODAL regulation. A FODAL regulation X is a set of FODAL atomic
modal sentences formalizing structural and operational rules of an SBVR con-
ceptual schema S. We introduce the following designations:

T(rg)=0n,  7(r,) =0m,
7(ro) =00,  7(r,)=Pp,

E:{D’I]17...,|:|’I7k,<>ﬂ'1,...,<>7Tl, 091,...,00m,Pp17...,Ppn} (13)
k l m n
ZA:/\Dm/\/\Qm/\/\Olgi/\/\Pl)i (14)
i=1 i=1 =1 i=1

where every n;, m;, 6;, p; is a closed first-order logic formula.
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5 Consistency of a set of business rules

The final objective of the proposed formalization is to provide an automation
solution with reasoning support for SBVR business modeling and business pro-
cesses monitoring. It is well known that when reasoning about some particular
universe of discourse, consistency is essential.

Assume a FODAL regulation X' representing a set of structural and operative
business rules. The task of consistency check for X' is defined as procedure which
analyzes the given set Y and decides whether the rules do not contradict each
other, i.e. there is no formula % such that X' F ¢ A -y = L.

A FODAL regulation X' is called internally inconsistent when the specified con-
straints contradict each other when the system is populated. We then define a
minimal inconsistent set X, C X such that ¥} - L andVAC X, A¥F L.

We distinguish several types of inconsistency depending on types of modali-
ties of rules involved. The set X' is called alethic inconsistent if it is inconsistent
and the minimal inconsistent set X'; contains formulae of only alethic nature,
i.e. Xy C Xn. The set X is called deontic inconsistent if it is inconsistent and
the minimal inconsistent set 3’| contains formulae of only deontic nature, i.e.
Y| C XYo. Otherwise, if X C Yo U X, the set X is called cross inconsistent.

According to the completeness of the FODAL logic we have that X ¥ ¢ if
and only if there exists a FODAL model 9t and a possible world w in it, such
that 9, w E X A —p. Therefore, it is sufficient to state the satisfiability of the
conjunction of all formulae of the set:

k l m n
Da = /\D?’]i/\/\OFi/\/\OGZ‘/\/\Ppi
=1 =1 =1 =1

Bearing in mind the fact that the regulation X' may only contain FODAL atomic
modal sentences and taking into account the properties of accessibility relations
of the FODAL frame §, we can obtain the following result:

Theorem 3. A FODAL regulation X5 = /\f:1 On; A /\2:1 Omi A Niey O8; A
/\?:1 Pp; is FODAL-satisfiable if and only if each of the following formulae
N,0,Q;,P; is independently first-order satisfiable:

k
N=NAmn (15a)
=1

m k
(9:/\91'/\/\771' (15b)
=1 1=1

K —

Qj:WjA/\% Vi=1...1 (15¢)
i=1
m k

Pi=piANOGAN\ni Vi=1..n (15d)
1=1 i=1

Proof: For the complete proof please refer to [17].
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Observe that satisfiability of N follows naturally from satisfiability of any Q.
The same holds for O and P; respectively. However, the satisfiability checks for
15a and 15b should be examined explicitly, since ' may only contain necessity
and obligation rules. Moreover, such definition allows to detect the actual source
of unsatisfiability of the FODAL regulation X.

Modularity of the approach. It should be noted that the developed ap-
proach of satisfiability reduction possesses a property of modularity, i.e. it does
not depend on the formalism behind the rule bodies 7;, 0;, 7; and p;, as long as
formalism-specific satisfiability relation is provided.

6 Reduction from FODAL to monomodal logic QK

As a matter of fact, the FODAL logic inherits the property of undecidability from
both its component logics: standard predicate modal logics @S4 and QK D are
undecidable [13]. However, decidability results have been obtained for several
well-studied fragments of quantified modal logics [20]. This section defines a
truth-preserving translation of atomic modal sentences of the FODAL logic into
standard predicate modal logic QK , which allows to use those results.
Monomodal simulating pointed frame. Given a FODAL frame
F = W, Ro,R0,D) and a possible world wy € W, a monomodal simulating
pointed frame §;, is defined as a tuple (W?, R®*,D*, wp), such that:
— W? includes wg and all its deontic and alethic successors:
W?* = {wo}U{v | (wo,v) € Ro}tU{v | (wo,v) € Rg} = |since Ro C R and
Rp is reflexive| = {v | (wo,v) € Ro}.
— R* = {(wp,v) | (wo,v) € Ro}, and [O0%,0® are modal operators associated
with R®.
— ®°% is a domain function on W# such that ©°(v) = D (v) U {n®"}, Vv € W*,
where 72" ¢ D is a new service domain symbol.

Since the definition of R® does not preserve specific properties of Ro and R,
the resulting frame 7, belongs neither to serial nor to transitive nor to reflexive
class of frames and therefore can be classified as a K-frame.

Monomodal translation. Given a FODAL regulation X expressed as a
conjunction of FODAL atomic modal sentences 14, a monomodal translation of
regulation MTR(X,) is defined inductively as follows:

MTR(9) = ¢, where ¢ is an objective FODAL formula,
MTR(p1 A ¢p2) = MTR(¢p1) N MTR(d2), where ¢y and ¢y are FODAL atomic

modal sentences,
MTR(Oy) =°MTR(), MTR(O) 0O°(~IT — MTR()),

MTR(OY) = O (MTR(¥) A, MTR(PY) = O*(MTR(Y) A1),

where v is a objective FODAL formula and I is a O-place predicate symbol,
i.e. propositional letter, encapsulating the nature of the original modality of the
rules of possibility and permission.
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Simulated pointed model. Given a FODAL model 9 = (F,7) and a
possible world wg € W, a simulated pointed model My, is defined as a tuple
(&5, ,37) such that:

0,0
— Ty = W, R*, D%, wp) is a monomodal simulating pointed frame for § =
(W, Ro, R, ®) and a possible world wg € W,
— 7% is a first-order interpretation on the frame §j, such that:
e For each v € W* and for every n-place predicate P, 3*(P,v) = J(P,v),
e For each v € W* such that (wo,v) € Ro, J°(II,v) = &,
e For each v € W* such that (wo,v) ¢ Ro, 3°(I,v) = {x®"}.

We now state formally that the translation given above is truth-preserving
with respect to varying domain semantics.

Theorem 4. For any FODAL regulation X, any FODAL model 9 and any
possible world wg of a model, we have that

M,we E X if and only if M, ,wo E MTR(X), (16)

wo?

where M, is a simulated pointed model for M and wo.

Proof: For the complete proof please refer to [17].

Therefore, the truth-preserving translation MT R defined for FODAL regulations
enables the transfer of decidability results from well-studied fragments of predi-
cate modal logics (]20], [1]) to FODAL. In particular, the following fragments of
FODAL logic are decidable:

— the set of atomic modal sentences with at most two variables,

— the set of monadic atomic modal sentences, all predicate symbols in which
are at most unary,

— the set of atomic modal sentences, modal operators in which are applied to
subformulas from the guarded fragment of first-order logic.

7 Implementation of automated reasoning support tool

7.1 General description of the tool

The ORM2 automated reasoning support tool is implemented in Java and in-
cludes a parser for ORM2 Formal Syntax [7], a set of Java classes represent-
ing the ORM2 knowledge database, a translator into an OWL2 ontology and a
modal reasoning engine using HermiT or FaCT++ as an underlying reasoner.
The workflow diagram of the tool is depicted on Figure 3. Currently, the tool
provides the following functionality:

— Checking the consistency of a given ORM2 schema which may include both
alethic (necessities and possibilities) and deontic (obligations and permis-
sions) constraints. One of the advantages of the underlying approach is the
straight-forward possibility to determine whether the inconsistency is caused
purely by alethic or deontic constraints or by their combination. Additionally
to the result of the consistency check, the tool prints out the list of concepts
which are involved in conflicting constraints.



322 Dmitry Solomakhin, Enrico Franconi, Alessandro Mosca

— Translating a given ORM2 schema into OWL2 ontology which can then be
saved in various formats for further use. However, this translation does not
support modalities in their diversity and, therefore, takes into account only
structural constraints (i.e. alethic rules).

OWL2 Ontology Editor

owL2
ORM20WL2 Translator OWL2 Ontology

ORM2 Formal Syntax Parser

ORM2 diagram CogNIAM diagram

Fig. 3. Workflow Diagram

L Neumont ORM Architect for Visual Studio
2 PNA Group Discovery and Validation Assistant

7.2 Logical foundations of implementation

The algorithm of the developed automated reasoning support tool relies on two
fundamental results.

Firstly, it implements the procedure defined in [7] to translate a set of con-
straints from ORM2 Formal Syntax to ALCQZ description logic, which is in
fact a fragment of OWL2. Since the implemented ORM2 reasoning procedure
involves less expressive ALCQOT logic as underlying formalism [17], it does not
support reasoning about the following information about the ORM2 conceptual
schema:

— frequency constraints on multiple roles,
— generalized subset constraints on relations,

e still supported: simple case of stand-alone roles,
o still supported: special case of contiguous full-set of roles;

— ring constraints (NB: drawback of mapping n-ary relations via reification).

The same information is lost by translating a given ORM2 schema into OWL2
ontology.

Secondly, in order to check the consistency of a set of business rules expressed
in ALCQZ-definable fragment of ORM2, we utilize the modularity of the ap-
proach defined in Section 5 and adapt the result of satisfiability reduction for
the case of general description logic DL. The satisfiability relation for ORM2 is
then provided by the semantic-preserved translation from ORM?2 Formal Syntax

to ALCOT 7).
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Theorem 5. A FODAL regulation X = {Onq, ..., Ong, 071, ..., O, Ob4, ..., Oy,
Py, ..., Pp,}, expressed in DL-definable fragment of ORM2, is internally con-

sistent if and only if each of the following description logic formulae J\/DL, (’)DL,

DL DL

Q; ., P; s independently satisfiable in DL:
k m k
DL DL
N =[n o =[]en[]m (17)

i=1 i=1 i=1
DL k DL ks k —_—
Q)" =mn[ | P =pn[len[|m vi=1..n

i=1 i=1 i=1

Thus, we can reduce the consistency of a given set of constraints to ALC QT
satisfiability, which in turn can be interpreted as unsatisfiable concepts’ check
in resulting OWL2 ontology. Indeed, whenever a formula in ALCQZ is unsatis-
fiable, it means that the concept definition expressed by this formula contains a
contradiction which prevents the concept from having a model, i.e. the concept
is forced to not have any instances, hence is unsatisfiable.

7.3 Usage of the tool

In the following section we will demonstrate the functionality of the implemented
tool by means of a real-life example of its usage. The graphical user interface of a
tool is introduced on Figure 5 and contains controls which allow to select an input
file, underlying reasoner, output file and output format for resulting ontology (if
needed). The consistency check for an input ORM2 schema is performed after
loading the input file and the result of the check is communicated by visual flag
as well as by a detailed log in the corresponding window.

Checking the consistency of a given ORM2 schema. In order to il-
lustrate the functionality of the consistency check we will consider the ORM?2
schema obtained by merging two conceptual models (e.g. A and B) and depicted on
the Figure 4. Thisschema contains the followingset of conflicting business rules:

(Rf‘) car rental %s insured by exactly one credit card.
(RP) luxury car rental %s a car rental.
(RD) luxury car rental %s insured by at least

two credit cards.
CarRental
(.id)

LuxuryCarRental

CreditCard
(.code)

ay

O doublelnsuredBy
>2

Fig. 4. Inconsistent ORM2 Schema

The given set of constraints can be fully expressed in ALCQZ description
logic, therefore we can use the developed reasoning support tool for consistency
check. The schema on Figure 4 is internally inconsistent with respect to obli-
gation (R¥) since the latter clearly contradicts the structural constraint (Ri')
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which, together with is-a constraint on luxury car rental, simply does not sup-
port more than one credit card. Therefore, for any luxury car rental the obligatory
cardinality constraint cannot be satisfied. The same conclusion is indeed inferred
by the implemented tool on Figure 5.

ORM2 fo OWL2 Translator

Underlying reasoner: HermiT L3

Load ORMZ file:

Tidmitriyi ThesisiImplement ationiPasterInconsistent. bxt é

Save OWL2 file as:

The input OBMZ schema contains multiple modalities. -~
Performing a consistency check.

Validating schema using Hermil reasomer. ..

The given OEMZ schema is internally inconsistent sine

2 it's OWLZ translation contains unsatisfisble concep
TS,

Log:

The following concepts are unsatisfiable w.r.t. oblig
ations:

obj_isDoublelInsuredBy

LuzuryCarRental ~

Fig. 5. The Graphical User Interface

8 Conclusion

In this paper we introduced a logical formalization of the Semantics of Business
Vocabulary and Rules standard (SBVR) by defining a first-order deontic-alethic
logic (FODAL) with its syntax, semantics and complete and sound axiomatiza-
tion, that captures the semantics of and interaction between business rules.

We also showed that satisfiability in FODAL logic may be reduced to a stan-
dard first-order satisfiability for a class of formulas restricted to atomic modal
sentences. Moreover, in order to establish a relationship with a standard logical
formalism, we defined a truth-preserving translation from a fragment of bimodal
FODAL into quantified monomodal logic QK , that can be used to facilitate the
transfer of decidability results from well-studied fragments of predicate modal
logics to FODAL.

Finally we presented the ORM2 reasoning tool which provides an automated
support for consistency checks of the conceptual model along with its translation
to OWL2 ontology. The main functionality of the tool is a consistency check of
a set of ALCQZ-expressible deontic and alethic business rules. Another impor-
tant task supported by the tool is translation of the aforementioned fragment
of an ORM2 schema into an OWL2 ontology, which, however, does not sup-
port any modalities except necessity due to lack of notions representing deontic
constraints in OWL2.

The future research in the field of logical formalization of SBVR aims at
studying the problem of entailment with respect to possible interaction of alethic
and deontic modalities. Another future course of work includes defining an ap-
proach to translate an ORM2 schema with its alethic and deontic rules to SWRL
or some other extension of OWL2.
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Abstract. Recursive state machines are a well-accepted formalism for
modelling the control flow of systems with potentially recursive proce-
dure calls. In the open systems setting, i.e., systems where an execution
depends on the interaction of the system with the environment, the nat-
ural counterpart is two-player recursive game graphs which essentially
are recursive state machines where vertices are split into two sets each
controlled by one of the players.

We focus on solving games played on such graphs with respect to winning
conditions expressed by a formula of the temporal logic CARET and such
that the protagonist can only use modular strategies (modular CARET
games). In a modular strategy, the protagonist may use as memory only
the portion of the play which is local to the current activation of the
current module. Therefore, every time a module is entered, the memory
used by the protagonist gets reset.

The main motivation for considering modular strategies is related to
the synthesis of system controllers. In fact, a modular strategy would
correspond to a modular controller for the considered system. Modular
strategies have been already studied with winning conditions expressed
as reachability, safety, Biichi automata or LTL formulas. In this paper
we extend these results to non-regular winning conditions by considering
specifications expressed in CARET. In particular, we show that deciding
whether the protagonist has a winning modular strategy in a CARET
game is 2EXPTIME-complete, that matches the complexity of deciding
modular LTL games.

1 Introduction

The interest for games naturally arises in many contexts. In the formal analysis
of systems, games are closely related to the controller synthesis problem and to
the verification of open systems, and are useful tools for solving decision problems
such as, for example, the model-checking of the p-calculus formulas (see [6,9]).

In controller synthesis, given a description of the system where some of the
choices depend upon the input and some represent uncontrollable internal non-
determinism, the goal is to design a controller that supplies inputs to the system

* This work was partially funded by the MIUR grants FARB 2009-2010 Universita
degli Studi di Salerno (Italy).
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so that the product of the controller and the system satisfies the correctness
specification, that clearly corresponds to computing winning strategies in two-
player games. See [10] for a survey.

In the open systems setting, for instance, the Alternating Temporal Logic
allows specification of requirements such as “module A can ensure delivery of
the message no matter how module B behaves” [2]; module checking deals with
the problem of checking whether a module behaves correctly no matter in which
environment it is placed [8].

In this paper, we focus on pushdown systems. Pushdown systems accurately
model the control flow in programs of sequential imperative programming lan-
guages with recursive procedure calls. A large number of hardware and software
systems can be captured by this model, such as programs of object oriented
languages, systems with distributed architectures and communication protocols.
The study of games on such systems has traditionally focused on determining
the existence of a winning strategy, that is a mapping that specifies for each
play ending into a controlled state the next move such that each resulting play
satisfies the winning conditions [5, 12].

Here, we consider modular strategies [4], that are strategies where the next
move is determined only looking at the local memory of the current activation
of the current module. It is known that modular reachability games are NP-
complete [4]. Also, modular strategies have been considered for winning condi-
tions expressed as an w-regular language, using Biichi, Co-Biichi automata or
linear temporal logic formulas, and in particular, modular LTL games are known
to be 2EXPTIME-complete [3].

We extend the results on modular strategies to a more general class of winning
conditions. We allow winning conditions expressed as formulas of the temporal
logic CARET [1]. The logic CARET combines the temporal modalities of LTL
with different kinds of successor (global, abstract and caller) and can express
both regular requirements and a variety of non-regular properties such as partial
and total correctness of program blocks or inspection of the stack. By using
an automaton theoretic approach, we show that solving the modular CARET
games is decidible within double exponential time. Since modular LTL games
are already 2EXPTIME-hard and CARET sintactically includes LTL, we get that
also modular CARET games are 2EXPTIME-complete.

2 Preliminary

Recursive game graph. A recursive game graph (RGG) is composed of game
modules that are essentially two-player graphs (i.e., graphs whose vertices are
partitioned into two sets depending on the player who controls the outgoing
moves) with entry and exit nodes and two different kinds of vertices: the nodes
and the boxes. A node is a standard graph vertex and a box corresponds to
invocations of other game modules in a potentially recursive manner (in partic-
ular, entering into a box corresponds to a module call and exiting from a box
corresponds to a return from a module). Each RGG has a distinct game module
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which is called the start module. A state of an RGG is composed by a call stack

and a node. The notion of run can be defined analogously to the computation of

a standard procedural program (the modules corresponding to the procedures).

A play of an RGG is a run starting from an entry node of the start module.
For a formal definition of an RGG we refer the reader to [4].

Strategies. Given a player P, a strategy is a function that associates a move to
every run that ends in a node controlled by P. A modular strategy consists of
a set of local strategies, one for each game module, that are used together as
a global strategy for a player . A local strategy for a module can only refer to
the local memory of the module, i.e. the sequence of vertices that correspond to
internal nodes, call or returns of the module. This sequence corresponds to the
portion of the play concerning to the current invocation of the module.

For detailed comments and formal definitions on recursive game graphs,
strategies and modular strategies we refer the reader to [4].

Syntax p=pleVvel|l-e| O] O | O ¢leU?p | oU | U ¢ (where
p € AP U {call, ret, int} )
Semantics for a word @ = a1, g, @3, ..., apy, ... € X and n € N:

— (a,n) Epif a, =(X,d)and pe X or p=d

(o) = 1 Vg 1 () = o1 o ) = 2

a,n - iff (a,n

ga, ng Eoﬁap iff (e, sucig(n)) E e, ie., iff (a,n+1)=¢

(a,n) = Q% iff succl (n)) # L and (o, succy (n)) = ¢

— (a,n) = O ¢ iff succ, (n)) # L and (a, sucec; (n)) = ¢

— (a,n) E 1 U (for any b € {g,a,—}) iff there is a sequence of position
i0,%1, ..., 1, where ig = n, (a,ix) = @2 and forevery 0 < j <k —1,4; +1 =

suceh, (i) and (o, i;) = o1

Fig. 1. Syntax and semantics of CARET.

CARET. Let ¥ = 247 where AP is a finite set of atomic propositions. We
consider the augmented alphabet of X' that is Y=Yx {call, ret,int}.

The syntax and the semantics of CARET are reported in Fig. 1. We refer the
reader to [1] for a detailed definition of CARET.

In this logic, three different notions of successor are used:

— the global-successor (succ?) which is the usual successor function. It points
to next node, whatever module it belongs;

— the abstract-successor (succ®) which, for internal moves, corresponds to the
global successor and for calls corresponds to the matching returns;

— the caller successor (succ™) which is a ”past” modality that points to the
innermost unmatched call.

Typical properties that can be expressed by the logic CARET are pre and
post conditions. An example is the formula O[(call Ap A pa) — O%]. If we
assume that all calls to procedure A are characterized by the proposition pg4,
the formula expresses that if the pre-condition p holds when the procedure A
is invoked, then the procedure terminates and the post-condition ¢ is satisfied
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upon the return. This is the requirement of total correctness. Observe the use
of the abstract next operator to refer to the return associated with the call.

Modular CARET games. A modular CARET game is a pair (G,y) where G
is a RGG whose vertices (nodes, calls and returns) are labeled with a set of
propositions and ¢ is a CARET formula. Given a modular CARET game (G, ¢)
we want solve the problem of deciding whether there exists a modular strategy
such that the resulting plays are guaranteed to satisfy .

Detailed comments and formal definitions for modular CARET games can be
found in [13].

3 Solving modular CARET games

In this section, we briefly sketch our solution to CARET games. For the omitted
details, we refer the interested reader to [13].

Our solution consists of three main steps.

Let (G, ) be a modular CaRet game.

The first step consists of constructing from (G, ¢) an equivalent game (G’, color)
with parity winning conditions such that |G’| = O(2/#!) . We build on the top
of the construction given in [1] for model checking CARET formulas. The main
differences are that we apply the construction to the negation of the formula
© instead of to the formula ¢ directly, and introduce fresh nodes to ensure the
correct semantics of the interaction of the two players. Negating the formula is
needed to use correctly the construction from [1]. We recall that this construc-
tion, such as all the constructions which are tableau based, are nondeterministic
and therefore cannot be directly combined with a game graph in a cross product.
Starting from the negated formula, we can apply the same tableau construction
but now interpreting the nondeterminism as universality, and thus dualizing also
the winning conditions we obtain a game graph which is equivalent to the start-
ing one with respect to the considered decision problem. The resulting winning
condition is the conjunction of a Biichi condition with a generalized co-Biichi
one, that can be simplified to a single pair Rabin condition and thus to an
equivalent parity condition.

Also, notice that both G and ¢ can define context-free languages, and prob-
lems such as inclusion and emptiness of intersection are undecidable for context-
free languages [7]. Therefore, translating ¢ into an automaton and then inter-
secting it with the recursive game graph does not seem feasible.

The second step consists of constructing from the parity game (G’, color) a
two-way alternating parity tree automaton A, similarly to what is done in [3].
The resulting automaton accepts a strategy tree iff it corresponds to a winning
modular strategy.

For the last step of our solution, we observe that by using [11] we can convert
Ain to a one-way nondeterministic tree automaton and take its intersection
with the Agi.q¢ that is a tree automaton accepting strategy trees. Thus, we get a
one-way nondeterministic automaton A’ which accepts a tree iff it corresponds
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to a winning strategy tree. Checking the emptiness of this automaton takes
polynomial time in the number of states and exponential in the number of colors
in the parity condition [10].

Since the constructed recursive game graph G’ is doubly exponential in the

formula ¢ and linear in the recursive game graph G, color is constant and LTL
games are already 2EXPTIME-hard, we get:

Theorem 1. Deciding modular CARET games is 2EXPTIME-complete.

References

1.

10.

11.

12.

13.

R. Alur, K. Etessami, and P. Madhusudan. A temporal logic of nested calls and
returns. In Proc. of the 10th International Conference on Tools and Algorithms for
the Construction and Analysis of Systems, TACAS’04, LNCS 2988, pages 467—481.
Springer, 2004.
R. Alur, T. Henzinger, and O. Kupferman. Alternating-time temporal logic. Jour-
nal of the ACM, 49(5):1-42, 2002.
R. Alur, S. La Torre, and P. Madhusudan. Modular strategies for infinite games
on recursive graphs. In Proc. of the 15th International Conference on Computer
Aided Verification, CAV’03, LNCS 2725, pages 67-79. Springer, 2003.
R. Alur, S. La Torre, and P. Madhusudan. Modular strategies for recursive game
graphs. In Proc. 9th Intern. Conf. on Tools and Algorithms for the Construction
and the Analysis of Systems, TACAS’03, LNCS 2619, pages 363-378. Springer,
2003.
T. Cachat. Symbolic strategy synthesis for games on pushdown graphs. In Au-
tomata, Languages and Programming, 29th Int’l Coll., ICALP, Malaga, Spain, July
8-18, 2002, Proceedings, LNCS 2380, pages 704—715. Springer.
E. A. Emerson. Model checking and the mu-calculus. In N. Immerman and P. Ko-
laitis, editors, Proceedings of the DIMACS Symposium on Descriptive Complexity
and Finite Models, pages 185—214. American Mathematical Society Press, 1997.
J. E. Hopcroft and J. D. Ullman. Introduction to Automata Theory, Languages,
and Computation. Addison-Wesley, 1979.
O. Kupferman, M. Vardi, and P. Wolper. Module checking. Information and
Computation, 164(2):322-344, 2001.
W. Thomas. Languages, automata, and logic. Handbook of Formal Language
Theory, 111:389-455, 1997.
W. Thomas. Infinite games and verification. In Proceedings of the International
Conference on Computer Aided Verification CAV’02, LNCS 2404, pages 58-64.
Springer, 2002.
M. Vardi. Reasoning about the past with two-way automata. In Proc. 14th Intern.
Coll. on Automata, Languages, and Programming, ICALP’98, LNCS 1443 | pages
628—-641. Springer, 1998.
I. Walukiewicz. Pushdown processes: Games and model-checking. Information and
Computation, 164(2):234-263, January 2001.

Giochi su  Grafi Pushdown rispetto a  Strategie = Modulari.
http://www. dia.unisa.it/professori/latorre /ilaDec/tesi2011.pdf, 2011






A Note on the Approximation of Mean-Payoff Games

Raffaella Gentilini®

University of Perugia, Italy

Abstract. We consider the problem of designing approximation schemes for the
values of mean-payoff games. It was recently shown that (1) mean-payoff with
rational weights scaled on [—1, 1] admit additive fully-polynomial approxima-
tion schemes, and (2) mean-payoff games with positive weights admit relative
fully-polynomial approximation schemes. We show that the problem of design-
ing additive/relative approximation schemes for general mean-payoff games (i.e.
with no constraint on their edge-weights) is P-time equivalent to determining
their exact solution.

1 Introduction

Two-player mean-payoff games are played on weighted graphs' with two types of ver-
tices: in player-0 vertices, player O chooses the successor vertex from the set of outgoing
edges; in player-1 vertices, player 1 chooses the successor vertex from the set of outgo-
ing edges. The game results in an infinite path through the graph. The long-run average
of the edge-weights along this path, called the value of the play, is won by player 0 and
lost by player 1.

The decision problem for mean-payoff games asks, given a vertex v and a threshold
v € Q, if player O has a strategy to win a value at least v when the game starts in v.
The value problem consists in computing the maximal (rational) value that player O can
achieve from each vertex v of the game. The associated (optimal) strategy synthesis
problem is to construct a strategy for player O that secures the maximal value.

Mean-payoff games have been first studied by Ehrenfeucht and Mycielski in [1],
where it is shown that memoryless (or positional) strategies suffice to achieve the op-
timal value. This result entails that the decision problem for these games lies in NP
N coNP [2, 18], and it was later shown to belong to> UP N coUP [10]. Despite many
efforts [19,18,13,5,6,20,9, 12], no polynomial-time algorithm for the mean-payoff
game problems is known so far.

Beside such a theoretically engaging complexity status, mean-payoff games have
plenty of applications, especially in the synthesis, analysis and verification of reactive
(non-terminating) systems. Many natural models of such systems include quantitative
information, and the corresponding question requires the solution of quantitative games,
like mean-payoff games. Concrete examples of applications include various kinds of
scheduling, finite-window online string matching, or more generally, analysis of online
problems and algorithms, as well as selection with limited storage [18]. Mean-payoff
games can even be used for solving the max-plus algebra Ax = Bx problem, which in

!in which every edge has a positive/negative (rational) weight
% The complexity class UP is the class of problems recognizable by unambiguous polynomial
time nondeterministic Turing machines [14]. Obviously PC UP N coUP C NP N coNP.
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Problems
Algorithms  Decision Problem Value Problem Note
[12] O(E|- V] - W) O(|E|-|V|* - W - (log| V| + logW))  Deterministic
[18] O(E|-|VI?- W) O(E|- V|- W) Deterministic
[20] O(|E|-| V|- 2!Vl O(E|-| V|- 2!Vl 1ogW) Deterministic
[9] min(O(|E|-|V|? - W), min(O(|E| - |V|* - W - (logV + logW)), Randomized
20G/IVT0sIVD) o0 117) 20WIVIal VD) | joqw)

Table 1. Complexity of the main algorithms to solve mean-payoff games.

turn has further applications [6]. Beside their applicability to the modeling of quantita-
tive problems, mean-payoff games have tight connections with important problems in
game theory and logic. For instance, parity games [8] and the model-checking problem
for the modal mu-calculus [11] are poly-time reducible to mean-payoff games [7], and
it is a long-standing open question to know whether these problems are in P.

Table 1 summarize the complexity of the main algorithms for solving mean-payoff
games in the literature. In particular, all deterministic algorithms for mean-payoff games
are either pseudopolynomial (i.e., polynomial in the number of vertices | V|, the number
of edges | F|, and the maximal absolute weight W, rather than in the binary represen-
tation of W) or exponential [19, 18, 13, 12,20, 17]. The works in [9, 3] define a ran-
domized algorithm which is both subexponential and pseudopolynomial. Recently, the
authors of [15, 4] show that the pseudopolynomial procedures in [18, 13, 12] can be used
to design (fully) polynomial value approximation schemes for certain classes of mean-
payoff games: namely, mean-payoff games with positive (integer) weights or rational
weights with absolute value less or equal to 1. In this paper, we consider the problem
of extending such positive approximation results for general mean-payoff games, i.e.
mean-payoff games with weights arbitrary shifted/scaled on the line of rational num-
bers.

2 Preliminaries and Definitions

Game graphs A game graphisatuple I' = (V, E, w, (Vy, V1)) where GI' = (V, E, w)
is a weighted graph and (15, V1) is a partition of V' into the set V{ of player-0 vertices
and the set V; of player-1 vertices. An infinite game on I is played for infinitely many
rounds by two players moving a pebble along the edges of the weighted graph G''. In
the first round, the pebble is on some vertex v € V. In each round, if the pebble is on
avertex v € V; (1 = 0, 1), then player i chooses an edge (v,v’) € E and the next
round starts with the pebble on v’. A play in the game graph I is an infinite sequence
P = VU1 ...Un... such that (v;,v;41) € E for all i > 0. A strategy for player i
(# =0,1)is afunction o : V* - V; — V, such that for all finite paths vgv; ... v, with
v, € Vi, we have (v,,0(vovy ... v,)) € E. A strategy-profile is a pair of strategies
(00, 01), where oq (resp. 1) is a strategy for player O (resp. player 1). We denote by
X (1 = 0,1) the set of strategies for player i. A strategy o for player ¢ is memoryless
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if o(p) = o(p’) for all sequences p = wvgvy...v, and p’ = vjv]...v), such that
v, = vl,. We denote by XM the set of memoryless strategies of player i. A play
VU1 ... Up ... 1S consistent with a strategy o for player ¢ if v;11 = o(vovs ... v;) for
all positions j > 0 such that v; € V;. Given an initial vertex v € V, the outcome of
the strategy profile (0o, o1) in v is the (unique) play outcome’ (v, ¢, o1) that starts in
v and is consistent with both oy and ;. Given a memoryless strategy m; for player ¢
in the game I", we denote by G''(m;) = (V, E,,w) the weighted graph obtained by
removing from G all edges (v,v’) such that v € V; and v’ # m;(v).

Mean-Payoff Games A mean-payoff game (MPG) [1] is an infinite game played on
a game graph I" where player 0 wins a payoff value defined as the long-run average
weights of the play, while player 1 loses that value. Formally, the payoff value of a play
VoUL ... Up ... In 118

n—1

L1
MP(vovy ... vp ... ) = hnrglgf o Z%w(vi,viﬂ).

The value secured by a strategy oy € X in a vertex v is

val?(v) = UliIglle MP (outcome! (v, o9, 1))

and the (optimal) value of a vertex v in a mean-payoff game I is

val' (v) = sup inf MP(outcome! (v, 09,01)).
ocpEXg o1€X,

We say that oy is optimal if val”® (v) = val’ (v) for all v € V. Secured value and opti-
mality are defined analogously for strategies of player 1. Ehrenfeucht and Mycielski [1]
show that mean-payoff games are memoryless determined, i.e., memoryless strategies
are sufficient for optimality and the optimal (maximum) value that player 0 can secure
is equal to the optimal (minimum) value that player 1 can achieve.

Theorem 1 ([1]). For all MPG I" = (V, E, w, (Vo, V1)) and for all vertices v € V, we
have

val'’ (v) = sup inf MP(outcome! (v,00,01)) = inf sup MP(outcome! (v,09,01)),
00€Xp 91€21 71€21 gpeX,

and there exist two memoryless strategies mo € X3! and w1 € XM such that
val' (v) = val™ (v) = val™ (v).

Moreover, uniform optimal strategies exist for both players, i.e. there exists a strategy
profile (0, o1) that can be used to secure the optimal value independently of the initial
vertex [1]. Such a strategy profile is said the optimal strategy profile.

The following lemma characterizes the shape of MPG values in a MPG I' =
(V,E,w, (Vo, V1)) with integer weights in {—W, ..., W}. Note that solving MPG with
rational weights is P-time reducible to solving MPG with integer weights [20, 18].
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Lemma 1 ([1,20]). Let I' = (V, E,w, {Vy, V1)) be a MPG with integer weights and

let W = max(, ,)ep|w(v,v')|. For each vertex v € V, the optimal value val'' (v) is a
rational number % such that 1 < d < |V]and |n| < d-W.

We consider the following three classical problems [18,9] foraMPG I" = (V, E, w, (V, V1)):

1. Decision Problem. Given a threshold v € Q and a vertex v € V, decide if vall’ (v) >
v.

2. Value Problem. Compute for each vertex v € V' the value val’ (v).

3. (Optimal) Strategy Problem . Given an MPG I', compute an (optimal) strategy
profile for I'.

Approximate Solutions for MPG

Dealing with approximate MPG solutions, we can take into consideration either ab-
solute or relative error measures, and define the notions of additive and relative MPG
approximate value.

Definition 1 (MPG additive c-value). Ler I' = (V, E,w, (Vo, V1)) be a MPG, let
v € V and consider € > 0. The value 1;1/1 € Q is said an additive e-value on v if and
only if:

|1;1/l —wval" (v)| < e
Definition 2 (MPG relative c-value). Let I' = (V, E, w, (Vy, V1)) be a MPG, let v €
V' and consider € > 0. The value val € Q is said a relative e-value on v if and only if:

lval — val® (v)|
lvall (v)] -

Note that additive MPG e-values are shift-invariant. More precisely, if val is an additive
approximate e-value on the vertex v in I’ = (V, E,w, (Vy, V1)), then val + k is an
additive approximate e-value in the MPG I'" = (V, E, w + k, (Vy, V1)), where all the
weights are shifted by k. On the contrary, additive MPG e-values are not scale-invariant.
In fact, if val is a relative e-value for v in the MPG I" = (V, E, w, (Vy, V1)), then k- val
is a relative ¢ - k-value for v in the MPG I'" = (V, E,w - k, (Vy, V1)), where all the
weights are multiplied by k. In other words, the additive error on I" is amplified by a
factor k in the scaled version of the game, I"’. Conversely, relative MPG e-values are
scale invariant but not shift invariant.

The notions of (fully) polynomial approximation schemes w.r.t relative and additive
errors are formally defined below.
Definition 3 (MPG Fully Polynomial Time Approximation Scheme (FPTAS)). An
additive (resp. relative) fully polynomial approximation scheme for the MPG I' =
(V, E,w,{Vy, V1)) is an algorithm A such that for all ¢ > 0, A computes an additive
(resp. relative) e-value in time polynomial w.r.t. the size® of I' and %

Definition 4 (MPG Polynomial Time Approximation Scheme (PTAS)). An additive
(resp. relative) polynomial approximation scheme for the MPG I" = (V, E, w, (Vy, V1))
is an algorithm A such that for all ¢ > 0, A computes an additive (resp. relative) e-
value in time polynomial w.r.t. the size of I'.

*Given I = (V, B, w, (Vo, V1)), size(I") = |E| + |V| + log(W), where W is the maximum
(absolute value) of a weightin I".
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3 Mean-Payoff Games and Additive Approximation Schemes

Recently, [15] provides an additive fully polynomial scheme for the MPG value prob-
lem on graphs with rational weights in the interval [—1,+1]. A natural question is
whether we could efficiently approximate the value in MPG with no restrictions on
the weights. The next theorem shows that a generalization of the positive approxima-
tion result in [15] on MPG with arbitrary (rational) weights would indeed provide a
polynomial time exact solution to the MPG value problem.

Theorem 2. The MPG value problem does not admit an additive FPTAS, unless it is in
P.

Proof. We start to consider the MPG problem on graphs with integer weights. Assume
that the MPG value problem on graphs with integer weights admits an additive FPTAS.
Given a MPG I = (V, E,w, (Vb,V1)) and a vertex v € V, let |V| = nand ¢ =

W—l)' Then, our FPTAS computes an additive e-value val on v in time polynomial

w.r.t. n. By Lemma 1, val’' (v) is a rational number with denominator d such that 1 <
d < n. Two rationals with denominator d for which 1 < d < n have distance at least
m. Hence, there is a unique rational with denominator d, 1 < d < n, within the

interval I = {q € Q|1;;Z —e<g< 1;1/1—&—5}, where ¢ = . Such unique rational

1
2n(n—1)
is vall (v) and can be easily found in time logarithmic w.r.t. n [16]. Thus, we have an
algorithm A to solve the value problem on I" in time polynomial w.r.t. n. The MPG
problem on graphs with rational weights can be reduced in polynomial time (w.r.t. the
size of I") to the MPG on graphs with integer weights by simply resizing the weights
in the original graph [20, 12]. a

In view of the proof of the above theorem, we could still hope to obtain some positive
approximation results for general (i.e. arbitrarly scaled) MPG by considering weaker
notion of approximations with respect to FPTAS. Unfortunately, the next lemma shows
that the following is sufficient to show that the MPG value problem is in P: determining
in time polynomial w.r.t. the size of a given MPG I” a k-approximate value of v, where
v € V and k is an arbitrary constant.

Theorem 3. For any constant k. If the problem of computing an additive k-approximate
MPG value can be solved in polynomial time (w.r.t. the size of the input MPG), then
the MPG value problem belongs to P.

Proof. We start to consider MPG with integer weights. Let v be a vertex in the MPG
I'=(V,E,w: Ew~— [-W,W],(Vb, V1)) and denote |V | = n. If 2k + 1 > (n — 2)!,
then the problem of determining val’ (v) can be solved in time O(k*) = O(1) by
simply enumerating all the strategies available to the players.

Otherwise, assume 2k+1 < (n—2)!. Consider the game I'" = (V, E, w’, (V, V1)),
where Ve € E : w'(e) = w(e) - nl. By hypothesis, there is an algorithm A that

computes a k-approximate value val for v on I’ in time T polynomial w.r.t. the size
of I'". Since log(W - n!) = O(n - log(n) + log(W)), T is also polynomial w.r.t.
the size of I". By construction, val’’ (v) is an integer. There are at most 2k + 1 in-
tegers in the interval [Jl — k,val + k], thus we have at most 2k + 1 candidates
{ Lvafl!—kj ..

ey me:!rkj } for val!' (v). Moreover, those candidates lie in an interval of
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length L < 2K < (”;,2)! = — (;71). The minimum distance between two possible
1

candidates for val’ (v) is rE T

The exact value val’ (v) is thus the unique rational number with denominator of

lval—k] [val+k]
n! ’ n!

size at most n that lies in the interval | ] and can be easily found in time
logarithmic w.r.t. n [16].

The MPG problem on graphs with rational weights can be reduced in polynomial
time (w.r.t. the size of I") to the MPG on graphs with integer weights by simply resizing

the weights in the original graph [20, 12]. a

A direct consequence of Theorem 3 is that the MPG value problem does not admit
a PTAS, unless it is in P. More precisely, Theorem 2 and Theorem 3 entail a result
of P-time equivalence between the exact MPG value problem and the three classes of
approximations listed in Corollary 1.

Corollary 1. The following problems are P-time equivalent:

Solving the MPG value problem.

Determining an additive FPTAS for the MPG value problem.

Determining an additive PTAS for the MPG value problem.

Computing an additive k-approximate MPG value in polynomial time, for any con-
stant k.

Kb~

4 Mean-Payoff Games and Relative Approximation Schemes

In the recent work in [4], the authors consider the design approximation schemes for
the MPG value problem based on the relative—rather than absolute—error. In particular,
they provide a relative FPTAS for the MPG value problem on graphs with nonnegative
weights. Note that negative weights are necessary to encode parity games and the p-
calculus model checking into MPG games [10]. The following theorem considers the
problem of designing (fully) polynomial approximation schemes for the MPG value
problem on graphs with arbitrary (positive and negative) rational weights. It shows that
solving such a problem would indeed provide an exact solution to the MPG value prob-
lem, computable in time polynomial w.r.t. the size of the MPG.

Theorem 4. The MPG value problem does not admit a relative PTAS, unless it is in P.

Proof. LetI' = (V, E, p,(Vy, V1)) be a MPG, let v € V. Assume that MPG admit a
relative PTAS and consider € = % Our assumption entails that we have an algorithm
A that computes a relative %-Value val for v in time polynomial w.r.t. the size of I.
We show that val > 0 if and only if val’ (v) > 0. In other words, we show that the
MPG decision problem is PTIME reducible to the computation of a relative %-value.

By definition of relative e-value, for ¢ = %, we have:

|vAa/l —val® (v)]

<
lval” ()]~

1
5 (M

‘We have four cases to consider:
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1. In the first case, assume that val — val” (v) > 0 and val > 0. By contradiction,
suppose vall (v) < 0. Then, Disequation implies:

val — val®' (v)

< 2 |valt (v)] =
val < vall' (v) +

Nvalf (v)] < 0

SIS

that contradicts our hypothesis.

2. In the second case, assume that val — val® (v) > 0 and val < 0. Then, 0 > val >
val® (v). that contradicts our hypothesis.

3. In the third case, assume that val — val” (v) < 0 and val < 0. By contradiction,
suppose vall (v) > 0. Then, Disequation implies:

val® (v) — val <
val > val (v) —

< |val® (v)] =
- |val® (v)] > 0

SIS

that contradicts our hypothesis.
4. The last case to consider is: val — val’ (v) < 0 and val > 0. Then, vall (v) >
val > 0.

Provided a P-time algorithm for deciding whether vall’ (v) > 0, a dichotomic search
can be used to determine val!’ (v) in time polynomial w.r.t. the size of I" [12,20]. O

As a direct consequence of Theorem 4 we obtain the following result of P-time equiv-
alence involving the computation of MPG exact and approximate solutions.

Corollary 2. The following problems are P-time equivalent:

1. Solving the MPG value problem.
2. Determining a relative FPTAS for the MPG value problem.
3. Determining a relative PTAS for the MPG value problem.
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Abstract. Alternating-time Temporal Logic (ATL) and Coalition Logic
(CL) are well-established logical formalisms particularly suitable to model
games between dynamic coalitions of agents (like e.g. the system and the
environment). Recently, the ATL formalism has been extended in order
to take into account boundedness of the resources needed for a task to
be performed. The resulting logic is known as Resource-bounded ATL
(RB-ATL) and has been presented in quite a variety of scenarios. Model
checking RB-ATL in very general setting is usually undecidable. Nev-
ertheless, model checking procedures for semantically or syntactically
restricted versions of RB-ATL have been proposed. In this paper, we an-
alyze the problem of coalitions of agents that need to perform complex
tasks, by using resources with a variable price. We highlight a certain
number of problems and considerations, based on different interpreta-
tions of shortage of resources, leading to different scenarios.

1 Introduction

Automated verification of multi-agent systems is a significant topic in the re-
cent literature in artificial intelligence [1]. The need of modeling this kind of
systems has inspired logical formalisms, the most famous being the Alternating-
time Temporal Logics [4] and the Coalition Logic (CL) [8,9], oriented towards
the description of collective behaviors.

The idea of such logics is that agents can join together in team (or coali-
tions) and share resources to accomplish a task (or reach a goal). In particular,
Alternating-time Temporal Logics have been introduced in [4], where the full
alternating-time temporal language, denoted by ATL*, has been presented, along
with two significant fragments, namely, ATL and ATL™.

In [7], Goranko has studied the relationship between the (expressive power
of the) two formalisms. In particular, he has shown that CL can be embedded
into ATL. Anyway, none of the two logics takes into account the boundedness
of the resources. Approaches towards verification of multi-agent systems under
resource constraints can be found in [2,3,5]. In [2], Alechina et al. introduce the
logic RBCL, whose language extends the one of CL with explicit representation
of resource bounds. In [3], the same authors propose an analogous extension for
ATL, called RB-ATL, and give a PTIME model checking procedure mostly based

* This is a preliminary work. Ideas and concepts presented in this paper have been
investigated more deeply in [6].
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on the one for ATL. In [5], Bulling and Farwer introduce the logics RAL and
RAL*. The former represents a generalization of Alechina et al.’s RB-ATL, the
latter is ATL" extended with resource bounds. The authors study several syntac-
tic and semantic variants of RAL and RAL" with respect to the (un)decidability
of the model checking problem. In particular, while previous approaches only
conceive actions consuming resources, they introduce the notion of actions pro-
ducing resources. It turned out that such a new notion makes the model checking
problem undecidable.

The paper is structured as follows. In the next section, we make some consid-
erations about scenarios proposed in the literature, we illustrate our proposals,
and show that the model checking problem is still decidable. Then, in the last
section, we propose new scenarios for which the model checking problem is under
study.

2 Our scenario

This section contains an epistemic discussion about the formalization of a multi-
agent system in which agents can cooperate to perform a task and are subject to
a limited availability of resources, that is an intrinsic feature of any real-world
system. Our discussion hinges on existing approaches in the literature (see e.g.
[2,3,5]) and represents an attempt to do a further step towards the formalization
of such complex systems.

Formulas of the formalisms proposed in [2,3,5] allow one to assign an en-
dowment of resources to the agents by means of the so-called team operators,
(borrowed from ATL) and to state that a team of agents can perform a task.
Due to the nesting of the team operators in a formula (which reflects the fact
that coalitions may change in a game), during the execution of the task, the
agents can be provided with a new endowment of resources to perform subtasks.
This is somehow unrealistic, as it does not take into account issues related to
procurement of resources. In particular, a very significant present-day issue is
that resources are available on the market (or in nature) in limited amount, and
the cost for achieving them depends on such an availability.

First improvement. Thus, our first proposal is to introduce the notion of
price of resources. Unlike the existing approaches, agents are equipped with an
amount of money instead of an endowment of resources. They can use money for
getting resources. Notice that money cannot be considered as a resource like the
others for at least two reasons. First, according to our aim of assigning, to each
resource, a price that is variable depending on several factors (e.g., the current
availability of the resource on the market), it is necessary to introduce the new
component money with the special ability of “measuring” the value of all the
resources, thus making it possible for the agent to acquire them when needed.
Second, since the money as the special ability of “measuring” the value of the
resources makes sense to consider problems of optimization (e.g., minimization
of the amount of money needed to acquire the resources to perform a task).
Formulas of our logic state that a team of agents is able to perform a given
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task provided with a given amount of money. We also introduce a notion of
global availability of resources on the market, the intended meaning being that,
whenever an agent acquires resources from the market, the global availability is
decreased, whenever it produces resources, the global availability is increased.
The price of resources can be any function of the several components into play. In
our approach, prices of resources depend on their global availability, the acting
agent, and the physical location.

Second improvement. Another aspect that has not been fully analyzed in the
literature is the problem of actions producing resources. On the one hand, in
[2,3], actions can only consume resources; on the other hand, in [5], the authors
state that whenever actions can produce resources the model checking problem is
undecidable. In this paper, we show how to constrain the way in which actions
can produce resources, still preserving the decidability of the model checking
problem. The idea is that it is possible, at a given time, for an action to pro-
duce a resource in a quantity that is not greater than the amount that has
already been consumed so far. This implies that, even if actions can produce
resources, the global availability of the market will never be greater than the
initial global availability, that is crucial for the model checking algorithm. Such
a notion makes sense as, in practical terms, it allows one to model significant
real-world scenarios, such as, acquiring memory by a program, leasing a car dur-
ing a travel, and, in general, any scenario in which an agent is releasing resources
previously acquired.

2.1 Team and task

So far, we have talked about teams (or coalitions) of agents performing a task.
But we have not clarified yet the two notions of team and task. First of all, a
task is a goal that has to be reached and, for what concerns us, is represented by
a logical formula that has to be satisfied. A team of agents is a subset of agents
that act collectively in order to perform a task. To this end, they select a strategy
that univocally determines their behavior in each possible configuration of the
system. Nevertheless, the behavior of the remaining agents, that we collectively
denote as the opponent, is undetermined. Aim of the team is to guarantee that
the task is performed independently of the opponent’s behavior, that is, the task
must be guaranteed for each possible opponent’s strategy.

The formalism that naturally fits our intention is the logic ATL, that allows
one to fix a strategy for the agents of a team and to force an ‘LTL-like’ property,
representing the task, to be true over all the possible executions (or outcomes)
of the system. Obviously, its syntax and semantics will be extended in order to
deal with resource constraints.

2.2 The special resource ‘time’

One can be interested in answering questions of the kind “is it possible for the
team A of agents to complete the task in x time-unit?”. It is clear that the
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resource ‘time’ neither can be bought nor rented. It is in a certain sense out of
the control of the agents, as it is only possible to specify that a task should be
executed within some given time constraints, while it is not possible to administer
it. Thus, resource ‘time’ will be treated in a special way with respect to other
resources.

2.3 Game structure

A game structure G is based on a graph whose vertices, called locations, are
labeled by atomic propositions. In each location, each agent can choose among a
non-empty set of actions to be performed. Any possible combination of actions
gives rise to transitions, that are the edges of the graph. In general, actions
consume and produce resources. Each resource has a price that is variable and
depends on, inter alia, the current availability of that resource on the market.
Thus, a transition can be executed if the resources needed to perform the actions
are available and each agent has enough money to acquire them.

Let Z denote the set of integers, N denote the set of non-negative integers, and
let M = (NU{oo})". A game structure G is a tuple (Q, AP, V, Ag, X, A, R, t, ¢, p),
where:

— @ is the finite set of locations, AP is the finite set of propositional letters,
and V : Q — 247 is the valuation function;

— Ag = {a1,az2,...,a,} is the finite set of agents, and X' is the finite set of
actions, denoted by aq,as, ...,

— A:QxAg — 2% is the action function that defines the possible actions of an
agent in a given location. By an abuse of notation, we use A also to denote
the function from @ to 2" defined as A(q) = A(g,a1) x ... x Alq,a,);

— R={Ry,...,R.} is the finite set of resource types. It contains the particular
resource time, denoted by Rj;

— t:Qx X" — (@ is the transition function over the set of locations. It is a par-
tial function defined for any pair (g, (a1,...,®,)) such that {aq,...,q,) €
Ag);

—c: X x Ag — 7" is the cost function, assigning a cost to each action per-
formed by an agent. A negative cost represents a resource consumption, while
a positive cost represents a resource production;

—p: Mx Ag x Q — N" is the price function, denoting the price of each
resource, depending on the current resource availability, the acting agent,
and the current location. Without loss of generality, we can assume the
price of the resource ‘time’ to be always zero, as it is a resource that cannot
be acquired and thus its price is meaningless.

2.4 A logical formalization: PRB-ATL

We now define the logic Priced RB-ATL (PRB-ATL). The formulae are given by
the following grammar.

pu=pl-plene | (A Oe | (A%)0p | ((A%)eUp | ~b
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where p € AP, A C Ag, ~€ {<,<,=,>,>}, and b € M. Moreover, $ €
(N U {oco})™ is a vector representing the availability of money of the agents.
For each agent a € Ag, by $, we denote the availability of money for the agent
a. Intuitively, formulae of the kind ~ b tests the current availability of resources
on the market. Formulae of the kind ((A%))v, with 1 € {Oy, Dp, U} state
that the team A has a strategy such that, for every action performed by the
opponent (i.e, Ag\ A), v is satisfied, and such that the total expenses of each
agent a € A is less than or equal to $,. Without loss of generality, we can assume
$, = oo for each a ¢ A.

In order to give the formal semantics we must first define the following no-
tions. From now on, let G be a generic game structure. We extend the sum op-
eration to sum between vectors component-wise. Additionally, we use the usual
component-wise comparison relations between vectors.

Definition 1 (configuration and computation). A configuration of G is a
pair ¢ = {(g,m) € Q@ x M. A finite computation (resp., infinite computation)
over G is a finite (resp., infinite) sequence of configurations (of G) ™ = c1ca. . .,
such that, for each i, if ¢; = {qi, ;) and ci41 = {Giy1,Mit1), then there exists
a transition t(¢;, &) = @11, with & = {(a1,...,qn), such that mi1 = m; +

Yo clag, aj).

Given a team A, a move of A, denoted a, is a vector of actions «ay, for all
a € A, representing the action performed by the agents of A. To represent the
possible moves of the team A at any location ¢, we extend the function A with
the function Ay, : Q — gz representing the Cartesian product of A(qg,a), for
all a € A.

Definition 2 (strategy). A strategy Fa for the team of agents A is a function
which associates, to each finite computation T = cica...cs, with cs = (q,m),
a move oy, such that oy € Ax(q). A strategy is said to be memoryless if
Fa(m) = Fa(n') for each pair of computations m,n" such that m = cica. .. cs,
' =ddy... ., s = (q,m), = {qgm).

In other words, a strategy F4 determines the behavior of the agents in the
team A. Anyway, for each move a4 (of the team A) and location ¢ € @, de-
pending on the move of the opponent, there are several possibilities for the next
location. The set including all such possibilities is called the set of outcomes of
the move oy (of the team A) at location q, denoted by out(q,ax). As a con-
sequence, given an initial location g1, a strategy F4 corresponds to a tree of
computations, called outcomes of the strategy Fa from the location ¢ and de-
noted by out(q1, Fa).

Finally, in order to prevent actions producing resources to cause a reim-
bursement of money to the agent, we define cons : X' x Ag — Z" in such a way
that cons(a,a) returns the vector obtained from the vector ¢(«, a) by replac-
ing the positive components with zeros and the negative components with the
corresponding absolute value.
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Let m = cica. .. € out(qo, Fa), where ¢; = (g;, m;) for all i, be a computation
and let & = (&,)qec a4 be the move performed by the agents at the configuration
¢; for all 7.

Definition 3 (consistent computations). The computation 7 is ($, M1 )-consistent
for a strategy Fa if, for each i >0, 0 <m; <my, anda € A

i
Zp(?ﬁj,a, qj) - cons(al,a) < $,.
j=1

The semantics of the logic can be defined as usual and we omit it here.

2.5 Model checking

The model checking problem consists in verifying whether a formula ¢ is satisfied
in a location g of a game structure GG, with an initial resource availability m € M.

The algorithm for model checking our logic is mostly based on the one pro-
posed in [4] and used in [3] for model checking, respectively, ATL and its resource-
bounded extension RB-ATL. Roughly speaking, it works by computing, for each
sub-formula v of the formula ¢ to be model checked, the set of states in which
1) holds. The main difficulties when dealing with bounds on resources are the
following. First, the set of sub-formulae must be replaced by an extended set of
formulae (see [3]), that includes, for each sub-formula of the form ((A%))4, all
the formulae ((A%))y for each $' < $. Second, the state does not correspond
anymore to the vertices of the game structure, but to configurations, that is,
pairs (g, m) € @ x M. Third, during the analysis of the computations over the
game structure, the algorithm must take into account the resource availability
on the market in order to guarantee that in each instant of the computation all
the resources are still available, as well as to be able to compute the current
prices of resources, that depend also on their availability. Finally, it must be
ensured that, even if actions can produce resources, availability of each resource
may not be higher than the initial availability.

Thus, we now state the main result, without showing the proof in this pre-
liminary version. Full details of both the formalization and the algorithm will
appear in a forthcoming paper.

Let M be the greater component appearing in the initial resource availability
vector m.

Theorem 1. The model checking problem for PRB-ATL is decidable in time
O(M"x || x| G).

3 Discussion

A further line of research in which we intend to investigate is when, given a
formula in our logic, the coalitions are unknown, that is they are not specified
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and we may ask whether, for each nested sub-formula, there exists a team and
a money endowment such that the formula is satisfied. More precisely, given
a formula ¥ where ((X%)) are the team operators occurring in it, we want
to compute the coalitions X; such that ¥ is satisfied with minimum expense in
terms of both money and resources. Let us notice that if the minimality condition
is not requested, then the problem can be trivially solved.

Another feature we are investigating is when each agent has a price. In this
scenario, in which agents are themselves resources to be acquired to perform the
task, it makes sense to consider the problem of deciding which team is able to
perform the task at the minimum cost.
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Abstract. The calculus of pregroups is introduced by Lambek [1999]
as an algebraic computational system for the grammatical analysis of
natural languages. Pregroups are non commutative structures, but the
syntax of natural languages shows a diffuse presence of cyclic patterns
exhibited in different kinds of word order changes. The need of cyclic
operations or transformations was envisaged both by Z. Harris and N.
Chomsky, in the framework of generative transformational grammar. In
this paper we propose an extension of the calculus of pregroups by intro-
ducing appropriate cyclic rules that will allow the grammar to formally
analyze and compute word order and movement phenomena in differ-
ent languages such as Persian, French, Italian, Dutch and Hungarian.
This cross-linguistic analysis, although necessarily limited and not at all
exhaustive, will allow the reader to grasp the essentials of a pregroup
grammar, with particular reference to its straightforward way of com-
puting linguistic information.

1 Introduction

In this paper we apply logical cyclic rules to the analysis of word order changes in
natural languages. The need of some kind of cyclic operations or transformations
was envisaged both by Harris [1966, 1968] and Chomsky [1981, 1986] for the
treatment of the linguistic contexts referred to with the term movement. In the
paper we present a formal approach to natural language based on two cyclic rules
that hold in the systems of Noncommutative and Cyclic Multiplicative Linear
Logic (NMLL,CyMLL), developed by Abrusci [1991, 2002] from Yetter [1990].
A critical move of this paper is to embed such cyclic rules into the calculus
of Pregroups recently introduced by Lambek [1999, 2001, 2008]. The calculus
has been succesfully applied to a variety of natural languages from English and
German, to French and Italian, and others [see Casadio and Lambek 2008].

We show that the formal grammar obtained by so extending the pregroup
calculus allows one to compute string of words belonging to various kinds of
natural languages, deriving grammatical sentences involving different types of
word order changes or movements, with particular reference to the way in which
unstressed clitic pronouns attach to their verbal heads. Cross-linguistic evidence
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is provided comparing languages belonging to the Indo-European family, like
Persian, on the one side, French and Italian, on the other, as representatives
of the Romance group. Moreover the analysis is extended to include Dutch, as
a representative of the West Germanic group, and Hungarian, as a represen-
tative of the Uralic family, non related to the Indo-European languages. Such
cross-linguistic prespective extends the results of preceding work [Casadio and
Sadrzadeh 2011, Sadrzadeh 2010], and the analysis proposed for Dutch is new.

We conclude with a short discussion of the logical and methodological con-
nections of the present analysis to cyclic linear logic [Yetter 1990, Abrusci 1991,
2002].

2 Cyclic rules for the Calculus of Pregroups

2.1 Pregroup grammar

Pregroups are introduced by Lambek in [1999] as an alternative to the Syntactic
Calculus, a well known model of categorial grammar largely applied in the fields
of theoretical and computational linguistics; see e.g. Moortgat [1997], Morrill
[2010]. The calculus of pregroups is a particular kind of substructural logic that is
compact and non-commutative [Buszkowsi 2001, 2007]. Pregroups in fact are non
conservative extensions of Noncommutative Multiplicative Linear Logic (NMLL)
in which left and right iterated negations, equivalently left and right iterated
adjoints, do not cancel [Abrusci 2001, Casadio 2001, Casadio and Lambek 2002,
Lambek 2001, 2008].

A pregroup {G, ., 1, ¢, ", —} is a partially ordered monoid in which each
element a has a left adjoint o, and a right adjoint a” such that

da—1— ad

aa” —1— aa

where the dot “.”, that is usually omitted, stands for multiplication with unit
1, and the arrow denotes the partial order!. In linguistic applications syntactic
types (or categories) are assigned to the words in the dictionary of a language,
the symbol 1 is assigned to the empty string of types, and the operation of
multiplication is interpreted as linguistic concatenation. Adjoints are unique and
the following results are proved (see Lambek [2008] for details)

¥=1=1",
(a-b)¢ = bt-at | (a-b)" = b"-a",
a—b a—b bé—>ae b — a”
blﬁaé [N aM‘}bM , AT b

) )

L A partial order ‘<’ (here denoted by the arrow ‘—’) is a binary relation which is
reflexive: z < z, transitive: x < y and y < z implies x < z, and anti-symmetric:
z <yandy < ximplies z = y. We may read x < y as saying that everything of type
x is also of type y. The arrow is introduced to show the inference between types, like
in type logical grammmars.
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Linguistic applications make particular use of the equation ¢ = a = a’",

allowing the cancellation of double opposite adjoints, and of the rules

e 0 0 0l

a*a —1—a a , adad" —=1—ad"ad

contracting and expanding left and right adjoints respectively; just contractions
are needed to check and determine if a given string of words is a sentence:

dda—1 and ad” — 1.

A pregroup is freely generated by a partially ordered set of basic types. From each
basic type a we form simple types by taking single or repeated adjoints: ... a’®,
at,a,a”, a'". .. . Compound types or just types are strings of simple types.

Like in categorial grammars we have two essential steps: (i) assign one or
more (basic or compound) types to each word in the dictionary; (ii) check the
grammaticality and sentencehood of a string of words by a calculation on the
corresponding types, where the only rules involved are contractions and ordering
postulates such as a — 3 («, B basic types).

Taking as basic types: n (noun), 7 (nominative argument), o (accusative
argument), w (dative argument), A (locative argument), 7 (infinitive verb), s
(sentence), we obtain simple types such as n’, n", 7¢, 77, of, o", ..., and com-
pound types such as (7"so%), the type of a transitive verb with subject in the
nominative case and object in the accusative case. For example, the types of the
constituents of the sentence “I saw him.” are as follows, where the subscript 1
in m; means first person singular, and the subscript 2 in sy indicates the past
tense?

I saw  him.
7 (77s90%) o

(I

We say that a sentence is grammatical iff the computation (or calculation) of
the types assigned to its words reduces to the type s, a procedure depicted by

the under-link diagrams?®.

2.2 Cyclic rules in theoretical linguistics

In the Sixties Zellig Harris developed a cyclic cancellation automaton [1966, 1968)
as the simplest device to recognize sentence structure by computing strings of
words through cancellations of a given symbol with its left (or right) inverse.

2 We analyze a sentence of the form SUBJ VP by assigning types (mx s;), for j = 1,
...,7 denoting the seven basic tenses, and k denoting the six verbal persons (singular
k=1,2, 3, plural k = 4, 5, 6).

3 These diagrams are reminescent of the planar poof nets of non-commutative linear
logic, connecting the formulas, decorated by a left or right adjoint with their positive
counterparts, by means of under-links that satisfy the requirements of parallelism
and planarity (Abrusci 2002, Lambek 1999, 2008, Buszkowski 2007).
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The formalism proposed by Harris is sufficient for many languages, requiring
just string concatenation for sentence derivation, but the same limitations of
context free grammars are met [Francez and Kaminski 2007, Buszkowski and
Moroz 2008]. Different kinds of cyclic transformations were explored by Chom-
sky [e.g. 1981] to compute constituents movement in long distance dependencies.
As argued by Lambek [2008], the analysis of modern European languages re-
quires that word symbols (logical types) take double superscripts, like in Harris
[1968], or the double adjoints defined in pregroup grammar, wherever Chom-
sky’s approach postulates a trace. The calculus of pregroups meets in this sense
the requirements of Chomsky’s transformational grammar expressing traces by
means of double adjoints.

2.3 Introducing cyclic rules into pregroups

We extend the pregroup calculus with two cyclic rules that will allow us to anal-
yse a variety of movement phenomena in natural languages. It is important to
point out that the addition of cyclic rules is not equivalent to the reintroduc-
tion of the structural rule of Commutativity into the pregroup calculus (a logic
without structural rules like the Syntactic Calculus).

These rules are derivable into NMLL (or also CyMLL) cf. Abrusci [2002]

I A I, A

F A+2’F(TT) A2 (£

In the notation of pregroups (positive formulae as right adjoints and negative
formulae as left adjoints), the formulation of the two cyclic rules becomes

(1) ap<p"q (2) ap <pq*

The monoid multiplication of the pregroup is mon-commutative, but if we
add to the pregroup calculus the cyclic rules defined above as metarules, then
we obtain a limited form of commutativity, for p,q € P.

Metarules are postulates introduced into the dictionary of the grammar to
simplify lexical assignments and make syntactic calculations quicker: the types
assigned to the words of a given language are assumed to be stored permanently
in the speaker’s ‘mental’ dictionary; to prevent overloading this mental dictio-
nary, the grammar includes metarules asserting that, if the dictionary assigns a
certain type to a word, then this word may also have certain other types. The
effect of the two cyclic metarules is that the cyclic type of each verb form is
derivable from its original type.

3 Word Order and Cyclicity in Natural Languages

In the following section we present a cross-linguistic analysis comparing lan-
guages belonging to the Indo-European family, like Persian, on the one side,
French and Italian, on the other side, as representatives of the Romance group.
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The analysis is also extended to include Dutch, as a representative of the West
Germanic group, and Hungarian, as a representative of the Uralic family, which
is not related to the Indo-European family.

3.1 Cross-linguistic motivations

In Persian the subject and object of a sentence occur in pre-verbal position (Per-
sian is a SOV language), but they may attach themselves as clitic pronouns to
the end of the verb and form a one-word sentence. By doing so, the word order
changes from SOV to VSO. A similar phenomenon happens in Romance lan-
guages like Italian and French, but the movement goes in the opposite direction:
verbal complements occurring in post-verbal position, can take a clitic form and
move to a pre-verbal position.

These movements have been accounted for in the pregroup grammar for
French [Bargelli and Lambek 2001] and Italian [Casadio and Lambek 2001] by
assigning clitic words types with double adjoints. In this paper we present a
different approach offering a unified account of clitic movement by adding two
cyclic rules (or metarules) to the lexicon of the pregroup grammar. The import
of these rules is that the clitic type of the verb is derivable from its original type.

Clitic Rule (1): If p"q is the original type of the verb, then so is ¢p’.
Clitic Rule (2): If ¢p’ is the original type of the verb, then so is p"q.

The over-lined types p’, p" are introducend as a notational convenience to dis-
tinguish the clitic pronouns from the non-clitic stressed pronouns or arguments.
For any clitic pronoun p, we postulate the partial order p < p to express the fact
that a clitic pronoun is also a kind of pronoun. We assume that for all p,q € P,
we have pg =D q.

3.2 Clitic movement in Persian

In Persian the subject and object of a sentence occur in pre-verbal position
(Persian is a SOV language), but they may attach themselves as clitic pronouns
to the end of the verb and form a one-word sentence (word order changes from
SOV to VSO). The clitic clusters (pre-verbal vs. post-verbal) for the sentence I
saw him, “man u-ra didam” in Persian, exhibit the following general pattern:

I him saw saw 1 him
man u-ra didam. did am ash.
m o (o"7"s) so'w T O

i il

The over-lined types 7,0, stand for the clitic versions of the subject and object
pronouns.
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Including clitic rule (1) in the lexicon of the pregroup grammar of Persian,
we obtain the clitic form of the verb from its original type. The original Persian
verb has the type: o"n"s = (mo)"s , which is of the form p"g; after applying
the clitic rule we obtain: s(70)" = s(70)¢ = so'7’, i.e. the type of the verb with
postverbal clitics. The clitic rule can be seen as a re-write rule and the derivation

can be depicted as a one-liner as follows

o'n"s = (mo)'s ~ s(70)" = so'w

To form these one-word sentences, one does not necessarily have pronouns for
subject and object in the original sentence. They can as well be formed from
sentences with nominal subjects and objects, for example the sentence I saw
Nadia, in Persian “man Nadia-ra didam”, becomes “did-am-ash” and is typed

exactly as above.

Hassan Nadia saw saw he her
Hassan Nadia-ra did. di d ash.
™ 0 (o"7"s) — s (so*7T) @™ ° —s

One can form a yes-no question from any of the sentences above, by adding the
question form “aya” to the beginning of the sentence. Since in Persian the word
order of the question form is the same as that of the original sentence, the clitic
movement remains the same and obeys the same rule [Sadrzadeh 2008]

Did Hassan Nadia see? Did see he her?
aya Hassan Nadia-ra did? aya di d  ash?
gs* 7 0 (o"n"s) — q qst (so'7) T ° — q

3.3 Clitic movement in French

In French, the clitic clusters move in the opposite direction with respect to
Persian. We need therefore the clitic rule (2). Using this rule we can derive
the type of the clitic form of the verb from its original type. Consider a simple
example, the sentence “Jean voit Marie.” (Jean sees Marie) and its clitic form
“Jean la voit”. We type these as follows

Jean voit Marie. Jean la  voit.
m (7"so’) o —s m o (0'n"s)—s

To derive the clitic type of the verb from its original type, we start with the
original type of “voit” : (1"so’) take ¢ = (7"s) and p’ = o’ , apply clitic rule
(2) and obtain the type: (6"7"s) . The following is an example with the locative

object A and its clitic pronoun .

Jean va  a Paris. Jean y  va.
7 (7"sA) N —s A (N7"s) - s

Again the clitic rule (2) easily derives (X 7"s) from (7"sA?). Now consider the
more complicated example “Jean donne une pomme & Marie” (Jean gives an
apple to Marie); we type it as follows



Cyclic pregroups and natural language: a computational algebraic analysis 355

Jean donne une pomme a Marie.

7 (7"sw'o’) 0 w

While learning French at school, it’s difficulty to remember the order of the
clitic pronouns in these sentences; clitic rule (2) offers a hint: according to it a
verb of the type (77sw’o’) can also be of type W' o' 7", taking ¢ = (7"s) and

p = (ow)’. This type will result in the following grammatical sentence

Jean la lui donne.

T o wwon's

But it will not make the following incorrect order grammatical

Jean lui la donne.

T wowons.

3.4 Clitic movement in Italian

Sentences with one occurrence of a pre-verbal clitic can be obtained exactly
like in French, as shown in the following examples corresponding to the French
sentences given above: “Gianni vede Maria” and its clitic form “Gianni la vede”

Gianni vede Maria. Gianni la vede.
m  (n"sof) o —s m o ((07n"s)—s

To derive the chtlc type of the verb we start with the original type (7"s0%), take
q = 7"s and p’ = of, apply clitic rule (2) and obtain the type (6"7"s). The
same process is obtamed with a locative argument A and the corresponding clitic
pronoun A, where the clitic rule derives (A 7"s) from (7"sA%).

Gianni va  a Roma. Giannici  va.
~ =T
T (m"sAH) N —s T AN 7"s) = s

When we consider the more complicated cases of a verb with two arguments
like in “Gianni da un libro a Maria” (Gianni gives a book to Maria), or “Gianni
mette un libro sul tavolo” (Gianni puts a book on the table), we find that clitics
pronouns occur in the opposite order with respect to French: e.g. the verb “dare”
(to give) has the clitic form “Gianni glie lo da” (Gianni to-her it gives).

In Casadio and Lambek [2001] this problem was handled by introducing a
second type for verbs with two complements (7"s o‘w*) and (77s 0*\?); assuming
these verb types and applying clitic rule (2) we obtain the correct clitic verb
forms to handle the cases of pre-verbal cliticization:

(m"sofw’) = (7" s(wo)’) ~ ((Wo)" 7" s) = (0" W" 7" )

the same with A in place of o.

Gianni glie lo da. Gianni ce lo mette.
™ w o (0"w'n"s)—s T X o (0AN7a"s)—s
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The following diagram shows the general pattern of preverbal cliticization in
Italian with a verb taking two arguments:

I (nom) you (dat) it (acc)  say

io te lo dico
T w o (0dw'n"s)
L]

4 Insights into Hungarian and Dutch word order

In the previous section we have dealt with a special kind of movement: the clitic
movement, limited to certain words moving from before to after the verb (or
the other way around) and becoming clitics. In this section we show that similar
cyclic rules can be used to reason about movement of words in general. This
movement is more free: firstly all words, or relevant words strings, can move;
secondly the movement is not restricted to the context surrounding the verb.

4.1 Word order in Dutch subordinate clauses

In Dutch (like in German), the position of the finite verb in main clauses differs
from that in subordinate clauses. The unmarked order of the former is SVO,
while the latter exhibit an SOV pattern. Also concerning word order Dutch
is similar to German in that the finite verb always occurs in second position
in declarative main clauses (V2), while the verb appears in final position in
subordinate clauses: a sentence like “hij kocht het boek” (he bought the book) in
subordinate clauses becomes “... hij het boek kocht” (he the book bought); with
more arguments, “Jan geeft het boek aan Marie” (Jan gives the book to Marie)
becomes “... Jan het boek aan Marie geeft” (Jan the book to Marie gives).

In order to reason about these kinds of movement, we generalize our clitic
rule (2), corresponding to the right cyclic axiom, to all words by removing the
bar from the types and the word ‘original’ from the definition, obtaining the
following rule allowing verb argoments to move up the string from right to left

Move Rule (1): If gp is the type of the verb, so is p"q.

The rule allows us to correctly type the examples mentioned above

hij kocht het boek omdat hij het boek kocht
he bought the book because he the book bought
7 (7"s o) 0 — s sst ™ o (o'7n"s) —s

omdat Jan het boek aan Marie  geeft
because Jan the book to Marie gives
™ 0 w (w"o"w"s)

1
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Consider now an example with a modal verb “Ann wil Marie kussen” (Ann
wants to kiss Marie) and the corresponding embedded clause “dat Ann Marie
wil Kussen” (that Ann wants to kiss Marie)

Ann  wil Marie  kussen dat Ann Marie (wil kussen)
Ann wants Marie kiss that Ann Marie (wants kiss)
7 (7"si’) o (o™i) — s ss* ™ o (o"n"s) — s

By contraction we obtain the type of the string “wil kussen”: (7"s i¢) (iof) —
(m"s0%); then by applying move rule (1) we obtain the type (o"7"s) expect-
ing the object to occur before the verb string. The clause-final verb clusters
in Dutch and German have been estensively studied in different linguistic theo-
ries, see Steedman [1985], Haegeman and van Riemsdijk [1986], Moortgat [1997],
Lambek [2000]: a common observation is that while German prefers nested de-
pendencies, between verbs and their arguments, Dutch prefers crossed depen-
dencies. Consider the following sentences where “geld”: NP, and “Marie”: NP3
are arguments of “geven”: Vi, “Piet”: NP; is an argument of the perception
verb “zag”: V1. In the second example, an embedded clause, the dependencies
between the two verbs and their arguments are crossed.
Jan  zag  Piet geld Marie geven
Jan saw  Piet money Marie give
7 (7"sit0%) oy 09 w (wrohi) — s
Jan Piet Marie geld (zag geven)
Jan Piet Marie money (saw give)

T 01 w 02 (ohw"ow"s) — s

In the first example, “Jan zag Piet geld Marie geven” (Jan saw Piet give money to
Marie), the type (i w’ob) of “geven” is converted by move rule (1) into (w0} 1)
where 01 = “Piet”, 0o = “geld”, w = “Marie”; for ¢ = i and p* = (w’0%) = (0ow)’,
we have (0gw)? ~ (0w)" = (w"oh). In the second example, first we apply move
rule (1) to the type (77si¢0f) of “zag” and obtain (o]7"si’), for p = o1; then
we get the type of the verb string “zag geven” by contraction: (o]7"s i) (i 05w®)
— (07" s 05w*); finally, applying again the cyclic rule, we obtain (o} w” o}7"s),
for p* = (wo2)’. A similar analysis applies to the sentence “Jan Piet Marie zag
laten zwemmen” (Jan saw Piet make Marie swim).

... Jan Piet Marie (zag laten zwemmen)

... Jan Piet Marie (saw make swim)

T 0 09 (ofoln"s) —'s
4.2 Word order changes in Hungarian

Examples of still more radical word order changes are offered by languages such
as Hungarian® , where the movement is caused by a change of focus in the sen-
tence. Words move within the sentence to reflect or focus on a certain meaning.
For instance the following Hungarian sentence, which has no focus in it, simply
means “Janos took two books to Péternek yesterday”.

4 agglutinative
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Janos tegnap elvitt két konyvet Péternek.
Janos yesterday took two books to Péternek.

This can become as follows

Janos tegnap két kényvet  vitt el Péternek.
Janos yesterday two books took to Péternek.
™ A 0 (0" N sw?) w

which means “Only two books were taken by Janos to Péternek yesterday”. This
is an example of a single move: két konyvet has moved from after the verb
to before it. More sophisticated movements are also possible, for instance in the
following sentence

Péternek vitt el tegnap Jéanos két konyvet.
To Péternek took yesterday Janos two books.
w (w"sofmf\F) A T 0
which means “It was to Péternek and to no one else that the two books were
taken”. This is an example of a multi move: not only Péternek has moved to the
beginning of the sentence, but also first tegnap and then Jdnos have moved from
before the verb to after it, and in so doing have changed their order with regard
to each other. For more details on single and multi moves and a formalization
of a notion of focus, we refer the reader to Sadrzadeh [2010]; here instead we
review some examples. In order to reason about these kinds of movement, we
generalize our previous cyclic rules in the following way

Move Rule (2): If p"q is the type of the verb, so is gp°.
Move Rule (3): If ¢p° is the type of the verb, so is p”q.

Taking 7 to stand for the type of the subject, o for the first object, w for
the second object, and A for the adverb, we assign the following types to the
constituents of our example sentence, which had no focus in it yet

Janos tegnap elvitt két konyvet Péternek.
i A (ArTswlol) 0 w

[ S I |

The focus can be on the subject or either of the objects. In each case, they will
appear right before the verb after the movement. For the case of the subject, i.e.
Jdnos the temporal adverb yesterday moves to after the verb, as follows

Janos  vitt el tegnap két konyvet Péternek.
Janos took yesterday two books to Péternek.
7w (n"sw'of\Y) A 0 w

R — |
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We use our new cyclic rules to derive the new type of the verb as follows: apply
move rule (2) to the type of the verb (A" 7" swo"), by taking ¢ to be (7"s w’o’)
and p to be \. If the focus is on the first object, i.e. two books, then it moves
before the verb and the sentence above and its typing change as follows

Janos tegnap két kényvet  vitt el Péternek.
Janos yesterday two books took to Péternek.
™ A 0 (0" N " sw?) w

To derive the new verb type, we apply move rule (3) to the original type of the
verb (A\"7"swo), by taking ¢ to be (\"7"sw*), and p to be o. The focus can also
be on the second object Péternek and the verb; for details see Sadrzadeh [2010].
As an example of multi move, consider our above sentence, typed as follows

Péternek vitt el tegnap Jéanos két konyvet.
To Péternek took yesterday Janos two books.
w (w"s ot \E) A i )

Here Péternek has moved to the beginning of the sentence, but also first tegnap
and then Jdnos have moved from before the verb to after it, and in so doing
have changed their order with regard to each other. The calculation for deriving
the new type of the verb reflects the above complications and needs repetitive
applications of the rules. It is as follows

Start from the original type of the verb (ATﬂrsweoé) and, first Péternek moves

to the front; to obtain this we apply rule (3) to the subtype (A\"7"sw®), take
p to be w, and obtain (w"A"7w"so%). Then tegnap moves after the verb, for
this we apply rule (2) to the subtype (A\"7"s0), take p to be A, and obtain
(w"n"s0°AY). Finally Jdnos moves to after tegnap, for this we apply rule (2)
to the subtype (7"s0%), take p to be 7, and obtain (w"so‘m\?).

Free as they might seem, we need some restrictions to avoid certain over genera-
tions, mainly caused by the presence of the word in. Formulation of these exceed
the purpose of this paper and can be found in Sadrzadeh [2010]. In a nutshell,
they will prevent formation of types such as (7" Xeswfo?) and (A\"7"so"w?).

5 Clitic Rules and Cyclic Pregroups

Following Lambek [1999, 2001, 2008], we have formulated the clitic rules as
metarules. At some risk of overgeneration, one is tempted to formulate these
rules as axioms and add them to the pregroup calculus, or add their rule version
to the sequent calculus of compact bilinear logic [Buszkowski 2001, 2002]. Note
that the addition of our cyclic axioms (or cyclic rules) is not equivalent to the
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reintroduction of the structural rule of Commutativity into the pregroup calculus
(a logic without structural rules like the Syntactic Calculus)®. These axioms
belong to the cyclic calculus studied by Abrusci [1991, 2002] and introduced in
the following way

FIA FIA
E A+2’p(rr) FA -2 (u)

Via the standard translation from the Syntactic Calculus to pregroups [Lam-
bek 1999, Buszkowski 2001] (positive formulae as right adjoints and negative
formulae as left adjoints), the axiomatic version of these rules becomes

(1) gp < pq" (2) qp <p""q

We can refer to (1) and (2) as cyclic azioms, in particular to the first one as the
left cyclic axiom and to the second one as the right cyclic axiom. We can then
re-formulate our clitic metarules as clitic axioms

Persian p"q < ¢p' French-Ttalian ¢p' <7p"q
where the latter is derivable from the former, and prove the following results:

Proposition 1. The clitic axioms are derivable from the cyclic axioms.

Proof. The axiom for French and Italian is derivable form the right cyclic aziom
as follows, take p to be p' and observe that (p')™™ = p", then one obtains gp' <
p"q. Since p < p, and since adjoints are contravariant, we have p” < p", thus
p"g < P"q, and by transitivity of order we obtain gp' < 7"q. The axiom for
Persian is derivable from the left cyclic aziom as follows: take ¢ to be p” and
p to be g. Now since (p")!! = p!, we obtain p"q < ¢p', and since p < p, by
contravariance, p' < P!, thus gp' < ¢p', and by transitivity of order p"q < ¢7'.

It is interesting that the rules for clitic movement correspond to logical rules
of cyclicity. Accordingly, one may call French and Italian right cyclic languages
and Persian a left cyclic language. The consequences of enriching a pregroup
with these cyclic axioms (or rules) are however not so desirable.

Proposition 2. A pregroup P with either of the cyclic axioms is a partially
ordered group.

Proof. Consider the left cyclic axiom; if one takes ¢ = 1, we obtain p" < p! for
all p € P, from which one obtains p" < p. Here take p = w" for some w € P
and obtain w! < w”. Now since we have p" < p' for all p, we obtain w” = w!. A
similar argument can be made for the right cyclic axiom.

5 An approach in this line is proposed by Francez and Kaminski [2007], where a free
pregroup grammar is extended by a finite set of additional (commutative) inequa-
tions between types, leading to a class of mildly context-sensitive languages, allowing
the analysis of crossed dependencies and extractions.
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Although, as proven by Abrusci and Lambek, cyclic bilinear logic is a con-
servative extension of bilinear logic (or non-commutative linear logic), this is
not the case for cyclic compact bilinear logic and compact bilinear logic (the
logical calculus of pregroups) [Lambek 2008, Barr 2004]. The relations among
these system are however of real interest to be studied both from the logical and,
particularly, from the linguistic point of view.

We conclude observing that the present analysis is consistent with previous
work on French [Bargelli and Lambek 2001] and Italian [Casadio and Lambek
2001], where iterated adjoints are used to type clitic pronouns. We can prove in
fact that iterated adjoints show up in our work too, since as observed by Lambek,
the " used in the metarule for French and Ttalian is nothing but (7')"", and the
7' used for Persian is nothing but (5")%.

6 Conclusions

We have applied the calculus of pregroups to a selected set of sentences involving
word order changes in different languages: Persian, French, Italian, Dutch and
Hungarian. The cross-linguistic results we have obtained provide evidence in
favour of the theoretical and computational advantages offered by the pregroup
calculus extended with appropriate cyclic rules. These rules in turn represent a
stimulating challenge for the development of logical grammars. We have in fact
shown that those calculations, or computations, that in pregroups are dealt with
logical types involving double adjoints (corresponding to Chomskian traces),
can be performed, in the different languages, by means of appropriate cyclic
operations.
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Abstract. Text comprehension skills and strategies develop enormously from
the age of 7-8 until the age of 11, when children advance as independent readers.
Nowadays, more and more young children turn out to be poor (text) compre-
henders: they demonstrate text comprehension difficulties, related to inference-
making skills, despite proficiency in word decoding and other low-level cogni-
tive skills. Though there are several pencil-and-paper reading interventions for
improving inference-making skills on text, and specifically addressed to poor
comprehenders, the design and development of adaptive learning systems for this
purpose are lagging behind. The use of more intelligent adaptive learning systems
to tailor such interventions to poor comprehenders has a tremendous potential.
TERENCE embodies that potential. It is a Collaborative Project funded by the
EC under the ICT Call 5 FP7-ICT-2009-5 (1 October 2010-30 September 2013).
TERENCE will design and develop an intelligent adaptive learning system. In
particular, the system’s smart games will ask children to draw inferences about
events of stories, in Italian and in English. Moreover, the system will allow teach-
ers to choose and custom-tailor the types of stories and games according to the
needs of their learners. The TERENCE consortium involves European experts in
diverse and complementary fields (art and design, computer science, engineering,
linguistics, evidence-based medicine, psychology), and sees the constant involve-
ment of the end-users (poor comprehenders and their educators) from schools in
the UK and in Italy. The paper overviews the TERENCE project.

1 Introduction

Developing the capabilities of children to comprehend written texts is key to their de-
velopment as young adults. From the age of 7-8 until the age of 11, children develop as
independent readers. Nowadays, more and more children in that age range turn out to
be poor (text) comprehenders: they demonstrate difficulties in deep text comprehension,
despite well developed low-level cognitive skills like vocabulary knowledge, e.g., see
[2] for hearing poor comprehenders, and [5] for deaf poor comprehenders. In particular,
several studies experimentally demonstrate that poor comprehenders fail to master the
following reasoning skills in processing written stories:

(s1) coherent use of cohesive devices such as temporal connectives,
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(s2) inference-making from different or distant parts of a text, integrating them coher-
ently,
(s3) detection of inconsistencies in texts.

Nowadays, there is clear evidence that such reasoning skills (s1, s2, and s3) are very
likely to be causally implicated in the development of deep text comprehension. In
particular, experiments show that inference-making questions centred around (sl, s2,
and s3), together with adequate visual aids, are pedagogically effective in fostering
deep comprehension of stories, e.g., see [4].

However, finding stories and educational material that are appropriate for poor com-
prehenders is a challenge, and hence educators are left alone in their daily interaction
with poor comprehenders. Most learning material for novice comprehenders is paper
based, and is not easily customisable to the specific requirements of poor comprehen-
ders, e.g., in the types, number or position of temporal connectives. Few systems pro-
mote general reading interventions, but they have high-school or university textbooks
as learning material, instead of stories, and are developed for old children or adults, and
not specifically for poor comprehenders.

TERENCE is a Collaborative Project funded by the EC under the ICT Call 5 FP7-
ICT-2009-5 (1 October 2010-30 September 2013) and aims at designing and developing
an intelligent adaptive learning system (ALS) [1]. The main end-users of the TER-
ENCE ALS are: learners, namely, primary-school poor comprehenders, hearing and
deaf, older than 7-8; educators, namely, primary-school teachers and support teachers,
as well as parents of the TERENCE learners. The learning material (in English and in
Italian) of the TERENCE ALS will be stories adapted to the specific requirements of
poor comprehenders, and its reading interventions will be mainly interactive question-
games centred around reasoning skills, like (s1), (s2), and (s3) above, that foster the
development of deep text comprehension, both accompanied by adequate visual aids.

This paper outlines the TERENCE project and the work already conducted therein.
It first specifies the chosen design methodology in Section 2. Then it outlines the con-
ceptual model of the TERENCE ALS in Section 2. It continues with the design of the
architecture in Section 4 and ends with a recap conclusive section.

2 The Design Methodology

The TERENCE system is developed following the user-centred design (UCD) method-
ology [3]. Generally speaking, the UCD places the end user, actively, at the centre of
the design process, which is iteratively repeated until attaining the usability of the sys-
tem. The iterative process revolves around the following main activities: a) analysis and
specification of the context of use; b) analysis and specification of the user require-
ments; ¢) design prototypes; d) evaluate the prototypes against the specification of the
requirements. In TERENCE we went through the first phase of the analysis of the con-
text of use and the requirements, which resulted into the semi-formal specification of:

1. the characteristics of the users, like knowledge, skills, experience, education, train-
ing, physical attributes, habits and capabilities;
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2. the tasks, like successful reading interventions by class teachers for improving read-
ing comprehension;

3. the environments, divided into organisational, physical and socio-cultural charac-
teristics that may influence the usage and acceptance of the system.

Our design of the conceptual model of the TERENCE ALS, which is outlined in Sec-
tion 3 below, is based on such specifications and on the study of the state of the art
of conceptual modelling for ALSs. In the UCD, the design evolves cyclically through
refinements of the requirements, thus also the conceptual models of TERENCE will be
updated accordingly. The following section outlines the current conceptual model.

3 The TERENCE Conceptual Model

As mentioned above, TERENCE is developed as an ALS. Its conceptual model in-
cludes:

1. the domain model for the learning material, that are stories and games,
2. the user model for the users, including the educator and learner sub-models,
3. the adaptation model for the adaptation learning process.

In the remainder, for space limitations, we only sketch the design of the domain model,
and of the learner sub-model of the user model.

3.1 The Learner Sub-Model

The study of the state of the art for user modeling in ALSs and the specifications of
the user characteristics, in particular, the poor comprehenders’ reading skills, allowed
the consortium to define the following sub-models of the user model: the learner sub-
model; the educator sub-model; the expert sub-model.

The learner sub-model consists of three parts. The first structures general basic data
about the learner such as name. The second is really specific to TERENCE: it structures
information concerning the reading comprehension skills of poor comprehenders, anal-
ysed and specified in semi-formal format by the TERENCE consortium. By analysing
such skills, the system will be able to adapt, to its learner, its learning material, struc-
tured as in the domain model. The third part of the learner sub-model structures data
about the learner’s interaction with the system.

3.2 The Domain Model

The main learning material of the TERENCE ALS consists in illustrated stories and
games. During the analysis of the requirements and of the context of use of TERENCE,
the tasks of the users were analyses and specified. Their specification allowed us to
structure the learning material as in the domain model. This is divided into the story
and game sub-models.

The story model represents data related to the stories that the learners interact with.
For instance, stories are structured into books, each book has a genre and related avatars.
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Furthermore, each story is annotated using natural language processing tools. The an-
notations, for instance, provide us with the events of which the story is made, specifying
their actors, location and temporal relations.

Each story has associated games. Preliminary prototypes of the games are being
designed by following assessed interventions for stimulating the reasoning skills on
texts outlined in the introductory section and resulting from our user requirements’
semi-formal analysis. For instance, according to this, poor comprehenders are in need of
inference-making games that pose and solicit questions about relations between events
in the stories, monitoring the learners’ comprehension of the story flow, e.g., “Does the
big eggshell crack before Mummy Duck watches it?”’. The game model represents the
data for the TERENCE games, which are divided into smart games and relaxing games.
Smart games are centered around inference-making questions that are built upon the
annotations of the stories. As such, smart games are taxing for poor comprehenders and
need to be paused by relaxing games (e.g., draw your favourite character), which keep
the learners’ attention and motivation alive. More details concerning their generation
and resolution are in the following section.

4 The Architecture of the TERENCE System

The current logical architecture of our ALS is divided into three layers, namely, the data
layer, the application layer, and the interaction layer. The data layer stores, for instance,
the stories and games according to the domain model, and the information specific to
each learner according to the learner model.

The application layer implements the adaptation engine, and the intelligent back-
bone responsible for the feedback on games (e.g., correct or incorrect answers to games).
Finally, the interaction layer contains the users’ interfaces.

The main modules of the adaptation engine of our ALS are a constraint-based auto-
mated reasoner and a natural language processing (NLP) module, consisting of a pro-
cessor for English stories and one for Italian stories, that lay at the core of the adaptation
engine and constitute its intelligent backbone, so to speak. The NLP modules serve pri-
marily to annotate stories with specific XML tags. The tags are used for classifying
stories as in the story sub-model, as well as for generating and giving feedback on the
TERENCE smart games. According to the assessment of the students’ performance on
a class of games, the adaption engine will attempt to guide the students to the most
adequate games and stories, following the adaptation model.

In the specific context of our ALS, tasks will be implemented through web services
and their composition. For instance, let us refer to the generation of a temporal question-
game centred around the question “Does the big eggshell crack before Mummy Duck
watches it?”. The composition will go as follows:

1. firstly, the system invokes an NLP web service operation, which takes the story as
input and returns the annotations in the novel annotation language;

2. secondly, these annotations are taken as input, and an operation of the Automated
Reasoner service deduces further temporal annotations as output, updating them;

3. finally, the updated annotations are taken as input and a further operation of the
NLP web service generates as output the grammatically correct question-game.
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A first clear advantage of such an approach is that it allows for the reuse of our architec-
ture in other languages, by implementing the appropriate NLP services. Furthermore,
since web services are accessible through HTTP calls, they can be invoked directly in
their respective organisations, e.g. for keeping protected any eventual patent. Finally,
the high-level operations might also be implemented with a programming-in-the-large
paradigm, e.g. BPEL, thus allowing for an easy deploy of further operations, that be-
come web services, and therefore re-usable to build up more complex tasks.

5 Conclusions

TERENCE is European project for the design and evaluation of an ALS specific for
poor comprehenders and their educators. More in general, the project aims at offering
innovative usability and evaluation methodologies, pedagogical models, Al technolo-
gies, and an ALS for reasoning about stories through smart games, in Italian and in
English, all developed via a coordinated and cross-disciplinary effort of European ex-
perts in diverse and complementary fields (art and design, computer science, engineer-
ing, linguistics, psychology), and with the constant involvement of the end-users (poor
comprehenders, deaf children and their educators) from schools in the UK and in Italy.
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Abstract. Weight constraints are a powerful programming construct that has
proved very useful within the Answer Set Programming paradigm. In this pa-
per, we argue that practical Answer Set Programming might take profit from in-
troducing some forms of nested weight constraints. We define such empowered
constraints (that we call “Nested Weight Constraints”) and discuss their seman-
tics and their complexity.

1 Introduction

Answer Set Programming (ASP for short) [8], has evolved over more than two decades
as a paradigm that allows for very elegant solutions to many combinatorial problems:
in fact, ASP has been successfully applied to many forms of knowledge representation
and commonsense reasoning (cf. among others, [1, 7] and the references therein). The
paradigm is based upon describing a problem by a logic program in such a way that its
answer sets correspond to the solutions of the considered problem.

The ASP paradigm has become even more powerful by extending ASP programs by
means of weight constraints [11, 13]. Intuitively, weight constraints allow one to asso-
ciate weights to the literals occurring in specific subsets of a (candidate) model. Then,
bounds can be imposed on the overall weight of each subset. A model is accepted if all
these bounds are satisfied. Cardinality constraints are a special case where all weights
are equal to one. Weight constraints have proved to be a very useful programming tool
in many applications such as planning and configuration. For instance, in the product
configuration domain, we need to express cardinality, cost, and resource constraints,
which are very difficult to capture using logic programs without weights.

Weight constraints are nowadays adopted (in some form) by most of the ASP infer-
ence engines (usually called “ASP solvers”).

All common algorithmic tasks related to programs with weight constraints, such as
checking the consistency of a program (i.e., whether a program admits stable models),
are intractable [5]. Though, as shown in [12], tractability can be achieved by imposing
some restrictions on program structure.

We propose an improved form of constraints that admits nesting of weight con-
straints. Syntactically, nesting allows one to specify a set of weight constraints within a

* Research partially funded by GNCS-2011 and MIUR-PRIN-2008 projects, and grants
2009.010.0336 and 2010.011.0403. We are grateful to the anonymous referees for their helpful
advice and suggestions.
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“container” weight constraint. In turn, such “contained” constraints may include other
constraints, and so on. Semantics is given by requiring that the satisfaction of the inter-
nal constraints has to be evaluated with respect to the context defined by the containing
constraints. Hence, the new construct introduces a form of locality in program rules:
two identical weight constraints might be differently evaluated depending on the con-
text in which they occur. We will see that nesting can be introduced without affecting
complexity.

We argue that practical ASP programming might take profit from the introduction of
nested weight constraints. In particular, our proposal is aimed at improving elaboration
tolerance where, [10]:

“A formalism is elaboration tolerant to the extent that it is convenient to modify a set of
facts expressed in the formalism to take into account new phenomena or changed cir-
cumstances. Representations of information in natural language have good elaboration
tolerance when used with human background knowledge. Human-level Al will require
representations with much more elaboration tolerance than those used by present Al
programs, because human-level Al needs to be able to take new phenomena into ac-
count. The simplest kind of elaboration is the addition of new formulas. We’ll call these
additive elaborations. Next comes changing the values of parameters. Adding new argu-
ments to functions and predicates represents more of a change. However, elaborations
not expressible as additions to the object language representation may be treatable as
additions at a meta-level expression of the facts ...”

One can say that elaboration tolerance implies the ability to cope with minor changes
to input problems without major revisions. The introduction of constructs involving
forms of locality, as well as modularity, goes in this direction. In what follows, we will
take a sample problem (which is however a representative of a wide class) and we will
show that the formalization in ASP benefits from the use of nested weight constraints.

The paper is structured as follows. In Section 2 we recall the notions of weight
(and cardinality) constraints. Section 3 introduces the enhancements we intend to pro-
pose, for the case of ground programs. In Section 4 we further extend the formalism
by introducing conditional literals [11] and the use of variables to denote collections
of literals. An example is exploited in Section 5 to illustrate nested weight constraints.
The complexity issue is addressed in Section 6. Finally, in Section 7 we conclude.

2 Weight and Cardinality Constraints in ASP

Weight and cardinality constraints were introduced in [11, 13], where their semantics is
also presented, as well as their implementation in the context of the ASP solver smod-
els. Deciding whether a program involving ground weight constraints has an answer
set is still NP-complete, and computing an answer set is still FNP-complete. Though
the computational complexity remains the same, the modeling power of the extended
language is higher, as proved by the wide application of this construct.

In what follows we recall the syntax and semantics of (ground) programs with
weight constraints by abstracting away from any particular concrete syntax. We assume
known the usual notions of constant, predicate, term, atom, literal, etc. Let us consider
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as fixed an underlying language and consequently let 3 denote the corresponding Her-
brand base, namely the set of all ground atoms of the given language.

Atoms have the form p(t1, ..., ;) where p is a predicate symbol and each ¢; is a
term. For a literal ¢, let 7w(¢) denote the predicate symbol of ¢ (e.g., w(p(t1,...,tx) =
p). For a set of literals S, let w(S) = {n(¢)|¢ € S}.

A weight literal over is a pair (a,j) or (—a, j) fora € B and j € N, the weight of
the literal and — denotes default negation.> A weight constraint is a triple (S, I, u) where
S is a set of weight literals and [ < u are non-negative integers, the lower and upper
bound. We will often use the symbol co to denote an arbitrarily large upper bound.
(This will be useful in situations in which the upper bound is not specified. ) Moreover,
as a shorthand notation, we denote by a the weight constraint ({(a, 1)}, 1,1).

For a given constraint ¢ = (5,1, u), we indicate S with Cl(c), [ with I(c) and u
with u(c). A weight constraint where for every weight literal (a, j) and (—a, j) we have
7 = 1is called a cardinality constraint.

A rule r is a pair (h,b) where h (the head) is a weight constraint and b (the body) is
a set of weight constraints. We indicate h with H(r) and b with B(r).

A (ground) program with weight constraints (for short, PWC) is a set of rules.

Given a weight constraint ¢ and a set of atoms I, we define the weight of cin I as
Wi(e, 1) = X (ajyecieyract I+ 2o(-aj)eci(c)nagr J-

A set of atoms [ is a model of ¢ (denoted by I |= ¢) iff i(c) < W(e,I) < u(c).
(Notice that the second inequality always holds if u(c) = cc.)

For a set of weight constraints C, I = C'iff I = cfor all ¢ € C. Moreover, [ is a
model of a rule r (denoted by I |= r) iff I |= H(r) whenever it I = ¢ holds for each
c € B(r).Forasetofrules R, I = Riff I |=r forallr € R.

Stable models of a PWC are obtained by means of an extension to the GL-reduct [1]
that, instead of removing rules where some negative literals in the body are not mod-
eled in a given set of atoms (candidate stable model) I, it removes rules where the
upper bound of some weight constraints in the body are not satisfied. The upper bounds
of constraints are removed and the lower bounds are rearranged in order to eliminate
negative literals. Each rule r is then replaced by a set of rules each of them having as
head one of the positive literals in H(r) which belongs to I. In this manner, a positive
PWC is obtained where the heads of rules are atoms. Finally, I is a stable model if it is
the unique minimal model of this resulting program. Following [13], we have:

Definition 1 (PWC Semantics). Let P be a PWC and let I C B. The reduct ¢! of
a constraint ¢ w.rt. I is obtained from c by removing all negative literals, by setting
the upper bound to be oo, and by replacing the lower bound with the value 1 =
maz (0,1(c) — Z(ﬂa,j)GCl(c)/\agl 7)-

The reduct PT of the program P w.r.t. I is obtained by first removing each rule
whose body contains a constraint ¢ with W (¢, I) > u(c). Afterwards, each remaining
rule r is replaced by the set of all rules of the form (h,b), for (h,j) € CI(H(r)) such
thath € T andb = {c' : c € B(r)}.

3 For the sake of simplicity, in this paper we will deal with non-negative integer weights only.
Generalizations involving negative values, as well as real numbers, are possible [13].
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The set I is a stable model of P iff it is a model of P! and there exists no J C I
such that J is a model of P'.

3 Nested Weight Constraints

In this section we introduce an extension of ASP where weight constraints can be ar-
bitrarily nested. As we will see, in this extension one can specify within an “external”
weight constraint a collection of “internal” weight constraints. These represent con-
ditions on the satisfiability of the outer constraint. Conversely, the external constraint
affects the interpretation of internal weight literals and defines the local context where
these weights literals have to be evaluated.

Definition 2. A nested weight constraint (NWC) is a tuple (S, N, [, u) where
o S is a finite set of weight literals,

o [ < w are two non-negative integers (as before u can be o),
e N is a (possibly empty) finite collection of nested weight constraints

The definitions of rule and program are given as one expects. We also extend to NWCs
the notation introduced earlier and, moreover, for any given NWC ¢ = (S, N, [, u) we
denote N with N (¢). The depth of a given NWC ¢, denoted by depth(c), is defined as:
1 ifN(c)=0
depth(c) = 1 + max.e (e depth(c’) other(w)ise

The depth of a given program P is the maximum value among the depths of its NWCs.

For the purposes of this paper, it is not restrictive to assume the finiteness of the
Herbrand universe of the underlying language. We will also consider only programs
with finite depth.

The notion of satisfaction for NWCs requires some preliminary definitions. In par-
ticular, let X, Y C B be two disjoint sets of atoms and ¢ = (S, N, [, u) an NWC. Then,
we define the weight of the constraint ¢ (w.r.t. X,Y") as follows:

W(e,X,Y)= > j+ > (1)

(a,j)ESNaeX (—a,j)ESNaEY

We say that a pair of sets of atoms X, Y satisfies the NWC ¢ = (S, N, [, u), and
write (X,Y) = ¢, if the following two conditions hold:

1. 1<W(e,X,Y)<u
2. forall ¢ € N itholds that (U, V) = ¢/, where

U={alaeXAn(a)¢n(S)}U{a]lae X ANacS} @)
V={alacY An(a)¢n(S)}U{a]la€eY A-aeS}

Given a set of atoms I we say that [ models an NWC ¢ and write I = ¢, iff
(I,B\I) |= c. For aset Q of NWCs we write I |= Q iff I = cforeach c € Q.

Notice that, in absence of nesting, namely, for an NWC ¢ = (5, N,l,u) with
N = (), we obtain the notion introduced earlier for weight constraints. If N # 0,
the satisfaction of ¢ also depends on the satisfaction of the NWCs in N. In turn, the



Nested Weight Constraints in ASP 375

satisfaction of each ¢’ € N has to be evaluated within the context determined by S. In
particular, consider the above definition of satisfaction for an NWC c. The weight of a
nested constraint ¢’ € N is evaluated by considering only those atoms belonging to the
subsets U C X and V' C Y (recall that for the overall constraint ¢ we have X = I and
Y = B\ X for a given set of atoms I). In this way, all weight literals in ¢’ having an
atom in B\ (U U V) are assumed to have null weight. More precisely, in evaluating the
weight of ¢ we ignore the weights of all literals ¢ with () € 7(S) not occurring in S.
The same procedure is recursively applied in evaluating the weights of the constraints
¢’ € N(c'), and so on.

Note that, the above definition of satisfaction implicitly exploits, in (2), a partition
of a Herbrand base . Each block of this partition corresponds to a single predicate
symbol and consists of all the atoms having such leading symbol. Observe that the
approach can be generalized since any partition of B can be used.

As before, a set of atoms I is a model of a rule r (denoted by I |= r) iff I = H(r)
whenever I = B(r) holds. Given a program P, I = Piff I = r forallr € P.

Now, we adapt the notion of reduct to deal with the nesting of constraints. Given an
NWC ¢ = (S, N,l,u) and a pair of disjoint sets of atoms X, Y, the reduct of ¢ w.r.t.
X, Y is so defined (a denotes an atom):

) = ({(a,5)l(a,5) € S}, {dV)|d € N}, max(0,1 = 32, jyesnaey 4)s )

where U and V are obtained from X, Y and S as explained earlier (cf., (2) of page 4).
For a set Q of NWCs we denote by QXY the set {c(XY) | c € Q}.
Given a program with NWCs, the reduct P! of P w.r.t. a set of atoms I is so defined:

Pl ={(a,(3(r)BD) | € P, (a,5) € CLN()), a€l,

3)
W(e,I, B\ I)) < u(c) forall ¢ € B(T)}
Notice that each rule 7 in P! has an head of the form ({(a, 1)}, 1, 1), for some atom a.
Moreover, no negative literal occurs in the body of r. Similarly to the case of ordinary
weight constraints, we introduce an operator 7T'pr defined as follows:

Tpi(J)={a|3r e P a=Hu(r), J =8B(r)} 4)

Proposition 1. Given a program P! and two sets of atoms J, and J, if J| C Jo then
Tpi(J1) € Tpi(J2).

Proof. (Sketch). Let a € Tpr(J1). There exists a rule r € P! of the form (a, B(r)
such that J; = B(r). Hence, for each NWC ¢ = (S, N,[,00) € B(r), we have that
I < W(e,Ji,B\ Ji) and for each ¢/ € N, (U,V1) = ¢, withU; = {a | a €
JiAT(a) g m(S)U{alae Jihnae Stand Vs ={a|a € (B\J) An(a) ¢
m(S)}U{a|ae (B\Ji)A—-ae€ S} IfJy C Jo, thenl < Wi(c, Jo, B\ Jz) plainly
follows because there are no negative literals in S. Observe now that U = {a | a €
Janm(a) g n(S)}U{a|a€e Janae S} DUrand Vo ={a|a € (B\J2)A7(a) ¢
7(S)}uU{a|ae (B\J2)A-a € S} C Vi. The fact that (Us, V) = ¢ holds for
each ¢ € N can be shown by induction on the maximum depth of nesting in N. In
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particular, in absence of nesting (namely, if N = () the result is immediate. The proof
of inductive step relies on the fact that no negative literal occurs in N. This allows us to
conclude that J = B(r), hence a € Tpr(J2). a

Given a program P and a set of atoms I, by the previous result, the operator T'pr is
monotone and has an unique least fix-point which is obtainable by iterated applications
of T'p: starting from the empty set. Let us denote such a fix-point by Tp: T.

We have the following notion of stable model for programs with NWCs.

Definition 3. Given a program with NWCs P, a set I of atoms is a stable model for P
iff I =PandI =Tp:]

4 Conditional literals and the use of variables

Similarly to the approach of [11], in this section we adapt the treatment described in
Section 3 to deal with conditional literals.

A conditional literal has the form ¢:s where / is a weight literal and s is a (possibly
empty) set of atoms. The intended meaning is that the conjunction of the atoms in s
constitutes a precondition for the satisfiability of £. (Empty conditions, i.e., s = (), are
trivially satisfied. Conditional literals of the form ¢:() correspond to weight literals as
introduced in Section 3. We will often write £ in place of £:(.)

All the notions introduced in Section 3 can be easily adapted to deal with conditional
literals. In what follows we outline the main steps of such an adaptation. For the sake
of readability, in doing this we will maintain the same notational conventions. The next
definition is the counterpart of Def. 2:

Definition 4. A nested weight constraint (NWC) is a tuple (S, N, 1, u) where

e S is a finite set of conditional literals,
o | < w are two non-negative integers (u can be o),
o N is a (possibly empty) finite collection of nested weight constraints

Rules and programs are defined as one expects.

The notion of satisfaction for NWCs is slightly complicated w.r.t. the one in Sec-
tion 3. This is so because the initial set of atoms (i.e., the candidate model, Z in the
following) has to be considered in evaluating the preconditions of all conditional liter-
als. Let Z, X, Y C B be sets of atoms such that X C Z and Y C (Z \ B). We define
the weight of the NWC ¢ = (S, N, [, u), wrt. Z, X, Y, as follows:

W, Z,X,Y) = > i+ > j

(a,j):s€SNa€XNsCZ (—a,j):s€SNa€Y NsCZ

We say that a the sets of atoms Z, X, Y satisfy the NWC ¢ = (S, N, [, u), and write
(Z,X,Y) E ¢, if the following two conditions hold:

L. I1<W(e,Z,X,Y) <uy
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2. forall ¢ € N itholds that (Z,U, V) |= ¢, where

U={alaeXA7(a)¢nm(S)}U{alac X AN(a,j)seSAsCZ} 5
V={alacYAn(a)¢n(S)}UfalacYA(-aj)scSrscz) O

where, with abuse of notation, we denote by 7(.S) the set {7 (¢)|¢:s € S}.

Given a set I of atoms, we say that I models an NWC ¢ and write I | ¢, iff
(I,I,B\I) = c. For aset Q of NWCs we write I = Q iff I |= ¢ foreachc € Q.

Analogously to what seen in Section 3, the satisfaction of each ¢ € N has to be
evaluated within the context determined by S. The same recursive scheme outlined in
Section 3 applies here in evaluating the satisfiability of NWCs.

As before, a set I of atoms is a model of a rule r (denoted by I |= r) iff I = H(r)
whenever I |= B(r) holds. Given a program P, I = Piff [ |=r forall r € P.

In defining the notion of reduct we have to take into account all preconditions
of conditional literals. Let Z, X, Y be sets of atoms. The reduct of an NWC ¢ =
(S,N,l,u), wrt. Z, X,Y, is so defined:

dZXV) 2 ({(a,9):s | (a,9):s € S}, {dPUV) [de NY,
ma‘X(Oal - Z(ﬁa,j):sES/\aEY/\SQZ j); OO)

where U and V' are obtained from X, Y, Z, and S as explained earlier (cf., (5)).
In analogy with the cases of plain [11, Def. 2] and nested (Section 3) weight con-
straint, given a program P and a set of atoms I, the reduct P’ is so defined:

Pl = {(mB(LT, s)) | r€P, (a,j):seCl(H(r), {a}usCT
Wi(e,I,I,B\I)) < u(c)forall c € B(r)}

where B(I, r, s) denotes the set

B(l,rs) = {I P [een(} U {({B. D)0 100) b e st U ®
U {({(a, 1)},0,1,00) | (=b,j)r € Cl(c), a€rstbe I, rC 1} %
ceB(r)

The definition of the reduct P! of a program is slightly more involute than the homol-
ogous definition given in Section 3. This is so because each negative literal (—b, j):r,
with b ¢ I, occurring in an NWC of the body of a rule r, will give its contribution to
the weight of the NWC only if the precondition 7 holds in I. This requirement must be
reflected in the program P! by adding the set shown in (7). In this manner the body of
the resulting rule will be falsified whenever any of such preconditions is false.

Now, we can define an operator T'pr exactly as done in (4). Such an operator is

monotone (an analogous to Proposition 1 can be stated) and has an unique least fix-
point. Def. 3 can be properly generalized to the case of NWCs with conditional literals:

Definition 5. Given a program P with NWCs involving conditional literals, a set of
atoms I is a stable model for P iff I = P and I = Tp11
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Variables can be exploited to denote collections of weight literals. This is done
by admitting non-ground conditional weight literals /:¢ where ¢ has, in general,* the
form (p(Xy,...,X,), ) (or the form (—p(X1,...,X,), 7)) and each X; is a variable
(for n > 0). Similarly, ¢ is a set of not necessarily ground atoms. Let var(y) =
{X1,..., X, Y1,..., Y.} be the set of all the variables occurring in ¢ (for n,m > 0).
The variables X1, ..., X, are said to be local to the literal. The variables Y7,...,Y,,
are said to be global.

Non-ground NWCs, rules, and programs, are then defined as one expects.

Given a program, it is not restrictive to impose that each local variable occurs in a
single conditional literal. We will make this assumption in what follows.

Considering a rule with non-ground NWC, all its global variables should be in-
tended as being universally quantified. The instantiation of a rule is defined as the set of
the ground rules each of them obtainable, first, by grounding all global variables (i.e.,
by uniformly substituting them by ground terms from the Herbrand universe of the un-
derlying language) and then by replacing each non-ground conditional weight literal
with the collection of all its ground instances that are obtainable by grounding the local
variables. Notice that, in a literal such as (a, j) (or (—a, j)), we admit j to be a (global)
variable. In this manner, each instantiation of this literal may have a different weight,
determined through the grounding process. Analogously, the lower and upper bounds of
an NWC can be expressed using variables, provided that the grounding process suitably
instantiates them to non-negative integers. (In what follows we will adopt this option.)

The instantiation of a program P is defined as the set of all instantiations of rules
in P. Stable models of programs involving variables are easily defined as follows:

Definition 6. Given a (non-ground) program P, a set of ground atoms I is a stable
model for P iff it is a stable model for the instantiation of P.

Concrete syntax. In the following section, we describe a concrete encoding of a run-
ning example. In doing this we resort to the smodels-like notation, for programs, rules,
and literals. In particular, we indicate by p an NWC of the form ({p}, 0, 1,1). Also, we
denote a weight constraint

({(alvwm)v"’v(alvw%)a (_'b17wb1)7'~'7 (ﬁbmvwbm)}v L ’LL)

aslla; = wqy,...,a, = Wy, ,n0t by = Wy, ,...,n0t by, = wp, |u and, similarly, an
NWC ({(a1,wq,), .-, (a1,wa,), (5b1, Wy )y -y (5bm,wp, )}, {Wh, ..., Wi}, 1, u)
as a1 = Wayy ..., Qn = Wq, N0t by = Wp,, ..., 00t by, = Wy, | Wi, ..., Wi]u. In

both cases, we omit «© whenever u = oo.

For the special case of cardinality constraints, i.e., when w; = 1 for all ¢, we adopt
the shorthand notation ! {ay,...,an,notby,...,not by, } u. Conditional literals of the
form (a,j):{b1,...,br} will be denoted as a : by,...,by = j. Moreover, in ex-
pressing weights and bounds of constraints we might use variables (intended to be
suitably instantiated by the grounding phase). Finally, we denote a program rule as
Wo :- Wh, ..., W, , where the W;s are (nested) weight constraints (for n > 0).

# Note that, in concrete encodings, constants are admissible in place of (some of) the X;s. For
simplicity, and without loss of generality, we assume that each X is a variable.
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5 A Case-study

To motivate the introduction of NWC into ASP, we resort to a case-study. Our running
example is freely inspired by the Italian Computer Science undergraduate Program,
that we shortly describe here in its basic features. Then, we provide an encoding using
NWCs.

In order to get a bachelor degree in Computer Science, an Italian student is required
to obtain 180 credits. Most of them must be obtained by attending courses and passing
the corresponding exams. The remaining ones can be obtained by means of internships
and a short thesis. There is a certain flexibility, so usually the number of credits that
should be obtained from courses is allowed to vary within a range (say between 153
and 171, in the following encoding; actual ranges vary among different Universities
and tracks). There are different possible choices for the courses to attend, so students
are required to present what is called a “plan of studies”, that must be approved by
a Committee. Some courses must be taken at a certain year, for others there is some
flexibility. For simplicity, we assume that the latter can be taken at any year and we
neglect constraints related to the order in which certain courses should be taken.

Basically, the above (as described up to now) might be summarized by the following
rule that characterizes possible plans of studies. (The atom in_ps (¢, j) means that
the course c is inserted into the plan of studies, at year j.)

Min [in_ps(X,Y) :course (X,W),course_year(X,Y)} = W ] Max :—
credits_bounds (Min, Max) .

This knowledge base describes a possible problem instance:

year (1..3). credits_bounds (153,171) .

course_desc (programming, comp_science, 12).
course_desc (computer_architectures, comp_science, 6).
course_desc (databases, comp_science, 12).

course_desc (algorithms, comp_science, 12).
course_desc (theoretical_cs, comp_science, 6).

course_desc (calculus, mathematics, 6).
course_desc (optimization, mathematics, 6).

course (Course,Creds) :— course_desc (Course,Area,Creds) .

where each fact course_desc (c, a, n) specifies that the course c belongs to the
area a (see below) and corresponds to an amount of n credits. Moreover, we might
assume the presence of facts of the form course_year (c, y) specifying, for each
year y, the admissible courses c for that year.

Clearly, this simple encoding does not model all aspects of the problem at hand.
For instance, an aspect which is not represented is that a plan of study cannot include
the same course several times. This can be imposed by adding this NWC (actually a
cardinality constraint):

0 {in_ps(X,Y):in_ps(X,Y1l),neq(Y,Y1l)} O.

In our case-study, it is always the case that some mandatory courses must be situated
at a certain course year. To model this requirement we add this NWC to the initial rule:
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0 {in_ps(X,Y) :mandatory (X, Y1l),neqg(Y,¥Y1l)} O.

For courses that must be included in the solution, but can be situated at any year, we
add this extra rule to the encoding:

1{in_ps(C,Y) :year(¥)}1 :- mandatory_course(C).
The specific instance might specify, for example, this piece of knowledge:

mandatory (programming, 1). mandatory(computer_architectures, 1).
mandatory (algorithms, 2). mandatory (theoretical_cs, 3).
mandatory_course (databases) .

Finally, to avoid a student giving too many exams, there is a statement that enforces
at least a minimum number of courses of the first two years to weigh 12 credits each.
Also, courses are allowed to belong to certain scientific areas, namely Computer Sci-
ence, Mathematics, Physics, and other different though related topics (within a list).
However, there are directions stating that every subject should contribute to the plan of
studies for a quota ranging between a minimum and a maximum number of credits.

The next NWCs specify both the number of the 12 credit courses in the first years,
and range of credits that can be allowed to the different areas. Here, the constants
comp_science, mathematics, ..., identify (through the facts course_desc
listed earlier), the area of each course.

Minl2 {in_ps(X,Y) :course (X,W),leq(Y,2),eq(W,12)}
Ll [in_ps(X,Y) :course_desc (X, comp_science, W), course_year (X,Y)=W] Ul

ILn [in_ps(X,Y) :course_desc (X,mathematics, W), course_year (X,Y)=W] Un

where the variables Min12, L1, U1, ..., Ln, and Un, (to be instantiated through atoms
in the rule body) express the bounds on the minimum number of courses worth 12
credits in the first two years, and the minimum/maximum amounts of credits in the
different areas.

Summing up, the encoding of our sample problem is as follows (to be joined with
a specific instance specifying, together with the pieces of knowledge seen earlier, the
predicate area_bounds):

Min [ in_ps(X,Y) :course (X,W),course_year(X,Y) }=W |
0 {in_ps(X,Y):in_ps(X,Y1l),neq(¥Y,Y1l)} O,
0 {in_ps(X,Y) :mandatory(X,Y1l),neq(Y¥,¥1l)} O,
Minl2 {in_ps(X,Y) :course (X,W),leq(Y,2),eq(W,12)},
L1l [in_ps(X,Y) :course_desc (X, comp_science, W), course_year (X,Y)=W] U1,
ILn [in_ps(X,Y) :course_desc (X,mathematics, W), course_year (X,Y)=W] Un
] Max :— credits_bounds (Min,Max), min_12 (Minl2),
area_bounds (comp_science,Ll,Ul),

area_bounds (mathematics, Ln,Un) .

1{in_ps(C,Y) :year(Y)}1l :- mandatory_course(C).
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We hope at this point to have convinced the reader that NWC can easily cope with
aspects that can be relevant in a number of applications. Our case-study, in fact, is a
simple example of a scheduling problem, where this kind of problems are an important
realm of application of ASP. We believe therefore that many kinds of ASP applications
might profit from programming constructs that allow for some degree of nesting. In
other words, we deem it appropriate to introduce some kind of contextual constructs.

6 On the Complexity of Nested Weight Constraints

In [13] it is proved that introducing weight constraints does not affect the complexity of
ASP. That is, for instance, the complexity of the problem of checking whether a program
has a stable model does not depend on the presence of weight constraints. Here, we are
more generally concerned with checking whether a program with NWCs admits stable
models.

In what follows we address the complexity issue for NWC programs by focusing on
the particular case of ground programs containing NWCs of bounded depth, as defined
in Section 3.

Let k-NWC be the class of programs with depth not greater then &, for £ > 0. For
k = 2 we have the following proposition.

Proposition 2. Deciding whether a ground 2-NWC program admits stable models is
NP-complete.

Proof. (Sketch) The problem of deciding whether a ground 2-NWC program admits a
stable model is NP-hard. This follows from the NP-completeness of ASP with weight
constraints in absence of nesting [13]. As regards inclusion in NP, this can be verified
by showing that, given a set M of atoms, it can be checked in polynomial time whether
M 1is a stable model of P. To do this we have to show that: (a) given a rule r € P,
checking if M |= r takes polynomial time; (b) the reduct Py; of the program P has
polynomial size w.r.t. the size of P; (c) Tpam | can be computed in polynomial time.
As regards (a), observe that checking whether M |= ¢ for an NWC ¢ involves the
evaluation of the weight of ¢ (cf., (1)) and the computation of the sets U, V' (cf., (2)).
Both the computations can be completed in polynomial time (recall that depth(c) < 2).
Concerning (b), for each rule r in P a linear number of rules is introduced in Py
(cf., (3)). Moreover, for each NWC c¢ occurring in r the computation of the reduct of
c takes polynomial time. Finally, (c) can be shown by observing that the computation
of the set Iy = Tpum(I71), for a given I, can proceed by processing, one-by-one, the
unsatisfied rules whose head is not in I, and checking the satisfaction of their bodies.
By (b) we conclude that T)pn T can be computed in polynomial time. O

The previous result generalizes to the case of k-NWC programs, for any fixed k.

From this result, it follows that NWCs might be rephrased in plain ASP. As shown
in [13, 6], for weight constraints this can be done at the expense of introducing a (poly-
nomial, but not insignificant ) number of new atoms and rules. Moreover, except for car-
dinality constraints, the translation is quite involved. Therefore, it turns out that weight
constraints are a quite substantial programming construct, rather than simple syntactic
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sugar. This is of course true also for NWCs. Notice that, how to represent NWCs in
plain ASP is far from easy to understand. Outlining a translation into plain ASP and
evaluating the necessary number of additional atoms and rules is a subject of future
work.

7 Concluding Remarks

In this paper, we have introduced an extension to the weight constraint construct, widely
used in ASP practical programming. We have illustrated by means of a significant ex-
ample the potential usefulness of the extension. We have formally defined the extension
involving arbitrary nesting of weight constraints and provided a semantics for the en-
hanced framework. In the case when the depth of nesting is bounded, we proved that
the new construct does not affect the complexity of ASP.

Much remains to be done. First of all, the complexity issue for NWC programs has
not been completely investigated in the general case (when no bound on the nesting
depth is assumed). Moreover, the proposed construct has not been implemented yet and
no translation in plain ASP has been designed (this, by Proposition 2, at least for the
bounded-depth case, should be achievable). When an implementation will be available,
practical use will help us explore the feasibility of further extensions and generaliza-
tions. Also, we intend to explore the enrichment of weight constraints by means of
complex preferences. In particular, the present work can be easily integrated with the
approach to preference handling devised in [2, 3] and extended to weight constraints in
[4]. In the resulting setting, referring to the above example one might enrich the formu-
lation with student’s preferences, stating for instance with kind of courses are preferred
and in which conditions.

We will have to explore both the usefulness in practical applications of nested-
constraints, as well as their feasibility in cases where both negative weights and circular
definitions are admitted.

From the formal point of view, we intend to extend the method of [6] so as to be
able to extend the concept of strong equivalence to ASP programs with NWC. Strong
equivalence [9] in fact, as widely recognized, provides an important conceptual and
practical tool for program simplification, transformation and optimization. In the case of
NWC programs, the form of locality implicitly present in NWCs might have interesting
consequences. A further issue for future research regards the relation between NWC
and (nested) aggregates.
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Abstract. This paper introduces a formalization of complex events. In
particular, a formalism is presented to represent intentional and causal events in
narrative contexts, and in their mechanisms of composition. Complex events
have been defined through classes of a formal ontology that has been called the
Ontology of Complex Events (OntoCE). This approach has allowed for the
applications (reuse) of existing axiomatizations belonging to a large repertoire
of temporal reasoning techniques and, the definition of new axiomatizations
presented and discussed in this work. The focus in this work has been placed on
three particular temporal aspects: the analysis of consistency, the discovery of
new temporal relations in a knowledge base of events, and the causal reasoning
in narrative contexts.

1 Introduction

The concept of event has been highly examined and much debated in philosophy
[CAS, DAV] and Atrtificial Intelligence. In this area, some well-founded formalisms,
like the Event Calculus [MIL], the Situation Calculus [LEV, LIN], and ALAN [BAR,
Gon] have been proposed. Recently, a new point of attention, that regards the concept
of the "complex event" [WIN], has been born (although this name is not explicitly
mentioned by all the research projects that deal with these issues).

This concept emerges, particularly in the context of the Internet, where the broad
set of information in unstructured form, hides a multitude of events that are connected
by relationships extremely difficult to detect, but where one feels that these events are
components of an implicit totality (suggested without being directly expressed).

The particular aim of this research was to build a model and a formalism to
represent three main types of complex events (intentional events, causal events, and
narrative events) and their mechanisms of composition.

The paper introduces a representation of complex events, in which an event is not
only an aggregation of simple events (how it would be in the case of a narrative of
events, consisting of a set of simple events and a set of relationships between those
events). The modeling of narratives that have as components other complex events
has been addressed. For example, casual events are considered such as: (the church of
Santa Chiara was built (el) for desire (e2) of Roberto D'Angio) (e0), where €0 is
composed by the events el and e2 and could also represent the component of a
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narrative. A mechanism for determining the interval in which a complex event

(intensional, narrative or causal) occurs has also been proposed. Such intervals have

been calculated considering the intervals of happening of its component events (e0):

in the example the event e0 has an occurrence interval that is calculated as union of
occurrence intervals of events el and e2.

By inserting intentional events, in representation of a narrative, one can not only
annotate or discover causal connections between events, but with appropriate axioms
(eg (el cause e2) implies (el precedes e2)) one can convert the causal relations into
temporal order relations, thus eliminating the existing deficiencies of connectivity
among the events of a narrative.

A formalism has been constructed to represent the complex events in explicit form,
with the main motivation that such a representation can be used as an ontological
reference for various types of semantic annotations, in particular:

— to aggregate, as complex events, multimedia elements (photos, video or texts
whose contents represent events (historical events, news, cultural events, etc.) in
the same way as proposed in the Event-Centric in [GIU] and [MEL]; and,

- to annotate and aggregate complex events in natural language, starting from
annotations represented by TimeML [PUS03, PUS08] formalism.

An annotation process of natural language texts or media, especially if this is done
through a process of multiple annotation (by more than one operator), can easily
generate some inconsistencies or lack of connections between events in the bases of
annotations. For these reasons, it is necessary to identify inconsistencies and non-
connected events in order to remove such anomalies among the annotated events (see
Fig. 1).

. Multi-annotation of movies, Control of consistency and
Adoption of Event by . X s N
. pictures, or texts in natural connectivity, discovery, and sort of
Events Centric Approach N .
language (through TimeML) temporal relations

Basis of events with

v v , the presence of A4
inconsistencies, and
events not connected

Basis of consistent
» and connected >
events

Fig. 1. Phases to control the consistency and connectivity of a narrative

The formalism (OntoCE) that has been defined in this paper is represented by a
formal ontologies, where each entity has been defined as a class of an ontology. This
methodological approach was chosen to facilitate the building of modules
(algorithms) for the discovery of temporal relations, with the objective also, to reuse
existing axiomatizations and facilitate the creation of new ones (some of these
proposals are in this paper).

In this paper the logic programs have been used to represent the events (simple and
complex) and their relations, to analyse the temporal consistency of a complex event,
to discover new temporal relations between events, to apply causal reasoning to
events, and to integrate the latter with axioms of temporal reasoning.

Related work
In recent research [WIN] there are several proposals for representing events. The
basic motivation of this research stands from the claim that events can constitute an
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excellent framework for aggregating knowledge. The large quantity of data and
(fragmented and unstructured) knowledge on the Internet, makes this research very
attractive. An emerging methodology for representing through events knowledge
distributed on the Internet has been named Event-Centric [WIN]. In this methodology,
an event is a structure of reference that is independent from the metadata of media
that one intends to annotate. An example of the Event-Centric approach, which uses
high-level ontology DOLCE, is the F model [SHE]. In the F model the
methodological choices are motivated by a number of functional and non-functional
requirements.

With respect to the functional requirements, the representation of an event must
have the attribute for the participants. It is also necessary to be able to define
relationships between parts and wholes of an event. It must be possible to define
cause-effect relationships between two events (no matter of the degree of difficulty of
the automatic process discovery), and, finally, it must be possible to represent
correlation relationships between events (two events that have a common cause).

The non-functional requirements of F, instead, include extensibility, formal
precision (axiomatization), modularity, and reusability.

Among the proposed Event-Centric is the one proposed in [GIU]. This
methodology adopts the slogan "Aggregation via Media Events". In this proposal, the
events are the reference structures for aggregating the media. In [GIU] an implicit
model of complex events (without explicit constructs of representation) and a simple
mechanism to determine the "where" a complex event happens, starting from the
"where" of the components’ events, are introduced.

To represent the events, some formalisms were inspired from a model that has its
roots in journalism. This model called "W's and one H" adopts six attributes for the
representation of events: Who, When, Where, What, Why, and How. The project
Eventory [WAN] adopts a model "W's and one H". Eventory has a particular structure
of the "When" attribute, having two references for time: the first referring to the
chronological time of "real events", the second, to the temporal attributes of some
metadata (such as the length of a movie or the time during which a picture must be
shown).

The decision to include the knowledge of the media in the attributes of the events,
violates the constraint that characterizes the Event-Centric models, whereby the
independency between the event representation and that of media is fixed. In fact, in
the case of Eventory, the description contains information about the execution time of
the media.

In this work, in relation to the representation of temporal intervals, the
classification given in [MAIJ], where all the possible combinations that exist between
instants or time intervals are shown, when they represent a temporal relationship
between two events, has been taken into consideration.

2 The representation of the events

In this work, an ontology for complex events has been defined: OntoCE. OntoCE has
an abstract superclass (AnythingInTime) common to all entities that happen over
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time. Two subclasses are specializations of AnythingInTime: Event, that
represents the class of simple events, and ComplexEvent, that represents the class
of complex events. In Fig. 2 a sketch representation is given.

hasWhere
— ) ) hasT IMod )
hasParticipants _ AnyThingInTime hasWhen When e TemporalRelation

isa isa bolicHappenlinterval
[hasWhere] hasComplexWhat  [haswhere]

[hasParticipants] ComplexEvent haswWhy [hasParticipants) EveNt
[hasWhen] hasEventRelations [hasWhen]

sti
SymbolicHappeninterval stf

hasWhat

Fig. 2. The taxonomy of simple and complex events

In Fig.2, in brackets, the attributes that are inherited from their respective
superclasses are reported. Formally, they are represented in Flora2![FLO](this
formalism combines the advantages of conceptual modeling with object-oriented,
owns a declarative syntax, allowing to build complex inferential apparatus in simple
manner):

Event::AnyThingInTime.
ComplexEvent::AnyThingInTime.
AnyThingInTime [
hasWhen*=>When, hasWhere*=>Where,
hasParticipants*=>Participant].
Event [hasWhat*=> Action Property].
ComplexEvent [ hasComplexWhat*=> AnyThingInTime,

hasEventRelations*=>EventRelation].

AnyThingInTime is an abstract class (without instances) which is the superclass
of the concrete classes: Event and ComplexEvent. The latter classes are the key
concepts of the formalism OntoCE. The Event class has the descriptor hasWhat,
which is associated to the class What. Generally, this class describes the action (which
happens over time) that characterizes the event or describes a property that is true in a
specific time interval. The attribute hasComplexWhat is a specific descriptor of
ComplexEvent. The latter also has the attribute hasWhy that describes the causal
relations between events. hasWhy is a relation between two events, so it can only be
the attribute of a complex event. Attributes hasWhen, hasWhere,
hasParticipants, hasWhat (or hasComplexWhat), and hasWhy
correspond to the descriptors with which journalists describe their articles.

! To make reading simpler, some key constructs of Flora2 language are here reported. X:: Y
(class X is a subclass of class Y), X: Y (X is an instance of class Y), X = Y (X is an
attribute of type Y), X-> Y (Y is the value of X), X *=>Y (as X => Y, but the attribute is
inherited by subclasses). In Flora2, chain of alphanumeric literal, starting with a capital letter
are variables. The symbols ":-", the comma (",") and semicolon (";") have the same
interpretation as the homologue constructs of Prolog language.
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2.1 Instant and interval representations

The representation of time that has been adopted is mixed and based on points and
time intervals. In OntoCE all temporal entities are represented as classes. Time is the
main class and has several specializations: date or partial dates (DateValue), time
instants or combinations of them with date (TimeValue), symbolic times
(Symbolic),and time intervals (Interval). The definition is as follows:

DateCalendar|
day*=>Integer, month*=>Integer, year*=>Integer].
DateWeek [week*=>Integer, year*=>Integer].
DateQualitative[value*=>String].
Clock[
hour*=>Integer,minute*=>Integer,date*=>DateCalendar].
TimeQualitative[value*=>String].
Interval|
hasBeginTime*=> (DateValue;TimeValue; SymbolicTime),
hasEndTime*=> (DateValue; TimeValue; SymbolicTime)].
SymbolicHappenInterval [
sti*=>SymbolicTime,stf*=> SymbolicTime].

2.2 The When class

In OntoCE there is a particular structure, the class When (see Fig. 2), which
describes when an event happens using the effective symbolic interval (ESI) in which
the event happens, and a temporal modality of happening, described by one (or more)
temporal order relations (before, after, during, etc.) between ESI and some temporal
interval of reference (or also another event). These relations have the objective of
anchoring an event on the chronological axis or with another event, through a
temporal order relation. The approach requires, therefore, that when an event (simple
or complex) is created, it automatically generates a type identifier ESI, represented by
two attributes: sti, the (effective) symbolic time in which the event starts (or in
which the property is true), and st £, the time in which the event ends. The choice of
having an effective time when an event happens and a temporal modality of
happening, for it is motivated by the fact that often the effective time in which an
event happens is not known, but one can easily know one or more relations (modality
of happening) for it (after a time tx, dtx before a certain range, etc.). Thus, even if one
does not exactly know the exact value of the start and end/or of an event, one can
annotate (or, automatically discover) relationships with other time intervals, as soon
as they become available. The class When has the following definition:

When [
hasSymbolicHappenInterval*=>SymbolicHappenInterval,
hasTemporalMode*=>TemporalRelation].

SymbolicHappenInterval[sti*=> SymbolicTime,

stf*=> SymbolicTime].
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2.3 Simple Events

In OntoCE, the class Event represents simple events. This class inherits the
attributes of the superclass AnyThingInTime and has the attribute hasWhat,
which describes an action that happens or a property that is true in a temporal interval.

Event [hasWhat*=>Action-Property].

The attribute hasWhat has values in the Property Action domain and
describes exactly what happens (action) or what is true (property) in a temporal
interval.

2.4 Complex events

ComplexEvent is a class defined as a set of events (simple or complex) described
by ComplexWhat slot, and a set of relationships between events described by
hasEventRelations slot. Also, the class is described by the method
hasWhy (AnyThingInThing), a function that given an input event belonging to a
complex event, returns a set of causal relations that are the justification of why the
event occurred.

ComplexEvent [ hasComplexWhat{2:*}*=>AnythingInTime,
hasWhy (AnyThingInThing) *=> CausalRelation,
hasEventRelations*=>EventRelation].

Complex events are defined by a temporal mode, described by the descriptor
hasWhen, the same attribute used for the description of simple events. Fig. 3 shows
the taxonomy of the complex events of the OntoCE ontology, where the narrative
events, the causal events, the intentional events, and the perceptual events have been
labeled and represented as complex events.

Narrative Events

The complex narrative events (NarrativeEvent) are represented as a set of events
and temporal relations between events. The components of NarrativeEvent are
simple events that describe actions that occur over time, or properties that are true in a
temporal interval, or other complex events such as causal events (CausalEvent) or
intentional events (MentalEvent).

NarrativeEvent, like all subclasses of AnyThingInTime inherits the
attributes When, Where, and Who, and like all the subclasses of ComplexEvent,
inherits the method hasWhy (AnyThingInThing). The characterization of
NarrativeEvent is given by the restriction of the slot hasEventRelations,
which can only have instances of temporal relations as a value.
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ComplexEvent

PerceptionEventsEvent CausalEvent MentalEvent ReportingEventsEvent NarrativeEvent
isa Ilsa Fsa ‘M
- EventByEvent EventByEntity DesireEvent IntentionEvent BeliefEvent
/%: ‘\;N
MentalByMentalEvent MentalByPhysicalEvent PhysicalByMentalEvent PhysicalByPhysicalEvent

Fig. 3 The taxonomy (subclasses) of complex events.

Mental events

The class MentalEvent represents mental events of an agent (participant at the
event), i.e., beliefs, desires, and intentions that occur over time. These entities allow
for the representation as a causal events such as "The church and monastery of Santa
Chiara was built between 1310 and 1340 for desire of Roberto d'Angio and Queen
Sancha of Aragon". Mental events are defined, through to the attributes When, What,
Where, and Participants (inherited by AnyThingInTime) by a slot that describes a
relation (MentalRelation) between a mental event and a physical event.

Causal events
The complex event CausalEvent describes events that relate to a cause-effect
relation: the occurrence of an event (event cause) caused the occurrence of another
event (event effect). In OntoCE a classification of causal events has been defined in
accordance with the nature of the events involved, or that is, if the cause-effect
relationship is defined by physical and/or mental events. We report some examples of
the categories:

— “I think it's a good book, I'll buy it”, and “I would like something hot, I'll take a
cup of tea”, are examples of causal relations of a mental event that causes a
physical event (classified in OntoCE as a causal PhysicalByMentalEvent);

— “He laughed and I thought he was joking” is an example of causal event where a
physical event (perception) caused a mental event (in OntoCE labeled as
MentalEventByPhysical);

— “He bumped the glass with his elbow and broke it”, “It’s raining and the road is
wet” (causal events labeled in OntoCE as PhysicalEventByPhysical); and,

— “I think it's the best team and I think it will win the championship” (causal events
labeled in OntoCE as MentalEventByMental).

Causal events are defined by a causal relationship between events and like all
events subclasses of AnyThingInTime inherit the attributes When, What, Where,
and Participant.

For causal events, a widely shared relation (axiom), that brings together the causal
relations with temporal relations, has been defined:

BeforeEE [Ex, Ey]:- CausalRelation[Ex, Ey]. (1)
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If Ex is the cause of Ey, then the event Ex precedes temporally the event Ey .

2.5 The When Attribute of a complex event

For the simple event, the time of happening (hasSymbolicHappenInterval)
defines the temporal interval in which the action occurs, while the time interval of
occurrence of the complex event defines the minimum time interval in which all
events belong to the complex event occurring. Therefore, the occurrence interval of
complex events is not continuous, or that is, not in all temporal subintervals is there
an event that happens. In addition, the temporal mode of a complex event is
represented as the union of the temporal mode of event’s components. It is obvious
that, starting from the all temporal mode, one can define various algorithms that can
determine, for example, the entire period of a complex event or the frequency of a
particular action or category of action, etc.

The descriptor When can be calculated according to the descriptors of the
component events, or it is instantiated interactively. In the latter case the compatibility
checks (defined by constraints), with respect to the attributes When of the components
events, must be run .

Informally, the interval of occurrence of a complex event is made up of the
intervals of occurrence of the events’ components and a set of temporal relations
between these intervals. The rule for determining the minimum time of occurrence of
a complex event, in accordance with the event components is reported. Let Ec be a
complex event (a narrative), then its time of occurrence (defined as an instance of the
class When) is calculated using the following rule:

01l. Ec:NarrativeEvent|[ hasComplexWhat->{El, E2},
hasWhen->Wx] : -

02. newId(Ec,El,E2,Wx),

03. genSymbolicInterval (I,T1,T2),

04. insert{I:SymbolicHappenInterval[sti->T1,stf->T2]},

05. El:AnythingInTime[hasWhen->W1l],

06. E2:AnythingInTime[hasWhen->W2],

07. minimun (Wl, W2,Tmin), maximum(Wl, W2, Tmax),

08. tm union (Wl,W2,

[EqualTT[T1l, Tmin],EqualTT[T2, Tmax]], Tmx),
09. insert{Wx:When[ hasSymbolicHappenInterval->T,
hasTemporalMode->Tmx]}.

To establish the time of occurrence of the narrative event Ec (01), the rule
generates the structure Wx of the When attribute (02) and defines the symbolic
interval of occurrence of the complex event (03-04). Then, it identifies the time of
occurrence of the component events (05-06), and calculates the minimum and
maximum time of occurrence of these events (07). The minimum and maximum
calculated are correlated with the symbols’ times with relations
EqualTT[T1l,Tmin] and EqualTT[T2,Tmax], which together with the
temporal mode of the components (08) define the temporal mode of the complex
event (09).



The temporal representation and reasoning of complex events 393

Others rules (not reported here) have been defined that consider the cases where
the minimum and/or maximum of events cannot be determined, for example, because
the annotation of the temporal mode is not complete.

In these cases, to overcome the inability to calculate the minimum and/or
maximum, the rule defines temporal relations between the component events, E1 and
E2, and the occurrence interval I of complex event. The relations are
DuringEI[E1l,I] and DuringEI[E2, I], which, together with the temporal
mode pattern of the components, define the temporal mode of the complex event.
Similar rules relating to the When for all types of complex events have been
implemented.

3 Temporal reasoning for complex events

The classes of events that have been defined are appropriate for applying
axiomatizations (expressed in the form of Horn clauses) to temporal reasoning.
However, to apply these algorithms, one must follow a specific methodological
statute that is associated with the ontological approach implemented.

Let Ei be a knowledge base of events, the algorithms (to check consistency and
connectivity, and to discover new temporal relations) are applicable to all events that
are not related to mental events: beliefs, desires and goals. This is because a mental
event can be a component of a narrative, but the events that are among its arguments
should not be involved in the analysis of the consistency and connectivity of a
narrative.

Consider the following example: [during the summer of 2010 a fan (Px) wants
Inter to win the next season (2010-11)]. The mental event of Px belongs to a narrative
like this: 1.[ in summer 2010, a fan Px wants Inter to win the league], 2.[in summer
2011, Milan won the championship]. Of course, there is no contradiction between the
two events, because the event "Inter won the league” is something that belongs to the
mind of a person, and does belong to events of real history. However, it is necessary
to ensure a consistency in the set of events believed by a person. It is clear that the
events to which we apply the algorithms to check consistency must belong to
appropriate categories, and it’s believed that this approach (to define events as
classes) is appropriate for this purpose.

3.1 How to check the consistency of events

For consistency checks of temporal relations, axioms of Russell and Kramp [LAM]
(RK) have been adopted, which allows for performance of reasoning about the events
through the relations between the events prec., (E1,E2) and over.,(EL1,E2),
where prec., (E1,E2) means that the event E1 precedes the event E2, and
overe, (E1,E2) means that the event E1 overlaps event E2.

The RK language, with the primitive prec., (E1, E2) and over., (E1,E2),is
not expressive enough to represent the temporal relations in our ontological
representation (DuringEE[E1l,E2], StartEE[E1,E2], etc.). In fact, the
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relations like DuringEE [E1, E2] cannot be defined only through the primitive
prece, and over.,, because they also require the conditions between time instants.
For this reason, a core with relations between time instants using the primitive
prec. (T1l,T2) (the time instant T1 precedes the time instant T2) and
eq: (T1, T2) (the time instant T1 is equal to the time instant T2) has been defined.
Through such primitives all temporal relations of OntoCE (between events, between
events and time instant, etc.) have beeen defined and applied to the consistency
analysis redefining the relations RK. Therefore, a set of axioms have been defined,
that allow one to discover inconsistencies, not in order relations between events, but
in order relations between time instants: prec. (T1, T2) and eq. (T1,T2). The
following axioms for the verification of the inconsistencies is provided?:

Axiom schema Implementation using Stable Models

. < prect(T1,T2) :- prectD(T1,T2), not prectN(T1,T2). eqt(T1,T1) :- time(T1).
;; zgfgfljf’ prec(T1.T2) » prec(T2.T3). prectN(T1,T2) :- time(T1), time(T2), prect(T2,T1). €qt(T2,T1) - eqt(T1,T2), time(T1), time(T2).
3 eq(T1T2) < eq(T2,T1). prect(T1,T3) :- prect(T1,T2), prect(T2,T3), qtN(T1,T2) :- time(T1), time(T2), prect(T1,T2).
4:q(T1.T2) < eq(T1.T2) A eq(T2.T3). not prectN_(T1 ,T3), time(T1), eqtN(T1,T2) :- time(T1), time(T2), prect(T2,T1).
5: prec(T1,T3) <- prec(T1,T2) A eq(T1,T3). time(T2), time(T3). prect(T1,73) :- prect(T1,72), eqt(T2,73),
6: =prec(T2,T1) <- prec,(T1,T2). prectN(T1,T2) :- time(T1), time(T2), eqt(T1,T2). not prectN(T1,T3),
7:=eq(T1,T2) <- prec(T1,T2). eqt(T1,72) :- eqtD(T1,T2), not eqtN(T1,72). time(T1), time(T2),time(T3).

eqt(T1,T3) :- eqt(T1,T2), eqt(T2,T3),
not eqtN(T1,T3), time(T1), time(T2), time(T3).

Fig. 4: Axiom schema and relative implementation for inconsistency checking

Axioms 1-4 define the properties of order relations: the transitivity of relation
prec. (T1,T2) and eq.(T1,T2), the reflexivity and symmetry of the relation
eq: (T1, T2). As one can see, axioms 1-7 at the heads of the clauses are negated, so
it is not possbile to implement them through monotonic logic programs and then
through the traditional Horn clauses. For this reason a logic program for the axioms 1-
7, through stable model semantics [GEL] by using the SModels system [SYR], has
been implemented (in section 4 we report a running example of Stable Model
Program of Fig. 4). In addition, there is the axiom:

prect (T1,T2) v prect(T2,T1l) v eqt(T1l,T2)

which translates the timeline by forcing every time point to have a relation of
precedence or equality with another time. This axiom has not been implemented
because it is not a useful consistency check. The axiom, however, would be useful to
ensure the full connection of the time points of a narrative. For this purpose, an
algorithm (shown in [MEL]) for controlling the connection has been defined. The
definition of temporal relations between events in terms of primitive prec. (T1, T2)
and eq; (T1, T2) is shown:

2 In this paper we will use the symbols "A" and "<-" to denote the conjunction and implication
in generic expressions of Horn Clauses, we will use instead the symbols "," and ":-" in the
corresponding expressions Prolog and Flora2.
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BeforeEE?[ELl,E2] <-> dt(El1,T1,T2), dt(E2,T3,T4),
prec: (T2,T3).

AfterEE[EL1l,E2] <-> BeforeEE[E2,E1l].
MeetsEE[E1l,E2] <-> dt(g1,T1,T2), dt(E2,T3,T4),
eqy (T2, T3) .

MeetibyEE[El,EZ] <-> MeetsEE[E2,E1].
EqualsEE[E1l,E2] <-> dt(g1,T1,T2), dt(E2,T3,T4),
eqt(T11T3) l4 eqt(T2IT4) .
OverlapsEE[El,E2] <-> dt(E1l,T1,T2), dt(E2,T3,T4),
prec.(T1,T3), prec¢(T3,T2),
prec. (T2,T4) .
Overlapped byEE[El,E2] <-> OverlapsEE[E2,El].
DuringEE[E1l,E2] <-> dt (E1,T1,T2), dt(E2,T3,T4),
prec. (T2,T4), prec.(T3,T1l).
ContainsEE[E1l,E2] <-> DuringEE[E2,E1l].
StartsEE[E1l,E2] <-> dt (g1,T1,T2), dt(E2,T3,T4),
eqy (T1,T3), precy(T2,T4).
StartedibyEE[El,E2]<—> StartsEE[E2,ELl].
FinishesEE[El,E2] <-> dt(E1l,T1,T2), dt(E2,T3,T4),
eqy (T2,T4), precy(T3,T1).
Finished byEE[El,E2] <-> FinishesEE[E2,E1l].

dt (E, T1,T2) provides the value of the start time T1 and end time T2 of the
event E. In addition, for each occurrence interval of event E there is the following
relation:

prect (Tl, T2) <- dt(E,T1,T2).

Similary, all temporal relations have been defined.

Once the temporal relations through the primitive prec:(T1,T2) and
eq: (T1, T2) have been redefined, one can check the inconsistencies of a set of
temporal relations expressed by the relationship between time points, by using the
axioms 1-7.

The program, given a knowledge base defined through the relations between time
points (the input of the program), calculates the stable models, or rather, groups of
consistent sets of relations (satisfying the axioms 1-7). If the program returns more
than one stable model, then the relations are inconsistent.

In addition, among the events causal relation can be annotated and this produces
new temporal relation between events.

Thus, to have a consistency check for all the relations annotated in a narrative, the
temporal relation derived/obtained from the causal relations must be definend through
the relations prec, (T1, T2) and eq. (T1, T2). In this way, it is possible to check

3 In order to ease reading (so there is no ambiguity), simplified Flora2 notation, omitting the
names of attributes, i.e., instead of the notation of instances id:ClassName[attrl-
>vall,attr2->val2, ..,attrn->valn], the following notation
id:ClassName[vall,val2, .., valn] has been adopted.
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the consistency of a narrative, according to the methodological approach represented
in Fig. 5.

Smodels Interpreter

Narrative N represented by temporal Narrative N in form of
—> relation relations (r4:OverlapsEE ~ —5—> prec,[T1,T2], eq(T1,T2]] —5 > S"’ e'\;"”a' SEEDMEIED M
[e4,e3], r5:BeforeET[e2,t2] ,.,)
Translation of N - from expression of type Temporal axiomatic defined Analysis of models
r4:0verlapsEE[e4,e3], r5:BeforeET[e2,t2],.., by the primitives (consistency control)
in prec(T1,72], eq,[T1,72]] precT1,T2], eq,[T1,72]

Fig. 5: Transformation of temporal relations in the primitive prec,, eq,.

3.2 How to discover new temporal relations between events

Through the formalism defined for the representation of annotations, a new technique
to discover new temporal relations between events has been developed. The
methodology uses the results of the process of the consistency check. The
axiomatization checks the consistency of the annotations and for the same model,
provides all consistent derivations of set relations. Then, once the consistency of
temporal relationships has been evaluated and (under the assumption of consistency)
the only possible stable model (SM) has been identified, the SM can be used to identify
temporal relations between events, using the equivalence relation between the
temporal relations and order relations defined on time points showed in section 3. For
this purpose, a rule for each temporal relation among events (all subclasses of
TemporalRelationEE) has been defined. Each rule tries to find a particular
temporal relationship (before, after, meets, etc.). Each rule has in input two events
(E1 and E2) and the totality of relations between time points (stable model SM). The
rule for finding Be foreEE relations between two events is shown:

1 findRel (E1,E2,SM) :-

not BeforeEE[El,E2],

dt (E1,T1,T2), dt(E2,T3,T4),

subset ({prec.(T1,T2),prec.(T3,T4),prec.(T2,T4)},SM),
insert{BeforeEE[El,E2]}.

g w N

In this case, the rule checks if there already exists a BeforeEE relation between
two events E1 and E2 (2), then it reads the end points of occurrence intervals of
events E1 and E2 (3), and verify the existence of conditions to discover a BeforeEE
relation, or rather, if the relations on time points, which describe the condition, are a
subset of the stable SM (4). Finally, the rule asserts the relation discovered in the
knowledge base (5).

The above rules have been defined for all temporal relations between events:
AfterEE[El,E2],MeetsEE [El,E2],etc.
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3.3 Causal reasoning

For causal reasoning, an axiomatization (a variant of axiomatization defined in
[BOC]) has been defined. The axioms that have been expressed (in a simplification of
Flora2, see note 2) are reported as follows:

Idl:CausalRelation[A, B]:-
Id2:BeforeEE[A, B],
Id3:CausalRelation[B,C],
:CausalRelation[A, C]:-
Id2:CausalRelation[A,B],
demo (B, C),
:CausalRelation[A,BAC] : -
Id2:CausalRelation[A,B],
newId(Idl,Id2,Id3).
:CausalRelation[AVB,C] :-
Id2:CausalRelation[A,C],

Id1

Id1

Id1

Strengthening

demo (A, B),
newlId(Idl,

Id2, Id3).
Weakening
Id3:BeforeEE[B, C],

newId(Idl,Id2,Id3).

And
Id3:CausalRelation[A,C],

Or
Id3:CausalRelation[B,C],

newId(Idl,Id2,Id3).
:CausalRelation[A, C]:-
Id2:CausalRelation[A,B],
newId (Idl,Id2,Id3).
:CausalRelation[AAC,B] : -
Id2:CausalRelation[A, B],
Id3:BeforeEE[C,B], newId(Idl,
:CausalRelation[A,BvC] :-
Id2:CausalRelation[A,B],
Id3:BeforeEE[A,C], newId(Idl,

Id1l Cut

Id3:CausalRelation[AAB,C],
Id1l Left Monotonicity
C:Event,
Id2, 1Id3).

Right Monotonicity
C:Event,
Id2,

Id1

Id3).

The predicate newId (Idl,
Id2 and Id32.

In the axiom Left Monotonicity the condition BeforeEE[C,B] has been included,
because C is an event that cause B, and for this reason, C must precede B; otherwise it
generates a contradiction.

For the axioms of Weakening and Strengthening, the meta-predicate demo (A, B)
(implements the relation "B is deducible from A" [BOC]) have been defined, which
was implemented as a variant of the meta-interpreter [BAT].

The axioms for causal relationships shown above have been defined for the class of
causal events and are applied to all subclasses of that class.

Id2, Id3) generates a new id Id1l depending on

4 An example of the application of the axiomatization for
checking the temporal consistency

In this section, an example of the application of reasoning provided above is
presented. In particular, as an example, a generic consistent narrative (without
specifying in detail the actions of the events) has been defined.
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Let el, e2, €3 and e4 be four events and rl:DuringEI[el,il],
r2:AfterET[e3,t2], r3:MeetEE [el,e2], r4d:0verlapsEE([e4d,e3],
and r5:BeforeET [e2, t2] be the temporal relations annotated.

t1 and t2 are the endpoints of interval 11; [st1l, st2] isthe symbolic interval
of occurrence of el, [st3, st4] is the symbolic interval of occurrence of e2,
[st5, st6] is the symbolic interval of occurrence of e3, [st7, st8] is
symbolic interval of e4.

Before performing the consistency check, the temporal relations were translated
into temporal relations between time points as described in paragraph 3, obtaining the
following: e prec, (tl,t2),prec: (stl,st2),prec.(st3,st4),
prec:(stb5,st6),precy(st7,st8),prec.(st7,stb),prect(st5,st8),
prec:(st8,st6),prect(st2,t2),precc(tl,stl),prec.(st4,t2),
prec:(t2,stb),precc(st2,st3).

In this set of relations the algorithm for checking consistency(paragraph 3) has
been applied. Because the relations are consistent, the program returns to output only
one stable model: stableModelSet ([prect (st3,st4), prect(t2,st5),
.., eqt(st3,st2), eqt(st2,st2), eqt(stl,stl), eqt(t2,t2)]).

From this result, new temporal relations through the axioms for discovering new
temporal relations (paragraph 3.2) have been identified, in particular, the rules
identified the temporal relations beforeEE [el,e3],and beforeEE[e2,e3].

If we add the relation beforeEI [e2,11], intentionally making the knowledge
base inconsistent, applying the algorithm for the consistency check obtains a more
stable model. This response highlights the presence of inconsistencies.

Conclusions

In this paper a formalism for the representation of complex events has been proposed.
The formalism for the representation of events is based both on time points and
temporal intervals. Associated with this representation, temporal reasoning for
checking the consistency and discovering new temporal relations has been
constructed.

In this approach, unlike [MAN], the phase for checking the consistency is
processed separately from the process for discovering the temporal relations. For this
purpose, the axioms of Russell-Kamp [LAM] have been used to discover
inconsistencies, and then evaluate the possible extensions of temporal relations.
Furthermore, the algorithms must be applied separately, because they relate to
different stages of the process of annotation and its use. Consistency checking is
related to the content resulting from a process of semantic annotation, in which
temporal inconsistencies could arise, while the discovery of temporal relations is a
process that can be activated only after the consistency check.

In this approach, then, the process for checking the consistency of the annotation
and discovering temporal relations have been separated. The motivation for this
choice is so that one can apply different axiomatizations separately and divide
complex problems into simple problems.
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Abstract. Gecode is one of the most efficient libraries that can be used
for constraint solving. However, using it requires dealing with C++ pro-
gramming details. On the other hand several formats for representing
constraint networks have been proposed. Among them, XCSP has been
proposed as a format based on XML which allows us to represent con-
straints defined either extensionally or intensionally, permits global con-
straints and has been the standard format of the international competi-
tion of constraint satisfaction problems solvers. In this paper we present a
plug-in for solving problems specified in XCSP by exploiting the Gecode
solver. This is done by dynamically translating constraints into Gecode
library calls, thus avoiding the need to interact with C++-.

1 Introduction

Constraint Programming [13] has attracted high attention among experts from
many areas because of its potential for solving hard real life problems and be-
cause it is based on a strong theoretical foundation. The success of Constraint
Programming (CP) derives from the fact that on one hand it allows to model a
problem in a simple way and on the other hand it provides an efficient problem
solving algorithms. However, the CP community lacks a standardized represen-
tation of problem instances and this still limits the acceptance of CP by the
business world. One attempt to overcome this problem was taken by the As-
sociation for Constraint Programming with the proposal of Java Specification
Request JSR-331 “Constraint Programming API” [8,5]. The goal of this spec-
ification is the creation of a powerful API for specifying CP problems. In the
last five years other approaches focusing on more low level languages emerged.
The aim of these approaches is to define a minimal domain dependent language
that supports all the major constraint features and requires, at the same time, a
minimal implementation effort to be supported by constraint solvers. Two lan-
guages following this goal are worth mentioning: FlatZinc [9] and XCSP [12].
The former was originally created to be the target language into which a higher
level CSP instance (e.g. a CSP modeled with MiniZinc [11]) is translated. Today
FlatZinc is also used as a low level “lingua franca” for solver evaluation and test-
ing. For instance, since 2008 FlatZinc has been used in the MiniZinc Challenge
[7,14], a competition where different solvers are compared by using a benchmark
of MiniZinc instances that are compiled into FlatZinc.

XCSP is a language structurally very similar to FlatZinc. XCSP was defined
with the purpose of being a unique constraint model that could be used by all
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the CP solvers. It was first proposed in 2005 for the solvers competing in the
International CSP Solver Competition [1], and has then been used in other con-
texts and extended. In this paper, we focus on XCSP. In particular, we consider
its current version, i.e. XCSP version 2.1.

The need of a standard is also caused by the huge number and diversity
of solvers. Today only few solvers support natively FlatZinc or XCSP. Unfortu-
nately, Gecode [3], one of the most well known and used solvers, support FlatZinc
only. For this reason we have created z4g, a plug-in that allows us to solve prob-
lems defined in XCSP by using the Gecode solver. The goal of x4g is twofold.
Firstly, we want to exploit Gecode for solving problems that are specified in
XCSP without considering low level implementation details or writing a single
line of code in C++. Secondly, we want to provide a tool that can be used to
evaluate the performances of the Gecode solver with respect to the other entries
of the International Solver Competition. This could be very interesting since,
to the best of our knowledge, the benchmark used in the International Solver
Competition is the biggest available to the CP community.’

In the reset of this paper, we present in Section 2 a brief overview of the
XCSP language and of the Gecode solver. In Section 3 we describe the idea
behind the x4g plug-in. Section 4 concludes by mentioning some directions for
future works.

2 Background

An extensive presentation of the XCSP format and the Gecode solver is beyond
the scope of this paper. Here we just give a short overview of XCSP and Gecode.

2.1 XCSP

XSCP is an extended format to represent constraint networks using XML. The
Extensible Markup Language (XML) is a simple and flexible text format playing
an increasingly important role in the exchange of a wide variety of data on the
Web. The objective of the XML representation (in XCSP) is to ease the effort
required to test and compare different algorithms by providing a common testbed
of constraint satisfaction instances. The proposed representation is low-level: for
each instance the domains, variables, relations (if any), predicates (if any) and
constraints are exhaustively defined. No control flow constructs like “for” cycles
or “if then else” statements can be used.

Roughly speaking, there exist two variants of this format: a fully-tagged
representation and an abridged representation. The first one is a full XML,
completely structured representation which is suitable for using generic XML
tools but is quite verbose and tedious to use for a human being. The second
representation is just a shorthand notation of the first one and it is easier to
read and to write for a human being, but less suitable for generic XML tools.

! The MiniZinc Challenge has a smaller benchmark of instances and fewer participants
than the International Solver Competition.
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As an example of an XCSP program consider the following one where the
well known “all different” constraint is applied to two variables A1 and A2 which
can assume values only in the domain [1, 2].

<domains nbDomains="1">
<domain name="d0" nbValues="2">1..2</domain>
</domains>
<variables nbVariables="2">
<variable name="A1" domain="d0"/>
<variable name="A2" domain="d0"/>
</variables>
<constraint name="cO" arity="2"
scope="A1 A2"
reference="global:alldifferent"/>

2.2 Gecode

Gecode (Generic Constraint Development Environment) provides a constraint
solver with state-of-the-art performance while being modular and extensible. It
supports the programming of new propagators, branching strategies, and search
engines. New domains can be programmed at the same level of efficiency as
finite domain and integer set variables that are already predefined. Furthermore
Gecode is distributed under a very permissive license, it is portable and well
documented, and comes with a complete tutorial. All these features have made
Gecode one of the preferred choices for solving CSPs.

Gecode is written in C++ and supports the FlatZinc format through an
external plug-in that is able to parse a FlatZinc instance and solve it using
Gecode library calls. The use of this plug-in allowed Gecode to participate to
the 2010 MiniZinc challenge [7], where it won all the tracks of the competition.

3 x4g

In principle the translation of XCSP instances into Gecode is similar to the task
performed by the Gecode/FlatZinc plug-in [2] that parses a FlatZinc instance
and produces an internal data structure (Gecode Space Object) that can be later
used to retrieve the solution of the CSP problem.

To use Gecode in order to solve CSPs defined in XCSP, one could try im-
plement a XCSP to FlatZinc compiler. However, in order to avoid potential loss
of information, to be more flexible and less dependent on the Gecode/FlatZinc
plug-in, we chose to provide a direct translation from XCSP into Gecode. Hence
we have developed x4g; a plug-in that parses an XCSP instance and, for ev-
ery constraint defined within the XCSP file, generates an equivalent number of
Gecode constraints. When all the XCSP constraints are translated into Gecode
constraints, a Gecode Space Object is returned. This object can later be used to
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get a solution to the CSP problem by using one of the many predefined search
strategies provided by Gecode or local search strategies following [10].2

To develop the x4g plug-in we used the XCSP parser provided by the In-
ternational CSP competition organizers. This parser, developed in particular
to support the abridged notation, is written in C++ by using the well known
libxml2 libraries [6]. Unfortunately, the parser supports only a limited number
of global constraints. Therefore, we modified it in order to support additional
ones.

The XCSP format is mainly used to specify CSPs but it also supports ex-
tensions to define weighted constraints or quantifiers over constraints. x4g was
designed to target only CSPs, hence it does not support these additional features.

XCSP supports only finite domains. Since Gecode supports finite domains
too, the domain encoding from XCSP to Gecode was straightforward. XCSP
provides a construct which allows one to define relations over variables. These
could be seen as constraints listing all the admissible values that some variables
can take. XCSP relations are mapped into Gecode by using extensional con-
straints. In XSCP the semantics of a relation can also be given by stating all
the non admissible values of the variables (i.e. conflicts between variables). We
used inequality constraints for translating these relations into Gecode. Another
construct of XCSP is predicate, a boolean parametric expression that is con-
sidered satisfied if and only if it evaluates to true. The number of parameters
in a predicate is fixed and, differently from relations, predicates allow integer
parameters. The mapping of the predicates was also straightforward because,
with only few exceptions, Gecode has for every predicate an API for posting an
equivalent constraint. As far as global constraints are concerned, XCSP supports
the majority of the global constraints defined in the Global Constraint Catalog
[4]. Since in this catalog there are hundreds of global constraints, a full XCSP
support means to provide an encoding for a huge number of global constraints.
This was out of the scope of the project, we have just chosen to support a
subset of the most used global constraints. Currently x4g supports the following
global constraints: alldifferent, among, atleast, atmost, cumulative, diffn,
disjunctive, element, global_cardinality, lex_less, lex_lesseq,
not_all equal, weightedSum.3

Finally, to give an example of how x4g could be used, we developed a program
that takes as input a XCSP instance and, by using x4g, allows us to find a
solution by using the deep first strategy natively implemented in Gecode. Since
the output of this program follows the output rules of the International Solver
Competition, it could be used to let Gecode enter the next International CSP
Competition.

2 Note that the XCSP format specifies only the constraints, the choice of the search
strategy is left to the user.
3 For a precise definition of these constraints see [4].
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4 Conclusion and Future Work

In this paper we described x4g, a plug-in that allows the use of Gecode for
solving a CSP instance defined using the XCSP format. The source code of x4g
and of the above mentioned program can be found at http://www.cs.unibo.
it/~jmauro/cilc_2011.html.

This work has to be considered as a first step in the direction of providing a
full translation of XCSP constraints into Gecode constraints. As a future work,
we would like to support more global constraints and to define efficient ways of
decomposing them by using Gecode constraints. We also would like to extend
our tool in order to use Gecode for solving the optimization problems that can
be defined in XCSP exploiting weighted constraints.

Moreover, we are interested in the development of a FlatZinc/XCSP conveyer
that will allow us to add FlatZinc instances into the benchmarks that could be
used for comparing Gecode with other constraint solvers. Furthermore, with
such a converter it could be also possible to compare the efficiency of our x4g
translation with the one of the Gecode/FlatZinc plug-in.
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Abstract. Tran and Baral have proposed an action language (BioSigNet-RR)
that is specific for the modeling of signalling networks from Biology and for
answering queries relative to the expected response to a stimulus. Translation
of their action language to logic programs under Answer Set semantics yields
a reasoning mechanisms that gracefully handles incomplete/partial information,
updates etc. Those features are extremely important since existing regulatory net-
works often contain missing or suspected interaction links, or proven interactions
whose outputs are uncertain. We present our application experience in devel-
oping a BioSigNet-RR formalization of the Signalling network for Arabidopsis
Brassinosteroid, a complex interaction that is at the base of growth in some plant
species. Such modeling exercise has involved ’filling the gaps’ between the terse
graphical language of signalling networks literature and the precise specification
of the triggering conditions required by BioSigNet-RR. This application experi-
ence leads us to propose a new formalization style for action theories represent-
ing signaling networks that allows for the description of non-immediate effects of
actions. Empirical evaluation of our declarative model has involved formulating
and testing several *what if” queries and checking the quality of the answer with
domain experts.

1 Introduction

In Biology, signalling networks (also referred to as signalling pathways) are specific
collections of interactions with a common theme. They are used to provide a summary,
working model of the complex interactions that explain how a living cell receives and
responds to signals from its environment. Modeling signalling networks is sometimes
essential for understanding how cells function and it may lead to effective therapeutic

strategies that correct or alter abnormal cell behaviors.

From the point of view of Artificial Intelligence signalling networks represent an
interesting form of semi-formal knowledge representation: relevant cellular interactions
are to be explicitly described, in a simple graphical language. However, two main issues

make modeling signalling networks with action languages challenging:

1. inhibition, which we see as a special form of constraint, needs to be explicitly
represented and reasoned about,
several unspoken assumptions lie in the background as they are assumed to be
known by the (expert) reader. For instance, the time element, i.e., a description
of the delay between stimulus and reaction, is not explicitly represented yet it is an
essential element in reasoning about the long-term evolution of the cell.

2.
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This extended abstract reports the results of our work on formalization and auto-
mated reasoning with a signalling network that is considered’representative of the size,
level of detail and complexity of such networks in the Biology literature. The chosen
pathway, which is depicted in Figure 1, represents the current knowledge on the interac-
tion that makes the arabdiposis of Brassinosteroids (represented by the lone diamond-
shaped node in the pathway) stimulate growth in plants.

Fig. 1. Signalling network for BR, from the Web site of Science Signaling.

Chory et al. [3] presents the pathway and comments in detail each interaction; at
this level, we can identify each arc with one relevant interaction. The nodes of the
pathway represents disparate physical elements: extra-cellular signals, receptors on the
cell’s surface or intracellular elements able to frasduce signals to the nucleus. Color ans
shape of each node guide the expert reader on the actual nature of the element being
represented.

From the point of view of knowledge representation and reasoning, the following
scientific hypotheses motivate our work.

First, there is a question about the adequacy of BioSigNet-RR [2,8] to support the
formalization and reasoning about this specific signalling pathway. As we will see, some
specific aspect of the cellular organization is not easily described in terms of BioSigNet-
RR primitives.

Second, there is a question of adequacy of our action languages with respect to
reasoning about pathway interactions. We consider the following informal test: can we
apply BioSigNet-RR to formalize the type of *what if” questions that an examiner would
ask to check a student’s assimilation of the material. Hence, we proceed to formulate
some easy sample questions and see how the query language part of BioSigNet-RR
allows to formulate it.

3 Paccanaro and Bogre, personal communications.
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Finally, our overall hypothesis is that, in the middle term, we should be able to
design and implement a vertical solution by which the domain knowledge synthesized
in a signalling pathway can be accessed and reasoned about automatically.

2 The representation language

Our modeling effort has adopted the BioSigNet-RR [2,8] language as it now considered
the language of reference for reasoning about actions in the Biological domain. Essen-
tially, BioSigNet-RR is an extension of the family of action languages developed by
Gelfond and Lifschitz in the 90s; we refer the interested reader to [7] for a survey of the
approach. Gelfond and Lifschitz proposed a sorted language, where sorts are actions
and fluents, where primitives are the well-known initially and causes statements. A set
of those statements is called an action theory. State is defined in terms of a set of fluents
that are deemed true thereof. A declarative semantics is assigned to action theories in
terms of trajectories, i.e., an iteration throughout states that the domain in undergoing.
At the same time, action languages receive a semantics thanks to translation of action
statements to logic programs under answer set semantics [6,1].

When the initial situation is only partially defined, or actions are unknown or even
may have non-deterministic effects, alternative answer sets account for the alternative
evolutions of the domain. The translation from action languages, including BioSigNet-
RR, to logic programs is modular, in the sense that it can be done line-by-line by a
parser and generator. The translation, which is described in detail in [] has been adopted
as is and implemented by a Python-language program derived from Gregory Gelfond’s
AI2ASP project [4] (see [5] for another application project on the same guidelines).

3 Formalizing the Background knowledge

Signalling pathways are a graphical, synthetic representation of knowledge. However,
to fully grasp the dynamics represented by the pathway one often needs to read atten-
tively a natural-language background description that comes with the network.

In our project we have spent a great amount of time to understand and organize the
background description of the Arabidopsis Brassinosteroid process given by Chory et
al. [3]. The following phrases have been singled out and analyzed separately.

1. In the absence of steroid, BKI1, a plasma membrane-associated protein, interacts
directly with the kinase domain of BRI to negatively regulate the signalling path-
way

2. Binding of BRs to preformed BRIl homo-oligomers leads to the dissociation of
BKI1 from the plasma membrane.

3. It has been proposed that the physical interaction between BRI1 and BAKI1 leads
to the formation of a signalling-competent hetero-oligomer.

4. The signals transmitted from the plasma membrane-localized BRI1-BAK1 hetero-
oligomer negatively regulate the activity of a glycogen synthase kinase 3 (GSK-3),
called BIN2.
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5. Although the mechanism is as of yet uncharacterized, inactivation of BIN2 leads
to the dephosphorylation of BES1 and BZR1, members of a new family of plant-
specific transcription factors.

6. BESI, and likely other family members, are further dephosphorylated through the
activity of a nuclear-localized, kelch-containing protein phosphatase BSU1.

7. Current data suggest that dephosphorylated BES1 is then able to form homo or
heterodimers with the basic helix -loop-helix (bHLH) transcription factor BIM1, to
bind to E-box elements in the promoters of BR-regulated genes.

8. Dephosphorylated BZR1 binds to a novel element in the promoters of BR biosyn-
thetic genes to repress their expression.

9. Because BESI is identical to BZR1, it is expected that BES1 and BZR1 will have
both activating and repressing activities.

10. Other proteins have been identified that interact genetically or physically with
BRI, but their precise functions are currently unknown.

11. In vitro and in vivo, BRI associates with TTL, transthyretin-like protein.

12. Overexpression of TTL causes slight dwarfing, suggesting that it may play a nega-
tive role early in the BR signalling pathway.

13. A suppressor screen using a weak allele of bril identified a secreted and active
carboxypeptidase, called BRS1, although its molecular target in the BR signalling
pathway is unknown.

14. Biochemical studies identified TRIP-1 as a BRI1 interactor; however, the knock-
down in expression of TRIP family members yields a pleiotropic phenotype that is
slightly reminiscent of those observed for BR biosynthetic or signalling mutants.

It relatively easy to associate each phrase to one of the arcs represented by the
signalling pathway. Such association, however, is not always straightforward and will
be further commented upon.

It must be pointed out that in our analysis we have discovered that the interaction
which is represented by arc:

BR1 5 BAK1

is not found in the pathway depicted in Chory et al. [3], from where our work started,
but is in Figure 1, which was later found on the Web site of the Science Signaling®
journal.

3.1 Formalization of the Signalling Pathway for BR

The formalization of the pathway proceeds as follows. For each named cellular com-
ponent, e.g., BR, we introduce two fluents’: high(br) e low(br). Then, we introduce
two activation actions: activate(br) and inactivate(br), where the latter is an inhibition
action that, in some sense, depresses BR.

*http://www.sciencemag.org
3 The labels used in the signalling pathway are in lowercase, since they are constant names in
the domain description.
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Next, the remaining arcs are formalized, by coupling each arc to the illustrative
phrase found in the description. For instance, the arc connecting BRI1 to BAKI is
connected to the phrase:

“BRI1 interacts directly with BAK1 [through a phosphorylation process].”

activate(bakl) causes up(bril) )

“BKI1 interacts directly with the kinase domain of BRI to negatively regulate the
signalling pathway.”

high(bki1) inhibits activate(bril) )

“Binding of BR to preformed BRIl homo-oligomers lead to the dissociation of
BKII from the plasma membrane.”

binding(br,bkil) causes dissociated(bkil) if high(bril) 3)

Even though it looks like the description of a local, direct interaction, this formalization
may be the most effective in capturing the rationale of the pathway. An alternative
formulation, which has hitherto not been tested is the following:

high(br) high(bril) triggers dissociated(bkil)

“A suppressor screen using a weak allele of BRI identified a secreted and active
carboxypeptidase, called BRS1, although its molecular target in the BR signaling path-
way is unknown. It has been proposed that the physical interaction between BRII and
BRS1 leads to the formation of a signaling-competent hetero-oligomer.”

high(brsl) triggers activate(bril) 4

“In vitro and in vivo, BRII associates with TTL, transthyretin-like protein. Over-
expression of TTL causes slight dwarfing, suggesting that it may play a negative role
early in the BR signaling pathway.”

high(bril) triggers downregulate(ttl) 5)
“Biochemical studies identified TRIP-1 as a BRI interactor.”

high(bril) triggers activate(tripl) (6)

“The signals transmitted from the plasma membrane-localized BRI1-BAK1 hetero-
oligomer negatively regulate the activity of a glycogen synthase kinase 3 (GSK-3),
called BIN2.”

high(bril), high(bakl) inhibits activate(bin2) ™

“Although the mechanism is as yet uncharacterized, inactivation of BIN2 leads to
the dephosphorylation of BES1 and BZR 1, members of a new family of plant-specific
transcription factors.”

inactivate(bin2) causes low(bzrl) (8)
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inactivate(bin2) causes low(besl) )

“Dephosphorylated BZR1 binds to a novel element in the promoters of BR biosyn-
thetic genes to repress their expression.”

high(bzrl) triggers activate(br) (10)

“Current data suggest that dephosphorylated BES1 is then able to form homo-or
hetero-dimers with the basic helix-loop-helix (bHLH) transcription factor BIMI, to
bind to E-box elements in the promoters of br-regulated genes.”

high(besl) triggers activate(biml) (11)
high(bsul) triggers activate(besl) (12)
low(bsul) inhibits activate(besl) (13)
high(bril) triggers activate(bsul) (14)
high(serkl) triggers activate(bril) (15)

It should be noticed again that in Chory et al. [3] the textual description seems not
aligned to the graphics of the pathway. As a result, we tentatively interpret the inhibition
from BRII to BIN2 with:

high(bril) inhibits (bin2) (16)

3.2 Connecting actions to fluents

For each fluent we have had to introduce a couple of actions that represent the upregula-
tion and downregulation of the fluent itself. Hence, we need to introduce the following
two schematic rules, to be instantiated to each fluent:

activate(C) causes high(C) (17)

downregulate(C) causes low(C') (18)

In a sense, these axiom schemata naturally complement the action theory by capturing
the essence of the 4+/— labeling of the arcs. However, they introduce an extra level
of complexity in the representation, since new conditions must be devised to disallow
these definitions for specific values of C, e.g., activate(bakl), that do not have a direct
Biological interpretation.
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4 Query Formulation and informal validation of the model

To assess the adequacy of the representation language and of our specific action theory
we have considered the following classroom scenario: questions about the Arabdiposis
brassinosteroid process that a teacher would use to check whether her students have
properly learn the material and are now able to reason about Brassinosteroids and their
effects. Such questions were formulated with the goal of stressing the connections be-
tween the several cellular components of the cell.

To illustrate how natural BioSigNet-RR queries are, we now list, for each question, the
expected answer in English, paired with BioSigNet-RR that captures, to some extent,
the question itself.

Q: Looking at the pathway, how does BR affect the cell?
A: BR causes the activation of BRI1 and BAK 1, which, in turn, inhibit the activation
of BIN2.

Our formalization is based on three distinct queries:

? — high(bril) after activate(br) (19)
? — high(bak1) after activate(br) (20)
? — low(bin2) after activate(br) (21)

Q: What are the effects of activation of BAK1?

A: BAKI brings about activation of BRI ; subsequently, BRI shall affect the whole
cell network.

This question can be translated directly in the following formula (query):
? — high(bril) after activate(bakl) (22)

Q: What are the effects of inactivation of BIN2?
A: inactivation of BIN2 shall cause the inhibition of BZR1 and BES]I.

Again, me must resort to two separated queries:

? — low(bzrl) after activate(bin2) (23)

? — low(besl) after activate(bin2) (24)
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5 Conclusions

The formalization and deployment project described in this article can be considered
successful from the point of view of assessing what can be done with action languages
(and Logic Programming in general) in the context of Biological knowledge represen-
tation and automated reasoning. The overall Artificial intelligence goal, i.e. to have
computers process the meaning synthesized in a signalling pathway without human in-
tervention, is yet to be achieved, as our formalization had to deal with a time-consuming
human analysis of the accompanying textual explanation, often a heavy-going technical
explanation.

BioSigNet-RR has shown to be an ideal platform for formalization in this domain.
However, we believe that more research is needed in order to have the action theory
match the pathway. One problem that was, in our opinion, only partially solved here is
that action is understood in two ways. The first understanding, which is probably what
Gelfond-Lifschitz meant, is that of external intervention, i.e., alteration of the state of
affairs. The second understanding, which we suspect is more frequent in Biology, is
that an action may also be an alteration, called upregulation or downregulation, of a
component of the cell. For this second understanding, a specific action sort should be
devised and introduced to the formalization language.
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